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Preface

There has been a great deal of excitement during the recent past over the emergence of new
mathematical techniques for the modeling and analysis of complicated dynamic systems.
Coupled with analytical advances, there has been a vast increase in computational power
available for the simulation of nonlinear systems as well as for the implementation of non-
linear techniques on a variety of physical examples. Moreover, recent years have witnessed
an explosion of work aimed at developing novel nonlinear estimation and stability analysis
methods. These are fascinating topics that require the use of diverse parts of mathematics—
analytic, numerical, and probabilistic ideas—as well as engineering. In this context, this
book is an attempt to provide a wide range of readers in applied mathematics and various
engineering disciplines an excellent survey of recent studies of nonlinear systems.

This book is divided into two sections that address the key aspects of nonlinear systems. The
first section consists of eight chapters that focus on nonlinear dynamic modeling and analy-
sis techniques. Chapter 1 discusses the Appell-Gibbs dynamics formulation approach for
nonholonomic systems, i.e., systems that are subject to nonintegrable constraints. The effec-
tiveness of this modeling approach is illustrated through a physical example, namely, a ball
moving inside a spherical cavity under external excitation. Chapter 2 is devoted to the can-
onical generalized inversion-based dynamics formulation for nonholonomic mechanical sys-
tems in the framework of Kane’s method. The main feature of the resulting equations of
motion is the explicit algebraic and geometric partitioning of the generalized acceleration
vector at every instant of time into two parts: one part that drives the system to abide by the
constraint dynamics and the other part that generates the momentum balance of the system
so as to follow Newton-Euler’s laws of motion. Chapter 3 proposes a fractal model to ana-
lyze the dynamics of bio-structure flows. The fractal hydrodynamic equations are obtained
and applied to the laminar flow of biostructures. Chapter 4 provides a survey of soliton-like
solutions for nonlinear differential equations describing mechanical vibrations. Free vibra-
tions of one-degree-of-freedom (DOF), two-DOF, and multiple-DOF nonlinear mechanical
systems are reviewed with the emphasis on the vibratory regimes that could go over into
the aperiodic motions under certain conditions. In Chapter 5, nonlinear aeroelastic respons-
es of a flying wing aircraft due to three different gust profiles (light, moderate and severe
turbulence) are investigated. It is shown that when the engines are mounted at the root of
the aircraft, the flying wing experiences limit cycle oscillation for all three gust profiles.
However, when the engines are placed in the maximum flutter speed locations, the oscilla-
tions die out. Chapter 6 introduces a reduced order Gauss-Newton method for nonlinear
problems that arise from discretization of nonlinear partial differential equations (PDEs).
The numerical results for a set of large-scale problems manifest the capability of the algo-
rithm for reproducing the essential features of the full-order model while decreasing the
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computational cost and runtime. Chapter 7 introduces a nonlinear generalization of fluctua-
tion-dissipation theorem (FDT) for Levy flights. Chapter 8 deals with a generalized fifth-or-
der nonlinear partial differential equation (NLPDE). The classical Lie group method is
employed to derive similarity variables of this NLPDE that allow derivation of relevant or-
dinary differential equations, which are studied so as to obtain a number of exact solutions.

The second section of the book is composed of five chapters that center on state estimation
methods and stability analysis for nonlinear systems. Chapter 9 considers a class of continu-
ous-time nonlinear systems with nonlinear measurements and derives an optimal estimator
in the form of a recursive nonlinear least squares (RNLS) filter. The performance of the filter
is demonstrated via the Van der Pol oscillator driven by a band limited noise and subject to
noisy nonlinear measurement. Chapter 10 proposes a novel method for the design of Taka-
gi-Sugeno (TS) fuzzy fault detection filters for a class of highly nonlinear mechanical sys-
tems. The proposed method exploits the characteristics of the TS fuzzy system models.
Chapter 11 introduces a new filtering method that employs set-membership theory and
Monte Carlo boundary sampling technique to determine a state estimation ellipsoid. A nu-
merical example is included to show that the proposed method performs much better than
the existing extended set membership filter, especially in the case when noise is large. Chap-
ter 12 presents an overview of stability conditions for a class of nonlinear systems with de-
lay. New delay-dependent stability conditions are derived by employing arrow from state
space representation and using tools from M-matrix theory and Lyapunov functional meth-
od. A number of examples are included to illustrate the effectiveness of the theoretical re-
sults. Finally, Chapter 13 deals with controlling equilibrium and synchrony in FitzHugh-
Nagumo (FHN)-type oscillator arrays. Three methods for controlling arrays of such
oscillators are described: stable filter technique, mean field nullifying technique, and repul-
sive coupling technique. Stability analysis of the resulting equilibrium solutions is carried
out using Routh-Hurwitz criterion.

Mahmut Reyhanoglu, PhD
University of North Carolina Asheville
Department of Engineering

Asheville, North Carolina, USA
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Chapter 1

Appell-Gibbs Approach in Dynamics of Non-Holonomic
Systems

Jiti Naprstek and Cyril Fischer
Additional information is available at the end of the chapter

http://dx.doi.org/10.5772/intechopen.76258

Abstract

Hamiltonian functional and relevant Lagrange’s equations are popular tools in the inves-
tigation of dynamic systems. Various generalizations enable to extend the class of prob-
lems concerned slightly beyond conventional limits of Hamiltonian system. This strategy
is very effective, particularly concerning two-dimensional (2D) and simpler three-
dimensional (3D) systems. However, the governing differential systems of most non-
holonomic 3D systems suffer from inadequate complexity, when deduced using this way.
Any analytical investigation of such a governing system is rather impossible and its
physical interpretation can be multivalent. For easier analysis, particularly of systems with
non-holonomic constraints, the Appell-Gibbs approach seems to be more effective provid-
ing more transparent governing systems. In general, the Appell-Gibbs approach follows
from the Gaussian fifth form of the basic principle of dynamics. In this chapter, both
Lagrangian and Appell-Gibbs procedures are shortly characterized and later their effec-
tiveness compared on a particular dynamic system of a ball moving inside a spherical
cavity under external excitation. Strengths and shortcomings of both procedures are
evaluated with respect to applications.

Keywords: Appell-Gibbs function, Lagrangian approach, non-holonomic systems,
engineering applications

1. Introduction

The energy contained in a dynamic system is given by a scalar potential £(t). It is a function of
time and system response components (displacement, velocity, and acceleration vectors).
Moreover, £(t) is a function of system parameters, position in a field of forces (potential or
not), internal sources of energy and of the system evolution including a residual energy. The

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgIN



4 Nonlinear Systems - Modeling, Estimation, and Stability

total energy of the system increases or decreases accordingly with external excitation and
dissipation of energy. The form of energy contained within the system can have a deterministic
or stochastic character and similarly also excitation and dissipation.

Considering the mechanical energy only, the total energy increase/decrease of the system with
respect to time should be in equilibrium with the energy supplies and energy losses due to
dissipation. This relation can be outlined by the following equilibrium:

d
g€} =P(t) + (), @

where P(t) is power supply (excitation energy per unity time) and S(t) the specific dissipation
of energy also per unity time (supposed to be independent on accelerations x). Functions
P(t), S(t) can dispose in special cases with a superior potential, which, however, cannot be
incorporated into the potential part of total energy. Eq. (1) has a scalar character.

The energy is a primary value characterizing the system state and its evolution in time. The
function £(t) and external influences are a background for the derivation of a governing
differential system characterizing the system response with respect to initial and boundary
conditions. The governing differential system is then deduced from the equivalence of Eq. (1)
type using an adequate variational principle. It claims that the form of the system response
corresponds with the minimum of energy spent among all admissible shapes of the system
reaction. Take a note that many important settings of external forces and dissipation mecha-
nisms do not admit the formulation by means of potentials. In such cases, they should be
incorporated separately into the governing differential system using complementary princi-
ples and theorems, for example, virtual works, and so on.

We can find in monographs, for example, [1-4, 5] and many others, various formulations of
potentials £(t) and functions P(t), S(f) combining the system parameters (physical and geo-
metric) and the system response vectors x-displacements, x-velocities, and X-accelerations.
They can be selected in individual cases with respect to physical or geometric complexity of
the system, components of the response, which are to be found, deterministic or stochastic
character of the system and its excitation, and so on.

2. Basic considerations

Approaches commonly applied to construct mathematical models of dynamic systems with
multiple degrees of freedoms (MDOF) follow mostly from principles symbolically outlined by
Eq. (1). The equation of this type can be deduced using, for instance, a procedure of virtual
displacements. They balance the energy flow in every step and subsequently applied minimi-
zation steps try to select such response trajectories, which represent a minimum of energy
consumption among all admissible shapes. Let us get briefly through Lagrangian and Appell-
Gibbs procedures in order to compare their basic properties. Later, we recognize that most of
these properties can be regarded as positive or negative in dependence on a particular problem.
Therefore, the solution method should be selected in every particular case very sensitively.
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Let us remember that the aim of this chapter is a comparison of Lagrangian and Appell-Gibbs
approaches effectiveness to process dynamic systems in holonomic and non-holonomic set-
tings and to help estimate which one is more suitable to be employed in a particular case.
Despite that the most important features of non-holonomic systems themselves are briefly
treated as well, but for thorough evaluation of their properties, special literature should be
addressed. Except five monographs cited in introductory section containing a large number of
additional relevant references, a vast number of papers have been published concerning the
investigation of various properties of non-holonomic systems.

Motion of an MDOF system with n degrees of freedom can be described by a system of n
differential equations and ! constraints:

1
mio =X+ Y MAw,  s=1.n x=[x] X=IX| xXeR", (a)

r=1

n 2
> Ani+B, =0, r=1,.1 A=[A] B=[B], ABeR, (b @

s=1
A=Ay, AeR™".

Vector X represents external forces, while A are unknown multipliers. The summation in
Eq. (2a) characterizes influence of constraints (holonomic and non-holonomic) related with
constraints (Eq. (2b)). These constraints reduce the number of the original degrees of freedom
from n to k =n — 1. The system (Eq. (2)) includes n + [ differential equations for x and A
unknown functions f, which can be determined, provided x, x are given in an initial point fo.
If the system (Eq. (2b)) is fully integrable, it provides I functions f, =f,(x,t),r =1,., ] and
constraints can be formulated as f, = f,(x, t) = c,. They are exclusively of a geometric character
and the system is holonomic. Corresponding constraints are formulated in displacements only.
In principle, I components of x can be eliminated and then remains to analyze the system with
n — I unknowns. Then, it can be considered A =0, and the second part on the right side of
Eq. (2a) vanishes. The system with holonomic constraints takes the form:

ms =X, f,=f,(xt)=¢c, s=1L.k r=1.1 k=n-1L 3)

However, frankly speaking, such an operation is possible rather exceptionally. In general, the
full form of Eq. (2) should be treated, despite the system is holonomic. If some (or all) of
constraints (Eq. (2b)) are not integrable, then the system is non-holonomic. In practice, we
encounter these cases when the formulation of constraints includes velocities (more often
velocities only).

We should remember that the non-holonomic constraints introduced in Eq. (2b) represent the
most simple version of such constraints, as they are linear and in velocity. Many applications,
for example, robotics, wind engineering, automotive systems, plasma physics, and so on,
present more complicated types of non-holonomic constraints. Notifications to nonlinear
non-holonomic constraints in velocity are given in elderly monographs [2, 3]. Later, many
papers have appeared presenting results of systematic research at this field originating from

5



6 Nonlinear Systems - Modeling, Estimation, and Stability

particular physical or engineering problems, for example, [6-8], where higher derivatives of
velocities in non-holonomic constraints are discussed. These attributes have been reflecting
also in pure mathematical studies with respect to control theory and systems with a delayed
feedback, see, for example, series [9-11] dealing with generalized Lagrange-d’Alembert-
Poincaré equations or other studies devoted to non-holonomic reduction and related prob-
lems, see, for example, [12] and many others.

Let us realize now that the virtual work of every constraint force should vanish in the meaning
as follows:

n
A Asdxs =0, r=1,.,1L @)
s=1

Therefore, we have with respect to Eq. (2a):

n

> (meis — X,)ox, = 0. (5)

s=1

This equation holds for any arbitrary virtual displacements and represents a generalization of
the principle of virtual works in statics and of the d’ Alembert principle. The important issue is
that it does not include any reactions of constraints. It has been well investigated in the study.
For many details, see monographs, for example, [1, 3] and many others.

Let us consider that velocities in constraints Eq. (2b) are increased by virtual increments 0x, so
that they read

n
D Ao +0%)+B, =0, r=12,] (6)
s=1

Deducting from Eq. (6), the initial state (Eq. (2b)) holds

D Agbis=0, r=12,1 @)
s=1

Virtual increments of velocities 0x fit into constraints requested for constraints (Eq. (4)) and,
consequently, in Eq. (5) the 0x; can be replaced by 6x,:

n

> (i, — X,)osk, = 0. (8)

s=1
We revisit Eq. (2b) and perform differentiation with respect to t:

. dAs . dB,
; (A,st +d—txs> =0 r=1.1 )
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where d/df represents the operator 0/0f + ) x;0/0x;. Considering two possible movements of
i=1

the system in identical initial state and velocities in time ¢, but with different accelerations x
and X + 06X, then we obtain with respect to Eq. (9):

n
> Ak, =0, r=1,,1 (10)
s=1

It means that virtual accelerations 0X satisfy constraints requested similarly like virtual dis-
placements or velocities following Eqs. (4) or (7). Therefore, we can write:

n

> (myis — X,)ok, = 0. (11)

s=1
Some authors call relations (Egs. (5), (8), and (11)) as the first, second, and third form of the
system equation, see, for example, [3] and others.

Let us multiply each equation in the system (Eq. (2a)) by velocities x;. Summing them together,
one obtains

n n 1 n
Y omEdo = Xado+ > > AAk, (12)
s=1 s=1 r=1 s=1
which can be rewritten in the form
d7 dy "
—_ _— = X % 1
G a2 Kk (13)

where 7,V are kinetic and potential energy, respectively, and X; are forces, which cannot be
included into the potential energy V. In other words, relation Eq. (13) indicates that the change
of the full energy (kinetic and potential) is equivalent to power (work on velocities) of all forces
X, which do not contribute to the potential energy V. Relation Eq. (13) corresponds to equilib-
rium condition Eq. (1), where functions of excitation and dissipation P(t), S(t) correspond with

the influence of non-potential forces X.

3. Lagrange’s equations

The original coordinates x should be replaced with respect to Lagrangian coordinates q. The
reason is that they represent the most inherent coordinates respecting the real movement of the
system and configuration of external forces. Let us write basic coordinates as functions of
Lagrangian ones:

7
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Xe =%(q15 G, t), =11 (14)
It can be easily shown
ox, ox, ox, d <6x,>
= =2\ (15)
oj, 0, oq, dr Aoy,

We reconsider Eq. (5) where the virtual displacement 6x is replaced by

" dx,

2 & .. ox,
ox, = a—qéqs, r=1.n = Y {Z (m, &, — Xr)a—qs}éqs =0. (16)

s=1 s s=1 r=1

The last Eq. (16) can be modified using Egs. (15), which implies

LGN Td k) Lot Ky, O
SEratR) a] - Srgfme

s=1 r=1 r=1 s

This equation can be rewritten now in the form:

~ (d (/oL oL
> ar(ar) 5 f o o

s=1

where it has been denoted:

n ) a.r n d .
czzxrai, QS:ZXrai. (19)

r=1 s r=1 s

Inspecting the polynomial £, we recognize that it consists of the polynomial of the second and
first degrees of components q (coefficients are still functions of displacements q and time t)
and the absolute part without any velocity components ¢q. We can now assign the first part to
the kinetic energy 7, while the part without velocities to the potential energy V. So that £ can
be understood as the Lagrange function as usually defined

L=T-V (20)

provided the dynamic system studied is holonomic and no constraints are applied. In such a
case, all variations g, are independent and Eq. (18) can be fulfilled only if every coefficient in
curly brackets vanishes individually. Consequently, we obtain Lagrange’s equations in the
form:

d /oT\ o7 oV
— (=) == .. 21
dt (65]5> aqs - aqs QS, e ( )
where Q, are generalized external forces as functions of q and t. These forces are basically
linear transforms of original forces X,, see Eq. (19). If holonomic constraints are inserted, then
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the number of remaining degrees of freedom is lower (k =n — I). Nevertheless, if there is
possibility to define the system after elimination of inactive DOFs, then we can consider
formally k = n again and Eq. (21) remains in force.

Let us suppose now that the system includes [ non-holonomic constraints and those
holonomic, which cannot be eliminated. Whatever is the reason for that, it still holds
k +1 = n. These constraints are described by constraints in Lagrange’s coordinates (analogous
with Eq. (2b)) as follows:

n
Z Csj,+D,=0, r=1,.,1, D=[D,J DeR’, C=][Cs|, CeR™, (22)
s=1

This time, the variations g, are not fully independent and only those components, which
satisfy conditions:

n
> Cudg, =0 r=12,1 (23)
s=1

can be regarded as independent.

In such a case, the right side of Eq. (21) should be completed:

d [OT\ o7 oV d
4 (9T _9T 9V _ Cro, s=1,.,1. 24
3 <aqs) 6q5+6q5 Qs+;)\c s n (24)

To the system, Eq. (24) should be attached I constraints Eq. (22). So that, finally we have the
system of 1 + [ equations with unknowns q and A. Multipliers A are linearly related with forces
in constraints. In particular cases, multipliers A can be physically interpreted, for instance, they
can have a meaning of reactions of a body moving along a given trajectory. Very knowledge-
able explanation about manipulation and interpretation of Lagrange’s multipliers from the
viewpoint of a general theory as well as of employment in particular cases can be found in the
monograph concerning non-holonomic systems, see [2]. For additional information and a large
overview of additional literature resources, see [5].

The real dynamic system is always influenced by energy dissipation. Some simple models can
be introduced using Rayleigh function R, see, for example, [3]. This way is typically applica-
ble, if linear viscous damping is considered and the Rayleigh function has a quadratic form in
velocities 4. We can include this factor symbolically into Eq. (24), which reads now:

d (0T\ T oV IR ¢
—_ — —_— _— = _— A , g .oy 1. 2
dt (6%) o, "oy, T Qg MO s )

Hence, the completed system Egs. (22) and (25) with n +/ unknowns can be considered.
However, we should be aware that this supplement is rather intuitive and does not follow from
any rigorous derivation, although in practice it is widely and successfully used. Nevertheless,

9
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comparison of this system with the general relation Eq. (1) introduced in Section 1 is obvious.
Take a note that more sophisticated versions of Lagrange’s equations have been developed
inspired by physical problems; see, for instance, generalized Lagrange-d’ Alembert-Poincaré
equations discussed in [11].

Let us add that many details (internal mechanisms and inclusion into governing system)
concerning more sophisticated models of damping can be found in monographs of the rational
dynamics, for example, [1, 4]. See also papers oriented to practical aspects of the damping
either of natural, for example, rheological, aeroelastic origin, or intentionally included in order
to achieve the highest damping effectiveness, for instance [13].

4. Appell-Gibbs function and equation system

Although the Appell-Gibbs approach is not referred so often in the study as the Lagrangian
procedure, there are some monographs treating the analytical dynamics, for example, [1, 3],
where detailed features of this method are explained. Moreover, journal papers can be found
where special aspects of the Appell-Gibbs approach are discussed. A close relation of the fifth
Gaussian form and the Gibbs equations from the viewpoint of Dynamics is studied, for
example, [14, 15], important remarks for application are concerned in [16, 17], as well as
possibilities of extension for systems with time-dependent masses [18] are indicated.

Let us briefly outline principal steps leading to the Appell-Gibbs differential system with
respect to essentials ascertained and introduced in Section 2. We should be aware that gener-
alized external forces Q,, introduced in Eq. (19), follow in principle only k degrees of freedom,
which remained free; thereafter, I constraints have been applied and the original number # of
DOFs has been reduced to k = n — [, 0 < [<n. However, due to complicated relations inside the
dynamic system, this fact is rather impossible to be employed in basic coordinates x;,s =1, .., n
and Lagrange’s coordinates q,, s = 1, .., n should be addressed, as we have also seen in previ-
ous Section 3. Nevertheless, it is worthy to involve only such coordinates g,, which correspond
to k remained DOFs. It can be easily expressed in Lagrange’s coordinates, unlike basic coordi-
nates x;. So that, as the first step, we reformulate some expressions of Section 2 concerning the
transform from basic to Lagrange’s coordinates.

Velocities x,,r =1,.., n should be evaluated with respect to the fact that coordinates x, are
functions of all Lagrange’s coordinates q,,5s = 1, .., k and time ¢, see Eq. (14):

k

. . ox, ox,

X, = E arfs+a, r=1,.,n where: a,= bi' a, = a—xt, (26)
s=1 qs

which also implies

k
0% =Y andj, r=1,.,n, 27)
s=1
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Differentiation of Eq. (26) with respect to time gives

k k k
. . days . da, d o .0
= a it T=x =, r=1.n 28
o ;a‘qu“; at A @ 6t+mz::1qmdt ’ ! @)

The incremented acceleration vector, when keeping velocities and displacements, can be for-
mulated as follows:

.. .. k .. .. k days . da,
X, + 0%, = Zars(qs + 6q5) + Z T 4, + a r=1,.,n. (29)
s=1 s=1
Deducting Eq. (28) from Eq. (29), one obtains
k
0%, =Y andj, r=1,.,n (30)
s=1
Hence, it can be written
n k n k
D Xk =Y (Z Xa) 5G, = > Qbi,, (31)
r=1 s=1 \r=1 s=1

where Q, are identical generalized forces, as they have been defined in Eq. (19). With reference
to Eq. (11), we can reformulate this equation as follows:

n k
> omioE, - Y Qb = 0. (32)
r=1 s=1

This relation will be used later, see Eq. (36).

As a principal step of this section, we define now the Gibbs function G concentrating “acceler-
ation energy” included in all # DOFs as follows:

1< .
G = EZm,xf, (33)
r=1

When we pass from basic to Lagrange’s coordinates, only k active coordinates remain in force
and so the expression Eq. (33) can be rewritten:

I
G = E;mrq,,, (34)

Expressions Egs. (33) and (34) differ only in terms independent from accelerations.

Let us introduce the function H:

11
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k
H=6-) Qi (35)
s=1

and evaluate its virtual increment:
k 1 n ) 1 n ) k
SH=06{G-> Q4| = EZm,(J’é, + 6%,)% — Ezm,f, - > Qi
s=1 r=1 r=1 s=1
1 n n k
- Ezm’(éxr)z + (Zmrxréxr - ZQséqs> :
r=1 r=1 s=1

(36)

The last parenthesis vanishes due to the relation Eq. (32). Therefore, if 0X # 0, then the function
OH is always positive:

k
oH = 6<g -> qu's> > 0, 37)
s=1

which implies that accelerations 4,5 =1, .., k should lead to a minimum of the function H,
which means:

% _ 0, r=1.k 38)

o4,
The energy dissipation terms Ry, Ry, R, should be added to the right side of Eq. (38). At this

moment, the conformity of Eq. (38) with the equivalence Eq. (1) is well pronounced, similar
like in the previous section. The system Eq. (38) should be completed by geometric constraints:

k
qr:Zﬁrsqs+ﬂr T=k+1,..,7’l- (39)
s=1

Equations (38) and (39) are the Gibbs-Appell differential system including n equations, which
can be written in the normal form and hence it is suitable to be immediately investigated using
common methods.

The differential system (Eqgs. (38) and (39)) represents the simplest and in the same time the
most general form of equations of the dynamic system movement. The form of this system is
very simple, and it can be used with the same effectiveness to the investigation of holonomic as
well as non-holonomic systems, as the constraints can represent non-holonomic but also
holonomic type of constraints. Unlike the Lagrangian approach, the non-holonomic or non-
eliminable constraints do not augment the number of differential equations.

Procedure of the Appell-Gibbs equations employment in particular cases is obvious, looking

back at this section. In the first step, the “so called kinetic energy of accelerations” i\; m,x2
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is composed using 1 acceleration components of the vector X. It represents the Appell-Gibbs
function G. In a general case, this function includes also all coordinates x and velocities x.
Nevertheless, it is important that G in Lagrange’s coordinates contains only k selected compo-
nents of accelerations ¢. Anyway, all n components of q and q are still included as a result of a
transformation from basic to Lagrange’s coordinates.

It is worthy to remind that the differentiation outlined in Eq. (38) is very easy in a particular
case. Indeed, let us realize that G can be symbolically expressed as a sum of quadratic function
of accelerations 4, s = 1, ., k — G, linear function of these components G; and function with-
out accelerations Gy. Differentiating G,, one obtains the relevant acceleration component in a
linear form, which will be moved onto the left side together with a coefficient, which can be a
function of all velocities and displacements 4, q., s =1, .., n. Differentiation of G; leads to
acceleration-free coefficients and Gy can be omitted leading to zeroes. Sometimes, the so-called
reduced Appell-Gibbs function G* is defined where Gy is a priori omitted.

In the second step, the work of k given forces Q on k virtual displacements q is carried out. It
k

has the form ) Q,6g,. We substitute now back into Eqs. (38) and add I =#n — k geometric
s=1

constraints following Egs. (39). So we obtain k 4 [ = n differential equations for n components
of the vector ¢(#). Take a note that no unknown multipliers A emerge here, which on the other
hand increases the number of unknowns in a Lagrangian approach.

The procedure working with accelerations instead with velocities provides much simpler
governing differential system. Unlike velocities, the acceleration components in the Appell-
Gibbs function are included only in a few parts of energy expression. Therefore, all parts
including only velocity and displacement components disappear during the differentiation of
the Appell-Gibbs function with respect to 4,7 =1, ...k, and therefore they can be considered
beforehand as unimportant.

Investigating problems with rotations, we work with Lagrange’s coordinates w, which repre-
sent in fact velocities. So that by solving the abovementioned differential system, the displace-
ments and velocities w emerge as results. Rotations themselves remain unattended. May be, it
is a forfeit for a relative simplicity of the governing system in comparison with the Lagrangian
approach. However, this shortcoming is mostly apparent only. The main part of the result
represents usually displacement components, which are obtained without restrictions.
Together with velocities w, they represent a full set of information needed to get through the
shape of trajectories of the system response including rotation (illustrative example will be
presented later in Section 6). If detailed rotations (not only velocities) are still needed, a
subsequent integration can be performed independently using differential relations between
rotation velocity vector w and (for instance) Euler angles, see monographs [1, 3, 4] and others.
They provide a detailed description of time history of a body orientation as a function of time f.
This step can be useful, for instance, when a detailed animation is needed for presentation
purposes.
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5. Planar movement of a ball in a spherical cavity

5.1. Engineering motivation

Passive vibration absorbers of various types are very widely used in civil engineering. TV
towers, masts, and other slender structures exposed to wind excitation are usually equipped
by such devices. Conventional passive absorbers are of the pendulum type. Although they are
very effective and reliable, they have several disadvantages limiting their application.

These shortcomings can be avoided using the absorber of the ball type. The basic principle
comes out of a rolling movement of a metallic ball of a radius r inside of a rubber-coated cavity
of a radius R > r. This system is closed in an airtight case, see, for instance, Figure 1. First
papers dealing with the theory and practical aspects of ball absorbers have been published
during the last decade, see [13, 19].

5.2. Planar layout of the system, Lagrangian procedure

The version, when the ball is forced to move solely in a vertical plane, has been thoroughly
studied using Lagrangian approach in [20, 21] and other detailed papers dealing not only with
theoretical aspects but also with experimental verification in the laboratory and in situ exam-
ining absorbers installed on real structures.

The cavity is fixed to a vibrating structure. Their dynamic character is represented by a linear
single degree of freedom (SDOF) system represented by a mass M. Inside of the cavity, the ball
m in a vertical plane is moving, that is two degrees of freedom (TDOF) system should be
investigated, as it is outlined in Figure 2. It follows from geometric relations:

R-p=r{+¢)=r)=00, (40)

G T

Figure 1. Dynamic scheme of (a) spherical pendulum absorber, (b) ball absorber, and (c) ball absorber during testing in a
dynamic laboratory, see [19].
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Figure 2. Basic scheme of a system.

where p, = R — r. It holds for vertical or horizontal components of a displacement and velocity
of the internal ball center:

horiz.:  u+go,-sing = 1+ cosy, } @)

vert. : Q- cosp = —Q, P sin .
Kinetic energy of a moving system of the ball m and the cavity M can be written in a form:

(m+ M) + mgiip cos @+ 2-0¢%  (42)

_1or . 2, 2.2 .2 Lo, 1y o 1
T_Em{(u + Q¢ cos )" + @~ sin (p] +§]1/) +§Mu =3

where m/x =m+]/r* = 1« =5/7, while the potential energy is given by an expression:

V =mgo,(1 — cosg) + %Cuz. (43)

The damping should be introduced in a form of a simple Rayleigh function:

1 : .
R=3 (Mby1i* + mbyl¢?). (44)

m, M — mass of the ball m, mass of the cavity, M representing the protected structure;
] — inertia moment of the ball m;
b, b, — damping coefficients (logarithmic decrements, linear viscous damping);

Expressions Egs. (42), (43), and (44) should be put into Lagrange’s equations of the second
type, see Egs. (24) or (25) and monographs, for example, [1, 3, 4] and others:

()L 00
at\oq,) ~oq, " og, " ag, 0N T (45)

r=1 r r

=u=C0, G=¢, Py(t) =p(t) - Mg, , P(p(t):O/

which give the governing equations of the system:
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¢ + kbp + k@ sing + k(- cosp = 0, (a)
g cosp — ug?sing + (1+p)C + bl + = p(t), (b) (46)
p=m/M, @l =C/M, =g/, (©

m

Equation (46) describes 2D movement of a ball absorber under excitation by the force P(t) at
any arbitrary deviation amplitudes including incidental transition through a limit cycle toward
an open regime.

5.3. Illustration of some planar system features

Analysis of the governing system (Egs. (46)) has been done in a couple of papers, for example,
[20, 21]. Investigation has been carried out using the harmonic or multi-harmonic balance
method, see, for example, [22, 23], respectively.

The system is auto-parametric, see, for example, [24] and other resources. Very rich overview
of a theoretical basis of auto-parametric systems can be found in [25]. Expecting a single mode
response, the Harmonic balance-based methods are applicable. Following approximate
expressions for excitation and response can be written (cf., e.g., [22]):

p(t) = p, sin (wt),
@(t) = asin (wt) + B cos (wt), 47)
C(t) = y sin (wt) + 6 cos (wt).

Having four new variables a = a(t),f=p(t),y = y(t),0 = 6(t) instead of two original
unknowns @(t), C(t), two additional conditions can be freely chosen:

a sin (wt) + f cos (wt) =0, y sin (wt) + & cos (wt) = 0. (48)

After substituting Eqgs. (47) and (48) into Egs. (46) and substituting the sinw and cos¢
functions by two terms of Taylor expansion, the harmonic balance procedure gives the differ-

ential system for unknown amplitudes Z = (a, B, y,6) T, see, for example, [21, 23]:

M(Z)Z = F(Z). (49)

System (49) for amplitudes Z(t) is meaningful if they are functions of a “slow time,” in other
words, if their changes within one period 27t/w are small or vanishing and individual steps of
the harmonic balance operation are acceptable. The matrix M and the right-hand side vector F
have the following form:

1 1
0 - —Zaﬁxw gKmAa
1
w 0 —gkwAﬂ EaﬁKa)
M=| . , (50)
—ghody Japuw (p+l)o 0
1 1
—70Buw  gpwA, 0 “(p+1w
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6A0k (3ya? — aw?) + 120* (k(apd + (8 — B)y) — 4a) — 48Bxwb,,

1 | 6Agk(60* — Ba?) + 120 (ayx + ox — 4)B + 48axwb,,

48 | w?(Ag(Ao +22)u — 16(35(u + 1) — 4Bu)) + 48(ywb, + dwyy)
w?(Ao(Ao +22)ap —16(3y (u+ 1) — 4au)) — 48(6wby — ywd, + py)

; 1)

where Ag =a? +p*>—8, A, =3a>+p>—8, Ag=a’+3p-8.

Let us consider stationary response of the system. In this case, the derivatives dZ/dt vanish
and the right-hand side has to vanish too. Eq. (49) degenerates to the form of

F(Z) =0 (2)

Thus, to identify the stationary solutions, the zero solution points of F, depending on the
excitation frequency and amplitude, should be traced. In the same time, the signum and the
zero points of the Jacobian det(JF) have to be checked. The negative value of the Jacobian for a
particular point indicates that the corresponding solution is stable, whereas when Jacobian
vanishes a bifurcation could occur.

The curve F(a,B,7,6,0) =0, projected into the planes (w,R) or (w,S) (for §* = )2 + &),
forms the resonance curves known from the analysis of linear oscillators. However, corre-
spondence of this curve to the original Eq. (46) is limited to the case of stationary response.
It is necessary to remind that limits of stationarity of the response cannot be determined
from properties of Eq. (52) itself. The complete Eq. (49) has to be taken into account for this
purpose.

With respect to actual experiences regarding passive vibration absorbers and some interesting
properties of system (46), the following reference input data have been introduced:

M=10.0; m=20; ¢, =071, by, =0.1; b, =0.2; C=140; p, =0.5+2.5. (53)

(@) g
8

1.5

1.0

s

L]
F 15 Lo 15 Ea.] a9 15 e 15 49

Figure 3. Nonlinear resonance curves describing the stationary response of the system for excitation amplitudes
po = 0.25,0.5,1,1.5,2.5. Stable branches are shown as solid blue curves, unstable parts are indicated as the red dashed

curves. Amplitudes, see Eq. (47), R = /a2 + f? are shown in the left part of the figure, amplitudes S = /)2 + 6% are on
the right.

17
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Utilizing Eqs. (52) and (51), the nonlinear resonance curves describing the stationary response
of system (46) can be obtained. A set of such curves for excitation amplitudes
po = 0.25,0.5,1,1.5,2.5 is shown in Figure 3. It is obvious for the first view the nonlinear
character manifesting oneself by a dependence of a position of extreme points on an amplitude
of excitation force. This effect is visible predominantly in a neighborhood of a conventional
“linear” natural frequency of the absorber, although also the second natural frequency
corresponding to the original natural frequency of the structure is affected. The resonance
curves are typical for a system with “softening” nonlinearities.

6. Spatial version of the system, Appell-Gibbs procedure

6.1. Gibbs function

The spatial version of the ball absorber on the basis of rational dynamics has been widely
investigated by authors of this chapter, see, for example, [26, 27]. Lagrangian approach and
Appell-Gibbs procedures have been discussed in these papers combining analytical and numer-
ical methods. Some important issues will be roughly outlined and for details see cited papers.

Unlike the planar version discussed in the previous section, the Appell-Gibbs approach is used
to formulate the governing nonlinear differential system. The authors tried to formulate the
spatial version using the Lagrangian procedure as well, see [28]. Although the governing
system of the respective holonomic system has been successfully assembled, the further anal-
ysis appeared very cumbersome, and therefore, it has been given up to follow this way. Thus,
the Appell-Gibbs approach is used to formulate the governing system. Its structure is much
more transparent and represents a wider option of analytical-numerical investigation of
detailed properties of the ball trajectories within the cavity.

With respect to Sections 2 and 4, the first step represents to construct the Appell-Gibbs function
(often referred to as an energy acceleration function) defined as follows:

Qz%M(iiZGXJriiZGeriiéz) +%](w§+a)§+a‘)§), (54)
where M is the mass of the ball, ] is central inertia moment of the ball with respect to point G, w
the angular velocity vector of the ball with respect to its center G, ug the displacement of the
ball center with respect to absolute origin O, C contact point of the ball and cavity, A moving
origin related with the cavity in its bottom point, see Figure 4. Coordinates x = [x,y, z] are
Cartesian coordinates with origin in the point O. Hence, it holds:

uc =uy +uc +u,, u,=r-n
Ug=1uy+uc+r-u, (55)
N e’

puc, p=1-r/R (cf. Eq. (40): o =R-7),
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Figure 4. Ball rotation vector in moving coordinates.

where u, is the displacement of the moving origin A with respect to absolute origin O, uc the
displacement of the contact point C with respect to moving origin A, u, the displacement of the
ball center G with respect to contact point C, n the cavity normal unit vector in point C.

Geometry of the cavity (radius R) with respect to moving origin A is given by equation:

XA+ vA+ (za— R =R?, (56)

where x4 = [x4,14,24] are Cartesian coordinates with origin in the moving origin A.

Using Pfaff theorem and adopting a conjecture of non-sliding contact between the ball and the
cavity, the respective non-holonomic constraints of “perfect” rolling can be deduced after a
longer manipulation:

UGy = tiax + p(a)y(uCz -R) - wzuCy)/

aGy = ilAy + P(wzqu - a)x(uCz - R))/ (57)

g, = +p(wquy - (Uyqu)/

wherep=1-r/R.
In order to substitute for accelerations u, into the Appell function (Eq. (54)), let us differentiate

constraints Egs. (57).

Several manipulations provide expressions for components of the ball center acceleration tg,
which consist of acceleration in the moving origin A : iy representing the given external
kinematic excitation and acceleration related to the point A being given by an expression: ptic:
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UGy = tiax + p(d)y(”CZ -R) - d)zuCy) + p(wyuCz - (‘—)zuCy)/
iiGy = iiAy + p(dzticy — @x(Ue; — R)) + p(a)yl;lCz — a)zllcy), (58)
UG, =l + P(d)quy - d)y”Cx) + P(wdey - wyl’.le)r
Because the kinematic excitation is supposed to be horizontal, ii 4, = 0 into Egs. (58) should be
substituted.

Expressions Egs. (58) are to be substituted into Eq. (54). Thereby, we obtain the Appell-Gibbs
function G for the system investigated. The function G can be significantly simplified keeping
only terms including second-time derivatives ti¢ and @, which represent second-time deriva-
tives of respective rotations. This step provides the reduced Appell-Gibbs function G". Using
G', one can write the Appell-Gibbs differential system:

0G" /0wy = Fox, 0G" /0w, = Fg,, 0G" /0w, = Fg, (59)

where F; is the external force vector acting in ball center G. Vector F¢ is determined subse-
quently using the virtual displacements principle. Let us introduce the quasi-coordinates
Py Py @, Where vy =¢,, w,=¢, w.=¢,. The only external force acting in the ball

center is the gravity. Therefore, the elementary work performed can be expressed as

O0Fg = —mg - dug;. (60)

Virtual displacement oug, can be determined using the third non-holonomic constraint in
Egs. (57). It holds

Stigs = p(ucyé(px - quégoy), (61)
and therefore
SFG = —mgp (ucyé(px - quaq)y). (62)
At the same time, the elementary work can be expressed in terms of quasi-coordinates:
0FG = Fex09, + Fe, 09, + Fc:00,. (63)

Comparing coefficients at respective virtual components 6¢,, 6¢,, 6¢,, in Egs. (61) and (63),

one obtains
Fgy = —pmg - ucy, Foy = pmg - ucy, Fg, = 0. (64)

The damping will be introduced later in Section 6.3 in order to separate energy conservative
approach and enable to discuss various stationary regimes with respect to parameter and
excitation settings.
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6.2. Governing system

Carrying out the differentiation outlined in Egs. (59), and respecting Eqs. (64), it can be written
after some adaptations:
Jo@x — ucxQs = ((liay + pl@sticy — wxtic:))(uc: — R)
—icy (g + plwxiicy — wylicy))),
Js@y — ucy Qs = (= (iiax + p(wylic; — wsticy))(uc: — R)
+uce (g4 p(wrticy — wylicy))), (65)
Joz = (e = R)Qs = ((ii ax + plwytic: — wsticy) Jucy

_(iiAy + p(w,ticy — a)quz))qu)r

where
Qs = U@y + uCyd)y + (uCz - R)d)zz
Js = (J+mp’R?)/mp.
—_—— (66)

mass interia moment of the ball

with respect to center of the cavity

It can be shown that Q; = 0 and therefore the second column on the left side of the system
Egs. (65) should be omitted. External excitations are specified by movement or acceleration in
the point A. Hence, kinematic excitation in A is given as follows:

EAx(t) = ﬁAx/p/ EAy(t) = ﬁAy/p/ EAz(t) =0, (67)

as it can be seen in Egs. (65). Provided we need to investigate the response processes in a
vertical plane, only one component remains non-zero and the second vanishes as well.

In order to obtain the system Egs. (65) in the form with first-time derivatives concentrated on
the left side, the first derivatives uc in its right sides should be expressed in displacements uc
using non-holonomic constraints Egs. (57):

licy = wy(”Cz -R) - wWzUcy,
aCy = w;licy — wx(Uc; — R), (68)

Ucz = a)xucy — wyuc,(.

Therefore, we obtained the system of six non-linear ODEs (Egs. (65) and (68)) in a normal form
with six unknown functions of time: ucy, ucy, tic;, @y, wy,, w,. Vector uc depicts displacements of
the contact point and can be used to study the movement of the ball from a global point of view.
Detailed behavior of the ball as a rotating body is given by angular velocities w. If the time history
of rotation should be traced, then a subsequent run is necessary to obtain rotations by means of
Euler angles as solution of the system of three ODEs with an input of angular velocities w.

21
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6.3. Influence of the damping

Influence of the damping will be taken into account. Basically, two sources of the energy
dissipation are ruling in the system: (1) dissipation due to air dynamic resistance and (2)
energy loss in contact of the cavity and rolling ball. The former one can be neglected with
respect to obvious geometric configuration of the device and relative velocity ball/cavity.
Concerning the latter one, complicated energy dissipating processes are ruling in contact of
the ball with cavity. Nevertheless, supposing that no slipping arises in the contact, the dissipa-
tion process can be approximated as proportional to relevant components of the angular
velocity vector w and the quality of the cavity/ball contact. Considering the obvious setting,
the respective material coefficients characterizing the rolling movement of the ball can be
considered constant regardless of the direction in the tangential plane to the cavity in the point
C, see Figure 4. The coefficient determining the rotation resistance around the normal vector n
in the contact point C is different as a rule. Therefore, the resistance moment vector D can be
expressed in moving coordinates p, g, 11, see Figure 4, as follows:

D = [D,,D,,D,]". (69)

Components of the above vector can be written in a form as follows:

Dy =% wp, Dyg=%, wy Dy=xs wy (70)

where «,, k; are coefficients of “viscous resistance” of rolling and spinning. Their meaning is:
the moment for a unity rotation per second, that is (Nms/rad).

Turning of the vector D¢ = [Dcx, Dgy, DGZ] T expressed in (xyz) coordinates into the vector D
can be written as

D =T¢ - Dg, (71)

The transformation matrix T reads

[xc(=zc +R)  yc(-zc+R) v
Rv ’ Rv " R
Tc = |2, =, 0 72)
v v
—*c “Yc —zc +R
L R’ R’ R i

where 1? = x% + y2. The matrix T is orthogonal and, therefore, the inverse transformation

goes using matrix TEl = T(T:, in particular:

D =T D, (73)
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Components of the vector D¢ should be incorporated onto the right side of Egs. (59), where
right sides should be completed. It means that the elementary work 0F¢ following Eq. (60)
must be completed by a negative dissipating work due to Dg.

O0Fc = —mg - dug, — Dg - 6¢p, (74)

Repeating the further derivation like in Section 6.2, one can revisit the system Egs. (65) and
(68), where the right sides are completed and instead (Egs. (65)) they read:

Jswx = ((ﬁAy + plw.ticy — (Ux’/.lCz))(uCz -R) - Ucy (g + P(a)quy - wy”Cx))) — Dgy/m,
]sa.)y = (_<iiAx + P(“)yilCz - wzi‘Cy))(uCz - R) + Ucx (g + p(wxl;le - (inle») - DGy/m/ (75)

Jiw, = ((ﬁAx +p(wyuCz - wzaCy))uCy_(iiAy +p(w;ticy — wxaCZ))qu) — D¢ /m.

Terms Dg,/m, Dg,/m, Dg./m which are linear functions of wy, @y, @, determine the viscous
type of the damping, although intensity in individual coordinates is variable depending on
the position of the ball within the cavity.

6.4. Ball trajectories within the fixed cavity due to initial conditions

A large program of a ball trajectory investigation within a spherical cavity has been performed
using the differential system (Egs. (68) and (75)). Basically, it consists of two groups which are
briefly illustrated in this and the next subsections. The first group concerns the fixed cavity (no
excitation is applied). The only source of energy introduced is given by the initial deflection of
the ball from equilibrium position in the point A (“southern pole”), or in other words by non-
homogeneous initial conditions.

Differential system (Egs. (68) and (75)) admits a number of singular solutions which can serve
as separating limits of zones within which regular solutions exhibit certain character of trajec-
tory shape. Some of them can be found analytically from the differential system taking into
account their special properties concerning individual response component along the trajec-
tory as a whole or in certain points of these curves. For details, special papers should be
referred. Take a note that most of them emerge when no damping is considered. The reason is
that the trajectory should be quasi-periodic (or cyclic-stationary), which is impossible when
damping is respected and no external energy supply is considered. Trajectories start in a
certain point on a meridian into which the ball is elevated. Then, it is thrown horizontally
along the cavity parallel circle. Let us mention a few of the most important:

1. circular trajectory in horizontal plane. No initial spin is considered (w,o = 0). The impulse
applied corresponds with the initial velocity @ = [wys, 0, 0], where it holds for wp,:
gMpucyo(2R — ucx)

Wps = (]+Mp2R2) (R . uCzO) ' (76)

23
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This case is the most important and can be called separating circle (SC).

circular trajectory in inclined plane, see Figure 5, wo = [100.0,0.0,0.0]. This state is exactly
valid for wpg — e. The space spiral type trajectory changes from SC upwards successively
into the upper hemisphere. Before the limit state for w,o — e is reached, the osculation plane
of the trajectory can be recognized. It rotates around the vertical axis with a descending
angular velocity as far as it vanishes and osculation and operating planes coincide.

trajectory of “kings crown form,” see Figure 5, wo = [5.817,0.0,5.0537]. Cases, when the
initial spin is considered. For a special value of w,y = 5.0537 takes a shape visible in the
picture. The apexes of this curve correspond to w = [0.0, 0.0, w,] and u = [0.0,0.0,0.0],
which is a clue to find forms and parameters of this special case. This trajectory is reached
from SC, increasing the initial spin velocity until the limit value. If it is lower, the trajectory
has the spiral form. For a higher value, it became a curly form, see Figure 5,
wy = [5.817,0.0,10.0]. The limit state for infinite initial spin represents the ball apparently
fixed in the initial point and not moving neither horizontally nor vertically.

Let us have a look at the bottom two pictures in Figure 5. They respect the influence of the
damping. Coefficients «,, k; are different as it corresponds to conditions in the real system.
The left demonstrates trajectory for positive initial spin and the right for negative initial spin.
The transition through limit cases mentioned earlier is visible. The trajectory obviously finishes
in the bottom “southern pole” of the cavity.
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Figure 5. Illustration of the ball trajectories; cavity is not excited; energy only supply is due to non-homogeneous initial
condition; in every triplet: movement time history of the contact point C: uc,, ucy, tic.; vertical view of trajectories uc,, ucy
components; axonometric view of trajectories; parameters above triplets: initial values of w) = [a)pg, wWg, (u,,g] and
damping parameters: k;, k,; line (a): no spin, no damping, line (b): spin considered, line (c): spin and damping considered.
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6.5. Ball trajectories within kinematically excited cavity

The second group of tests deals with the cavity which is undergone to kinematic excitation in a
horizontal plane (only one-direction excitation is reported here).

Two extensive series of tests demonstrate the auto-parametric character of the system. In the
first series, the response has been evaluated separately for every excitation frequency w
starting from homogeneous initial conditions. Figure 6 shows some selected results of numer-
ical simulations which follow from the differential system (Egs. (68) and (75)). We briefly point
out a couple of features visible in Figure 6. In the picture (a), we can see the maximal
horizontal amplitude of the ball trajectory, when the cavity is kinematically excited in the
horizontal plane in x direction. The solid curve represents max|uc,| and the dashed curve is
max|ucy| as functions of the exciting frequency w. We can see that in the interval w € (0,2.84),
the semi-trivial solution is stable and so u, = 0. The point w = 2.84 is a beginning of the
resonance zone, which spans in w € (2.84,2.99), where auto-parametric resonance occurs and
amplitudes of both response components are commeasurable. For w > 2.99, the semi-trivial
solution is regained. Samples of the trajectory shape are plotted in picture (b) for four frequen-
cies w = 2.84,2.88,2.92,2.96. Their vertical views demonstrate the character of the semi-trivial
and the auto-parametric resonance states. Take a note that the trajectory since w =2.94 is a
simple ellipse-like curve, which does not exhibit any symptom of a chaotic process. Compare
this finding with analysis concerning the sweeping up and down excitation frequency for
w around and above B, bifurcation point (BP) (see Figure 7 and explanation later in this
subsection).

The second series has been controlled by sweeping the excitation frequency up and down in a
large interval and in several detailed regimes in the area of the auto-parametric resonance

(a) (b} w =284
{ max|u =3
0.8 " || —— 0.8 0.5
[ —_— . fo-
06
05 T
0.4
0.5 08
0.2 oo oo
05! 05!
N ! u, u
0.0 " 5 i cx e
280 285 280 % 200 305 10 -05 00 05 .05 00 08

Figure 6. Response of the ball in the resonance and adjacent zones due to harmonic horizontal excitation of the cavity: (a)
amplitude of the displacement as a function of the excitation frequency; (b) vertical views of the ball trajectory for
frequencies w = 2.84,2.88,2.92,2.96.
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0.4
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24 25 268 27 2.8 29 3.0

Figure 7. Amplitudes of the ball displacement under cavity harmonic excitation, when the frequency is swept up and
down: (a) amplitudes overview in the interval w € (1.0, 8.0), (b) zooming in the interval w € (2.4,3.1); curves: solid red —
max|uc,|, dashed red—max|ucy|, solid black—absolute displacement amplitude, blue dashed—attraction boundary
between b,; and by;.

zone. A few of the results are visible in Figure 7. Picture (a) demonstrates amplitudes max|ucy|
(solid curves) and max|ucy| (dashed curve) and the total amplitude uc, in the interval
we€(1.0,85). Picture (b) is the magnified detail of picture (a) within the interval
w € (2.80,3.05) in order to make visible the resonance zone.

Let us pay attention to bifurcation points (BPs). There are obviously concentrated in the
resonance zone. In principle, they can be classified into two categories. The most important
reveal B; and B,. In the latter one, two branches start. The lower one by, approaches zero for
@ — < which indicates the non-moving ball in the vertical view. This branch takes place in the
vertical plane and basically has a form of semi-trivial solution. Its stability increases with rising
w > wpy as it follows from decreasing negative values of the Lyapunov exponent and of
inspection of the relevant stability basins. The upper branch b,; is spatial. It follows from the
resonance zone where the spatial response type has a chaotic character. The relevant attractor
reveals as an annular concentric area with diminishing width with increasing w. The trajectory
very quickly approaches a circular form in the horizontal plane. Its level with respect to the
vertical axis rises and approaches “equatorial” position. However, the stability of this trajec-
tory decreases, and we can see in Figure 7 that around @ = 8.0 even numerical perturbations
of the integration process can overcome the stability limit (despite very small integration step)
and the response trajectory falls down to the lower branch in the point D,. Its position is not
fixed. If hypothetically zero perturbation occurs, it could shift to infinity and approach
together with the branch b,, the asymptote at the level R = 1. Observing black max|uc,| and
red max|ucy| parts of b, we can see that they are getting coincide with increasing w. It means
that trajectory approaches the circle with radius R = 1.

Let us briefly discuss the shape of the response amplitudes for w below BP B; and B4. The BP
By is reached sweeping up along the branch by, when it loses planar character passing through
B,. In such a case, the spatial response type emerges, exhibiting a chaotic response since B;.
This fact is obvious also looking at the dashed red curve representing uc,, which is trivial as far
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as By and can bring the system from the semi-trivial solution into the auto-parametric reso-
nance starting By. Take a note that passing BP By, planar response can remain in force, if any
perturbation is avoided. It meets in B3 the branch b, following also a planar path for swept up
w. Branch b, starts in By. Its stability rapidly decreases with descending w. The point D;
illustrates its limited extent in sub-resonance zone. This feature is visible observing the curve
bs, which represents a limit separating the area of attraction to b,; and to bj;. Take a note that b,
starts in By and approaches D;, despite hypothetically it goes together with D; as far as the
vertical axis in the point R = 1. The b; can be earned from stability basins for w in the adequate
interval for initial value w, = 0. It corresponds to amplitude of uc, as a testing value for
decision about affiliation to b,; or bj; attractiveness.

The interval between B; and B, includes the spatial response, see non-trivial amplitude
max|ucy|. The spatial response has a chaotic character, as it has been already outlined in the
previous paragraph, when commenting the branch b,;,.

7. Conclusion

The common physical origin of Lagrangian and Appell-Gibbs approaches has been shown. It
originates from the equilibrium of energy-level evolution in time on one side and power
supply together with energy dissipation on the other side. Various formulations of this princi-
ple lead finally to different variational principles, although they follow from the same minimi-
zation of the energy spent to system response portrait. Comparing individual sections of the
chapter, we can see that each one of commonly used procedures based on particular energy
formulations is preferable for a certain type of problems. It can be concluded that there does
not exist a single universal approach which should be recommended.

Some detailed properties of both approaches have been demonstrated in Sections 5 and 6. Both
of them discuss non-holonomic problem of the ball movement within the spherical cavity
under external excitation. The former one deals with a simple planar problem and shows that
the Lagrangian approach is easily applicable to obtain reasonable results as far as a wide
parametric discussion, which enable to earn a detailed insight into the system dynamic prop-
erties. The latter alternative represents the full space problem with six DOFs and three non-
holonomic constraints. Some earlier studies tried to formulate this problem also in Lagrangian
style using Lagrange’s multipliers. Finally, it proved that the relevant governing differential
system is too complex and does not enable appropriate detailed analysis of dynamic properties
of the system. Therefore, the space problem outlined in Section 6 has been formulated using
Appell-Gibbs approach. Transparent results have been obtained as needed for practical pur-
poses in a device design and in further study of multi-body system dynamics. Take a note
regarding the classification of singular solutions and their applicability for detailed analysis,
stability of various regimes of the system under kinematic excitation, transitions among semi-
trivial, auto-parametric, chaotic, and other states typical for nonlinear system. Let us add that
both 2D and 3D problems have been investigated respecting the full nonlinearity without any
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simplifications of transcendent functions and thus enabling to study all effects without any
limitations in amplitudes.

A certain shortcomings which apparently follow from the knowledge of rotation velocities
only (no rotations themselves are calculated) can be disregarded, when displacements have
been obtained. The rotation velocities represent mostly satisfactory information. Nevertheless,
if rotations are still needed, there exist several variants of a simple differential system (follow-
ing rotation vector definition) relating velocity and rotation vector components. This system
can be subsequently easily solved, when necessary. A hidden complexity of the Lagrangian
approach follows from an implicit connection of both parts, which are independent when
Appell-Gibbs procedure is applied.
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Abstract

The canonical generalized inversion dynamical equations of motion for ideally constrained
discrete mechanical systems are introduced in the framework of Kane’s method. The canon-
ical equations of motion employ the acceleration form of constraints and the Moore-Penrose
generalized inversion-based Greville formula for general solutions of linear systems of alge-
braic equations. Moreover, the canonical equations of motion are explicit and nonminimal
(full order) in the acceleration variables, and their derivation is made without appealing to the
principle of virtual work or to Lagrange multipliers. The geometry of constrained motion is
revealed by the canonical equations of motion in a clear and intuitive manner by partitioning
the canonical accelerations’ column matrix into two portions: a portion that drives the
mechanical system to abide by the constraints and a portion that generates the momentum
balance dynamics of the mechanical system. Some geometrical perspectives of the canonical
equations of motion are illustrated via vectorial geometric visualization, which leads to
verifying the Gauss’ principle of least constraints and its Udwadia-Kalaba interpretation.

Keywords: canonical equations of motion, discrete mechanical systems, Kane’s method,
Gauss’ principle of least constraints, cononical generalized speeds, Greville formula

1. Introduction

Deriving mathematical models for dynamical systems is in the core of the discipline of analytical
dynamics, and it is the step that precedes dynamical system’s analysis, design, and control
synthesis. For discrete mechanical systems, i.e., those composed of particles and rigid bodies,
the mathematical models are in the forms of differential equations or differential/algebraic
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equations that are derived by using fundamental laws of motion or energy principles. Because
many mechanical systems nowadays are multi-bodied with numerous degrees of freedom and
large numbers of holonomic and nonholonomic constraints, simplicity of the derived equations of
motion is important for facilitating studying the mechanical system’s characteristics and for
extracting useful information out of its mathematical model. Hence, deriving the simplest possi-
ble form of the equations of motion that govern the dynamics of the mechanical system is crucial.
Moreover, because the mechanical system’s equations of motion are simulated on digital com-
puters, computational efficiency of the derived differential equations of motion when numeri-
cally integrated is another factor by which the quality of the mathematical model is judged on.

It has been a general trend for over two centuries to employ d’Alembert’s principle of virtual
work [1] to derive equations of motion that involve no constraint forces. The principle was
implemented by Lagrange [2] for deriving the first set of such equations, which constituted the
first paradigm shift from the Newton-Euler’s approach. The only other alternative to
employing d’Alembert’s principle has been to augment the equations with undetermined
multipliers, an approach that was initiated by Lagrange himself. Other formulations that
followed the trend include the Maggi [3] and Boltzmann-Hamel [4] formulations. A remark-
able contribution of the Lagrangian approach to analytical dynamics is utilizing the concept of
generalized coordinates instead of the Cartesian coordinate concept. The choice of generalized
coordinates greatly affects simplicity of the derived equations of motion.

Another paradigm shift in the subject took place when Gibbs [5] and Appell [6] independently
derived their equations of motion. For the first time, formulating the dynamical equations
involved neither invoking d”Alembert’s principle nor augmenting undetermined multipliers.
Because d’Alembert’s principle was to many analytical dynamics practitioners, “an ill-defined,
nebulous, and hence objectionable principle,” [7] the Gibbs-Appell model was widely accepted
within the analytical dynamics community. Moreover, the absence of undetermined multi-
pliers from the Gibbs-Appell equations contributed to maintaining simplicity and practicality
of the equations for large constrained mechanical systems. Another feature of the Gibbs-
Appell approach was initiating the concept of quasi-velocities, which equal in their number to
the number of the degrees of freedom of the mechanical system. Similar to the advantage of
generalized coordinates, carefully chosen quasi-velocities can lead to dramatic simplifications
of the dynamical equations of motion.

Orne feature that is associated with the Gibbs-Appell’s approach is that it is based on the
differential Gauss’ principle of least constraints [8] as was shown by Appell, [9] in contrast to the
Lagrange’s approach that is based on the variational Hamilton’s principle of least action [10] as
opposed. Another feature is adopting the acceleration form of constraints to model a mechanical
system’s constraints. Although easy by itself, employing the acceleration form eased the
historical hurdle of modeling nonholonomic constraints that used to obstruct variational-based
formulations, and it is a consequence of the differential theme that is based on Gauss’ princi-
ple. In particular, the acceleration form bypassed d’ Alembert’s principle and the undetermined
multiplier augmentation practices that produce false equations of nonholonomically constrained
motion, and it unified the treatments of holonomic and nonholonomic constraints.

A key developments in the arena of analytical dynamics is the Kane’s method for modeling
constrained discrete mechanical systems [11-13]. Kane’s method adopts a vector approach that
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inspired useful geometric features of the derived equations of motion [14]. The generalized active
forces and generalized inertia forces are obtained by scalar (dot) multiplications of the active and
inertia forces, respectively, with the vector entities partial angular velocities and partial velocities.
This process delicately eliminates the contribution of constraint forces without invoking the
principle of virtual work. The resulting equations are simple and effective in describing the
motion of nonconservative and nonholonomic systems within the same framework, requiring
neither energy methods nor Lagrange multipliers.

The standard Kane’s equations of motion for nonholonomic systems are minimal in general-
ized speeds, i.e., their number is equal to the number of degrees of freedom of the dynamical
system, and only the independent portion of generalized speeds and their time derivatives
appear in the equations. Nevertheless, information about dependent generalized speeds can be
practically important, e.g., for the purpose of obtaining stability information about a depen-
dent dynamics or when it desired to target a dependent dynamics with a control system design
by using state space control methodologies.

On the other hand, generalized inversion and the Greville formula for general solutions of
linear systems of algebraic equations were introduced to the subject of analytical dynamics by
Udwadia and Kalaba [15, 16] as tools for deriving equations of constrained motion for discrete
mechanical systems. The success that the formula met in modeling ideally constrained motion
is due to its geometrical structure that captures orthogonality of ideal constraint forces on
active and inertia forces, which is the essence of the principle of virtual work.

Inspired by the Udwadia-Kalaba equations of motion and the Greville formula, this chapter
introduces a new form of Kane’s equations of motion. The introduced equations of motion
employ the acceleration form of constraints, and therefore holonomic and nonholonomic
constraints are augmented within the momentum balance formulation in a unified manner
and irrespective of being linear or nonlinear in generalized coordinates and generalized
speeds. The equations of motion are nonminimal, i.e., no reduction of generalized speed’s
space dimensionality takes place from the number of generalized coordinates to the number
of degrees of freedom. Furthermore, the new equations of motion are explicit, i.e., are sepa-
rated in the generalized acceleration variables, and only one generalized acceleration variable
appears in each equation.

The main feature of the derived equations of motion is the explicit algebraic and geometric
partitioning of the generalized acceleration vector at every instant of time into two portions:
one portion drives the mechanical system to abide by the constraint dynamics, and the other
portion generates the momentum balance of the mechanical system as to follow Newton-
Euler’s laws of motion.

2. Kane’s equations of motion for holonomic systems

Consider a set of v particles and p rigid bodies that form a holonomic system Sy, possessing n
degrees of freedom in an inertial reference frame . Assume that n generalized coordinates
4y, ---, q, are used to describe the configuration of the system. Then a corresponding set of n
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holonomic generalized speeds up,, ..., uy, is used to model the kinematics of the system. The two
sets are related by the kinematical differential equations [12, 13]:

q = Clq, hun + D(q, 1), M

where g€ R" is a column matrix containing the generalized coordinates; u, € R” is a column
matrix containing the generalized speeds, § = dg/dt, CER"*", D€R"; and C ' exists for all
g€R" and all t e [12, 13]. Kane’s dynamical equations of motion for Sj, are given by [12, 13]

Fo(q,un, t) + Fr (g, up, tip, £) =0, r=1..n, )
where F, and F} are the " holonomic generalized active force and the " holonomic general-
ized inertia force on the system, respectively, and 1), = du;,/dt€R" is a column matrix
containing the generalized accelerations. Furthermore, the velocities and angular velocities of
the particles and bodies comprising a mechanical system are linear in the generalized speeds
up,. Hence, the accelerations, angular accelerations, and consequently the generalized inertia

forces are linear in the generalized accelerations ij,. Therefore, a column matrix F* € R"

*

containing F, r =1, ..., n can be written in the following form [17]:

F*(% Mh,ﬂh,t) = _Q(qat)uh _L(qauhvt)/ (3)

where the generalized inertia matrix Q € R"*" is assumed symmetric and positive definite and
L eR". Hence, a matrix form of (2) is written as [17]

Q(q,yun = —L(q, un, t) + F(q, un, t). 4)

3. Kane’s equations of motion for nonholonomic systems

Let us now consider a modification of the kinematics of S, that is made by imposing the
following simple nonholonomic constraints on the generalized speeds [12, 13]:

Ars(‘% t)us + Br(q7 t)/ r=1,...,.m, (5)

P
Uptr =

s=1

where uy, ..., u, are the generalized speeds of the nonholonomic system S that is resulting from
constraining Sy, according to (5), m = n — p, and A,s and B, are scalar functions of the general-
ized coordinates g, ..., q,, and t. The nonholonomic generalized speeds are considered to satisfy
the same kinematical relations with generalized coordinates as their holonomic counterparts,
ie,

‘7 = C(‘% Hu + D(‘% t)' (6)

The system dynamics of S changes from that given by (2) accordingly. Let the generalized
speed column matrix be partitioned as
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T
u=[uf up]’, 7)
whereu; = [u1 - u, ]T and up = [tpp1 = Uy ]T. Kane’s dynamical equations of motion
for S are given by [12, 13]
~ —% .
F.(q,ur,t) +F, (q,ur,up,t)=0, r=1,...,p 8)

where F, and f: are the r nonholonomic generalized active force and the r* nonholonomic
generalized inertia force on S, respectively. The relationships between holonomic generalized
active forces on S, and nonholonomic generalized active forces on S are given by [12, 13]

IN-",(q, up, t) = Fo(q,u,t) + ZFers(q, u,t)Agy, r=1,..p. )

s=1

In a similar manner, the relationships between holonomic generalized inertia forces on S, and
nonholonomic generalized inertia forces on S are given by [12, 13]

Y (qun i t) = Br(qu,i ) + Y Fr (w1, DA(g. ), r=1,..p. (10)
s=1

Substituting (9) and (10) in (8) yields the unreduced form of Kane’s equations of motion for S
[12, 13, 17]:

Fi(q,u,t) + Fr(q,u,1,t) +Z( s (g, 1, 1) +F;+S(q7u7ﬂ,t))Asr(q7t) =0, r=1..p. (11)

s=1

The simple nonholonomic constraint equations given by (5) can be rewritten in the following
matrix representation [17]:

up = A(g,t)u; + B(g, 1), (12)
where A € R™*? and B € R". Furthermore, (12) can be rewritten as [17]
Ai(q, )u = B(q, 1), (13)
where A; e R"*" is given by
A(g,t) = [=A(q, 1) Toxm |- (14)
Also, (11) can be rewritten in the matrix form [17]:
Ax(q, )F* (q,u, 1, t) = —As(q, HF(q,u, 1), (15)

where A, e RP*" is given by
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Ar(g,t) = | Iy AT(g,1)|. (16)

Hence, (15) becomes [17]

Az(’% t)Q(’% t)u = —Az(’% t)L(C], u, t) + AZ(’% t)F(q’ u, t)' (17)

Notice that (17) is obtained by multiplying both sides of (4) by A»(q, t). Therefore, the unique
holonomic generalized acceleration vector #), that solves the fully determined system given by
(4) solves the underdetermined system given by (17) also, among an infinite number of
generalized acceleration vectors that satisfy (17), each of which preserves a constrained
momentum balance dynamics of the mechanical system.

4. Canonical generalized speeds

Choosing the set of generalized speeds is a crucial step in formulating Kane’s dynamical
Egs. (2) and (8) because the extent of how complex these equations appear is affected by this
choice. For every choice of nonholonomic generalized speeds uy, ..., u,, we define the canonical
set of nonholonomic generalized speeds wy, ..., w, such that

w=Q"2(q, 0y, (18)

where w is the column matrix containing wy, ..., w, and Ql/ 2 is the square root matrix of Q.
With this choice of generalized speeds, (13) becomes

”Qfl (qa t)w = B(‘% t)/ (19)

where 71 (q,t) = A1(q, )Q V*(g, t). The time derivative of (18) is
W = QY*(q,u, tyu + Q'*(q, t)ii (20)

where Q'/? is the element-wise time derivative of Q'/? along the trajectory solutions of the
kinematical differential Eqs. (6). Therefore, (17) becomes

AZ(q7 t)Ql/z(qv t)d) = _AZ(q7 t)L(q7 U, t) + AZ(qv f)F(‘% u, t) + Az(‘% t)Ql/z(qv t)Ql/Z(% u, t)u 21)
and can be simplified further to the following form:

(g, = (9, )Q (g, ) (F(q,u,t) — L(q, u, 1)) + &2(q, ) Q"> (q,u, t)u (22)

where #75(q, ) = Aa(q,t)Q"?(g, t). We view the nonholonomic mechanical system dynamics as
being composed of two parts: a constraint dynamics that is modeled by (19) and a momentum
balance dynamics that is modeled by (22). Scaling velocity variables and constraint matrices by
square roots of the inertia matrices for the purpose of characterizing constrained motion is
implicit in Gauss’ principle of least constraints [8] as will be shown later in this paper.
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Moreover, deriving explicit equations of motion for constrained mechanical systems by utiliz-
ing this type of scaling is first due to Udwadia and Kalaba. [15, 16] The arguments of the
functions are omitted in the remaining sections for brevity, unless necessary to clarify concepts.

5. Generalized accelerations from the acceleration form of constraints

Time differentiating the constraint dynamics given by (19) yields [17]
& =V, (23)
where V1 €R" is given by

Vi= B(q, u,t) — sz'fl(q, u, t)w, (24)

where B and &/, are the element-wise time derivatives of B and /) along the trajectory
solutions of the kinematical differential Eqgs. (6). The general solution of the above-written
acceleration form of constraint equations for w is given by the Greville formula as [18-20]

W= Vi + Py, (25)
where A7 is the Moore-Penrose generalized inverse (MPGI) [21, 22] ofA; and
@1 :Inxnfdrdl (26)

is the projection matrix on the nullspace of &1 and y, €R" is an arbitrary vector as for
satisfying the acceleration form given by (25) but is yet to be determined to obtain the unique
natural generalized acceleration. Because Q‘l/ 2 is of full rank, it follows that &7 retains the full
row rank of A; and hence that /] € R"*" is given by the closed form expression:

o = o (o)) (27)

In (25), the following holds
A VieR(H]), Py €N () (28)
where Z(-) and 4 (-) refer to the range space and the nullspace, respectively. The term &7 V;

in (25) is the minimum norm solution of (23) for w among infinitely many solutions that are
parameterized by y;.

6. Generalized accelerations from the momentum balance dynamics

Let V, € R" be given by
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Vo =Q Y2(F-L)+ Q"u. (29)

Then the momentum balance Eq. (22) takes the following compact form:

oyt = oV, (30)

where A, retains the full row rank of A, because Ql/ 2 is of full row rank. Hence, another
expression for the general solution of @ is obtained by utilizing the Greville formula to solve
(30) and is given by

W=y Vr+ Py, (31)
where A7 € R™*7 is given by the closed form expression:
of = (re]) (32)
and
Py = lyxn — A5 9 (33)

and y, €R" is an arbitrary vector as for satisfying the momentum balance dynamics given by
(30), but its unique value that solves for the natural generalized acceleration vector w is yet to
be determined, and

AV, ER (S o) =R(H3), Py, €N (2>). (34)
The term &5 &,V in (31) is the minimum norm solution of (30) for & among infinitely many
solutions that are parameterized by v,.
7. Canonical generalized inversion Kane’s equations of motion

Since A; and A; are full row rank matrices and their numbers of rows m and p sum up to the
full space dimension 7 and since

o) = (A1Q71/2> (A2Q1/2)T — (AlQ—l/z) (A2Q1/2>T

(35)
= A1Q PQVPA] = AJA] = —A+ A =0y,
it follows that the row spaces of &1 and &/, are orthogonal complements, i.e.,
L
R(7) = [R(e3)]". (36)

Nevertheless, since [23]
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R(]) = [ ()] 37)

then it follows from (36) that
R(ly) = N (1). (38)
Since the only part in the expression of w given by (25) that is in A/(#71) is the second term

2.y, and since the ony part in the equivalent expression of w given by (31) that is in 2 (/. T ) is
the first term &, &7,V it follows from (38) that

Py, = A5 9,V>. (39)

Substituting (39) in (25) yields the canonical generalized inversion form of Kane’s equations for
nonholonomic systems:

W=V + 5 ,V>. (40)
The same result is obtained by using the fact:
H(ts) = [R(])]" (1)
which implies by using (36) that
() = N () (42)

Since the only part in the expression of @ given by (25) that is in % (/] ) is the first term &/, V1,
and since the only part in the equivalent expression of w given by (31) that is in A4'(#/>5) is the
second term %y,, it follows from (42) that

Py, = V1. (43)

(Substituting (43) in (31) yields Eq. (40). Eq. (20) can be used to express (40) in terms of the
original generalized acceleration vector 1, resulting in

i=Q (,eﬁvl A Ql/Zu). (44)
8. Geometric interpretation of the canonical generalized inversion form

Adopting the canonical set wy, -+, w, of generalized speeds in deriving the dynamical equa-
tions for a mechanical system reveals the geometry of its constrained motion. Figure 1 depicts
a geometrical visualization of the n dimensional Euclidian space at an arbitrary time instant .
The vertical and the horizontal axes resemble the orthogonally complements m dimensional

and p dimensional subspaces Z(#/|) and #(; ), respectively.
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Figure 1. Geometric visualization of the constrained generalized acceleration vector 7.

In viewing the canonical generalized acceleration w given by (40) as the geometrical vector
shown in Figure 1, it is shown to be composed of two components that are orthogonal to each

other: The vertical component 2/ V; resides in %(#/] ), and it enforces the constraint dynam-
ics given by (23), and the horizontal component &5 &7,V resides in % (&7} ), and it generates
the momentum balance dynamics given by (30).

Moreover, the vertical component of w is the shortest in length “minimum norm” solution
among infinitely many solutions of (23) that are parameterized by y, according to (25). These

solutions can also be represented by arbitrary horizontal deviation vectors: Ayt = &5 &/50;
V,eR(H3),i=12,...as

W+ Ngith = V1 + o5 o2(Va + 6;V3) (45)

and are shown to solve (23) by direct substitution and noticing that &4 Ir = Lyxm and
145 = 0y,. Two of these solutions are plotted (in dotted red) in Figure 1 for arbitrary
vectors 61V, and 0,V in R”, in addition to the natural generalized acceleration vector @ that
is obtained by setting 6;V> = 0.

Similarly, the horizontal component &>/ V» of @ is the shortest solution among infinitely
many solutions of (30) that are parameterized by y, according to (31). These solutions can also

be represented by arbitrary vertical deviation vectors: Ayt = o 6;V1 € Z(2/7),i=1,2, ... as
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‘(b—i—AliZb ZW;.WQVz-FWT(Vl“‘(SiVl) (46)
and are shown to solve (30) by direct substitution and noticing that >4/ =I,., and
>8] = 0. Two of these solutions are plotted (in dotted blue) in Figure 1 for arbitrary
vectors 01V and 6, V7 in R", in addition to the natural generalized acceleration vector @ that is
obtained by setting 6;V1 = 0,,. Notice that the canonical generalized acceleration vector w is

the only solution that solves (45, 46) simultaneously and is obtained by setting 6;V, =0, and
0;V1=0,,.

Now consider a general deviation vector Aw that is composed of arbitrary vertical and hori-
zontal deviation components from @ as shown in Figure 2. The vertical component &7 6V
abides by (46) but violates (45), and the horizontal component &, 27,6V abides by (45) but
violates (46). Hence:

Ao = {6V + o5 2,0V, (47)

The deviated canonical generalized acceleration vector w + Aw is obtained by summing (40)
and (47) as
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Figure 2. Deviation from the constrained generalized acceleration vector .
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W+ At = o (V1 + 6Vy) + o 2(Vy + V) (48)

and is shown in Figure 2 in dotted blue. On the other hand, the canonical holonomic generalized
acceleration vector in terms of the canonical generalized speeds is obtained from (4) and (20) as
by = Vs (49)

where w;, = Q'?u and u solves (4). Decomposing the expression of iy, along %(&/1) and
X () yields

Wy = Vo= P1Vo+ PV, (50)
= (Inxn - W?”])VZ + (Inxn - 42{;»‘2{2)‘/2 (51)
:d;.ﬂfz‘/z-i-&ff&flv% (52)

Let us now specify the deviated generalized acceleration vector w + Aw to be w; as shown in
Figure 3. Equating the two expressions (48) and (52) and solving for 6V and 6V, yield

oVi =1V, -V, (53)

and

5V, =0,. (4)

Substituting 6V and 6V, in (47) yields

Aw:df(dlvszﬂ (55)
which corresponds to the vertical solid red vector in Fig. (3). Notice that Aw is the shortest
among all deviation vectors that end up at wj;, (two of which are shown in dotted red) by

deviating from generalized acceleration vectors that abide by the constraint dynamics given by
(23) (two of which are shown in dotted green), i.e.,

Al = lldoy — wl| = min ||Aw;|| = min [l —will, i=1,2, ... (56)

where w; satisfies

F 1w =V (57)

and [|x|| denotes the Euclidean norm of x given by ||x|| = vxTx. Moreover, Aw can be expressed
in terms of the original set of generalized speeds as
Aw = QY?Au (58)

where Au =u, —u is the difference between holonomic and nonholonomic generalized
speeds. Therefore:
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Figure 3. Deviation from the constrained generalized acceleration vector .

[ Aw ]| = [|Q"*Atk + Q"2 Aul| = min Q" Ati; + Q" Aull,i =1,2, ...

where Au; = uy, — u; and u; satisfies
o1 = 1 (Ql/zili + Ql/zu) =V

Nevertheless, (59) implies that

1Q2Aii|| = min [|Q"*Adisll, i = 1,2, ....,
1

which in terms of the square Euclidean norm implies that
IQ 2 AdI? = ATQU2Q2Ad = min (AiT QV2Q! A )
1

= AiTQA = min (Ad] QAI;), i=1,2,....

(59)

(60)

(61)

(62)

(63)
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Eq. (63) is exactly the statement of Gauss’ principle of least constraints [8]. The present geo-
metric interpretation of Gauss’ principle was first introduced by Udwadia and Kalaba [24].

9. Conclusion

The chapter introduces the canonical generalized inversion dynamical equations of motion for
nonholonomic mechanical systems in the framework of Kane’s method. The introduced equa-
tions of motion use the Greville formula and utilize its geometric structure to produce a full
order set of dynamical equations for the nonholonomic system. Moreover, the acceleration
form of constraint equations is adopted in a similar manner as in the classical Gibbs-Appell,
Udwadia-Kalaba, and Bajodah-Hodges-Chen formulations.

The philosophy on which the present formulation of the dynamical equations of motion is
based views the constrained system dynamics of the mechanical system as being composed of
a constraint dynamics and a momentum balance dynamics that is unaltered by augmenting
the constraints. Inverting both dynamics by means of two Greville formulae and invoking the
geometric relations between the resulting two expressions yield the unique natural canonical
generalized acceleration vector.

Because the momentum balance dynamics and the acceleration form of constraint dynamics
are linear in generalized accelerations, only linear geometric and algebraic mathematical tools
are needed to analyze constrained motion of discrete mechanical systems. Also, the present
linear analysis is valid in despite of dependencies among the constraint equations and changes
in rank that the constraint matrix A may experience because the matrices A; and A; are always
of full row ranks and their m and p rows span two orthogonally complement row spaces.
Another advantage of maintaining full row ranks of A; and A, is that their generalized
inverses have explicit and closed form expressions, which alleviate the need for employing
numerical methods for computing generalized inverses.
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Abstract

Various differentiable models are frequently used to describe the dynamics of complex
systems (see the kinetic models, fluid models, etc.). Given the complexity of all the
physical phenomena involved in the dynamics of such systems, it is required to introduce
the dynamic variable dependencies both on the space-time coordinates and on the scale
resolutions. Therefore, in this case an adequate theoretical approach may be the use of
non-linear physical models either in the form of the Scale Relativity Theory or of the
Extended Scale Relativity Theory, i.e., the Scale Relativity Theory with an arbitrary con-
stant fractal dimension. In the framework of the Extended Scale Relativity Theory, fractal
velocity field is described both by topological solitons of kink type and by non-topological
soliton varieties of breather type. Applications for the blood flow are proposed. The
results revealed the directional flow toward the walls, which can explain the thickening
effect which is one of the source of arteriosclerosis.

Keywords: complex system, fractal, non-linear, bio-structure, non-differentiable

1. Introduction

Bio-structure is a complex non-Newtonian fluid made of: plasma and formed cells, cholesterol
vesicles and other suspended elements [1]; thus, the laws of fractal physics are completely
applicable to sanguine circulation. For conformity, the perfect Newtonian fluid is a fluid in
which viscosity is independent of the shear stress, thus having no relation to the sanguine
fluid.

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
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However, not only the complex structure of bio-structure justifies the using of fractality, but
also the complex structure of the arterial system, with its multiple ramifications, which gener-
ate turbulence areas and interruptions of the linear flowing that make classical physics not
applicable in this context. We can thus discuss about multi-fractality: a morphological one due
to complex structure of the arterial tree as well as a functional one due to bio-structure flow
“regimes” [2]. Also, the stress of a visco-elastic fluid, unlike the Newtonian fluid, depends not
only on the actually stress applied but on the one applied during previous deformation of the
fluid [3, 4].

Standard theoretical models usually used in complex fluid dynamics and particularly that of
flow through bio-structure vessels are ambiguous [5]. The assessment that the entities
contained by bio-structure move along continuous and differentiable courses proves to be
false, as it cannot comprise the entire variety of dynamics that are induced by the flowing of
bio-structure through the vessel system (from the separation of bio-structure components
through turbulence regimes to bio-structure-bio-structure vessel interactions).

In this context, we propose a new hypothesis according to which bio-structure structural
unit move on continuous but non-differentiable curves (and particularly on fractal curves).
We cannot predict the entirety of the bio-structure-vessel system, bio-structure-organic tis-
sues, etc., or at elementary level, bio-structure entity-bio-structure structural unit (i.e., lym-
phocyte — granulocyte, lymphocyte — platelet and others) interactions. This is why accepting
the above stated hypothesis comes up as a simple, elegant and efficient solution, the impos-
sibility of predicting all these interactions that take place being substituted by the use of
fractality [6].

We are led to the dynamics of a special type of fluid, free of interactions, in which the stream
lines are continuous and non-differentiable curves.

Multiple physical models have been developed in the attempt to explain the dynamics of
bio-structure flow and its physiological and pathological changes on the course of the entire
arterial trunk, starting from the big elastic arteries and continuing with the small arteries
and arterioles — resistance vessels -, following with the bio-structure capillaries (with arter-
ial and venous components) and, backwards, with the post capillary veins, then with the
middle and large veins — capacitance vessels — ensuring the anti-gravitational mobilization of
bio-structure.

Thus, the hypothesis of the geometric risk factor in the development of the circulatory system’s
suffering has been proposed. This initially promising theory [7] proved its drawbacks that
derive from a non-differentiable, Euclidean approach to the dynamics of bio-structure flow
and its effects on the vessels’” wall. The proposed counterbalance is represented by fractal
physics laws [4, 8] that offer a great amount of freedom due to accepting the relativity of the
complex fluids’ behavior (bio-structure belongs to this category).

Correspondingly, the theoretical models that describe the complex fluids” dynamics are sophis-
ticated [4, 8]. However, these models can be simplified since the complexity of the interaction
process imposes various temporal resolution scales. Also, one should take into account the fact
that the pattern evolution imposes different freedom degrees [3, 28].
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One could develop new theoretical models assuming the fact that the complex fluids
displaying chaotic behavior are recognized to acquire self-similarity in association with strong
fluctuations at all possible space-time scales [4, 9]. One can replace the deterministic trajecto-
ries by collections of potential trajectories for temporal scales which are large with respect to
the inverse of the highest Lyapunov exponent (see, e.g., [10, 11]). Also, the concept of definite
positions can be replaced by that of probability density. An interesting example is represented
by that of collisions processes in complex system, where the dynamics of the particles can be
described by fractal (non-differentiable) curves.

Since fractality (non-differentiability) is a universal property of complex fluids, one should
build a fractal (non-differentiable) physics. In this context, replacing the complexity of the
interactions processes by non-differentiability, it is not necessary anymore to use the classical
“arsenal” of quantities from the differentiable physics. This was developed in the Scale Rela-
tivity Theory (SRT) [12, 13] and in the non-standard Scale Relativity Theory (NSRT), i.e., Scale
Relativity Theory with arbitrary constant fractal dimension [14]. In the framework of SRT or
NSRT let us suppose that the complex system structural unit motions take place on continuous
but non-differentiable curves (called fractal curves). In this way, all physical phenomena that
are involved in the dynamics depend on the space-time coordinates and also on the space-time
scales resolution. In this context, the physical quantities describing the complex systems
dynamics could be considered to be fractal functions [13, 14]. Additionally, the complex system
entities could be reduced to and identified with their own trajectories. In this way, the complex
system behaves as a special interaction-less “fluid” by means of its geodesics in a non-
differentiable (fractal) space.

In the present chapter, various bio-structure flow dynamics are analyzed aiming to propose
new mechanisms for the genesis and evolution of different bio-structure-related pathologies
(arterial occlusion, cholesterol deposition, etc.).

2. Material and method

Assuming that the motions of bio-structure’s structural units take place on continuous but
non-differentiable curves (fractal curves), the following consequences emerge [13, 14]:

(i) Any continuous but non-differentiable curve of bio-structure’s structural units (bio-
structure fractal curve) is scale resolution 6t dependent. This means that when 0f tends to
zero, its length tends to infinity.

Let us recall that a curve is non-differentiable if it satisfies the Lebesgue theorem [9]. This
means that when the scale resolution goes to zero, its length becomes infinite. In consequence,
in this limit, a curve has a zigzag form and consequently it has the property of self-similarity in
every one of its points. Since every part reflects the whole, this can be translated into a
holography property [9];

(ii) The physics of bio-structure phenomena are related to the behavior of a set of functions
during the zoom operation of the resolution scale 6t. Through the substitution principle, 6t
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can be identified with dt, that is, 6t = dt. Consequently, it will play the role of an indepen-
dent variable. We shall use the notation dt for the usual time as in the Hamiltonian bio-
structure dynamics;

(iii) The dynamics of bio-structure’s structural units are described by means of fractal vari-
ables. Since the differential time reflection invariance of any dynamical variable is broken,
these functions depend on the space-time coordinates and also on the resolution scale. In
consequence, one can define two derivatives of the variable field Q(t, dt) at any point of the
bio-structure fractal curve:

- L = m
dt At—0, At 1)
d*Q(‘g dt) . Q(ta At) _ Q(t — Ata At)
—_— = 111'1'1
dt At—0_ At

The “+” sign corresponds to forward processes of bio-structure’s structural units, while the
“—" sign correspond to the backwards ones;

(iv) The differential of the spatial coordinate field dX'(t, dt) by means of which we can describe
the bio-structure dynamics, is expressed as the sum of the two differentials, one of them
being scale resolution independent (differential part d.x'(t) and the other one being scale
resolution dependent (fractal part 4, C'(t)) i.e.,

Ao X (1) = dex'(8) +doT (1) 2)

(v) The non-differentiable part of the spatial coordinate field, by means of which we can
describe the bio-structure dynamics, satisfies the fractal equation [14]:

deCi(t,dt) = AL (db)V/Pr 3)

where A, are constant coefficients that help to specify the fractalization type which describes
the bio-structure dynamics. Also, Dr defines the fractal dimension of the bio-structure non-
differentiable curve.

In this way, the bio-structure processes imply dynamics on geodesics having different fractal
dimensions. This variety of fractal dimensions of the bio-structure geodesics is a result of the
bio-structure’s structure. For Dr = 2, quantum type processes are generated in bio-structure
dynamics [15]. For Dr < 2, correlative type processes are induced and for Dr > 2 non-
correlative type processes are generated [6, 12, 13].

(vi) The differential time reflection invariance of any dynamical variable of the bio-structure is
recovered by combining the derivatives d. /dt and d_ /dt in the non-differentiable operator

o Nfdo+d\ dfdy—d-
ddt_z( dt ) 2( dt ) @

This is a natural result of the complex prolongation procedure applied to bio-structure dynam-
ics [14, 16]. Applying now the non-differentiable operator to the spatial coordinate field, by
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means of which we can describe the bio-structure dynamics, yields the complex velocity field
of the bio-structure.

i 4X . A
V= ddt =Vi—ill,i=v—1 G)

with

_1dX+d X 14X —d X

vV 2 dt ’ 2 dt

(6)
The real part V' of the bio-structure complex velocity field is differentiable and scale resolution

independent (differentiable velocity field). The imaginary part U' is non-differentiable and
scale resolution dependent (fractal velocity field).

(vii) If we have no external constraint, one can find an infinite number of fractal curves (geo-
desics) relating any pair of points. This happens on all scales of bio-structure dynamics.
Then, in the fractal space of the bio-structure, all the structural units are substituted with the
geodesics themselves so that any external constraint can be interpreted as a selection of bio-
structure geodesics. The infinity of geodesics in the bundle, their non-differentiability and
the two values of the derivative imply a generalized statistical fluid-like description of the
bio-structure dynamics. Then, the average values of the bio-structure variables must be

considered in the previously mentioned sense, so the average of d. X' is
(deX') =dyx! )
with
(d:C) =0 ®

The previous relation (8) implies that the average of the fractal fluctuations is null.

(viii) One can describe the bio-structure dynamics by means of a scale covariant derivative. Its
explicit form can be obtained as follows. We assume that the bio-structure fractal curves

are immersed in a 3-dimensional space. We also suppose that X' is the spatial coordinate
field of a point on this fractal curve. Let us also consider a variable field Q(Xi7 t) and the
following Taylor expansion up to the second order

) 1
d:Q(X',t) = 0,Qdt + 0;Qd. X' + Ea,akcgazg(ldixk )

These relations are valid at any point and more for the points X' on the bio-structure fractal
curve which we have selected in Eq. (9). From here, forward and backward average values for
bio-structure variables from Eq. (9) become

(d+Q) = (0:Qdt) + (Qd. . X) +% < 00 Qd, X'd Xk > (10)
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We suppose that the average values of the all variable field Q and its derivatives coincide with
themselves and the differentials d.X’ and dt are independent. Therefore, the average of their
products coincides with the product of averages. Consequently, Eq. (10) becomes

, 1
d:Q =0,Qdt +0,Q < d X' > +§alakQ<dindiXk> (11)

Even the average value of diCi is null, for the higher order of diCi the situation can still be

different. Let us focus on the averages <di CldiCk > Using Eq. (3) we can write

(dslld.cd) = AL A (db) <§F)’1dt (12)

where the sign + corresponds to df > 0 and the sign — corresponds to dt < 0.

Then, Eq. (11) takes the form:
d:Q=0Qdt+0,Q < d Xi>+166 i do £ La00 AL (d (D‘Q’ld 13
+d =0 i + zleixix 2le LAL(d) t (13)

If we divide by dt and neglect the terms that contain differential factors (for details, see the
method from [13, 14]) we obtain:

d . 1 =]-1
g—tQ = 0Q +v40,Q % 5 AL A% (dh) (#) A%Q (14)

_dux vo= d_x'

i ayx
where V!, = v =

These relations also allow us to define the operators

dy

— =0+ R ES %A;A’;(dt) (_) o0 (15)

Using Egs. (4), (5), and (15), let us calculate the differentiable operator

% —2Q+V30+ }1 (dt) <_) "' DRQ (16)

where

Dk — gk _ iﬁlk

Ik I 3k 1 3k K I 2k I (17)
d =228 —ALAR, @7 = ALA% Al Ak

Eq. (16) also allows us to define the covariant derivative in the bio-structure dynamics
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Q-|:L>

— 0+ Vo4 (dt)( %) DR, (18)

Let us now consider the principle of scale covariance (the physics laws — bio-structure dynam-
ics specific — are invariant with respect to scale transformations) and postulate that the passage
from the classical (differentiable) physics to the fractal (non-differentiable) physics can
be implemented by replacing the standard time derivative d/dt by the non-differentiable

operator d/dt. In this way, this operator has the role of a scale covariant derivative. More
precisely, it is used to write the bio-structure dynamics fundamental equations in the same
form as in the classic (differentiable) case. In these conditions, applying the operator (18) to the
complex velocity field (5), with no external constraint, the bio-structure geodesics take the
form:

AT

av

== oV 4+ Vol 1o (dt)( ) DRV =0 (19)

N 0 "
This means that the local acceleration til, the convection V GZVI and the dissipation lealakvl,
make their balance at any point of the bio-structure fractal curve. Moreover, the presence of the

Z)-1
complex coefficient of viscosity-type 4~ (dt) (DF ) D" in the bio-structures dynamics specifies
that it is a rheological medium. So, it has memory, as a datum, by its own structure.

If the fractalization is achieved by Markov type stochastic processes, which involve Lévy type
movements [9, 13, 17] of the bio-structure structural units, then:

AAL = AT AL =228 (20)

where 6 is the Kronecker’s pseudo-tensor.

Under these conditions, the equation of bio-structure geodesics takes the simple form

~nd

d—‘; — oV + V'l —ingr (D_F)’lo’kalak?" —0 @1)

or more, by separating the motions on differential and fractal scale resolutions,

. R .
dVD — 0V + VEQVE — | VL + A(de) (#) dlovi=0
(22)
i 2 )1 .
d;f —QVE+ VEOVE 4 |V 4 A(dh) (#) Vi =0

Using the standard procedure from [18], the bio-structure dynamics at fractal scale resolution
can be described by means of the following equations:
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. . 2 ) .
VL 4+ VEQ VL = A(dt) () YoV

QVE=0

(23)

(24)

Eq. (23) corresponds to the specific impulse conservation law at fractal scale resolution, while
Eq. (24) corresponds to the states density conservation law at fractal scale resolution (we
consider that the density of the bio-structure at fractal scale resolution is constant — incom-

pressible bio-structure).

Since this equation system is non-linear, one could find relatively difficult finding the solutions
for these equations [19, 20]. However, in the particular case of a stationary flow in a plane

symmetry (x,y), there is an analytical solution of this system. Then, for Vi = (Vy,V,,0),

Egs. (23) and (24) take the form:

Wy W (3) 12,
Vi S2 4, S5 = A =
v, o,

o oy "

The boundary conditions of the flow are:

dV,
oy

limV,(x,y) = 0, im =0, im V,(x,y) =0
y—»O y—»O Y—oo
and the flux momentum per length unit is constant

oo
O=p J V2dy = const.

—oo

(25)

(26)

(27)

(28)

Using the method from [18-20] for solving Egs. (25) and (26), with the conditions (27) and (28),

the following solutions result:

()]

Vy =

173"

[3/\ (df) (#) _]x}

(29)
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Relations (29) and (30) suggest that the bio-structure velocity field is highly non-linear through
topological solitons of kink type (tanh), various non-topological solitons of breather type
(sech?), and through topological — non-topological soliton mixtures of kink-breather type
(sech®tanh). Given the structural complexity of the bio-structure (which is given by its various
structural units, that retains their own velocity field) an accurate way of writing relations (29)
and (30) will be the one in which we assign indexes for each component.

For y = 0, we obtain in relation (29) the flow critical velocity of the bio-structure in the form

[1 5 (g%) g}

Vio,y=0)=V, = 7 (31)
2 )
[Wt) ) }
while taking into account (31), relation (28) becomes
oo +d,
0= | Vierwdy = [ vix0ay @)
+oo ~d,
so that the critical cross section of the strains lines tube of the bio-structure is given by:
()
oy ® _ DZ—F -1 p\1/3
de(x,y = 0) = 2o 2.42 [/\(dt) x} (@) (33)

Relations (29) and (30) can be strongly simplified if we introduce the normalized quantities

&) L G
[/\(dt)(DLJlxo]

I
I
Q
I

X
C:—,T}:—,u

—,0 T 1/3,0) -
X0 Yo wo wo (L) 5
wo A(dt) P X0

where xo, i, wo are specific lengths and the specific velocity, respectively, of the laminar flow of
the bio-structure. It results that

u(C,n) = 1'519 sech? (O'Sgw”), (35)
& G
2/3
o(C ) =222 [“’” sech? (0'5(3“”7> ~ tanh (0'553“’”)] (36)
3 GG G G

We present in Figures 1a, b and 2a, b the dependence of the normalized velocity field u on the
normalized spatial coordinates &, 1 for various nonlinearity degrees (w = 0.3; 6). The results
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Figure 1. The dependence of the normalized velocity field u# on the normalized spatial coordinates &, 1 for the non-

linearity degree w = 0.3: (a) 3D representation; contour plot (b).

e z

Figure 2. The dependence of the normalized velocity field u on the normalized spatial coordinates &, 1 for the non-

linearity degree w = 6: (a) 3D representation; contour plot (b).



Non-Linear Behaviours in the Dynamics of Some Biostructures
http://dx.doi.org/10.5772/intechopen.74435

showcase that the velocity field on the bio-structure flow direction (&) is affected in a weak
manner by the nonlinearity degree (the velocity always decreases on the flow axes regardless
of the nonlinearity degree). Also, the bio-structure flow direction (1) is strongly affected. Bio-
structure flow starts from constant values on the 1 axes and with the increase of w, preferential
bio-structure flow direction can be identified.

In Figures 3a, b and 4a, b the dependences of the normalized velocity field v on the normalized
spatial coordinates ¢, ) for various non-linearity degrees (w = 0.3; 6) are represented. For small
non-linearity degrees, the variations (increase/decrease) of the velocity field have similar
behaviors on both directions (&, ), while for higher values of the non-linearity degree these
variations are only focused on a single direction (&).

Taking the above into account, the force that the bio-structure will exercise to the walls of the
flow vessels is of great importance for the understanding of arterial occlusion and other
circulatory system diseases.

Figure 3. The 3D representation (a) and the contour plot (b) of the normalized velocity field v on the normalized spatial
coordinates &, i) for the nonlinearity degree w = 0.3.
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Figure 4. The 3D representation (a) and the contour plot (b) of the normalized velocity field v on the normalized spatial
coordinates &, 1) for the non-linearity degree w = 6.

In our case the normalized force is given by the relation:

f(Gn) = opu — v

Qsech ? <O.5(ZUT]> tanh <O.5(2ur]> w
15 ¢ ¢ _1

C G
wnsech? (0'5?17) 0.66cn2sech? (OE’?TI) tanh (()5_3)17) a)
09a| -2 ¢/, ¢ ¢
' 3 G G
37
033 (1 tanh? [ 2227} o 7
G
T Cg
wnsech? (0'5?17)
0.30 3 E —tanh(@) 32
+ 7
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Figure 5. The dependence of the normalized force field F of a bio-structure flow on the vessels, on the normalized spatial
coordinates &, n for two resolution scales: 3D representation (a); contour plot (b) for the non-linearity degree w =0.3.

Figure 6. The dependence of the normalized force field F of a bio-structure flow on the vessels, on the normalized spatial
coordinates &, n for two resolution scales: 3D representation (a) and contour plot (b), for the non-linearity degree w = 6.
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In Figures 5a, b and 6a, b the normalized force field evolution on the two-flow direction (&, 1)
for various non-linear degrees is represented. It results that with the increase of the non-
linearity of the bio-structure the force toward the walls increases.

3. Discussions

The theory proposed in this chapter explains from a fractal viewpoint the atherogenesis
process [21], basically “molding” to the classical anatomical and histopathological descriptions
and completely respecting the process they postulate. In consequence, the fractal physics
model sustains already accumulated morpho-pathological information and research. There
are plenty of electronic and optical microscopy images that describe the spatial-temporal
hologram of the phenomenon; we can thus discuss about the non-fractal — fractal and micro-
scopic — macroscopic translation through holographically reproducible auto-similarity [21]. In
this way, we affirm that fractality is the mathematical and semantic quintessence for defining
atherogenesis, a process that can be physically characterized by fractal physics. This physics
becomes in this situation more of a component rather than an explanation for the complex
biological system represented by the atheroma plaque [22, 23].

In what concerns the recovery of such biological diseases, there are a huge number of techniques.
We recall that external electrical stimulation can cause changes in the bio-structure vessels.
Although atherosclerosis cause vasodilatation in the affected area and bio-structure flow remains
unchanged for an extended period of time, the vascular wall stiffness will increase the pulse
pressure. The purpose of the study developed in [24, 25] was to measure the effects of electrical
stimulation (ES) on bio-structure flow and bio-structure pressure. All subjects received electrical
stimulation at intensity sufficient to produce torque equal to 15% of the predetermined maximal
voluntary contraction of their right quadriceps femor is muscle. The conclusions were that the
increase in bio-structure flow occurred within 5 min after the onset of ES and dropped to resting
levels within 1 min after a 10-min period of ES [25]. Kinesiotherapy or Kinesitherapy or
kinesiatrics, is the therapeutic treatment of disease by passive and active muscular movements
(as by massage) and of exercise [26]. From the physiotherapeutic viewpoint, an efficient treat-
ment is directed toward improving bio-structure flow and also decreasing the disparity between
the demand for bio-structure and its supply [22]. An effective vascular rehabilitation training
program for improving walking efficiency and vascular remodeling in patients with diabetic
atherosclerosis suffering from intermittent claudication could be a supervised treadmill walking
exercise combined with Allen-Burger exercises [23].

4. Conclusions

The present chapter proposes a fractal model for the dynamics analysis of bio-structure
flows. The fractal hydrodynamic equations were obtained and applied for the laminar flow
of bio-structure.
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A second application was proposed for bio-structure flow, and of cholesterol deposition on the
vessel walls. The results revealed the directional flow toward the walls. This could explain in
our opinion the thickening effect which is one of the sources of arteriosclerosis. Moreover, our
model imposes redefinition of “good” and “bad” cholesterol (which are traditionally associ-
ated with HDL and LDL respectively); instead they should be replaced by the following
notions: specific cholesterol entities, associated with a certain non-differentiable curve, that
have a major endothelial impact and specific cholesterol entities which have no or low endo-
thelial impact.

There is currently a great number of works describing matter organization and behavior in all
of its variations, from which we mention [27]. We consider that our bio-structure flow model
could also be used to further development in the study of other complex systems dynamics
(such as pulmonary and metabolic diseases or environmental systems). Moreover, possible
therapeutic treatments can be developed, e.g., new drug release mechanisms.
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Abstract

In the given chapter, free vibrations of different nonlinear mechanical systems with one-
degree-of-freedom, two-degree-of-freedom, and multiple-degree-of-freedoms are reviewed
with the emphasis on the vibratory regimes which could go over into the aperiodic motions
under certain conditions. Such unfavorable and even dangerous regimes of vibrations
resulting in the irreversible process of energy exchange from its one type to another type
are discussed in detail. The solutions describing such processes are found analytically in
terms of functions, which are in frequent use in the theory of solitons.

Keywords: soliton-like solution, nonlinear mechanical systems, free vibrations, method of
multiple time scales, suspension bridge

1. Introduction

It is known [1] that the periodical transfer of energy from one type to another is made possible
during vibrational processes occurring in nonlinear mechanical systems. This phenomenon is
called energy exchange [2, 3].

Investigations on the energy exchange originate from the chapter [4], wherein the authors
studied small nonlinear vibrations of a two-degree-of-freedom (2dof) system consisting of a
load suspended on a linearly elastic spring and executing pendulum vibrations and vibrations
along the spring’s axis in the same vertical plane. In spite of the apparent simplicity of that
system, it realistically explains some phenomena occurring during vibrations of more complex
nonlinear systems and in particular describes all types of energy exchange from pendulum
vibratory motions into oscillatory motions along the spring’s axis, and vice versa: the periodic

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
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and aperiodic energy interchange, as well as stationary regimes during which the energy
exchange is absent.

The energy-exchange mechanism in a similar nonlinear 2dof system has been studied in [5, 6].
The system was made up of two loads, one of which was suspended on a linearly elastic spring
and executed vertical vibrations, and the other was suspended on an unstretched rod and
executed pendulum vibrations in the same vertical plane. Reviews devoted to nonlinear
vibrations of 2dof systems can be found in [2, 3].

However, the energy transfer is observed during free vibrations of different nonlinear mechan-
ical systems: possessing one-degree-of-freedom (1dof), two- (2dof), and more degrees-of-free-
dom (multiple-dof), and as well as having infinite number of degrees-of-freedom (deformable
solids). The internal resonance is realized when magnitudes of natural frequencies of two natural
modes belonging to the different types of vibrations of the system (partial subsystems) are
approximately equal to each other or one of them two to three times larger than the other. This
phenomenon is particular evident in modern engineering structures which are very light and
flexible due to the application of present-day materials, resulting in finite displacements of
individual structural elements as well as of the structure as a whole. Among such construc-
tions are suspension-combined systems: suspension and cable-stayed bridges, suspension
roofs in large public and industrial buildings, and so on. Suspension-combined systems and
suspension bridges, in particular, are distinguished by high esthetic merits, and many of them
are referred to the most remarkable up-to-date engineering structures. For example, “Golden
Gate” suspension bridge in San Francisco with the span of 1281 m, cable-stayed bridge in
Cologne with the span of 690 m, suspension roofing of Olympic sport complex in Moscow, and
many others.

The majority of papers devoted to the dynamic behavior of suspension-combined systems
studies free nonlinear vibrations of suspension bridges with a thin-walled stiffening girder
[7-11]. Different dynamic loads (wind, seismic excitation, moving loads, etc.) after the comple-
tion of acting on a suspended structure setup prolonged free nonlinear vibrations of this
structure, in so doing both vertical and flexural-torsional vibrations could be excited. One of
the most unfavorable nonlinear effects, which is observed in suspension systems during free
vibrations, is just the “energy exchange” from one type of vibratory motions into the other
under the conditions of the internal resonance.

The intensity and frequency of energy exchange between strongly coupled modes essentially
depend on an absolute level of the initial amplitudes [7, 8, 11, 12] which is governed by the
value of the initial mechanical energy of the system.

However, the qualitative character of the energy exchange is dependent on the relative level of
initial amplitudes which is independent of the system’s initial energy and is defined as the
ratio of the initial amplitudes of the two interacting modes [9]. It has been found in [9] that in
accordance with a value of that level, three types of an energy-exchange mechanism exist: two-
sided energy exchange (a periodic energy exchange from one subsystem to another), one-sided
energy exchange (one subsystem completely or partially transfers the energy to another), and
energy exchange does not occur (stationary vibrations). Among the three types of the behavior
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of the mechanical system, the second one may occur to be the most unfavorable. As for the
behavior of a suspension bridge, then the most hazardous type is the irreversible transfer of
the energy of vertical vibrations into the energy of its torsional vibrations in the case of a
bisymmetrical stiffening girder or into the energy of flexural-torsional vibrations in the case of
a mono-symmetrical girder. This is due to the fact that suspension bridges possess a rather
higher flexural rigidity than torsional one, that is, they perceive better than those dynamic
loads that result in vertical vibrations.

Solutions describing the one-sided energy transfer occurring in mechanical systems we shall
call as soliton-like solutions, since the functions entering in such solutions are widely met in the
theory of solitons [13, 14].

In this chapter, it is shown that solutions of such a type exist both in 1dof systems and in
systems possessing two- and more degrees-of-freedom.

2. A one-degree-of-freedom system

The phenomenon of energy transfer, when one type of the energy completely and irreversibly
goes into another type of the energy as time passes, can be observed on such a simple object as
a mathematical pendulum (Figure 1).

In order to demonstrate this, let us consider the expression for the total mechanical energy of
the mathematical pendulum which is combined from the kinetic energy

T=%mv2 =%ml2 ((0)2 (1)

and the potential energy (Figure 1)

m

0

Figure 1. A mathematical pendulum.
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[1 = mg(OH) = 2mgl sin® [%J 2)

and has the form

E=T+H=%mlz(¢)2+2mglsin2(%j, (3)

where an overdot denotes a time derivative, [ is the string length, g is the gravity acceleration,
m is the load mass, v =[¢ is its velocity, and ¢ is the angle of the string’s deflection from the
vertical.

Rewrite Eq. (3) in the dimensionless form
)
. E
ﬂ+451n2 A4 =—, (4)

@3

where E, =%mwglzand @y =g/l .

Consider the case of motion of the mathematical pendulum when its energy E is exactly equal
to 4E,. Then, the law of conservation of energy Eq. (4) gives the simple relationship [15].

.2
% = 4cos? (%} (5a)
o
or
@ =2, cos(%j . (5b)

Dividing the variables in Eq. (5b), integrating separately the right and left parts of the relation-
ship obtained, and considering that ¢ =0 at t = 0 yield

In{tan[ﬂT_(pﬂ =—yt (6a)

@ = —4darctan (e™™). (6b)

or

Differentiating Eq. (6b) over ¢, we find

2a

p=—— 7)

B cosh(wyt)

Reference to Egs. (6) and (7) shows that if the mathematical pendulum begins its motion from
the extreme low position, then at t—eo its velocity ¢ — (0 in so doing does not vanish
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Figure 2. Phase portrait describing vibrations of mathematical pendulum.

¢'/w,

!

N

anywhere, and the angle @ — 7, that is, the pendulum, tends to take the upper position of
equilibrium which is an unstable one. As this takes place, the kinetic energy completely trans-
forms into the potential energy. This solution is the soliton-like one, since the functions arctan
and ch are frequently met in soliton solutions.

If one represents the phase trajectories of the pendulum motion on the phase plane ¢/ @, — @
at different magnitudes of the energy E, then solution (6) will correspond to the phase trajec-
tory which is called as a separatrix. This line divides closed trajectories from nonclosed ones
(Figure 2). Closed and nonclosed trajectories are consistent with the solutions for the periodic
transfer of the potential and kinetic energies into each other, in doing so in the first case, the
pendulum will vibrate, and in the second one, it will rotate around the point of suspension.

3. A two-degree-of-freedom system

3.1. Governing equations

Now, consider a 2dof system presented in Figure 3. The kinetic T and potential IT energies of
such a system have the form

T= %(m1 +1m,) 9% —m,l y(psin(p+%mzl2(p2, (8a)

1
I=—k(y+ Yem)” =GV + Vo) = M8 (Y + Yo +1COS @), (8b)

where y,,, = (m; +m,) g/ k, kis the elastic spring rigidity, m; and m, are the masses of the first
and second loads, respectively, y is the vertical displacement of the first load, and ¢ is the angle
of the pendulum’s deflection.
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Figure 3. Scheme of a 2dof mechanical system.
Applying Lagrange equations of the second kind [15]

d(oT) oT  om
_ —_—_— e —— l: S
dt( j a2~ ax VTP

oA

and considering Eq. (8), the system’s equations of motion in the dimensionless form within an
accuracy of the values of the second order of smallness with respect to i and ¢ can be written
as follows:

¥+ y*—apip—ap® =0, (9a)
G+QF p—bpy*=0, (9b)
where

m* =(-!JE,V0.E_I».. Q* =ﬂ.]r'ng_ls w’ =k(m, +m3}", Q’ =gf_|

-1 -1 | m [ Y
YE=yyp, tF=tygyy, Yo=mk'g, a=—2r——, b==2
m+m, ¥ l

Suppose that the linear natural frequency  * is twice as large than the linear natural frequency
Q*, thatis,
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wF =20 % (10a)

or the linear natural frequency g * and the linear natural frequency () * are equal to each other,
that is,

wF =%, (10Db)

It is said that the system is being under the conditions of the two-to-one internal resonance or the
one-to-one internal resonance if the condition Eq. (10a) or (10b) is fulfilled, respectively [2].

For analyzing nonlinear vibrations of the systems subjected to the internal resonance (10),
assume that the amplitudes of vibrations are small but finite values and weakly vary with
time. Then, perturbation technique could be used to construct the solution of the set of Eq. (9),
and, particularly, the method of multiple time scales [16].

3.2. Method of solution

An approximate solution of Eq. (9) can be represented by an expansion in terms of different
time scales limiting by the values of the third order of smallness in &

y*(t) = 6y1(T0,71,T2’ ...) +€2y2(T0,]i,T2, ...)+g3y3(T0,71,T2’ ...)+ cee g (113)
o) = 8p(Ty. T;.Ts,.. ) + 20, (T, T} Ty, .. ) + €205 (Ty T Ty ) + ..., (11b)

where T, = ¢"t (n=0,1,2...), and ¢ is a small parameter.

Substituting Eq. (11) into Eq. (9), considering that

d 2 0
—=Dy+e&D,+&°D, +..., D =— (n=012,..)
dt 0 1 2 n P i
d2
?:<D0+5D1+52D2+...)2:D§+25D0D1+52(D0D2+D12)+...
t

and equating the coefficients of like powers of &, one obtains, to order ¢,
Dy y+@* y =0,  Dip +Q* ¢ =0; (12)
to order 22,

Dg Yot ¥ Y2 =2DyDy y +a(01D§¢1 +a(D0(01)2,
(13)
Dy, +Q* @, = -2DyDygpy + b, Dy y;

to order .3,

71
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Dy y3+ @ yy3 ==2DyDyy, — (D] +2DyD,)y, +ag, Dy,
+2aDyp (Dyp) + Dyp,) + a(/’1(Dg€02 +2DyDypy),

(14)
Dyy + Q% g3 =-2Dy Dy, — (D} +2DyDy)py
+b,Dg v, + by (D7 y, +2DyDy )
The solution of Eq. (12) could be sought in the form
= AT explio Ty )+ AT exp(-io* T, ),
(15)

o =AT) exp(iQ * TO)+ Xz (1) exp(— iIQ*T, ),

where A; and A; are unknown complex functions, while Zl and Zz are the complex conjugates
of A; and A,, respectively.

3.2.1. The case of a two-to-one internal resonance

Substituting Eq. (15) into the right-hand sides of Eq. (13) yields

Déy2 + o+ Yy, =2iw* DA exp(ia) * TO)— 2aA§Q *2 exp(ZiQ * TO)+ cc,
Dlp, + Q% g, = —2iQ% D, A, exp(iQ * T, ) — bA Ay ** expli(* +Q)T, | - (16)
—bA A0 F exp[i(a) * T, ] +cc,
where cc denotes complex conjugate parts of the preceding terms.

The functions exp(iow*Ty), exp(2iQ*Ty)=explio*Ty), exp(iQ*Ty), expli(w* —Q")T, | = exp(iQ*T;)
entering into the right-hand sides of Eq. (16) produce secular terms in the expression for Y»
and ¢, that is, the terms of the type of Toei“’*TO and ToeiQ*TO. Since secular terms increase

without any limits as time goes on, then there is a need to eliminate them by equating the
coefficients standing at the enumerated functions to zero. As a result, we obtain

iw* DA +aA5Q* =0, (17a)
Multiply Eq. (17a) by ZI and Eq. (17b) by A, and find the complex conjugate equations. Two

mutually conjugated equations first add to each other and then subtract one from another. As a
result of such a procedure, we obtain more convenient set of four equations:
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io*(AD,A - ADA )+ a0+ (4,42 + AA2)
io*(ADA + ADA )+ a2 (4,42 - A42)
2i0% (4,014, = A, DA, )+ bao (AIZ22 + ZIA22)= 0,
2i0%(A,D,A, + A, DA, )+ bar® (4, A2 — A, A2)=0.

=0,
=0,

Representing the functions A; and A, in a polar form
A =a@explig M) 4 = arMexplioy 1)), (18)

we can rewrite the set of four differential equations as

(alz)' = —%aa)*alag singd, (19a)
(a%)’ =2bw*a,a; sind, (19b)
Q= iaw*a%a{l cosJ, (19¢)

¢, =bw*a;coso, (19d)

where an overdot denotes differentiation with respect to Ty, and & =2¢, — .

Eliminating the value ¢ * a]ag sing from Egs. (19a) and (19b) and integrating the net relation-
ship with respect to T yield

I
a12 +Zab 1a22 =E,, (20)

where E; is the initial magnitude of the system’s energy, which represents the law of conser-
vation of the total mechanical energy of the system under consideration. Expression (20) is the
first integral of the set of Eq. (19).

Introducing a new function £(7;) (0 <& < 1) such that
af =Eg&(T), a3 =4ba” Ey[l-&(T)], (21)
and substituting Eq. (21) in Eq. (19a), we have
E=-BJE(1-&)sing, (22)
where B =2 /E,0*b.

Doubling both sides of Eq. (19d) and subtracting from the net relationship Eq. (19c) with due
account for Eq. (21) and
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o= 20, -y,
we obtain
. -1
5:B3§ 080 . (23)
2,J¢
Putting

. dS .
o6=—4¢ (24)
d¢
and substituting Eq. (24) into Eqgs. (22) and (23), we are led to the equation

dcos§Jr 1-3¢

e 2 1-5) c0s0=0. (25)
Separating the variables in Eq. (25) and integrating the equation obtained yield
cos 8 =Gy 2 (1-&)! (26a)
or
G(£,6) =\E(1-§)cos 6 =Go(&). &), (26b)

where Gy(&y.8y) = \/g (1-¢&)cos & is an arbitrary constant determined from the initial

conditions, and &, and & are the initial magnitudes of the values & and 6, respectively. Note
that relationship (26b) is the other first integral of the set of Eq. (19).

Finely, let us eliminate the value § from Egs. (26a) and (22), resulting in

- = _BEY2(1- 1—G73 (27)
§=-BS ' °(1-9) Faoer

Separating the variables in Eq. (27) and integrating the net expression, we obtain implicitly the
desired function &(77)

¢
d
= )
2 2
lea-e7-ci]
where & is the value defining the relative level in the initial amplitudes.

The integral in Eq. (28) can be transformed into an incomplete integral of the first kind, which
is tabulated in [17].
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At Gy = 0, the integral in Eq. (28) can be calculated, in so doing, it possesses two magnitudes.
Really, changing the variable \/E = x in the integral in Eq. (28) at Gy = 0, we have the first

magnitude

4 4 4
coag ] dx ] dx i dx JE-1
I\f(g—l):zj ol B I “=in e (29a)
%o f <o %o \/5—0
and the second magnitude
J\/E(l—g):zj;l_xzzj;l—x J;1+x_ \/7‘ (298)
&N & CR Y
Considering Eq. (29), the solutions of Eq. (28) may be written in the following form:
the first solution
1 1
JWE-DE | 00

\(JE DE D]

or

(A+JE) - A= J&)e
_ , 30b
Ve (A+J&) + A= J&)e ™D .

and the second solution

Jasvoa-JE|
\(1 Joxt+ )|

- (31a)

or

(+ &) B — - &)
= 31b
Ve A+ /E)e " +1- /&) (31b)

Solutions (30b) and (31b) at &, # 0 and 1 describe the motions corresponding to the one-sided
energy exchange between pendulum’s vibrations and vertical vibration of the load. As this
takes place, & — 1and & — 0in the first and second solutions, respectively, with the increase in
time 7. In other words, in the first solution, the energy of vibrations of the pendulum
completely transforms into the energy of vertical vibrations of the load, but in the second
solution, quite the reverse, the energy of vertical vibrations of the load completely goes into
the energy of vibrations of the pendulum.
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In the first solution, the process of energy transfer occurs over an infinitely large time interval,
which resembles the phenomenon of the transfer of the kinetic energy into potential one,
which is described by the soliton-like solution (6b) for the mathematical pendulum.

In the second solution, the process of energy transfer occurs during a finite instant of the time

from O till Tl*, where

IR
Ti*=-—In \/g .
B |1+,
According to our classification, both of them are the soliton-like solutions. At &, =0 from
(30b), we obtain the known soliton-like solution in the form of a single kink [13].

Jé= tanh(% BTIJ . (32)

Physically speaking, this solution kink is responsible to the one-sided energy exchange when
the energy of the pendulum vibration completely transforms with time into the energy of the
vertical vibrations which energy was equal to zero at the initial moment of time, so the
pendulum vibrations give way to the vertical vibrations.

In order to understand the physical meaning of the first integral (26b), let us introduce into
consideration the phase plane 6"—¢ and analyze on this plane the phase fluid flow that
interprets the motion of the mechanical system in hand. The velocity vector V of the phase
fluid particles motion has the components Ve zf and y; = 5. From Egs. (22) and (23), it
follows that

oG 36

:B—’ N _— 33
Ve Vs Y (33)

Writing the equation of a streamline of the phase fluid i—f = % and substituting Eq. (33) in it,
we obtain that the function G(&, &) defined by the relationship (26b) is the stream function of the
phase fluid. In other words, Eq. (26b) at different magnitudes of &; and &, governs a family of
the streamlines of the phase fluid. Since the phase fluid is incompressible (div V = 0) and its
flow is steady and solenoidal (rot V+0), then streamlines of the phase fluid will coincide with
trajectories of the phase fluid particles motion.

Streamlines constructed according to the relationship

JEA-E)c0s 5 = [& (1- &)cos &, (34)

at different magnitudes of &, and J, are presented in Figure 4, where digits near the curves
denote the magnitudes of the value Gy(&y.8y) = \/g (1-&,)cos &y Reference to Figure 4

shows that all phase trajectories are closed lines located around the perimeter of the rectangle
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|
A

separalrixes

Figure 4. Phase portrait in the case of the two-to-one internal resonance ¢* = 2() *.

bounded by the lines £ =0,&=1,5 =+7/2+ zn (n=0,1,2, ) The flow in each rectangle is
isolated. On all four rectangle sides, Gy = 0 and inside it the value G preserves its sign. On the
closed streamlines, a two-sided energy exchange takes place between the partial subsystems.
Along the lines § = +7/2 + 771, a one-sided energy interchange occurs corresponding to pure
amplitude-modulated aperiodic motions, in so doing on the lines with ascending flow of the
phase fluid particles (an arrow is directed upwards), the aperiodic regime is described by
Eq. (30b), and on the lines with descending flow (an arrow is directed downwards), the
aperiodic regime is governed by Eq. (31b). On the line & =1, there exists the boundary phase-
modulated regime. The transition of fluid elements from the points with the coordinates & =0,
S8 = /2 + zn to the points £ =0, § = —7/ 2+ zm proceeds instantly. The points with coordi-
nates £ =1/3, § = rn correspond to the stable stationary regimes.

3.2.2. The case of a one-to-one internal resonance

To construct the solution in the case of a one-to-one internal resonance (10b), it will suffice to
restrict consideration to the terms of the order of z3 and to consider the amplitudes 4, and A,
as functions of 7} and T,.

The resonance (10b) is weaker than (10a), since in order to eliminate circular terms arising in
the second approximation, it would suffice to consider the functions A; and A, dependent on 7,
only [18]. Under such an assumption, the set of equations providing the absence of circular
terms in the expressions for Y3 and #z has the form



78 Nonlinear Systems - Modeling, Estimation, and Stability

(af)' =abw*alalsing (35a)
( )' =-b’w*alassing , (35b)
), = —abo* a3 ! L cos & (35¢)
i 2372
¢, =—abw* 1af —iag +léa12 coso |, (35d)
3 3 2a

where overdots denote differentiation with respect to T,, and & = 2(¢, — ¢, ).

The two first integrals of the system (35) have the following form:

al + baz _E()/ (36)
a. S 2
G(§,5)=§(1—§)COS5—£§ —5(1—5) =Gy(0:9) (37)
in so doing
: oG 0G
=—w*b*Ey— §=w*b*E, —
f=—0 025" w 0~z of

where G (&,,0,) = &(1—&,)c08 3, — % 502 - %(I - 50)2, the function & (T,) is connected

with 0112 and a% by the relationships
af =BTy, a3 =ba ' [I-5M)],

and the rest of the values have the same meaning as in the abovementioned case (10a).

Streamlines constructed according to Eq. (37) at different magnitudes of &; and o, are
presented in Figure 5 when g/p =5 and *2 — p,. Magnitudes of the value Gy(&;,9;) that
correspond to the streamlines are indicated by digits near the curves; the flow direction of the
phase fluid elements is shown by arrows on the streamlines. Reference to Figure 5 shows that
there exist two types of the streamlines, namely (1) nonclosed which correspond to the peri-
odic change of amplitudes and the aperiodic change of phases and (2) closed ones which
correspond to the periodic change of both amplitudes and phases. The alignment of the
circulation zones resembles that of Von Karman vortex streets with a symmetric arrangement.
The adjacent circulation zones osculate at the saddle points with the coordinates &, =0.5,
S =mt2m (n=0,12...) and G, = —1.0833, wherein the unstable stationary regime occurs.

On the boundary lines of these zones (separatrixes), the value G = —13/12, and the analytical
solution corresponding to the soliton-like regime has the form
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Figure 5. Phase portrait in the case of the one-to-one internal resonance.

¢
1 \2\/— 0.1154(¢ —0.5)> +0.3397 + 0.2308‘
n
‘ £-05

= +0.083E,T,, (38)

50

where the sign “+” fits to the initial magnitudes 0.5 <&, <0.8397, — 7w+ 2m < &) < 2/m
0.16032< &, <05, and 27 +2m <, <—nw+2m, but the sign “-” conforms to the
initial magnitudes 0.5 <&, <0.8397, 27 +2m <5, <—n+2m and 0.16032< &, <0.5,
- +2m <Oy <H2m.

The upper branch of the separatrix describes the partial irreversible energy transfer from the
vertical vibrations to the pendulum vibrations, but the lower branch, on the contrary, is in
compliance with partial irreversible transfer of the energy of the pendulum vibrations to the
energy of the vertical vibrations.

The points with coordinates &, =0.5, &, =32m, Gy, =-0.5833 (points like a center)
corresponding to the stable stationary regime are located inside closed streamlines.

4. System with an infinite number of degrees-of-freedom

Similar solutions corresponding to the one-sided energy interchange could be obtained for
more complex nonlinear systems that describe dynamic behavior of real structures, as an
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Figure 6. Scheme of a suspension bridge.

example, for systems with an infinite number of degree-of-freedom. Among such systems are
suspension bridges, the scheme of one of them is shown in Figure 6.

The suspension bridge scheme presents a bisymmetrical thin-walled stiffening girder, which is
connected with two suspended cables by virtue of vertical suspensions. The cables are thrown
over the pilons and are tensioned by anchor mechanisms. The suspensions are considered as
inextensible and uniformly distributed along the stiffening girder. The cables are parabolic,
and the contour of the girder’s cross section is undeformable. The cross section [ — I in Figure 6
illustrates the displacements of the girder’s contour during vibratory motions of the suspen-
sion system. Reference to this scheme shows that the girder’s contour translates as a rigid body
vertically (in the y-axis direction) on the value of 77(z,7) and rotates with respect to the girder’s
axis (the z-axis) through the angle of ¢(z, f). The origin of the frame of references is in the center
of gravity of the cross section.

It is known for suspension bridges [8] that some natural modes belonging to different types of
vibrations could be coupled with each other, that is, the excitation of one natural mode gives
rise to another one. Two modes interact more often than not, although the possibility for the
interaction of a greater number of modes is not ruled out.

If only two modes predominate in the vibrational process, namely the vertical n-th mode with
linear natural frequency @, and the torsional m-th mode with the natural frequency €2, such
that the modes interaction is observed under the conditions (10a) or (10b), then the functions
17(z,t) and @(z,t) can be approximately defined as

U(Z’ t) ~ Vn(Z) 'xln,(t) ’ ?’(Za t) ~ ®m(Z) me(t) g (39)

where x1,, and x,,,, are the generalized displacements, and v, (z) and ®,,(z) are natural shapes
of the two interacting modes of vibrations.

The resolving system of equations in a dimensionless form is written as [7, 8]

. 2 n 2 nm_2 n_ 2 nm_2 _
Xip T X1y T A1 X, + A2 X + (bl Xin + D23 X3 )xln =0, (40)
nm_2

. 2 nm m_2 _
Xom +Q()mx2m + a2 X1pXom + (Cll Xln + C22%m )XZm - O’
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where the coefficients 4;;, by, and ¢; (i =1,2, j =2) are defined in [7]. Subsequently, for the

ease of presentation, the indices n and m will be omitted.

An approximate solution of Eq. (40) for small but finite amplitudes could be written as an
expansion in terms of different time scales in the following form [16]:

x(0) = & \(Ty. ;. Ty,.. )+ &7 x0Ty, T, Ty, .

(41)
)C2(t) = &le(To,T‘l,Tz,)‘i‘ gz.sz(To,Ti,Tz,...)‘*‘...

The number of the independent time scales needed depends on the order to which the expan-
sion is carried out. Here, Ty =f is the first scale characterizing motions with the natural
frequencies M and €2, and 7, are slow scales characterizing the modulations of the amplitudes
and phases.

Substituting Eq. (41) into Eq. (40) and equating the coefficients of like powers of ¢, we obtain
on each step a set of two linear equations. On the first step, it is convenient to seek the solution
in the form:

X1 = AT T)expliogTy) + A (T, T Yexp(—ianTy),

_ (42)
%, = A (T, Ty)expliogTy) + Ay (17, T exp(—iagTy ),

where and are unknown complex functions, and Zl and Zz are the complex conjugates of A,

and A,, respectively.

Substituting Eq. (42) into the set of equations obtained on the first step and using the second
step to eliminate secular terms, as well as representing the functions 4; and A, in the polar
form A, = a,exp(i@, ), Ay = a, exp(i, ), we are led to the following system of equations for
the case of the two-to-one internal resonance (10a):

E=—b(1-&)E siny,

. 1 -1/2 (43)
7:—517(1—35)5 cos 7,

where & = £(T;) is an unknown function, ¥ =2¢, — ¢, b=aq, 2961 Ey, Ey=ai +ayQy(a,o) a3

is the system’s initial energy, «, = JE&, a, = \/ Eyap,0(a,,%) " (1-£), and an overdot denotes differ-
entiation with respect to 7;.

Representing 5 = &y / d& and considering Eq. (43) yield

dcosy+l 1-3¢
¢ 2&(1-9)

The solution to Eq. (44) has the form

cosy =0. (44)
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G(&,y) =" (1= &) cos y =G/, (45)

where Gl0 is an arbitrary constant determined from the initial conditions. Note that relationship

(45) is similar to the first integral (26b) for a two-degree-of-freedom system.

In the case of the one-to-one internal resonance (10b), we seek the solution in the form of
Eq. (42) also. Using the procedure for the elimination of secular terms, we obtain the following
set of equations:

| .
g =§F2E0§(1—<§)s1n7/,

| | r (46)
5}?:ZF2E0(1—2§)cosy—(ll —ﬂs)Eo‘f_FZMQ —ADE(1-¢),
!

where & = &(T,) is an unknown function, y =2(@, — @), E, = a{ + T\ 'a; is the system’s
initial energy, a, =,/E\¢&, a, = rzrl—l E,(1-¢&), an overdot denotes differentiation with

respect to T, and the coefficients 4; and I'; (i =1L...4; j =12) dependent upon the system
parameters [8].

Representing y = &y / d& and using Eq. (46) yield

a’cos;/+ 1-2& COS}/_4(/11—/13)_4(22—14)20.
dé E1-8) L,(1-&) 1874

The solution to Eq. (47) has the form

Gy (&) = EA—E)cosy —2(Ay — M) &% + 200, — AT (1-8)° =Gy,  (48)

where G{ is an arbitrary constant determined from the initial conditions.

Eliminating the variable y in Eq. (48) and in the second equation of (46) and integrating over T,
yield

1 ."5 dé Ey

— T ,
\/mlmz : )

% \/(52 + plf‘*‘%)(fz +p$+q) 2L

where & is a value determined by the relative level of the initial amplitudes, and the quantities
m;, Py, and g; are the coefficients [11]. The integral in Eq. (49) can be transformed to an
incomplete elliptic integral of the first kind [17].

4.1. Soliton-like solutions

As examples, the nonlinear free vibrations of the Golden Gate Bridge in San Francisco are
considered. All geometrical data, as well as natural frequency spectra and mode shapes for this
one of the most beautiful suspension bridges, are available in [19].
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It can be shown that under the relationship among the natural frequencies @y = 2€)j = 2.66 rad/s
(a two-to-one internal resonance between the sixth symmetrical mode of vertical vibrations and
the first symmetrical mode of torsional vibrations), one can obtain the analytical solution in the
form of a single kink (32), where B should be replaced by the coefficient b defined by the system’s
parameters according to Eq. (43). The physical sense of this solution kink is that it is responsible for
the one-sided energy exchange when the energy of the torsional vibrations completely transforms
into the energy of the vertical vibrations with time, so that the torsional vibrations initiate the
vertical vibrations [20].

Under the relationships among the natural frequencies, @i = Qj = 2.61rad/sand @3 = Q] =1.33
rad/s (a one-to-one internal resonance), the analytical solutions may be found by solving Eq. (49),
respectively, as [20]

£
10267~ 0,136 —0.1956 +0.019 +0.27E™ 1.4 =0.431E,T,,
o
-1 2 4 ¢ (50)
1[2(1- &) '/=0.066(1— &) +0.037(1 - &) +0.004 +0.132(1- &) ' +0.536
&

where ‘5 denotes the evaluation at the upper and lower limits of integration.
a

g

In the first case of Eq. (50), the coefficients ¢ and 4> in the integral (49) become zero, and the
analytical solution corresponding to the separatrix G, = —0.354 describes a one-sided energy
transfer from the vertical vibration to the torsional vibration (a low aperiodic regime), which
leads in time to the conversion of the flexural-torsional vibrations to the predominantly tor-
sional vibrations. This regime is the most unfavorable and dangerous for suspension bridges.

In the second case of Eq. (50), the analytical solution corresponding to the separatrix
G, =0.487 describes a one-sided energy transfer from the torsional vibration to the vertical
vibration (an upper aperiodic regime), so that the flexural-torsional vibrations evolve into the
predominantly vertical vibrations with time.

The solutions obtained may be interpreted on the phase plane £ — ¥ by virtue of streamlines of
the phase fluid which is demonstrated in Figures 5 and 7 for solutions (32) and (50), respec-
tively. Digits near curves indicate the magnitudes of the values (| and G, corresponding to the
streamlines.

The analysis of the phase portraits in terms of the variables & and y for various oscillatory
regimes demonstrates that they contain both closed and nonclosed streamlines which are
separated by the curves separatrixes. Along the separatrixes, one succeeds in finding analytical
solutions that are inherently soliton-like solutions in the theory of vibrations and describe the
complete one-sided energy transfer from one subsystem to another.

Note that soliton-like solutions could be found also in an analytical form for the case of free
damped vibrations of a suspension bridge, when damping features of the system are described
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by ordinary first-order time derivative [21] or defined by a fractional derivative with a frac-
tional parameter (the order of the fractional derivative) changing from zero to one [22].

5. Conclusions

From the review presented, the following conclusions could be deduced. In all considered
vibratory systems—1dof, 2dof, and multi-dof —under certain conditions, there exist solutions
that describe irreversible processes of energy transfer from its one type to another. Such
solutions are called soliton-like solutions and could be written in an analytical form.
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On the phase plane, these solutions correspond to streamlines which separate closed lines of
phase fluid flow from nonclosed ones. These lines are called separatrixes.

Since soliton-like solution may describe unfavorable vibratory regimes of real mechanical
systems, then they should be investigated systematically by virtue of mathematical models of
these systems, in order to avoid, wherever possible, such dangerous vibratory regimes when
designing and constructing real structures. A thorough analysis of internal resonances in thin
plates and cylindrical shells could be found in [23, 24] and [25, 26], respectively.

Soliton-like solutions in the cases of combinational internal resonances for systems with an
infinite number of degrees-of-freedom, when more than two natural modes of vibration are
coupled, could be found in sight as well, and such examples for nonlinear plates and cylindri-
cal shells are presented in [27, 28] respectively.
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Abstract

Nonlinear aeroelastic responses of a flying wing aircraft due to different gust profiles are
investigated. Three different gust profiles are obtained considering light, moderate, and
severe turbulence. A flying wing configuration is designed for the purpose of this investi-
gation. The structural properties of the wings are obtained using VABS software, and then
the flying wing is simulated with Nonlinear Aeroelastic Trim and Stability of HALE
Aircraft (NATASHA) computer program. The results of time domain analysis are
reported for the cases when engine is placed at the root of the wing and close to the area
of maximum flutter speed. It has been found that the flying wing experiences limit cycle
oscillation, when the engines are mounted at the root of the aircraft, for all three gust
profiles. However, when the engines are placed at the area of maximum flutter speed, the
oscillations die out. In addition, the real and imaginary part of eigenvalues and the
unstable mode shape of the aircraft are reported.

Keywords: gust response, flying wing, nonlinear time domain analysis, flutter analysis,
gust suppression

1. Introduction

Very flexible high-aspect-ratio wings are widely used in the design of high altitude long
endurance (HALE) aircrafts. These wings due to their characteristics may subject to large
deformation, which causes geometric nonlinearities. As a result, conducting the nonlinear
aeroelastic analysis is necessary when it comes to the design of very flexible configurations
[1-3]. In addition, time-dependent external excitation including gust [4-7] and blast [8-12] can
lead to instability even if the aircraft is flying below the stability boundary. Therefore, the

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgINEN
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determination of nonlinear aeroelastic responses to time-dependent excitation is a crucial topic
for the design of very flexible flying wings.

Gust loads can result in large deformations in the case of a highly flexible aircraft. The flight
dynamic characteristics and gust response of highly flexible aircraft were investigated by Patil
and Taylor [13]. It was reported that the non-uniform gust creates higher responses in a case of
high-aspect-ratio flying wing compared to uniform gusts. In addition, the nonlinear gust
response of a highly flexible aircraft was reported by Patil [14], which he found that the time
domain response matches with frequency domain response presented in the work by Patil and
Taylor [13]. Ricciardi et al. [15] investigated the accuracy of the Pratt method for unconven-
tional HALE aircraft. The Pratt method and transient method were used to analyze the gust
response on the joined-wing and flying-wing model. It was found that Pratt method is only
useful for the preliminary design of the joined-wing model. However, when it comes to the
design of flying-wing model, the Pratt method is inadequate. Yi et al. [16] compared a theoret-
ical and experimental approach of a flexible high-aspect-ratio wing exposed to a harmonic
gust. It was found that a very flexible wing experiences different gust response characteristics
under different load conditions and the responses are difficult to evaluate using linear analysis.

On the other hand, finding ways to suppress the responses of a highly flexible configuration
due to time-dependent excitations is a challenging aspect of design. Tang et al. [17] conducted
an experimental and theoretical study to investigate the effect of store span location and its
pitch stiffness on the flutter velocity and LCO. A delta wing for the purpose of experimentation
was chosen. In addition, the von-Karman plate theory, three-dimensional vortex lattice model,
and slender body aerodynamic theory were used for modeling the wing structure and deter-
mining the aerodynamic loads, respectively. It was reported that the experimental investiga-
tion and theoretical studies were in good agreement, and they showed that the structural
natural frequency of the wing/store declines as the store moves from the root to the tip of the
wing. They concluded that mounting the store at the leading edge of the wing tip leads to a
higher critical flutter velocity. Moreover, Mardanpour et al. [18] found that the maximum
flutter speed happened for engine placement at 60% of span forward the reference line. It was
reported that the body-freedom flutter mode was unaffected by the engine location except for
cases in which the engine was mounted at the wing tip and near the reference line.

Fazelzadeh et al. [19] investigated the effects of a nonlinear active control system on the flutter
vibration of a wing/store exposed to a random gust disturbance. It was found that the control
system is effective in suppressing the flutter vibration. In addition, Mardanpour et al. [7, 20]
reported that the gust response of a very flexible high-aspect-ratio wing can be suppressed by
changing the location of the engine. It was found that placing the engine close to 75% of the
span forward of the reference line increases the flutter speed and also leads to suppression of
the LCO due to gust loads.

In this chapter, the effect of engine placement on nonlinear aeroelastic gust response of a flying
wing aircraft is investigated using three gust profiles with different gust intensities. The gust
profiles are obtained utilizing different magnitude of turbulence at 10,000 m of altitude [21]. A
flying wing aircraft is simulated for this study. The wings are designed using the structural
properties which were obtained utilizing VABS software for NACA0012 airfoil. The computer
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program Nonlinear Aeroelastic Trim and Stability of High Altitude Long Endurance Aircraft
(NATASHA) [3, 22] is used to simulate the nonlinear behavior of the flying wing aircraft.
NATASHA is a powerful tool for the simulation of nonlinear behavior of HALE aircraft. It
uses the nonlinear composite beam theory [23] that accommodates the modeling of high-
aspect-ratio wings and the aerodynamic theory of Peters et al. [24] to model the aerodynamic
forces and the p method to evaluate the aeroelastic stability. NATASHA has been verified and
validated against experimental and theoretical studies many times [25, 26]. The nonlinear
responses of the aircraft are obtained for the cases when the engines are mounted at the root
of wings and at the area of maximum flutter speed (i.e., 60% of span forward of reference line).

2. Theory

2.1. Nonlinear composite beam theory

The equations of motion, which are presented in Eq. (1), are based on force, moment, angular
velocity, and velocity with nonlinearities of second order. These variables can be expressed in
the bases of the deformed and undeformed frames, B(x1, t) and b(x), respectively, see Figure 1.

2;+I~<BFB+fB=pB+QBPB

_ . ~ N @
M;.} + KgMp + (51 + )N/)FB +mp = Hg + QpHp + VgPp

In this set of equations, Fg and Mjp represent the column matrices of cross-sectional stress and
moment resultant; Vp and Qp define column matrices of cross-sectional frame velocity and
angular velocity; Pg and Hp indicate the column matrices of cross-sectional linear and angular

;

|
Undeformed Stato -

Dheformed State

Figure 1. Sketch of beam kinematics.
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momentum measures; K g 1s Column matrix of deformed beam’s curvature and twist. All of the
abovementioned variables measure in B; basis. The structural and the inertial constitutive
equations relate the stress resultants and moments to the generalized strains and velocities as

follows:
(o =Ls @

) {on) ®

here, R, S, and T represent 3x3 partitions of the cross-sectional flexibility matrix; i is the mass
per unit length; A is the 3x3 identity matrix; I defines the 3x3 cross-sectional inertia matrix; &

uA  —ué
T

is [0 & £3jT in which &, and &3 represent the position coordinates of the cross-sectional
mass center with respect to the reference line. Finally, strain- and velocity-displacement equa-
tions are utilized to derive the intrinsic kinematical partial differential Equations [23].

Vi +KpVp+ (1 +7)Qp =y w
Qp + KpQp = «

In these equations, the tilde ( ) represents the antisymmetric 3x3 matrix associated with the

column matrix over which the tilde is placed, { ) defines the partial derivative with respect to
time, and ( )’ is the partial derivative with respect to the axial coordinate, x;. More details
about these equations can be found in Ref. [27]. In order to solve these first-order, partial
differential equations, one may eliminate y and « using Eq. (2) and Pg and Hjp using Eq. (3),
and also 12 boundary conditions are required, in terms of force (Fp), moment (Mp), velocity
(V), and angular velocity (). Displacement and rotation variables do not appear in this
formulation, and singularities due to finite rotations are avoided. The position and the orien-
tation can be obtained as postprocessing operations by integrating

7= Cl,
o ©)
ri+u =C (61 +)/)
and
(Cbi), — _Izcbl'
(6)

(C%)' = = (k+R)C™

2.2. Finite state-induced model of Peters et al.

The aerodynamic model of Peters et al. [24] is utilized in this study. This finite state model is a
state-space, thin-airfoil, inviscid, incompressible approximation of an infinite-state representation
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of the aerodynamic loads. By using known airfoil parameters, it can consider induced flow in
the wake and apparent mass effects. In addition, it can accommodate large motion of the airfoil
as well as deflection of a small trailing-edge flap. Available studies in literature [24-26] indicate
that although this model cannot simulate the three-dimensional effects associated with the
wing tip, it can accurately approximate the aerodynamic loads acting on high-aspect-ratio
wings. The lift, drag, and pitching moment at the quarter-chord are given by

Lacro = pb[ (€t + 0 B) VitV = €, Vasb/2 = 0,V (Vay + Ao = Qub/2) ViV | ()
Dacro = pb |~ €ty + B) ViVay + 61, (Vs + o)’ = i V1Vis ®)
Maero = 2b [ (m + o) Vr = €, ViVay — by, /8V, O, — 121,00, /32 + b6,V /8] (9)

Where,

2 2
Vr=/V2 + V2. (10)

sina = *‘Z‘” (11)
Q,b/2

rot = — 1% 12

& rot Vo (12)

and f is the angle of flap deflection, V,, and V,, denote the measure numbers of V,. The effect
of unsteady wake (induced flow) and apparent mass included as Ay and acceleration terms in
the force and moment equation, which Ay can be calculated using the induced flow model of
Peters et al. [24]:

[Ainduced ﬂow] {A} + (%) {A} = (_Va3 + gQal) {Cinduced flow} (13)

1
/\0 = E {binduced ﬂow}T{A} (14)

here, A defines the column matrix of induced flow states, and [Ainduced flow)s {Cinduced flow }-
{binduced flow } TEpresent constant matrices, which are derived in Ref. [24].

2.3. Gust airloads model

The gust airloads are taken into account separately from the aerodynamic forces of the flight
dynamic velocities. The unsteady gust model measures the chordwise variation of the gust
field on the deformed state of the wing. Here, an interpretation of the Peters and Johnson [28]
theory that considers these effects is provided. The total induced flow is «®, defining the
vertical gust velocity in the deformed beam frame
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- 1 1/. 1. b
L =wy +Ea)1+§(wo+§w1>V—T (15)

here, L denotes the velocity-normalized lift coefficient presented by Peters and Johnson [28]; w,,

B

is the coefficient of the nth Chebychev polynomial mode shape. w” can approximated as

N
WP = ", T, (16)
0

where T, is the nth order Chebyshev polynomial. The gust force can be provided as
0
Foust = § —PbCia(V3 + @o)L (17)
pb Cla V2E

and the gust contribution to the induced flow can be presented as

.o 1

2.4. Aeroelastic system

By unifying the aerodynamic equations with the structural equations, the aeroelastic system is
constructed

(AN} + (B} = {faut} + {F gt} (19)

here, {x}, {f mm}, and {f gust} define the vectors of all of the aeroelastic variables, the flight

controls, and gust loads, respectively. The resulting nonlinear ordinary differential equations are
then linearized about a static equilibrium state, which is obtained by nonlinear algebraic equa-
tions. Utilizing the Newton-Raphson procedure, NATASHA solves these equations to obtain
the steady-state trim solution [3]. The stability of the structure can be analyzed by linearizing
this system of nonlinear aeroelastic equations about the resulting trim state, which leads to a
standard eigenvalue problem. The linearized system is represented as

(A%} + BIEY = {Faont | + {Fou} (20)

~

where () is the perturbation about the steady-state values.

2.5. Transient gust response

The dynamic aeroelastic equations are solved in time to obtain the transient gust response. A
central difference scheme in time-marching algorithm is used with a high-frequency damping.
The linearized system in time can be written as follows:
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Figure 2. Gust velocity profile versus time.

21

s(F} = {5 ram(a s ol )+ a-ofe}) = fou + )

here, 6t and ¢ are the time step and the high-frequency-damping parameter, respectively.
Utilizing ¢ approximately equal to 0.01 provides a good time-marching algorithm, which the
results are close to the central difference method.

The gust profiles are presented in Figure 2. These profiles presented in Figure 2 are generated
by passing the Gaussian white noise through the Dryden spectrum model.

3. Case study

A very flexible high-aspect-ratio flying wing (see Figure 3) is designed in order to investigate
the effects of different gust loads. The properties of the flying wing are presented in Table 1.
The wings are aft swept 15°, and each wing has 20 elements. The fuselage is considered as a
rigid body which contains four elements. The weight of each element of fuselage is five times
of the weight of the elements of the wings. The aircraft has two engines with the mass
of 10 kg.
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Figure 3. A schematic 3D view of a very flexible high-aspect-ratio wing.

Property Value
Span 16
Number of elements 20
Sweep angle 15
R [9.06 x107° 0 0
0 350x107% 7.22x10°8
L0 7.22x 107 1.18 x 107°
S [o 263 x 10712 757 x 107!
—-3.01x 107 0 0
|-1.02x10° 0 0
T [433%x107° 0 0
0 553x107° 242x107"
L0 242 x107 843 %1078
I [478 x 107" 0 0
0 72x107° —1.04 x 10710
L0 ~1.04x 107" 471x107!
& [o
8.98 x 107
| —4.76 x 1077
Mass per unit length 4.38
Chord, ¢ 1
Offset of aerodynamic center from reference line, e 0.125
Cl, 2n
€l 1
cdy 0.01
Cing 0.0
Cm, -0.08
Gravity, g 9.8
Air Density, p 0.4135

Table 1. Properties of wing in SI units.
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4. Results and discussion

In this section, two cases are considered. First, when the engine mounted at the root of the
wing and the second case when the engines are located at 60% of the span forward of
the reference line. For each case, the eigenvalues, the unstable mode shape of the aircraft, and
the nonlinear time domain responses to the gust profiles are reported. The velocity results are
normalized with the aircraft cruise speed of 50 m/s. The wing tip deflections also normalized
with the length of the entire flying wing (i.e., 35.2 m), and the time is normalized with the
period of oscillation of the flying wing at the flutter boundary when the engines are located at
the root (i.e., 0.129 s).

4.1. Engine at the root

When the engines are located at the root of the flying wing, the wings experience a flutter at
the speed of 48.9 m/s with a frequency of 7.7 rad/s. The real and imaginary parts of the
eigenvalues are shown in Figure 4. In addition, the mode shape of the unstable mode is shown
in Figure 5. The mode shape seems to contain first and second free-free bending mode.

Figures 6-11 illustrate the results of time domain analysis when the engine is mounted at the
root of the flying wing for different gust profiles in which Case 1, Case 2, and Case 3 indicate
the results when the flying wing is exposed to light, moderate, and severe turbulence, respec-
tively. It is found that the tip deflection increases in all directions when the gust load changes
from light to severe turbulence. The same also happens for velocities. The velocity of the wing
tip in different directions increases.

4.2. Engine at 60% of span forward of reference line

In another case, the engines are mounted at 60% of span forward of reference line.
Mardanpour et al. [18] reported that this area coincides with the area of maximum flutter

L]

is

i
£ E
H £,
& o =
3 :
: i
E
. £
- E

) i
ol 06 0 i L2
Narmalized speed
(a) (b)

Figure 4. (a) Real part of eigenvalues and (b) imaginary part of eigenvalues.
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Figure 6. Normalized wing tip position "1 versus normalized time é (a) Case 1, (b) Case 2, and (c) Case 3.
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Figure 7. Normalized velocity vector of wing tip “,/—;] versus normalized wing tip position 2“1 (a) Case 1, (b) Case 2, and
(c) Case 3.
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Figure 8. Normalized wing tip position 242 versus normalized time # (a) Case 1, (b) Case 2, and (c) Case 3.
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Figure 9. Normalized velocity vector of wing tip “//—;, versus normalized wing tip position 242, (a) Case 1, (b) Case 2, and
(c) Case 3.

Figure 10. Normalized wing tip position 2+ versus normalized time i (a) Case 1, (b) Case 2, and (c) Case 3.

speed. It is found that the flying wing becomes unstable at the speed of 75.6 m/s. The real and
imaginary parts of the eigenvalues are shown in Figure 12, and the mode shape of the unstable
mode is displayed in Figure 13. Apparently, the mode shape only contains the first symmetric
free-free bending mode.
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Figure 11. Normalized velocity vector of wing tip “//—; versus normalized wing tip position 242, (a) Case 1, (b) Case 2, and
(c) Case 3.

Figure 13. Unstable mode of the flying wing.
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Figure 14. Normalized wing tip position 24 versus normalized time ﬁ (a) Case 1, (b) Case 2, and (c) Case 3.
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Figure 15. Normalized wing tip position

Figure 16. Normalized wing tip position
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versus normalized time ﬁ (a) Case 1, (b) Case 2, and (c) Case 3.

versus normalized time ﬁ (a) Case 1, (b) Case 2, and (c) Case 3.

Figures 14-16 show the results of time domain analysis when the engine is located at the area
of maximum flutter speed (i.e., 60% of span forward of reference line). The results are reported
for three different gust profiles. The results for this arrangement indicate that all the excitations

from gust loads with different strength ranges from light to severe loads die out and the wing
remains stable.
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5. Conclusion

The nonlinear aeroelastic responses of a flying wing aircraft are investigated when the aircraft
is exposed to different gust profiles with different intensities. The aircraft is designed with two
aluminum wings with NACA 0012 airfoil. The properties of the wings are obtained using
VABS software. The properties are then used in geometrically exact beam formulation, which
is coupled with two-dimensional finite state aerodynamic model of Peters. The flutter charac-
teristics for two configurations of the aircraft (i.e., engines at the root of the wings and engines
at 60% of span forward of the reference line) as well as the eigenvalues and mode shape of the
unstable modes for each configuration are studied. The flutter results are in agreement with
the previous conclusion by Mardanpour et al. [18], which shows a higher flutter speed when
the engines are mounted at 60% of span forward of reference line.

Three different gust profiles are then produced by passing white noise through Dryden gust
model. The gust loads with light, moderate, and severe intensities are applied to the aircraft in
time domain when the aircraft is cruising at 50 m/s. The results indicate that when the engines
are mounted at the root of the wings, large oscillations exist, which their amplitude increases
as the intensity of the gust loads increases. On the contrary, for all of the gust loads, when the
engines are located at 60% of span forward of the reference line, the oscillations suppress.
Previous study on gust alleviation by Mardanpour et al. [7, 20] for a cantilever wing also
showed the suppression of gust responses when the engines are mounted at the area of
maximum flutter speed.

Nomenclature

a deformed beam aerodynamic frame of reference

b undeformed beam cross-sectional frame of reference

B deformed beam cross-sectional frame of reference

b;  unit vectors in undeformed beam cross-sectional frame of reference (i = 1,2, 3)
B;  unit vectors of deformed beam cross-sectional frame of reference (i = 1,2, 3)

c chord

Cmg  pitch moment coefficient w.r.t. flap deflection (f)
o lift coefficient w.r.t. angle of attack ()

cg  lift coefficient w.r.t. flap deflection (g)

e1 columnmatrix [1 0 0"

e offset of aerodynamic center from the origin of frame of reference along b,
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column matrix of distributed applied force measures in B; basis
column matrix of internal force measures in B; basis
gravitational vector in B; basis
column matrix of cross-sectional angular momentum measures in B; basis
inertial frame of reference
unit vectors for inertial frame of reference (i = 1,2, 3)
cross-sectional inertia matrix
column matrix of undeformed beam initial curvature and twist measures in b; basis
column matrix of deformed beam curvature and twist measures in B; basis
wing length
velocity-normalized lift coefficient
column matrix of distributed applied moment measures in B; basis
column matrix of internal moment measures in B; basis
column matrix of cross-sectional linear momentum measures in B; basis
column matrix of position vector measures in b; basis
column matrix of displacement vector measures in b; basis
free stream velocity
column matrix of velocity measures in B; basis
axial coordinate of beam
trailing edge flap angle
identity matrix
column matrix of 1D-generalized force strain measures

column matrix of elastic twist and curvature measures (1D-generalized moment strain
measures)

dimensionless position of the engine along the span
column matrix of induced flow states

sweep angle

mass per unit length

column matrix of center of mass offset from the frame of reference origin in b; basis
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column matrix of small incremental rotations

induced flow velocity

column matrix of cross-sectional angular velocity measures in B; basis
() partial derivative of () with respect to x

(') partial derivative of () with respect to time

() nodal variable
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Abstract

A global regularized Gauss-Newton (GN) method is proposed to obtain a zero residual for
square nonlinear problems on an affine subspace built by wavelets, which allows reducing
systems that arise from the discretization of nonlinear elliptic partial differential equations
(PDEs) without performing a priori simulations. This chapter introduces a Petrov-Galerkin
(PG) GN approach together with its standard assumptions that ensure retaining the g-
quadratic rate of convergence. It also proposes a regularization strategy, which maintains
the fast pace of convergence, to avoid singularities and high nonlinearities. It also includes a
line-search method for achieving global convergence. The numerical results manifest the
capability of the algorithm for reproducing the full-order model (FOM) essential features
while decreasing the runtime by a significant magnitude. This chapter refers to a wavelet-
based reduced-order model (ROM) as WROM, while PROM is the proper orthogonal
decomposition (POD)-based counterpart. The authors also implemented the combination
of WROM and PROM as a hybrid method referred herein as (HROM). Preliminary results
with Bratu’s problem show that if the WROM could correctly reproduce the FOM behavior,
then HROM can also reproduce that FOM accurately.

Keywords: Gauss-Newton method, line search, Petrov-Galerkin direction, data
compression, wavelets

1. Introduction

The Newton method for solving square nonlinear problems is one of the most popular tech-
niques used in engineering applications due to its simplicity and fast convergence rate [1-3].
However, the quality of the final numerical results is affected by the possible Jacobian’s

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work is properly cited. [{(cc) ExgIEN
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singularity and high nonlinearity. Another drawback is that the method depends on the initial
point. Therefore, it is necessary to implement a globalization strategy to get the solution inde-
pendently of the initial guess. One such approach is the line-search method that relies on a
suitable merit function that yields that the iterations progress toward a solution of the problem.

From the numerical point of view, the technique requires solving square linear systems several
times, and it is necessary to carry out function evaluations of the order of the problem, as well
as first-order information of the square law of the function to compute the Jacobians. In the
case of high-dimensional nonlinear problems, the method can overcome the capacity of the
computer memory or decrease speed for solving these linear systems, even in the case of a few
iterations. One of the current research activities focuses on solving large-scale square nonlinear
problems in real time. The purpose of this chapter is to provide an algorithm for solving large-
scale square nonlinear problems, in real time, while retaining the fast convergence rate. One
strategy for addressing such challenges is to characterize an affine subspace, of much lower
dimension than the original one, that contains the initial solution and thus reproduces the
problem’s principal features.

One procedure to characterize the affine subspace consists of solving the full-order model
(FOM) in several input points whose solutions are called snapshots, then using a principal
component analysis method such as singular value decomposition (SVD) to build an ortho-
normal basis that spans the snapshots’ majority of energy. This oblique subspace, where one
seeks a solution, is projected on the original one. Good numerical results have been already
reported in the literature [1, 3-7]. But there are still open questions about this procedure as for
how and when to choose the snapshots and their number [8, 9]. It is important to emphasize
that at every picture it is required solving the FOM regardless of its cost. This chapter thus
promotes a new strategy that is snapshot free. The approach originated in signal processing
and consists of using the notion of wavelets to compress data in a subspace of smaller
dimension which retains the majority of the original energy [10, 11]. The discrete wavelet’s
low-pass matrix is used as the affine subspace; then, the optimization is performed in this
compressed subspace to obtain a cheaper solution that can decompress to its original size.

2. Reduced-order models using wavelet transformations

2.1. Wavelets and data compression

The rationale for using wavelet transformations for model reduction originates from the fields of
image processing, image compression, and transform coding. In these fields, massive amounts of
information, for example, images, are broadcasted over limited bandwidth communication lines
and networks such as the internet. One needs to compress these signals for quick transmission
and to diminish storage requirements [10]. In summary, data compression consists of, given a
signal x € R" find a lower dimensional signal X € R” with r < n to broadcast or store those lower
dimensional ones X. The most widely used techniques for data compression are based on
wavelets transform. The key to using wavelets is to find a lower dimensional signal X that relies
on a known subspace properly denoted as energy compaction. It is well comprehended that the
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wavelets tend to accumulate energy in the low-frequency sub-band of the wavelet decomposi-
tion [3, 12-14]. The energy relates to the L*norm and is defined as € = ||x||> = S x2. To
demonstrate the energy compaction, consider Figure 1, in which one has the original image
x € R¥%512 Notice that the upper left quadrant of the wavelet decomposition is a low-
dimensional approximation ¥ € R***%® that is one-fourth the size of the original signal and
resembles the low-frequency sub-band wavelet coefficients. Using the previously measured
energy, the energy enclosed in ¥ is 95.75% using just one-fourth of the coefficients. Since ¥
comprises most of the energy, a simple data compression scheme would execute all of the other
wavelet sub-bands to zero and store only the low-frequency information as in Figure 1 (see in the
bottom center). By only employing X, one can reproduce an approximation of x € R" by its
generalized inverse of the sub-band compression [10]. Next section will provide details.

2.2. Reduced-order models

Let WeR"" describe an orthonormal wavelet. The transformation encompasses a low-pass
and a high-pass submatrix that is given by

ern:|
Whasxn = , r+s=n. 1
: [H M

By orthogonality, rank(W) = n, rank(L) =r, and rank(H) = s. Now, by orthogonality of W,
WWT =1 then LLT =1,, HH" = I,. The energy of a signal x e R" is

1 = ILxI| + | Hx||. @)

Choosing L that contains the majority of the energy such that the energy ||[Hx||~0, one has
[lx|l = ||Lx]||. This means that the energy of the original data x € R" is approximately equal to the

G
i
L i
— -
wd
T E R512x512 f=[Lre R 256x256
Driginal Imaga Comprossad Image

Lr

Fo= LTi‘ c ]R:u?.xsl‘.’
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Figure 1. Sample compression and decompression.
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energy to the compressed data ¥ = Lx €R". That is: [|x|| = [|X]|. The decompressed data are
L% = X €R™. On the other hand, the compressed and decompressed energies are equal. That
is ||X]| = ||| since LLT = I,. Therefore, the original, compressed, and decompressed data are
related as follows

llxll = lIx1l = 111, ®)

where x € R" is the original data, X € R" is the compressed data, and X € R" is the decompressed
data. Thus, once an appropriate low-pass submatrix L is determined, one proposes solving the

corresponding optimization problem in the reduced affine subspace determined by L' and later
coming back to the original size by its generalized inverse.

3. Problem formulation

3.1. Statement of the problem

Given a nonlinear function R from R” to R", find a solution in an affine subspace determined
! T<n Thatis: find

nxr/

x*€R" with R(x*) =0 and x* €x, + (L"), where n(L") is the subspace generated by the

by an initial displacement point x, € R” and an orthonormal base L

linear combination of the operator L.

3.2. Overdetermined problem

This section formulates this problem by using the overdetermined functions H and ¢ from R’
to R"

H(p) =R(¢(p)) =0, ¢p) =x,+ L'y, andpeR’. 4)

The fact that finding a solution p* of the overdetermined problem draws attention, H(p*) =0
for p* €', is equivalent to finding the solution one is initially seeking. That is: x* = ¢(p*) and
R(x*) = 0 is a solution on the affine subspace. Therefore, one studies the problem by finding a
zero residual of the nonlinear least-squares problem associated to H. Problem (4) is called an
overdetermined zero-residual problem.

3.3. Nonlinear least-squares problem

The residual problem (4) is immediately seen to be equivalent to solving the nonlinear zero-
residual least-square problem

n

minimize () = " 2(6(p) p X" 6)

i=1



A Reduced-Order Gauss-Newton Method for Nonlinear Problems Based on Compressed Sensing for PDE Applications
http://dx.doi.org/10.5772/intechopen.74439

3.4. First derivatives for the residual functions R and H

The Jacobian of R at x e R" is given by

Je@) =] = (V)] ©)

A direct application of the chain rule, since J4(p) = LT yields:
Jup) = J($(p))L". )
3.5. First and second derivatives for problem (5)

The gradient of each term of the problem is Vr?(¢(p)) = 2L ri(¢(p)) Vri(¢(p)). Therefore the
gradient of f(p) is

Vi) = ((1(0@)LT) R(G(p)- ®)

The second-order information is

VA(p) = ()LD o@)ILT) + > hlp) V). )

i=1
4. Gauss-Newton method

This section presents a Gauss-Newton method to solve the nonlinear problem (5) which is
equivalent to solving the overdetermined nonlinear composite function (4). It describes the
standard Newton assumptions for this composite function problems that yield g-quadratic rate
of convergence. The inconvenience to use Newton method is that the second-order informa-
tion associated with the Hessian method is not easily accessible or is impractical for computa-
tional time. The latter makes the Newton method impractical for very large-scale problems.

4.1. Model order-reduction-based Gauss-Newton algorithm

This subsection presents a reduced-order Gauss-Newton algorithm for solving problem (5),
which is the interest herein.

Algorithm 1. Reduced-order Gauss-Newton (ROGN)
Inputs: Given the compressed base L € R"*’, and an initial displacement x, € R".
Output: Approximate solution in the affine subspace x eR".

1: Initial point of the problem. Given p, e R".

2: Initial point in the affine subspace. ¢(p,) = x, + L'p, €R".

11
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3: For k = 0 : until convergence ([IR(¢(p,)lI<€).
4: Gauss-Newton direction (compressed direction). Solve for Ap, 4

T

(](‘P(Pk))LT)T(]¢(Pk))LT)APk+1 = *(I(‘P(Pk))LT) R(¢(Pk>)' (10)

5: Compressed update: p;, ; = p, + Ap, ;-

6: Decompressed update: ¢(p,,;) = x, + LTp, ;.
Remarks:

1. The algorithm presents two initial points. The first x, is the displacement to characterize the
affine subspace, and the second one p, is the initial point for the algorithm.

2. The update ¢(p,,,) is the approximation to the solution one is looking for which one
denotes by x1.

3. Finding Gauss-Newton direction Ap, , is equivalent to solving the following linear least-
squares problem:

min {31061+ R(9(0.)) 1P )

Apr

4. The Gauss-Newton direction is the Petrov-Galerkin direction obtained by approximating
Newton’s direction of square nonlinear problems for the following weighted problem:

min {% I (LTAp +RWIB ., Q=1®)"x) > o}‘ (12)

Apkﬂ

4.2. Local convergence of reduced Gauss-Newton algorithm

It is known that the Gauss-Newton method retains g-quadratic rate of convergence under
standard assumptions for zero-residual single-function problems [15]. The natural question is:
What are the standard assumptions that guarantee the Gauss-Newton conditions for the
composite function one is working with, that conserve g-quadratic rate of convergence? The
next theorem establishes these assumptions.

Theorem: Let H from R’ to R" be defined by H(p) = R(x, + L'p), x,€R", peR’, and LER™"
are orthonormal operators with r < 1. Assume there exists a solution p* €D CR’, with D
convex and open. Define D = {x,} + LT (D), where L" (D) is the image of D under L" € R"".
Assume that Jp €L, (D), Jx is bounded on D, and the minimum eigenvalue of | ()] (x*) is
positive. Then, the sequence {p,.,} given ROGN algorithm 1 is well defined, converges, and
has g-quadratic rate of convergence. That is:
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1
P =PI <5l =P (13)
_p* <Q —_ p*2 ith ¢.7.6€eR 14
P =PIl <5 lIpc = p"IF with &7,6€R;. (14)

Proof: The residual problem R has solution x* on D. First, one proves that the Jacobian of H is
Lipchitz on D. Since J;(p) = J(¢(p))L", then

Wk (p1) = Tu(p) Il = 1 (0 (p1)) _](¢(P2)))LT||I for py, P26D~ (15)

Since the Jacobian of R is Lipschitz on D, one concludes

e (pr) = Tu(p) I <7lpy = oMl 7 = ¥ IULTI, forp,, p, €D. (16)

Second, one proves that the Jacobian of H is bounded on D. Since the Jacobian of H at pis
J(@(p)LT, then

W@l = W (¢@L forpeD. (17)

Now, since the Jacobian of R is bounded on D, one concludes

Wa(p)I <€, & = cILT || forp €D (18)
Finally, one proves that the smallest eigenvalue of J;;(p*)"J;;(p*) is greater than zero.
* * * T * . * *
Tn(@) Tu(p") = (L) (GLT) with x* =2, +LTp" (19)

Let p # 0€RF and 0 €R be an eigenvector and eigenvalue associated with the last symmetric
matrix. Then

IL Pl = ollpl®> , Q=J(")"J(x") > 0. (20)

Therefore, 0 > 0 since L' is a full rank and p # 0. The convergence and its fast rate of conver-
gence given by the last two inequalities follow from the Theorem 10.2.1 in the Dennis and

Schnabel book [15].

5. Regularization

Despite the advantages of the Gauss-Newton method, the algorithm will not perform well if
either the problem is ill conditioned or in the presence of high nonlinearity of some compo-
nents of it. The purpose of this section is to introduce two regularizations to overcome these
difficulties while retaining the fast rate of convergence of the Gauss-Newton method.
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5.1. Levenberg-Marquardt method

To prevent the Gauss-Newton algorithm to preclude in case some eigenvalues are near zero or
in case of rank deficiency of the linear systems to solve, the least-squares directions are
regularized by

.1
min {10 (0()L7)ap + R(o) P + £yl e
where 11 > 0. The solution is given by

(U@L ((E)LT) + ul)ap = ~(1(9(p)L) R(6(p)). 22)

Under the standard Gauss-Newton assumptions written before and choosing the regulariza-
tion parameter as y = O(ll (J ((p(p))LT)TR(qb(p)ll), the regularized Gauss-Newton algorithm

converges and the g-quadratic rate of convergence is retained; see Theorem 10.2.6 [15].

lpe = p*I1%. (23)

>2‘§i

L1
e —P7ll < 5

5.2. Scaling regularization

To avoid the influence of the high order of magnitude of some components with respect to the
rest of the components of the problem, one presents the following regularization:

min {; 10(@)LT)Ap + R(@(0)IF +5 IILTAPHE}' (24)

where Q = (]((f)(p))LT)T(](qb(p))LT). The solution is given by

T R(¢(p)

(06O G6eIN)ap = =0 I T

(25)

This regularization prevents that large components of the problem affect the behavior of the
algorithm. It is important to observe the Lipschitz constant of the problem is improved.
Considering the preceding two regularizations, one has

T R(¢(p)

(0@ UGEILT) +a1)dp = 0@ R e

(26)

This last regularizations prevent the smallest eigenvalue affecting the behavior of the
Gauss-Newton algorithm and at the same time, through rescaling, components with
small values are not considered by the influence of large components while retain its fast
rate of convergence.
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6. Globalization strategy

The good performance of the Gauss-Newton algorithm depends on a suitable initial point that
must be inside its region of convergence. Rather than absorbing the computational cost asso-
ciated with choosing an appropriate initial point, the chapter proposes a line-search method
that provides convergence for initial points outside of the region of convergence. The goal of
this approach is to obtain a sufficient decrease in the merit function. If the direction fails, then a
backtracking is used until a sufficient reduction is obtained. A merit function should allow
moving toward a solution of the problem.

6.1. Merit function

It is natural to think that the merit function for the unconstrained minimization problem (5) is
itself. That is: M(p) = f(p).

6.2. Descent direction

One proves that Gauss-Newton direction is a descent direction for the merit function
M(p) = f(p)-

Property: The regularized Gauss-Newton direction Ap given by (26) is a descent direction for
the merit function M(p) = f(p).

Proof: One proves that the directional derivative of f at the direction Ap is less than zero. The

gradient of f(p) is given by Vf(x) = (J(¢(p))L") R (¢(p)). Therefore

VE(p) Ap = 11 (9(p))LT) R($(p)) 1131 < 0 27)

since Q = ((](¢(p))LT)T(] (¢(p))L") + y) is positive definite.

Consequently, it is possible to progress toward a solution of the problem in the Ap direction.
The purpose is to find a step length a € (0, 1] that yields a sufficient decrease. To that effect one
follows the Armijo-Goldstein conditions given by

f(p+adp)<f(p) +a (A Vf(p) ap) (28)
and
Vf(p +ap) Ap=pVf(p)' Ap, (29)

for fixed values A, € (0, 1). The first inequality allows sufficient decrease of the merit function,
and the second one avoids step lengths that are very small. It is important to observe that if § is
chosen, f€[A,1], then the two inequalities can be satisfied simultaneously. Wolfe proved that
if f is continuously differentiable on R’, Ap is a descent direction, and assuming the set
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{f(p + adp); € (0,1]} is bounded below, then there exists an a* € (0,1] such that the two
inequalities be satisfied simultaneously [16].

It is important to realize that these two inequalities can be reached by using a back-tracking
procedure. Therefore, this work uses a line-search strategy to satisfy the inequalities. Next
section proposes a line-search regularized Gauss-Newton algorithm for solving the zero-
residual composite function problem.

7. A line-search regularized Gauss-Newton method

This section proposes the following regularized Gauss-Newton method with line search to

find a solution on the affine subspace x, + 1 (LT) for problem (4).
Algorithm 2: A reduced-order regularized Gauss-Newton (RORGN)
Input: Given the compressed base L € R", and a displacement x, € R".
Output: The approximate solution in the affine subspace x € R".

1: Initial point of the problem. Given p, €R’.

2: Initial point in affine subspace. x1 = x, + L'p, e R".

3: For k = 1 : until convergence (||R(x¢)|| <¢.).

4: Choose i, = o¢||R(x¢)ll, and ox € (0,1].

5: Regularized Gauss-Newton direction. Solve for Ap,

T
T T _ (](xk)LT) R(xx)
6: Line search (sufficient decrease). Find ay € (0, 1] such that
IR (¢ + LT Ap ) I> < IR(x)I2 +2 - 104V (p,) Apy. (31)

7: Update. x1 = x¢ + axL" Ap,.

Remarks: The algorithm is amenable to the use of any suitable basis, not necessarily a wavelet
basis. The algorithm can be tested with different initial displacement points. On the other
hand, the election of the initial point of the algorithm is not limited to the origin.

8. Numerical examples

The authors run on a MacBook Pro laptop equipped with an Intel(R) Quad-Core(TM) i7-
2720QM CPU @ 2.20GHz and 8 GB of RAM. Section 8.2 presents Bratu’s 3D problem. This
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problem is more challenging since the nonlinear systems become ill conditioned where one
approaches the bifurcation point. Therefore, the RORGN algorithm was tested to solve them
efficiently. All these Bratu’s problems utilized wavelets-based ROM. One takes the regulariza-
tion by u, = ox||R(xt)||, with o €(0,1). One employs as stopping criteria for the algorithm;
either the norm of the residual, € = [|[R(xx)||, is less than some small positive real value given,
€, or a maximum number of iterations reached, k.

8.1. Bratu’s 2D problem

The Bratu’s 1D equation can be generalized by replacing the second derivative by a Laplacian
[1, 17]. This section numerically studies the nonlinear diffusion equation with exponential
source term in two and three dimensions. Let Q = [0,1]",n = 2,3 be a unitary square or cube,
where x;€[0,1],i = 1, ..., n are the spatial variables while n is the space dimension.

Au+C-¢"=0on Q; u=u(x),

(32)
u=0 on 00,
and CeR is a coefficient. The Laplacian is defined by
n 62 ()
AC)=) —5. 33
() 2 (33)

One can discretize (32) by means of central finite differences on regular tensor product meshes.
Homogenous Dirichlet boundaries are enforced conditions in all square or cube faces, see [17]
for details.

8.2. Bratu’s 3D problem

Figures 2 and 3 present results from Bratu’s 3D problem. Figure 2 shows the parameter
continuation problem while Figure 3 compares FOM and WROM results in the whole domain.
For visualization purposes, one cuts away the front half of the cube to see inside it. Figure 2
shows the FOM in continuous line while dashed blue and magenta lines correspond to WROM
at 85 and 90%, respectively. The mesh size is 10 x 10 x 10 and C = 1.5 is fixed. In the figure, one
has from left to right the FOM, the WROM, and the absolute error. Neither of these WROM
models could reproduce the FOM behavior beyond C > 9. They could not get into neither the
second branch nor close to the bifurcation point, where the system becomes highly nonlinear.
On the other hand, Figure 3 compares FOM versus WROM at 90% in order to show that these
WROM could properly reproduce the FOM behavior in the whole cube. Table 1 summarizes
the performance of the family of Gauss-Newton algorithms applied to FOM Bratu’s 3D prob-
lem. One employs these numerical values, €, = 1072 and k;;x = 32. Once again, one gets close
to the bifurcation point by choosing, C = 9.9, to pose a challenging nonlinear system while o
was tuned to achieve performance for a given rank.

One observes for all ranks reported herein that the regularized method provides convergence
tolerances likewise but it usually spent two iterations less than standard Newton and hence
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.

Figure 2. FOM vs. WROM parameter continuation solutions of (32), for n = 3, are shown.

Figure 3. FOM and ROM are compared: FOM (left), WROM at 90% (center), and error (right).

CPU time reduces as well. One notices for this particular problem that line search is equivalent
to standard Newton as well as combined matches the performance of the combined plus line-
search method.

8.3. Nonlinear benchmark problems

One also considers a benchmark nonlinear problem from the literature in order to challenge
the proposed algorithms. The Yamamura [18] problem is a nonlinear system of equations
defined by:

R:R" - R", xeR", Ri(x)=0, 1<i<n,

3 > N (34)
Ri(x) = 2.5x3 = 10522 + 11.8x; — i+ » x; =0.

i=1
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Newton method €x O #lter Success

N=512,0 =0.03

Standard 1.637075E—04 4.497266E—08 7 True
Combined 5.089393E—04 8.391213E—-07 5 True
Regularized 5.089393E—04 8.391213E—-07 5 True
Scaled 1.637075E—04 4.497266E—08 7 True
Line search 1.637075E—04 4.497266E—08 7 True
Com. and Line search 5.089393E—04 8.391213E—-07 5 True
N =1000, o = 0.025

Standard 3.303599E—04 1.682251E—07 7 True
Combined 1.424983E—05 7.450719E—-10 6 True
Regularized 1.424983E—05 7.450719E—-10 6 True
Scaled 3.303599E—04 1.682251E—07 7 True
Line search 3.303599E—04 1.682251E—-07 7 True
Com. and Line search 1.424983E—-05 7.450719E—-10 6 True
N =1728, ¢ = 0.020

Standard 5.792054E—04 4.806531E—07 7 True
Combined 1.197055E—04 6.096723E—08 5 True
Regularized 1.197055E—-04 6.096723E—-08 5 True
Scaled 5.792054E—04 4.806531E—07 7 True
Line search 5.792054E—04 4.806531E—07 7 True
Com. and Line search 1.197055E—04 6.096723E—-08 5 True
N =2744, ¢ = 0.015

Standard 1.143068E—05 1.756738E—10 8 True
Combined 1.678400E—04 1.052920E—-07 6 True
Regularized 1.678400E—04 1.052920E—-07 6 True
Scaled 1.143068E—05 1.756738E—10 8 True
Line search 1.143068E—05 1.756738E—10 8 True
Com. and Line search 1.678400E—04 1.052920E—-07 6 True

Table 1. Gauss-Newton results for Bratu’s 3D problem presented in Section 8.2.

where 7 is the size of the nonlinear system. One implemented the algorithms with €;,; = 107°,
kimax = 128, and 0 = 0.025.

The objective is to challenge the algorithms presented in this research, and the results are
reported in Table 2. One can infer from this table that the standard Newton method could not
converge in any of these realizations except n = 32. Conversely, the regularized method con-
verged for all realizations. This latter method outperformed all others. On the other hand, the
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Newton method €K O #lter Success
N=32

Standard 6.643960E—06 1.282327E—07 47 True
Regularized 3.547835E—05 8.310947E—-07 32 True
Line search 8.835078E—09 2.415845E—-13 78 True
Reg. and Line search 4.271577E—06 8.288108E—09 35 True
N =256

Standard 2.992259E—-01 3.018468E+07 128 False
Regularized 4.260045E—06 5.643326E—08 21 True
Line search 2.569192E—02 2.618397E+03 128 False
Reg. and Line search 2.893999E—06 2.380562E—08 35 True
N =512

Standard 2.280299E—02 3.448757E+05 128 False
Regularized 2.384802E—07 2.579578E—10 46 True
Line search 1.127484E—-01 1.845466E+07 128 False
Reg. and Line search 3.551655E—08 2.368659E—11 42 True
N =1024

Standard 9.540053E—-05 4.501800E+01 128 False
Regularized 1.730306E—06 8.414453E—-09 41 True
Line search 7.199610E—05 5.095672E+00 128 False
Reg. and Line search 8.857816E—06 4.250476E—-07 35 True
N =2048

Standard 1.769950E+00 8.504131E+14 128 False
Regularized 7.270952E—-08 1.578029E—10 68 True
Line search 6.195869E—02 4.180347E+09 128 False
Reg. and Line search 1.069042E—02 3.229689E—-01 128 False

Table 2. Gauss-Newton results for Yamamura problem.

regularized and line-search method could consistently converge for all realizations but
n = 2048. For larger ranks, that is, 512 and 1024, the latter method is the more efficient bottom
line; the regularized method performed well in this example.

9. Hybrid method: HROM

The idea is simple since the wavelet subspace is not a function of a priori known snapshots, it
can be determined without executing the so-called, computationally expensive, off-line stage,
in which one thoroughly studies the FOM and can sample the input space to record a
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representative set of snapshots. HROM considers as input snapshots those outputted by a
WROM procedure. As shown below, if this WROM happens to reproduce the FOM behavior
correctly, then one should expect the resulting PROM, that is, HROM, to replicate the original
FOM behavior accurately. At first, glance, depending upon the WROM compression ratio, this
procedure reduces the runtime of the off-line stage.

This section conducts a series of preliminary numerical experiments on the well-known Bratu’s
nonlinear benchmark problem, in particular in one and two dimensions [5] to sell this case.
Figures 4 and 5 depict results for the 1D continuation problem. They utilize the following
WROM compression ratios: 10 and 5%, where the compression ratio is constant during the
continuation problem. All plots display two distinct HROM compression ratios. The WROM at
20% that is not depicted completely misses the bifurcation zone and the second branch thus the
HROM is also way off. However, as the WROM starts to catch up with the FOM then HROM
too does. Indeed, it is observed that HROM yields comparable results when comparing it to
the version that takes the original snapshots, that is, PROM.

One can repeat a similar experiment with Bratu’s 2D continuation problem, which produces
the same trend as before. Indeed, if the input WROM is way off targeting then, HROM is off as
well. For instance, 27% compression implies that all HROM miss the second branch, but still,
the 21% model could slightly reproduce the proper FOM trend. Things significantly improve
on models with 21 and 20% as shown in Figures 6 and 7. However, these models still miss the
bifurcation zone. They just render a flat profile there. These insights suggest that if the WROM
can correctly reproduce the FOM behavior, then HROM can do so. One is probably able to
improve the accuracy of the WROM by changing the compression ratio during the online

FOM|
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Ei= ) a5% |-
.\\ : 45% |
3 .
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~
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4
S,
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5
-
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Figure 4. Bratu’s 1D, 10% compression.
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stage. For Bratu’s problem, one can assume a graded energy distribution which provides more
of it while approaching the bifurcation point. This approach is referred as “adaptive WROM”
or AWROM as shorthand.

45— . . : '

Figure 6. Bratu’s 2D, 10% compression.
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Figure 7. Bratu’s 2D, 5% compression.
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Figure 8. Linear energy distribution.
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This section presents an alternative strategy that can rely on insights from the FOM, such
as Newton tolerances and number of iterations, which are in turn indirect error estimates.
Figure 8 plots the energy distribution that was utilized as a function of the continuation
parameter, C, for Bratu’s 1D problem. When one approaches the bifurcation point, C = 3.5,
one should gradually bump up energy as shown. Notice that the distribution tends to concen-
trate more points toward the bifurcation point. With this energy distribution into account, one
obtains the AWROM results in Figure 9. This ROM accurately reproduces the FOM behavior
as noted. Let now conduct the following experiment. One must run the FOM, and at every
snapshot, one needs to store the number of Newton iterations and the resulting error tolerance.
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One then computes the energy distribution that Figure 10 depicts. The following formula was
employed to do so:

E; = (1 — ) + O(nlters;/nMaxIters), (35)

where nlters; is the number of iterations at the current location, and nMaxIters is the maximum
number of iterations reported by the FOM and 0 € [0, 1]. Figure 11 depicts excellent accordance
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Figure 9. 10-20% variable compression.
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Figure 10. Variable energy distribution.
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Figure 12. Linear AWROM.

between FOM and AWROM (6 = 0.2). One should expect that if this last AWROM model is
inputted for an HROM simulation, HROM should reproduce the original FOM correctly.

Figures 12 and 13 depict preliminary results of HROM applied over a couple of AWROM
models whose energy distribution was described in Figures 8 and 10, respectively (6 = 0.2).
These ROM reproduce the FOM behavior accordingly, which proves that there is potential to
study the performance of HROM further. Another important question that arises from further
research is how to improve the compression ratio of the AWROM scheme.
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Figure 13. Variable AWROM.

10. Concluding remarks

This chapter introduced a global regularized Gauss-Newton method for resolving square
nonlinear algebraic systems in an affine subspace that enable real-time solutions without a
priori simulations. Solving a nonlinear least-squares composite function poses the problem
where the answer is derived from the inside argument. The authors thus presented the stan-
dard Newton assumptions that guarantee a g-quadratic rate of convergence. The findings
include that the Petrov-Galerkin projection directions for the Newton method are no other
than the Gauss-Newton ones for a composite function. The technique uses two initial points,
one that determines the affine subspace and the other is the starting guess for solving the
composition mentioned earlier. The notion of compressed sensing with wavelets produces the
characterization of an affine subspace that comprises the majority of the energy of the problem.
The chapter showed some numerical experimentations that back up the proposed globaliza-
tion methodology for solving highly nonlinear dynamic systems in real time. These last ones
reproduce the principal features of the FOM. Results underline the fact that one does not need
to employ information at any particular point. The Bratu’s 3D FOM results prove that the
proposed RORGN algorithm outperforms the standard GN method while retaining its
g-quadratic rate of convergence. This chapter concludes that the regularized and line-search-
enabled scheme is the most robust and efficient algorithm for the problems presented herein.
The numerical results imply that this approach performs well and it does not significantly
increase the CPU time.

From the numerical results presented in Section 9 for Bratu’s 1D and 2D problems, the data
fusion procedure (HROM) can be used as an alternative procedure when the simulation time
for a problem can be limited. This method uses two different sceneries. In the first, one implies
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that the data come through out of the model, while in the second, the data are obtained
independently of the latter. That is, in the first case the model governs the data, and the other
the input information rules the model.
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Nonlinear Response on External Electric Field and
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Abstract

As well known, the fluctuation-dissipation theorem (FDT) establishes the relation between
two different physical phenomena: the fluctuations and the dissipation. The fluctuations or
the stochastic motion are determined by random stochastic forces. The dissipation or the
directed motion is determined by regular forces. Nevertheless in the linear case, they are
related by the FDT. One of the first and well-known examples of the FDT is Einstein’s
relation between diffusion coefficient and mobility of particle. It has been shown that a
particle’s velocity depends on electrical field in a nonlinear way in arbitrary weak fields
due to anomalous super-diffusion character of Levy flight. The relation between two differ-
ent critical indexes, describing Levy flight diffusion and dependence of current on electric
field, has been established. This relation is the generalization of fluctuation-dissipation
theorem for such a nonlinear Levy flight case. The physical interpretation of these results is
given.

Keywords: fluctuation-dissipation theorem, nonlinear response, generalization of Einstein
relation, random walks, Levy flights, diffusion on self-similar clusters

1. Introduction

As well known, the fluctuation-dissipation theorem (FDT) establishes the relation between two
different physical phenomena: the fluctuations and the dissipation. The fluctuations or the
stochastic motion are determined by random stochastic forces. The dissipation or the directed
motion is determined by regular forces. Nevertheless in the linear case, they are related by the
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fluctuation-dissipation theorem (FDT). One of the first and well-known examples of this FDT
is Einstein’s relation between diffusion coefficient D and mobility of particle :

qD =n kT @)

Here T is the temperature of the system, k is Boltzmann's constant, and g is the charge of the particle.

We first recall the well-known Einstein’s arguments [1]. Let the diffusion current be J; and the
field current be J; in the system. In the equilibrium state, the diffusion current is compensated

by the field current:
Ja+]r=0 2)

and the particles are in the equilibrium state and are described by Boltzmann's distribution
function:

u
N¢; = Noexp (— ﬁ) 3)

where U is the potential energy, T is the temperature, and k is Boltzmann'’s constant, Ny is the
initial number of particles. Let us consider in more details the assumptions, which are used.
There are three assumptions:

i. Boltzmann’s statistics

ii. Fick’s law for the diffusion current:

Ja=—-DVn (4)

It also means that the root-mean-square displacement depends on time in a linear way
and it is characterized by diffusion coefficient D:

<X*(t)>~D t (5)

iii. Ohm’s law, which describes a linear dependence on electric field

Jp =nnk (6)

Consequently, if one of these above assumptions does not hold, then we expect that Einstein’s
relation is broken and the new generalized relation will be appeared.

Subsequently, we consider the case, when diffusion has an anomalous power character:
< XP(t) >~ 1 @)

These anomalous stochastic processes were intensively studied [2]. The value k=1 corre-
sponds to the usual ordinary diffusion, the value of exponent k < 1 corresponds to the sub-
diffusion case, and the value of exponent k > 1 corresponds to the super-diffusion or Levy
flights case. Usually, anomalous sub-diffusion random walks were observed in disordered
materials as fractals and percolations clusters [3-5]. Another anomalous super-diffusion, that
is, Levy flights, was observed in the chaotic dynamics problem [6-10].
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In this chapter, the Levy flights diffusion in an external weak electric field is considered. The
problem consists of that the diffusion coefficient for Levy flight, which is determined in a usual
way, has an infinite value:
2
Dzlim4<X (®) Z e

f—oo t
It occurs due to the possibility of diffusing particle to move for an arbitrary distances at every
step. So, if we apply the usual Einstein relation (1), then we obtain the infinite value for a
mobility of particle i at arbitrary weak fields:

n—ee

But it is not possible to have infinite value of mobility from the physical point of view. What
does it means? We believe that it means Einstein’s relation in its usual form does not apply.
Furthermore, we show that instead of linear response—Ohm’s law —another new nonlinear
response is appeared in the studied problem. Namely, the drift velocity depends on a weak
electric field in a nonlinear way:

V~E ®)

Here, v is the critical exponent of new nonlinearity. The relation between the exponent of
nonlinearity v and the exponent of anomalous super-diffusion p has been established:

v=u-—-1 )

It is necessary to emphasize that this nonlinearity occurs in arbitrary weak fields and it was a
consequence of the anomalous Levy super-diffusion. In other words, Ohm’s law (the linear
response to a field) holds in the case of usual diffusion and Ohm’s law does not apply at all for
case of Levy flight super-diffusion.

This chapter was organized as follows. In Section 2, the preliminary generalization of Einstein’s
relation for a Levy flights was obtained. The qualitative estimations for drift velocity in two cases
of super diffusion and usual diffusion were obtained too in Section 2. In Section 3, the one-
dimensional discrete Levy flight diffusion was studied. The stable non-Gaussian distribution
was deduced. The problem of Levy random walks in an external electric field or anisotropic
Levy diffusion was studied in Section 4. The numerical simulations of Levy flights in an electric
field were presented in Section 5. In Section 6, obtained new results for particle mobility were
represented in the scaling form. The fluctuation-dissipation theorem for Levy flight case was
rewritten in the scaling form also in Section 7. Section 8 concludes the chapter and the discussion
of results was given in this section.

2. Qualitative estimation and generalization of Einstein relation for Levy
flight case

Let us briefly remind the Levy flights diffusion. A feature of Levy flight random walks consists
of the possibility for a diffusing particle to move on arbitrary large distances at every step, so
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that the root-mean-square displacement appears to be infinite. The numerical simulation of
Levy hops diffusion has shown that the points, visited during Levy flights diffusion, have
formed spatially well-defined clusters. “For more in-depth consideration it makes easy to see
that each of clusters consists of a collection of clusters, in turn, so a structure of self -similar
clusters was appeared due to Levy flights” [6]. The probability distribution function P in (k, t)-
representation is

P(k,t) = exp (—Alk|"t) (10)

where A and u are positive quantities, 1 < y < 2. Such distributions are called as stable Levy
distributions. For more information about diffusion, see also [7, 8].

Let us check the above three assumptions for Einstein’s relation —formulae (2—4) in the case of
anomalous Levy flights super-diffusion. The first assumption about Gibbs-Boltzmann’s statis-
tics keeps the same, because the type of statistics— Gibbs- Boltzmann's classical statistics—was
determined by the statistical properties of the system in the equilibrium and it does not depend
on the kinetic properties of the system. (The kinetic phenomena as relaxation and diffusion
describe the processes or ways, which lead to the equilibrium state, only.) So we use Gibbs-
Boltzmann'’s distribution function too. But the second assumption about Fick’s law for diffu-
sion current is broken. The diffusion current has another form in the Levy flights case, and we
write it in a general operator form:

], =—Kn (11)

Here, n is the concentration of diffusing particles, the operator K in the k- representation is
equal to

(f<)k — ik[k[*2 (12)

And in the r- presentation, it is equal to

K =V |22 (13)
where A is the Laplace operator and K is the fractional order operator—see, for example [10].
And finally, we use the general form for the field current instead of linear Ohm’s law approx-

imation as

Jj=nV (14)

where V is the drift velocity. In the general case, this velocity depends on electric field in an
arbitrary way: a linear or may be a nonlinear way. Repeating the same reasons for equilibrium
stated as above, we obtain the general formula for the drift velocity:

— KN, uy - u
V= Noy exp (ﬁ) Kexp <— ﬁ) (15)
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In the case of the anomalous diffusion, we obtain
% :§ ‘AZ‘H—2/4

By taking a definition for the derivative of the fractional order in the form of the set [10]:

= uy .. 2, oy (u-2)a - u
V= exp (kT> lim (A* +¢) Pep (T (16)
we recover that the drift velocity depends on the homogeneous electric field U = —g E 7ina
nonlinear way:
V E' 17)

It should be emphasized that this nonlinearity occurs in arbitrarily weak fields, and it was a
result of the unusual anomalous character of Levy flights diffusion. The exponent of this
nonlinearity relates with the critical exponent of the Levy hop diffusion as above (9):
v=pu—1. We consider this relation between two critical exponents, which describe the
nonlinear mobility on one hand and the anomalous super-diffusion on the other hand, as
generalization of FDT for Levy flight diffusion case.

2.1. Qualitative estimations for particle velocity

Subsequently, we want to confirm the result (17), which was obtained from the phenomeno-
logical approach, in another way. For this aim, we consider the problem of diffusion in an
electric field in more details. When we introduce the electric field into the diffusion problem,
then the new “field” length, governed by external electric field, was appeared:

kT

Lp=—
E gE

(18)

To understand physical sense of this new “field” length and to make necessary estimations for
drift velocity, let us imagine that the medium was partitioned into the boxes of size Lg [11].
Further, we proceed the particle motion inside of this box. After leaving this box, the particle
goes along the electric field direction with the probability W, which is approximately equal to
the unity, (W, «1) and the particle leaves this box with the approximately zero probability W _
in the opposite direction (W_ «0). It means that at these scales of Lg, the directed motion
prevails over the random diffusion motion. So we can estimate the particle velocity as follows:

V=T,

(19)

where Tt is a diffusion time for a length L.

2
In the case of usual diffusion, this diffusion time equals to: Tr = %E and we obtain Ohm'’s law
with well-known Einstein relation between diffusion and mobility:
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*D E
kT

(20)

In the case of Levy flight, the diffusion time is proportional to powers of “field” length: Tr « L.

according to Eq. (10). Repeating the same estimation, we obtain the same nonlinear relation as
formula (17):

B2

=
V= kT |kT

1)

Here, D is the constant diffusion coefficient for Levy hop diffusion. Correspondingly for a case
of two different diffusion regimes, we obtain two different laws for drift velocity: nonlinear
behavior (21) and Ohm’s law (20).

We want to stress that these preliminary generalizations of Einstein’s relation in Section 2, see
formulae (17, 21), only reveal the possibility of new nonlinear behavior for drift velocity in the
anomalous super-diffusion case. To prove this result in an exact way, we need to study the
microscopic model.

3. The Levy flight diffusion

To prove the fluctuation-dissipation for Levy flights diffusion case, let us consider the one-
dimensional Levy flights diffusion in more details. Briefly, we remind how the Levy stable law
(10) for distribution function has been obtained. Let us denote the probability of particle to
occupy I- site after n steps as P, (I) and the probability of hops on length I at every step as f ().
So we obtain the following master equation for a discrete case:

Pus) = S F(1— ml)Py(m) 22)

Mm=—oco

Here, | and m are integer numbers, which describe positions of sites. In the case of usual
diffusion, when the particle hops on the nearest (left or right) sites only, this function f(I) is
equal to

2f(I) = Oyp + 01— (23)

where 0y j, is the Kronecker’s delta symbol. And the known main equation describing diffusion
on the nearest sites is received:

Ppa(l) == (Pu(1+1) + Py(I — 1)) (24)

N —

To simulate a Levy flight, the following Weierstrass function has been used as f (1)
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oo

FO) =" a (8, + O,0) (25)

n=0

Here, parameter b is a length of hop, parameter 1 is a possibility to make hop of length b (e.g., a
possibility to hop for a distance b* is equal to % and so on). The value of parameter a is confined
by the bound values:b < a < b?, consequently

1<y:FZ<2 (26)

Let us shortly discuss the physical picture of Levy flight diffusion. Due to power distribution
of hops over the lengths according to (25), the diffusing particle prefers to hop at nearest sites
due to the biggest probability for nearest sites, to create the cluster from the nearest visited
sites. But there is a small possibility to make a long hop from time to time. After this long hop,
the new cluster of another nearest visited sites has formed at new place. So finally, the structure
of self-similar clusters appears [6]. So we can say that Levy diffusion is the random walks
along self-similar clusters.

Then the structural function for such random walks is equal to

oo

Ak) = J f(l)exp (ikl)dl = > " a™" cos (kb") 27)

n=0

Note too that the structural function of Levy flight satisfies the functional equation:

A(k) = aA(kb) + cos (k) (28)

Therefore, for k — 0, it has a power behavior:

A(k) =k¥, where u = Ina/Inb (29)

Exactly, the nonanalytic power behavior for k has been established by means of Mellin's
transformation or by formulas of Poisson’s set summation. In more detail, see [7].

4. Introduction of field in the Levy flight problem and nonlinear response
on electric field

Let us introduce an anisotropy into the random walk on self-similar clusters, formed during
Levy flights diffusion. By virtue of specific nature of Levy hops, a particle can move for an
arbitrary distance b" at every step. For this reason, a small anisotropy (1 + «) for small displace-
ments s (with a = Z{—E;) has an exponential large value at large distances b" as (1 + a)bn. Since at
each step, a diffusing particle certainly leaves a site, so the sum of probability of motion along the
electric field direction W ., and probability of motion in opposite direction W _ must be equal to 1:
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W_+W, =1 (30)

Hence, we obtain the following expressions for these probabilities:

(1+a)”
1+a) +(1-a)

Wy = @31)

Therefore, the structural function A (k; E) for Levy flights diffusion in an electrical field is equal to

2A(k,E) = _a"[cos (kb") + isin (kb") (W, — W_)] (32)

As well as for the usual ordinary diffusion, the second member with anisotropy for small
k — 0 contains the expression for the drift velocity:

n

_ Z (Z) "1+a)” -(1-a) - Z (Z)nth(ab”) (33)

1+a) +(1-a)

OA(KE)
V=i—5

k—0

here th(x) is the hyperbolic tangent.

It is easy to see that the drift velocity satisfies the following functional equation:

V(a) = SV(ab) + cth(a) (34)

It means that at weak fields & — 0, the velocity depends on the electric field in a power-like way:

V(ia) xa” (35)

with exponent v = (u — 1).

To calculate the velocity by exact way, we used Poisson’s formula:

=

S fln) = % £(0) + J F(tdt +23" (1) cos (2rmt)dt (36)

n=0

After calculations, we obtain the formula for the velocity:

oo

Z Jth(z)z‘ym dz

M=—oo

V(a) = % +alk1) { + Jth(z)z‘ymdz] (37)

where a power exponent is equal to y,, = pt + 2 mi /In b. It is easy to see that for arbitrary weak
fields a, the first term has been neglected in comparison with the second term in the brackets.
Thus, in arbitrary weak electric fields, the nonlinear dependence on electrical field of velocity
(35) has appeared.
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5. Numerical simulations

Subsequently, the results of numerical simulations of Levy random walks were reported. Let
us briefly explain the algorithm of simulations. Probabilities of left and right walks are deter-
mined as probabilities to have a random value from [0, 0.5] and [0.5, 1] correspondingly. The
anisotropy of random walks is simulated by the decreasing length of [0, 0.5] for quantity W_
anti-parallel field and increasing [0.5, 1] for quantity W, in parallel field case. The simulations
are made at different values of parameters a and b. As the probability ™" decreases rather
rapidly, so we can confine finite members in the sum (10). For example, at a=50,b=10,n=6
and a =6, b= 3, n=12. But we proceed that at every hop, the sum of all probabilities with finite
numbers of hops is equal to 1, that is, particle does not stay in the site.

The results of random walks, Figure 1, are in accordance with the known results [2].

The step-like dependence of rms as a function of time is easy to understand as follows. The
particle diffuses at nearest sites mainly, making the cluster from visited sites, and with a small
probability hops at big distance (at next step) and again diffuses at nearest sites and so on.

The electric field leads to the particle drift. The dependence of the average displacement < X >
as function of the time is represented in Figure 2 at different values of anisotropy. From linear
dependence, it is easy to find the particle velocity by standard way: V =<X>/N. The value of the
nonlinear dependence index is determined from numerical simulation data as.

ch.':-. |

My !|

-

N, x I

Figure 1. Typical dependence of RMS for Levy flight.
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Hexp =1+In (V/VO)/IH (a/ao)

These results are represented in Figure 3. The main distortion in the simulations is due to the
random character of walks, and it was checked in the calculations from values of average
displacement at zero fields.
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6. Transition from nonlinear response to Ohm’s law

6.1. Transition from Levy super-diffusion to ordinary diffusion

In this section, we additionally introduce the usual diffusion on the nearest neighboring sites in
the process of random Levy walks. It gives us the possibility to proceed the transition from
Levy super-diffusion to the usual diffusion. For this aim, the finite hop length ¢ at every step
has been introduced. So we construct the complex random walks, in which the Levy super-
diffusion alternates with the usual diffusion. Accordingly, the distribution function for lengths
of hops has the following form:

oo

f(l,&) = thn (6~ 4e) + O pse) (38)

n=0

Hence, the structural function for complex random walks with Levy diffusion and ordinary
diffusion is equal to

Ak, &) = a" cos (kb" + k&) (39)

In the case of complex alternative diffusion, the main contribution to the root-mean-square
displacement was provided by Levy flights on long times, corresponding to big scales. Corre-
spondingly, on small times and at small scales, the main contribution was provided by the
usual diffusion. In the limit of the small lengths of hops b << &, we obtain the formula for
structural function, which corresponds to the usual diffusion:

. a
lim A(k, £) = — cos (ke) (40)

a—

We consider this transition b << & as transition from the discrete medium to the continuous
medium with heterogeneity length as &. It is easy to check that the usual diffusion equation has
followed from this structural function as a result.

6.2. The drift in the case of both ordinary and Levy diffusion

Let us introduce the anisotropy into these complex random walks as described earlier, but now
we replace the hop length 1" to the new quantity: b" + &. After this replacement, we obtain the
formula for the new structural function in an electric field with finite hop length:

oo

2A(k,&,E) =Y a"[cos (kb" + k&) + isin (kb" + k&) (W4 — W_)] (41)
n=0

Accordingly, the velocity has been described by the following formula:

=G| = (e e 42

V=i 5%

k—0
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To calculate this sum in formula (42), Poisson’s method of summation has been used again.

The following results have obtained. For weak electric fields (% << 1), the velocity is a
nonlinear function of the electric field:

Vo~ E! (43)

and in the strong fields (% >> 1), the velocity became a linear function in the field:

Vo~ EE2H (44)

Note that the particle velocity has two asymptotic regimes in accordance with the diffusion
limits: Levy hops and usual ordinary diffusion. The Levy flight diffusion leads to the nonlinear
response, and the usual diffusion leads to the linear Ohm’s law. So the two different power
dependencies of particle mobility (43, 44) were obtained for a specific distribution of hops as
(38). But before this result was obtained without any assumptions about the nature of hops,
only specific form of Levy diffusion current was used as (11). And now, we consider the
specific distribution of hops (38) only as microscopic model. We believe that the same
nonlinear result will be correct for another hops distribution over lengths.

7. Scaling for particle mobility

We want to remark that above results look similar to the phase transition theory results
[12, 13]. First of all, we have the analog of correlation radius for phase transition L,—in our
case, this is the finite length of hop &. At scales, which bigger than &, we have anomalous
super-diffusion and at scales, which are smaller than &, we have the usual diffusion. So this
length £ has a role of heterogeneous scale as correlation radius. Second as it is well known that
if the correlation radius L. trends to the infinity at the phase transition point (at threshold),
then any characteristic scales in the phase transition theory at threshold are absent, so any
response for external fields has the power behavior, which is described by the critical expo-
nents of phase transition theory. Near threshold point, results of the phase transitions theory
were easy to understand if they have the scaling form. So we want to present the above-
obtained results in the general scaling automodel form too, using the finite hop length &
instead of correlation length L..

So to clarify the obtained results, the expression for the particle mobility n = has been
rewritten in the scaling form too:

sy (57) )

where A is the critical exponent of scaling, and the scaling function f(x) has the asymptotic
power behavior:
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f(x):{l’x<<l } (46)

o x>>1

For our model of Levy flights diffusion, this scaling exponent A is connected with the exponent
of the super-diffusion as

A=p-2 (47)

At the small scales & << ’;—g, where the usual diffusion dominates, the particle mobility
depends on the homogeneity length & only (correlation radius in the phase transitions theory).
At the large scales, where the Levy super-diffusion dominates, the mobility depends on the
electric field E only or, in other words, the mobility became a function of the new “field” length

Lg = % with the same exponent A (see formula (42) too).

7.1. The scaling form for fluctuation-dissipation theorem for nonlinear case

Usually, the Einstein relation between diffusion and conductivity was considered as a simple
example of fluctuation-dissipation theorem (FDT), which was connected by the different charac-
teristics of the considered system: the dissipation, described by the relaxation time 7 (the particle
mobility n = %), and the fluctuation characteristic, described by the diffusion coefficient D:

gD =Tk = kT (48)
m

We want to stress that this obtained nonlinearity (43) essentially differs from the usual

nonlinearity, and our result means that the relation between the nonlinear mobility and the

coefficient of diffusion existed in the new nonlinear form, when the mobility became as

nonlinear function of the electric field

n(E) ~ E* (49)

Here, A is exponent of the nonlinear dependence of mobility. And new nonlinear generalized
fluctuation-dissipation theorem relates the exponent of the nonlinear response A with the
exponent of the anomalous diffusion p:

dInn(E)

A=gmE F7? 0)

It seems that this investigated case was a first case when the fluctuation-dissipation theorem in
the usual form of linear relation between two coefficients was broken. And instead of simple
relation between linear coefficients, the new and more general relation between exponents of
mobility and exponent of the super-diffusion appeared.

From this point of view, we believe that the case of usual diffusion or Einstein’s relation
between two coefficients of diffusion and mobility is the limiting case of new generalized
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FDT between exponents of mobility of particle in an electric field and exponent of diffusion:
A=0 (u=2).

8. Discussion

Let us discuss the results. All the above obtained both the nonanalytic behavior of structural
function for small k — 0 and the nonlinear electric field dependence of the velocity in arbi-
trarily weak fields which were the asymptotical results. We show that the current (velocity)
depends on electric field in a nonlinear way due to the anomalous character of Levy flights and
possibility to fly at arbitrary distances:

J(E) ~ EY ©G1)

Nonlinear properties of media intensively have been studied. Usually, the nonlinearity has
been connected with the expansion of electric current for set in powers of the electric field and
with consideration of the cubic nonlinearity [14]:

J=0E +x|E E +... (52)

But our result essentially differs from the results, obtained by this method. We show that in the
investigated case of Levy super-diffusion, the nonlinear behavior appeared due to anomalous
super-diffusion character and the electric current depends on electric field in a power
nonlinear way. It means that Ohm’s law or a linear term was absent in the field series expan-
sion of the current (58) in the investigated case.

The generalization of fluctuation-dissipation theorem for a case of Levy flights diffusion was
obtained. Instead of well-known Einstein’s relation between diffusion coefficient D and mobil-
ity n, which is correct in linear Ohm’s law case, the new relation between exponents, which
describes the nonlinear response of system v on the hand and anomalous Levy flight diffusion
u on the other hand, was obtained:

v=u-1

It is interesting to note that from the above-obtained results, we understand what two results
were contained in Einstein’s relation (1). Firstly, we can say that Einstein recovers or proves the
existence of Ohm’s law (linear response) for any systems with usual diffusion, and secondly, he
established the relation between diffusion coefficient and mobility of particle in a linear case.

As for “real” systems, the different theories with different predictions have been existed and
numerical simulations have not given a clear answer yet: the non-monotonically dependence
with time were founded [15, 16]. We hope that these results may be applied for real disordered
systems and in particular also for the problem of hopping in the disordered systems, but we
need to make further investigations for it [17].
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Abstract

The fifth order non-linear partial differential equation in generalized form is analyzed for
Lie symmetries. The classical Lie group method is performed to derive similarity variables
of this equation and the ordinary differential equations (ODEs) are deduced. These ordi-
nary differential equations are further studied and some exact solutions are obtained.

Keywords: generalized fifth order non-linear partial differential equation, lie symmetries,
exact solutions

1. Introduction

The theories of modern physics mainly include a mathematical structure, defined by a certain
set of differential equations and extended by a set of rules for translating the mathematical
results into meaningful statements about the physical work. Theories of non-linear science
have been widely developed over the past century. In particular, non-linear systems have
fascinated much interest among mathematicians and physicists. A lot of study has been
conducted in the area of non-linear partial differential equations (NLPDEs) that arise in
various areas of applied mathematics, mathematical physics, and many other areas. Apart
from their theoretical importance, they have sensational applications to various physical sys-
tems such as hydrodynamics, non-linear optics, continuum mechanics, plasma physics and so
on. A large variety of physical, chemical, and biological phenomena is governed by nonlinear
partial differential equations (NLPDEs). A number of methods has been introduced for finding
solutions of these equations such as Homotopy method [1], G'/G expansion method [2, 3],
variational iteration method [4], sub-equation method [5], exp. function method [6], and Lie
symmetry method [7-10]. Although solutions of such equations can be obtained easily by
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InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
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numerical computation. However, in order to obtain good understanding of the physical
phenomena described by NLPDE:s it is important to study the exact solutions of the NLPDEs.
Exact solutions of mathematical equations play an major role in the proper understanding of
qualitative features of many phenomena and processes in different areas of natural and
applied sciences. Exact solutions of non-linear differential equations graphically demonstrate
and allow unraveling the mechanisms of many complex non-linear phenomena. However,
finding exact solutions of NLPDEs representing some physical phenomena is a tough task.
However, because of importance of exact solutions for describing physical phenomena, many
powerful methods have been introduced for finding solitons and other type of exact solutions
of NLPDEs [2, 11-13]. Comparing to other approximate and numerical methods, which pro-
vides approximate solutions [14-16], the Lie group method provides the exact and analytic
solutions of the differential structure (Figures 1-3).

Lie group method is one of the most effective methods for finding exact solutions of NLPDEs [17, 18].
This method was basically initiated by Norwegian mathematician Sophus Lie [19]. He devel-
oped the theory of “Continuous Groups” known as Lie groups. This method is orderly used in
various fields of non-linear science. Shopus Lie was the first who arranged differential equations
in terms of their symmetry groups, thereby analyzing the set of equations, which could be
integrated or reduced to lower order equations by group theoretic algorithms. The Lie group
analysis is a mathematical theory that synthesizes symmetry of differential equations. In this
method, the differential structure is studied for their invariance by acting one or several param-
eter continuous group of transformations on the space of dependent and independent variables.
We observe a plenty books and research article about Lie group method [17, 18, 20-22].

Wazwaz [23] introduced a fifth order non-linear evolution equation as follows:

Ut — Upxxxx — 4(”xut)xx - 4(”x”xt)x =0. (1)

In this chapter, he obtained multiple soliton solutions of this equation.

|
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Figure 1. Kink wave solution (17)fora =f=A=p=1b; =b3 =0.
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Figure 2. Singularity solution (18) fora =A=pu=b5=1,b, =bs =0.
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Figure 3. Singularity solution (19) fora =b, =by =0,by =A =1, u= -1

We will consider the generalized fifth order non-linear evolution equation of the form:

Uttt — Utxxxx — a(uxut)xx - ﬁ(uxuxt)x = 0/ (2)

where a, § are parameters.

In this chapter, we will study the Eq. (2) by the Lie classical method. Firstly, Lie classical
method will be used to obtain symmetries of generalized fifth order non-linear evolution
Eq. (2). Symmetries will be used to reduce the Eq. (2) to ordinary differential equations (ODEs)
and corresponding exact solutions of the generalized fifth order non-linear evolution Eq. (2)

will be obtained.
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2. Symmetry analysis

Lie classical method of infinitesimal transformation groups reduces the number of independent
variables in partial differential equations (PDEs) and reduces the order of ODEs. Lie’s method
has been widely used in equations of mathematical physics and many other fields [11, 24]. In this
chapter, we will perform Lie symmetry analysis [17-19, 24] for the generalized fifth order non-
linear evolution Eq. (2).

Let the group of infinitesimal transformations be defined as:
t =t+et(x,t,u) + O(€?)

x* =x+e&(x,tu) + O(e?) (3)
u* =u+enx, t,u) +O(e?),

which leaves the Eq. (2) invariant. The infinitesimal transformations (3) are such that if u is
solution of Eq. (2), then u* is also a solution.

Herein, on invoking the invariance criterion as mentioned in [18], the following relation is
deduced:

nttt _ Tltxxxx _ a(nxxxuil + T]t”xxx) _ (204 Jr‘B) (ﬂxxuxt + T]Xtuxx) _ (0{ Jrﬁ) (T]xuxxt 4 nxxtux) — O, (4)

where %, nf, *t, 1%, %, nftt, % and ' are extended (prolonged) infinitesimals acting
on an enlarged space corresponding to uy, Uy, Uyt Uxx, Uxxx, Uttt Upxexe aNd Uy, Tespectively,
given by:
7" = Dyn) — uyDy& — Dy,
n' = Din — uxDyé — u;Dyr,
M = Da)" — e Dy — unDie T,
" = D" — D& _uy Dy, ®)
N = Dxf™ — e D& — izt DicT,
nm = Dmtt — Uyt Dy — up Dy,

xxxxt XXXX
n = Dt’] — Upprrx D€ — Ut Dy T,

where D, and Dy are total derivative operators with respect to x and t respectively given as:

D —E—i—u E—ku i—l—
YT ou Y ouy ’

D*9+u£+u i-I—
o ou T Mowy T

Now, after computing (5) we get:
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= 1+ (1, = &)t — Tetts — Eu13 — Tyttt
Tf =1+ (Tlu - Tt)”f — &ty — Tu”? — Eyuyy,
T =1, + e (20, — ExX) — tiTax +2 (N — 28xu) + v (1, — 2&5) — 20T — 205Uy Ty
- ”iéuu - uiutTW - zuxuxt’rl, — U Uy Ty — SUxlhrr &y,
77)“ =1y T Ux (nm - gxt) +1, (nxu - Txt) - u?cétu - ”%Txu — U &t — Uyt (Tt +& — 77,,) — UpTx
ety (1 — Exu) — UnlhxrEy — gl &y — Untlhy Ty — Ugtlhy Ty — USUpE g — Up U Tuy
= Uplly Ty — Ul Ty — Uiy,
e = M T (3nxxu — Exxx) — UpTyxy + Uxy (3nxu - 35;{;{) — Byt Ty — Uy Ty — Sl Ty
+ Mi (3r’xuu - 35”’4) + Uxlxy (3’qu - 953‘“) + Mi (nuuu - 35xuu> + Unxx (nu - 36%)
- Zuxuxt'rxu - ”iéuuu - 6uiuxx‘£uu - 3uxx25u - 4ux”xxx‘gu - 3utuiTxuu - 3”t”xxTxu
— AUy Ty — USUE Ty — Bty Ty — Ut Ty — Sy lhx Ty — Syt Ty
— Utlhxxx Ty,
nttt =M — Ul + ut<3nttu - Tttt) + u% (3771‘1414 - 3T“u) + u? (nuuu - 37[1114) - M?Tuuu - ”:tztBTu
— Buyuséyyy — 3”§”t5mu = Buxuyéyy — Ouyuéyy, — urylyy, + Uy (4T]xxxu —3&y — 5xxxx)
+ 3uy (mu - Ttt) — Uppy T — 2t (& 4 2Toxn )y + Unax (ﬂu - 2Tt) — Uyt — Unppthi&,,
— U E g — BUT Ut Ey — Bt — 201ty &y — ity (Ty + &) — Uthyy (9T — 317,
- 6ut2utt7uu — Bumé,,
nxxxxt = Mxxxt + Uy <4nxxxtu - gxxxxt) + UpTrxxxt — uiTxxxxu + Mi (6nxxtuu - 45xxxtu)
+ u73€ (4nxtuuu - 65’“”’“) + ui (ntuuuu - 4‘Sxtuuuu) - uiétuuuu - 4uxthxxt
+ Uy (67?”15” - 4£xxxt) + 2Uynt (zﬂxu —3&ux — ZTxt) + Unxx (4nxtu - 6£xxt)
+ Unxxx (Thu - 4£xt) + Unxt (6nxxu — 6Txxt — 4£xxx) + Unxx Ut <4quu - 16§xu)
+ Oy Uyt (nuu - 4§xu) + uxxxxut(nuu - 45xu> + Ay Uprxt (T]uu - 4£xu)
- 6uiutthxuu - 24uxutuxthxutt - 6uxxu?7:xxuu - 4”xutt7xxxu - Suxtuthxxu
- 10”;25uxxxtéuu - Suxutuxxxxguu - 30uxxuxxtux6uu - 20”xxxuxtux£uu
- 15u§x”xtéuu - 5”x”xxxxtéu - 10uxxuxxxtéu - 5uxtuxxxxéu - 10uxxt”xxx5u
- 5uxuxxxx§tu - 10uxxuxxxétu - 6u§uxxtTtuu - 12uxxuxtux7tuu - 4uxutuxxthuu
- 3uixutTtuu — 120 Uy Ty — AUy Uyy Tty — ”xxuxt(lsztu + 185xxu) — 18ttty
— 6U ey E oy — AUy Ut Ty — 6uixt’[u — UpUyxxx TU — SUypUyynt TU — Ol Uy TU
— Uyt TU — QU Ut TU — 12u§uxtﬂxuu — 240 U U TXUYU — 1200 U U TXUU

— 24u§tux’fxuu — 4ufuxxx'cxuu — 24U Uy Uy TXUU — 4ui’uxtt’muu — 12utu§uxxt’muu
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— 6uxxuttu§’fuuu — 12u§tu§muu — 4ufuxxx’cuuu — 24U U Uy Ut TUUU — 3ufu§xmuu
— 12U Uyt TXU — SUUsrer et TXU — 12U Ut TXU — 24Uy Ut TXU — Bl U TXU
3 2
— UpToxxx T ufnxxxxu - 1O”x”xxétuuu - 24uxuxx5xtuu + Uxlxx (12nxtuu - 185xxtu>
2,2 2 3
- 6uxuthxuuu - ux”t(4éxxxuu - 6Txxtuu) + uxut(4r'xmmu - 6'5xxuuu - 4Txtuuu)
4 2 3.2 3
+ ”x”t(ﬂuuuuu — A vy — Ttuuuu) + 6uxufnxxuuu — Ay Ty — 10U U U E iy
4 2 3
- 5uxuxtéuuuu + uxuxxut(6numm — 248 vy — 6Ttuuu) + U Uyt (4r]uuuu = 16&uuu — 4Ttuuu)
— 4uu — 24u} — 120t} Ty — 10Uty Ey — 1503112,E
x tt Txuuu ux”t”xthuuu uxx”t Txuuu uxuxxx xuu ”xuxx xXuu
+ 66Ut (21 — 2Tt — 3Exzun) + 6 2N e — 2Tt — 3z ) — 1003134
xYxt Uxmm Txtuu XXUU U Uty nxuuu Txtuu xxuu Uy Unext Syuy
2 2 2 4.2 3
- 1O”t”x”xxx£uuu - 3ouxxuxtu”x£uuu - 15uxxuxut£uuu — U Uy Tyyyuu — 8uxutuxtTuuuu (6)
5 4 2.2
x xxxu
+ uxut(4n XU F— 4Txxxtu> - uxutéuuuuu — Uy Ut Tyyuu — 6uxutuxxTuuuu
2 2 2
- 4ux”¢’[xxxuu + 6uxutt7]tuuu - 24uxuxxt5xuu + 120 tiyrty (nuuu - 4£xuu) — 16Uy st Sy
2 2
- 12uxx”t5xuu + ”x”xxtlznxuu + ”xxxut4nxuu + ”xxuxtnxuu - 6”xuxxxttTuu - Sux”t”xxxtTuu
2
— 12Ut Uty Ty — 24U Ut U Ty — AU Ut Uy Ty — Ui Uxexxex Ty — 120y iU Ty
— Sl Ut Uy Ty, — 3UZ Ut T — 12012, T + 611 + 4uuu +3u*u
xxx UxtWt byuy xx At buu xxYxt Luu X xxtnmm x Ut xxxrluw xx tnuuu
2
— 12U U Toxty — OUx Uy Tty + U Urx (ntuu - 16£xtu) + Uy (ntuu - 12‘Extu> — Bty Uyt
— At Uy E ey + 12“x”xtnxxuu + 6”xxutnxxuu = 128U Toxss — 120U Uiy Ty — OUx Ut Tax
2
- 12”xt7xxu - 4uxxxuxthu - 6uxxuxxt'7:tu — Utlyxxx Tty — 4uxuxxxt'7:tu - 6uxxtthx
— Attt — Unxrrx St + Uzpxnt (T]u - Tt — 4‘5}() — Ut Ut Ty — Uenrrx e &y Ty
The Lie classical method for determining the similarity variables of (2) is mainly consists of
finding the infinitesimals 7, £, and n, which are functions of x, f, u. After substituting the values
of n%, nf, ™, ™, ™, ™, n*** and ™ from (5) to (4) and equating the coefficients of different

differentials of u to zero, we get a number of PDEs in 7, &, and 1), that need to be satisfied. Solving
these system of PDEs, we obtain the infinitesimals 7, &, and 7 as follows:

T=C +1tCy
X

§—C2+EC4 @)
u

n=2=Cs —§C4,

where Cy, C, C3, and C, are arbitrary constants.
Corresponding vector fields can be written as:

0 0 8] x 0 O uod
V1—a,Vz—afva—a,vzt—ia-f-fa—za- (8)
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3. Symmetry reductions and invariant solutions

To obtain the symmetry reductions of Eq. (2), we have to solve the characteristic equation:

b _dt_du

E 1 n ©)

where &, T and 7 are given by Eq. (7).

To solve Eq. (9), following cases will be considered: (i) Vi + uV> + AV3 and (i) V4, where y, A
are arbitrary constants.

Case (i) Vi + uVo + AV3
On solving Egs. (9) we have,

p=x—ut

u=At+F(p), 10)

where p is new independent variables and F(p) is new dependent variable. Substituting (10)
into Eq. (2), we obtain the reduced ODE which reads:

[y(Za +‘B>F/ _ #3 o 0(/\}1:”/ + ‘u{(Za +5)F//2 +F/////} _ O, (11)
where primes (') denotes derivative with respect to p.
Let assume the solution of ODE (11) in following form:

a
F:ao+a1p+;2, (12)

where a9, a1, and a, needs to be determined. Substituting (12) into ODE (11) and equating
coefficients of the different powers of p equal to zero, we obtain:

ag = arbitrary

5= 12+ ad

1T uRatp) (13)
12

a2—2a+ﬁ.

Corresponding solution of ODE (11) can be written as:

_ @+ al 12
Fom (u(2a+ﬁ)>p+ (2a+B)p’ .

where  # —2a.
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Corresponding solution of main Eq. (2) is given by:

B 1 +al B 12
Mnﬂ_m+%+<ﬁﬂiﬁ>& wwjﬁjﬁajﬁy (15)

with § # —2a.
Some more solutions of ODE (11) are given by:

6 A+ ud A+ ud
(I)F(p) =b; + @tanh (bl — H(aﬂl)l)) Wlthﬁ + —2a,

u(2a+p) 2u

with f = —2a, (16)

plad+p)p
I

(11) F(p) = by + bscosh (bz +

Ju(aAd+ud)p ald+ ud
4

’

(iii) F(p) = bs + bscoth (

where by, by, b3, by and bs are arbitrary constants.

Corresponding solutions of main Eq. (2) are given by:

(Du(x,t) = At+bs £

Syulad+w) b plad+u) (x — pt)
uRa+p) 2u

)withﬁ # —2a, (17)

plad+p)(x — pt)
u

(i))u(x,t) = At+ by + bscosh (bz + )withﬁ = —2a, (18)

1 @A+ 1) (x - uﬂ)

(iit)u(x, t) = At + b3 + bycoth (bl + 3

IS
(19)
2 plad+u?
with g = — (—b4a+3¥ ,
b4 u
where by, by, b3, by, and b5 are arbitrary constants.
Case (ii) V4
On solving Eq. (9) for vector field V4, we have:
t
- 2 (20)
__Gl9)
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where ¢ is new independent variables and G(¢) is new dependent variable. Substituting (20)
into Eq. (2), we obtain the reduced ODE which reads
(138a + 54B)pG'* + (8(beta + 2a)p°G" + (30 + 188)G + (148a + 686)H*G" — 360) G’
+8(B +2a)°G" + 4(a + B)$*GG" + (264 + 22B) GG — 16¢*G™" + (1 — 10204%)G"”
~1320G" — 240¢°G"" = 0,

(21)
where primes (') denotes derivatives with respect to ¢.
Let assume the solution of ODE (21) in following form:
G o bz bl 2
—$+a+u0+al¢)+a2¢/ (22)

where by, by, ag, a1 and a, needs to be determined.

Substituting (22) into ODE (21) and equating coefficients of the different powers of ¢ equal to
zero, we obtain:

. . 1
(i) ap = arbitrary, a1 = a, =by =0,b, = 5a + 36
. (23)
(if) ap = @y = ap = 0, by = arbitrary, by = m
Corresponding solution of ODE (21) can be written as:
(i)G= . +a
" (Ba+3p)p?
(24)
.. 1 by
(i) G=————5+—,
(5a+3p)p> @
where b, is arbitrary constant.
Corresponding solution of main Eq. (2) can be written as:
1 x*
() u(x,t) = - (— + ao>,
x \ (5a + 3p) 1

3
R T

where by is arbitrary constant.
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4. Conclusion

In this chapter, we derived the symmetry variables and symmetry transformations of the gener-
alized fifth order non-linear partial differential equation. We applied Lie symmetry analysis for
investigating considered nonlinear partial differential equation and using similarity variables,
given equation is reduced into ordinary differential equations. We derived explicit exact solu-
tions of considered partial differential equation corresponding to each ordinary differential equ-
ation obtained by reduction.
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Abstract

An optimal estimator for continuous nonlinear systems with nonlinear dynamics, and
nonlinear measurement based on the continuous least square error criterion is derived.
The solution is exact, explicit, in closed form and gives recursive formulas of the optimal
filter. For the derivation of the filter, the following elements are combined: (i) the least
squares (LS) criterion based on statistical-deterministic-likelihood approach to estimation;
(ii) the state-dependent coefficient (SDC) form representation of the nonlinear system; and
(iii) the calculus of variation. The resulting filter is optimal per sample. The filter’s gains
need the solution of a nonsymmetric differential matrix Riccati equation. The stability of
the estimator is investigated. The performances are demonstrated by simulation of the
Van der Pol equation with noisy nonlinear measurement, and system driving noise.

Keywords: nonlinear system, nonlinear estimator, Van der Pol equation, nonsymmetric
differential matrix Riccati equation, optimal estimator, stability of nonlinear filter

1. Introduction

The Kalman filter and the Kalman-Bucy filter [1, 2] solved the problem of optimal estimation of
stochastic and deterministic linear systems. Since then, there is a continuing research on estima-
tion of nonlinear systems.

There are many different approaches for the state reconstruction, estimation, and filtering of
nonlinear systems, for a recent review, see [3, 4] and the references within. The space in this
chapter is too short to cover them. These approaches can be classified roughly into two types:
the stochastic approach and the statistical-deterministic-likelihood approach.

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgIN
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The stochastic approach is based on the It calculus and computation of the conditional
probabilities by the Kolmogorov’s forward/Fokker-Plank equation or Zakai’s equation that
are difficult to solve and usually need numerical solution, e.g., see a numerical approach to
the filtering problem for a class of nonlinear time-varying systems [5]. The innovations
approach to the nonlinear estimation in a white noise is presented in [6]. However, explicit
result for a specific nonlinear system is difficult to arrive at. Thus, when a closed-form estima-
tor is sought, the stochastic approach leads, in general, to suboptimal and approximate solu-
tions. The exceptions are [7, 8], where some restricted cases for which closed-form solutions of
the optimal filtering equations of continuous systems are presented. Moreover, it was shown
that generally the stochastic approach leads to infinite dimensional solution of the optimal
estimator [9]. Different classes of nonlinear systems for which there is a closed-form explicit
solution are presented in [10, 11] for the nonlinear problem of estimating the parameters of
linear system with unknown coefficients. These belong to the specific class of nonlinear sys-
tems for which a general solution is presented in [12], Chapter 10.

The Kalman filter [1, 2] was obtained as well by solving the dual of the linear quadratic control
problem criterion [13-15] by calculus of variations within the framework using the statistical-
deterministic-likelihood approach. The dual of the LQ criterion is the least squares (LS) criterion
also called the mean squares error (MSE) criterion, or joint maximum likelihood (JML) criterion
[15-17], or just maximum likelihood (ML). The statistical-deterministic-likelihood approach has
been used to derive filters of linear systems [13, 15]. For linear system, this approach leads to the
structure of the Kalman and Kalman-Bucy filters. This shows that the Kalman and Kalman-Bucy
filters are not only optimal estimators on the average but also optimal estimators for a single
sample. Within the likelihood approach [18], the noises are white and the criterion is the likeli-
hood functional [15]. The deterministic variational approach has been applied in [18] to nonlinear
system. Within the statistical-deterministic-likelihood approach [13, 19], the input disturbance
and output measurement error are considered as disturbances with unknown statistics ([20], p.
361). This approach is based on the calculus of variations [13] and has been widely used for
numerical implicit computations of estimates and smoothers for nonlinear dynamic systems [21].

Thus, the statistical-deterministic-likelihood approach is most tempting for application in
developing filters of nonlinear systems [18]. Mortensen [18] derives the general structure of
the optimal recursive estimator’s state propagation equation derived from the likelihood
approach point of view. This solution has the structure of the state propagation equation of
the extended Kalman filter (EKF) thus justifying its usage beyond the heuristic of usage as the
first-order Taylor series expansion. However, Mortensen [18] does not derive the respective
equation of the gain. Moreover, Mortensen [18] states that the computation of the gain “...
suffers from the same kind moment problem or closure problem as does the minimum vari-
ance nonlinear filtering.” This means that the derived estimation error gain is not feasible. The
solution in this chapter shows that the statistical-deterministic-likelihood approach based on
the calculus of variations leads to a solution that is not plagued with the closure problem.

The most popular estimation filter of nonlinear systems is the EKF. The EKF uses the Jacobian f, of
the system'’s differential equations function ¥ = f(x) and Jacobian m, of the measurement’s equa-
tions y = m(x) for computation of the estimator’s gain. The stability of the EKF is not guaranteed.
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An additional estimation filter of nonlinear systems that has been developed in the recent
years with success is the state-dependent differential/difference Riccati equation (SDRE/
SDDRE)-based filter of nonlinear system [22-25]. This has been enabled by the introduction
of the state-dependent coefficient (SDC) form [23, 24] approach to filtering. The SDC form
represents the nonlinear equation in the quasilinear form ¥ = F(x)x and y = M(x)x. The SDC
representation always exists albeit it is not unique. The observability and controllability of the
SDC representation are needed; however, for any SDC form, they are not guaranteed. Finding-
synthesizing a controllable and observable SDC form representation can be difficult and is not
trivial. This problem is dealt with in [26-29] and some approaches to synthesize feasible SDC
forms are proposed. The selection of the “best” SDC is dealt with in [26, 27, 29]. The global
uniform stability properties of the SDRE-based filter have been proved only lately in [30-33].

Since Mortensen’s derivation [18], no progress has been made [4, 34, 35] in explicitly solving
the optimal nonlinear filtering problem till [16, 17, 36-38] for continuous nonlinear systems
and [39] for discrete nonlinear systems.

This chapter combines: (i) the LS criterion based on the statistical-deterministic-likelihood
approach to estimation; (ii) the SDC form representation of the nonlinear system; and
(iii) the calculus of variations; for derivation of a recursive filter in the form of a differential
equation as the filter-estimator for nonlinear systems with nonlinear dynamics and nonlinear
measurement.

This chapter is based on the preliminary publication [16]. The results for nonlinear time-varying
system are presented in [17], for system with input in [37] and for the H., criterion in [38].

The presented approach leads to an optimal, exact, explicit, closed-form, and recursive solu-
tion, where state propagation equation is as derived in [18] (and is that as of the EKF). This
filter is called here the recursive nonlinear least squares (RNLS) filter. The optimal gain is
computed via the solution of a nonsymmetric differential matrix Riccati equation (NDMRE)
that uses the respective Jacobians and the SDC form representation.

The importance and novelty of the result in this chapter are:

i.  An optimal, exact, explicit, closed-form, and recursive solution to the estimation of
nonlinear time-varying systems based on the quadratic least-squares criterion is presented.

ii. The fact that the optimal filter of nonlinear systems can be derived by calculus of varia-
tions is highlighted.

iii. The optimal filter can be taught to students that are familiar with calculus of variations
before mastering stochastic calculus.

The RNLS-based filter, the EKF, and the SDDRE-based filter were compared on a common
basis in [36, 40].

In the chapter, derivation of the result is presented. The performances of the RNLS-based filter
are demonstrated with the Van der Pol differential equation driven by a band-limited noise,
and the nonlinear measurement is noise corrupted.
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2. Problem statement

A general nonlinear system is dealt with. Let the reality be represented by:

C(t) = @), w(1),  Clt) =G

@
y(t) = n(C(D), v(1))

where ((1) is the real state (unknown and of unknown dimension), y(t) is the measured output,
u(t) is the measurement noise, w(t) is the system driving noise, and the functions ¢ and 7
represent the reality. The functions ¢ and 7 that describe the real system cannot be either
precisely represented or are unknown precisely up to the last detail (e.g., the output measure-
ment function may include some measurement noise or themselves exhibit random uncertain
behavior). For the design of the observer, we use the representation model given by:

x(t) = f(x(t),w(t),  x(t) = %

@)
y(8) = m(x(8), o(t))

where x(t) € R" is the state of the model, y(t) € R” is the model output, w(t) € R" is the system
driving disturbance noise, v(t) € R” is the measurement noise, f{.)R" x R" — R" and m(.):
R" x R? — R are the representation (model, ie., exactly known) of the reality and thus
approximation of the reality, w(t) and v(t) are the functions of time that represent the difference
between the reality and its model. It is assumed that the time functions w(t) and v(t) and the
initial conditions, x,, are of “unknown character” ([15], Section 5.3), i.e., with unknown statis-
tics [18] ([20], p. 361).

The problem: Derive a recursive estimator (in form of a differential equation) for the state of
the model, x(t), from the output measurements.

The continuous least square criterion is used [13-15] in the evaluation of the optimal estimator
of linear systems. The covariance constraint and the minimum model error concepts [21]
rationalize this approach as well.

The continuous least squares criterion is the dual of the LQ criterion for the control problem.

The objective is ([15], Eq. 5.24)
(x(t) — Y(to))TP;l(x(i—LO) —X(t))

J(t) =5 [y(0) — m(x(r),0(7)] "R [y(7) — m(x(1), o(7))] ®)
+J dt

w L+w()'Q Mw(x)

where Q is an a priori estimate of the driving force errors, w(t), Q € R" 7, Q> 0, R is an a priori
estimate of the measurement noise errors, v(t), R € R” * 7, R >0, P is an a priori covariance
estimate of the initial conditions errors, P;, € R" * ", P > 0, X(t,) is an a priori estimate of the
initial conditions.
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We wish to minimize the continuous least squares error objective (3) with respect to w(7),
t, < 7 < t subject to the model (2) in order to find an estimate of x(7). That is, we are looking
for the representation-realization of the difference between the reality and the model, w(t), that
best fits, the observations. In other words and roughly speaking, “we want to pass the solution
to Eq. (3) as closely as possible, through the observations.” The presented approach also
constitutes the statistical methods approach to filtering ([15], Section 5.3).

The problem above is solvable by a batch solution [21] that will minimize the objective (3).
Here, we look for a recursive solution in the form of differential equations.

Throughout the chapter, it is assumed that all functions satisfy the necessary boundedness,
smoothness, and differentiability conditions for existence of solution.

3. The state-dependent coefficient—SDC form

In this chapter, we deal with a specific structure of the model of the nonlinear system (2). It is
assumed that:

I. Eq. (2) is partitioned as (with a slight abuse of notation):
flx,w)=f(x(t)) + Gw(t), x(t) = xo,

m(x,v) =m(x(t)) + v(t) @)
II. At the origin, we have
f(0)=0
m(0) =0 ©)
Then, by defining the state-dependent coefficient form (SDC) [23] as
f(x(#)) = F(x(t))x(t) ©)
m(x(t)) = M(x(t))x(t)
The dynamic equations of the system (4) are written as
x(t) = F(x(0)x(t) + Gw(t), x(t,) = x,, )

y(t) = M(x(£))x(t) + o(t)

where FER" *", GeR" * ", M € R” * ". The SDC form (6) always exists albeit is not unique. It
is assumed that all matrices F(&), M(&), are piecewise continuous and uniformly bounded with
respect to all variables.! An important property of the SDC representation, that is needed, is its
observability and controllability as a time-varying system along all trajectories that the RNLS
filter can attain. The observability and/or controllability of a specific SDC form are not

"Not all nonlinear system can be represented in the SDC form with uniformly bounded F(x), M(x).
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guaranteed. Finding-synthesizing a controllable and an observable SDC form representation
can be difficult and is not trivial. This problem is dealt with in [26—29] where some approaches
to synthesize feasible SDC forms are proposed.

4. Derivation of the main result

In this section, the main result is derived for the specific structure of the nonlinear system (7),
i.e., nonlinear dynamics, f{x(t)), nonlinear measurement, m(x(t)), that are represented in the
SDC form given in Eq. (6), and the quadratic criterion

(x(to) = X(t))" Py, (x(to) — X(t))

1
=3 +J () IR fy(2) — m(x(2))] + (1) Q Meo(r)] dr

0

that is minimized with respect to, w(t), subject to Eq. (7). Calculus of variations is applied in
derivation of the main result for nonlinear systems (7). The Hamiltonian is

Hx A 8) = 5 [y(0) — mG() TRy (6) — m(x(1)]

©)
w(t) Q7 Mw(t) — A1) [f(x(r)) + Gu(1)]

where A(t) is the costate.
The necessary conditions for optimality ([15], Example 7.11) are

H, =0

Alt) =

1 6 o~ — Tp—1/~ —
Albo) = 5 55y (o) = ¥(te)) P (3 (k) —X(8o)) (10)

A(t) = 0 since x(f) is free
Q'>0P'>0R"'>0
This gives
Hy,=w®)'Q'-AB'G=0
i) = [y~ mEOIR [-mez0)] - A0 E )] (1)

Alty) = ®(t,) — x(t,)) P,

This leads to the nonlinear two-point boundary value problem (TPBVP) for f,<7<t,
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(1) = QG A(7)

—x(1) = f(X(1)) + GQG"A(1); x(t,) = %(t,) + Py A(t) (12)

A0 =-Ifs (®(0)] A1) = [meR()] R [y(1) = mE@)]; At) =0

4.1. Explicit solution of the TPBVP

The system’s dynamic equation (Eq. (4)) in the SDC form is Eq. (7). Thus, the optimal solution
is given by the TPBVP.

(1) = QGTA(7)
—x(1) = F(x(1))%(1) + GQG'A(); %(t,) = X(t,) + Py A(t,) (13)

T 20) = [ G A ~ e GER y(r) - ME@R@EAD =0 (14

The usage of the SDC form converts the nonlinear TPBVP (Eq. (12)) to a time-varying TPBVP
(Eq. (13)) thus enables a causal solution. This is as up to the current time, as the solution
propagates forward in time, X(¢) is a known function of time and the integration goes forward
in time. The solution follows [16]. For illustration, the “homogeneous” case is presented here.
In this case, the TPBVP is

a5
drt

T20) =[G U@+ I GEIRME@RE; A0 =0

(1) = F&E(1))%(1) + GQGTA(1);  X(t,) = %(ty) + Py A(t,) 5)

By setting ¥(t) = P(t)A(7) in Eq. (15), the nonsymmetric differential matrix Riccati equation is
given by:
P = F(&(1))P + P[f(X(1))]" + GQGT — Plm; (R (1)) 'R'M(%(1))P, P(t.)=P,  (16)

The solution of the nonhomogeneous time-varying TPBVP (Egs. (13) and (14)) is hinted by the
necessary condition X(f,) = X(t,) + P, A(f,). The derivation then follows closely [16].

4.2. The main result

The solution in the form of differential equations, the continuous recursive nonlinear least
squares (RNLS) filter, is given by:

() = fE) + KED), D) —mE(E)], (k) =%,
or (17)
x(t) = FER(1)F(D) + KE(E), ly(H) — MED)RD)],  Z(t) = %o
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where the filter’s gain is
K(@(t),#) = PR(1), )[ms (2()] 'R (18)
and P(x(t), ) is given by the nonsymmetric differential matrix Riccati equation

P(R(t), 1) = FE(1)PE (), B) + PE(D, 1) [f&(1)]
+GQGT — PR (), O[m; G())) " RME(H))P(E(H),1);  P(t.) =Py

where X (t) is the estimated state and f(x) = F(x)x, f (x) = aj;(;d, m(x) = M(x)x, ny(x) = 22,

Notice:

i.  The first term of the right-hand side of Eq. (19) includes the SDC form and the second
term includes the Jacobian and same is in the last term. The SDC and the Jacobian are
equal for linear systems only.

ii.  X(t) is known up to the current time t. Thus, Eq. (17) can be propagated forward in time.

iii. The solution requires the solution of the nonsymmetric differential matrix Riccati equa-
tion (Eq. (19)) and the solution, P, is nonsymmetric.

iv.  The solution of the nonsymmetric Riccati matrix equation depends on the estimated state
x(t), and is formally denoted P(x(t),t).

v.  Notice that the state propagation Eq. (19) has exactly the same structure as derived by
Mortensen [18] and used by the EKF. The solution of Egs. (18) and (19) gives explicitly the
filter’s gain.

vi. In[18], it is claimed that computation of the filter’s optimal gain, P, (Egs. (18) and (19))
suffers from “...the moment or closure problem...”. In this chapter, it is shown that the
filter’s optimal gain is solved completely and explicitly by the NDMRE (Eq. (19)).

4.3. A compact form of the optimal solution

In order to enable better understanding of Eq. (17-19), the following presents Eq. (17-19) by
suppressing the explicit and implicit dependence on time.” The optimal filter is

X =IZ+K[y— Mz, Z(t,) =%, (20)
K =PmIR™! 1)
P =FP + Pf] + GQG" — PmIR"'MP; P(t,) =P, (22)

or

2Explicit on time, ¢, and implicitly through the estimated state, X (t).
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P=FP+P| dT + GQG" — KMP; P(t,) = Py, (23)
One can clearly see that for linear system, Eq. (20-22) gets the structure of the Kalman filter as

then F = f, and M = m;.

5. Stability analysis of the RNLS estimator

The deterministic stability of the RNLS estimator-filter along the filter’s trajectories Eq. (20-22) is
considered. Recall that optimality does not guarantee stability. The stability of the RNLS filter is
connected to the stability of the NDMRE equation. Let us consider the system/observer:

% = FX + K[y — M%] = [F — KMJZ + Ky, X(to) =%, (24)
K=PM'R™! (25)
P = FP + PFT + GQG" — PM"R'MP; P(t,) =Py, (26)

where the explicit and implicit time dependency is suppressed as in the previous section. Egs.
(24-26) are actually the deterministic SDDRE-based observer of Eq. (7) whose stability is
treated in [31-33]. The matrix Riccati equation (Eq. (26)) is symmetric.

First, existing result on the stability of optimal estimators of system Egs. (24-26) as a linear
time-varying system is cited. The following result is valid for linear time-invariant and time-
variant systems.

Theorem 1. [31, 32, 41] Consider the symmetric Riccati equation (Eq. (26)) where Q>0,R > 0
and P, > 0 are symmetric, (F, M) is detectable, and (F ,GQY/ 2) is stabilizable. Then, there exists
K = PM'R™" such that F — KMis asymptotically stable.

A Lyapunov function for the autonomous system Eqs. (24-26) (i.e. y = 0) is
V() ==z P LB)R(H) 27)

For which
V(t) = —%(H)" P T[GQGT + PMTRMP]P'%(1) (28)

where [GQG" + PM"R™'MP] is positive definite.

Next, the NDMRE equation is considered. It is dealt with in [42-46]. The only reference that is
directly addressing the stability issue of an NDMRE is [42] (Chapter 9). The Riccati equation
related to the time-invariant control problem is dealt with in [42] (Theorem 9.1.23 and Remark
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9.1.24). Although not explicitly stated, these results apply as well to time-varying systems.
Motivated by this theorem and remark, translated by duality to the estimation problem, the
following conjecture is formulated.

Conjecture 1. Consider the nonsymmetric differential Riccati matrix equation.
P =FP+Pf. + GQG" — PmIR"'MP, P(t,) =P, (29)

where Q>0,R > 0 are symmetric, (F,M) and (f;,m;) are detectable, and (F, GQY/ 2) and

(f A,GQl/ 2) are stabilizable. Then, there exist K; = PMTR™! and K; = ngR’l such that

X

F - KM and f; — Kom; are stable.

This conjecture is supported by [42] (Theorem 9.1.23 and Remark 9.1.24). The requirement
of detectability (observability) and stabilizability (controllability) is not explicitly required
in [42] (supposedly they appear implicitly). This conjecture means that the filter given by
Egs. (20-22) is stable. An issue under research is (loosely): in addition to the conditions in
Conjecture 1, the boundedness conditions of all matrices and variables (the output and
system driving noise and measurement noise) are sufficient conditions for this stability, as
for the SDDRE-based filter [31-33]?

Notice that for the symmetric case, this well-known result for linear system results in Theorem 1.

The stability of the RNLS filter is investigated via Lyapunov analysis. As the solution of the
nonsymmetric Riccati equation in Eq. (19) is eventually not symmetric, the following symmet-
ric Lyapunov function is dealt with here:

1 rip1 o
V=ox (P 4+ PT)x (30)

The derivative of the Lyapunov function is [47]

PTP(M'R™'M +mIR 'my)

, —P"P(M — my) 'R (M —
V= _le ’ (T 717”X) o ( - 711;) @31)
2 | +PT'GQG'PT +P'GQG'P
+(fx_F)TP71 +P7T(fx_F)
For linear system, F = f,, M = m;, we have Eq. (28).
The first terms in Eq. (31) are potentially nonnegative definite
PTP(M'R™'M + m{R™"m,) 20 (32)

The second term in Eq. (31) is negative (nonpositive) definite

—PTP(M — m,)" R (M — m,) 20 (33)
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The next two terms in Eq. (31) are indefinite and can be negative
P'GQGTP ' + P TGQGTP T (34)
The last two terms in Eq. (31)

(fe—F)'Pu + P T (f, — F) (35)

are indefinite.

The discussion above hints that for small nonsymmetry, for sure, the NDMRE stabilizes the
RNLS filter. The stability of the RNLS filter is summarized in the following conjecture. Further
results are beyond the scope of this chapter.

Conjecture 2: If

i.  The nonlinearities are such that ||f, — F|| and |/m, — M]| are bounded/uniformly bounded
and sufficiently small,

ii. The observability and controllability conditions are satisfied along the filter trajectories,
then the RNLS filter is asymptotically stable.

Remark: Simulation results show/hint that as long as the incremental observability matrices

on(ee.Me) = | b ). mt) =
M(x)F(x)"*l iz (x)
and the incremental controllability matrices
Co(F(),6Q"2) = [GQ* Fx)GQ'? - F(x)"'GQ"?],
Co(f,(x),6Q") = [GQ"* f,()GQ* - f,(x)"'GQ"?]

along the estimator’s trajectory of the RNLS filter are nonsingular, i.e.,

rank[Ob(F(x), M(x))] = n, rank [Ob(f (x), mx(x))]| = n, rank {Co (F(x), GQl/zﬂ = n,and

rank {Co (fx(x), GQl/Z)} =n

then: (i) the estimation errors of the filter for the deterministic case, i.e., w(t) = 0 and v(t) = 0,
converge to zero; and (ii) for the case with bounded disturbance and bounded measurement
noise, the estimation errors are bounded, i.e., do not diverge.
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6. Example

This section demonstrates the performance of the RNLS-based estimator on a generalized
nonlinear time-varying Van der Pol differential equation driven by band-limited noise and

noise-corrupted nonlinear measurement. The state is x = [g & ] ! interpreted as position and
velocity. The Van der Pol equation is

pE+2c(E -1)é+kE=w

That can be put in matrix form as:

i@— [Ok _f&—l)]@*mw

The noisy measurement is

Then, we have

and the Jacobian is

+
goou
m(x) = J
V14 &
1
M(x):{ 1+& O}
1
My (x) = (1+52)3/2 01
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The observability matrices are

1
V148
Ob(F(), MG = | VIFE
0 .
V1t&
1
0
3/2
1+&
Ob(f (x),my(x)) = ( ) 1
0
(148
and controllability matrices are
0 1

Co(F(x),GQ1/2)= | _X@y) Q2
U

0 1
Coff,(.6Q"%) = | 2z _y)|Q"
U

The observability and controllability matrices have full rank for all bounded trajectories.

The system and the RNLS estimator were implemented in SIIMULINK® with the following
parameters:

T;=0.1 msec Sampling interval

u=1 Mass

c=0.01 Damping coefficient

k=01 Spring stiffness

R=1e-5[1/Hz] Spectral density of the measurement noise—v
Q = 1e0 [(1/sec®)?*/Hz] Spectral density of the system driving noise—w
P, =10.001 0; 0 0.001] Initial condition of the P matrix

x(t,) =[2 0]" Initial conditions of the state

The measurement noise and system driving noises are white in 100 [rad/sec] bandwidth.
The following figures present the performances of the RNLS filter. Figure 1 presents the
measured output—y and the estimated output versus time. Figure 2 presents the real (true)

position—¢ and the estimated position—g versus time. Figure 3 presents the real (true)

velocity —& and the estimated Velocity—g versus time. The transient performance is demon-
strated. Figure 4 presents the filter’s gains: gain of the position state, K1, and the gain of the
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measured and estimated output
1 ..5 T T T
— measurad output
m— gstimated oulput

-0.5

5 10 15 20
time [sec]

Figure 1. The measured output—y and the estimated output versus time.

real and estimated position
1n T ¥

m— rgal position
m— gstimated position

=]

state no. 1 — position
k3

& & kb

0 & 10 15 20
time [sec]

Figure 2. The real position—x and the estimated position state—X versus time.
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real and estimated velocity

12

10

state no. 2 - velocity

= raal velocity
m— gstimated velocity |

10 15 20
time [sec]

Figure 3. The real velocity—x and the estimated Velocity—%, versus time.

350

300+

250 F

200

gains

150

100

gains of the filter

—

5 10 15 20

time: [sec]

Figure 4. Filter’s gains, K1 gain of the position state, K2 gain of the velocity state, versus time.

173



174 Nonlinear Systems - Modeling, Estimation, and Stability
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solution of the nonsymmetric Riccati equation

— F‘"
— F"12 a
Py
—
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Figure 5. The terms of the solution of the Riccati equation—P matrix, versus time.

=12
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estimation errors

-6

-4 -2 0
velocity estimation error

Figure 6. Phase plane plot of velocity versus position estimation errors.
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velocity state, K2, versus time. Figure 5 shows the solution of the Riccati equation matrix, P,
versus time. One can clearly see that the P matrix is nonsymmetric P12 # P21.

Figure 6 presents the phase plane plot of the velocity estimation error versus the position
estimation errors. One can see that following the initial transient, the estimation errors concen-
trate around the origin.

7. Conclusions

The mean least square error criterion has been used to derive the optimal estimator for
continuous nonlinear systems with nonlinear dynamics and nonlinear measurement. The
solution is exact, explicit, in closed form, and in recursive form. Simulation example demon-
strates the performance.
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Abstract

The constrained unitary formalism to fuzzy fault detection filter synthesis for one class of
nonlinear systems, representable by continuous-time Takagi-Sugeno fuzzy models, is
presented in the chapter. In particular, a way to produce the special set of matrix param-
eters of the fuzzy filter is proposed to obtain the desired H.. norm properties of the filter
transfer function matrix. The significance of the treatment in relation to the systems under
influence of actuator faults is analyzed in this context, and relations to corresponding
setting of singular values of filters are discussed.

Keywords: multiple models, continuous-time Takagi-Sugeno fuzzy models, fuzzy fault
detection filters, fuzzy state observers

1. Introduction

Since the work of Hou and Patton [1], there has been much interest in the design of fault
residuals for linear systems that use H../H_ optimization principle in transfer function matrix
of fault detection filter designed to scale up fault detection punctuality and high sensitivity to
faults [2]. While retaining these features, a novel class of fault detection filters are proposed in
[3, 4], preserving the unitary implementation of the fault detection filter transfer function
matrix and receipting residual signal directional properties. However, the use of this method-
ology for Takagi-Sugeno (TS) fuzzy systems hits the boundaries of the working sectors and
requires special adaptations.

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
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Considering the properties of TS fuzzy models [5, 6], and some specifics in frequency character-
istic evaluation of multiple model structures, the approach proposed in the chapter reformulates
the H.. norm technique suitable in TS fuzzy fault detection filter design. The problem is solved
via unitary modal technique when every linear TS fuzzy filter part is designed to have the same
singular values of the transfer function matrix. Since working sector constraints may cause that
the stable linear filter component cannot be obtained for a linear part in TS fuzzy model, to
maintain H.. norm of the filter, the LQ modal control principle [7] is used for additional stabili-
zation. Because additional stabilization aggravates directional properties of the applied linear
part, in general, if additional stabilization is necessary, the residuals are only quasi-directional. It
is immediately apparent that the formulated problem is related to forcing the singular values
conditioned as state observer dynamics. The chosen model of the system is selected for this
chapter to be sufficiently complex in illustration of all these specifics of synthesis.

Throughout the chapter, the following notations are used: T and X denote the transpose
of the vector x and the matrix X, respectively; for a square matrix X >0 means that X is a
symmetric positive semi-definite matrix; the symbol I,, indicates the nth-order unit matrix; R
denotes the set of real numbers; and R" and R"*" refer to the set of all n-dimensional real
vectors and n X r real matrices.

2. System description

The considered class of the Takagi-Sugeno dynamic systems with additive faults is described
as the following;:

§(0) = S 00 (Aq(t) + Bu(t) + B () )
=1

y(t) = Cq(t) 2)

where q(t) € R", u(t) € R, and y(t) € R" stand for state, control input, and measurable output,
respectively; f(t) € R? is an additive fault vector; A; € R"™", B;e R"*", F;e R"?, Ce R"™", and
m = p and the matrix products V; = CF; and V; € R"*™ are regular matrices for all .

The variables Qj(t) andj=1,2, ..., 0, bound with the sector TS model, span the o-dimensional
vector of premise variables:

0(t) = [61(t) Oa(t) - (1)) ®)

and [8]

> hi(0() =1 @

where h;(0(t)),i = 1,2, ..., s is the set of normalized membership function. It is supposed that
the measurable premise variables, the nonlinear sectors, and the normalized membership
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functions are chosen in such a way that the pairs (A;, B;) are controllable and the pairs (A4;, C)
are observable for all i.

3. Basic preliminaries from linear systems

Let the state-space description of a linear continuous-time dynamic systems take the form with
equivalent meanings and dimensions as they are described in Section 2. The nature of the
characterization of expected solutions to the system [(5), (6)] is given by the following results.

q(t) = Aq(t) + Bu(t) + Ff(t) )
y(t) = Cq(t) (6)

Definition 1[9, 10] If A has no imaginary eigenvalues, the H.. norm of the system transfer function matrix

G(s)=C(sI, —A)"'B @)
is
1G(s)]l.. = sulz 01(G(jw)) = suplz €1(G* (jw)G(jw)) 8)

while the kth singular value o;, of the complex matrix G(jw) is the nonnegative square root
of the kth largest eigenvalue ¢, of G*(jw)G(jw), G*(jw) is the adjoint of G(jw), and o is the
largest singular value. The singular values of the transfer function matrix G(s) are evaluated
on the imaginary axis, and it is assumed that the singular values are ordered such that
ox20k1, k=1,2,...,n—1.

To apply in design methodology, the following result from [4] is quoted.

Lemma 1 If m =p and V = CF are regular matrices, then the system matrix factorization can be
realized such that

cC=[V 0]T, TP:B’"} 9)

and the transform matrix T € R™*" takes the form

v-ic

T = £

where V-1Ce R™", F* € R"™*" and F* are the left orthogonal complements to F.

The idea of the following condition was derived originally as an approximation in the fre-
quency domain for the fault transfer function matrix reflecting Eqgs. (5) and (6) from [12]. Here,
it is demonstrated that it can be simply adapted for fault residual filter design.
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Theorem 1 A linear fault detection filter to the system [(5), (6)] is stable and unitary if for regular
V = CF and a given positive scalar s, €R the square transfer function matrix G.(s) of the fault
detection filter satisfies the conditions

P(s) = det(sI,, — (A — JC)) = (s +5,)"Po(3), (11)
01 =03 = =Op, lirr(l] O = So, 12)
G(0) =diag[s,! 5,1 - 5,1, (13)
G,(s) =V'C(sI, — (A—JC)) 'F = (s +5,) 'L, (14)
Aq A,
A, = TAT ! = [ " 12}, (15)
Ap1 A

(16)

] _ T*lLuvfl, I° = l:SOIm +A011 :|/

Ap1

where J € R"" is the residual filter gain matrix, o; is the maximal singular value of G,(s), the
polynomial P,(s) of order (n — m) is stable, and G,(0) € R"*™.

Proof. Considering the fault transfer function matrix of dimension m x m as
Gy(s) = C(sI, —A)"'F (17)
and then regrouping terms using Eqs. (9) and (10), it yields immediately the expressions
Gs(s) = CT'T(sI, — A)"'T"'TF = T ((sIn — TAT ") 'TF, (18)
Gr(s) = [V 0](sI, —Ap)~" {ﬂ (19)
respectively, where A, is given in Eq. (15).

Specifying the following matrix product A° = TMV~'CT !, where M € R™™ is a real matrix, it
yields

v v
A =TMV'CT ' = | | Clmviy o= . M0 (20)
F FM 0
and, with the block matrix structure of Egs. (15) and (21), it can be defined as
_ oyl
Ad, = A, — A° = Aot Vl CM  An . @1)
Ap1 —FM A
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Presetting
A —V'CM = —s,I,,,  Ap1 —F*M =0, (22)
where s, €R is a prescribed positive real value. The plus sign is introduced for the

purposes that come to light in the stability ensuing development of the observer system
matrix.

Then,
- [y 3]
and it is evident that AA, is stable if A, is Hurwitz, denoting here that
Py(s) = det(sl—y — Apx)- (24)
Rewriting the set of Eq. (22) to admit a stable solution
Franl B A TR Y S
where
M=T"1L, (26)
then Egs. (20) and (21) must satisfy the following conditions:
A° =TMV-'CT ! = TJCT, 27)
AA, =A, —A°=T(A-JOT ! =TA T (28)
Therefore, the observer system matrix A, takes the form
A, =A-JC=A-MVIC (29)
and
J=MvV'=T'LV" (30)
implies Eq. (16).
Regarding the transfer function matrix G,(s) of the state error estimate as follows
G.(s) = C(sI, — A,)'F, (31)

then with Eq. (29), it is
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. I
Go(s) = CT ' (sI, — TAT ") 'TF = [V 0](sI, — AA,) " {0”]. (32)
Since
0 Im *Ao
oI, — AA, = {(HS) 12 } (33)
0 Sly—m — Aoz
-1 -1 -1
(SIn _ AAO)71 _ (S + SD) Im (S + So) AolZ(S{n—m A022) , (34)
0 (SIn—m - A022)7
Substituting Eq. (34) into Eq. (32), it can obtain
Go(s) = V(s +5,) I,y = v (35)
e = 0 m = s+ s, .
Thus, defining the fault detection filter transfer function matrix as G,(s) = V"'G,(s), then
Gr(S) = VﬁlGe(S) = (S +So)_11m (36)
and Eq. (36) implies Eq. (14). This concludes the proof.
Corollary 1 Evidently, writing the fault residual vector as
r(t) = V=ICe(t) = V7'C(q(t) — 4,(1)), (37)
where
e(t) = q(t) — q,(1) (38)

and r(t) € R™ is the vector of residual signals, then based on the following observer structure
4.(t) = Aq,(t) + Bu(t) + JC(q(t) - q,(1)), (39)
Y.(t) = Cq,(1), (40)

the autonomous observer error equation is

e(t) = (A—JC)e(t), (41)

where gq,(t) € R" is the observer state, y,(f) € R" is the estimated system output, and J € R**" is
the observer gain matrix; the fault detection filter (37), (39) is stable and unitary if for given
positive scalar s, € R and the Hurwitz matrix A,y the conditions (15) and (16) are satisfied.

Practically, with understanding Eq. (30), the observer sensor subsystem for the fault detection filter can
be designed as follows:
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e:(t) = 2(t) = ze(t) = V'C(q(t) - 4.(1)) (42)
and, consequently, it yields
4.(t) = Aq,(t) + Bu(t) + MC(q(t) — q,(1)). (43)

Another option is to design the observer sensor subsystem so that V = I,

With existence of the system parameter transformation, the above structures really mean
that the subset of transformed state variables whose dynamics is explicitly affected by the
additive fault f(¢) and the second one, whose dynamics is not affected explicitly by the fault
f(t), exists.

Remark 1 It is important to note the fact that the eigenvalues of A and of A, are the same whenever

A, is related to A as A, = TAT™" for any invertible T [11]. But this does not mean that if
eigenvalues of the matrix A, are stable then eigenvalues of the matrix Ay are also stable. Thus, as
well as for a stable system, it can lead to an unstable matrix A, and any additional stabilization is
required.

To apply the above results, it is necessary to be able to design fault residual filter if an unstable
Ay results such that A, be stable without loss of unitarity.

Lemma 2 [7, 12] To change signs of unstable eigenvalues of the system matrix A, the gain matrix
K e R"™" of the state feedback additive stabilization

u(t) = —Kq(t) (44)

is a solution of the continuous-time algebraic Riccati equation (CARE)
PA+A"P-PBR'B'P+Q =0, (45)
where the matrix Q € R"" is null matrix and R€ R™" and R = R” > 0 are positive definite

symmetric matrices.

Then, K is given as
K =R'BTP. (46)

It is in that form that is able to be exploit for specific properties of the problem in TS fuzzy fault
detection filter design.

In view of the above, these results hold for continuous-time linear systems, and, in principle,
Theorem 1 gives a practical method to design unitary fault residual filters for the given linear
system. Similar results are obtained for unitary TS fuzzy fault detection filter design in the
following section.
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4. TS fuzzy fault detection filters

Using the same set of membership functions, the fuzzy fault detection filter is built on the TS
fuzzy observer

4.5 = S "hi(O(1) (Aig(t) + Bau(t) + J,C(q(t) — q,(9)) 47)
i=1

y,(t) = Cq,(1) (48)

where ¢,(t) € R" is the observer state vector, y,(t) € R" is the estimated system output vector,
and J;€R"™ and i=1,2,...,s are the sets of the observer gain matrices. Additionally, the
output vector of the residual TS fuzzy filter is defined as

() = S h(OO)r() = 3 h(B()V; Celr) 49)
i=1 i=1

r(t) = Viice(t) 50)

e(t) = a() — 4,1 61)

where r(t), r;(t) € R", V; € R"™". Evidently, V; = CF; has to be a regular matrix for all i.
Formally, the following result can be simply derived.
Theorem 2 A TS fuzzy fault detection filter to the system [(1), (2)] is stable and unitary if for the set of

reqular matrices Vi = CF; and i = 1,2, ..., s, and a given positive scalar s, € R every square transfer
function matrix Gyi(s) of the fault detection filter satisfies for all i the conditions

01 =03 =+ =0y, 3}13}] Op = S, (52)
G,(0) = diag[s;l s;b e st ], (53)
Gyi(s) = Vi'C(sI, — (Ai — J,C)) 'Fi = (s +50) 'L, (54)
while
vic
T = Bl (55)
pemmar = [0 ) .
L=TLVY, L= F“I’" o } 7)
Apii
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Pi(s) = det(sI, — (A; = J;C)) = (s + 50)" Poi(s), (58)

Po,‘(S) = dEt(SIn—m - A0221‘)- 59)

J; € R™" is the residual filter Qain matrix, o1 is the maximal singular value of Gyi(s), the polynomial
Pyi(s) of order (n —m) is stable, and G,;(0) € R™™ and F+ e R" ™" are left orthogonal comple-
ments to the fault input matrix F;.

Proof. Because every sub-model in Eq. (47) is described by linear equations, Egs. (15) and (16)
imply directly the conditions (56) and (57), and Eq. (58) is given by Eq. (11). This concludes the
proof.

Corollary 2 In practice, an additive fault typically enters through a matrix F that does not depend on
the sectoral boundaries defining the TS model. In this case, the synthesis is substantially simplified
because V is a constant matrix, and so it yields

v'c
T= ol (60)
Aniti Aor2i
Aoi — TAiT_l _ |: 011i 0121:|, (61)
Apii Ao
L, + Aot
=TIV, L= {s“ A } (62)
Apii
Corollary 3 Since, independently on i, the condition (52) is satisfied (01 = 0y =+ = 0y), all
sub-filter transfer function matrices have the same H.. norm, i.e.,
”Gri(s)”oo = ”Gm(s)”w fOT‘ all i. (63)
S
Moreover, considering that > h;(0(t)) =1, then
i=1
S
1GH ()l = Y H(OENIGH(S)l = 1Gro(s)I.- (64)
i=1

That is, the H.. norm of the transfer function matrix of such defined TS fuzzy fault detection filter is
independent on the system working point. Of course, this cannot be said about the dynamics of the time
response of the sub-filter components.

Moreover, G;(0) implies that all residual components of TS fuzzy fault detection filter have the same
directional properties, which ensure unitary properties of the filter.
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Remark 2 Sectoral boundaries may cause a matrix A; to be such, when transformed using T; that Ago;
will not be Hurwitz matrix. Because the transfer function matrix of the corresponding filter linear
component in this case is unstable, maintaining the unitary property requires changes in the signs of the

unstable eigenvalues of the associated A,; = A; — J;C.

Applying the duality principle and inserting the additive observer gain component K. obtained as a

solution of the Riccati equation (45) for A,], according to the scheme given in Lemma 2, the observer
gain matrix is changed as

Ji=Ji+Kl, A,=A-JC. (65)

This additive stabilization results that the consequential characteristic polynomial, taking also the form
Pi(s) = det(sI,, — Ay) = (s +55)" Poi(s), (66)
is stable since P,;(s) is now stable.

The price for such an additional stabilization is that if j signs are changing in eigenvalues of Ao to
obtain the stable Ay, also j eigenvalues s, of G,i(0) change their signs and the resulting matrix G,;(0)
will not be diagonal. According to Eq. (8), this does not result in a change in H.. norm, but such filter
component will arrive at the unitary directional residual properties.

5. Illustrative example

The three-tank system is described by the set of Egs. [13, 14] as

dg,(H)  ui(t) 0‘1518“(’11 ”/2 )\/ 2glq,(t) — g, (t ZA

~ F
o h HZAM)

lqz

dg,(t) () a2y/280,() arsign(q, (t) ‘72 (5) /281, () — g, (¢
- - £+ Ai
dt Fz FZ”]z(t) qZ() FZAq(t Z qz
1 i
+a381gn(qg ‘72 ))v/28145(H) — g, (¢ an
FsZﬂ a;(t

day(t) — us(t) 0‘351?5“(’13 ’12 )\/ 2g1q5(t) — g, (1)l Zn

dt  F
’ aan>

q;(t),

yk(t> = quk(t)/ k=1,2,3,
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where the measured output variables y,(t) are water levels in tanks q,(t) [m], k=1,2,3 and
the incoming flows are considered as the inputs variables ui(t) [m®/s], k=1,2,3; the bounds
of the state and input variables are

max __

B = g5 =100 ml, 5™ =090 [m], WPy =0 [m/s],
gt =gyt = 0.02 [m], gy =001 [m], ¥ =0005 [m/s].

Ak 1, €R are positive scalars and sign(-) is the sign function.
The model parameters of the system are considered as:

¢ -the gravitational acceleration 9.80665 [m/s?],

F, -the (same) section of tanks 0.25[m?],

a; -the equivalent section of the pipe between the first and second tank 6.5 x 10™* [m?],
a3 -the equivalent section of the pipe between the third and second tank 6.5 x 10~* [m?],
@2 -the equivalent section of the outlet pipe from the second tank 6.5 x 107> [m?],

Minimizing the number of premise variables and excluding switching modes in controller
work, the premise variables are chosen as follows

alSign(%(t) - ’72( )) 2g1g,(t) — ’72(t)

01(t) =
Flz/\ ql
02(t) = ;flfT qzzg
65(t) = assign (q;(t) — 4,(1)) /28145 (H) — 4, (]

3
F3Z’7ﬂi(t)
i=1

Computed from the input variable bounds, the sector bounds of the premise variables imply
the numbering:

Z': 1 — Qmux Q;nax Qmax), 1: 2 - Qmux QWUZA Qgﬂn)/

max 6711111 Qmaz max emm len

7

i=5«

( (
i:3<—( , i:4<—(
( (
( (

)
Gmm Qmux Qmax)’ i = 6 «—
)

Gmm Qmux Qmm)
7
Z': 7 — Qmm Qmm ngx , 1: 8 - Qmm Qmm anm)/

which is used in the system state matrix construction
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-6} 10, —A36} F'' o0 0 Ffb 0 0
A= | MO +10,05 000 +1,05 -0, A0, +n05[,B=|0 F' 0 |[,C=|0F 0
—1,04 ~1,65 —11;04 o 0 5 0 0 K

and prescribed, moreover, that the matrix C is given in such a way that the product CB is
the identity matrix. This regularizes the residual design conditions if B and C are diagonal
matrices.

The sector functions are trapezoidal, and the membership functions are constructed as product
of three sector functions with the same ordering as A;.

The set of real scalars, A, 1, and k = 1,2, 3, is interactively optimized under limitations that all
couples (A;, B) and (A;, C) are controllable and observable for the given set of indices i, where

A =01992, A, =0689%,  A; =0.1618,
0, =06891,  n,=03646, 1, =0.0569.

Consequently, the TS model matrix parameters are

[—0.0163 —0.0563 —0.0132] [—0.0163 —0.0563 —0.0132]
A= 01225 -1.0392 0.0220|, A, =|-0.0054 -1.1069 0.0114 |,
| —0.1062 —0.0562 —0.0088 | | 0.0217  0.0115  0.0018 |
[—0.0163 —0.0563 —0.0132] [—0.0163 —0.0563 —0.0132]
Az =| 01225 -0.0089  0.0220 |, A4 = |—-0.0054 -0.0766  0.0114 |,
| —0.1062 —0.0562 —0.0088 | | 0.0217  0.0115  0.0018 |
0.0034  0.0119  0.0028] [ 0.0034 00119  0.0028]
As=| 0.1028 -1.1073  0.0060 |, Ae¢= |—-0.0251 -1.1750 —0.0046 |,
| —0.1062 —0.0562 —0.0088 | | 0.0217  0.0115  0.0018 |
0.0034  0.0119  0.0028] [ 0.0034 0.0119  0.0028 ]
Ay = 01028 -0.0771 0.0060 |, Ag= [—0.0251 —0.1447 —0.0046
| —0.1062 —0.0562 —0.0088 | | 0.0217  0.0115  0.0018 |
4 00 025 0 0
B=1|0 4 0f, C=1|0 025 0
0 0 4 0 0 0.25

Since the orthogonal complement to a square matrix does not exist, three fault detection filters
can be considered for single actuator fault detection. To illustrate the design procedure, the TS
fuzzy fault detection filter for the pair (Cy3, By3) is considered, i.e.,
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00
cecn=]0 "0 Jrepy=1a0
7lo o 02/ B ’
0 4
with the derived parameters
0 025 0
10 3 0 025 0 N
V=CF= , V7C= , FF=[1 0 0}, T=|0 0 0.25
01 00 0.25 10 0

Note that in this case all A; with index higher than 4 lead to an unstable structure of A,,. and
the resulting observer matrices A,; need to be additionally stabilized, applying the principle
given in Lemma 2.

Applying Eq. (56), the following structure of A, for the initial matrix A; is computed:

0.0306
, Ao = ,

An = | —0.0562 —0.0088 —0.0266

—0.0562 —0.0088

—-1.0392  0.0220  0.0306 —1.0392 0.0220
o111 =
, —0.0266

—0.2250 -0.0528 —0.0163 Apnn = [—02250 —0.0528],  Apo =[—0.0163],

and A1 = —0.0163 implies that the associated TS fuzzy fault detection filter linear compo-
nent can be designed directly.

Choosing s, = 5, it is resulting from Eqs. (57) and (58) that

3.9608  0.0220 ~0.2250 —0.0528 00163 0 0
L =|-00562 49912 |,J, = | 158432 00879 |,Aq=| 01225 -50 0],
_0.2250 —0.0528 —0.2248  19.9649 01062 0 —5.0

where the eigenvalue spectrum of A,; and the steady-state value of the TS fuzzy fault detection
filter transfer function matrix G,1(0) are

0.2
p(Ag) = {—-0.0163 —-50 -5.0}, Gr1(0):—V’1CA;11F:{ 02},

respectively. It is evident that all diagonal elements of G,1(0) take the value s, ! = 0.2. The same
structure of G,.(0) is obtained solving with A, for/ =1,2,3,4.

Analogously, designing for the matrix As, it can be seen that

—-1.1073  0.0060  0.0257 —1.1073  0.0060
Ay, = | —0.0562 —0.0088 —0.0266 |, ot

0.0257
, A2 = ,
—0.0562 —0.0088 —0.0266

0.0475  0.0111  0.0034 | Ay =[0.0475 0.0111], Az = [0.0034].
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Since Ay = 0.0034, evidently, the associated TS fuzzy fault detection filter linear component
with the unitary transfer function matrix has to be stabilized additively.

Solving also for s, = 5, then

3.8927 0.0060 0.0475 0.0111 0.0034 0 0
Ly= | -00562 49912 |,]Js= | 155707 0.0239 |, As = 0.1028 -5.0 0
0.0475 0.0111 —0.2248 19.9649 —0.1062 0 =50

It is evident that matrix Fs is not Hurwitz and has to be additively stabilized.

Thus, defining the weighting matrices of appropriate dimensions as

Q=0 S=0, R=WT'=1,

and solving the dual LQ control problem to change the sign of unstable eigenvalue of F,s using
the MATLAB function K5 = care (FeTz, Q.R,S, 13), then

0.6456  —0.6671 0.0034 —0.1614  0.1668
KL=| 00133 —00137|, Aws=As—-KLC=| 01028 —50033  0.0034
—0.0137  0.0142 ~0.1062  0.0034 —5.0035

It can be easily verified that

p(Aws) = {—0.0034 —5.0 -501},

D ~0.0066 —0.1999
Gys5(0) = -~V ICALF =

, G,;5(0)) ={—-0.2000 0.2000 }.
es5 —0.1999 0.0066 P( r5( )) { }

while, evidently, G,5(0) is not diagonal and the eigenvalues of G,5(0) are £0.2 = +s;.

Note that the same structure of G,(0) is obtained solving with the system matrices A; and
[=5,6,7,8 when additional stabilization is required. Evidently, elements of this set of TS
fuzzy residual filter linear components are stable, non-unitary, and without directional resid-
ual properties. Nevertheless, these properties guarantee the same singular values of the linear
transfer function matrix components; as follows the result of Definition 1, the TS fuzzy residual
filter will have all the singular values the same. To document this, the singular value plot of the
TS fuzzy fault detection filter, as well as of all its linear parts, is equal to that presented in
Figure 1. With respect to the structure of the matrices B and C, the comparable results are
obtainable for the matrix pairs (C1p, B12) and (Ci3, Bi3).

The rest of gain matrices of the stable TS fault detection filter is as follows:

—0.2250 —-0.0528 —0.2250 —0.0528 —0.2250 —0.0528
J,=| 155725 0.0456 |, J; = | 19.9643  0.0879 |,J, = | 19.6935  0.0456 |,
0.0459 20.0072 —0.2248 19.9649 0.0459 20.0072
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Figure 1. TS fuzzy fault detection filter singular value plot.
0.6930 —0.6560 ]| [—3.0809  2.7126
Js=| 155840 0.0102 |,]J, = | 15.3157 —0.0319 |,
| 02385  19.9791 | 0.0324 20.0189 |
0.6930 —0.6560 ]| [—3.0809  2.7126 ]
J, =1 197051 0.0102 |,]Js = | 19.4367 —0.0319
| -0.2385  19.9791 | 0.0324 20.0189 |

Since the matrices A; of the TS fuzzy system are not Hurwitz, the system in simulations is
stabilized using the local-state feedback control laws, acting in the forced modes. Adapting the

method presented in [14] to design the control law parameters, the local controller parameters
are computed as

0.1780  0.0083 —0.0150 ] [ 0.1780 —0.0079  0.0008 ]

K = 0.0083 —-0.0701 -0.0041 |,K, = | —0.0075 —0.0869  0.0028 |,
| —0.0150 —0.0043  0.1798 | | 0.0008  0.0027 0.1824 |
0.1780  0.0084 —0.0150 ] [ 0.1780 —0.0078  0.0008 ]

K; = 0.0082  0.1842 -0.0041 |,K4 = | —0.0076  0.1675 0.0027 |,
| —0.0150 -0.0042  0.1798 | | 0.0008  0.0028 0.1824 |
0.1829  0.0142 —0.0131] [ 0.1829 —0.0020  0.0027 ]

Ks = 0.0141 -0.0870 -0.0061 |,Kec = | —0.0017 —0.1037  0.0008 |,
| —0.0130 —0.0063  0.1798 | | 0.0027  0.0007 0.1824 |
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0.1829  0.0143 —0.0131 0.1829 —0.0019 0.0027
K; = 0.0140 0.1674 —0.0061 |,Ks = | —0.0018  0.1507 0.0007 |,
| —0.0130 —0.0063  0.1798 | 0.0027  0.0007 0.1824
0.1821 0.0224 —0.0117] [ 0.1821 0.0062  0.0041]
W; = | -0.0223 0.1897 —0.0096 |, W, = | —0.0061 0.1899 —0.0001 |,
0.0115 0.0098  0.1820 | | —0.0047 —0.0002  0.1819 |
0.1821 0.0225 —0.0117] [ 0.1821 0.0063  0.0041]
W3 = | -0.0224 0.1865 —0.0096 |, W4 = | —0.0062 0.1867 —0.0001 |,
0.0115 0.0098  0.1820 | | —0.0047 —0.0001 0.1819 |
0.1820 0.0112 —0.0138] [ 0.1820 —0.0049 0.0021]
W5 = | —-0.0116 0.1899 —0.0076 |, W¢ = 0.0046  0.1901 0.0019 |,
0.0135  0.0077  0.1820 | | —0.0027 —0.0022  0.1819 |
0.1820 0.0114 —0.0138] [ 0.1820 —0.0048 0.0021]
W, = | —-0.0117 0.1867 —0.0076 |, Wg = 0.0045  0.1869 0.0019 |,
0.0135  0.0078  0.1820 | | —0.0027 —0.0021  0.1819 |
where

-1
W= (C(Ai - BKi)’lB) ,
u;(t) = —Kiq(t) + Wiw,,

while w, € R" is the vector of the desired steady-state system outputs.

If necessary for any more complex system, PDS controller principle can be applied to stabilize
the plant (see, e.g., authors” publications [15, 16] or other references [17, 18]).

To display simulations in the MATLAB and Simulink environment, the forced mode control is
established with local controller parameter given as above for the system initial conditions
g"(0) =[0.2 0.3 0.2] and w! = [0.6 0.5 0.4]. Fault detection filter is constructed on the couple
(Ca3, By3) and the set of matrices A;and i =1, 2..., 8.

As the results, Figure 2 shows the TS fuzzy system output responses, illustrating their asymp-
totic convergence to the steady states, and Figure 3 presents the TS fuzzy fault detection filter
response, reflecting a steplike 90% gain loss of the second actuator at the time instant t = 60s.
These examples illustrate the power that can be invoked through the prescribed H.. norm
properties.

It can verify that TS fuzzy fault detection filters created for the couple pairs (C1, B12) and (Ci3,
Bi3) have similar properties as that defined for the couple (Ca3, Bas). The difference is, for
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Figure 3. Residual signal responses.

example, that in the occurrence of a single fault of the second actuator the responses of TS
fuzzy fault detection filter defined for the couple (Ci3, B13) naturally do not have directional
properties, since the second column of K is not included in its construction.

As can be seen from the solution, the sector functions defined in this way cannot create a
unitary TS fuzzy fault detection filter, but the obtained orthogonal properties of the residual
signals are sufficient to detect and isolate actuator faults.
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6. Concluding remarks

The problem of designing the TS fuzzy fault detection filters for highly nonlinear mechanical
systems representable by the TS fuzzy model is considered, to achieve the desired filter H..
norm property in all working point belonging to the assigned work sectors. The proposed
method exploits features offered in TS fuzzy system models to design TS fuzzy fault detection
filters. The rules and formulation are developed to generate residual signals with quasi-
directional properties and to make the TS filter transfer function matrix with prescribed H..
norm properties. By a convenient choose of the sector functions, this purpose is reached using
a relative small number of membership functions. If unitary definition for TS fuzzy fault
detection filters is satisfied, the design methodology provides new opportunities for fault
detection and isolation rules in fault tolerant nonlinear control systems, their analysis, and
optimization.
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Abstract

This chapter considers the nonlinear filtering problem involving noises that are unknown
and bounded. We propose a new filtering method via set-membership theory and bound-
ary sampling technique to determine a state estimation ellipsoid. In order to guarantee the
online usage, the nonlinear dynamics are linearized about the current estimate, and the
remainder term is then bounded by an optimization ellipsoid, which can be described as
the solution of a semi-infinite optimization problem. It is an analytically intractable prob-
lem for general nonlinear dynamic systems. Nevertheless, for a typical nonlinear dynamic
system in target tracking, some certain regular properties for the remainder are analyti-
cally derived; then, we use a randomized method to approximate the semi-infinite opti-
mization problem efficiently. Moreover, for some quadratic nonlinear dynamic systems,
the semi-infinite optimization problem is equivalent to solving a semi-definite program
problem. Finally, the set-membership prediction and measurement update are derived
based on the recent optimization method and the online bounding ellipsoid of the remain-
der other than a priori bound. Numerical example shows that the proposed method
performs better than the extended set-membership filter, especially in the situation of the
larger noise.

Keywords: nonlinear dynamic systems, set-membership filter, randomization,
semi-definite optimization, target tracking

1. Introduction

Filtering techniques for dynamic systems are widely used in practiced fields such as target
tracking, signal processing, automatic control, and computer vision. The Kalman filter is a
fundamental tool for solving a broad class of filtering problems with linear dynamic systems.
When dynamic systems are nonlinear, some well-known generalizations include the extended

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgIN
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Kalman filter (EKF) and unscented Kalman filtering (UKF) [1]. These methods are based on
local linear approximations of the nonlinear system where the higher order terms are ignored.
Most recently, [2] proposes box particle filter to handle interval data based on interval analysis
and constraint satisfaction techniques. The advantage of the box particle filter against the
standard particle filter is its reduced computational complexity [3-5]. However, most of Monte
Carlo filtering techniques are based on the assumptions that probability density functions of
the state noise and measurement noise are known.

Actually, when the underlying probabilistic assumptions are not realistic (e.g., the main per-
turbation may be deterministic), it seems more natural to assume that the state noise and
measurement noise are unknown but bounded [6]; then, [7] proposed set-membership estima-
tion technique. The idea of propagating bounding ellipsoids (or boxes, polytopes, simplexes,
parallelotopes, and polytopes) for systems with bounded noises has also been extensively
investigated (e.g., see recent papers [6, 8-12] and references therein). Most of these methods
concentrate on the linear dynamic systems.

The set-membership filtering for nonlinear dynamic systems is known to be a challenging
problem. Based on ellipsoid-bounded, fuzzy-approximated, or Lipschitz-like nonlinearities,
several results have been made [13-15]. These results assume that the ellipsoid bounds, the
coefficients of fuzzy-approximation, or Lipschitz constants are known before filtering,
which limits them in real time implementation. For example, for a typical nonlinear
dynamic system in a radar, the bounds of the remainder depend on the past estimates so
that they cannot be obtained before filtering. Recently, the paper [16] gives an overview of
recent developments in set-theoretic methods for nonlinear systems, with a particular focus
on a two-reaction model of anaerobic digestion, and the key idea of [17, 18] consists in
a combination of Bayesian and set-valued estimation concepts. To our knowledge, [19, 20]
develop nonlinear set-membership filters which can estimate the bounding ellipsoid of
nonlinearities in real time, and the filters are called the extended set-membership filter
(ESMF) and set-valued nonlinear filter (SVNF), respectively. Both [19, 20] derive the bounds
of the remainder by an outer bounding box. Actually, if the remainder can be bounded by
a tighter ellipsoid and using some recent advanced optimization techniques for filtering,
it should be able to derive a tighter set-membership filtering for the nonlinear dynamic
system.

In this chapter, when the underlying state noises and measurement noises are unknown but
bounded, we propose a tighter set-membership filtering methods via set-membership estimation
theory and boundary sampling technique. In order to guarantee the online usage, the nonlinear
dynamics are linearized about the current estimate, and the remainder terms are then bounded
by an ellipsoid, which can be formulated as the solution of a semi-infinite optimization problem.
In general, it is an analytically intractable problem when dynamic systems are nonlinear. The
main contributions of the paper are summarized as follows:

¢  For a typical nonlinear dynamic system in target tracking, we can analytically derive some
regular properties for the remainder. Then, the semi-infinite optimization problem can be
efficiently solved by using boundary sampling technique.
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¢ For some quadratic nonlinear dynamic systems, using the samples on all vertices of a
polyhedron, we obtain a tight bounding ellipsoid, which can cover the remainder by
solving a semi-definite program (SDP) problem.

*  The set-membership prediction and measurement update are derived based on the recent
optimization method and the online bounding ellipsoid of the remainder other than a
priori bound.

The rest of the paper is organized as follows. Preliminaries are given in Section 2. In Section 3,
the bounding ellipsoid of the remainder set is calculated. In Section 4, the prediction step
and the measurement update step of the set-membership filtering for nonlinear dynamic sys-
tems are derived, respectively. Examples and conclusions are given in Section 5 and Section 6,
respectively.

2. Preliminaries

2.1. Problem formulation
We consider a nonlinear dynamic system:
X1 = fi(Xe) + Wi )
Yi = () + Vi, @)
where x; € R" is the state of system at time k and y, € R™ is the measurement. f, (x¢) and /. (x)
are nonlinear functions of x;, wy € R" is the uncertainty of process noises or system biases, and

Vi €R™ is the uncertainty of measurement noises or system biases. They are assumed to be
confined to the specified ellipsoidal sets:

Wi = {Wk : W{Q;lwkﬁl}

Vi = {Vk : VERElvkﬁl},

where Q, and Ry are the shape matrices of the ellipsoids Wy and Vy, respectively, which are
known as symmetric positive-definite matrices. At time k given that x; belongs to a current
bounding ellipsoid:

& = {xeR” L (x— x0T (P (x — %) sl}
®)
= {x€R" : x =X + Bw, Py = BeE[, [Jwl| <1}

where X is the center of ellipsoid & and Py is a known symmetric positive-definite matrix.
Moreover, we assume that when the nonlinear functions are linearized, the remainder terms
can be bounded by an ellipsoid. Specifically, by Taylor’s theorem, f, and / can be linearized to
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Fr(Xe + Exwe) = £ (Xe) + I Bewe + Af (), @)
Ie(Xk + Exwg) = hye(Xx) + J, Exuge + Al (), ®)
_ 9 () _ Ol (%)

where E; and u; are defined in (3), I, =

__and I = —5c |~ are Jacobian matrices, and
Xk Xk

Af(u) and Ay (uy) are high-order remainders, which can be bounded in an ellipsoid for all
|lug|| <1, respectively, i.e.,

ox

A (u) €7, = {xeR" s (x—ep) " (B) ' (x— ) <1, ©)
= {xeR":x =, + B Ay Py, =B, B lIAlI<1}, @)

n T -1
Aly(w) € &y, = {xeR (=) (Pr)  (x — en) 31}, ®)

- {xeR”l : X = e, + By Ay, P, = By BL (1Al gl}, )

where e;_and ey, are the centers of the ellipsoids £,_and &), respectively, and Py, and Py, are the
shape matrices of the ellipsoids &, and &, respectively. Note that we do not assume that the
ellipsoids &, and &), are given before filtering, and we will compute these ellipsoids online.

Suppose that the initial state xy belongs to a given bounding ellipsoid:

€0 = {xER" : (x %) (Po) " (x —~%o) <1}, (10)

where X is the center of ellipsoid & and Py is the shape matrix of the ellipsoid &, which is a
known symmetric positive-definite matrix.

The proposed set-membership filter mainly contains two steps: prediction step and measure-
ment update step. The goal of prediction step is to determine a bounding ellipsoid £ based
on the measurement y, at time k, i.e., look for Xy 1jx, Pxy1jx such that the state x.1 belongs to

k= {X ER": (x— 32k+1|k)T (Prr1i) B (X = Xpr1) < 1},

whenever (i) x, is in &; (ii) the processes wy, vi are bounded in ellipsoids, i.e., wx € Wi, v € Vi;
and (iii) the remainders Af, (ux) € &, and Al (uy) € &y, The robust measurement update step is
aimed to determine a bounding ellipsoid £x,1 based on the measurement y,_,; at time k+ 1,
i.e., look for Xj1, Pry1 such that the state x.1 belongs to

Er1 = {XER” L (x = Xi1) (Pen) ' (x *§k+1)$1}f

whenever (i) Xxy1 is in s (ii) the measurement noises vy is bounded in ellipsoid, i.e.,
Vi1 € Viyp; and (iii) the remainders Ahiq(ugy1) € Ey,,,. The key issue is to determine two
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tight bounding ellipsoids &, and &, in real time so that the filtering algorithm can be impl-
emented online.

3. Ellipsoidal remainder bounding

In this section, we discuss the key problem on how to adaptively determine a tighter bounding
ellipsoid to cover the high-order remainders from the optimization point of view.

3.1. Ellipsoidal remainder bounding by sampling

By (4)—(5), the high-order remainders are

Af(ui) = f(Xe + Exwe) — £ (Xe) — J B,
Ahi(ay) = he(Xx + Egu) — I (Xe) — J, Exu,

whenever ||ui|| <1. Obviously, it is a hard problem to cover a remainder by an ellipsoid since f,
and i are generally nonlinear functions. The outer bounding ellipsoid for Af,(ux) is not
uniquely defined, which can be optimized by minimizing the size f(P) of the bounding
ellipsoid. Thus, the optimization problem for the bounding ellipsoid of Af,(ux) defined in (6)
can be written as

min f<Pfk) (11)

subject to (Af,(w) — efk)T(Pfk)_1 (Af (w) —ef,) <1, for all |lu] <1. (12)

where Py, = Bkaka and e;, and Py, are decision variables. Since the optimization problem (11)-

(12) has an infinite number of constraints, it is called a semi-infinite optimization problem in
[21]. In general, it is a NP-hard problem.

Remark 1. In practice, we want to achieve a state estimation ellipsoid by minimizing its “size” at each
time; it is a function of the shape matrix P denoted by f(P). If we choose trace function, i.e.,
f(P) = tr(P), it means the sum of squares of semiaxes lengths of the ellipsoid E. The other common
“size” of the ellipsoid is logdet(P), which corresponds to the volume of the ellipsoid E.

For a general nonlinear dynamic system, it is hard to solve the problem (11)-(12) [22]. It is this
reason that the literatures [23, 24] are sought to find the particular relaxations of the original
optimization problem (11)-(12). One of the typical methods is based on randomization of the
parameter uy. Specifically, to solve the problem (11)—(12), we may take some samples from the
boundary and interior points of the sphere ||ux| <1 so that we can get a finite set of uy, ..., uy,
and then the infinite constraint (12) can be approximated by N constraints based on uy, ..., u}.
Moreover, by Schur complement, an approximate bounding ellipsoid for Af,(u;) can be

derived by solving the following SDP optimization problem:
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min f (Pfk) (13)

AT
M) —er, B @

i=1..,N.

subject to

Although the randomized solution may not be feasible for all ||ui| <1, [24] has used statistical
learning techniques to provide an explicit bound on the measure of the set of original con-
straints that are possibly violated by the randomized solution, and they prove this measure
rapidly decreases to zero as N is increasing. Therefore, the obtained randomized solution of
the optimization problem (13)-(14) can be made approximately feasible for the semi-infinite
optimization (11)-(12) by sampling a sufficient number of constraints.

Similarly, the outer bounding ellipsoid for Al (ux) can be derived by solving

min f(Py,) (15)
; T
-1 Ahg(u)) — e
subject to . (M) = en) <0, 16
Ahk (u}c) — ey _Phk ( )
i=1,..N.

Remark 2. Note that the bounding ellipsoid of [19] is derived by interval mathematics. We derive the
bounding ellipsoid by solving a semi-infinite optimization problem. Figure 1 illustrates the difference of
two methods. 1t is obvious to see that the bounding ellipsoid derived by solving the SDP (13) is tighter
than that obtained by interval mathematics. The cumulative effect of the conservative bounding ellipsoid
at each time step may yield divergence of a filtering.

A (1) £
’ : Vi
uy ' el
- -
", r,
&, () %
, # /
i r; v
-
u, ,r-.'r

Figure 1. (Top) The bounding ellipsoid is derived by covering the solid points of the remainder which are obtained by Monte
Carlo sampling. (Bottom) The bounding ellipsoid is derived by covering the vertices of the rectangle obtained by interval
mathematics [19].
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3.2. Ellipsoidal remainder bounding by boundary sampling

In this subsection, for a typical nonlinear dynamic system in target tracking, we discuss that
the remainder can be bounded by an ellipsoid via boundary sampling for target tracking. Thus,
the new method can reduce the computation complexity efficiently in the bounding step.

Let us consider the following nonlinear measurement Eq. [1]:

V(1) = 0 + (x(2) - b)?

h(x) = _ ,4,bER (17)
9 arctan Cg; — Z) !

where x is a four-dimensional state variable that includes position and velocity [x,y,%,y]".

Note that /1(x) only depends on the first two dimensions x(1) and x(2).

We discuss the relationship between the set {||uk|| <1,ux = [ug(1) ug(2)]} and the remainder
set {Ahpyq (we) = [Jue]] <1}

Proposition 1. If we let the remainder g(u) = h(X + Eu) — h(X) — J,Eu where h(X) is defined in (17),
E is a Cholesky factorization of a positive-definite P such that ellipsoid {x =X + Eu : |lu|| <1} does
not intersect with the radial {x : x(1) <= a,x(2) = b}, and then the boundary of the remainder set
S = {g(u) : |lu|| <1} belongs to the set {g(u) : |ul| = 1}.

Remark 3. Note that the ellipsoid {x =X + Eu : ||u|| <1} does not intersect with the radial. {x : x(1)
<=a,x(2) = b} is a weak condition, which is in order to satisfy the continuity of g(u), and we can verify
the condition by using the distance from the ellipsoid center X to the radial. Moreover, if the condition is
violated, i.e., the true target is near the radial, we can transform the data to a new coordinate system where
the target is far way the radial, and then the assumption can be satisfied.

The proof of Proposition 1 relies on the following three lemmas:

Lemma 1. (Remainder lemma). The determinant of the derivative of the remainder g(u) is not less than
0, and the equality holds if and only if cu(1) 4+ du(2) = 0, where ¢ = Eq1(X(2) — b) — Ex (X(1) — a),
d = Ep2(X(2) — b) — Exp(X(1) — a), and E;; are the entries of the ith row and the jth column of the matrix
E. Meanwhile, if cu(1) + du(2) = 0, then g(u) = 0.

Lemma 2. If the sets S'US* = S°US*, §°nS* = @, and S' ¢ S, then §* c S*.

Lemma 3. (Inverse function theorem [25]) Suppose that ¢ : R" — R" is continuously differentiable
in an open set containing u and det(¢’(w)) # 0, then there is an open set V containing u and open set
W containing ¢ (u) such that ¢ : V.— W has a continuous inverse 1 : W — V which is differentia-

ble and for all y € W satisfies (p~')'(y) = [¢' (971 (y))] -

Example 1. To illustrate Proposition 1, we give an example as follow: if a =50, b =100, X =
[80 130]", and P = diag(500,1000), it is easy to check that g(u) is continuously differentiable in set
S1 ={u: ||u||<1}. We divide S; into three parts, i.e., S1 = A'UBIUCY, where Al = {u:cu(l)+
du(2) <0,||ul[<1}, B'={u:cu(l)+dul)>0,lul<1}, and C'={u:cu(1)+du(2)=0,
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|lul|<1}. Meanwhile, we can also divide S into the corresponding parts, such that A = {g(u) :
ucA'}, B={g(u):ueB'}, C={g(u) : ueC'}, and then S = AUBUC.

Figure 2 shows the separation area of the circle and their corresponding area of g(u). Three observations
can be made as follows:

® The remainder set is the union of two sets.

o The (red) line C' is mapped to the point 0.
® The boundary of S belongs to the set {g(u) : |lu]| = 1}.

In summary, when we take samples from the boundary, they are sufficient to derive the outer bounding
ellipsoids of the remainder set. Therefore, based on Proposition 1, the computation complexity in the
bounding step of the new method can be reduced much more.

Remark 4. In order to further reduce the samples and cover the remainder set at the same time, we can
heuristically enlarge the sampling area, such as {||ux|| = 1.1}; then, the remainder set becomes a little
larger. If we derive an ellipsoid to cover the little larger remainder, then this ellipsoid can cover the
original remainder set {Ahy1(ug) : |lug| <1}

the separation of cirde thi nemaindes

: ol . ! , !
a *I "
1 e - Il 02 R B
/,-f"f "‘\\ L / . <

al b ——
as b // ] | I-'. — ‘_'-"'"k\-.._‘___
i N
aF ! S

]

i}
L
/£

rd
f
)

<1 5 a iL] L] L] 1 2 3 4 g & 7 8 L] i
ulll =l

Figure 2. (Left) The separation of circle. (Right) The corresponding area of g(u).
3.3. A tight solution

In this subsection, for some quadratic nonlinear dynamic systems, the semi-infinite optimization
problem (11)—~(12) may be equivalent to solving an SDP problem via sampling on all vertices of a
polyhedron. Thus, we can obtain a tight bounding ellipsoid to cover the remainder.

We consider a quadratic nonlinear state equation:
1\2
a 0 0 07[(x)

frlxe) = (18)
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where x, € R" is the state of system at time k, and x;'( denoted the ith component of x;; a; are
known parameters, i =1, ..., n.

Proposition 2. If we let the high-order remainder Afi (ux) = f (X + Exw) — f(Xk) — Jy, Exux where
lukll <1, assume that f,(X) is a quadratic function defined in (18) and Ey is a diagonal matrix; then, a
tight bounding ellipsoid can be derived to cover the high-order remainder Af,(ux) by solving the
following optimization problem:

min f(Pfk) (19)
“lizey, €},
—el
subject to I‘r‘ : = 1),
! P,
2 *
—&h ! i
M —'_| _P'I o Erl 2 _ FH T
fi - ol t] T 20)
. ek e B .
1
-efk
=<0
oi(Ef)* — e,
. - PfJ.
L —€ J

where E} is the ith row and jth column of Ey.
In summary, we can determine the remainder bounding ellipsoid by sampling as follows.
1 For general nonlinear functions, samples may be taken from the sphere ||u|| <1.

2 For a typical nonlinear dynamic system in target tracking or nonlinear functions, samples
may be taken on the boundary of the sphere |ju||<1.

3 For some quadratic nonlinear functions, samples only need vertices of a polyhedron.

4. Ellipsoidal state bounding via SDP

In this section, we present the prediction step and the measurement step of the set-membership
filtering by extending El Ghaoui and Calafiore’s optimization method [26]. The point is that
when the nonlinear dynamics are linearized on the current estimate, the uncertainties of the
new linearized dynamic system include the uncertain bounding ellipsoids of the remainder
terms and the noises.
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4.1. Prediction step

Proposition 3. At time k + 1, based on measurements y,, the bounding ellipsoids of the state, and the
remainders E, &,, and &y, a predicted bounding ellipsoid Expip = {x: (x —§k+1|k)T(Pk+1|k)7l

(x — /’ZkHIk) <1} can be obtained by solving the optimization problem in the variables Py 1y and Xjey1x

and nonnegative scalars t*>0, 7 >0, 79 >0, ¢/ >0, 7" >0:

min f (P (21)
subject to —1"<0, —1Y<0, — 770, (22)
— <0, —7"<0, — P <0, (23)

—Priap Dp 1 (Prsai) |

T T
(Prrape (Prs1i) ) — (Wsap) LB (W), | SO (24)

where

Oy = { (%) + e, — %, T Ex L0 By, 0}, 0eRM™ 25)
‘I/k+1|k = [I’lk(S(\k) + ey — Vi ]thk, 0,L,0, Bhk] . (26)

(\yk+1\k> | 1s the orthogonal complement of W1 Ey is the Cholesky factorization of Py, i.e., Py = Ek(Ek)T.

ef,, ey, By, and By, are denoted by (7) and (9), respectively. J; = Y ka(:k) - and Jj, = ahg(xxk) L.
E=diag(l-7"-1"—-1"— o — Th7Tu1,TwQ,:1,TvR,;1,TfI, Thl). (27)

Remark 5. The objective function (21) is aimed at minimizing the shape matrix of the predicted
ellipsoid, and the constraints (22)—(24) ensure that the true state is contained in predicted bounding
ellipsoid Eyi1x. Notice that if f(P) = tr(P), the optimization problems (13)—(16), (21)—(24), and
(28)—(31) are SDP problems, which can be efficiently solved by modern interior-point methods [27].
According to the guidelines in [28], the computational complexity of solving an SDP problem is

O<max(m,n)4n1/zlog1 /e), where n is the number of the states. With the development of convex

optimization technology technique, one can also use first-order optimizing algorithm. The computa-
tional complexity may be reduced further (see [29]).

4.2. Measurement update step

Similarly, we can derive the measurement update step of the nonlinear filtering.

Proposition 4. At time k+ 1, based on measurement y,_,, the predicted bounding ellipsoid Exy1y,
and the bounding ellipsoid of the remainder &, an estimated bounding ellipsoid
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Erp1 = {x D (x— ?kH)T(PkH)*l (X — Xj41) <1} can be obtained by solving the optimization problem

in the variables Pyyq and Xy1 and nonnegative scalars t 20, 7% 20, '>0:

min f(Pyy1) (28)
subject to —1"<0, —1°<0, — <0, (29)
—Pri1 <0, (30)
S D1 (Whs1),

<0, 31)

(©re1(Whi1),) T (W) (B (W), ]

where

Dp1 = [Xes1jk — Xks1, Eespr, 0,0], 0€R™™, (32)
Wi = [hkﬂ (Xk+11k) + @1y = Viewts T Bt LBy | (33)

(Wiy1), is the orthogonal complement of Wii1. Exy1p is the Cholesky factorization of Priip, i.e.,

Piyie = B (Ek+1|k)T. Xit1jk 1S the center of the predicted bounding ellipsoid Exia. ep,,, and By, ,

are denoted by (9) at the time step k+1.J, | = MA]{ 5
* X Ixkt
8= diag(l Ry L | T”Rk’jl, ThI). (34)

4.3. Sampling-based ellipsoidal bounding filter algorithm

e Step 1: (Initialization step) Set k = 0 and initial values (Xo, P) such that x € &.

e Step 2: (Bounding step) Take samples u}, ..., u} from the sphere ||u|| <1, and then determine
two bounding ellipsoids to cover the remainders Af, and Al by (13)-(14) and (15)-(16),
respectively.

o Step 3: (Prediction step) Optimize the center and shape matrix of the state prediction
ellipsoid (Xks1jk, Prr1jc) such that X1k € Exs1y by solving the optimization problem (21)—(24).

* Step 4: (Bounding step) Take samples u; ;, ..., ukN+1|k from the sphere ||ux; 1|/ <1, and then
determine one bounding ellipsoid to cover the remainder Ahyq by (15)—(16).

¢ Step 5: (Measurement update step) Optimize the center and shape matrix of the state estima-
tion ellipsoid (Xj+1, Pit1) such that X1 € Eky1 by solving the optimization problem (28)—(31).

® Step 6: Set k = k + 1 and go to Step 2.
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5. Numerical example in target tracking

In this section, we compare the performance between the proposed set-membership filter and
extended set-membership filter (ESMF) [19], which can also be implemented online for target
tracking with a nonlinear dynamic system, when the state noises and measurement noises are
unknown but bounded.

By considering a two-dimensional Cartesian, coordinate system as follows [1]:

1 0T O
01 T
Xl = | 0 o [MTWe (35)
0 0 0 1
V(D) + (x(2))?
Ye = X¢(2) + Vi (36)
arctan (Xk ( 1))

x is a four-dimensional state variable that includes position and velocity [x,y,%,7]", and T = 1
s is the time sampling interval. The process noise and measurement noise assumed to be
confined to specified ellipsoidal sets:

Wi = {Wk : W;Q;lwkﬁl}

Vi = {Vk : VZR;leﬁl}.

where
Fo ) -
— 0 T— 0
3 2
0 T8 T2
3 a5 32 0
Qk — 62 5 3 2 , Rk — q )
T 0 T 0 1
2
T2
0 — 0 T
L 2 J

The target acceleration o> equals to 10. The parameter g is used to control the uncertainty of
the measurement noise. In the example, the target starts at the point (50, 30) with a velocity of
(5,5). The center and the shape matrix of the initial bounding ellipsoid are X, = [49.5 29.5 5 5]"
and Py = diag([5, 5, 2, 2]), respectively.

The following simulation results include three parts: the first part is about the size of the
remainder bounding ellipsoid, the second part is about the root-mean-square error (RMSE) of
the state estimation, and the third part is about the computation time. They are illustrated and
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discussed by the number of samples, the time steps, and the uncertain parameter g of the
measurement noise, respectively:

* In Figure 3, the log size of the remainder bounding ellipsoid is plotted as a function of the
time steps with the uncertain parameter g = 0.01. It shows that the size of the new method
is much smaller than that of the ESMF, i.e., the new method derives a tighter ellipsoid to
cover the remainder. Moreover, we use 30 samples to calculate a remainder bounding
ellipsoid on a time step based on solving the optimization problem (15)-(16). The corresp-
onding bounding ellipsoid is presented in Figure 4. It shows that the bounding ellipsoid
can cover all points of the remainder set with a very small size. In Figures 5 and 6, the
average size of the remainder bounding ellipsoid through the time steps 1-20 is plotted as a
function of the uncertain parameter g of the measurement noise. The larger 4 means that the
measurement noise is more uncertain. Thus, Figures 5 and 6 show that when the uncer-
tainty of the measurement noise is increasing, the size of the remainder bounding ellipsoid
of ESMF is quickly increasing; however, that of the new method is slowly increasing and
relatively stable.

* RMSE of the state estimation along the position direction is plotted as a function of the time
steps in Figure 7. It shows that RMSE of the new method is less than that of ESMF. The reason
may be that the new method derives a tighter ellipsoid to cover the remainder, which can be
seen in the Figure 4. Figure 7 also shows that RMSEs of the proposed filter based on 30 and 40
samples are almost same. The reason may be that the remainder bounding ellipsoid is same
when the number of samples is more than 30. In Figure 8, the average RMSE of the state
estimation through the time steps 1 to 20 is plotted as a function of the uncertain parameter 4. It

The log trace of the ellipsoid of the remainder with g=0.01
ESNF
Ik L the new method with M) samples | 7
e h new method with 40 samples

The trace of the ellipsoid of the remainder (m)
T
.

Time (sec)

Figure 3. The log size of the remainder bounding ellipsoid is plotted as a function of time steps with g = 0.01.
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Figure 4. The remainder bounding ellipsoid on a time step based on 30 samples from the boundary.

The size of remainder ellipsoid with different noise
T T T T T T T T
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Figure 5. The average size of the remainder bounding ellipsoid is plotted as a function of the uncertain parameter g by ESMF.
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The size of remainder ellipsoid with different noise

—#— the new method with 30 samples
—8— the new method with 40 samples
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the size of the ellipsoid of remainder (m)
= =
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Figure 6. The average size of the remainder bounding ellipsoid is plotted as a function of the uncertain parameter g by the
new method.
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Figure 7. The RMSE of the state estimation is plotted as a function of time steps with g = 0.01.
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The average estimation error along x position direction
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Figure 8. The average RMSE of the state estimation through the time steps 1 to 20 is plotted as a function of the uncertain
parameter g.

comparing the different filter for computation time with g=0.01
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Figure 9. The computation time of the proposed state bounding filter and ESMF at each time step.



Monte Carlo Set-Membership Filtering for Nonlinear Dynamic Systems
http://dx.doi.org/10.5772/intechopen.74387

shows that the average RMSE of the state estimation based on the new method is also less than
that of ESMF. The larger uncertain parameter g is a better performance of the new method than
that of ESMF. In summary, Figures 5-8 indicate that the new method performs much better
than ESMF, especially in the situation of the larger noise.

* Since the predictive step and measurement update step of the new method are calculated by
solving an SDP, the computation time of the new method is greater than that of ESMF, which
can be seen in the right of Figure 9, but it may be tolerated and be done in polynomial time.

6. Conclusion

In order to deal with the nonlinear dynamic systems with unknown but bounded noise, we
have proposed a new filtering method via set-membership theory and boundary sampling
technique to determine a state estimation ellipsoid. To guarantee the online usage, the nonli-
near dynamics are linearized about the current estimate, and the remainder terms are then
bounded by an ellipsoid, which can be written as the solution of a semi-infinite optimization
problem. For a typical nonlinear dynamic system in target tracking, the semi-infinite optimi-
zation problem can be efficiently approximated by a randomized method. Moreover, for some
quadratic nonlinear dynamic systems, using the samples on all vertices of a polyhedron, we
obtain a tight bounding ellipsoid, which covers the remainder by solving an SDP problem.
Finally, the set-membership prediction and measurement update are derived based on the
recent optimization method and the online bounding ellipsoid of the remainder other than a
priori bound, so that a tighter set-membership filter can be achieved. Numerical example
shows that the proposed method performs much better than ESMF, especially in the situation
of the larger noise. Future work will include that the multisensor fusion, multiple target
tracking, and various applications such as sensor management and placement for structures
and different types of wireless networks.
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Abstract

This chapter presents an extension and offers a more comprehensive overview of our
previous paper entitled “Stability conditions for a class of nonlinear time delay systems”
published in “Nonlinear Dynamics and Systems Theory” journal. We first introduce a
more complete approach of the nonlinear system stability for the single delay case. Then,
we show the application of the obtained results to delayed Lur’e Postnikov systems. A
state space representation of the class of system under consideration is used and a new
transformation is carried out to represent the system, with delay, by an arrow form matrix.
Taking advantage of this representation and applying the Kotelyanski lemma in combina-
tion with properties of M-matrices, some new sufficient stability conditions are deter-
mined. Finally, illustrative example is provided to show the easiness of using the given
stability conditions.

Keywords: nonlinear systems, time delay, arrow matrix, M-matrix, Lur’e Postnikov,
stability conditions

1. Introduction

Studying stability of dynamical systems with time delay has received the attention of many
researchers from the control community in the past decades, see [1-27] and the references
therein. Time-varying delay which varies within an interval with nonzero lower bound is
encountered in a variety of engineering applications which spreads from recurrent neural
networks to chemical reactors and power systems with loss-less transmission lines. It is there-
fore more appropriate to study stability analysis and control synthesis of these dynamical
systems with time-varying delays as these delays are usually time varying in nature. There
are mainly two strategies in obtaining stability conditions. We can obtain delay-independent

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
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(i.0.d) results [28, 29] and the references therein, which are applicable to delays of arbitrary size
or when there is no information about the delay. In general this lack of information about the
delay will result in conservative criteria, especially when the delay is relatively small. When-
ever it is possible to include information on the size of the delay, we can get delay-dependent
(d.d) conditions which are usually less conservative. Most of the systems described above are
nonlinear in practical engineering problems. For this reason, the chapter focuses on determin-
ing easy to test sufficient stability conditions for nonlinear systems with time-varying delay
[30-33].

New delay dependent stability conditions are derived by employing arrow form state space
representation [31-34], Kotelyanski lemma and using tools from M-matrix theory and
Lyapunov functional method.

The obtained results are exploited to design a state feedback controller that stabilizes Lur’e
systems with time-varying delay and sector-bounded nonlinearity [26, 28, 34]. In fact, Lur’e
control systems is considered as one the most important classes of nonlinear control systems
and continue to be one of the important problems in control theory that has been studied
widely because it has many practical applications [32-36].

The chapter is organized as follows: Section 2 presents the notation used throughout the
chapter and some facts on M-matrices that will be needed in proving the obtained results. In
sections 3 the main results are given. Application of these results to delayed nonlinear nth
order all pole plant and the well-known Lur’e systems, is presented in Section 4. Illustrative
example is given in Section 5 and some concluding remarks are provided in Section 6.

2. Notation and facts

Let us fix the notation used. Let C, = C([-t 0], R") be the Banach space of continuous functions
mapping the interval [-t 0] into R" with the topology of uniform convergence. Let x; € C,, be

defined by x,(8) = x(t + 0), 0 € [t 0] where x(t) = (y(t) y(t) ... y"™(t))". Foragiven peC,,
we define |||l =sup _ .o, l@(0)], @(0) €R". The functions a;(.), bi(.), i=1,...,n-1 are
completely continuous mapping the set J, x CH x S, into R, where C! = {¢ € C,,, ||¢|| < H},
H>0J,=[a +«),aceR and S, = {w,ki<w<k,/ki<k, €R}. In the sequel, we denote
(t,x, @) = (.).

Now we introduce several useful facts, including some definitions of M-matrices and the
Kotelyanski lemma that will be used in subsequent parts of the chapter.

Definition 1. The n x n matrix A = (ai, j)m ;

j<n is called an M-matrix if the following condi-
tions are satisfied fori =1, 2, ..., n [34]:

1. a,;>0,a;<0 (i#},j=1,2,...,n).

2. Successive principal minors of A are positive, i.e.
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det| : et >0

Definition 2. The matrix A is the opposite of an M-matrix if (—A) is an M-matrix. There are
many equivalent conditions for characterizing an M matrix. In fact, the following definition is
the most appropriate for our purposes [34].

Definition 3. The matrix A = (aj ;)
a;;<0,i#j, (i,j=1,2,...,n) and for any vector c €RY", the algebraic equation Ac=chasa

neijen is called an M-matrix if a;; >0 (i=1,2,...,n),

N
solution ¢ = (A ) o eR [34].
Kotelyanski Lemma

The real parts of the eigenvalues of a matrix A, with non-negative off diagonal elements, are
less than a real number p if and only if all those of the matrix M, M = I, — uA, are positive,
with I, the n x n identity matrix [34, 35].

3. Sufficient stability conditions

Our work consists of determining stability conditions for systems described by the following
equation:

n-1 n
y® (1) + Zai(t’ xe, @)y (t) + ij (t, xe, @)y (1) = u(t) "
i=0 j=0
vy () = @,(t), te[-t0,i=0,...,n1,
where 1 is a constant delay and a;(.), bi(.), i =1, ..., n-1 are nonlinear functions.
We start by representing the system (1), under another form. Using the following notation:
xi1(t) =yY(t),i=0,...,n1 )
we get:
Xi(t) = Xi+1(t) i= 1, ceey n-1
) n-1 n-1 (3)
%n(t) ==Y ai(-)xi(t)->_bi()xi(t-T)
i=0 i=0
or under matrix form:
x(t) = A()x(t) + B(.)x(t-t) 4)

A(.) and B(.) are n x n matrices given by:
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0 1 .. 0 0
al)= 0 0 1 Bl = 0
-ao(.) -ai () ... ~dp-1 () -bo(.)

The regular basis change P transforms the original system to the new one defined by:

x(t) = Pz(t),

with:
101 .1 0
p_ |1 c.xn-lo
adt ogt &g:{ 1

The new state space representation is:

with:
o By
o B,
F(.)=P'A()P= :
On-1 Pa1
Y1) va() Va1 () Yal)

Elements of the matrix F(.) are defined in [33] by:
Yi(.) = paley,.) for i=1,...,n-1,

n-1
Yul) = 'an—1(~)'Zai

where

and

for i=1,..,n-1
A:(Xi

B = Q)

(6)

@)

®)

©)

(11)
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where

Q) =[] (A-ey) (13)
j=1
and the matrix D(.) is given by:
R [ On-i,n-1 On-1,1
DL) =F7B)F = ( o1() o dnea() Bn() > (9

Elements of the matrix D(.) are defined in [18] by:

{61(.) =-pglay,.),i=1...,n1

6n() = 'bn-l(') (15)

Based on this transformation and the arbitrary choice of parameters a;,i =1, ...,n — 1 which
play an important role in simplifying the use of aggregate techniques, we give now the main
result. Let us start by writing our system in another form. By using the Newton-Leibniz
formula

t
x(t-1) = J x(u)du (16)
Equation (Eq. 8) becomes
t
2(8) = (F() +D(.))z(t)-D(.)J %(0)d0 (17)
t-t
Let Q) be a domain of R, containing a neighborhood of the origin, and sup ; , ¢ the suprema
calculated for t €], (i.e t> 1), for functions x with values in Q, and for @ in S.
Next, using the special form of system (Eq. (1)) and applying the notation sup; , s =sup

we can announce the following theorem.

Theorem 2.1. The system (Eq. (1)) is asymptotically stable, if there exist distinct parameters
o;<0,i=1,...,n-1, such that the matrix 15(.) is the opposite of an M-matrix, where F(.) is
given by

a [N

o |52 ’
: (18)

Oin-1 |[‘3’n-l !

Yl() YZ() ?n—l() ?n()

and the elements y,(.),i =1, ..., n, are given by
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() + ()] + el [supy foi(.)

v.() = ,i=1,..,n1
Vi T—sup,, oal.)
| I, "
: Tsupp) [Oa ()l val) i Isupy) i)l
Yn() _Yn()+6n()+ 1*T5up ‘b Zlf’tsup ()|
Proof:
We use the following vector norm p(z) = ( p;(z) p,(2) p;(2)...p,(2) )/, where
pi(z)=lzi|i=1,...,n1
Zsup 15i(.) 0 (20)
Zy| + —————— Zi(9)| d9dO
Pule) = bl 1= i a1 g P
with the condition
Tsupy) [on(.)] <1 (21)
Let V(t) be a radially unbounded Lyapunov function given by (Eq. (22)).
V() =( (plav)),w) = Zwlpl (®) 22)
where w eRY, w; > 0,i =1, ..., n. First, note that
n sup;; ([3n(.)) e
< wij |zi(to)| + wWn | |Zn(ty)| + ——————=su = =< e
; | (0)| <| (0)| 1—Tsup[‘ (|f) ()D[ ,I;] ’(P ‘ 2
and
2 Zwi |zi(t)
i=1
The right Dini derivative of V(t), along the solution of (Eq. (22)), gives
(t)
D*V(t) i 23
ZW dt+ (23)

a P,(Z()) i=1 ..

For clarification reasons, each element of ., 1 is calculated separately. Let us

begin with the first (n-1) elements. Because |z1 | = zisign(z;), we can write, for i =1, ..., n-1,
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d'p;(z(t)) _ d"zi(t)] _ d*z(t)
dt” dt* dt*

sign(z;(t))

= a|zi (t)| + P,zn(t)sign(z;(t)) (24)
<oz (V)] + [y zn (1)
and
dp(2)  dfz| 2 WU oo
e dt* i(v)| dvd® 25
dt™ dt" 1-t sup [on ()] dtt L Jt+6 |Zi(v)| dv (25)
because
Lo o) 2 supy) (o)

ar O ¢ =S PPN t .
1 oy A | 091490 = 12 (18001 01

and

d* |z (1)
dtt

t
=T

n-1 n
< (Yol +0a() za®] + Y () + 80|l ()] +Zsup[,ﬂ6i<.>|J 12:(0)|d6
i=1 i=1

Finally, it is easy to see that equation (Eq. (25)) can be overvalued by the following one

Then we obtain the following inequality

DV(t) < (F()lz(t)], w) (26)
where |z(t)] = (|z(t)] ... |za(t)]), and
o [

o2 1B,
: (27)
On-1 “‘))n-l‘

Vi) Y20 o Yaa () ¥al)

Because the nonlinear elements of F(.) are isolated in the last row, the eigenvector v(t,x., @)
relative to the eigenvalue A, is constant [34, 35], where A, is such that Re(Ay) =
max; {Re(A;),A; €EA(F (.))}. Then, in order to have D"V (t) < 0, it is sufficient to have F(.) as
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the opposite of an M-matrix. Indeed, according to properties of M-matrices, we have

Vo e R, 3w e RY" such that -(F’(.))_lo = w. This enables us to write the following equation
T / [T
DV < ((EO)z(0))),w) = (200, F'()w) = (2(t)], ~0) Zol\zl <0 (28)

This completes the proof of theorem.

Corollary 2.1. The system (Eq. (1)) is asymptotically stable, if there exist distinct parameters
a; < 0,i=1,...,n-1, such that the following condition:

p()+2wv() —&() <0 (29)
is satisfied.
where:
B() = Yo () +3n() + Tsupy [Ba () ([Ya() + ()] = (val) +0a(1)))
n—1
v ) o}
( Elj [B; [supy, [o:(.) o)
Z\YI Hﬁ L.
Proof:

Basing on definition 1 and definition 2, the choiceof ax < 0,k =1, ...,n-1, o; # Qaj for i # j, the
condition of signs on the principal minors is as follows

-1 0
det >0, (i=1,2,3,...,n-1) (31)
0 -Q
and
-1 3 n-1
. N eI
det(-F(.)) :-(yn(.)- Y am (-06) > 0 (32)
i=1 i i=1
which yields to the following condition
n-1
= 1() i
ya0- S BB (39)
i=1 &

Replacing each term in (Eq. (33)) of by its expression we get
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n—1
Tst[l]plénc)\m«)+6n<.>| TZlﬁilsﬁplém.n
. i=1 .

+ +
& 1 — tsup |0, (.)] 1 — tsup [0,(.)]
] ]

(m.) #8101+t sup |61~<.>|> .
> :
= (1 — TSl[l]p |6n(.)|>ai

n—1
= (1 - 251[1]p |5n(.)|> (7, () +6a()) + TZl‘Bil Sl[l]p 16;()]
: i=1 :

- <|y,-<.> +8,()| - zaisup a-o) B,
> T

i=1

which can be re-written as:

n—1 . aoq T sup 0:(-)[IB;l
u() 4+t v() - Z i) +a‘?z(-)llﬁ,-| -3 uai
=u()+tv()-E0)+T1v()
=p()+2t v()—&()

where:

p()=(1- 2TSI[1]p (0u()) (7 () +6u(.))
n—1

v(.) = Z|,3,-|Sl[llp|5i(~)|
=1 .
n—1

) = $ L0+ BOIB)

=1 i

which completes the proof.

Remark 2.1. If the couple (p,(s,.) + pg(s,.),Q(s)) forms a positive pair, then there exist
distinct negative parameters a;, i = 1, ..., n-1, verifying the condition (y;(.) +&(.)) p; > 0 for
i=1..,n1

Using Theorem 2.1 and Remark 2.1, the obtained supremum of time delay is a function of o
values, i =1, ..., n-1. As a result, a sufficient condition for asymptotic stability of our system is
when values of the time delay are less than this supremum.
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Corollary 2.1. If the couple (D(s,.) + N(s, .), Q(s)) forms a positive pair and there exist distinct
negative parameters a;, i = 1, ..., n-1, such that:

2t((ya() +On()) sup [] [oa()Iv()) +2 )2 (34)

then the system (Eq. (1)) is asymptotically stable.
Proof.

According to Remark 2.1, we find that

c1 o+ )

Yn(-)+6n(-)'z— Vi (-) 4+ 0n(
=1 a ]:1
_ D(0,) +N(,.)

Q(0)

The result of Theorem 2.1 becomes
2t((Yn () + () sup [] [2u()[-v(.)) +

This completes the proof of corollary.
Remark 2.2

*  Theorem 2.1 depends on the new basis change, where parameters a; of the matrix P are
arbitrary chosen such that matrix T(.) is the opposite of an M-matrix. The appropriate
choice of the set of free parameters a; makes the given stability conditions satisfied.

*  The theorem takes into account the fact that delayed terms may stabilize our system.
Theorem 2.1 can hold even if p, (s, .) is unstable. This is another advantage as the majority
of previously published results assume that p (s, .) is linear and stable.

4. Application to delayed nonlinear nth order all pole plant

Consider the complex system S given in Figure 1.

D(s) = p4(s) defined by (Eq. (11)) and py(s) = 1, respectively. In this case f ;(.) are constants
and g is a function satisfying the finite sector condition.

Let ¢ be a function defined as follows
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q{uj e T8 y{fj

Figure 1. Block diagram of studied system.
e(0) # y(0) VOE [T+ (35)

sup g(e(t),y(t)| =3 €RT.

The presence of delay in the system of Figure 1 makes stability study difficult. The following
steps show how to represent this system in the form of system (Eq. (1)). Then we can write

l

n—1
+Za1 i =—g(e(t—1),y(t — D)yt — 1) +gle(t — 1), y(t — 1))e(t — 7).

Using the following notation §(.) = g(e(t — 1), bx(t — 7)), therefore

n—1
v )+ ay (1) + 3 (y(t— 1) = Z(Je(t — 7). (36)

i=0

It is clear that system (Eq. (36)) is equivalent to system (Eq. (1)) in the special cases ¢(0) = 0 and
e(6) = —Kx(6), x(t) = (y(t),y(#), ...,y<”)(t))/, Y 6 €[~ + o[. We will now consider each case
separately.

4.1.Casee(t) =0

In case, e(t) = 0 Vt€ [T + o], the description of the system becomes
+Za1y(’ +3()y(t—1) =0.

This is a special representation of system (Eq. (1)) where f,(.) = ai, g()=g8()g()=0V
0.

i=2,..,n—-1,D(s,.)=D(s),N(s,.) =8(.), y,() =y, = —tn-1 — Zl a;and 6,(.) =
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A sufficient stability condition for this system is given in the following proposition.

Proposition 4.1. If there exist distinct &; < 07 =1, ..., n — 1, such that the following conditions

Y, <0
{ y:(.) +2t1(.) —&() <0 (37)
where
)=y,
vi()=g o

ID(ar) +8OIBI ”i ID(ai) |1

[251 (%

&)=

i=2

are satisfied. Then the system S is asymptotically stable.

Suppose that D(s) admits n distinct real roots p; i=1,...,n among which there are n —1

negative ones. By using the fact that a,_1 = — En: p;, then the choice a; =p, Vi=1,.,n —2and
1:1;1—1

Ap-1 =p,_; + € permit us towrite y,, = —a,_1 — 3_ p; = p, — & In this case the last proposition

becomes. -

Proposition 4.2. If D(s) admits n — 1 distinct real negative roots such that the following
conditions

{pn —e<0 o)
fo (1) +2tv2() = &() <0
are satisfied, where
t()=p,—¢
- D (40)
52(> _ |g()”.31| + | (an,1)\|ﬁn_l|
M Ap—-1

then the system S is asymptotically stable.

4.2. Case e(t) = —Kx(t)

In this case, take e(t) = —Kx(t) with K = (ko, k1, ..., ks—1), then the obtained system has the
same form as (Eq. (1)), with §X(.) = gX()(ko + 1) and gX(\) =g (ki i =2, ..., n.
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The stabilizing values of K can be obtained by making the following changes:

n—1 n—1
V==t — Yy 0K() = 8Ok, () =3 |N(ay)| where g€ = sup 84
i1 i=1 4
B n—1 )
and N(a) = (1 +ko) + Z (bi + ki)a'.
i=1

Proposition 4.3. If there exist distinct ; < 0,71 =1, ..., n — 1, such that the following conditions

YVu— EK(.)kn,1 <0

1
" 25 k] “
pk () +2vk() = &) <0
where
pE () = (1 =28%lkal) (7, + 65 ()
n—1
K _ =K N .
i()=3 ;w,-HN(am )

n—1 ~ 4 A
() = St + g4 N IB

i1 &i

are satisfied. Then the system S is asymptotically stable.

By a special choice of K the result of proposition 3.3 can be simplified. In fact, if the conditions
of this proposition are verified we can choose the vector K such that D(p;) = N (p;). In this case
weobtain D(p;) =N(p,) =0,¥i=1,...,n—1and v;(.) = &(.) = 0 which yields the following
new proposition.

Proposition 4.4. If D(s) admits n — 1 distinct real negative roots p, such that the following
conditions are satisfied.

Yy — 8 (Jku1 <0
e 1
ZgKlkn—ﬂ

uk() <0

(43)

Then the system S is asymptotically stable.
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5. Illustrative example

Let us study the same example in [34] defined by Figure 2 which refer to the dynamics of a
time-delayed DC motor speed control system with nonlinear gain, Block diagram of time-
delayed DC motor speed control system with nonlinear gain.

where:

* p=+andp, = TL, where T, and T, are, respectively, electrical constant and mechanical

constant.

* 1 presents the feedback delay between the output and the controller. This delay repre-
sents the measurement and communication delays (sensor-to-controller delay).

* 1. the controller processing and communication delay (controller-to-actuator delay) is
placed in the feedforward part between the controller and the DC motor.

* g(.): R — Ris a function that represents a nonlinear gain.
The process of Figure 2 can also be modeled by Figure 1, where 7 = 77 + 7.

It is clear that model of Figure 2 is a particular form of delayed Lurie system in the case where
D(s) =s(s+p;)(s+p,) =+ (p, +py)s* +pyp,s and N(s) = 1. Thereafter, applying the
result of Theorem 2.1, a stability condition of the system is that the matrix T(.) given by:

ar 0 (a1 — )|
T()=10 a (e —ar)"
1) k() t3(.)

where:

Nonlinear gain Processing DC Mator

delay

e(t) U - g(u) 1 w

'—b@—» g(.) : e s(s+p1)(s+p2) i

TS

Measurement and

communication delay

Figure 2. Delayed nonlinear model of DC motor speed control.
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() =1y + 8O+ Tlnlg 02() =1yl () =y, +1IBI8

must be the opposite of an M-matrix. By choosing «;, i = 1, 2, negative real and distinct, we get
the following stability condition:

Bully, +80)I _ 1Byl <0
[25] [2%)

Vs +211B,18 —

For the particular choice of a1 = —p; and a, = —p, + ¢, ¢ > 0.

yields |B;] = |B,] = I(e +p - pz)_ll and we obtain the new stability condition:
213+ [py | RO+ laa| M ID(2)l < ele + py — pyl

Assume that we have this inequality § < |D(a2)| we can find from \ref.{ops} the stabilizing
delay given by the following condition:

1iele+pi—pol -1, 4

By applying the control e(t) = —Kx(t) with K = (ko, k1,k2), we can determine the stabilizing
values of K can be obtained by making the following changes:

Ya=—(p1 +12) Zauél () ko +1),65() = -8 (ki1, i=23

2
=3 Zw IN ()] where g€ —sup|g “Oland N(a) =1+k + ) ko'

i=1 i=1

If we choose a; < 0, i = 1, 2, such that the following conditions

D(a;) =N(a;) =0,V,i=1,2

we get
1+ ko ky
szl + P Ezplpz

and from proposition 3.3 the stabilizing gain values satisfying the following relations:

0— g ( )kz <0

45
ol <~ &)
218

Finally we find the domain of stabilizing ko, k, k> as follows:

233
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1
0<k2<——[(
278

kl = plpsz (46)
and

ko= (py +py)ks — 1
6. Conclusion

In this chapter, a joined and structured procedure for the analysis of delayed nonlinear systems
is proven. A complete structured analysis formulation based on the comparison principle and
vector norms for the asymptotic stability is presented. Based on the arrow form matrices, and
by taking into account for the system parameters, a new stability conditions are synthesized,
leading to a practical estimation of the stability domain. In order to highlight the feasibility and
the main capabilities of the proposed approach, the case of nonlinear nth order all pole plant
and delayed Lur’e Postnikov systems are presented and discussed. In addition, the simplicity
of the application of these criteria is demonstrated on model of time-delayed DC motor speed
control.
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Abstract

We present a case study of the FitzHugh-Nagumo (FHN) type model with a strongly
asymmetric activation function. The proposed model is an electronically rather than a
biologically inspired approach. The asymmetric exponential model imitates the shape of
spikes in real neurons better than the classical FHN model with a cubic van der Pol
activation function. An array of mean-field coupled non-identical FHN type oscillators is
considered. The effect of mutual synchronization (phase locking) of units, originally
oscillating at their individual frequencies, is demonstrated. Several feedback control
methods, including stable tracking filter technique, mean field nullifying, and repulsive
coupling are shown either to stabilize unstable equilibrium states or to suppress syn-
chrony of the coupled FHN oscillators. The stability of the equilibrium states is analyzed
by employing the eigenvalues, obtained from the characteristic equation, and by using the
diagonal minors of the Routh-Hurwitz matrix. Nonlinear differential equations are solved
numerically.

Keywords: nonlinear dynamics, spiking neuron model, FitzHugh—Nagumo oscillator,
arrays of coupled oscillators, equilibrium states, synchronization, control methods

1. Introduction

The stability of any either natural or artificial system is a valuable and desired property.
Therefore, the control of dynamical systems, in particular stabilization of their unstable equi-
librium (UEQ) states, is an important problem in basic science and engineering applications,
if periodic or chaotic oscillations are unacceptable behaviors. Usual control methods, based
on proportional feedback control [1, 2] require knowledge of a mathematical model of a

© 2018 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of the Creative
InteChOpen Commons Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgIN
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dynamical system or at least the exact coordinates of the UEQ in the phase space for the
reference point. However, in many real complex systems, especially in biology, physiology,
economics, sociology, and chemistry neither the full reliable models nor the exact coordinates
of the UEQ are a priori known. Moreover, the position of the UEQ may change with time
because of external unknown and unpredictable forces. In these cases, adaptive, that is model-
independent and reference-free methods, automatically tracing and stabilizing unknown UEQ,
can be helpful [3-5].

Synchronization is a universal and very common phenomenon, widely observed in nature,
science, engineering, and social life [6]. Coupled oscillators and their arrays, exhibiting syn-
chrony, range from pendulum clocks to various biological populations. In many cases, syn-
chronization plays a positive role. However, sometimes, it has an unfavorable impact. Strong
synchronization of neurons in human brain is an example. It is assumed that synchrony of
spiking neurons in a neuronal population causes the symptoms of the Parkinson’s disease and
essential tremor [7]. Therefore, development of the methods and practical techniques for
controlling, more specifically, for suppressing synchrony of coupled oscillators, in general,
and particularly with possible application to neuronal arrays, is of great importance [8-10].

A variety of adaptive feedback methods for stabilizing UEQ of nonlinear dynamical systems
have been described in literature. Here, we mention only some of them, e.g., derivative control
technique [11-13], stable filter technique [3, 4, 14-17], unstable filter technique [18-20], and
combined filters techniques [21-23]. A comprehensive list and an overview of control methods
developed to stabilize UEQ states can be found in [24]. We note that the above mentioned
techniques deal with single unstable dynamical systems. Stabilization of a network of coupled
oscillators has been considered in a recent paper [25].

Suppression of synchrony in arrays of oscillators by means of feedback methods has been
described in many papers [7-10, 26-29]. More publications and discussion on the feedback
techniques for control of synchrony are presented in [24, 25].

Another way to avoid synchrony in arrays of oscillators is a non-feedback method using
external periodic drive at relatively high frequency (much higher than the natural frequency
of the oscillators). In neurology, it is known as deep brain stimulation (DBS), applying about
150 Hz periodic pulses to certain brain areas [30]. It is a clinically approved therapy for
patients with the Parkinson’s disease symptoms. However, mechanism of the DBS is not fully
understood. There are several papers considering the Hodgkin-Huxley and the FitzHugh-
Nagumo models and demonstrating that high frequency forcing can stabilize the UEQ of the
neuronal oscillators and thus inhibit spiking cells [31-33].

In this chapter, we present a case study of the FitzHugh-Nagumo (FHN) type model with a
strongly asymmetric activation function (Section 2). An array of mean-field coupled non-
identical FHN type oscillators is considered in Section 3. The effect of mutual synchronization
(phase locking) of units originally oscillating at their individual frequencies is demonstrated.
Several feedback control methods, including stable tracking filter technique (Section 4), mean
field nullifying (Section 5), and repulsive coupling (Section 6) are shown either to stabilize
UEQ states or to suppress synchrony of the coupled FHN type oscillators.
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2. Single FHN type oscillator

An extremely simple electrical circuit, imitating a single spiking neuron, is sketched in Figure 1.
The negative resistance R,, can be implemented by means of a negative impedance converter
[34]. Typical train of spikes from its output is presented in Figure 2.

We apply the Kirchhoff’s laws to electrical circuit in Figure 1, use the Shockley current-voltage
characteristic for the diode, and introduce the following dimensionless quantities:

Ve  pl t P Ip Isp V"

; r 5 \/f M
= — = — RN — = — — _— _ — — —_
YEye Ve v’ Y TR P PRV v M T PV

where V' =1V, kg is the Boltzmann constant, T is the absolute temperature (in K), g is the
elementary charge, kgT/q is the thermal potential (= 25 mV at room temperature, T =293 K), n is
a diode ideality factor, sometimes called emission coefficient (assumed value n = 2). Then,
differential equations, convenient for analysis and numerical integration, are derived:

¥ =Fx)—y-7
- ()
y=x—py.
Activation function F(x) in Eq. (2) is a strongly asymmetric one (Figure 3):
F(x) = ax + 6[exp (—ux) — 1]. 3)

= out

Figure 1. Circuit diagram of the electronic analog of spiking neuron. R, is a negative resistance.

15F

S

> 5H
0 10 20 30 40

time (ms)

Figure 2. Voltage spikes from the circuit in Figure 1, generated by means of Electronics Workbench Professional software.
R, = — 680 Q, D is a semiconductor diode (BAV99 type) with saturation current Is = 10 nA (5 = 107°), L = 100 mH,
C=1001F, (p=1kQ), r=50 Q (3=0.05), I=1mA (y =1).
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3
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X

Figure 3. Activation function F(x) from formula (3). @ = 1.5, 6 = 10>, and u = 20. Black dot on the curve marks the
equilibrium coordinate xy = —0.12 from formula (5) at f=0.1and y = 1.

F(x) essentially differs from the odd function Fryi(x) = x—x°/3, introduced by FitzHugh [35] and
used in many later papers, e.g., in [28]. It also differs from the asymmetric three-segment
[x < -1, —1<x <1, x > 1] piecewise linear function Fpy(x) = ax + d(x + 1)H(—x-1) + g(x—1)H(x-1)
suggested in [36], where d >> g and H(u) is the Heaviside unit step function, i.e.,, Hu >0)=1, H
(1 £0) =0. In contrast to the Fpy (x), the F(x) is a smooth function, and therefore it seems a more
realistic option.

For af <1and
1—-ap

y << Ino™! 4)

the equilibrium solution of Eq. (2) is given by the fixed point coordinates

__ Br _ Y
X0 = 1_aﬁ’ Yo = 1_aﬁ (5)
Due to the exponent in the activation function F(x), strong inequality (4) practically can be
replaced with a simple inequality:

1-ap

< Ins~". (6)
LT

Note empiric factor 2 is in the denominator. Egs. (2), linearized around the fixed point (5), read

X=ax—y,

. 7
y=x—py. 7

The corresponding characteristic equation is

A —(a—B)A+1-ap=0. (8)



Controlling Equilibrium and Synchrony in Arrays of FitzHugh-Nagumo Type Oscillators
http://dx.doi.org/10.5772/intechopen.74337

15 F
10 H

X
4]
—

0 100 200 300 400

15
10

x(1)

w
T

0 100 200 300 400
time

Figure 4. Waveforms x(t) from Eq. (2) witha =15, =1, 5=10">, and u = 20 for different damping B. (Top) = 0.05 and
(bottom) 8 = 0.1. Note, different inter-spike periods in the two plots.

It has two eigenvalues

If a > B, then both real parts of the eigenvalues, ReA; , are positive, proving that the equilib-
rium (X, yo) is an unstable fixed point. If & + > 2, it is a node, and if & + § <2, it is a spiral.

Numerical solution of nonlinear equation Eq. (2) is presented in Figure 4.

3. Array of FHN type oscillators

An array of isolated (non-coupled) oscillators is given by

Xi=Fxi) -y, —7

(10)
Yi=xi— By,

F(xi) = ax; + 6 [exp (—pxi) — 1]. (11)

Here and elsewhere i=1, 2, ..., N. Note that the structure of function F(x) and parameters a, 0,
and p are the same for all oscillators, whereas the damping parameters f; in Eq. (10) are
intentionally set different for each oscillator to make them slightly non-identical units.

Now we introduce interaction between oscillators. To be specific, we consider mean-field cou-
pling, which is also called “star” coupling in electronics (Figure 5):
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xXi =F(xi) —y; — y + k({x) — xi),

. (12)
Yi=xi— By
Here, k = p/R* is the strength of coupling and
1
(x) = Nin. (13)

Typical phase portraits for isolated and coupled (synchronized) oscillators are shown in Figure 6.

Intricate phase trajectories in Figure 6 (left) indicate that the oscillators are not synchronized,
but oscillate at their individual frequencies, whereas simple closed loop in Figure 6 (right)

Figure 6. Phase portraits. N=24, a =15, §;=0.05+0.001, y =1, 5= 10>, and p = 20. (Left) Isolated oscillators either from
Eq. (10) or Eq. (12) with k=0, and (right) coupled oscillators from Eq. (12) with k=1.

oy IS RS NANIN]

0 100 200 300 400
time

<X>

Figure 7. Waveform of the mean-field variable <x> from Eq. (12). N=24, « =1.5, ;= 0.05 + 0.0017, y =1, 6 = 107>, and
u=20. Coupling (k = 1) is switched on at ¢ = 100.
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proves that oscillators are in synchrony (phase-locked), i.e., oscillate at the same frequency. For
synchronized oscillators, the phase difference is not necessarily zero (the phase portrait is not
fine diagonal), but it does not change with time. The mean variable <x> for the two cases is
shown in Figure 7. The amplitude of mean-field variable <x> is relatively low for isolated
oscillators (k = 0), but becomes large for synchronized state (k = 1).

4. Stabilizing equilibrium states in array of oscillators

When an external capacitor is applied to the coupling node CN (Figure 8), the overall system
becomes (2 N + 1)-dimensional system:

Jéi:F( Xi) = Y; — v +k(z—x),
V= xi — By (14)
z = wr((x) — z).

Here, z is a dimensionless dynamical variable related to voltage across the external capacitor
Co, z = Vo/V*, the mean <x> is given by formula (13), and wy is the dimensionless cut-off
frequency of the filter composed by R* and Cy.

Analysis of the high-dimensional system is very complicated. Therefore, we consider a mean-
field approach. We average all terms in Eq. (14) over all oscillators i =1, 2, ..., N:

(@) =(F) = (y) =y +k(z — (x)),
(y) = (x) — (By), (15)
z = ws((x) — 2).

1 1 N 1 N N\/L_C
<x):Nin, @ZN;%, <P):N;F(xl (By) = Zﬁy,, o =g, (19

Figure 8. Diagram of mean-field coupled oscillators with a stabilizing capacitor Cy. Stable RC filter is composed of
coupling resistors R* and capacitor Cy (see formulas (16)).

243



244 Nonlinear Systems - Modeling, Estimation, and Stability

Eq. (15) is not suitable to describe full dynamics of the system. However, we can exploit it to
find equilibrium coordinates. If inequality (6) is valid for all oscillators with different f3;, the
steady-state equations read

0= (xo) — (yo) — ¥ + k(zo — (x0)),

0= )~ o) @)
0= (JC()> 20
Here,
1Y 1 1Y 1Y
Xo) = K]Zxol? (o) = ﬁzyow (Byo) = K]Zﬁiyov B) = K]Z (18)
i=1 i=1 i=1 i=1

There is a problem in Eq. (17) with the term <Byo>(By, ). In general, <Byy> # <p> < yo>. How-
ever, if the ranges of the multiplicands f3; and y,; in (18) are considerably different (in our case,
the individual equilibrium coordinates yy;, in comparison with ; much weaker depend on i),
then <Byy> = <B> <yy>. Similarly to a single oscillator, considered in Section 2, for af; <1, the
equilibrium coordinates are

(xo) = — (Bl (o) = —1_7%/ zo = (xo)- (19)

Linearization of Egs. (15) around the equilibrium coordinates yields:

(%) = afx) = (y) + k(z — (x)),
{y) = (x) = (B)y), (20)

The corresponding characteristic equation is

A%+ 1A% + A +hy =0, (21)

where
b= —at (B +k+ap h=1-alp)+ (Ek—(@—(E)ap = (1-al)er @)

Numerical solution of Eq. (21) is presented in Figure 9 for different values of the coupling
parameter k. The equilibrium is stable, if the real parts of all three eigenvalues are negative,
RE/\1,2,3 <0.

Necessary and sufficient conditions of stability can be found analytically from the Hurwitz matrix
hy hy 0O

H=|1 nmn o0 |. (23)
0 h h



Controlling Equilibrium and Synchrony in Arrays of FitzHugh-Nagumo Type Oscillators 245
http://dx.doi.org/10.5772/intechopen.74337

The Routh—-Hurwitz stability criterion claims that the system is stable, if all diagonal minors of
the matrix H are positive:

A =h >0 A =hhi—hy>0 Az=hoA, >0. (24)
The first minor is A; > 0, if
k>k=a—(B) —a. (25)

For a=1.5, §;=0.05+ 0.001i, and wr=0.1, the threshold is k; = 1.34.

The second minor A, is more cumbersome and yields quadratic equation:
(B)I* +dk + g = 0. (26)
where

d=1-2a(g) + (B)" ~ (o~ 2(p))ay,

: @)
g=—(a—(B)[1-alp) — (a = (B))ay + .
Eq. (26) has an analytical solution
2
kpp= -l | L8 28)

which provides two different values. For a = 1.5, ; = 0.05 + 0.001{, and w;= 0.1, the values
are k; = 1.44 and k3 = —12.3. Eventually, we evaluate the threshold ky, = max(ky, ko, k3) = 1.44.
It is in a very good agreement with numerical value of kg, obtained from ReA;; 3(k)
in Figure 9.

Figure 9. Real parts of the eigenvalues from Eq. (21). N =24, a = 1.5, f;=0.05 + 0.001i, <f>= 0.0625, and ws=0.1. Arrow in
the plot indicates the threshold coupling parameter ky, = 1.44, where the largest eigenvalues become negative.
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Figure 10. Waveforms from Eq. (14). N =24, « = 1.5, §; = 0.05 + 0.001i, y =1, 6 = 107°, u =20, wg=0.1, and k = 1.6. (Top)
Mean-field variable <x>, (bottom) control term z — <x>. Control is switched on at t = 300 (<x> in the coupling term is

replaced with z).

Once A; >0, the inequality for the third minor A; > 0 can be replaced simply with kg > 0. This
can be further simplified to (1-a<p>) > 0, since w¢ > 0 by definition. Finally, we come to
inequality a<p> <1, which satisfied by itself, because it was already used as an assumption to
derive the equilibrium coordinates; see formulas (19).

Numerical results from Egs. (14), demonstrating dynamics of equilibrium stabilization, are
presented in Figure 10.

5. Mean-field “nullifying” technique

A straightforward way to desynchronize the mean-field coupled oscillators is to “nullify” the
mean field at the coupling node CN, i.e., to remove the reason of synchronization. The
corresponding diagram is shown in Figure 11.

We repeat here Eq. (12) from Section 3 for clarity and for comparison with Eq. (30):

&zFWO—y—V+M@%—m/
_xl ﬁyl

and emphasize that the mean-field value <x> by itself is not zero:
1
:NE;”#O' (29)
=

The control technique implicates that the mean-field variable <x> is not fully nullified, but its
value at the coupling node CN, <x> y is set zero:
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X = F(xi) -y, =7+ k(O — x,'), (30)
Y =xi — By,

The coupling node is simply grounded, as sketched in Figure 11. Numerical results are shown
in Figure 12. Note that when the control is switched on, the value of actual mean-field variable
<x> becomes relatively small, but is not zero.

15
A 10
5¢

V.5

s Il "

1 1 i
300 400 500 600
time

"

1
0 100

L n

1
200

Figure 12. Waveform of the mean-field variable <x> from Eq. (30). N=24, a =1.5, §;=0.05+0.0017, y =1, 6 = 1075, u=20,
and k = 1. Control is switched on at ¢ = 300 (xcy = <¥> in the coupling term is replaced with xcy = 0).

6. Repulsive coupling technique

An alternative method of desynchronization of coupled oscillators is the repulsive coupling,
also called “repulsive synchronization” technique [26]. Diagram is sketched in Figure 13.

Voltage at the coupling node xcy is found from the Kirchhoff’s law for current:

k(x;i — xen) — Gxen =0, (31)

N
=1

c=L. (32)
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Figure 13. Diagram of mean-field coupled oscillators with coupling node CN, grounded via resistor R,,.

15
10

<X>

300 400 500 600
time

0 100 200

Figure 14. Waveform of the mean-field variable <x> from Eq. (34). N=24, =15, §;=0.05+0.001i, y =1, 6 = 107°, =20,
and k = 1. Control is switched on at t = 300 (xcn = <x> in the coupling term is replaced with xcy = — < x>).

Eq. (31) yields:
xen = kN(x)/(kN + G). (33)

Evidently, for Rn =0, the G — e« and xcy = 0, as expected. It is the case considered in previous
Section 5. If R,, is negative, say it provides value of G = —2kN, then xcy = — <x>. It is the case of
so-called repulsive coupling:

X = Fxi) —y; =y + k(= {x) — x1),

. (34)
Y =xi— By

Numerical results are presented in Figure 14. Similarly to the mean-field “nullifying” tech-

nique, the mean <x> becomes small, which is a typical feature of either non-synchronized or
antiphase synchronized oscillators.

7. Conclusions

A modification of the FitzHugh-Nagumo (FHN) model of a spiking neuron has been pro-
posed. In the original model, developed by FitzHugh [35], the cubic activation function x—x*/3
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has been replaced with a strongly asymmetric exponential one. This function provides more
realistic shape of the membrane voltage spikes. Synchronization effect in an array of mean-
field coupled non-identical FHN type oscillators has been demonstrated.

Three methods for controlling arrays of coupled FHN type oscillators have been described:

Stable filter technique aimed to damp spikes in coupled oscillators. It is based on replacing
the mean variable <x> at the coupling node with its filtered version z.

Mean field nullifying technique, <x> = 0 (grounding the coupling node).

Repulsive coupling technique, following the idea described in [26] and shown for an array
of Kuramoto 1D phase oscillators. It is based on replacing the mean-field variable <x> at

”

the coupling node with the inverse version “— <x>

The above control techniques have different physical mechanisms behind, ranging from stabi-
lization of the equilibrium states to desynchronization and antiphase synchronization. How-
ever, all of them ensure low value of mean-field variable in the array.
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