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Preface

The study of the movements of bodies and particles in space is one of the most important
tasks in the development of different areas; as an example of this issue is the robotics field
where the kinematics occupies an important role in its development, which is complement-
ed by the dynamics.

Given the importance of the subject in different areas of knowledge, there is a constant
search for new technology and methods that allow us to understand and facilitate its study
and in the same way to contribute with new techniques and ideas in the growth of this area.
This is the reason why we can find research groups dedicated to the development of this
area. The present work presents a compilation of the efforts made by researchers in several
institutions at different parts of the world, and in this way, we can find the evolution in
recent years, like applications in navigation systems and new methods for analysis, which
are important in the proposal of new paradigms. Also, there are applications in mobile ro-
botic path planning, robot manipulators, parallel robots, development of control systems
and kinematic modeling to understand the behavior of the human body, applications in the
processes of measurements in different stages of the processes, optimization of the parame-
ters that allows better performance in mechanical systems, and so on. Moreover, we can find
works that make use of some artificial intelligence techniques allowing a new approach to
the kinematics among other things. Finally, there are works in different areas that allow to
see the use of scope and importance of the subject.

This area also offers us an opportunity to grow using and combining many other techniques
such as quaternions, differential mechanics, artificial intelligence applications, and dynamic
programming, to name a few, while at the same time bringing us the idea on how to devel-
op new technologies.

I appreciate the contribution and professional work of each of the researchers who contrib-
uted by sharing their work, development, and ideas that allowed us to present this book
today and share all this information with readers and the rest of the scientific community.

Dr. Eng. Efren Gorrostieta

Autonomous University of Queretaro,

Faculty of Engineering, Mechatronics Laboratory,
Cerro de las Campanas S/N,

Queretaro, Qro,

Mexico






Chapter 1

Kinematic Performance Measures and Optimization of
Parallel Kinematics Manipulators: A Brief Review

Abdur Rosyid, Bashar El-Khasawneh and
Anas Alazzam

Additional information is available at the end of the chapter

http://dx.doi.org/10.5772/intechopen.7 1406

Abstract

This chapter covers a number of kinematic performance indices that are instrumental in
designing parallel kinematics manipulators. These indices can be used selectively based
on manipulator requirements and functionality. This would provide the very practical
tool for designers to approach their needs in a very comprehensive fashion. Nevertheless,
most applications require a more composite set of requirements that makes optimizing
performance more challenging. The later part of this chapter will discuss single-objective
and multi-objectives optimization that could handle certain performance indices or a
combination of them. A brief description of most common techniques in the literature
will be provided.

Keywords: parallel kinematics manipulator, kinematic performance measures,
optimization, workspace, Jacobian-based performance measures, stiffness, accuracy

1. Introduction

Serial kinematics mechanisms (SKMs) have been widely used for different applications.
Although SKMs have many advantages, such serial mechanisms have many drawbacks
such as low stiffness, accumulating pose error, low agility, low payload-to-weight ratio, and
complicated inverse kinematics. Hence, to overcome these drawbacks, parallel kinematics
mechanisms (PKMs) are used particularly for more demanding tasks such as high-speed
and high-precision applications. In spite of their many advantages, the PKMs in general also
have some drawbacks such as smaller workspace, complicated forward kinematics, and sin-
gularity issue. To alleviate these drawbacks, optimization with various techniques is com-
monly conducted to improve their drawbacks while maintaining their advantages. In terms
of the number of objectives being optimized, the optimization can be either single-objective

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
open science | open minds distribution, and reproduction in any medium, provided the original work is properly cited. [{(cc) ExgNN
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or multi-objective. In most cases, there are more than one objectives required to be optimized.
Furthermore, some objectives quite frequently are conflicting each other. For example, most
PKMs usually require not only larger workspace but also stiffer structure with lower mass. In
fact, enlarging the workspace usually requires longer links which results in the reduction of
the stiffness and the increase of mass. In the multi-objective optimization, different objectives
might be picked based on the priority of the objectives which depends on the application.

Therefore, in this chapter, a comprehensive review of a number of performance indices are
defined and presented which are relevant for different applications. This is followed by a
review of the optimization techniques used to design different systems to satisfy certain objec-
tive or multiple objectives. This is extremely important given the nonlinearity of the parallel
link manipulator systems and the conflicting nature of the different performance indices that
could be counter intuitive to optimize by trial and error and hence, mathematical schemes
would be the solution.

2. Performance measures

There are quite many measures or indices to indicate the performance of a robot. Patel and
Sobh [1] classified them into either local or global, kinematic or dynamic, and intrinsic or
extrinsic. The local measures are dependent on the robot configuration, whereas the global
measures evaluate the robot performance across the whole workspace. The global perfor-
mance index (GPI) can be obtained by integrating the local performance index P over the
workspace W as given by Eq. (1). If the local performance index cannot be expressed analyti-
cally, discrete integration as given by Eq. (2) can be used. In the latter case, the accuracy of
the integration depends on the number of points n being used for evaluation. If the inclusion
of large number of points is very computationally expensive, less representative sampling
points can be used.

[, P.dW
GPI = (1)
GPI = 33 P, )

i
LN

The kinematic measures indicate the kinematic behavior of the robot, whereas the dynamic
measures are related to dynamic properties of the robot. The intrinsic measures indicate the
inherent characteristics of the robot regardless of its task, whereas the extrinsic measures are
related to the robot task. The widely used performance measures include workspace, close-
ness or avoidance from singularity, dexterity, manipulability, stiffness, accuracy, repeatabil-
ity, and reliability. Some of them are discussed below. The performance measures should be
considered during design phase of the robot. Optimal design usually considers one or several
performance measures as the objective function(s) to be optimized.
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2.1. Workspace

The workspace is the set of points (locations) which can be reached by the end effector. It is
driven by the mobility of the robot which includes the number and types of its degrees of
freedom (DOF), and constrained by the length of links, range of the joints, and interference
between the components. The workspace evaluation usually includes its size (area/volume)
and shape. The shape can be expressed by, for example, aspect ratio of the regular workspace.
In general, larger and better-shaped workspace is required. Another way to characterize the
workspace is by using workspace volume index [2] or footprint ratio [3] which is defined as
the ratio between the workspace volume and the volume of the machine.

The first thing to determine in order to achieve better workspace before optimizing the geo-
metrical parameters is selecting better topology. For example, many mechanism designs
include sliders (gliders) in order to get larger workspace, such as in Hexaglide, Linapod,
Pentaglide, sliding H4, and Triaglide.

The robot workspace is commonly classified into several types as follows [2]:

* Constant orientation workspace (translation workspace) which defines reachable points
with constant orientation of the moving platform.

¢ Orientation workspace which defines reachable orientations while the center tool point is
fixed.

¢ Reachable workspace (maximal workspace) which defines reachable points with at least
one orientation of the moving platform.

¢ Inclusive workspace which is reachable workspace in a given orientation range.

¢ Dexterous workspace which defines reachable points with any orientation of the moving
platform.

¢ Total orientation workspace which is dexterous workspace in a given orientation range.

* Useful workspace (sometimes also called used workspace) which defines part of the work-
space to be used for a specified application. It is usually regular workspace such as rect-
angle, circle, cuboid, sphere, or cylinder.

The useful workspace is usually of the highest interest as it indicates part of the workspace
which can be really utilized for application. Baek et al. [4] presented a method to find maxi-
mally inscribed rectangle in the workspace of serial kinematics manipulates (SKM) and paral-
lel kinematics manipulators (PKM).

A complete representation of the workspace requires six-dimensional space. However, graph-
ical representation is only possible up to three-dimensional space. For this reason, it is a com-
mon practice to represent the position workspace separately from the orientation workspace.
Workspace of a planar mechanism can be plotted in a two-dimensional plot, whereas that of a
spherical or spatial mechanism can be plotted in a three-dimensional plot. The workspace plot
can be presented in either Cartesian or polar coordinate system in the case of 2D plot and in

3
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either Cartesian, cylindrical, or spherical coordinate system in the case of 3D plot. Plotting the
graphical representation of the workspace is easier in SKMs but is not always easy in PKMs.
In the latter case, the graphical illustration of the workspace can only be applied for PKMs
with no more than 3-DOEF. For PKMs with more than 3-DOF, n — 3-DOF should be fixed in
order to be able to graphically illustrate the workspace. Depending on which DOF to be fixed,
the workspace will be different [2].

In general, there are three main ways to determine and plot the workspace: geometrical
approach, discretization numerical approach, and non-discretization numerical approach.
Early works on the workspace determination of PKMs are conducted by geometrical approach.
Bajpai and Roth [5] investigated the workspace of PKMs and the influence of legs’ length to
the workspace. Three years later, Gosselin [6] presented his work on the constant-orientation
workspace determination of 6-DOF PKM followed by Merlet [7] who presented the orienta-
tion workspace determination, and Kim et al. [8] who proposed an algorithm to determine the
reachable and dexterous workspace. As planar PKMs require different treatments, Gosselin
and Jean [9] followed by Merlet et al. [10] presented the workspace determination of planar
PKMs. All of the aforementioned works use geometrical approach.

In the geometrical approach, the true boundaries of a PKM workspace are obtained from
the intersection of the boundaries of every open-loop chains which compose the PKM. This
approach is fast and also accurate. To make it easier and much faster, CAD software might
also be utilized such as the work proposed by Arrouk et al. [11]. One of the main drawbacks
of this approach is its lack of general applicability since different robot topologies might need
different techniques to apply this approach. In other words, this approach usually should
be tailored to the considered robot. Another drawback of this approach is the difficulty to
include all the constraints.

In the discretization numerical approach, a discretized bounding space which covers all pos-
sible points in the workspace is created and subsequently tested by utilizing the inverse kine-
matics along with the constraints whether it belongs to the workspace or not. This approach is
sometimes called binary representation since it assigns binary numbers during the evaluation:
“1” is assigned if it is reachable and therefore plotted and “0” is assigned if it is unreachable
and therefore not plotted. The main advantage of this approach is its applicability to all types
of PKMs as well as its intuitiveness. Moreover, this approach can include all the constraints.
However, the accuracy of this approach depends on the size of the discretization steps. Also,
small voids inside the workspace cannot be detected unless the discretization steps are small
enough to capture the voids. A method similar to the discretization approach is Monte Carlo
method [12, 13] in which a large number of discrete active joint points within the joint range
are input to the forward kinematics and accordingly the end effector position points are plot-
ted. Further treatment to the Monte Carlo results in order to determine the workspace bound-
aries or compute the workspace volume can be conducted by putting the workspace points in
discretized bounding space as being used in the discretization approach.

Some recent works using the discretization numerical approach includes Bonev [14] who pro-
posed a new approach to determine the three-dimensional orientation workspace of 6-DOF
PKMs by using discretization approach. Castelli et al. [15] presented an algorithm based on the
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discretization approach to determine the workspace, the workspace boundaries, the workspace
volume, and the workspace shape index of SKMs and PKMs. Dash et al. [16] presented a dis-
cretization method to determine the reachable workspace and detect available voids of PKM.

Beyond the aforementioned two approaches, several works proposed non-discretization numer-
ical methods to determine the workspace of PKMs. Some of the methods are as follows [2, 17]:

* Jacobian rank deficiency method [18] but only practical for the determination of constant
orientation workspace.

* Numerical continuation method [19, 20] can avoid singularity points but only practical for
the determination of constant orientation workspace.

¢ Constrained optimization method [21] which is modified from the numerical continuation
method.

¢ Boundary search method [17] which is based on constrained non-linear programming.

¢ Principle that the velocity vector of the moving platform cannot have a component along
the normal of the boundary [22], but this method does not work for mechanisms with
prismatic joints as well as it is difficult to include the mechanical limits and interference
between links.

¢ Interval analysis method [23] which can deal with almost any constraints and any number
of DOF.

Recently, Bohigas et al. [24] presented branch-and-prune technique which can determine all
the workspace boundary points of general lower-DOF (3-DOF or lower) SKMs and PKMs. This
technique overcomes the limitation of numerical continuation method. Furthermore, Gao and
Zhang [25] proposed simplified boundary searching (SBS) method which integrates geometri-
cal approach, discretization method, and inverse kinematics model of a parallel mechanism.
Saputra et al. [26] proposed swarm optimization approach to determine the workspace of PKM.

2.2. Jacobian matrix

The Jacobian matrix maps the relation between the velocities at the task space (moving plat-
form) and the velocities of the active joints. Furthermore, it also maps the relation between
the active joint load and the task wrench. It is discussed here because it is related to many
kinematic performance measures.

Given that the velocity kinematics of the robot is expressed by:
Ag+Bx =0 3)

where # is the end effector twist and g is the actuator twist, then A is called forward Jacobian
matrix, B is inverse Jacobian matrix, and the total Jacobian matrix ] is given by:

J=-BA @

5
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As long as the Jacobian matrix is unit-consistent (homogeneous), it can be directly used in
the formulation of Jacobian-based performance measures such as Jacobian condition number
and manipulability. The problem appears when the Jacobian matrix is unit-inconsistent (non-
homogeneous) and accordingly does not have appropriate physical meanings. To address
this problem, there are several ways found in the literature to normalize inconsistent (non-
homogeneous) Jacobian matrix including the following:

¢ Using natural length or characteristic length [27-29]
* Using scaling matrix [30, 31]

* Using weighting factor [32]

* By using power transition concept [33]

¢ Point-based method [34-37]

¢ General and systematic method [38]

* Homogeneous extended Jacobian matrix [39]

2.3. Singularity

The simplest classification of singularity in PKMs is given by Gosselin and Angeles [40]. By
considering only the behavior of the active joints and the end-effector, they classified the
singularity in PKMs into two types which are mathematically determined by the singularity
of the two Jacobian matrices in the kinematics of the robot given in Eq. (3). The three types of
singularity are the following:

¢ Type 1 singularity (also called: direct kinematic singularity, forward kinematic singularity,
serial singularity, or sub-mobility) occurs when the forward Jacobian matrix A is singular.
When this kind of singularity occurs, it is not possible to generate some velocities of the
end-effector. In other words, very small changes in the joint space do not affect the end-ef-
fector pose. In these configurations, the mechanism loses one or more degrees of freedom.

¢ Type 2 singularity (also called: inverse kinematic singularity, parallel singularity, or over-
mobility) occurs when the inverse Jacobian matrix B is singular. It corresponds to the ap-
pearance of uncontrollable mobility of the end-effector because it is possible to move it
while the joints are locked. At the corresponding configurations, the mechanism gains one
or more uncontrollable DOF. In other words, the end-effector can move without the joints
moving. Equivalently, the stiffness of the PKM is locally lost.

* Type 3 singularity (also called: combined singularity) occurs when both the forward Jaco-
bian matrix A and the inverse Jacobian matrix B are singular. When this kind of singularity
occurs, the end-effector can move when the joints are locked, and at the same time the end-
effector pose does not change due to very small changes in the joints.

Furthermore, singular configurations can be obtained by observing the Jacobian matrices or
by geometrical approach.
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A more general discussion on the singularity was delivered by Zlatanov et al. [41] who included
the passive joints in the singularity evaluation. They classified the singularity into redundant
input (RI) singularity which corresponds to serial singularity, redundant output (RO) singu-
larity which includes parallel singularity as well as so-called constraint singularity [42], and
so-called actuator singularity [43] which represents non-zero passive joint velocities while the
actuators are locked and the end-effector has zero velocities. Moreover, higher order singular-
ity has also been discussed in some works, but it does not give much practical benefit [2].

2.4. Jacobian condition number

From its mathematical expression, the value of Jacobian condition number (or simply condi-
tion number) ranges from 1 to infinity, where infinity indicates singularity and 1 indicates
isotropy of the Jacobian matrix. Alternatively, it can also be expressed by its inverse value,
called inverse Jacobian condition number, the value of which ranges from 0 to unity where 0
indicates singularity and unity indicates isotropy of the Jacobian matrix. When the Jacobian
matrix is close to singularity, it is called ill-conditioned. On the other hand, the Jacobian matrix
is called well-conditioned if it is far from singularity. Furthermore, when the Jacobian matrix
is isotropic, it means that the velocity and force amplification is identical in all directions.

The commonly used norms to define the Jacobian condition number are as follows:

* 2-norm, which is given by the ratio of the maximum and minimum singular values of the
Jacobian matrix.

* Frobenius norm, which is very advantageous because it is an analytical function of the ro-
bot parameters and hence will not give serious concern if its gradient is evaluated [44], as
well as it avoids the computation of the singular values.

* Weighted Frobenius norm, which can be rendered to specific context by adjusting its
weights [45] in addition to all of the mentioned advantages of the Frobenius norm.

The Jacobian condition number is a measure of kinematic dexterity (or simply called dexter-
ity). It indicates closeness to singularity, kinematic uniformity (isotropy), dexterity, and accu-
racy. The kinematic dexterity is defined as the capability of robot to move the end-effector
in all directions with ease. In fact, the kinematic isotropy of the robot represents its dexter-
ity as more isotropy indicates that the robot can move with the same ease to all directions.
However, this is still not a complete information about the dexterity as it only informs how
equal the ease in different directions, but not how easy. It is possible that either the motion
to all directions requires small effort or the motion to all directions require large effort.
Manipulability which will be reviewed soon will give more complete information about the
kinematic dexterity.

Another interpretation of the Jacobian condition number is how large the error in the task
space will occur due to small error in the joint space. The more ill-conditioned the Jacobian
matrix, the larger the error in the task space will occur due to small error in the joint space.
Based on this fact, the Jacobian condition number indicates the accuracy of the manipulator.

7
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The Jacobian condition number is a local property. It depends on the robot configuration (pos-
ture). To evaluate globally, global condition number (or global condition index, GCI) is used.
The GCl is obtained by integrating the local condition index (LCI) over the workspace. Since
the Jacobian condition number is the common indicator of dexterity, GCI is also commonly
called global dexterity index (GDI). A map showing the values of LCI over the workspace is
commonly referred to dexterity map.

Since the manipulability is based on the Jacobian matrix, it faces unit inconsistency issue when
translation and rotation are mixed. In this case, the Jacobian matrix should be homogenized.

2.5. Manipulability

Manipulability measure was first introduced by Yoshikawa [46] as a local measure (local
manipulability index, LMI) which means that it is dependent on the robot configuration
(posture) since it is based on Jacobian matrix. It can be evaluated globally by using global
manipulability measure (GMI) which is the local manipulability measure integrated over the
workspace. Another measure is uniformity of manipulability which represents how uniform
the manipulability across the workspace [47]. Similar to the Jacobian matrix, the manipulabil-
ity faces unit inconsistency issue when translation and rotation are mixed. In the same token
with the Jacobian condition number, the Jacobian matrix should be homogenized in such a
case.

The manipulability is a measure of the input-output efficiency (the ratio of output perfor-
mance to input effort). In other words, it represents the quality of velocity and force transmis-
sion (amplification). The manipulability provides the information about the velocity and force
amplification more than the Jacobian matrix condition number. The latter only tells how iso-
tropic the velocity and force amplification but not the magnitude, whereas the earlier informs
the magnitude in addition to the isotropy of the velocity and force amplification.

Two kinds of manipulability are well known: twist (velocity) manipulability and wrench
(force) manipulability. The earlier is commonly represented by velocity manipulability
ellipse/ellipsoid whereas the latter by force manipulability ellipse/ellipsoid. In the velocity
manipulability ellipsoid, the velocity minimum, velocity maximum, and velocity isotropy
are represented by the ellipsoid axes length, whereas the manipulability is represented by
the ellipsoid volume. The major axis of the manipulability ellipsoid indicates the direction
along which the mechanism can move with the least effort, while the minor axis indicates
the direction along which the mechanism is stiffest, i.e., the mechanism’s actuators can
resist forces with minimum effort along this direction. The force manipulability uses dual-
ity relation between velocity and force (between differential kinematics and statics). Beside
manipulability ellipse/ellipsoid, the manipulability can also be represented by manipula-
bility polytope.

Tanev and Stoyanov [48] have introduced the use of normalized manipulability index which
is bounded between zero and unity. Doty et al. [49] proposed weighted twist manipulability
and weighted wrench manipulability. Furthermore, a new manipulability measure for paral-
lel robot was introduced by Hong and Kim [50].



Kinematic Performance Measures and Optimization of Parallel Kinematics Manipulators: A Brief...
http://dx.doi.org/10.5772/intechopen.71406

2.6. Stiffness

Beside the workspace, stiffness or rigidity of a robot structure plays a very important role as
it affects the accuracy and repeatability of the robot. Stiffness is defined as the ability of the
robot structure to resist deformation due to wrench. A stiffness matrix relates deformation
vector to wrench vector. Another term equivalent to the stiffness is compliance (flexibility). If
a structure has high stiffness, it means that the structure has low compliance. A compliance
matrix is simply the inverse of the stiffness matrix, and vice versa. The stiffness includes static
stiffness and dynamic stiffness. For machine tool, high stiffness enables machining with high
speed and feed while providing good precision, accuracy, and surface finish.

Stiffness of a mechanism depends on the robot topology, geometry, and material of the
mechanism. The overall stiffness is comprised of the stiffness of the fixed base, the moving
platform, the joints, and the links. The stiffness of the joints includes that of the active joints
(actuators) and the passive joints. Many works discussed the influence of the passive joints
on the robot stiffness. The stiffness of the links is usually defined in axial direction (axial stiff-
ness), transversal direction (bending stiffness), or both of them. To simplify stiffness model,
rigid body assumption is frequently applied to one or several components of the robot. For
example, joints can be considered elastic while the links are assumed to be rigid, or vice versa.
A more realistic model usually consider both of the joints and the links as elastic. In hybrid
machine tools, many works have proposed the use of paralle] mechanism for the spindle
platform and serial mechanism for the worktable, as the most flexible part of the machine is
usually the spindle platform. Furthermore, some works have suggested the use of passive
legs to increase the stiffness such as in Tricept and Georg V.

Stiffness is a local property. It depends on the robot configuration (posture). To evaluate glob-
ally, global stiffness measures are used. Furthermore, stiffness varies with the direction in
which it is evaluated as well as the direction of the wrench. Therefore, stiffness can be identi-
fied in different directions, either translational directions (translational stiffness) or rotational
directions (rotational stiffness).

In the literature, compliance which is the inverse of stiffness is sometimes used instead of
stiffness. Several different expressions of stiffness have been used in the literature, including
engineering stiffness, generalized stiffness matrix, and Cartesian stiffness matrix. The engi-
neering stiffness is a one-dimensional stiffness expression obtained by evaluating the dis-
placement in the same direction to the applied force [51]. The generalized stiffness matrix,
according to Quennouelle and Gosselin [52], includes three contributions: stiffness of the
unconstrained joints, stiffness due to dependent coordinated and internal wrench, and stiff-
ness due to external wrench. In other words, the generalized stiffness matrix is sum of the
three stiffness components.

The Cartesian stiffness matrix is the most widely used expression of stiffness. Ruggiu [53]
shows that Cartesian stiffness matrix of a mechanism is the Hessian of its potential energy
expression. Cartesian stiffness matrix is symmetric and positive definite or positive semi-def-
inite. However, some researchers concluded that the Cartesian stiffness matrix of the elastic
structure coupling two rigid bodies is asymmetric in general and becomes symmetric if the

9
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connection is not subjected to any preloading. Different expressions of Cartesian stiffness
matrix are mentioned by Klimchik [54] and Quennouelle and Gosselin [52]. The latter authors
proposed a Cartesian stiffness matrix which can take into account non-zero external loads,
non-constant Jacobian matrices, stiff passive joints, and additional compliances. Furthermore,
the Cartesian matrix can be directly related to the generalized stiffness matrix by utilizing the
Jacobian matrix.

In robots with translational and rotational DOF, the Cartesian stiffness matrix will be unit
inconsistent. Consequently, evaluation of further stiffness indices such as stiffness condition
number becomes nonsense. To deal with this problem, several approaches have been pro-
posed including the following:

* Homogenizing the Jacobian matrix (such as using characteristic length) and subsequently
using the homogenized Jacobian matrix to calculate the stiffness matrix [55, 56].

* Eigenscrew decomposition of the stiffness or compliance matrix [57-60].

¢ Principal axis decomposition through congruence transformation was proposed by mak-
ing use of the eigenvectors of the translational entry in the stiffness matrix [61].

* Decomposition of the dynamic inertia matrix by transforming variables into dimensionless
parameters, which can be applied to the stiffness matrix [62, 63].

* Decoupling of the stiffness matrix into translational parts and rotational parts [64—66].

Furthermore, to model the robot stiffness beyond using continuous model which works only
for simple system, the following three different models are widely used in the literature:

* Jacobian matrix-based model; also called lumped parameter model or virtual joint method
(VIM) model. A one-dimensional VJM was introduced by Gosselin [67], followed by Anatol
et al. [68] who introduced multi-dimensional VJM. This model is widely used and pre-
ferred in robotics since it is analytical, and therefore the same expression works for all con-
figurations of the robot and it requires lower computational cost. However, it gives lower
accuracy but still acceptable. For that reason, this method is good for initial estimates of the
robot stiffness as well as for design optimization purpose.

* Finite element model (FEM). As opposite of the lumped parameter model, this model dis-
cretizes the mechanism into many elements and therefore can also be called distributed
model which implies more closeness to the realistic, continuous model. It is widely used
in structural mechanics due to its high accuracy. However, it requires high computational
cost. Furthermore, it needs new mesh at every different configuration of the robot which
makes it not practical. Due to its high accuracy, this model is usually used to verify another
less accurate model such as VIM model.

* Matrix structural analysis (MSA) model. This model is actually a special case of FEM model
because it uses one-dimensional finite elements such as beam elements instead of two or
three dimensional elements such as brick elements. As a result, the computational cost de-
creases. This model gives trade-off between accuracy and computational cost [69].
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After that, modifications and improvements on the aforementioned methods have been con-
ducted, such as follows:

¢ Online FEM by utilizing MSA using generalized springs [70].

* VJM combined with FEM-based identification technique: high accuracy with low compu-
tational cost [71].

¢ Virtual spring approach: spring compliance is evaluated based on FEM concept; high ac-
curacy with low computational cost [71, 72].

Evaluation of stiffness can also be conducted by experimental method, i.e., from measure-
ment. In this case, the stiffness is obtained from the relation between measured wrench and
measured displacement. Another way to evaluate the stiffness is by estimation or identifica-
tion of the stiffness model. Least squares estimation algorithm or other estimation algorithms
can be utilized in the estimation based on measurement data.

As a performance measure, the robot stiffness is represented in the following different ways
in the literature:

¢ Graphical representations including stiffness maps, by which the stiffness distribution can
be plotted [67, 73], and other graphical representations such as iso-stiffness curves or sur-
faces (global) [2].

e Trace of the stiffness matrix.
¢ Weighted trace of the stiffness matrix [74].

* (Minimum, average, or maximum) eigenvalues (and eigenvectors) of the stiffness matrix
[51]. For example, the evaluation of minimum and maximum eigenvalues across the work-
space by Li and Xu [56].

* Mean value of the eigenvalues [70].

* Determinant of stiffness matrix, which is the product of the stiffness matrix eigenvalues),
and indicates the area/volume of a stiffness ellipse/ellipsoid. It also indicates how far from
singularity.

* Norm of the stiffness matrix, which can be its Euclidian norm, Frobenius norm, or Cheby-
shev norm [75].

* Center of stiffness or equivalently center of compliance [76].

* Global compliance index which is given by mean value and deviation of generalized com-
pliance matrix [77].

¢ Virtual work stiffness index which is able to avoid the problem caused by different units of
translation and orientation

e Collinear stiffness value (CSV) [78].
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2.7. Stiffness condition number

Stiffness condition number is a local measure. It depends on the robot configuration. In simi-
lar token to the Jacobian condition number, the stiffness condition number can take a value
ranging from 1 to infinity. Alternatively, inverse of the stiffness condition number which takes
value ranging from 0 to 1 can also be used. Since the stiffness condition number represents
the isotropy or uniformity of the stiffness of any point in the workspace, stiffness ellipses/
ellipsoids are commonly used as the graphical representation.

Similar to Jacobian condition number, different definition of norms can be used to evaluate
the stiffness condition number. The commonly used norms are 2-norm, Frobenius norm, and
weighted Frobenius norm. The considerations in selecting any of them is explained earlier
when the Jacobian condition number is discussed.

The global stiffness condition number is commonly expressed by global stiffness index (GSI)
which is usually defined as the inverse of the condition number of the stiffness matrix inte-
grated over the reachable workspace divided by the workspace volume. It depicts the unifor-
mity of stiffness within the whole workspace.

3. Design optimization

In terms of the number of objectives being optimized, optimization can be either single-objec-
tive (also called single-criteria) or multi-objective (also called multi-criteria). The simplest way
of design optimization is by trial and error in which we pick several values of design param-
eters based on intuition, knowledge, or experience, and compare the corresponding objective
values. However, this approach is non-systematic as well as does not cover all possible values
of the design parameters and therefore may not give optimum solutions. In the literature, per-
formance atlas and optimization algorithms are commonly used in the design optimization
of mechanisms. The performance atlas presents graphically the relation between the design
parameters (length of the links) and the performance measures. Several performance atlases
such as atlas of workspace, atlas of GSI, and atlas of LSI have been used in the literature.
For single-objective optimization, the use of performance atlas is easy and straightforward.
However, a multi-objective optimization requires inspection of several atlases which might
give inconvenience, particularly when some objectives are conflicting each other.

Beyond the use of performance atlas, various algorithms for optimization of PKMs and HKMs
have been utilized. Based on the search principles, those techniques fall into two main categories:
gradient-based optimization techniques and population-based optimization techniques. The first
category is a local search algorithm. It is deterministic and can be linear or nonlinear depending
on the problem. The latter category is stochastic and does not need gradient information. One of
the most popular population-based techniques is the genetic algorithm which is an evolutionary
optimization technique and works based on the idea of natural selection or survival of the fittest.
The genetic algorithm can be implemented for both single-objective and multi-objective optimi-
zation. For the latter implementation, several techniques have been developed such as VEGA,
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NPGA, NPGA-II, NSGA, NSGA-II, PAES, PESA, PESA-II, SPEA, SPEA-II, SPEA-II+, and many
others [79-84]. Beyond the genetic algorithm, several global optimization algorithms have also
been proposed in the literature, such as controlled random search (CRS) [85], differential evolu-
tion (DE) [86, 87], particle swarm optimization (PSO) [88-90], quantum particle swarm optimiza-
tion (QPSO) [91], and artificial neural network (ANN) [74]. The following will be showing more
details on both types of optimization.

3.1. Single-objective optimization

Although single-objective optimization is straightforward, different algorithms might be
used to search the optimal solution. For parallel mechanism, if only single-objective is to be
optimized, then it would be usually the workspace since the main drawback of parallel mech-
anisms is their limited workspace.

Beyond the use of widely used gradient-based optimization algorithms, various algorithms
have been proposed for single-objective optimization of PKMs. Hosseini et al. [32] used
genetic algorithm to optimize the dexterous workspace of a Tricept PKM. Kordjazi et al. [92]
used genetic algorithm combined with fuzzy logic algorithm to optimize the Jacobian matrix
isotropy of PKM and showed that the result is better than using genetic algorithm alone.
Arana [93] proposed a methodology to enlarge the workspace of parallel manipulators by
means of non-singular transitions. Ghao and Zhang [25] proposed the use of particle swarm
optimization (PSO) to optimize the workspace of 3-DOF spatial parallel mechanism.

3.2. Multi-objective optimization

In most cases, there are more than one objectives required to be optimized. Furthermore,
some objectives quite frequently are conflicting each other. For example, most PKMs usually
require not only larger workspace but also stiffer structure with lower mass. In fact, enlarg-
ing the workspace usually requires longer links which results in the reduction of the stiffness
and the increase of mass. Multi-objective optimization can be bi-objective or many-objective
optimization. The earlier is simpler than the latter. The inclusion of more than two objectives
generally requires more computational cost. It also gives more difficulty in the visual rep-
resentation. If more than three objectives are involved, graphical plots can only be done for
three varying design parameters while the rest should be fixed. An alternative approach to
reduce the number of objectives in the optimization is by putting performance index thresh-
old value as optimization constraint. However, this approach is only suitable if the need is
only to satisfy the threshold.

In the multi-objective optimization, different objectives (criteria) might be picked based on the
priority of the objectives which depends on the application. Two main methods commonly
used for multi-objective optimization are:

* Scalarization method which is commonly conducted by putting the weighted multiple ob-
jective functions into one composite objective function. While transforming the problem into
one objective function gives simplicity, the determination of appropriate weights is difficult,
even for those who are familiar with the problem. This approach can be conducted through
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gradient-based optimization methods as well as single-objective evolutionary methods
(such as single-objective genetic algorithm).

* Pareto method which will give non-dominated solutions. This method can be conducted
through multi-objective evolutionary methods (such as multi-objective genetic algorithm).

Different objectives, depending on the application needs, and various algorithms have been
proposed for multi-objective optimization of PKMs. Hodgins [94] optimized the workspace,
the stiffness, and the dexterity of a modified Delta robot by using weighted sum optimization
method. Kelaiaia et al. [95] optimized the kinematic dexterity as well as the dynamic dexterity
by using genetic algorithms. Wu [96] optimized the GCI and GDI of a 3RRR spherical parallel
mechanism, which can be used as orienting device, by using genetic algorithm. Bounab [97]
optimized the dexterous regular workspace and the stiffness of a delta mechanism by using
genetic algorithm. Shijun [3] optimized GDI, GSI, and the ratio of the workspace to the work
volume using genetic algorithm. Gao et al. [74] optimized the stiffness and dexterity by using
genetic algorithm and artificial neural network. Abbasnejad et al. [91] implemented particle
swarm optimization (PSO) and quantum particle swarm optimization (QPSO) to optimize the
workspace and the dexterity as weighted sum objective, and showed that QPSO has faster
convergence than PSO. Furthermore, Gao and Zhang [98] introduced a comprehensive index
to integrate four different objectives.

4. Recommendations

It appears that mixed DOFs result in inconsistency of the indices while many PKMs should
have mixed DOFs to do the required tasks. For this reason, the authors suggest that the intro-
duction of any new index in the future should be able to overcome this issue in a more natu-
ral way so that the physical insights of the index will be as sound and intuitive as possible.
Furthermore, the authors have not found any published work discussing the optimization of
a large number of performance measures. While a good number of attempts have been done
to handle up to three or four objective functions, it will be practically useful yet challenging
to handle larger number of objective functions. Knowing that the determination of appropri-
ate weights in the scalarization approach is not easy even for two to four objective functions,
it definitely will be more difficult to put appropriate weights to larger number of objectives
while it may be no more practical to use the Pareto approach for the larger number of objec-
tives. Therefore, the authors suggest the introduction of new approach or technique to reli-
ably optimize larger number of objective functions.

5. Conclusion

This chapter provided a comprehensive overview of the literature related to a good num-
ber of kinematic performance indices that designers would be interested in using during the
design of parallel kinematics mechanisms. Kinematic performance indices such as workspace,
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Jacobian condition number, manipulability, stiffness magnitude, and stiffness condition num-
ber are of a prime interest to designers to optimize parallel kinematic mechanism designs.
However, many of these indices are conflicting such as the increase in workspace size could
lead to a decrease in stiffness and/or would lead to reduced speed. Therefore, using optimiza-
tion techniques is the solution to accommodate such conflicting requirements by providing
appropriate weights for the different objectives to reflect the designer’s interests and priori-
ties. Nevertheless, devising the proper objective function requires extensive experience and
insight into the problem. The proper combination of objectives with the suitable weights will
highly impact the design parameters results and hence should be chosen carefully. In sum-
mary, this paper attempted to provide comprehensive overview of what is needed by parallel
kinematic mechanism designer to optimize their design and mechanism performance.
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Abstract

Due to recent developments in computer technology, computer-aided investigations of
structural movements in a maritime environment have become more relevant during the
last years. With regard to mechanically coupled multibody systems in fishery and offshore
operations, the analysis of such systems is in the focus of research and development. To
analyse multibody systems, forces and moments of all included bodies have to be defined
within the same reference frame, which requires a transformation algorithm. Showing the
correctness of the transformation algorithm, it must be also applicable for six degrees of
freedom (6DOF) motions of a free floating single body in seaways. Therefore, the compu-
tation of irregular waves is discussed before the traditional motion description of a floating
structure by using the Kirchhoff equations. With these basics, an approach to calculate the
motion equations of single bodies within the earth-fixed reference frame is presented
before the method of the inertia value transformation. To compare the body-fixed and
earth-fixed calculation method, a free-floating crew transfer vessel in irregular waves is
simulated and the results are discussed. Finally, the inertia value transformation will be
proved by the energy conservation principle on the example of a pure rotating rigid body
with none digital calculations.

Keywords: inertia value transformation, wave-disturbed ship motions, wave-structure
interaction, six degrees of freedom (6DOF), hydromechanics, inertial kinematics,
Euclidian room

1. Introduction

Modern simulation techniques enable a more profound analysis of various engineering prob-
lems in an early design stage. In maritime kinematics, the focus is on the behaviour of offshore

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
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structures under natural environment conditions like wind, waves and current. Detailed knowl-
edge of loads and motions is required for proper dimensioning of efficient and safe systems.
Furthermore, simulations are increasingly used for the design of controller-based automation
and assistance systems. In addition to the accurate calculation of the structural movements, the
calculation speed of a simulation is an important quality feature for these applications, e.g. real-
time constraints. To determine the kinematics model of a free-floating structure in a seaway,
different approaches are commonly used. The equations of motions can either be defined in the
inertial reference frame or alternatively in the body-fixed reference frame. The difference
between dry mechanics and maritime mechanics is based on additional hydrodynamic effects,
namely, the hydrodynamic added mass, e.g. [1-3]. The hydrodynamic mass force is an inertia
force. The relative acceleration between incompressible fluid and structure induces a pressure
field, which results in a hydrodynamic force that is formulated as the product of the relative
acceleration and a “virtual’ mass. The size of the hydrodynamic added mass depends primarily
on the direction of movement and the geometry of the structure [4].

Due to the phenomenon of added or virtual masses, non-scalar and directed inertia values are
necessary for describing translational and rotational motions. Probably, this results in an
ordinary practice to describe floating structures within a body-fixed view, e. g. by the Kirch-
hoff motion equations of floating bodies [1, 3].

The investigation of mechanically coupled and multiple rigid body systems is in the focus of
the authors and represents a special difficulty in this area [2, 5]. Within literature before
millennium, only Paschen’s algorithm was found describing dynamics of real 3D systems for
fishery and mine-hunting systems with flexible, non-elastic numerical elements and rigid
bodies by partially neglect of added masses [6, 7]. Later, different marine multibody systems
were described with algorithms of structural mechanics [8] or as pure planar motion descrip-
tions, e.g. [9-13]. To describe the mutual interdependencies, the equations of motions of all
involved bodies have to be set up in the same coordinate system, preferably the inertial or
earth-fixed system. This includes the transformation of all vectorial entities including the
inertia matrices (mass matrix, moments of inertia). Therefore, the use of a transformation
algorithm is required, which describes the system in the inertial reference frame. The inertia
value transformation here presented, also known as Kane’s method [14], was introduced by
Korte and Takagi [2, 5] for fishery systems to analyse forces and motions of purse seines. Based
on the principle of concentrated masses, all included nodes of the net structure are focused and
connected with damped mass-spring elements. To connect the inertia values of the nodes, a
transformation of the hydrodynamic added masses is required [15].

Korte et al. presented an application of the inertia value transformation for multibody systems in
2015 for a pure rotating body without elasticity [5]. The analysed scenario represents the transfer of
offshore service staff from a crew transfer vessel (CTV) to a wind turbine, which is a real and
environmentally affected gyro. CTV is constrained at the bow to the landing of the wind turbine in
seas. The inertial reference system is located at the contact point of the structure. The ship can make
an ideal rotation around all three axes of the inertial system. The motion equations of the system
are defined within the inertial system to calculate the constraining forces. It was observed that
temporal integration of the equations within the inertial reference frame leads to unpredictable
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motions of the ship. The simulation was unstable. During development of the multibody scenario,
it was discovered that an additional and oppositely directed transformation of the rotational
accelerations leads to a stable solution of the simulation.

To analyse a general applicability of the inertia value transformation for maritime applications,
Korte et al. defined the equations of motions for a free-floating ship with six degrees of
freedom (6DOF) in the inertial reference frame [17]. Motion equations were derived from
momentum and angular momentum theorem. The results of the free-floating ship were com-
pared with ordinary simulations in the body-fixed reference frame and kinematics (see [1]).

This contribution describes the applicability of the inertia value transformation in maritime
applications while transferring the inertia values between a body-fixed and the inertial
reference frame. The motion behaviour of the free-floating structure is in the focus of the
discussion. In the following section, the modelling of the irregular seas as environmental
reason of structure motions is presented. The six degrees of freedom of a floating body as
well as the traditional motion equations in the body-fixed reference system are introduced
afterwards. The derivation of the motion equations within the inertial reference frame by
using the inertia value transformation is part of the main section. The possibility to trans-
form the equations from inertial to body-fixed system is shown. For comparison of both
methods, 6DOF simulation results of a free-floating CTV in waves are discussed. In the last
section, a proof shows the energy conservation of the inertia value transformation for the
case of a pure rotating rigid body.

2. Wave modelling

Depending on formation is natural irregular seas divided into wind seas and swell. Real
occurred sea state phenomena are described in nautical practice as the superposition of a
stochastic wind sea and two observable swells.

Wind seas are direct wind excited. The waves are rather short and steep. Due to friction, the
wind transfers energy to the water surface. The resulting capillary waves with short wavelength
increase the area of the free surface, whereby the effect of the energy transfer is amplified. This
leads in higher and longer gravity waves, which influence the water column down to a water
depth of a half wavelength. The waves propagate in the wind direction. Wind wave characteris-
tics depend on wind speed, wind duration and fetch. The wave components of wind seas are
located in the higher-frequency range of a wave spectrum. Due to containing higher frequency
waves with small amplitudes, the water column oscillates inhomogeneously. Wind seas decrease
by a disappearance of the wind excitation. The relation between wind classes (Beaufort wind
scale) and sea-state classes (Douglas sea scale) can be seen in Figure 1.

Contrary to wind seas, which is described as evolving waves, is swell the full homogeneously
oscillating water column. Swell is a decaying, nearly sinusoidal wave that has moved away
from the formation area, e.g. a storm region. The frequencies are in the lower range of a wave
spectrum. The energy density of waves is inversely proportional to the wave frequency. Long
waves with a small frequency are more energetic than short waves.
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Figure 1. Relation of wind speed (Beaufort wind scale) and wave height (Douglas sea scale) for fully developed seas
(modified to practice).

Irregular waves are mathematically described as superposition of a finite number of wave
components with different wave frequencies, different amplitudes and different phases. The
representation is carried out with energy density spectra, which have a unique distribution of
the wave components for each sea area. The spectrum contains the energy S, (w) of all
included wave frequencies. Figure 2 shows the structure of a wave spectrum.

Relevant wave parameters can be derived from the wave spectrum. The mean wave frequency
wy is located at the maximum S(w) of the spectrum. The peak period Tp is

S(w) J_

samples n

Figure 2. Structure of a wave spectrum as superposition of different wave components.
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Further, wave properties can be determined with the so-called spectral moments m,,, compared
with [1]. Their definition is

my, = r w"S(w)dw )
0

The moments up to the second order, n = 2, are of interest to characterise the sea state. The
characteristic wave height of the spectrum is

Hyo = 4y/mg ®)
and the significant wave height is
Hs =3.81-/my (4)

The period of the characteristic wave height H,, is defined as

Mo

T, = 5
= ©)
The mean zero upcrossing period is

Mo
Ty =,/—

=\ ©)
Variance 02 and standard deviation ¢ are

a2 =my @)

0 =+/my=0.263-Hg 8)

There are several mathematical wave spectra for computer simulations of irregular waves
available, namely, the Bretschneider spectrum, the Phillips spectrum, the Pierson-Moskowitz
spectrum as well as the Joint North Sea Wave Project JONSWAP) spectrum. The most impor-
tant spectra are introduced in this section.

2.1. Pierson-Moskowitz spectrum

The Pierson-Moskowitz (PM) spectrum was introduced for fully developed seas and is com-
monly used since 1964 [18]. It is based on long-term observation data of a weather ship in the
period from 1955 to 1960. It assumes the fully developed sea, including wind sea and swell, on
the North Atlantic with unlimited water depth and fetch as well as steady wind for a long time.
The spectrum is

Spm(w) =A-w - B )
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with parameters A and B

A =0.0081- ¢ (10)

g \' 2814
B =0.74 == 11
(Vwind> H% ( )

The relation between significant wave height and wind speed is:

195

Hs
&

Vi (12)

2.2. Modified Pierson-Moskowitz spectrum

After experiences with the Pierson-Moskowitz spectrum, the maritime community recommended
a magnification of the spectrum [19, 20]. According to this recommendation, the parameters A
and B were modified and can be determined from the observable weather parameters Hs and T'z:

4m3H?
A= = S (13)
Z
167
B="—1 14
) (14)

Figure 3 shows a comparison of the Pierson-Moskowitz spectrum and the Modified Pierson-
Moskowitz (MPM) spectrum for several wind speeds. An increase of the energy density in
the peak frequency of the MPM as well as a shift of the peak frequency to lower frequencies
can be seen.

2.3. JONSWAP spectrum

The Pierson-Moskowitz spectra were developed for unlimited water depth. However, the most
intensively used sea areas are often in regions of shelf seas with restrictions on the water depth
and the fetch.

In 1968/1969, the characteristics of wave formations in sea areas with limited fetch and water
depth were investigated exemplary for the North Sea in the international joint project ‘Joint
North Sea Wave Project JONSWAP)'. During a period of approximately 10 weeks, measure-
ments were carried out and evaluated at points reaching up to 160 km seawards in the region
of the island of Sylt. The JONSWAP spectrum is based on the PM spectrum and provided with
a magnification factor y for the peak distribution.

Hasselmann’s mathematical definition of the JONSWAP spectrum is [20]
5w \4
S]ON(CU) = 04g2a)*5 . e[_Z(r_?) ] . 7/r (15)

with
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Figure 3. Comparison of Pierson-Moskowitz spectrum (top) and modified Pierson-Moskowitz spectrum (bottom) for
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Fetch is defined in metres and increases the wave energy linearly. A direct comparison of the
JONSWAP spectrum with the MPM spectrum for a large-scale wind sea on the North Sea illus-
trates the lower total energy in Figure 4. The characteristic frequencies wy of the individual wind
classes are higher than those of the PM spectrum. Due to limited water depth, the wave heights are
reduced. Both, the maximum of the spectrum and the area under the curve are considerable
smaller than those of the reference spectrum. A comparison of seaways with different fetch lengths
confirms this trend (cf. Figure 4). A JONSWAP spectra are used for the here presented simulations.
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fetch and several wind speeds.
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3. 6DOF motions of a free-floating offshore structure

In the following section, the six degrees of freedom of a ship are introduced. Figure 5 shows a
sketch of a ship hull with a body-fixed coordinate system. Body-fixed coordinate system
means that the coordinate system moves with the ship. Due to advantages in determining the
moments of inertia, the origin of the system is preferably located in the ships centre of gravity.
The motions of a ship are described in the body-fixed coordinate system. However, the ship’s
position and the orientation are referenced in an earth-fixed coordinate system.

The translational motions are as follows:

*  Surge: Translation along the longitudinal x-axis
¢  Sway: Translation along the transversal y-axis

*  Heave: Translation along the vertical z-axis

The rotational motions are as follows:

¢ Roll: Rotation around the longitudinal x-axis

¢  Pitch: Rotation around the transversal y-axis

*  Yaw: Rotation around the vertical z-axis

Another distinction is the classification into horizontal (surge, sway, yaw) and vertical (heave,
roll, pitch) motions. The reason for this differentiation is the restoring forces caused by gravi-
tation. These exist only for the vertical degrees of freedom. After a perturbation of the equilib-
rium, a ship always tends to return to it. This does not apply for horizontal motions. The result
is the drift of a free-floating structure away from the original position as well as a change of the
heading in case of wind, waves or current. For a driven ship or a ship in dynamic positioning
mode, the ship’s actuators (propeller, rudder, thruster, etc.) control the horizontal motions.

Figure 5. 6DOF motions of a free-floating ship.
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4. Motion equations in the body-fixed reference system: Kirchhoff
equations

As already mentioned, hydrodynamic inertial effects in the form of a hydrodynamic added
mass have to be taken into account in marine applications. The mass matrix m; (b for body) in
the traditionally used body-fixed reference system is defined in Eq. (22). In the matrix, m is the
physical mass and m, ;; is the direction-dependent content of the hydrodynamic inertia. The
mass matrix is constant in the body-fixed frame. This applies analogously for the matrix of
moments of inertia:

My, i = m + my, i (21)
m—+ mp 11 0 0
my, = 0 m+ My, 22 0 (22)
0 0 m + My, 33

In 1869, Kirchhoff published his work about the ‘Movement of a rotating Body in a Fluid” [3].
In this work, he defined the motion equations of a floating body in a body-fixed reference
system in analogy to Euler’s gyro equation. The Kirchhoff equations are a system of each three
equations for translation (Eq. (23)) and rotation (Eq. (24)):

—

P — =
%+w x P=(XY,Z) (23)
B V-
PTIRECES L+ v x P=(KMN)' (24)

The so-called living forces and moments depict all external forces and moments including all
hydrodynamic effects, weight, buoyancy and their effect and can be found at the right-hand
side of the equations inclusively. The determination of these external forces and moments is
especially difficult for the horizontal degrees of freedom with a lack of restoring forces. For the
simulations in this work, a simplified model is used, which considers weight, buoyancy as well
as potential damping. At present, viscous effects are neglected.

The accelerations have to be integrated twice to analyse the position and orientation of the
free-floating ship. The first integration is executed in the body-fixed system.

To calculate the position(x,y, z)" and orientation(®, ©, V)" of a floating body, the velocities have
to be transformed into the inertia system. The peculiarity is the differing transformation of the
rotational vector from the body-fixed system into the inertia system and vice versa, e.g. using
the transformation with Euler’s angles (Eq. (26), cf. [1]):

a)e = Emt, bea)b (25)

with
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1 sPt® cPtO
— -1
Crot,be =10 c® —s® = (Crot,eh) (26)

0 sd)/c@ C(D/C®

(e for earth or inertial, b for body, c for cosine, s for sine and ¢ for tangent).

5. Motion equations in the inertial reference system

In the following section, the motion equations of a free-floating body in the earth-fixed refer-
ence system are shown. The equations are formally derived from momentum and angular
momentum theorem. The transformation of the inertia values is discussed, and it is shown that
a transformation of the motion equations leads to the Kirchhoff equations. It is known that the
twice integration of the rotational equations results in an unstable solution. By using an
additional and opposite directed transformation of the rotational accelerations, the simulations
can be stabilised for longer time series.

5.1. Inertia value transformation

Kane introduced the transformation of inertia values in 1985 [14]. The used transformation
matrix from the body-fixed into the earth-fixed reference system is

BV  sPsOY — cPsV  cPsOcY + sDsWV

Cpe = | OV sDsOsY + cPcV  cPsOsW — sPcV (27)
—s® s@cO cDcO®
with
1 00
CpeCpe = |0 1 0] = Cpe' Cpe (28)
0 0 1
and
Co = Cpo' (29)

The transformation of the inertia matrix is [14, 21]
je = EbejbEbZT (30)
Analogously, it follows the transformation of the mass matrix including added mass [2]:

m, = ébeﬁbébeT (31)
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The cross product-operator relation for matrices can be found in the literature [22, 23]:

. 0o -¥ o
CoCl =@, = | ¥ 0 —d|=(x) (32)
- @& 0

5.2. Rotation

The rotational equations follow from angular momentum theorem, which is defined in the
inertial reference frame [21, 23]:

L =& (33)

The temporal derivative of the inertia matrix is

- - . _ =71
J. = CoeJyCoe' + CreJCoe (35)
Substituting Eq. (35) into Eq. (34) follows:

- - — - = T\ =
M, =& + (Cbe]bc,,J + Coel, Cre )we (36)

Using the cross product-operator relation follows the momentum equation in the inertial
reference system:

M, = J,00 + @J @ =T + o x (1.0) 37)
The transformation of Eq. (37) into the body-fixed reference frame is
M; = CuM, = CaJ.Ca' - C, + Cu@,C" Tl Cat' - Car, (38)
It follows with
M, =, + @,J, @ = T,@n + @ x (60 (39)

Eq. (39) is identical to Euler’s gyroscope equation, which is defined in the body-fixed system
and corresponds to the Kirchhoff rotation equation (Eq. (24)) if the term v x Pis neglected.

As already mentioned, the integration of the equations in the inertial system results in unstable
behaviour. The floating body makes unpredictable, chaotic movements. It is assumed that the
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instability is a consequence of the numerical inaccuracy as well as the twice integration of the
equations. It was found within the project Mine Hunting 2000 that an additional and opposing
transformation stabilises the simulation for longer time [6]. Due to the missing inertia value
algorithm at that time, it could not be explained why. The authors assumed a numerical
reason, which cannot be proved. That phenomenon of stabilisation was rebuilt for simulations
of docked CTV at wind turbine tower, compare [24] with [16].

During the presented motion of the free-floating vessel, the changed rotational accelerations
stabilise the system for longer periods (cf. Eq. (40)):

@ = JC@bdt = j@@edt (40)

By using the additional transformation in the multibody application described in Ref. [16], the
motions of the vessel on the wind turbine tower were stable at all times.

5.3. Translation

Consequently, the derivation of the translational equations follows the derivation of the rota-
tional equations from the last section. The hydrodynamic added mass force is generally an
external force, which defined the right-hand side of the motion equations. For the derivation of
the motion equations, the hydrodynamic mass is considered as intrinsic property of the free-
floating body, which has to be taken into account for every accelerated marine system. Analo-
gously, as for the rotational inertia matrix, the mass matrix of a rotating body changes. This
temporal change is equal to zero in case of pure translation.

The momentum theorem is defined in the inertial reference system:
P, = m,7, (41)

The force is the temporal derivative of the momentum:

=F, =M, 0, + M,V (42)

With the transformation matrix Gy, the transformation of the mass matrix into the inertial
system follows:

i, = CpeyCpe' (43)
The other direction is

m;, = Cp '™, Cp (44)
The temporal derivative of the mass matrix is

. - — =1
m, = Cp,,m,Cp,' + Cpeiy Cp (45)
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By substituting Eq. (43) into Eq. (45) follows
m, = CsCpe M, + M,CpuCre (46)
and by using the cross product-operator relation
m, = @,m, + m,(-@,) (47)

Substituting Eq. (47) into Eq. (42) results in the translational equation for a floating body in the
inertial reference frame:

—

F.=m,v, + @®,(M0. ) — (M®,) v, = M0, + W, x (M0, ) — M@, X U, (48)

Eq. (48) contains only values of the inertial reference system. Due to change of the orientation
and the non-scalar characteristic of the mass matrix, Eq. (48) contains two additional terms.
These terms disappear for each application where the hydrodynamic added mass is not consid-
ered and the mass is scalar, e.g. in aerospace industries or robotics. In case of pure translation,
these terms are equal to zero too, and the equation results in Newton’s second law.

In the following equation, the transformation of Eq. (48) into the body-fixed reference system is
shown. The relation of the velocity in both systems is

—

Ve = Ebe?jb (49)

In case of simultaneous rotation and translation, the rotation matrix changes. The acceleration
in inertial frame is

T = Cuuy + Cuuty (50)
(Remark: In case of pure translation, 5.8 = Cbﬁ'b).
By inserting identity matrix, Eq. (28) follows:
Te = CreChe Crup + T (51)
This is identical to
e = @, + CpeTp = @¢ X Te + CaT (52)
Substituting Eq. (52) into Eq. (48), the term (m.&,) v, disappears, and Eq. (48) becomes

F, = m,Cy0p + @, (ﬁﬁe) (53)

The transformation of Eq. (53) into the body-fixed reference frame is



The Inertia Value Transformation in Maritime Applications
http://dx.doi.org/10.5772/intechopen.71445

Fb = ebFe = éebﬁeéebT : Cehébeab + éﬂb(beéch : éebﬁeéehTéebze (54)

@)

Replacing the values from inertial system with values from body-fixed system follows:
Fb = ﬁﬁb + cbbﬁﬁb = ﬁﬁb + (7)1, X (ﬁﬁ;,) (55)

Eq. (65) corresponds to the translational Kirchhoff equation (Eq. (23)) in the body-fixed system.

6. Simulations in body-fixed and inertial reference frame

The following section shows simulation comparisons of a free-floating vessel in both reference
systems. 6DOF motion simulations are performed for various wave conditions. The hydrody-
namic model of the simulation is implemented in MATLAB/Simulink.

6.1. Parameterisation of the ship

The simulated ship is a crew transfer vessel, which is used for the transfer of offshore service
staff in the German Bight. Figure 6 shows a snapshot of the ship’s CAD model. It is a
catamaran hull with a length of L,s = 22.0 m, a breadth of B = 8.3 m and a mass of m = 60 t.
For the simulation, the hydrodynamic parameters like hydrodynamic added masses and
moments of inertia, as well as the potential damping coefficients of the CTV, are required.
They were determined within the project ‘Safe Offshore Operations (SOOP)" using the poten-
tial radiation and diffraction programme WAMIT (cf. [24]). The ship is discretised station-wise

Figure 6. CAD snapshot of the simulated crew transfer vessel.
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to calculate wave-induced forces and moments. The calculated forces are buoyancy and weight
as well as potential damping force.

6.2. 6DOF simulations

The following figures show the comparison of the CTV 6DOF body motions in irregular seas.
The ship is free floating with no initial velocity. Figure 7 shows the simulation results for the
case of head seas and Figure 8 for beam seas. The wind wave parameters are a significant wave
height of Hs = 2.1 m and a peak period of wy = 0.7 rad/s. Swell is neglected.

The figures show from top to bottom the registered wave elevation at the ships centre of gravity,
the x-, y- and z-position as well as the orientation angles @, ® and V. Blue curves are for the
body-fixed reference frame and red curves for simulations in the inertial reference frame.

At the beginning of the presented simulations, the motion behaviour in both reference systems
shows an identical behaviour. In further process, however, an increasing deviation of the ship’s
heading in the inertial reference is registered. The result is a changing encounter angle of ship
and waves. For the case of head seas, the ship begins to move in transverse direction and to
roll. In the beam seas, simulation leads the changed encounter angle in a pitch motion. In total,
it can be seen that the comparison of vertical motions shows an identical behaviour. As already
mentioned, the yaw motion is controlled in case of a driven ship. It is assumed that the motions
in both reference systems are identical in this case. Analysis of yaw motion is the subject of the
present work. It has to be pointed out that the simulations in the inertial reference system were
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Figure 7. Comparison of the ship position and orientation for head seas. Solid line for body-fixed reference frame. Dashed
line for inertial reference frame.
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Figure 8. Comparison of the ship position and orientation for beam seas. Solid line for body-fixed reference frame. Dashed
line for inertial reference frame.

unstable after longer simulation time. Instability occurs abruptly. Intensive analysis of the
instability reason is also the subject of the present work.

7. Proof of energy conservation for rotatory inertia value transformation

Problem: Common practice in calculating rotational motions of rigid bodies applies the so-
called angular velocity transformation between a first integration over time in body-fixed frame
and a second within inertial frame (see [1]). This is contrary to the so-called linear velocity
transformation, which uses the ordinary vector transformation algorithm as applied in our
solution [2], e.g. Euler’s angle transformation. The derivation of the rotation matrix Cot,be
(Eq. (26)) is carried out by observations and describes the rotation around the three body-
fixed coordinate axes sequentially in time.

In 1995, Blass and Gurevich postulates ‘Matrix Transformation Is Complete for the Average
Case’ [25]:

4.-C A (c) (56)

whereby EZ describes the ordinary transformation matrix for vector values from coordinate
system b, here body fixed, to the inertial or earth-fixed ones e. Which transformation is correct,
way [ in comparison to Eq. (25) or way II regarding Eqs. (30) and (49)?
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I: if @, = Crot,pe - Wy is true; also,

l\7[g = Crote Jo - (Crot,be) ! Crotpe-@p  might be possible being true, but wrong in

our opinion, because |Cyq,pe| # 1 for each © # 0

or II: if @, = C, - wp is true, contrary to the above
— —e = —e\T —e —
M.=GC,-],- (Cb) -G, wyp have to be true!

Matrix mathematics cannot give answer, because both assumptions are valid.

Authors expect calculus II as valid due to the correct transformation of the moment vector.

Its correctness may prove only by the general use of one physical principal of conservation. For
that purpose, the energy conservation shall be applied. Therefore, the pure rotating energy
from one mass point of the rigid body (see step 1) has to be compared with the kinetic energy of
same mass point and motion applying continuum physics within FEM methods (see step 2).
Furthermore and in accordance with authors who claim of wrong description of rotatory
kinetic energy within the body-fixed frame, all used rotation speed components are time
derivatives of inertial-fixed Euler’s angles. Within the calculation of step 3, it has to be shown
that all coefficients of both energy equations are equal, otherwise the proof fails.

7.1. Calculation of rotatory kinetic energy of a mass point from a rotating body (step 1)

Vector value transformation based on Eulerian angles ﬁg =(® @ ¥)" using the well known
transformation matrix, compare with [1] (Eq. (27)). The components C;; of rotation matrix are

Cin Cpp Cp3 OV  s@sOY — cOsV  cPsOcY + sDs¥V
C,=|Cu Cun Cxul|=|cOsW sDsOsW + cDW cDsOsW — sDcW (57)
C3] C32 C33 —s® s@cO® cDcO®

The rotatory inertia value J,;,, of the mass point calculates

R; +RZ -RR, —RR
Jow-dm=dm- | -R,R, R:E+R2 —RyR, (58)
—RR, —R,R, RI+R

by angular speed
mL-w=(d 6 v) (59)
and lever arm R,, = (R« R, R, )T from the bodies’ centre of gravity to the mass point in

body-fixed frame b. By vectorial depiction, the rotatory kinetic energy can be formulated as
follows, e.g. Ginsberg [21]:
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—

1 T (—e = b
Bt = 5dm - @, - (T - C) - @, (60)

The first calculation step can be ES - @, (cf. Eq. (61)):

, Ci® + CnO + Cy ¥
CC . (,T)g = C12(b + C22® + C321p (61)
Clgd) + C23® + C331j/

Now, Jm -ES - , can be estimated:
MR2 4 R2 . ) .
Ry +R; —RRy  —RR, Cii®@ + Cyn0 + Cs1¥
~RRy RZ+R! —RR. |- |Cpn®+Cpb®+Cu¥ | =

~RiR.  —RyR. RZ4+RZ| |[Cind+CuO+CxW
i C11R§('p + C11R§d) + C21R§® + C21R§® + C31R;‘p + C31R§W 1
~CipRRy® — CR RO — CoRRyW — Ci3RR, D — C3R R, 0 — C33R R, ¥ (62)
—ClleRy(b — C21Rny® — C31RnyII./ + CuRiqb + ClzRgd) + C22R)2(@
+CnR2O + CyR2W + CpRIW — Ci3RyR. D — Cx3RyR.0 — C3R,R.W
~C11RR.® — C1RyR.0 — C31RyR.W — C1oRyR.D — CoRyR.0 — CiRyR, W ...

| Ci3R2D + CiaR2D + C3R20 + C3R2O + CsR2W + Cas RV
In the following equation, the transposed vector from Eq. (61) is multiplied with the vector of
Eq. (62):

= -\T = = -
(Ce~we> J C @ = Ey + Ep + Es (63)

getting three components of a sum E; to Es:

Ei = CHRIO? + C} R2D? + CliCu 3P0 + CiiCou R20O + CiiCai R3OV ...
+ C11CiRZQY — Cy1CioR Ry D? — C11CoR Ry PO — C13C3R R, DV ...
— CuCiRR.®* — C1y C3R R PO — C11C33RR. DY + C1iCn R3O + C5,R26°....
+CrCnR2PO + G5 R20% + Co 1 Cyi RIOW + CnC RZOW — C1oCoRyR, DO....
— Co1CRRyO% — Cp1CoRRyOF — C13Co1RyR. DO — Co1Co3RiR,O7....
— CnCxRR.OW + CriCy REOW + Ciy Ct RZOW + CnCy RIOW + Cy C5 RZOW ..
+ C3 RV + C R2W? — CpaCarReRy @Y — CppC1 ReR, O — CCa ReR, W2

— C13C31RyR, W — Cp3C31R.R,OW — C31C33R, R, W?
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Ey = —~C11CiaReRy@? — C12CoiRyRy @O — C1oC31 Ry Ry @Y + C},R2D? + C3,RZD?...
+ CraCR2DO + CioCpR2DO + CpoCxuR2DY + CipCpR2OY — CppCraRyR, 0.
— C12CsRyR. DO — CoC33RyR, O — C11CoR Ry PO — Co1CoR(R, 0.
— CC31RR OV + CioCR2DO + CipCoR2DO + C3,R20 + C3,R267....
+ CC3RZOV + CCaR*OW — C13CnRyR, PO — C»CosR R, O7...
— CC3sRyR.OW — C11CoR Ry DV — Co1C3oRR,OW — C31CxoR.R, 2.
+ CaCR2DY + CpCpR2DY + CpCR2OW + CnCyR*OW 4 C3R*W2...
+ C,R?W? — C13CR, R, OW — Cp3C3R,R,OW — C3C33R, R, ¥?

E3 = —C11C13RR.D? — C13Co1RR. DO — C13C31ReR.OW — C1oC13R, R, D?....
— C13CuRyR. PO — Ci3CR R DV + CRZD? 4 CRID? + Ci3CsRID0....
+ CisCRIPO + Ci3CiRDY + Ci3C3RIOY — CriCysR.R.DO...
— CCpRR.0% — Co3C31RR,OW — C1C3RyR. DO — CpoCr3RyR.O....
— Cy3CRyR.OW + Ci3CREDO + Ci3CxRi DO + C33R20% + C3,R;07...
+ CsCxRIOV + CpsCxR;OW — C11CxRyR. PV — Cy1 Ca3ReR. O ...
— C51C3RR¥? — C1pC33R, R, OW — CppC33R,R.OW — C3C33Ry R, W2....
+ C1sCxRIOW + Ci3CxREDW + CosCxsRZOW + Cos CxaRIOW + CRIV...
+ CR?

Finally, the sum of these components E;, E; and Ej has to be multiplied by the factor %2 dm to get
the rotatory kinetic energy. Because that factor is implemented also within the second energy
equation (step 2), the energy components can be summarised and compared directly with Eq. (68).
By sorting all components to the lever arm and rotating speed combinations, we get Eq. (64):

2Er0t

—

C3, + C3) R2W? — 2C35 CR(R, W? — 2C31C33R, R, W? — 2C5C33R, R, W2....

+

—

G + Gy ) RIW? + (G5 + Cay )R2W? 4 2(CaCap + CosCag)RZOV ..

—2(C2Cs1 + C21C32)ReR, OW — 2(Cp1 Ca3 + Co3Ca1)RiR OV ...

—2(CCs3 + C23C32)RyR.OW +2(Cp3Ca3 + C21C31)R ov..
+2(CCs + Co1C31) ROV + 2(C13Cs5 + CroCx)RZDV .

—2(C12C31 + C11C32)RyRy @V — 2(Cy1 Ca3 + Cr3Ca1) ReR, DY ..

—2(C12C35 + C13Ca)RyR: DY +2(C13Cs5 + C11 Can)REDW .

+2(C12Cap + C11Ca ) R2DY + (C3, + C3)R20* — 2C21C22Rny(4)2...
—2C1Co3ReR.0% — 2CCo3R,R.0% + (C3; + C33) R3O + (G5, + C3,)R267...
+2(C13Cp3 + C12C22)R§Cb@ —2(C11C0 + C12C21)Rny(b@---
—2(C11Ca5 + C13C1 )RR, DO — 2(C12Ca3 + C13C2) RyR. DO....
+2(C11Ca1 + C13Ca3)R2PO +2(C11 Co + C1aCon)RZDO + (CF, + Cy ) R2D?...
—2C11 CiaR Ry D?. — 2C11 Ci3RR, @ — 2C1C13Ry R, D% + (CF; + Ch3)R2D2...
(G + )R
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7.2. Calculation of kinetic energy from a mass point of a pure rotating body (step 2)
The energy can also be calculated by the tangential speed vector, preferably within the inertial
frame (Eq. (65)):
1 — —e o T — —e
Ein = 5dm|@, x (G- Ry )| - @ x (G R )| (65)

The cross product can be calculated by a so-called skew operator w, (Eq. (32)). So, it is possible
to calculate the tangential speed vector of the mass point within the inertial frame:

~CuRW — CpRW — CR W + C31R,0 + C32Ry@ + CR.0
Vin =@e Gy Ry = | CuRW + CioR, W + C13R.W — C31R® — CR,® — C33R.D | (66)
—C11R,0 — ClZRy® — C13R.0 + CnRD + szRy(i) + C3R, @

From Eq. (66) the square of speed can be calculated (see Eq. (67)):

2Ey o T -
d—;;":vﬁm:vdm “Vm = E4 + Es + Eg (67)

with.
Ey = C3R2W? +2Cy1 CooR Ry W2 + 2Cy1 CosRyRW? — 2C5 C1 RZOV ...
— 2Cy CioRyRyOW — 2Cy1 C33R R.OW + C3,R2W? + 2CCosRyRW2...
— 2CCa1RRyOW — 2CnCpR2OW — 2CnCasRyR.OW + Co,R2W2...
—2CC31RR,OW — 2Co3C3oRyR,OW — 2Cp3C33R2OW + C3 RZO%...
+2C31C3RRy O + 2C31 C33R.R.0” + C,R20° + 2C3pCx3RyR.0” + C3,R20°
Es = C;,R2W? + 2C11 C1oR R, W2 + 2C11 C13ReRW? — 2C11 G R2ZOV ..
— 2C11 CpR Ry @Y — 2C11 C33R R, DV + CLRZW? + 2C15Cr3R,RW>...
—2C12C31 R Ry DV — 2C15CpREDY — 2C15CxR, R, DV + CHR2V...
— 2C13C31RR, DY — 2C13CR R, DY — 2C15C3 RO + CHRZD2...
+2C31C3R Ry ®? + 2C3 C33R, R, D? + cngjcbz +2C3C33Ry R, D? + C3,R2D?
Es = C1,R20% + 2C11 C12R Ry O? + 2C11 C13R R, 0% — 2C1; C R2DO ...
—2C1CpRRy®O — 2C11CoRR. DO + C},R20% 4 2C1,C13R, R, 07
—2C1Co RRy DO — 2C12CoRIDO — 2C12Co3RyR. DO + CRZO7...
—2C13CR R, DO — 2C13CR, R, DO — 2C13CoR2ZDO + C3,R20°....
+2C1 CoR Ry + 2C1 Co3ReR.D? + C3,RED? + 2Cp CosRy R D? + C3, R
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Summarising E4, Es and E, follows Eq. (68).

2Ek1'n
dm

= (C3} + C3)REW? 4 2(C11C1z + C21Ca2) RyRy W2 + 2(C11Cr3 + Co1 Co3 ) ReRV2..
+2(Ci2Ci3 + CaCog)RyRW? + (CF, + C%Z)R;lpz + (Ch + Co)RV2...
—2C51C51 R2OW — 2(Cy1C3y + C22C31)Rny®‘i/ —2(CyCs3 + Cp3C31)R:R, O ...
—2(Cp2Cs3 + C3C)RyR:OW — 2CCpRIOW — 2Cp3C33RZOW — 2C11 Cy REDY ..
—2(C11Cx2 + C12C31)RyRy @Y — 2(C11Ca3 + C13Ca1) RyR. OV ...
—2(C12C33 + C13C) RyR: DY — 2C1oCarRIDW — 2C13C5RZDY + (CFy + G5 )R2O7...
+2(C11C12 + C31C32)ReRyO? + 2(C11C13 + C31Ca3) ReR, O7....
+2(C12Ci3 + CC33)RyR. 0 + (C, + C5,)R2O% + (Cl; + G5 )R2O7...
—2C11CuR2DO — 2(C11Cop + C12C1)ReRy DO — 2(C11Cos + C13Ca1 )RR, DO....
—2(C12C3 + C13C)RyR PO — 2C1,CRIPO — 2C13CsR2DO + (G, + C3 ) RED...
+2(C21Ca + C31Ca2) ReRy D? + 2(Co1 Co3 + C31Ca3) R R D7
+2(CCos + CC33)Ry R, D + (G5, + Co ) RED? + (G5 + C33) R2D?

(68)

7.3. Comparison of the coefficients from both energy calculations for the mass point of
pure rotating body (step 3)

To show that energy is identical in both approaches (step 1 and step 2), the coefficients of all 36
combinations of lever arms and angular velocities are compared individually with each other in
step 3. The coefficients of the rotation energy (cf. Eq. (64)) of step 1 can be found on the left-hand
side and the coefficients of kinetic energy (cf. Eq. (68)) of step2 on the right-hand side. As
described previously, the condition of identical energy is only proved, if all coefficients ar equal.
CL+Ca=Ch+Cy
RA?: 2020 + DO = POV + 02 (69)
0 =20
—2C351Ca = 2(C1Cr2 + Cuu C2)
., SOCOsD = sPsOcOY — cPcOSVCY + sPsOcOs” V...
R,R, W~ (70)
+ cDcOsPcYV
sOcOsD = sPsOcO

—2C31C33 = 2(C11Ci3 + C21Caa)
Y sOCOCD = cWsWeOsP + PWeOsOcD — sWcWeOsd. ..
R.R, W2, (71)
+ S2We@sOcD

$OcOcD = cBOsBOcD
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—2C3Cs3 = 2(C12C13 + CnCa3)
—POsDOcD = —PWeDs® — sWeW P DsO + sWeWs>DsO. ..
, + AW OsDcd — AWedsD + sWeW e DsO...
R,R.W?, (72)
— sWeWs* DsO + s*Ws* OsDcd
= —1-cDsP + s*>OsPcP
—POsOcD = —OsDcD
Cgl + C§3 = C%z + C%z
20 + 2OPD = SPVAD — 2sWcWsOcDsD + W2 O2D. ..
) + VD + 2sWeWsOsDed + s> Ds?Os* W
R2W2, (73)
=20+ 52020 = 2D -1+ 2O D
=200 + DO + 520 -1 — 2O D
20 + 2O D = PDOAPO + 52O
Ch + C3, = Ci5 + Co
20 + 2O D = FYL D + 2sWcWsOsDed + WSO D...
, + VD — 2sWWsOsDed + s2Os* W D
RIW?, (74)
=20+ 202D =D -1+ 52602 D
= 2P0 + *Ds?O + 5°0 - 1 — s°Os* D
20 + 2OSLD = D3O + 2O
2(CCs + Cx3C33) = —2C21Cx
Ri(@‘f/; WeOsDeD + sWsOcOs* D — cWeOsPed. + sWsOcOP D = sWeOsO (75)
sWsBcO® = sWcOsO

Rny@'lf/; —2(C2C31 + CCsp) = —2(C1Csp + C2Ca) (76)
RyR,OW. — 2(Cy1Cs3 + C23Ca1) = —2(C21Ca3 + C3Ca1) (77)
RyR.OW, — 2(CpnCa3 + C23Cx2) = —2(C22Cas + C23Ca2) (78)

2(C3Cs3 + C1Ca1) = —2CCy
= CWeOsDcD + sWsOcOPD — sWsOcO = —cWeBcDsD — sWeOsOs> P
RIOV. (79)
s¥s0c0 (1 — 2D — 1) = —sWcOsOs* P

—sWeOsOs* D = —sWe@sOs* P
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2(C0nCsp + C1C31) = —2Cx3Cs3
b WeOsDeD + sWsOcOs* D — sWsOcO = cWeOsPcd — sPsOcOP D
ROV,
: s¥s0cO(1 — 2D — 1) = —sWeOsO> D
—sWeOsOD = —sWeO@sO32 D

2(C13C33 + C12Cx2) = —2C11C31

g [ SWeOSDD + WsOcOD — sWeOsDcD. ..

ROV, = c¥cOsO
+cWsOcOs> D

cWsOcO = c¥YcBOs0
RyRy @Y. — 2(C12Cs1 + C11C2) = —2(C11Ca2 + C12Cs1)
RyR,®W. — 2(C11Cs3 + C13C31) = —2(C11Ca3 + C13Ca1)
RyR: DV, —2(C12Ca3 + C13C32) = ~2(C12Css + C13Ca2)

2(C13Cs3 + C11C31) = —2C12Cx
b sWcOsDeD + WsOcOPD — WeBsO = sWeOsDcd — cWsOcOs> D
R:QVY.
Y Ws0cO(1 — D — 1) = —cWsOcOs* D

—cWsOcOs* D = —cWsOcOs> D

2(C12Cs2 + C11Ca1) = —2C13Cs3
R —sWeOsDcD + cWsOcOs* D — cWcOsO = —sWeOsDed — cWsOcOA D
o Ws0cO(1 — *D — 1) = —cWsOcO> D
—Ws0cOC D = —WsOcOD
Ch+Co=Ch + G5
AWAD + 2sWcWsOsDed + s> Ps2Os* W ...
( +WS O — 25WcWsOs DD + s*Os* W P
R2O*: AV +52057Y =
Y- 1+5°08°Y =
VSO + VPO +5°0 -1 — SO =

) =PVPO +5%0

AYAPO + 820 = AWA3O + 20

—2C21Cp = 2(C11Cr2 + C31Cy2)
—sWeWeOcd — s*WcOsOsD = —cWsWeOcD + *WsOcOsD — sOcOsD
—*WeOsOs® = (1 — "W — 1)sOcOs P
—*We@sOsP = —s*WsOcOsP

RR,0%

(80)

(81)

(82)
(83)

(84)

(85)

(86)

(87)

(88)
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—2C1Cy3 = 2(C11Ci3 + C31C33)
SWeWeOsD — s*WsOcOcD = sWcWeOsD + > WeBsOcd — sOcOcD (89)
—s*WsOcOcP = (1 — $*¥ — 1)sOcOcD
—*WsOcOcP = —s*WsOcOcD

R.R,6?

—2C»Co3 =2(C12C13 + C3Cs3)
( — P WsPcd — sWeWsOPD. ..

2WsDed — sWeWsORD. ..
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The previous calculation demonstrated the validity of Eq. (35).

8. Conclusion

This work presents the method of inertial value transformation for maritime applications.
Firstly, an introduction in irregular seas and an overview of ships degrees of freedom are
given. In the following section, the traditional Kirchhoff motion equations in the body-fixed
reference frame are introduced, which represent a hydrodynamic affected Eulerian gyro tied
up a Newtonian body within the body-fixed view. The formal derivation of motion equations
of a free-floating body in inertial coordinate system is presented in the main part. It is shown
that the transformation of the equations into the body-fixed system leads to the well-known
Kirchhoff motion equations. 6DOF simulations for a crew transfer vessel in head seas and
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beam seas illustrate the comparison of motions in both reference systems. It is mentioned that
temporal integration of the motion equations in inertial system leads to unstable and chaotic
motions of the ship. Rebuilding the Eulerian gyro at first within the project SOOP [6], Korte
et al. [24] by introducing an additional and opposite directed transformation of the rotational
accelerations, the present work shows their general applicability and necessity for free-moving
bodies (6DOF) within inertial frame. By its consequent use, the motion behaviour of the ship
can be stabilised over longer periods. A proof presents the energy conservation of inertia value
transformation for a rotating body. Finally, the contribution has shown a failure in common
motion calculation practice for vehicles.

The intention of motion equations in inertial reference system is the simulation of mechanically
coupled multibody systems in seas. To analyse the interaction effects, the forces and moments of
all included bodies have to be defined in the same reference system. This requires a transforma-
tion of the motion equations that can be realised with the presented method of inertia value
transformation. For a multibody system, a CTV is fixed at the bow to an offshore wind turbine
tower and can make ideal rotations; the method including the additional transformation leads to
a stable system. The scenario describes the interaction of a fixed and a floating body. Further
investigations in the field of multibody dynamics are planned for the future. A scenario of two
ships, which are mechanically coupled in tandem and rotate ideally, is developed currently. The
challenge in comparison to the first multibody system is the interaction of two floating bodies.
Other applications of the method, which are planned in further work of the authors, are simula-
tions of offshore crane processes or 3D simulations of a ROV, which is coupled to a mother ship
via umbilical. For the parameterisation of controllers, the question of the real-time application is
still in focus of research.
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Abstract

In this chapter, we propose a 3D path planning algorithm for small unmanned aircraft
systems (UASs). We develop the path planning logic using a body fixed relative coordi-
nate system which is the unrolled, unpitched body frame. In this relative coordinate
system, the ownship is fixed at the center of the coordinate system, and the detected
intruder is located at a relative position and moves with a relative velocity with respect
to the ownship. This technique eliminates the need to translate the sensor’s measure-
ments from local coordinates to global coordinates, which saves computation cost and
removes the error introduced by the transformation. We demonstrate and validate this
approach using predesigned encounter scenarios in the Matlab/Simulink environment.

Keywords: small unmanned aircraft systems, path planning, collision avoidance,
cell decomposition, Dijkstra’s search algorithm

1. Introduction

The rapid growth of the unmanned aircraft systems (UASs) industry motivates the increasing
demand to integrate UAS into the U.S. national airspace system (NAS). Most of the efforts
have focused on integrating medium or larger UAS into the controlled airspace. However,
small UASs weighing less than 55 pounds are particularly attractive, and their use is likely to
grow more quickly in civil and commercial operations because of their versatility and rela-
tively low initial cost and operating expense.

Currently, UASs face limitations on their access to the NAS because they do not have the
ability to sense-and-avoid collisions with other air traffic [1]. Therefore, the Federal Aviation
Administration (FAA) has mandated that UASs were capable of an equivalent level of safety to
the see-and-avoid (SAA) required for manned aircraft [2, 3]. This sense-and-avoid (SAA)

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
open science | open minds distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgIEN
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mandate is similar to a pilot’s ability to visually scan the surrounding airspace for possible
intruding aircraft and take action to avoid a potential collision.

Typically, a complete functional sense-and-avoid system is comprised of sensors and associ-
ated trackers, collision detection, and collision avoidance algorithms. In this chapter, our main
focus is on collision avoidance and path planning. Collision avoidance is an essential part of
path planning that involves the computation of a collision-free path from a start point to a goal
point while optimizing an objective function or performance metric. A robust collision avoid-
ance logic considers the kinematic constraints of the host vehicle, the dynamics of the
intruder’s motion, and the uncertainty in the states estimate of the intruder. The subject of path
planning is very broad, and in particular collision, avoidance has been the focus of a significant
body of research especially in the field of robotics and autonomous systems. Kuchar and Yang
[4] provided a detailed survey of conflict detection and resolution approaches. Albaker and
Rahim [5] conducted a thorough survey of collision avoidance methods for UAS. The most
common collision avoidance methods are geometric-based guidance methods [6-13], potential
field methods [14, 15], sampling-based methods [16, 17], cell decomposition techniques, and
graph-search algorithms [18-20].

Geometric approaches to collision avoidance are straightforward and intuitive. They lend
themselves to fast analytical solutions based on the kinematics of the aircraft and the geometry
of the encounter scenario. The approach utilizes the geometric relationship between the
encountering aircraft along with intuitive reasoning [8, 21]. Generally, geometric approach
assumes a straight-line projection to determine whether the intruder will penetrate a virtual
zone surrounding an ownship. Then, the collision avoidance can be achieved by changing the
velocity vector, assuming a constant velocity model. Typically, geometric approaches do not
account for uncertainty in intruder flight plans and noisy sensor information.

The potential field method is another widely used approach for collision avoidance in robotics.
A typical potential field works by exerting virtual forces on the aircraft, usually an attractive
force from the goal and repelling forces from obstacles or nearby air traffic. Generally, the
approach is very simple to describe and easy to implement. However, the potential field
method has some fundamental issues [22]. One of these issues is that it is a greedy strategy
that is subject to local minima. However, heuristic developments to escape the local minima
are also proposed in the literature [23]. Another problem is that typical potential field
approaches do not account for obstacle dynamics or uncertainly in observation or control. In
the context of airborne path planning and collision avoidance, Bortoff presents a method for
modeling a UAS path using a series of point masses connected by springs and dampers [24].
This algorithm generates a stealthy path through a set of enemy radar sites of known locations.
McLain and Beard present a trajectory planning strategy suitable for coordinated timing for
multiple UAS [25]. The paths to the target are modeled using a physical analogy of a chain.
Similarly, Argyle et al. present a path planner based on a simulated chain of unit masses placed
in a force field [26]. This planner tries to find paths that go through maxima of an underlying
bounded differentiable reward function.

Sampling-based methods like probability road maps (PRM) [16] and rapidly exploring ran-
dom trees (RRTs) [17] have shown considerable success for path planning and obstacle
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Figure 1. The geometry of an encounter scenario.

avoidance, especially for ground robots. They often require significant computation time for
replanning paths, making them unsuitable for reactive avoidance. However, recent extensions
to the basic RRT algorithm, such as chance-constrained RRT" [27] and close-loop RRT [28],
show promising results for uncertain environments and nontrivial dynamics [28-30]. Cell
decomposition is another widely used path planning approach that partitions the free area of
the configuration space into cells, which are then connected to generate a graph [20]. Generally,
cell decomposition techniques are considered to be global path planners that require a priori
knowledge of the environment. A feasible path is found from the start node to the goal node by
searching the connectivity graph using search algorithms like A" or Dijkstra’s algorithm [18].

The proposed approach in this work will consider encounter scenarios such as the one
depicted in Figure 1, where the ownship encounters one or more intruders. The primary focus
of this work is to develop a collision avoidance framework for unmanned aircraft. The design,
however, will be specifically tailored for small UAS. We assume that there exists a sensor(s)
and tacking system that provide states estimate of the intruder’s track.

2. Local-level path planning

A collision event occurs when two aircraft or more come within the minimum allowed dis-
tance between each other. The current manned aviation regulations do not provide an explicit
value for the minimum allowed distance. However, it is generally understood that the mini-
mum allowed or safe distance is required to be at least 500 ft. to 0.5 nautical miles (nmi) [21, 31].
For example, the near midair collision (NMAC) is defined as the proximity of less than 500 ft.
between two or more aircraft [32]. Similarly and since the potential UAS and intruder aircraft
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cover a wide range of vehicle sizes, designs, airframes, weights, etc., the choice of a virtual
fixed volume boundary around the aircraft is a substitute for the actual dimensions of the
intruder.

As shown in Figure 2, the choice for this volume is a hockey-puck of radius d; and height h, that
commonly includes a horizontal distance of 500 ft. and a vertical range of 200 ft. [1, 33, 34].
Accordingly, a collision event is defined as an incident that occurs when two aircraft pass less
than 500 ft. horizontally and 100 ft. vertically.

In this work, we develop the path planning logic using a body-centered relative coordinate
system. In this body-centered coordinate system, the ownship is fixed at the center of the
coordinate system, and the intruder is located at a relative position p, and moves with a
relative velocity v, with respect to the ownship [35].

We call this body-centered coordinate frame the local-level frame because the environment is
mapped to the unrolled, unpitched local coordinates, where the ownship is stationary at the
center. As depicted in Figure 3, the origin of the local-level reference is the current position of
the ownship. In this configuration, the x-axis points out the nose of the unpitched airframe, the
y-axis points points out the right wing of the unrolled airframe, and the z-axis points down
forming a right-handed coordinate system. In the following discussion, we assume that the
collision volume is centered at the current location of the intruder. A collision occurs when the
origin of the local-level frame penetrates the collision volume around the intruder.

o - -

€ “collision volum >I
|
200ft I '!-%m |
v I
~ — o o - — ’
—
500 ft

Figure 2. A typical collision volume or protection zone is a virtual fixed volume boundary around the aircraft.
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Figure 3. Local-level reference frame.
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The detection region is divided into concentric circles that represent maneuvers points at
increasing range from the ownship as shown in Figure 4, where the radius of the outmost
circle can be thought of as the sensor detection range. Let the region in the space covered by the
sensor be called the workspace. Then, this workspace is discretized using a cylindrical grid in
which the ownship is commanded to move along the edges of the grid. The result is a directed
weighted graph, where the edges represent potential maneuvers, and the associated weights
represent the maneuver cost and collision risk. The graph can be described by the tuple
G(N,E,C), where N is a finite nonempty set of nodes, and € is a collection of ordered pairs
of distinct nodes from N such that each pair of nodes in € is called a directed edge or link, and
C is the cost associated with traversing each edge.

The path is then constructed from a sequence of nonrepeated nodes (nj,ny, ---,ny) such that
each consecutive pair (n;, n;11) is an edges in G. Let the detection range d, be the radius of the
outermost circle, and r be the radius of the innermost circle so that d, = mr. As shown in
Figure 6, let £;, [ =1, 2, ---, m be the Ith level curve of the concentric circles. Assume that the
level curves are equally partitioned by a number of points or nodes such that any node on the
Ith level curve, £; connects to a predefined number of nodes k in the next level, that is, in the
forward direction along the heading axis as depicted in Figure 4. The nodes on the graph can
be thought of as predicted locations of the ownship over a look-ahead time window. Addi-
tionally, we assume that only nodes along the forward direction of the heading axis, that is,
x = 0 connect to nodes in the vertical plane. This assumption allows to command the aircraft to
climb or descend by connecting to nodes in the vertical plane as shown in Figure 4. Let the first
level curve of the innermost circle be discretized into |£1| = k + 2 nodes including nodes in the
vertical plane. Then, using the notation |.4| to denote the cardinality of the discrete set .4, the
number of nodes in the /th level curve is given by

1000+
800~

600~

-200r

Heading direction (m)
N B
5 8
L=
P
/\g
=
g
=]
Q
c
<
o
-

-400;
-600- i
800 L Descend maneuver

-100) : : : :
800 -500 0 500 1000
Right wing direction (m)

Top view Side view

Figure 4. Discretized local-level reference workspace. The three concentric circles represent three maneuvers points.
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k+2 if =1,
= if [ = (1)
2L +20+1 if 1=2,3,,m,

where the total number of nodes is |N| = Y/, |£;|. For example, assuming that the start node
is located at the origin of the reference map and given that k = 3, that is, allowing the ownship
to fly straight or maneuver right or left. The total number of nodes in the graph including the
start and destination node is given by

m+1
V| = (221+21—3>+1. @)
=1

Figure 5 shows an example of a discretized local-level map. In this example, k = 3 and m = 3,
and the total number of nodes in the graph || is 39.

Assuming that the ownship travels between the nodes with constant velocity and climb rate,
the location of the ith node at the Ith level curve, and n; ; in the horizontal plane of the graph is
given by

T
n = {lr sin g[)]c’ ,Ir cos IPJ-L[, O} , ©)]

where 1/J]l = 2](% and j = {—%, —%—0— 1, ,% — 1,%} and i,bd is the allowed head-
ing. In the vertical plane, the location of nodes is n; , = 0,0, i}lhd] T, where j = {1,2, -]} and
K" are the altitude change at each step as shown in Figure 6.

For example, if wd =Tn/4, W= 50 m, r= 500 m, k= 3, and |L1] = 5, then we have
j={-1,0,1}, j={-1,1}, gb} ={-mn/4,0,—7t/4}, and the locations of nodes at £; in the

Intruder | Godl node oy
-I"'# et R LA -
e E
I ey
[ R =
My n =
& Ay, " Fn‘ I‘an E
By By &
i My
- ¢/ s ?
w1 um, Mg o "mtl
o n Ty
LI 7
o Heading Direction (m)
(a) (b)

Figure 5. Example of discretized local-level map. (a) Top view: location and index of nodes and (b) side view: location
and index of nodes.
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nj; = [lrsinl,b]l-,lr cos ll)]l-, 0]T

le,l = [O,O,IZhd]T

-

hel

n;; = [0,0,—jlR*]"

Top view Side view

Figure 6. Nodes location in the local-level reference frame.

horizontal plane are { (—500 sin 77/4,500 cos 71/4,0)", (0,500,0)", (500 sin 7/4,500 cos 7/4,0)"},

and in the vertical plane are {(0, 0, SO)T, (0,0, —SO)T}.

The main priority of the ownship where it is under distress is to maneuver to avoid predicted
collisions. This is an important note to consider when assigning a cost of each edge in the
resulting graph. The cost associated with traveling along an edge is a function of the edge
length and the collision risk. The cost associated with the length of the edge ¢; ;1 that connects
between the consecutive pair nodes (n;,n;y1) is simply the Euclidean distance between the
nodes n; and n;;; expressed as

Crleiiv1) = |Imip — . @)

The collision cost for traveling along an edge is determined if at any future time instant, the
future position of the ownship along that edge is inside the collision volume of the predicted
location of an intruder. An exact collision cost computation would involve the integration of
collision risk along each edge over the look-ahead time window 7 € [t,f + mT].

A simpler approach involves calculating the collision risk cost at several locations along each
edge, taking into account the projected locations of the intruder over the time horizon .
Assuming a constant velocity model, a linear extrapolation of the current position and velocity
of the detected intruders are computed at evenly spaced time instants over the look-ahead time
window. The look-ahead time interval is then divided into several discrete time instants. At
each discrete time instant, all candidate locations of the ownship along each edge are checked
to determine whether it is or will be colliding with the propagated locations of the intruders.
For the simulation results presented in this chapter, the collision risk cost is calculated at three
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points along each edge in G. If v, is the speed of the ownship, then the distance along an edge
is given by v,T, where T = r/v,. The three points are computed as

Nj 1 — N
=n;+v,[—m——, 5
P =t e T ©)
ni, 1 —n;
=p, +0,Ts————, 6
R ©
N — 0
Ps =P, + 0T aR l )

S 7
1 —

where T; = T/3. Let the relative horizontal and vertical position of the intruder with respect to
the ownship at the current time ¢ be p,(t) and p, _(t), respectively. Define the collision volume as

C(p, () = {d€R®: p,(1]| - d<d, and heR: ‘prz —h‘ghs/z}. (8)

The predicted locations of each detected intruder over time horizon T at three discrete time
samples T are

Py, (E+ (14301 =1))T5) = p,,,, (1) + Visp (H(1 +3(1 = 1)) T, ©)
P, (E+ (24301 =1))T5) = p,,, (1) + Vi ((2+ 3(1 = 1)) T, (10)
Py, (t+ (B +3(1=1))T5) = p,,,, (1) + Vi, (3 + 3(1 = 1)) T, (11)

T
where p, (t) = {pr(t), p.. (t)} €R® and v,,, (t) = [0,(t), v,. (t)]" €R® be the 3D relative position

and velocity of the intruder with respect to the ownship in the relative coordinate system,
where v,(t) and v, (t) are the relative horizontal velocity and vertical speed at the current time ¢.

In Egs. (9)-(11), if e; ;+1 is the current edge being evaluated, then the node n;; determines the
value of . In other words, if n;;; € £y, then [ = 1. For example, if we are to compute the three
points along the edge e;» in Eqs (5)-(7), then n, € £; and [ = 1. Using the definition of the
binary cost function, the collision risk cost associated with the ¢; ;1 edge with respect to each
detected intruder is given by the expression

Colint, e 11) = {oo if any of p;, p, or p; eC(prSD(H— (t+3(1—- 1))TS)>, (12)

0 otherwise,

where ¢ = {1,2,3}. In Eq. (12), the o or the maximum allowable cost is assigned to any edge
that leads to a collision, basically eliminating that edge and the path passing through it. The
total collision risk associated with the ith edge is given by

M
Cat(eiiv1) = Y Coint,e;i11), (13)

int=1

where M is the number of detected intruders.
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A visual illustration of the collision risk computation is shown in Figure 7. The propagated
collision volume of a detected intruder and the candidate locations of the ownship over the
first-time interval [t + T, ¢+ 3T;] both in the horizontal and vertical plane is depicted in
Figure 7a and b. Clearly, there is no intersection between these candidate points the ownship
may occupy and the propagated locations of the collision volume over the same interval. Then,
according to Eq. (13), the cost assigned to these edges is zero. Next, all candidate locations of
the ownship along each edge over the second time interval [t + 4T, f + 6T;] are investigated.
As shown in Figure 7¢, edges ¢, 7, 5 3, and e, 9 intersect with the predicted intruder location at
time t+ 4T and t + 5T, respectively. Similarly, edges e3 15 and e3 16 in the horizontal plane
intersect with the predicted intruder location at time t + 4T as shown in Figure 7d. Accord-
ingly, the maximum allowable costs will be assigned to these edges, which eliminate these
edges and the path passing through them. All the candidate locations of the ownship over the
time interval [t + 7T, t + 9T5] do not intersect with the predicted locations of the intruder as
shown in Figure 7e and f. Therefore, by the time, the ownship will reach these edges the
detected intruder will be leaving the map, and consequently, a cost of zero is assigned to edges
belonging to the third level curve L3.

To provide an increased level of robustness, an additional threat cost is added to penalize
edges close to the propagated locations of the intruder even if they are not within the collision
volume. At each discrete time instant, we compute the distances from the candidate locations
of the ownship to all the propagated locations of the intruders at that time instant. The cost of
collision threat along each edge is then given by the sum of the reciprocal of the associated
distances to each intruder

. 1 1 1
Cy(int, [ it1) = a + Z + diS . (14)

where dj, d,, and d3 are given by

dr = [pr = B (E+ (1430 = 1)T.)

7

7

d = [p, = Py (t+ 2+ 3(1 = 1)T.)

7

ds = [[p = P (E+ (B +30 = 1)T.)

and the total collision risk cost associated with the ith edge with regard to all intruders is given by

M
Culeiin1) = Y Culint,e;i11). (15)

int=1

For example, the edges ey, e1,3, €1,4, €1,5, and e, ¢ shown in Figure 7a are not intersecting with
the propagated collision volume locations over the first-time interval, yet they will be penalized
based on their distances to the predicated locations of the intruder according to Eq. (15). Note
that edge e;,» will have greater cost as it is the closest to the intruder among other candidate
edges.
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Figure 7. Example illustrating the steps to compute the collision risk. In this example, we have k = 3 and m = 3. (a) Top
view: predicted locations of intruder (less transparent circles), and candidate locations of ownship; (b) side view:
predicted locations of intruder (less transparent rectangles), and candidate locations of ownship; (c) predicted locations
of intruder and candidate locations of ownship over time window ( + 4T, t + 6T5); (d) time window (t + 4T5, t + 6T5); (e)
time window (t + 775, t + 9T5); (f) time window (¢ + 7T5, t + 9T5).
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Another objective of a path planning algorithm is to minimize the deviation from the original
path, that is, the path the ownship was following before it detected a collision. Generally, the
path is defined as an ordered sequence of waypoints W = wj, Wy, ---. Wy, where

w; = (wn,hwe,i,wd,i)T €R? is the north-east-down location of the ith waypoint in a globally
known NED reference frame. The transformation from the global frame to the local-level frame
is given by

w = R.(U,)w;, (16)

where
cosy, siny, 0

R;(y,) = | —siny, cosy, 0
0 0 1

where 1), is the heading angle of the ownship. Let w, be the location waypoint of the ownship
at the current time instant ¢ and wy € W be the next waypoint the ownship is required to
follow. Assuming a straight-line segment between the waypoints ws and wy, then any point on
this segment can be described as £(g) = (1 — @)ws + pwy where @€ [0, 1], and the minimum
distance between an arbitrary node n; in G can be expressed by [36]

D(¢"), if ¢*€[0,1],
D(ws, wr,ni) ¢ [ —wgl, if @* <0, (17)
Hn,- — Wy||, if *>1,
where
( w, — ;)" (w. fwf))z
S 1 S
D(¢*) = 4| [Imi "VSH2 - 2 ,
[[ws = w|
and

w, —n) (w, —w

2
1w —w |
Then, the cost that penalizes the deviation of an edge in G from the nominal path is given by

Caeo(eiix1) = D(Ws, Wr, 1;). (18)

If small UASs are to be integrated seamlessly alongside manned aircraft, they may require to
follow right-of-way rules. Therefore, an additional cost can be also added to penalize edges that
violate right-of-way rules. In addition, this cost can be used to favor edges in the horizontal
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plane over those in the vertical plane. Since the positive direction of the y-axis in the local-level
frame is the right-wing direction, it is convenient to define right and left maneuvers as the

positive and the negative directions along the right-wing axis, respectively. Let €; £n,,; — n, be
the direction vector associated with the edge ;i1 in G, where n; £ (x;,y;,2) TeR? is the

location of ith node in the local-level reference frame. Let the direction vector e; be expressed
. T
as e; = (eix,eiyeiz) eR3. We define E£ (ei,,L,R, eiZ)T €R*, where ¢;, and ¢, are the x and the z

components of €;. The y-component of €; is decomposed into two components: left L and right
R, that are defined by

(19)

L RA L=e¢,R=0 if ¢ <0,
/ LZO,RZt’Z‘y ifeiy>0.

If we define the maneuvering design matrix to be J = diag([0, ¢z, cr, c;]), then the maneuvering
cost associated with each edge is given by

Cm(ei, i+1) = \/ ETJEr (20)

The costs c;, and cr allow the designer to place more or less cost on the left or right edges.
Similarly, c; allows the designer to penalize vertical maneuvers. Multiple values of these cost
parameters may be saved in a look-up table, and the collision avoidance algorithm choses the
appropriate value based on the geometry of the encounter.

The overall cost for traveling along an edge comes from the weighted sum of all costs given as
[35]

Cleiir1) = Crleiiv1) + Ceotleiiv1) + kiCuleiiv1) + k2Caeo (€ iv1) + k3Cu(eiit1), (21)

where ki, k, and k3 are positive design parameters that allow the designer to place weight on
collision risk or deviation from path or maneuvering preferences depending on the encounter
scenario. Once the cost is assigned to each edge in G, then a graph-search method can be used
to find the least cost path from a predefined start point to the destination point. In this work,
we have used Dijkstra’s algorithm.

Dijkstra’s algorithm solves the problem of shortest path in a directed graph in polynomial time
given that there are not any negative weights assigned to the edges. The main idea in Dijkstra’s
algorithm is to generate the nodes in the order of increasing value of the cost to reach them. It
starts by assigning some initial values for the distances from the start node and to every other
node in the graph. It operates in steps, where at each step, the algorithm updates the cost
values of the edges. At each step, the least cost from one node to another node is determined
and saved such that all nodes that can be reached from the start node are labeled with cost
from the start node. The algorithm stops either when the node set is empty or when every node
is examined exactly once. A naive implementation of Dijkstra’s algorithm runs in a total time

complexity of O(|N |2> However, with suitable data structure implementation, the overall

time complexity can be reduced to O(|€| + |[N|log2|N]) [23, 35].
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The local-level path planning algorithm generates an ordered sequence of waypoints
W, = Wg, We, -+, W,;. Then, these waypoints are transformed from the relative reference
frame to the global coordinate frame and added to the original waypoints path WYW. When the
ownship is avoiding a potential collision, the avoidance waypoints overwrite some or all of the
original waypoints. Next, a path manager is required to follow the waypoints path and a
smoother to make the generated path flyable by the ownship. One possible approach to follow
waypoints path is to transit when the ownship enters a ball around the waypoint W; or a better
strategy is to use the half-plane switching criteria that is not sensitive to tracking error [36].
Flyable or smoothed transition between the waypoints can be achieved by implementing the
fillet maneuver or using Dubins paths. For further analysis on these topics, we refer the
interested reader to Ref. [36].

3. Simulation results

To demonstrate the performance of the proposed path planning algorithm, we simulate an
encounter scenario similar to the planner geometry shown in Figure 8. The aircraft dynamics
are simulated using a simplified model that captures the flight characteristics of an autopilot-
controlled UAS. The kinematic guidance model that we considered assumes that the autopilot
controls airspeed, v,, altitude, &, and heading angle, i). Under zero-wind conditions, the
corresponding equations of motion are given by

Py = ucosy, (22)

p, = vgsin, (23)

= v%(b, (24)

By = by (0 — v,) (25)

¢ = by (¢~ ) (26)

i =by (hf - h) + b — h), 27)

where p,, p, are the north-east position of the aircraft. The inputs are the commanded altitude,
k¢, the commanded airspeed, v¢, and the commanded roll angel, ¢°. The parameters b, by, by,

and bh are positive constants that depend on the implementation of the autopilot and the state
estimation scheme. For further analysis on the kinematic and dynamic guidance models for
UAS, we refer the interested reader to [36]. In the following simulation, the ownship starts at
(0,0,—200)" in the NED coordinate system, with an initial heading of 0 deg. measured from
north and follows a straight-line path at a constant speed of 22 m/s to reach the next waypoint

located at (1500, 0, —200)". The encounter geometry includes three intruders flying at different
altitudes: the first is approaching head-on, the second is converging from the right, and the
third is overtaking from the left. We chose the intruders’s speed similar to the known cruise
speed of ScanEagle UAS, Cessna SkyHawk 172R, and Raven RQ-11B UAS. The speed of the
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Figure 8. Encounter geometry for the ownship and three intruders at ¢ = 0.1 s. (a) Overhead view of initial locations of
aircraft; (b) 3D view of initial locations of aircraft; (c) overhead view of reference frame; (d) side view of relative reference
frame.

intruders is 41, 65, and 22 m/s, respectively. In addition, the intruders are assumed to fly at
a constant speed the entire simulation period. As shown in Figure 8, the initial locations

of intruders in the NED coordinate system are (—25,1000, —225)", (500,1000, —180)", and
(25,500, —200)", respectively, with initial heading of 180, —90, and 0°, respectively.

In the following simulation, our choice of the collision volume is a cylinder of radius d; =
152.4 m (500 ft) and height h; = 61 m (200 ft) centered on each of the intruders. A collision
incident occurs when the horizontal relative range and altitude to the ownship are simulta-
neously below horizontal and vertical minimum safe distances d; and h;/2. We assume that
there exists a sensor and tracking system that provides the states of the detected intruders.
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However, not every aircraft that is observed by the sensing system presents a collision threat.
Therefore, we implemented a geometric-based collision detection algorithm to determine
whether an approaching intruder aircraft is on a collision course. The collision detection
approach is beyond the scope of this work, and we refer the interested reader to [37].

At the beginning of simulation, the predicted relative range and altitude at the closest point of
approach (CPA) are shown in Table 1. Imminent collisions are expected to occur with the first
and second intruders as their relative range and altitude with respect to the ownship are below
the defined horizontal and vertical safe distances. The time remaining to the closest point of
approach fcpa with respect to the first and second intruders is 15.77 and 16.56 s, respectively.
The scenario requires that the ownship plans and executes an avoidance maneuver well before
the tcpa. This example demonstrates the need for an efficient and computationally fast avoid-
ance planning algorithm. Table 2 shows the total time required to run the avoidance algo-
rithm, and the maximum and average time required to execute one cycle. The results show that
the proposed algorithm takes a significantly reduced time in computation with an average and
maximum time to execute one cycle of the code of 20 ms and 0.1326 s, respectively, and a total
time of 0.3703 s to resolve the collision conflict.

Figure 9 shows the planned avoidance path by the ownship. These results show that the
avoidance path safely maneuvers the ownship without any collisions with the intruders. In
addition, the ownship should plan an avoidance maneuver that does not lead to a collision
with intruders that were not on a collision course initially such as the case with the third
intruder. Initially, the third intruder and the ownship are flying on near parallel courses. The
relative range and altitude at CPA with respect to the third intruder are 437.14 and 4361.07 m,
respectively, and the time remaining to the CPA is 1982.25 s. Obviously, both aircrafts are not
on a collision course. However, the third intruder is descending and changing its heading
toward the ownship. The path planner, however, accounts for predicted locations of the
detected intruder over the look-ahead time window, allowing the ownship to maintain a safe
distance from the third intruder. This example demonstrates that the proposed path planner
can handle unanticipated maneuvering intruders. Once collisions are resolved the path plan-
ner returns the ownship to the next waypoint of its initial path.

Intruder [Ip, (tcpa)]| (m) p,. (tCPA)‘ (m) tcpa (8)
1 24.90 25 15.77
2 141.33 20 16.56
3 437.14 4361.07 1982.25

Table 1. Relative range and altitude, and the time remaining to the closest point of approach.

Total run time (s) Max. run time (one cycle) (s) Average run time (one cycle) (s)

0.3703 0.1326 0.0206

Table 2. Collision avoidance algorithm run time.
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Figure 9. Avoidance path followed by the ownship and path tracks of the intruders at t = 75 s. (a) Overhead view of
avoidance path and (b) 3D view of of avoidance path.

The relative range between the ownship and the intruders is shown in Figure 10. The results
show that no collisions have occurred, and that the ownship successfully planned an avoid-
ance maneuver. The avoidance planner ensures that when the relative horizontal range is less
than d;, the relative altitude is greater than /2. For example, as shown in Figure 10b, the
relative range to the first intruder over time interval [16.2, 18] s is below d,;. However, over the
same time interval, the relative altitude is above /2.

Another important aspect to evaluate the performance of the proposed algorithm is its ability to
reduce the length of the avoidance path while avoiding the intruders. This is important because
it reduces the amount of deviation from the original path and ultimately the flight time, which is
of critical importance for the small UAS with limited power resources. Table 3 shows that the
length of the avoidance paths is fairly acceptable compared to the initial path length.
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Figure 10. Relative horizontal range and altitude between the ownship and intruders. (a) Horizontal range and relative
altitude to intruders and (b) a close up view of Figure 10a.
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Scenario number Initial path length (m) Avoidance path length (m)

1 1500 1955

Table 3. Length of the avoidance path.

4. Conclusions

In this chapter, we have presented a path planning approach suitable for small UAS. We have
developed a collision avoidance logic using an ownship-centered coordinate system. The
technique builds a maneuver graph in the local-level frame and use Dijkstra’s algorithm to
find the path with the least cost.

A key feature of the proposed approach is that the future motion of the ownship is constrained
to follow nodes on the map that are spaced by a constant time. Since the path is represented
using waypoints that are at fixed time instants, it is easy to determine roughly where the
ownship will be at any given time. This timing information is used when assigning cost to
edges to better plan paths and prevent collisions.

An advantage of this approach is that collision avoidance is inherently a local phenomenon
and can be more naturally represented in local coordinates than global coordinates. In addi-
tion, the algorithm accounts for multiple intruders and unanticipated maneuvering in various
encounter scenarios. The proposed algorithm runs in near real time in Matlab. Considering the
small runtime shown in the simulation results, we expect that implementing these algorithms
in a compiled language, such as C or C++, will show that real-time execution is feasible using
hardware. That makes the proposed approach a tractable solution in particular for small UAS.

An important step forward to move toward a deployable UAS is to test and evaluate the
performance of the close-loop of sensor, tracker, collision detection, path planning, and colli-
sion avoidance. Practically, the deployment of any UAS requires a lengthy and comprehensive
development process followed by a rigorous certification process and further analysis includ-
ing using higher fidelity models of encounter airspace, representative number of simulations,
and hardware-in-the-loop simulation. Unlike existing collision manned aviation collision
detection and avoidance systems, an encounter model cannot be constructed solely from
observed data, as UASs are not yet integrated in the airspace system and good data do not
exist. An interesting research problem would be to design encounter models similar to those
developed to support the evaluation and certification of manned aviation traffic alert and
collision avoidance system (TCAS).
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Forward and Inverse Kinematics Using Pseudoinverse
and Transposition Method for Robotic Arm DOBOT
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Abstract

Kinematic structure of the DOBOT manipulator is presented in this chapter. Joint coor-
dinates and end-effector coordinates of the manipulator are functions of independent
coordinates, i.e., joint parameters. This chapter explained forward kinematics task and
issue of inverse kinematics task on the structure of the DOBOT manipulator. Lineariza-
tion of forward kinematic equations is made with usage of Taylor Series for multiple
variables. The inversion of Jacobian matrix was used for numerical solution of the
inverse kinematics task. The chapter contains analytical equations, which are solution
of inverse kinematics task. It should be noted that the analytical solution exists only for
simple kinematic structures, for example DOBOT manipulator structure. Subsequently,
simulation of the inverse kinematics of the above-mentioned kinematic structure was
performed in the Matlab Simulink environment using the SimMechanics toolbox.

Keywords: forward kinematics, inverse kinematics, Matlab Simulink simulation,
robotic arm, Jacobian matrix, pseudoinverse method, SimMechanics

1. Introduction

Robots and manipulators are very important and powerful instruments of today’s industry.
They are making lot of different tasks and operations and they do not require comfort, time for
rest, or wage. However, it takes many time and capable workers for right robot function [6].

The movement of robot can be divided into forward and inverse kinematics. Forward kine-
matics described how robot’s move according to entered angles. There is always a solution for
forward kinematics of manipulator. Solution for inverse kinematics is a more difficult problem
than forward kinematics. The relationship between forward kinematics and inverse kinematics
is illustrated in Figure 1. Inverse kinematics must be solving in reverse than forward kinemat-
ics. But we know to always find some solution for inverse kinematics of manipulator. There are

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
open science | open minds distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgIN
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Forward kinematics>
< Inverse kinematics

Figure 1. The schematic representation of forward and inverse kinematics.
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only few groups of manipulators (manipulators with Euler wrist) with simple solution of
inverse kinematics [8, 9].

Two main techniques for solving the inverse kinematics are analytical and numerical methods.
In the first method, the joint variables are solved analytical, when we use classic sinus and
cosine description. In the second method, the joint variables are described by the numerical
techniques [9].

The whole chapter will be dedicated to the robot arm DOBOT Magician (hereafter DOBOT)
shown in Figure 2. The basic parameters of the robotic manipulator are shown in Figure 3 and
its motion parameters are shown in Table 1.

This chapter is organized in the following manner. In the first section, we made the forward
and inverse kinematics transformations for DOBOT manipulator. Secondly, we made the

Figure 2. DOBOT Magician [10].
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_ R 30mm

158 S
Figure 3. Simple specification of DOBOT [10].
Axis Range Max speed (250 g workload)
Joint 1 base —90° to +90° 320°/s
Joint 2 rear arm 0° to +85° 320°/s
Joint 3 fore arm —10° to +95° 320°/s
Joint 4 rotation servo +90° to —90° 480°/s

Table 1. Axis movement of DOBOT Magician [10].

DOBOT Magician simulation in Matlab environment. Thirdly, we describe the explanation of
Denavit-Hartenberg parameters. Finally, we made the pseudoinverse and transposition
methods of Jacobian matrix in the inverse kinematics.

2. Kinematics structure RRR in 3D

Kinematic structure of the DOBOT manipulator is shown in Figure 4. It is created from three
rotation joints and three links. Joint A rotates about the axis z and joints B and C rotate about
the axis x;.

Figure 5 shows a view from the direction of axis z and Figure 6 shows a perpendicular view of
the plane defined by z axis and line c.

Kinematic equations of the points B, C, and D, respectively:
=0 M

Yo =0 @)

77
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Figure 5. Representation of DOBOT footprint.

zg =1
x§ = —l.cos@,.sind
yS =h.cosp,.cosd
zg =1l +b.sing,

xg = —(l-cos ¢, + I3.cos @, ). sin 6

y(l)j = (L. cos ¢, +I5.cos @, ). cos b

zg =l +1L.sing; +13.sing,

Where p,=¢ +y.

®)
@)
©)
(6)
@)
®)
©)
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Zref

Z

A

Figure 6. View of the plane defined by z axis and line c.

2.1. Forward kinematics

Forward kinematics task is defined by Eq. (10)
X=£(Q) (10)

where

X= |y (11)

X is position vector of manipulator endpoint coordinates.

P
Q=1y (12)
5

Q is vector of independent coordinates: =y, y, 6.

Because the function X = f(Q) is nonlinear, it is difficult to solve the inverse task Q = f{X) when
looking for a vector of independent coordinates (rotation of individual manipulator joints) as a
function of the desired manipulator endpoint coordinates. An analytical solution to the inverse
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task is possible only in the case of a relatively simple kinematic structure of the manipulator
(see next chapter).

Therefore, the function X = f{Q) linearized using Taylor series, taking into account only the first
four (linear) members of the development:

oxd (¢,y,0) oxd (¢,y,0)

x(l)) = xOD((pv Vs 0) szD ((pO’ Yo 60) + d (90 - 900) + J (7/ - VO)
' Por Vordo y Po Vordo
D
+ aXO ((P,% 6) (6 _ 60)
00 Po:Vor b0
(13)
g (¢,7,0) g (¢, 7,0)
¥ = Y0 (9 7:0)= (90, 70:00) + === (p—po) + = (¥ =)
P ©o, Vo, 00 Y P0: Yo, 00
D
®orVordo
(14)
GZD , ,6 aZD ) 76
25 =25 (9:7,6) 2 (Py: V01 00) +% ((P—%)+% =)
P PorVordo y Por Vor b0
P (@, v,
+ 0 ((aPéV ) (6 _ 60)
P Yo%
(15)
After editing:
xP(¢p,y,6 xP(¢p,y,6
3 (9,,6) = % (Pg: V01 00) =% ((P—%H% (v =)
P Po,Yor %0 )4 Por Vo 00 (1 6)
D
+ax0 ((P’Y’é) (6_60)
00 PorVor b0
D D ay(?(qo, )8 6) ay(l)D((Pv% 6)
Yo (9:7:0) =45 (@0 vo:00) = =522 (9 —@o) +-7— (r=n)
' PorVordo 4 PorVordo (17)
D
0
PoVor b0
Azl (@, 7,6 P (¢, v,
R(07,0) = By vpb0) = LT () ORI
? ®or Yo, O 4 PorYor S0 (18)
3zg (¢, 7,90)
+ " (6 — o)
%
Por Vor 00

We denoted:
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Axg = xg(9,7,0) = x5 (@0, Vos 60) (19)
Ayg =g (@.7,0) = yg (9g: Vo: 00) (20)
Azg =z (9,7,6) — 28 (94, 70> 60) (21)
Ap =9 — @, (22)
Ay =y - (23)
AS=5— (24)
Then, we obtained:
op Po: Vo, 00 oy $o: Vo, 00 00 ©o, 70,00
g (¢, y,0) g (@, 7,0) e (@, 7,0)
AOD:% A¢+% Ay+oa+ AS  (26)
' PorVordo Y Por Vordo Pos Vor o
a(P [ 6)/ Por Yo, 00 e ©o: Vo, 00

In matrix form:

[oxE (¢,7,0) xB(p.y,6) xB(p.y.0)]
op oy 90
Axp ; ; R Ap
AyD — ayO ((pa 7/7 6) ay() ((pa ya 6) ayO ((Pa 7/’ 6) . AV (28)
g dp dy o A5
Az
" 2R(p,7,0) 3R (,7,0) 3:D(p,,0)
L a(P a)/ 00 = Py Ve b0
Where matrix:
[xg (@, 7,0) xP(p.y.0) oD (9,y,0)]
op )% a0
= | @70 W(@.7:0) Wr(g.y,0) 29
dp dy RN
0zf (¢,7,0) 0zf(p,7,0) zf(p,y,0)
L op oy 00 < 9y V000

is Jacobian matrix. We denoted:
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Axf
AXD = | AyP (30)

D
Az

and

AQ = | Ay (31)

Then, we obtained the matrix equation, which represents linearized forward kinematics in
incremental form:

AXY =T].AQ (32)

After we multiplied the Eq. (32) with inverse matrix ] ' from the left, we obtained the equation
of inverse kinematics.

JLAXD =771 ].AQ (33)
JLAXD = 1LAQ (34)

Where [ is the identity matrix. After that:

AQ =] LAXY (35)

Derivative of the kinematic equations with respect to the independent coordinates for kine-
matic structure of DOBOT manipulator:

D
aa% = [h.sing +I5.sin (¢ + y)].sind (36)
oy :
W =Il;.sin (@ + y).sind (37)
D
aaig:—[lz.cos(p+13-COS((P+V)]-C055 8)
D
aai(g — [l sing + . sin (¢ + 7)]. cos 6 (39)
D
%o = —I3.sin (@ 4 y). cosd (40)
oy
D
o _ —[l2.cos @ + 3. cos (¢ + y)]. sind (1)

a
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D
ai:lz.cosq)-i—l3.cos (e+7v) (42)
op

ozh
a = 13. COS ((P + 7/) (43)
ozh
<5 =0 (44)
Jacobian matrix:
op 0Jy 00
J— g g (45)
op Oy 06
| 0p Oy 96 |

2.2. Analytical Solution of the Inverse Kinematics of DOBOT manipulator

The following equations are derived from Figure 4.

=+ (46)
d2:C2+22:x2+y2+22 47)
e =0+ 15 — 2ll3 cos (1 — y) (48)

-5
y = Farccos (21213> (49)
A=+ (z-h) (50)
p=a—p 1)

z— ll z— ll

a = arct = arct 52
B=05+é —2hecosp (53)

L+e2—§
= farccos (T) (54)

B z—h b+et—1;

@ = arctg \/m Farccos ( e (55)

—x
S = arctg—— (56)
g y
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3. Simulation DOBOT Magician in Matlab environment

For simulation movement of the manipulator, Matlab Simulink environment and SimMechanics
toolbox are suitable to use. Some blocks from SimMechanics toolbox are shown in Figure 7,
which represents the model of DOBOT manipulator.

We used basic block from SimMechanics toolbox in simulation model:

Joint actuator
Revolute
Body

Body sensor

Machine environment

The joint actuator block transfers the requested angles to the connected joint. The revolute
block defined the rotation of body in space. The body block describes the parameters of body,

et .
o o= = HEH T e

Bady Serne

T

Figure 8. Simulation of DOBOT manipulator in Matlab environment.
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Kinematics - Coordinates
SimMechanics model

Aois [mm]

Axis )

Ais [mm]

Axis [mm]

Time [s]

Figure 9. Endpoint coordinates of DOBOT manipulator.

Kinematics - Angles
Reference angles

Aois [mm]

Calculate angles

Auis [mm)

3 01 0z 03 04 05

Error between reference and calculate angles

0 or oz o3 0 os
Time [s]

Figure 10. Reference angles, calculated angles, and error between these angles.

like dimension, inertia, etc. The body sensor block transfers the coordinates, velocity, and
others to simulation, and the last block is the machine environment which defines the param-
eters of the environment in which the manipulator is located. You can find all necessary data

about these blocks in [7].
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The simulation model, shown in Figure 8, was designed for considerate results from
SimMechanics model, model used D-H parameters and analytical model, which was
described in previous chapter. Every result from these models is shown in Figure 9. The
fourth part in Figure 9 is the results from analytical simulation model of inverse kinematics.
Figure 10 represented the reference angles in the first part of the chart, calculated angles
from analytical inverse kinematics model in the second part of chart, and finally the error
between both angles. As we can see in Figure 10, the angles are same. This is proof that
analytical model of DOBOT manipulator is usable for simulation and implementation to
some DSP or microcontroller.

4. Denavit-Hartenberg parameters

The steps to get the position in using D-H convention are finding the Denavid-Hartenberg
(D-H) parameters, building A matrices, and calculating T matrix with the coordinate position
which is desired.

4.1. D-H parameters

D-H notation describes coordinates for different joints of a robotic manipulator in matrix entry.
The method includes four parameters:

1. Twist angle o;
2. Link length 4
3. Link offset d;

4. Joint angle 0;.

Based on the manipulator geometry, twist angle and link length are constants and link offset
and joint angle are variables depending on the joint, which can be prismatic or revolute. The
method has provided 10 steps to denote the systematic derivation of the D-H parameters, and
you can find them in [5] or [6].

4.2. A matrix

The A matrix is a homogenous 4 x 4 transformation matrix. Matrix describes the position of a
point on an object and the orientation of the object in a three-dimensional space [6]. The
homogenous rotation matrix along an axis is described by the Eq. (57) (Figures 11-13).

cosf; —cosa;sinf; sina;sin 6; 0
sinf; cosa;cos 6; —sing;sinB; 0

Rot, = (57)
0 sin a; CoS a; 0

0 0 0 1
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Figure 11. The four parameters of classic DH convention are 6;, d;, a; a; [4].
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Figure 12. Simulation result of Jacobian matrix pseudoinverse in inverse kinematics model of the DOBOT manipulator.

The homogeneous translation matrix is described by Eq. (58).

1 0 O a;
0100
Trans,, , = 00 1 d (58)
1
0001

In rotation matrix and translation matrix, we can find the four parameters 6, d;, a;, and «;. These
parameters derive from specific aspects of the geometric relationship between two coordinate

87
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Inverse kinematics - Pseudoinverse of Jacobian
Xaxis

X axis [mm]

Y axis
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Figure 13. Simulation results of DOBOT axis and total error of coordinates for Pseudoinverse method.

frames. The four parameters are associated with link i and joint i. In Denavit-Hartenberg con-
vention, each homogeneous transformation matrix A; is represented as a product of four basic
transformations as follows [6]:

Ti"! = Trans,, , (d;).Rot,, ,(0;).Transy, (r;).Roty, () (59)

D-H convention matrix is given in Eq. (60).

cos; —sinB;cosa; sinf;sina; r; cos 6;
. sinB; cos B, cosa; —cosO;sina; r;sin6;
T = 60
1 . (60)
0 sin a; COS &; d;
0 0 0 1

The previous matrix can be simplified by following equation A; matrix. The matrix A4; is
composed from 3 x 3 rotation matrix R; 3 x 1 translation vector P;, 1 x 3 perspective vector
and scaling factor.

Rizx3)  Pian)

A= (61)

0(1x3) 1

4.3. T matrix

The T matrix can be formulated by Eq. (62). The matrix is a sequence of D-H matrices and is
used for obtaining end-effector coordinates. The T matrix can be built from several A matrices
depending on the number of manipulator joints.
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Ty = T§. T2. TS (62)

Inside the T matrix is the translation vector P;, which includes joint coordinates, where the X, Y,
and Z positions are P4, P,, and P;, respectively [6].

5. The pseudoinverse method

If the number of independent coordinates n (joint parameters) is larger than the number of
reference manipulator endpoint coordinates m (three in Cartesian coordinate system for the
point), it shows that a redundancy problem has occurred. In this case, it can exist in infinite
combinations of independent coordinates for the only endpoint position. Jacobian matrix J has
a size of m rows and n columns (m #n), i.e., ] is a non-square matrix. In general, it cannot be
computed inverse matrix from non-square matrix.

In order to solve inverse kinematics task for this case, pseudoinverse of Jacobian matrix
(denotes J*) is used. This method uses singular value decomposition (SVD) of Jacobian matrix
to determine J".

Every matrix ] can be decomposed with the usage of SVD to three matrices Eq. (63):
J=uxzvT (63)

Where

Jis m x n matrix.

U is m x m orthogonal matrix, i.e. ut=ur.
Vis n x n orthogonal matrix, i.e. yl=vyT

Y is m x n diagonal matrix, which contains singular values of matrix J on its major diagonal.

Ju 2 v T Ui Ui ot Uim op 0 -0 Vi1 U1 v Un

Jou T2t Jom Upp Uy v Udy 0 oo - 0 V2 Un vt Um

I Tm2 " Jum Uml  Um2 = Umm 0 0 e 04 Un O2n ** OUmn
(64)

Where d = m for m <n and d = n for m > n, because X is a non-square matrix.

To determine matrices U and T, we multiply matrix J by its transpose matrix J* from the right:
JJT = (UzvT).(usv”)’ (65)

1]t =uxzvt.vetu® (66)
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1T =uzxztu’ (67)

We multiply the above Eq. (67) by matrix U from the right:
Jru=uxz’.u'u (68)
Jjt.u=uxx’ (69)

It leads to eigenvalue problem for JJ' matrix. U is m x m square matrix, which contains
eigenvectors of JIT matrix in its columns and X" is diagonal matrix of eigenvalues A4, ..., Ap,.

To determine matrices V and X, we multiply matrix ] by its transpose matrix J* from the left:

71y = (usvh).(uzv?) (70)
jry=veru".uzv? (71)
JFy=velzy? (72)

We multiply the above Eq. (72) by matrix V from the right:

Jv=vxlzvly (73)

Jv=vyly (74)

It leads to eigenvalue problem for J'J matrix. V is n x n square matrix, which contains
eigenvectors of J'J matrix in its columns and X is diagonal matrix of eigenvalues Ay, ..., A,.

Matrices JJ* and J'J are symmetric matrices and they have the same nonzero eigenvalues.
Eigenvalues and eigenvectors of the real symmetric matrices are always real numbers and real
vectors.

The eigenvalues are equal to square of the singular values: A; = 07, where i = 1, ..., d. The
number of nonzero eigenvalues is d = m for m < n and d = n for m > n. The number of zero
eigenvalues is |m — nl.

When values of matrices U, L, and V were computed, we can determine pseudoinverse of
Jacobian matrix as follows:

= (uEyh) (75)
JF=vtu’ (76)

Where
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Now, we can solve inverse kinematics task for the cases, when Jacobian matrix is non-square:
AQ =]".AX (78)

Pseudoinverse J*, also called Moore-Penrose inverse of Jacobian matrix, gives the best possible
solution in the sense of least squares [1].

6. The Jacobian matrix transpose method

We designed Jacobian matrix transpose method simulation [1-3]. The basic idea was written
using Eq. (79). We used the transpose of Jacobian matrix, instead of the inverse of Jacobian
matrix, in this method. We set AQ equal to

A =a]l e (79)
Where a is:
(e e)
O e — (80)
(et e)

Whole simulation is described by block diagram shown in Figure 14. In the first step, we
defined requested error. This error represented difference between reference coordinates and
actual coordinates. Error that we consider as unacceptable, we set to 200 um. This is position
repeatability of DOBOT. We calculate the increment of requesting angles A8 in each iteration.
In the first iteration, A0 is equal to zero.

Figures 15 and 16 represent simulation result of DOBOT movement same as in simulation of
Jacobian matrix pseudoinverse. Simulation was split on three parts. First part (solid line in
chart) is movement from starting position to position (x, y, z) = (100, 150, 160) mm. Second part
(dotted line in chart) is movement from previous position to position (50, 90, 80). And third
part (dashed line in chart) is movement to position (150, 180, 140).
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\ l
Angles + A6 Ab=aJ"e

!

D-H convention matrix
of the points B, C and D

|

Calculating transpose of
Jacobian

|

Error=RefCoor-ActCoor

I

Figure 14. Block diagram of Jacobian matrix transpose method simulation.

If Error >
RefError

Angles for every joint

r Bacobi Endpaint mvenman

150, BhE By

(711,843 188

150, 180, 140}

100,150, 180§

e 0,080 = j/
o = 50, 00, BN

Figure 15. Simulation result of Jacobian matrix transposition in inverse kinematics model of the DOBOT manipulator.

7. Conclusion

As we can see in simulation results from previous subchapters, every method for inverse
kinematics has some positives and negatives. Comparison of both methods is shown in
Table 2. Pseudoinverse method is faster than transposition method, but is harder to implement
in a DSP or a microcontroller. In Matlab environment, pseudoinverse method is easily made by
the pinv() command. If we want to simplify inverse kinematics and we don't need fast calcu-
lating time, it is more readily to use transposition method. In the case of using DOBOT
manipulator, it is considered to use the analytical model. In the case of more complicated
manipulator, this method is inapplicable.
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Inverse kinematics - Transposition of Jacobian
X axis

0 500 1000 1500 200 2500 000 3500

Y axis

0 500 1000 1500 200 2500 000 500

Zaxis

Error

o 500 000 1500 200 2500 000 3500

Number of steps [1143,701,1416]

Figure 16. Simulation results of DOBOT axis and total error of coordinates for Transposition method.

Simulation part Pseudoinverse method (number of iterations) ~ Transposition method (number of iterations)
Part 1 (solid line) 22 55
Part 2 (dotted line) 5 34
Part 3 (dashed line) 6 68

Table 2. Comparison of pseudoinverse and transposition method.

Comparison of both methods is shown in Table 2. As we can see in Table 2, the main criteria are
number of iterations. Pseudoinverse method is much better, but only for simulation. If we can use
this method in real-time application, like dSPACE from MathWorks® or implementation to DSP,
we will not achieve such results like in Table 2. It is caused by using singular value decomposition
(SVD), which is very demanding for a computation performance. In the other case, transposition
of Jacobian matrix is much easier for implementation and need lower performance.

In the next research, we considerate the use suitable iterative method, like damped least
squares. We also designed several implementation methods of Jacobian matrix transposition
to DSP (TMS430, C2000™). It is very important to try more implementation methods for the
most possible shortening of the calculation time.
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Abstract

In this chapter, methods for expanding the workspace of parallel robots are introduced.
Firstly, methods for expanding the translational workspace of the parallel robot are dis-
cussed. The parallel robot has multiple solutions of the inverse and forward displacement
analysis. By changing its configurations from one solution to another, the parallel robot
can expand its translational workspace. However, conventional nonredundant parallel
robot encounters singularity during the mode change. Singularity-free mode changes
of the parallel robot by redundant actuation are introduced. Next, methods for expand-
ing the rotational workspace of the parallel robot are shown. In order to achieve the
large rotation, some mechanical gimmicks by gears, pulleys, and helical joints have been
embedded in the moving part. A novel differential screw-nut mechanism for expanding
the rotational workspace of the parallel robot is introduced.

Keywords: parallel robot, workspace, mode change, kinematics, singularity,
differential, helical joint

1. Introduction

The parallel robot has excellent characteristics such as high speed, high precision, and high
rigidity [1]. However, mechanical collisions between limbs and complexly existing singular
configurations restrict its workspace. In this chapter, firstly, methods for expanding the trans-
lational workspace of the parallel robot are discussed. The parallel robot has multiple solu-
tions of the inverse and forward displacement analysis. By changing its configurations from
one solution to another, the parallel robot can expand its translational workspace. However,
conventional nonredundant parallel robot encounters singularity during the mode change.
Singularity-free mode changes of the parallel robot by redundant actuation are introduced.
Next, methods for expanding the rotational workspace of the parallel robot are shown. In

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
open science | open minds distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgIN
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order to achieve the large rotation, some mechanical gimmicks by gears, pulleys, and helical
joints have been embedded in the moving part. A novel differential screw-nut mechanism for
expanding the rotational workspace of the parallel robot is introduced.

2. Expanding the translational workspace

2.1. Mode change of the parallel robot

Schematic model of a planar two-dof (degree-of-freedom) serial robot and a planar two-dof
parallel robot is illustrated in Figures 1 and 2, respectively. R and P represent the rotational
pair and prismatic (sliding) pair, respectively. Underline indicates that an actuator is located at
the pair, namely, R and P represent active rotational pair and active prismatic pair, and R and
P represent passive ones. The serial robot in Figure 1 is represented as RR mechanism, and the
parallel robot in Figure 2 is represented as 2PRR mechanism. In 2PRR, “2” means that the two
PRR mechanisms are connected to the output link (end effector or hand) in parallel. In order to
control the position of the hand, forward displacement analysis gives the position and orienta-
tion of the hand from the displacements of the active pairs (joints), and inverse displacement
analysis gives the displacements of the active joints from the position and orientation of the
hand. As shown in Figures 1 and 2(a), different solutions for inverse displacement analysis
and different position of the joints for a position and orientation of the hand exist. In the robot-
ics, the solution of the inverse displacement analysis is called as the working mode. Changing
the positions of the joints between the different working modes, at that time the robot changes
its configuration, is named as the working mode change. In the case of the serial robot, there
exists only one solution for the forward displacement analysis; namely, when the displace-
ment of the active joints is given, the position and orientation of the robot are fixed. However,
in the case of the parallel robot, there exist different solutions for the forward displacement
analysis as shown in Figure 2(b). The solution of the forward displacement analysis is named
as the assembly mode. Parallel robot can change the position and orientation of the hand with
the same displacements of the actuated joints. Note here that the parallel robot in Figure 2
is designed as free of the mechanical interferences such as limb collisions. Parallel robot can
expand the workspace of the hand by the assembly mode change as shown in Figure 2(b).

| =

|

Figure 1. Working mode change of RR serial robot.
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(a) working mode change

(b) assembly mode change

R

the second
link
the first link
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\ h—>g
|~

the first kind of singularity

!

(ii)

o Fot

the second kind of singularity

Figure 2. Assembly and working mode change of 2PRR parallel robot.

2.2. Kinematics of the parallel robot

As mentioned before, the parallel robot can expand its workspace by the mode change.
However, parallel robot encounters the singular configuration between the mode changes.
In this section, kinematics and singular configuration of a 2PRR parallel robot are shown in
Figure 3. Coordinate frames X and X, (i=1, 2) are defined for the fixed coordinate and posi-
tion of each actuator, respectively. Vector bi is defined for the position of the origin X. with
respect to the coordinate L, In the case of the 2PRR parallel robot in Figure 3, b.=0 (i=1, 2)
because each coordinate X, is coincident with X . Unit direction vector and displacement of

the linear actuator are defined as u,and q,, respectively. Unit direction vector and length of the
rod are defined as w, and [, respectively. Position of the hand (output link) is given as

97
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x=b+qu+lw, (1)
Equation (1) is the loop closure equation of the parallel robot. Next, the forward displacement
analysis and inverse displacement analysis of the parallel robot are going to be derived.

Eq. (1) is deformed as
Lw, = x-b,-qu, )

The unit direction vector w, is eliminated by raising the both sides of Eq. (2) to the second
power as,

[} = (x=b-qu)(x=b,~qu) €)
As shown in Figure 3, u, and b, are given as,

o e[ oo

Substituting Eq. (4) into Eq. (3), one obtains a quadratic equation about the displacement of
the actuator as,

q2-2qx+(y*-x*-1?) =0 )

Solutions of the inverse displacement analysis are given by the solution of Eq. (5) as,

q, = x£q2-y>? (6)

Eq. (6) represents that there are two solutions for the inverse displacement analysis. It means
that the parallel robot has two working modes. Figure 2(a) (i) and (iii) represents the configu-
rations of the parallel robot of the two working modes.

In the forward displacement analysis, positions x and y of the hand are solved by the simulta-
neous equations about Eq. (1) of each arm as,

(x_q1)2+y2 = 112
=)y = L2
Each equation of (7) represents that a circle of the central position is (g, 0) and the radius is .
The solution of Eq. (7) is given as the crossing point of the two circles. There exist two crossing

points of the circles; namely, the parallel robot has two assembly modes. Figure 2(b) (i) and
(iii) represents each configuration of the assembly mode of the parallel robot.

@)

When y =1, at that time, the value in the square root in Eq. (6) becomes zero and the inverse
displacement analysis has a duplication solution. When y >, at that time, value in the square
root in Eq. (6) becomes negative and the inverse displacement analysis has no solution. When



How to Expand the Workspace of Parallel Robots
http://dx.doi.org/10.5772/intechopen.71407

T

Figure 3. Kinematic model of 2PRR parallel robot.

the distance between the two circles of Eq. (7) equals (I, +1,), the forward displacement analy-
sis has a duplication solution. When the distance between the two circles of Eq. (7) becomes
larger than (I, +1,), the forward displacement analysis has no solution.

2.3. Singularity analysis of the parallel robot
2.3.1. The Jacobian of the parallel robot

Differentiating the both sides of Eq. (1) with respect to time, one obtains
X=qu+lw, (8)

In Eq. (1), bi, u, and [, are constant values and their time derivatives become zero. Because w,
is unit direction vector, one obtains

wiw =1 9)

wiw. =1 (10)

Multiplying the both sides of Eq. (8) by w,” and taking into consideration about Eq. (9), one
obtains

w'x =w'ugqg, (11)

The displacements of all actuators g, and g, are defined by vector form as q=[q, 4,]”; then,
Eq. (10) is expressed by matrix form as

Ji =14 (12)
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x=1[; ¥y]"q= [ql qz]T

J - w' J - wTu 0
o (w0 0 w( u,

J, and ] are the Jacobian of the parallel robot.

2.3.2. Second kind of singularity

When the Jacobian matrix J_becomes singular, namely the determinant of the Jacobian becomes
Zero as

det(J) = 0 (13)

Then, the parallel robot is in the second kind of singularity [2] or in direct kinematics singular-
ity [3]. The 2PRR parallel robot occurs in the second kind of singularity when the direction of
the two rods w, and w, becomes identical.

w’
det([sz]> =0 (14)

This case corresponds to that two rods of the parallel robot lay in one line as shown in
Figure 2(b) (ii). As shown in Figure 2(b), the parallel robot encounters the second kind of
singularity during the assembly mode change.

2.3.3. First kind of singularity

When the Jacobian matrix J is singular
det(J) =0 (15)

Then, the parallel robot is in the first kind of singularity [2] or in inverse kinematics singular-
ity [3]. The 2PRR parallel robot occurs in the first kind of singularity when the direction of
at least one rod is perpendicular to the direction of the actuator as shown in Figure 2(a) (ii).

w'u 0
det [ 0 wTuJ =0 (16)

2

As shown if Figure 2(a), the parallel robot encounters the first kind of singularity during the
working mode change.

2.3.4. The third kind of singularity

The third kind of singularity [2] occurs when both J and J, are simultaneously singular. It
requires certain conditions of the linkage parameter. In the case of the 2PRR parallel robot,
when the lengths of the rods are identical, the third kind of singularity occurs as shown in
Figure 4. The third kind of singularity is referred as the combined singularity [3].
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o

Figure 4. The third kind of singularity of the 2PRR parallel robot.

2.4. Passing the singular configuration during the mode changes
2.4.1. Passing the second kind of singularity during the assembly mode change
2.4.1.1. Using the inertia

As shown in Figure 5(a), if the parallel robot has some speed just before the singular configu-
ration, the robot keeps moving according to the law of inertia; then, the parallel robot passes

(i) {}

(a) using the inertia

o2 m !

mg

<= -0

(i)

mg

(b) using the gravity

Figure 5. Assembly mode change of nonredundant 2PRR parallel robot.
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the second kind of singularity. Note here if the parallel robot stops at the singular configura-
tion, it is impossible to pass the singular configuration by the inertia.

2.4.1.2. Using the gravity

As shown in Figure 5(b), when the gravity force acts to the lower direction, the parallel robot
can pass the singular configuration even if the parallel robot stops at the singular configura-
tion. However, the robot cannot move to the upper direction against the gravity. When the
robot moves on the horizontal plane where the gravity force does not act on the robot, the
parallel robot cannot pass the singular configuration.

2.4.1.3. Using the redundancy

A robot has actuation redundancy when it is driven by number of actuators greater than the
degree of freedom. The actuation redundancy may increase the cost of the robot and complex-
ity of control. However, the actuation redundancy is one of the most effective methods for
avoiding the singularity during the mode change.

Figure 6 represents 3PRR parallel robot, a planar two-dof parallel robot redundantly actuated
three actuators. The Jacobian of the parallel robot is given as

Ji =14 (17)

x=[ y[hq=01 % @

T
w, w'u 0 0
_ T _ T
]x - wz /]q - wz uz 0
T T
w, 0 w, u,

where ] is 3x2 matrix of its full rank that equals two. For convenience, singularity analysis
is applied to the 3x2 transposed Jacobian matrix of J 7. When at least one 2x2 minor of J T is
nonsingular, the rank of the J equals two; namely, the J has full rank. At this time, the robot
still works as two-dof parallel robot. For example, when the first rod and the second rod are
collinear as shown in Figure 6 (iii), 2x2 minors of the J " become

det([wl wz])
det([", W)
det([", Ws])

(18)

As shown in Eq. (18), one minor is singular and the other two minors are nonsingular; namely,
the J_still has the full rank.

Now, the parallel robot loses the redundancy but keeps the nonsingularity. The parallel robot
can pass the singular configuration of Figure 6 (iii). In the same way, the parallel robot can
pass the singular configuration of Figure 6 (ii). Thus, the parallel robot achieves the assembly
mode change from Figure 6 (i) to (iv).
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Figure 6. Assembly mode change of redundant 3PRR parallel robot.

2.4.2. Passing the first kind of singularity during the working mode change

The parallel robot encounters the first kind of singularity during the working mode change. In
the velocity control of a robot, the velocity of the actuator is controlled to trace the desired veloc-
ity of the actuator q , which is given from the desired velocity of the end-point x_from Eq. (12) as

a, = (J,'1)%, (19)

However, J ' cannot be calculated when ] is singular at the first kind of singularity. In this
case, the desired velocity of the actuator is directly given instead of being indirectly given
from Eq. (12).
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2.5. Researches on mode change of the parallel robot

Researches on expanding the workspace by the mode change of the parallel robot have been
reported for nonredundant two-dof planar robot [4, 5], nonredundant three-dof spatial trans-
lational robot [6], redundantly driven three-dof translational and rotational planar robot [7],
and redundantly driven three-dof spatial translational robot [8]. Redundant actuation is the
actuation in one of the most effective methods for avoiding the singularity. However, the
redundancy is not always the answer to avoiding the singularity. Additional ingenuities, for
example, path planning for mode change, or asymmetrical design for the robot, are required.

3. Expanding the rotational workspace

3.1. Conventional methods

In this section, methods for expanding the rotational workspace of the parallel robot are intro-
duced. Figure 7(a) represents the Stewart Platform [9], six-dof parallel robot with three-dof
translations and three-dof rotations. The moving plate is driven by linear actuator embedded
six limbs. Each limb is paired by a passive universal joint (LI) with the base plate and paired
by a passive spherical joint (S) with the moving plate. The Stewart Platform is categorized
into 6UPS parallel mechanism. The Stewart Platform generates high power with a hydraulic
linear actuator. Flight simulator and driving simulator for carrying heavy cockpit of aircraft
are typical applications of the Stewart Platform. However, the robot has a drawback of small
rotation around z axis because of the mechanical interference between the limbs. Figure 7(b)
represents a six-dof cable-driven parallel robot [10]. This robot also has the same drawback of
small rotation around z axis because of the cable interference. Small rotation of parallel robots
puts restriction to their applications.

(a) Stewart Platform (b) Cable driven parallel robot

Figure 7. Conventional six-dof parallel robot.
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In order to cope with the problem, Clavel invented a novel parallel robot DELTA [11] as
shown in Figure 8. The DELTA generates three-dof translation and one-dof rotation around
the z-axis.

Three control arms are rotated by three motors located on the base plate. Each arm is con-
nected to the moving part by a parallelogram rod with spherical joints. The gripper on the
moving part is connected to the motor on the base plate with a telescopic arm via universal
joints (Figure 9).

Researches on expanding the rotational workspace of the DELTA like parallel robot have
been reported from research group at the Montpelier University. The basic idea is to convert
the translational motion to the rotational motion by the mechanical gimmicks such as pulley,
rack and pinion, and screw [12]. Crank embedded moving part has been proposed by McGill
University for two-limb parallel robot [13] and by Fraunhofer IPA for cable-driven parallel
robot [14].

3.2. Differential screw drive system

Recently, differential screw drive systems composed of two screw-nut pairs of different leads
have been applied to robot systems [15, 16]. There are four driving methods of the differential
drive systems;

. base member

. axes of rotation

. fixed portion

. control arms

. linking bars

. double articulations in cardan form
. two double articulations

. cardan type to the movable member
. working member (gripper)

10. axis of the rotation of the working member
11. fixed motor

12. managing computer

13. three actuators

14. telescopic arm
15. one end of the control arm

16. the other end of the control arm

Figure 8. The DELTA robot [11].
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O
(a) pulley (b) rack and pinion (c) screw

Figure 9. Mechanical gimmicks enlarge the rotational workspace of parallel robot [12].

(a) Rotations of the two nuts are converted to the rotation and translation of the screw pair,
which is coaxially arranged with one end interconnected with each other.

(b) Translations of the two nuts are converted to the rotation and translation of the screw
pair, which is coaxially arranged with one end interconnected each other.

(c) Rotations of the two screws are converted to the rotation and translation of the nut pair,
which is coaxially arranged with one end interconnected each other.

(d) Translations of the two screws are converted to the rotation and translation of the nut
pair, which is coaxially arranged with one end interconnected each other.

In this section, kinematics of the differential drive system (b) as shown in Figure 10 is discussed
for enlargement of the rotational workspace of the parallel robot.

Let[ (i=1,2) be the lead of the ith screw nut. n, (i=1, 2), z, and y represent the position of the
ith nut, position, and angle of the screw pair, respectively. Relation of these parameters is

given as
L
n,=z-5-y (20)
Equation (20) is given in the matrix form as
ll
i 1 2n|[z
-], |D 2
1 =2
Tt

Equation (21) gives the inverse kinematics of the differential drive system. The forward kine-
matics of the system is derived by inverting Eq. (21) as

z 1 lZ _ll ] 7’11
= 22
[V] Lol [27‘( —2n] 1™ &
If two leads of the screw-nut pair are identical as
I, =1, (23)
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Figure 10. Differential screw drive system (translations of the two nuts).

then the matrix in Eq. (22) becomes singular. It is necessary that the leads of the two screw
nuts are different from the differential drive system.

Figure 11 represents a 4-dof parallel robot that the differential drive system (a) embedded in
the moving part [15, 16]. H represents a passive helical joint composed of screw and nut pair.
In Figure 11, two H pairs have the same lead, but the different helix hands (right and left). In
Figure 9 (¢), one H pair and one R pair are embedded in the moving part. This is included in
the differential drive system (a), one of the H pair has zero lead.

Figure 11. Parallel robot with the differential drive system embedded moving part [15].
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4. Conclusion and future works

After commercialization of the DALTA robot, a lot of parallel robots can be found in machine
factory and other industries. Recently, one can get the kit of a 3D printer machine by linear
DELTA mechanism under 500 USD. It may be said that the first-generation parallel robot such
as DELTA and Stewart Platform is getting to reach the mature stage. In this chapter, expanding
the workspace of the parallel robot was introduced. The translational workspace was expanded
by singularity-free mode change using the actuation redundancy. The differential drive mecha-
nism converts the translational motion to the rotational motion, which expands the rotational
workspace of the parallel robot. These parallel robots are expected as the next-generation robot.

W
23 7,
R a
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Figure 12. Two-limb six-dof parallel robot with the differential drive embedded output link [18].
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rotate by screws rotate by limbs

(c) rotating around z axis

Figure 13. Motion of the two-limb six-dof parallel robot.

At the end of this chapter, an example of the next-generation parallel robot is introduced.
Figure 12(a) represents a novel two-limb six-dof parallel robot [17]. As shown in Figure 12(b),
a differential screw mechanism is embedded in the output link for enlarging the rotational
workspace of the gripper. This parallel robot extends its degree of freedom from four (three
translations and one rotation as shown in Figure 11) to six (three translations and three rota-
tions) as shown in Figure 13. We are working on the kinematic analysis and detailed mechani-
cal design of the parallel robot [18].
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Abstract

The main aim of the study was to determine the kinematic model for long jump and
define the kinematic and dynamic parameters of an elite long jumper’s technique. The
theoretical model was based on real data where the jumper was defined with a joint
mass point. In view of certain previous similar studies, our study identified kinematic
and dynamic parameters directly without using the inverse mechanics method. The
analysis was made on two jumps of the top level athlete G.C., who won the bronze
medallion in long jump at the World Championships in Seville. The kinematic parame-
ters of the take-off, flight and landing were measured with a 3-D video ARIEL system
(Ariel Dynamics Inc., USA). The dynamic characteristics of take-off in the X, Y and Z
axes were registered with a force-platform (KISTLER-9287), which was installed imme-
diately prior the take-off board. The take-off efficiency was defined best by the followinﬁ
parameters: horizontal velocity, VXTO—8.10 m s ; vertical velocity, VYTO—3.90 m s,
angle of projection, PATO—24.1°; duration of compression phase, TDMKF—84 ms,
duration of lift phase, MKFTO—43 ms and maximal force in Y-vertical axis, FYMAX—
5132 N. An important factor of a rational technique of long jump is also the landing,
which is defined by the landing distance and fall-back distance. The efficiency of the
landing depended on the landing distance L3—0.63 m and fall-back distance LFB, which
amounted to 0.15 m.

Keywords: long jump, technique, kinematics, dynamics, model, top sport

1. Introduction

The long jump consists of four interconnected phases: approach, take-off, flight and landing.
According to some existent studies [2, 6, 9, 11], the approach and take-off are the most
important factors that affect the result. The fundamental problem of long jump, from the
biomechanical point of view, is the transformation of horizontal velocity to a resultant of the

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
open science | open minds distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgNNN
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vertical and horizontal velocities in the take-off phase. It is very important that the athlete
realises the greatest possible vertical velocity with the smallest possible loss of horizontal
velocity. The jumping distance is defined, according to the theoretical model after Ballreich
and Bruggemann, [1], by the take-off distance L1, flight distance L2 and landing distance L3.
The CM flight parabola is defined by the following parameters: relative height of CM at take-
off, resultant of the vertical and horizontal velocity of take-off, take-off angle and air resistance
[1, 5, 6, 7]. Most of the biomechanical studies of long jump technique till now dealt with
studying the kinematic characteristics with high-frequency film or video cameras. However,
there are very few studies on top long jumpers with emphasis on the dynamic characteristics
of take-off, which is the most important generator of the long jump result. The main purpose of
our study was therefore a complex analysis of both the kinematic model of long jump and the
dynamic model of take-off.

2. Methods and procedures

2.1. Kinematic model

The analysis was performed on two jumps of one of the world’s best long jumpers G.C. (GC—
body height 178.5 cm, body mass 69 kg, age 24 years, personal best 8.40 m). The length of the
first analysed jump was 7.93 m and the second 8.25 m.

Kinematic parameters were obtained with a 3-D kinematic system ARIEL (Ariel Dynamics
Inc., USA) with four synchronised cameras (Sony —DVCAM DSR 300 PK), shooting at 100 Hz.
The first two cameras, set a 90° angle to the filmed object, were used to analyse the last two

CAMERA CAMERA
2 4

% &

Fy

Z v d

e
e

||

computer

CAMERA CAMERA
1

Figure 1. Measurement system for kinematic and dynamic parameters of the take-off in long jump.
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strides of the approach and the take-off, with the other two the flight and landing (Figure 1).
In the kinematic analysis, a 15-segment model was digitised. The model segments represent
parts of the body, connected with point joints. The masses and centres of gravity of the
segments and the common body centre of gravity (CM) were computed according to the
anthropometric model of Dempster [1]. All kinematic parameters were filtered with a
seventh-level Butterworth filter.

2.2. Dynamic model

The dynamic parameters of take-off were registered with a force-platform Kistler 9287, area
900 x 600 mm, covered with a tartan surface and installed before the take-off board on the
approach track of long jump. Forces were measured in three directions: X—horizontal, Y —
vertical and Z—lateral (Figure 2).

The jump length (L) was measured from the front impression of the foot of the take-off leg on
the force-platform to the point of contact of the feet in the sand of the landing pit. The
programme package Matlab (Mathworks Inc., USA) was used to analyse the measured forces.
The registration frequency on the force-platform was 2000 Hz.

force(N)

Figure 2. Take-off phase 3D-surface contour plot.
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2.3. Optimising angle of projection at take-off action

We ask ourselves how to determine the best angle of projection at take-off for long jumpers. In
our case, we model jumpers as mass points and observe their trajectories for a case where there
is no air friction. We already know that energy losses have to be taken into consideration
because jumper always loses some energy in a take-off phase, when he/she is transforming
his/her horizontal velocity before he/she jumps into combination of horizontal and vertical
velocity.

Let us first look at the example when height of centre of mass at take-off and height of centre of
mass when he/she first touches the ground are the same. Let us denote velocity before jump
with Ty and velocity after take-off with ¥;. Angle of projection shall be denoted with ¢ and

jumpers mass with . All mechanical energy before take-off is W}, = %mvnz. This is jumpers

kinetic energy. dW, denotes the amount of energy that is lost at the time of take-off as heat and
sound [16], and of energy before take-off transforms into vertical kinetic energy. We denote this

L . .
partas AW = ;mvlz (sin )2 We can therefore write:

W, = W, — W — AW (1)
which means
1 1 & 1
Eﬂwlz = Eﬂwn: —Emv[,z —Emvf{sin @ ). (2)
From this we get
1-8
1;:'1= 1+m¢:vﬂ' (3)

The length of a jump of a mass point, which in our case is the centre of mass, is

_ _ vising _ sinig
b= ﬂ[gﬂ} - g - 1.+|:ai.11¢;clj|3?:|II )
where
(18l wy®
p= T‘*u. (5)

To find the optimal value of ¢, we need to find the extreme of function I} = [} {.:p:] . We do so by
finding the zeros of the first derivate of function I = D{g).

ap _  Fcoazp-1
dp  (1+lampRRP’ (6)

We must also take a look at the second derivate to establish if angle that we compute is
maximum or minimum



Kinematic and Biodynamic Model of the Long Jump Technique
http://dx.doi.org/10.5772/intechopen.71418

8D  4(3sinde + 14 sinlp)
dp? (cos2¢ — 3)2

(7)

Zeros of this function coincide with zeros of f{@) = 3 cos 2¢ — 1. From this equation we get
the optimal angle of projection

1 1_1
Popr = ECCIS_ 3= 35.26°. (8)

With this we have established that optimal angle is independent of values ¥y and &. The fact
2

%;[@Wr] = D also holds true, which brings us to the conclusion that ®spt in fact is the

optimal angle for longest jump, that is, is the maximum of function D' = D {¢).

Of course height of the centre of mass of the jumper at take-off is bigger than the height of the
centre of mass when the jumper first touches the ground because he/she pulls his/her legs
closer to their bodies when landing (Figure 2—kinematic and biodynamic model of the long
jump technique). In this case, the length of the jump is defined as I = I} + d, where point
{1, — ) is defined as an intersection of curves:

z
y(x) = xtan @ — m 9)
and y{x} = —h, where | denotes the height difference of centre of mass before and after the
jump. Computing this intersection gives us
D(g.h,v,) = # 1+j1 +ﬁ (10)
which means
Llg, h,vy,d) = %(1 + 14520 )+d (11)

.. . . 1-8 (1-8vy°
Taking into consideration that 1y = Trsingz 0 and p = . e get

_ p_ sinip 1+lsin p)2 ke
Llg.p.hd) = - e Ging)? (1 - '1 L P) +d. (12)

In the same way, as we did before, we can compute the maximum value of function
L = L{g,p. h,d) by finding the zeros of the function :—; With a lot of algebra and using

Wolfram alpha we can show that
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[ — -
16k 2424 3p% + 20ph + 32k°
@ome = 2tant |— 45— M e

) 4 P B

(13)

In McFarland'’s research [10], & is estimated to be 0.1.

3. Main body

3.1. Kinematic analysis

Take-off is one of the key generators of a successful long jump. The take-off model is defined
by kinematic (Table 1 and Figure 3) and dynamic parameters. These are interrelated, in
accordance with biomechanical laws. In this phase, the jumper must optimally transform the
horizontal velocity developed in the approach into speed of take-off.

The take-off speed is the resultant of horizontal velocity at TO and vertical velocity at TO and
is one of the most important predictors of an effective jump length. Hay et al. [6], Nixdorf and
Bruggemann [14], found that the correlation between the take-off speed and end result is
between 0.74 and 0.83. Horizontal velocity at TD for the athlete GC is 9.46 m s~ . In take-off
(TD-TO), a reduction of the horizontal velocity of 1.36 m s ' occurs, representing 14.3%. Its

Parameter Unit Result
Touchdown

Length of last stride (S1) m 2.05
Touchdown distance (LTD) m 0.63
Height of CM at TD (HTD) m 0.95
Horizontal velocity at TD (VXTD) ms’ 9.46
Vertical velocity at TD (VYTD) ms! -0.26
Speed at TD (STD) ms! 9.47
Maximum knee flexion (MKEF) deg. 148.0
Height of CM at max. knee flexion (HMA) m 1.01
Take-off

Take-off distance (L1) m 0.29
Height of CM at take-off (HTO) m 1.23
Horizontal velocity at TO (VXTO) ms! 8.10
Vertical velocity at TO (VYTO) ms! 3.90
Speed at TO (STO) ms! 8.99
Angular velocity of thigh at TO (AVTO) degs™! 790
Angle of projection at TO (PATO) deg. 24.1

Table 1. Kinematic parameters of take-off action.
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Touch - down Maximum - Knee Flexion Take - off
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Figure 3. Kinematic model of take-off (G.C., distance 8.25 m).

decrease is connected with the increase of vertical velocity at TO, amounting to 3.90 m s~

(Figure 3). We can conclude that the loss in horizontal velocity is proportional to the increase in
vertical velocity. The vertical velocity at touchdown is directed downwards and has a negative
sign (VYTD = —0.26 ms™").

The realisation of vertical velocity is directly connected with the magnitude of the projection of
CM on the surface at touchdown (touchdown distance = 0.63 m). One of the key biomechanical
problems of take-off is how to ensure the greatest possible vertical velocity, while keeping the
decrease in horizontal velocity to a minimum. The ratio of the take-off velocity components
VXTO:VYTO for the athlete GC is 2.08:1. The results of some similar studies [1, 5, 6, 9, 14] show
us that this athlete has an optimal vertical velocity at take-off and a horizontal velocity (VXTO)
that is a little too low to allow even longer jumps. The consequence of a relatively high vertical
velocity at take-off is also the magnitude of the angle of projection at take-off PATO =24.10 deg.
This magnitude of the angle of projection at take-off later defines the CM parabola of the
jumper.

The realisation of a high vertical velocity can be connected with an efficient elevation of CM at
take-off. The difference between the lowest position of CM at touchdown and at take-off is
28 cm. This is augmented also with a favourable ratio between the length of the last two strides
(2.35 m:2.05 m) and the lowering of CM for 11 cm in the last-but-one stride. The average
lowering of CM of the finalists of the 1997 World Championship in Athens was 8 cm [12]. This
lowering of CM in the last stride but one increases the vertical acceleration distance in the take-
off phase.

A very important factor contributing to the take-off efficiency is the angular velocity of the
swing leg (AGTO), 790 deg s~ for the athlete GC. This velocity is not constant, it changes. It is
highest in the middle part of the swing amplitude, the lowest at the end of the swing, when the
movement of the swing leg is blocked. The consequence of this is the transfer of the force of the
mass inertia of this segment (the leg represents, according to the anthropometric model of
Dempster, 16.1% of the entire body mass) to the common body centre of gravity of the jumper.
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Hay et al. [6] states that the contribution of the swing leg to the entire take-off impulse is
between 17 and 20%.

Combining this information with the measured data:

vy = 9.46%, v, = E.':'J'?J%, h=0.31m and d = 0.63 we can compute @gpr = 33.3%% and

L = L{w.p h.d) = 6.86m, while the measured distance of the jump was 8.25m.

Because, we have all the needed data, it is interesting to see how initial velocity before the take-
off ¥ affects the optimal angle of projection ¥spt computed above. The values for initial
velocity were chosen from the interval [2,11] because most elite long jumpers have their initial
velocity from this interval (Figure 4).

Similarly, we can investigate the relation between coefficient of efficiency & and the length of

the jump (Figure 5).

Next graph (Figure 6) is in fact actually another graph of correlation between initial velocity
before take-off and optimal angle of projection with the difference that this graph shows how
the length of jump depends on initial angle of projection for different initial velocities. The
optimal angle can be seen as a value of an angle where maximum is achieved.
Velocity/Angle h = 0.31m, delta = 0.1

T T

34

33.8 -

33.6 - i

33.4 - 5

332 - i

Angle (degrees)

33 -

32.8 - i

32.6 ‘ : ‘
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Velocity (m/s)

Figure 4. Effect of initial velocity on optimal angle of projection.



Kinematic and Biodynamic Model of the Long Jump Technique 121
http://dx.doi.org/10.5772/intechopen.71418

6.9 Delta/Length, h = 0.31m, velocity = 9.46 m/s
. T T T T T

6.8 - 4
6.7 - -
6.6 - -

6.5 4

Length of Jump (m)

6.4 - B

6.3 - 4

6.2 I I I I I I I I I
0 0.01 0.02 0.03 0.04 0.05 0.06 0.07 0.08 0.09 0.1

Delta

Figure 5. Effect of efficiency coefficient on length of the jump.
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3.2. Dynamic analysis of take-off action

The dynamic parameters of take-off (Table 2 and Figure 7) were measured directly with a
force-platform. In this way, we measured the forces developed by the jumper at take-off in a
realistic situation, which is a rarity in studies of this kind. The period of the contact phase was
127 ms. Here, the ratio between the period of compression (84 ms) and the period of lift (43 ms)
is important—this was 66%:34% for our athlete, which is a good indicator of an efficient take-
off [9, 11], from the point of view of the jump dynamics.

Parameter Unit Result
Contact time (TD-TO) ms 127
Period of compression phase (TD-MKF) ms 84
Period of lift phase (MKF-TO) ms 43
Max. force in X—horizontal axis (FXMAX) N 4581
Max. force in Y —vertical axis (FYMAX) N 5132
Max. force in Z—1lateral axis (FZMAX) N 1396
Force impulse in compression phase (FIMCP) N's —101.9
Force impulse in lift phase (FIMLP) N's 8.1
Total force impulse (TFIMP) Ns 328.8
Table 2. Dynamic parameters of take-off action.

FYMAX FIMLP
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Figure 7. Force diagram of the take-off phase.
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The compression phase by definition lasts from the instant the foot of the take-off leg is placed
on the ground till the moment of maximal amortisation in the knee of the take-off leg (TD-
MKE). The lift phase then follows till take-off (MFK-TO). In the compression phase, our athlete
developed a maximal force of 4581 N in the horizontal direction and 5132 N in the vertical
direction. The muscular regime is eccentric in the compression phase period and concentric in
the lift phase period. The long jump take-off is a typical example of a two-phase eccentric-
concentric muscular contraction, whose efficiency depends mainly on two physiological fac-
tors. The first in the switching time—the utilisation of the elastic energy potential saved in the
muscles, connecting tissue and tendons. This elastic potential is available only for a certain
period of time. This time is defined by the life-time of the cross-bridges between the actin and
the myosin in the sarcomeres, lasting from 15 to 100 ms. If the concentric contraction does not
follow the eccentric one quickly enough, there is no transfer of the elastic energy from the first
to the second phase. Studies have shown that elastic energy is the main force generator in the
eccentric (compression) phase and chemical energy of the muscles in the concentric (lift) phase.
An efficient integration of elastic and chemical energy in the muscles and tendons can cause a
40% greater resultant force [8, 15, 17].

The second factor of an economic eccentric-concentric contraction is the ability of the muscles to
resist rapid extension—stiffness. Stiffness, as a neural mechanism, depends mostly on the pre-
activation of the muscles and the action of reflexes: miotatic and Golgi tendon reflex [3, 4, 8, 13].
In light of the biomechanical characteristics, the short-range elastic stiffness is a characteristic for
long jump take-off, where it is a matter of an immediate mechanic response of the activated
muscle to eccentric contraction. In our experiment, we found the eccentric contraction time to be
84 ms and the athlete develops in this phase a maximal vertical ground reaction force of 5132 N.
This force is almost 7.5 times the body mass of the athlete. An important kinematic criterion of
the muscles’ efficiency while resisting stretching (lowering of CM) is the angle of flexion in the
take-off leg’s knee—MKEF = 148 deg. This angle must be sufficiently large. A marked lowering of
CM in the MKF phase results in prolonging the compression phase period and through this an
inefficient integration of the eccentric and concentric action of the muscles.

The results in the study of Lees et al. [9] show that force impulse in the compression phase is
the primary indicator of vertical velocity in the lift phase. A study by Ballreich and
Bruggemann [1] namely showed a much higher correlation between vertical velocity of take-
off with effective length of the jump (r = 0.89), than with horizontal velocity of take-off
(r=0.21). The force impulse in the compression phase for the athlete GC was —101.9 N s.

3.3. Neuromuscular mechanisms of explosive power

In many sport disciplines, power is a major biomotor ability used in the prediction of results. To
some extent, other biomotor abilities are also associated with power. It is of little wonder that
many kinesiological studies delve into the subject of power, investigating its structure, the
training methodology, the application of new methods and diagnostic procedures. In modern
kinesiological science, power is undoubtedly one of the most meticulously researched biomotor
abilities, yet many questions in this field remain unanswered. The classification of power is
based on different criteria. According to the criterion of action, authors [2, 4, 7, 8, 13]
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distinguish among peak power, explosive power and endurance. Another criterion is that of
neuromuscular activity, where power manifests itself in the form of isometric contraction as
well as concentric, eccentric or eccentric-concentric contraction. Isometric contraction occurs in
conditions where muscular force equals an external force, which is why there is no movement
between two points of the muscle. Eccentric contraction occurs in conditions where the exter-
nal loading is greater than the force of the activated muscles. In real motor situations, an
eccentric-concentric muscle contraction is the most common type and manifests itself in take-
off power. Take-off power is a special type of explosive power in eccentric-concentric condi-
tions and is most often seen in cyclic, acyclic and combined movement structures. Its main
characteristic is the utilisation of elastic energy in the eccentric-concentric cycle of a muscle
contraction. The contribution of the elastic properties of the muscle-tendon complex depends
on the velocity of the transition. The transition must be as fast as possible and should not
exceed an interval of 260 ms [7]. This type of muscle contraction uses less chemical energy to
perform mechanical work compared to a concentric contraction alone, thus speeding up the
movement. If a concentric phase of contraction follows an eccentric phase quickly enough, the
elastic elements release the accumulated energy in kinetic and mechanical work at the begin-
ning of the concentric phase, thereby increasing the muscular force [15].

The movement structures that occur in specific sport situations are associated with different
inputs of eccentric and concentric muscle contractions. Due to the inter-segmentary transmis-
sion of energy and the optimisation of the take-off action, the thigh muscles’ activity is impor-
tant in vertical jumps in conditions of a concentric or eccentric-concentric muscle contraction
[2, 13, 16]. With vertical jumps, the muscles engage in the take-off action following the
proximal-distal principle of muscle activation. In the first phase of the jump when the vertical
velocity of the body’s centre of gravity increases, the extensors of the trunk and hip are the
most active muscles. The key role in this phase of the take-off action is played by m. gluteus
maximus, which is able to develop great force due to the relatively low angular velocity of the
hips. The thigh muscles generate the peak activation at the beginning of the hip extension
[4, 6]. Electrical activity in a muscle results from a change in the electrical potential of the
muscle membrane. It is measured by means of electrical potential that can be detected on the
surface of the skin. For this purpose, surface electrodes are fastened above the muscle whose
EMG signal is to be measured. Silver-silverchloride (Ag-AgCl) bipolar surface electrodes are
generally used. The skin at the recording site where the electrodes are applied must be
carefully prepared, cleansed and treated. Take-off power in conditions where the active mus-
cles first extend (eccentric contraction) and then shorten (concentric contraction) is measured
by means of a countermovement vertical jump and a drop jump.

3.4. Kinematic analysis of flight phase

On the basis of the kinematic parameters (Table 3 and Figure 8), we see different contributions
of the individual component distances to the final result. For the athlete GC, the flight distance
(L2) has the greatest absolute and relative share in the total jump length—88%, then landing
distance (L3)—7.7% and the smallest take-off distance (L1)—3.5%. The flight distance is
defined as the horizontal distance between the point CM at take-off and the same point at the
moment of contact with the sand.
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Parameter Unit Result
Distance of jump (L) m 8.25
Official distance (OD) m 8.10
Flight distance (L2) m 7.33
Max. height of CM in flight (HMF) m 1.88

Table 3. Kinematic parameters of the flight phase.
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Figure 8. Kinematic model of flight and landing (GC, distance 8.25 m).

The small partial share of the take-off distance of the athlete GC is the consequence of the take-
off angle, which amounted to 71.9 deg and the ratio between the vertical (VYTO) and horizon-
tal component of velocity (VXTO) at take-off. The relatively large share of the landing distance
(L3) can be ascribed to a very economic technique of landing. In the flight phase, the hang-style
long jump is characteristic for the athlete GC, which he utilises very effectively as preparation
for landing. A high parabola of CM flight can be seen for this athlete, which is the consequence
of a high take-off angle (PATO =24.1 deg). The highest point of the parabola is 65 cm above the
height of CM at take-off. The characteristics of the flight phase are of course also influenced by
other factors, especially air resistance, which was not the object of study in this research.

3.5. Kinematic analysis of landing phase

An economic technique of landing is defined by: landing distance (L3), height of CM at the
moment of contact of the feet with the sand (HLA) and landing flight distance (L4)—Table 4
and Figure 8.

One of the most important variables in landing is the horizontal landing distance, defined by the
projection of point CM and the initial contact with the sand minus the distance lost by the athlete
by falling backward or otherwise breaking the sand at a point closer to the board than the initial
point of contact (LFB). The index of technique’s economy is: IR = L3 — LFB. Hay and Nohara [7]
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Parameter Unit Result
Landing distance (L3) m 0.63
Height of CM at landing (HLA) m 0.92
Landing flight distance (L4) m 1.28
Fall-back distance (LFB) m 0.15

Table 4. Kinematic parameters of landing.

found on a representative sample of 12 best American long jumpers that the average fall-back
distance is 11 cm, for our athlete this distance is 15 c¢m. This leads us to conclude that his
technique is economic and efficient. Mendoza [11] also finds that values of landing distance (L3)
between 57 and 65 cm point to a very economic landing. The athlete can contribute an important
part to the competitive result with good landing technique, with this phase being dependent on
specific motor abilities, especially power of the hip flexors and belly muscles; morphologic
characteristics, coordinative abilities of the athlete and also the quality of the landing area.

4. Conclusion

The results of kinematic and dynamic analysis showed that the efficiency of long jump is defined
mostly by the following take-off parameters: horizontal velocity at TO, vertical velocity at TO,
speed at TO, angle of projection at TO, maximal force X—horizontal and Y —vertical axis, force
impulse in compression and lift phase. An important factor of a rational technique of long jump
is also the landing, which is defined by the landing distance and fall-back distance. This study
was conducted with only one elite long jumper (third place at the Universiade in Fukuoka, third
place at the Seville World Athletics Championship) and offers an insight into the dynamic and
kinematic parameters required for top results in this athletic discipline. Biomechanical diagnos-
tics highlights the objective parameters of the technique on which the training process must be
based. The study results hold both theoretical and practical value in applied biomechanics and
sport practice, mainly in terms of selecting the optimal training methods.
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Abstract

Project management practitioners and researchers recognize that the project scheduling
efforts are made based on information with many uncertainties and in an environment
with constrained resources. This chapter presents the kinematic model named as Coupled
Estimate Technique for project scheduling with constrained resources under uncertainties.
The Coupled Estimate Technique provides tools of analytical analysis, given that the mod-
elled duration depends on the planned duration and on the resource variability (aleatory
uncertainty), as well as the modelled resource depends on the planned resource and on the
duration variability (aleatory uncertainty), and also provides tools of graphical analysis,
given that the durations and resources of activities, work packages or phases of the project
are represented in the bidimensional graphics. In developing the mathematical formula-
tion of the Coupled Estimate Technique, the project precedence diagram was considered
as a kinematic chain of robotic manipulators, which may be in chain configuration open
(serial), closed (parallel) and/or hybrid. This chapter describes the resource-constrained
project scheduling problem (RCPSP) under uncertainties, identifies the limitations and
opportunities in the previous work on planning under uncertainties and presents the fun-
damentals and method of the kinematic model for project scheduling with constrained
resources under uncertainties along with a short example of implementation.

Keywords: project scheduling, kinematic model, Coupled Estimate Technique,
kinematic chain, robot manipulators, uncertainties and constrained resources

1. Introduction

Project scheduling problems have been well studied in the literature since the 1950s.
According to Ref. [1], project scheduling is an important process in project management. The
project scheduling literature largely concentrates on the generation of a precedence-feasible

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
open science | open minds distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgIEN
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and resource-feasible schedule that optimizes scheduling objective(s) (most often the project
duration) and that serves as a baseline schedule for executing the project. Baseline schedules
serve as a basis on which to allocate resources to different activities in order to optimize some
measure of performance and for planning external activities such as material procurement,
preventive maintenance and delivery of orders to external or internal customers [2].

However, project scheduling is a difficult process due to scarce resources as well as prece-
dence relations between activities [3]. Admissible schedules must obey constraints such as
precedence relations (a task cannot start unless some other tasks have been completed) and
resource restrictions (labour and machines are examples of scarce resources with limited
capacities) [4]. Thus, the resource-constrained project scheduling problem (RCPSP) consists of
project activities subject to many kinds of uncertainties that must be scheduled in accordance
with precedence and resource (renewable, non-renewable and doubly constrained) availabili-
ties such that the total duration or makespan of a project is minimized [5].

Most of the variants and extensions of the RCPSP may be summarized and classified within
multiple modes, generalized time lags and objective functions, resulting in highly complex
optimization problems [1]. The RCPSP has become a well-known standard problem in the
context of project scheduling, and numerous researchers have developed both exact and heu-
ristic scheduling procedures. Due to the complex nature of the problem, only a small number
of exact algorithms have been presented in the literature, and many heuristic solution algo-
rithms have been presented in the literature [3].

Therefore, this chapter presents the development and implementation of the kinematic
model named as Coupled Estimate Technique for project scheduling with constrained
resources under uncertainties. In the Coupled Estimate Technique, the modelled duration
depends on the planned duration and on the resource variability (aleatory uncertainty),
and the modelled resource depends on the planned resource and on the duration variability
(aleatory uncertainty).

1.1. Tailoring of the robotic manipulator kinematic concepts to the Coupled Estimate
Technique

The development of the Coupled Estimate Technique was based on robotic manipulator
kinematic concepts. Kinematics is the science of motion that treats motion without regard
to the forces/moments that cause the motion [17]. Robotic manipulator or industrial robot
consists of several rigid links connected in series (open kinematic chain) by revolute or
prismatic joints; one end of the chain is attached to a supporting base, while the other end
is free and equipped with a tool (end-effector) to manipulate objects or perform assembly
tasks; and the end-effector could be a gripper, a welding torch, an electromagnet or another
device [13].

Robotic manipulator kinematics deals with the analytical description of the spatial displace-
ment of the end-effector with respect to a fixed reference coordinate system, in particular the
relations between the joint variables and the position and orientation of the end-effector [15].
There are two (direct and inverse) fundamental problems in robotic manipulator kinematics.
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Given a set of joint variables, the direct kinematic problem is performed to find the position
and orientation of the end-effector relative to the fixed reference coordinate system. Given
the position and orientation of the end-effector relative to the fixed reference coordinate sys-
tem, the inverse kinematic problem is performed to find all possible sets of joint variables
that could be used to attain this given position and orientation. Figure 1 illustrates a robotic
manipulator or industrial robot.

In analogous way, the Coupled Estimate Technique deals with the analytical study of the
geometry of project activities of a precedence diagram with respect to a fixed reference two-
dimensional coordinate system (0, T, R) where the abscissa is the duration axis (T) and the
ordinate is the resource axis (R). Thus, the precedence diagram may be considered as a kine-
matic chain (open, closed and/or hybrid), where one end of the chain is attached to a fixed
reference two-dimensional coordinate system and represents the begin project activity, while
the other end is free and represents the end project activity, as well as the rigid links represent
the precedences between project activities and joints are represented by the project activities.
Figure 2 presents a precedence diagram analogous to a robotic manipulator in open kine-
matic chain.

1.2. The main effects of the uncertainties in project scheduling

The majority of research efforts related to RCPSP assume complete information about the
scheduling problem to be solved and a static and deterministic environment within which the
precomputed baseline schedule is executed [6]. However, in the real world, project activities
are subject to considerable uncertainties, stemming from various sources, which are gradually
resolved during project execution.

Joint-variables

Joint-variables /\'

Joint-variables (. End-effector
Al 7
Reference Y
coordinate
system
X

Figure 1. Robotic manipulator or industrial robot.
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Figure 2. Precedence diagram in open kinematic chain.

The presence of uncertainties in project management is recognized by practitioners and
researchers as an important cause underlying the high project failure rate [5]. Project-related
uncertainties can lead to numerous schedule disruptions. These uncertainties may stem from
the following sources [7]: activities may take more or less time than originally estimated;
resources may become unavailable; material may arrive behind schedule; ready times and
due dates may have to be changed; new activities may have to be incorporated; activities may
have to be dropped due to changes in the project scope; and weather conditions may cause
severe delays.

This chapter makes a distinction between uncertainty and risk, assuming that there are degrees
of knowledge about the estimations of project duration and resources; the uncertainty may
be quantifiable but without probability of occurrence, while the risk is quantifiable and with
probability of occurrence [8]. Uncertainty may be aleatory due to the intrinsic variability of
projects or epistemic due to the lack of relevant knowledge related to carrying out the project
[9]. Thus, quantifying uncertainty is relevant to project scheduling because it sheds light on
the knowledge gaps and ambiguities that affect the ability to understand the consequences of
uncertainties in project objectives.

1.3. Common approaches for RCPSP under uncertainties

From a modelling viewpoint, there are four approaches for dealing with uncertainty quantifi-
cation in a scheduling environment where the evolution structure of the precedence network
is deterministic: reactive scheduling, stochastic scheduling, scheduling under fuzziness and
proactive (robust) scheduling.

1.3.1. Reactive scheduling approach

The reactive (predictive) scheduling models do not try to cope with uncertainty quantification
when creating the baseline schedule. Basically, efforts are largely concentrated on repairing,
revising or re-optimizing the baseline schedule when an unexpected event occurs [2].
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The reactive effort may be based on very simple techniques aimed at a quick schedule resto-
ration; a typical example is the well-known right-shift rule. This rule will move forward in
time all the activities that are affected by the delays; often, the precedence diagram must be
tailored in order to rearrange the changed activities. The reactive effort also may be based on
as full rescheduling of the precedence diagram [4].

1.3.2. Stochastic scheduling approach

Most of the literature on the RCPSP assumes that activity durations are deterministic; how-
ever, activity durations are often uncertain. These uncertainties may be due to different
sources, such as estimation errors, late delivery of resources, unforeseen weather conditions,
unpredictable incidents (machine or worker) and others [6].

The stochastic RCPSP acknowledges that activity durations are not deterministic, i.e. the
activity durations are modelled as stochastic variables. Therefore, the stochastic RCPSP aims
to schedule project activities with uncertainty quantification of durations in order to mini-
mize the expected project duration subject to precedence and constrained resources [5]. The
stochastic project scheduling models view the project scheduling problem as a multistage
decision process; the complete schedule (containing all activities) is constructed gradually as
time progresses by means of a scheduling policy, exploiting the available information about
the uncertainty of activity durations [1].

1.3.3. Fuzzy scheduling approach

Generally, the uncertainty of activity duration in project scheduling was handled by stochas-
tic approaches using a probabilistic-based method. This kind of uncertainty in project dura-
tion is associated with randomness. However, for projects never be carried out previously, it
is infeasible to determine the probability distribution of activity duration [2].

Therefore, the fuzzy project scheduling approach is used when the probability distributions
for the activity durations are unknown due to a lack of historical data and, thus, the activity
durations have to be estimated by human experts. In the situations involving the imprecision
instead of uncertainty, the project scheduling literature recommends the use of fuzzy num-
bers for modelling activity durations. Instead of probability distributions, these quantities
make use of membership functions, based on possibility theory [3].

1.3.4. Proactive (robust) scheduling approach

Traditionally, the robust schedule may absorb some level of unexpected events (machine
breakdowns, staffing problems, unexpected arrival of new orders, early or late arrival of raw
material and uncertainties in the duration of processing times) [2]. Thus, in order to mini-
mize the impacts of uncertainties and the need of new scheduling or rescheduling, proactive
scheduling approach aims at the generation of a robust baseline schedule that incorporates a
certain degree of anticipation of potential variability or of potential disruptions according to
the objective values (makespan) [3].
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The proactive (robust) project scheduling model has prospered widely in the field of machine
scheduling. Redundancy-based techniques related to durations and resources have already
found their way to the field of project scheduling. The critical chain project management
(CCPM) and Success Driven Project Management (SDPM) methods are becoming increas-
ingly popular among project management practitioners [1].

1.4. Main differences between the Coupled Estimate Technique and the common
approaches for RCPSP under uncertainties

This chapter presents a kinematic model named as Coupled Estimate Technique for project
scheduling with constrained resources under uncertainties. This technique considers prece-
dence, duration, resources and uncertainties related to project activities in order to analytically
model the outcomes of project-related events or conditions (uncertainty) with the potential of
favourable but mainly adverse consequences on project objectives (duration and resources). This
approach can be used to quantify uncertainties; thus, it can help to solve project scheduling prob-
lems related to the following limitations and disadvantages identified in the literature review:

¢ The literature on project scheduling under risk and uncertainty was clearly conceived in
a machine scheduling environment [10], whereas this work presents a project scheduling
model from the viewpoint of project management.

* Projects are often subject to considerable uncertainty during their execution, but most of
the research on project scheduling deals with only one source of uncertainty most often the
duration of activities [11]. With the kinematic model detailed herein, the project activities
have a set of attributes represented by the duration and resources as well as the uncertain-
ties related to duration and resources.

* Traditional project scheduling is represented mainly by an activity-on-node network [12].
However, this representation is insufficient and inadequate when the activities of a project
have a set of attributes. In the kinematic model, project scheduling is represented by IDEF0
(Integrated Computer-Aided Manufacturing Definition for Functional Modelling).

* Project scheduling methods are focused mainly on the basic RCPSP model [3]. In the kine-
matic model presented here, project scheduling is considered as a kinematic chain (open
(serial), closed (parallel) and/or hybrid) formed by a set of rigid links (precedence of activi-
ties) that are connected by joints (project activities) with one fixed extremity (activity that
represents the beginning of the project) and one free extremity (activity that represents the
end of the project), which are represented by a homogeneous transformation matrix.

¢ The literature on project scheduling states that the generation of proactive (robust) multi-
resource baseline schedules in combination with efficient and effective reactive schedule
repair mechanisms constitutes a viable area of future research [10]. The kinematic model
presented in this chapter provides this combination through the direct and inverse kine-
matic models. It provides evidence of the influences stemming from uncertainties in project
activities, enabling the balancing of durations and resources between project activities and
between projects.



Kinematic Model for Project Scheduling with Constrained Resources Under Uncertainties
http://dx.doi.org/10.5772/intechopen.71421

2. Kinematic fundamentals for the robotic manipulators and for the
model proposed by this chapter

This topic aims to present the main fundamentals related to the kinematic problems for the
robotic manipulators or industrial robots, as well as to present the main fundamentals related
to the kinematic model proposed by this chapter for project scheduling with constrained
resources under uncertainties.

2.1. Kinematic problems for robotic manipulators

In order to describe and represent the spatial geometry of the links of a robotic manipu-
lator with to a fixed reference coordinate system, Denavit and Hartenberg (D-H) proposed
a systematic approach utilizing matrix algebra [17]. This systematic approach reduces the
direct kinematic problem to finding an equivalent 4x4 homogenous transformation matrix
that describes the spatial relationship between two adjacent rigid links with respect to a fixed
reference coordinate system [13].

In the inverse kinematic problem, given the position and orientation of the end-effector, we
would wish to find the corresponding joint variables of the robotic manipulator [15]. The
inverse kinematic problem is not as simple as the direct kinematic problem, because the kine-
matic equations are nonlinear and their solution is not easy (or even possible) in a close form.
The inverse kinematic problem may be solved by various methods, such as inverse transform
of Paul, screw algebra of Kohli and Soni, dual matrices of Denavit, dual quaternion of Yang
and Freudenstein, iterative of Uicker, geometric approaches of Lee and Ziegler and others.
Figure 3 represents a synthesis to the direct and inverse kinematic problem [16].

2.2. Kinematic models for Coupled Estimate Technique

Basically, the project consists of a set of activities that must be performed in order to complete
the project. The kinematic model technique for project scheduling with constrained resources
under uncertainties named as Coupled Estimate Technique deals with the movements in the

Direct kinematics

Position
and
orientation

Joint-
variables

Inverse kinematics

Figure 3. Synthesis to the direct and inverse kinematic problem for robotic manipulators.
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Directkinematics

Uncertainties Variables

Inverse kinematics

Figure 4. Kinematic model for Coupled Estimate Technique.

scheduled activities without consideration of the causes of the movements. Each project activ-
ity has a set of attributes represented by activity estimates (duration, resource and prece-
dence), activity uncertainties (duration, resources and critical factor) and activity variables
(duration and resource).

The outcomes of activities depend of their attributes, and the analytical kinematic model pro-
vides a metaschedule to the project. To model a project activity with kinematic model, it is
assumed that the activity estimates are the constants, the kinematic equations are the orienta-
tion, and the modelled outcomes depend of the uncertainties and variables. Thus, the kine-
matic model may be direct or inverse type according to Figure 4.

Therefore, given the activity uncertainties determined by the project team, the direct kine-
matic model or the CET may be used to model the activity variables. Moreover, given the
activity variables determined by the project team, using the inverse kinematics or the CET,
the activity uncertainties may be modelled. It is important to emphasize that the estimates
of the activity attributes must be part of organizational policy used by the team during
the project planning. Figure 5 illustrates the kinematic model or the CET with the IDEF0
language.

Kinematic Kinematic
equations equations
- Project Modelled . Project Modelled
Uncertainties —> activity o variables Variables —> activity —> uncertainties
Estimates Estimates
(a) (b)

Figure 5. (a) Direct kinematic model and (b) inverse kinematic model.
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3. Coupled Estimate Technique concepts

Coupled Estimative Technique (CET) is a project scheduling artefact to model the project activ-
ity with constrained resources under uncertainties. This section presents the main aspects of
the CET that provide the mathematical formulation involving the activity estimates (duration,
resource and precedence), activity uncertainties (duration, resources and critical factor) and
activity variables (duration and resource).

Let each project activity be represented in the two-dimensional Cartesian coordinate system
(0, T, R) where the abscissa is the duration axis (T) and the ordinate is the resource axis (R).
The value set of the duration and resource for project activity lies between the estimated
ordered pair (estimated duration (te) and estimated resource (re)) and the modelled ordered
pair (modelled duration (tm) and modelled resource (rm)).

Estimated ordered pair is represented in the estimated coordinate system (0, Te, Re), and the
modelled ordered pair is represented in the modelled coordinate system (0, Tm, Rm). The rota-
tion alpha expresses the uncertainty in the estimation of the activity duration, and the rotation
beta expresses the uncertainty in the estimation of activity resource. Figure 6 shows the graphi-
cal representation of one project activity.

The mathematical formulation of the CET used to model the project activities is obtained by
algebraic operations with homogeneous transformation matrices (4 x 4). They map a project
activity from estimated coordinate system (estimated ordered pair) to modelled coordinate sys-
tem (modelled ordered pair) using the homogeneous coordinate notation. The homogeneous
transformation matrix (H) consists of four submatrices [13], according to Eq. (1):

Rotation  Position

H = h - _ 3x3 3x1 (1)
Perspective Scaling £, Ixl
Resource (R)
A Rm
B
{101 T ittt e ' Tm
Re
re ["mmmmesssssomsooooe- ’ Te
: : > Duration (T)
te tm

Figure 6. Graphical representation of one project activity.
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The rotation submatrix (R3 x 3) transforms one project activity expressed in the estimated coor-
dinate system to the modelled coordinate system. For project scheduling, the rotation submatri-
ces are used to produce the effect of the uncertainty in the estimation of the activity duration by
rotation alpha at the duration axis and the effect of the uncertainty in the estimation of activity
resource by rotation beta at the resource axis. According to [14, 15], the basic rotation matrices
are shown in Eq. (2), rotation alpha at the duration axis and rotation beta at the resource axis:

1 0 0 cosp 0 sinpB
Rw = |0 cosa -sina ;Rw = 0 1 0 (2)
0 sina cosx —-sinB 0 cosf

As the duration and resource of the project activity vary between estimated and modelled
values, the position submatrix (P3 x 1) represents the coordinates of the estimated ordered
pair. Therefore, the first element of the position submatrix is the duration translation or the
estimated duration (te), the second element of the position submatrix is the resource transla-
tion or the estimated resource (re), and as the project activity is represented in a geometric
plane, the third element is null. The position submatrix (P3 x 1) is shown in Eq. (3):

B

The perspective transformation submatrix (1 x 3) is useful for computer vision and the cali-
bration of camera models [16]. For the mathematical formulation of the CET, the elements of
this submatrix are set to zero to indicate null perspective transformation. The fourth diagonal
element is the global scaling factor (1 x 1), which is set to 1 in this work. Values different from
1 are commonly used in computer graphics as a universal scale factor taking on any positive
values [17]. The project activity is mathematically represented through homogeneous trans-
formation matrices (4 x 4) which are arranged in four steps to obtain the continuous duration
and cost functions as described in Table 1.

The first step is performed through the product between the homogeneous matrices (H, ) and
(H,,,.), where (H,. ) means a rotation alpha on the duration axis and (H,_ ) means a translation in
the duration and resource axes. The algebraic operation of Eq. (4) corresponds to the effect of the

uncertainty in the estimation of the activity duration in estimated resource of the project activity:

Step Description

1 To represent the effect of the uncertainty in the estimation of the activity duration in estimated
resource of the project activity.

2 To represent the effect of the uncertainty in the estimation of the activity resource in estimated
duration of the project activity.

3 To represent the joint of the uncertainties (duration and resource) in the estimations (duration and
resource) of the project activity.

4 To argue about the range of the uncertainties as well as the critical factor of the project activity.

Table 1. Steps to Develop the Homogeneous Transformation Matrix of the CET.
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1 0 0 0] [1 0 O te 1 0 0 te

0 cosa —sina 0] |0 1 0 ce|[_ [0 cosa —sina ce.cosa @)
0 sina cosax 0|0 O 1 O 0 sinax cosa ce.sina

0 O 0 1110 0 0 1 0 0 0 1

The first element of the position submatrix (P3 x 1) in Eq. (4) represents the activity dura-
tion; the second represents the estimated resource varying according to the uncertainty in the
estimation of the activity duration. As the position submatrix (P3 x 1) is a spatial geometric
representation (abscissa, ordinate and cote), the third element may be disregarded because
the project activity is a plane geometric representation (abscissa and ordinate).

The second step listed in Table 1 performs the product between the homogeneous matrices
(H; p) and (H,_ ). The former is the homogeneous matrix composed by a rotation beta on the
resource axis, and (H ) means a translation in the duration and resource axes. The algebraic
operation of Eq. (5) corresponds to the effect of the uncertainty in the estimation of the activity

resource in estimated duration of the project activity:

cosp 0 smB 0] 11 0 0 te cosfp 0 sinf te.cosP

Q 1 0 0 _ 010 ref_ 0 1 0 re 5)
-sinf 0 cosfp O|'|0 O 1 O —-sinf 0 cosf —te.sinf

o o o 1]L0001 0 0 0 1

The first element of the submatrix (P3 x 1) in Eq. (5) represents the activity duration varying
according to the uncertainty in the estimation of the activity resource; the second, the activity
resource. The third element of the submatrix (P3 x 1) in Eq. (5) may be discarded because the
project activity is mapped at the geometric plane. The negative signal arises because the pro-
jection of the duration translation is at the negative semi axis of the cote coordinate.

The third step prescribed in Table 1 performs the sum between Egs. (4) and (5). The summa-
tion shown in Eq. (6) represents the Coupled Estimate Technique (CET) overall homogeneous
matrix that provides the joint effect of the uncertainties (duration and resource) in the estima-
tions (duration and resource) of the project activity:

1+cosf 0 sinf te. (1+cosp)
0 1+ cosa —sina ce.(1+cosa) ©)
-sinf sina  cosf+cosf ce.sina—te.sinf
0 0 0 2

The first element of the position submatrix (P3 x 1) in Eq. (6) represents the modelled dura-
tion in function of the estimated duration and uncertainty in the estimation of the activity
resource. The second element represents the modelled resource in function of the estimated
resource and uncertainty in the estimation of the activity duration. As the project activity is
mapped at the geometric plane, the third element may be disregarded. However, it might
be used to represent other project goals, e.g. the quantification of the activity performance
or quality.
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Modelled variables Equations
Duration tm=0. te. (1+cos f)
Resource rm=0. re. (1 +cos a)

Table 2. Mathematical formulation of the CET.

And finally, the fourth step in Table 1 performs some orientations about the range of the
uncertainties (duration and resource) and the critical factor of the project activity:

* The uncertainties must range between 0° (highest degree of uncertainty) and 89° (lowest
degree of uncertainty). When alpha and beta equal to 0°, the modelled duration equals to
the double of estimated duration (2te), and the modelled resource equals to the double of
estimated resource (2re).

* When alpha and beta equal to 90°, there are no uncertainties or certainties. Therefore, the
modelled duration equals to the estimated duration (te), and the modelled resource equals
to the estimated resource (re).

® The certainties must range between 91° (lowest degree of certainty) and 180° (highest de-
gree of certainty). When alpha and beta equal to 180°, the duration and resource modelled
are null; this means a dummy activity, i.e. a project activity without duration and resource.

® The critical factor (theta) of the project activity must be unitary for cases where the mod-
elled value is less than or equal to double of the estimated value, and the critical factor
(theta) must be greater than one for cases where the modelled value is greater than double
what was estimated value.

Table 2 shows the mathematical formulations for one project activity of the Coupled Estimate
Technique.

4. Implementation of the direct kinematic model with CET

To demonstrate how the direct kinematic model is implemented, this section presents a didac-
tic example with scheduling of duration in days, one type of resource (financial in dollar) and
the critical factor unitary for all activities present in the critical path, according to the four
sequential tasks. The main objective is to obtain the modelled schedule or project duration
modelled (pdm) and modelled budget or project resource modelled (prm) with the effects of
uncertainties of the estimates in the planned schedule or project duration estimated (pde) and
planned budget or project resource estimated (pre) of the project. Assuming a critical path
with the activities in the project precedence diagram which have the attributes:

¢ AQ: Project beginning

* Al:Duration estimation equal to 30 days with uncertainty equal to 45°; resource estimation
equal to $100 with uncertainty equal to 45°
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¢ A2:Duration estimation equal to 20 days with uncertainty equal to 45°; resource estimation
equal to $50 with uncertainty equal to 45°

* A3: End of project

As task 1 for implementation of the direct kinematic model with CET, the planned schedule
and budget without the uncertainties must be determined; thus, the planned schedule or proj-
ect duration estimated (pde) is equal to 50 days, and the planned budget or project resource
estimated (pre) is equal to $150.

In task 2, the project precedence diagram is modelled with IDEFO from the attributes of the
project activities. Figure 7 presents the IDEF0 with:

* Activities estimates (tel, rel; te2, re2)

¢ Activity uncertainties (al, 1, 01; a2, 32, 02)

¢ Activity variables to be modelled (tm1, rm1; tm2, rm?2)

* Project duration estimated (pde) and project resource estimated (pre)

* Project duration modelled (pdm) and project resource modelled (prm) to be modelled

During the third task, the modelled variables are calculated according to the kinematic equations
of the CET presented in Table 2 and Figure 4. From the estimates and uncertainties of the activi-
ties, the modelled variables of project activities are presented in Table 3.

And finally, the fourth task describes that the project duration modelled (pdm) is equal to the
sum of the modelled durations, and project resource modelled (prm) is equal to the sum of the
modelled resources. Table 4 presents the project scheduling modelled according to the direct
kinematic model with CET.

tm = 6.te.(1 + cosp)
rm=6.re.(1 + cosa)

o2 =145
p2=45° tm2="? pde=>50 days
62=1 rm2=7 pre = $150
A2 A3 odm =
prm=?
al =45° T
ﬁ1=450 tml =7 te2=20
01=1 ml=? Te2=30
A0 Al -
tel=30
rel=100

Figure 7. Project precedence diagram with IDEFO for direct kinematic model with CET.
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Activities Estimates Uncertainties Modelled variables
Al tel =30 days al =45° 51 days
rel =$100 p1=45° $170
A2 te2 =20 days a2 =45° 34 days
re2 = $50 p2=45° $85

Table 3. Modelled variables of the project activities.

Project Estimates Modelled Effects
Duration pde =50 days pdm = 85 days 35 days besides of planned
Resource pre =$150 prm = $255 $85 besides of planned

Table 4. Project scheduling modelled according to the direct kinematic model with CET.

Analyzing the information in Table 4, due to the uncertainties in the estimation of the proj-
ect duration, the schedule should be increased in 35 days that represent 70% besides of the
project duration estimated. In the same manner, due to the uncertainties in the estimation of
the project resource, the budget should be increased in $85 that represents 70% besides of the
project resource estimated.

5. Implementation of the inverse kinematic model with CET

To demonstrate how the inverse kinematic model is implemented, this section presents a
didactic example with scheduling of duration in days, one type of resource (financial in dol-
lar) and the critical factor unitary for all activities present in the critical path, according to
the four sequential tasks. The main objective is to obtain the modelled uncertainties in the
estimation of the project durations and resources from estimated and performed values of
the project activities. Assuming a critical path with the activities in the project precedence
diagram which have the attributes:

¢ AQ: Project beginning

* Al: Duration estimation equal to 30 days and duration performed equal to 51 days; re-
source estimation equal to $100 and resource performed equal to $170

* A2: Duration estimation equal to 20 days and duration performed equal to 34 days; re-
source estimation equal to $50 and resource performed equal to $85

* A3: End of project

As task 1 for implementation of the inverse kinematic model with CET, the planned schedule
and budget as well as the performed schedule and budget with the effects of the uncertainties
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must be determined; thus, the planned schedule or project duration estimated (pde) is equal
to 50 days, the planned budget or project resource estimated (pre) is equal to $150, the per-
formed schedule or project duration performed (pdp) is equal to 85 days and the performed
budget or project resource performed (prp) is equal to $255.

In task 2, the project precedence diagram is modelled with IDEFO from the attributes of the
project activities. Figure 8 presents the IDEF( with:

¢ Activity estimates (tel, rel; te2, re2)
* Activity uncertainties (a1, 31, 61; a2, 2, 02) to be modelled

* Activity variables, which for inverse kinematic model, the performed duration and resource
(tpl, rpl; tp2, 1p2)

* Project duration estimated (pde) and project resource estimated (pre)
¢ Project duration performed (pdp) and project resource performed (pre)

For the third task, the kinematic equations of the CET presented in Table 2 must be tai-
lored where the modelled variables are substituted by the performed variables according to
Figure 5. From the estimated and performed values, the modelled uncertainties of project
activities are presented in Table 5.

In task 4, the uncertainty of the project must be analyzed. There are some ways to determine
the project uncertainty; frequently, this choice is realized by the project team taking account
the nature and challenges of the project. The following are some suggestions:

tp = 0.te.(1 + cosf)
rp=0.re.(1 + cosa)

tp2=234
rp2=85 a2=? pde=>50 days
02=1 2=7 pre=$150
A2 A3 — pdp =85 days
prp=$255
tpl=51 :r
pl=170 o2 te2=20
01=1 B1=2 re2 =50
A0 Al -
tel=30
rel=100

Figure 8. Project precedence diagram with IDEFO for inverse kinematic model with CET.
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Activities Estimate Performed Modelled uncertainties
Al tel =30 days 51 days al =45°

rel = $100 $170 p1=45°
A2 te2 =20 days 34 days a2 =45°

re2 = $50 $85 p2=45°

Table 5. Modelled uncertainties of the project activities.

* The project uncertainty may be determined by the average between the uncertainties of the
activities, where for the case studied in this section, the project uncertainty for the duration
and resource are equal to 45°.

¢ The project uncertainty may be determined by the greater or lower uncertainty of the activities.

* The project uncertainty may be determined by the sum with the weight of uncertainties of
the activities.

6. Comments and conclusions

This chapter represented one interesting example of cross-fertilization between different
areas, where the manipulator kinematic concepts (direct and inverse) were tailored and
implemented in order to provide an innovative solution for project scheduling with con-
strained resources under uncertainties. Basically, the homogeneous transformation matrices
(4 x 4) were used to model the schedule (time) and budget (resource) of the projects taking
account the uncertainties in the estimates.

In the perspective of the project management, the direct kinematic model may be used to
the project scheduling in order to model the schedule and budget when the duration and
resource estimations are not known completely; therefore, there are degrees of uncertainties
related to duration and resource estimation. And, the inverse kinematic model may be used to
the implemented projects in order to model or quantify the degrees of uncertainties related to
duration and resource estimation. These modelled uncertainties of the implemented project
may be used during the project scheduling of similar projects.

The modelled outcomes provide information that can enhance the processes for schedule and
budget of the project management, helping to achieve project scheduling of a project. They also
provide information about project risk management processes, helping to identify, analyze
and respond to uncertainties that are not definitely known but pose the potential for favour-
able or, more likely, adverse consequences on project objectives (duration and resources).

However, the model represents a conjecture of a phenomenon and, therefore, an approximation
of the behaviour of that phenomenon. Thus, the modelled outcomes of the kinematic model for
project scheduling with constrained resources under uncertainties must be critically analyzed
by a project team.
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Abstract

This work presents the mechanical design and the kinematic navigation control system
for a tricycle-wheeled robot (one drive-steer and two lateral fixed passive) with two
underactuated mechanisms: a global compass and local evasive compass. The proposed
goal-reference mechanism is inspired by the ancient Chinese south-seeking chariot
(c. 200-265 CE) used as a navigation compass. The passive lateral wheels transmit an
absolute angle from its differential speeds to automatically steer the front wheel. An
obstacle-evasive compass mechanism is commutated for steering control when detec-
ting nearby obstacles. The absolute and local compass mechanisms commutate each
other to control to the robot’s steering wheel to reach a goal while avoiding collisions.
A kinematic control law is described in terms of the robot’s geometric constraints and is
combined with a set of first-order partial derivatives that allows interaction between the
global and local steering mechanisms. Animated simulations and numerical computa-
tions about the robot’s mechanisms and trajectories in multi-obstacle scenarios validate
the proposed kinematic control system and its feasibility.

Keywords: WMR, kinematic control, south-seeking chariot, underactuated compass,
potential-field, self-steer, navigation

1. Introduction

So far today, numerous types of modern robotic platforms that perform complex tasks are com-
posed of underactuated mechanisms that were deployed by ancient civilizations. Underactuated
mechanisms prevail as the most efficient systems because they take more advantage applying
the law of conservation of energy than redundantly kinematic systems. Unlike redundant
systems, the underactuated systems pose a reduced number of actuators and less independent
control variables and naturally take more advantage of the inertial and gravity forces. The
redundant systems have a larger number of control variables than variables in the working

I m Ec H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
open science | open minds distribution, and reproduction in any medium, provided the original work is properly cited. [{ccY SN
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space. As a consequence, each controlled actuator somehow has to counteract gravity and
inertial forces to establish own kinematic behaviors. A major aspect in robotics engineering
concerns physical modeling and control of mobility for a robot to provide autonomous navi-
gation. Similar to any biological entity, the ability to purposely navigate is fundamental for an
intelligent robot. Over 2000 years ago, the Chinese invented the south-seeking chariot (SSC),
which was used to maintain an absolute orientation along very long trips of hundreds of
kilometers. Thus, they basically created one of the first absolute direction compass devices that
did not require any other element to function, but its inner mechanisms only. The invention’s
compass was used to adjust toward a desired orientation at the beginning of a trip, and it was
invented nearly 800 years in advance when the magnetic compass was invented. The SSC is
basically a differential gearing system with a pointing-out silhouette above (Figure 1). The
gearing system compensates the chariot turns by gear transmission relations, keeping the statue
arm pointing out always to the same direction. Figure 1a shows the SSC design, and Figure 1b
depicts the SSC prototype with its gearing system made of straight wooden gears. However, this
system has largely been studied in modern times by numerous authors [1-7].

Any type of navigational and path-tracking task depends on steering systems. And, in order to
infer navigation references, mobile robots use a diversity of exteroceptive sensing devices, such
as ultrasound sonar, infrared range detectors, cameras, GPS, and so forth. Nevertheless, a
common disadvantage using these types of devices is that they have to obtain external mea-
surements with respect to (w.r.t.) the robot’s fixed Cartesian coordinate system and use them to
estimate orientation through geometry models with cumulative errors.

Moreover, some types of proprioceptive sensing devices offer inner measurements that are
relative to global inertial system (e.g.,, magnetic compass, GPS). Unlike local exteroceptive
sensors, global proprioceptive sensors yield noncumulative overtime measurement errors. For
instance, a magnetic compass implemented as a global orientation system measures angle w.r.t.
the earth magnetic axis. And then, such measurement angle is arithmetically used to infer a
global destination angle likely described in another external inertial system. However, magnetic
compasses are sensitive and are affected by other nearby magnetic fields or tided to suffer errors
from rotations that set the device perpendicular to the earth’s magnetic axis. Therefore, other

& "

(a

Figure 1. South-pointing chariot. (a) Modern design and (b) modern prototype.
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types of sensing devices must be combined to recover from missed observations. Furthermore,
the global positioning system (GPS) is another type of global orientation measurement device,
which requires at least two successive position observations overtime to provide an instanta-
neous robot’s global angle w.r.t. the earth’s geographic north pole. As a major disadvantage, GPS
cannot provide measurements nearly of inside buildings, forests, or in cloudy days because
electromagnetic signals are blocked missing observations during arbitrary periods of time.

A diversity of works has reported navigation systems that combine numerous types of mea-
suring orientation devices such as GPS and magnetic compasses, which provide high preci-
sion. This type of technology produces sensing measurements tided to established references
(e.g., magnetic/north pole). Hence, useful global-specific references have to be inferred by
different methods, which may imply in these calculations inverse/direct solutions of geometric
triangulations or algebraic models [8-12].

Reliable local/global navigation for a wheeled mobile robot has fundamentals on controlla-
bility and maneuverability. And, both robot’s abilities, respectively, must depend on robust
driving control models and the steering kinematic designs [13, 14]. These models are the
bases for planning and motion control [15, 16] in navigation, and most of them relay
on different numerical mathematical solutions in robotics [17]. There are some complex
works on robot’s navigation seeking absolute orientation references [19, 20]. There are
other navigation works with major emphasis on collision avoidance relaying on kinematic
approaches [18, 21].

In this work, the mechanical design, the physical model, and a control system for a tricycle-
wheeled robot with fundamentals on underactuated mechanical functions are proposed. The self-
steer robot design proposed in this work has been inspired on the south-seeking chariot, in part, to
take advantage of the underactuated mechanical compass with absolute direction to the robot’s
goal. Therefore, a specific and complex gearing mechanism system was designed to self-steer
commuting between an obstacle-avoiding compass and a leading-to-the-goal compass (Figure 2).

a)

Figure 2. Proposed tricycle robot system. (a) General system view and (b) absolute/local compass mechanism.
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The global goal-reference compass permanently maintains orientation information available in a
direct manner for the robot without sensors, despite experimenting multiple evasive maneuvers.

A kinematic model for the local/global compass and commutation mechanisms are deduced.
Moreover, a kinematic control law deduced for a three-wheeled structure with one drive-steer
frontal wheel and a pair of lateral passive wheels is analyzed and disclosed. The proposed
control law estimates the robot’s posture and combines the interactive switching between goal-
leading and obstacle avoidance navigation control. One underactuated mechanism directly
leads the robot to the goal. Another underactuated mechanism leads the robot toward free-
collision routes.

This manuscript presents simulation results to validate this novel approach that combines
ancient underactuated automaton type, with a modern-wheeled robot focus. So far today, the
authors are not conscious about other similar approaches reported in the scientific literature.
This work does not pretend to introduce a comparative analysis nor efficiency with other state-
of-the-art robotic trends. The authors of this research believe that the preliminary results
presented in this manuscript will evolve into an efficient technological approach in the near
future. Its application will establish a novel approach because it allows to directly have
absolute angle observation overtime, allowing the mechanisms to lead the robot with naturally
global navigation, reducing computational efforts to other algorithmic tasks, and complementing
other sensing devices to improve control and perception.

Sections of this chapter have been organized in the following manner. Chapter 2 discloses the
kinematic models for the absolute/local mechanisms. In Chapter 3, the commutation system
kinematic and time delays are discussed. In Chapter 4, the control model and simulation
results are presented. Finally, Chapter 5 discusses some conclusive remarks about this work.

2. Absolute/local compass mechanism

2.1. Global underactuated compass

The proposed system sets the robot’s desired Cartesian goal as the absolute reference orienta-
tion. The absolute compass directly compensates its bearing by the differential angle provided
by the two lateral wheels (Figure 3a). The mechanical compass directly self-steer the robot
toward the global reference without any actuator (Figure 3b). When the robot is not leading
along the global compass angle, the synchronization chain gradually reorientates the robot’s
steering wheel until matching the goal’s absolute angle. Figure 3c illustrates the self-steering
mechanism parts: (1) passive lateral wheels, (2) frontal driving wheel with passive steering, (3)
wheel differential gearing mechanisms, (4) transmission gears coupling the absolute compass,
(5) global goal-angle compass, (6) driving actuator/motor, (7) self-steer synchronization chain,
and (8) lateral wheel shaft.

In Figure 4, a more detailed depiction of the differential mechanism is illustrated. The absolute
compass (5) is composed of three differential systems (3) and (5), which transmit rotary motion
from the lateral wheels (1) up to the steering wheel (2) (see Figure 4b). The compass (5) is
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Figure 3. Absolute compass system. (a) Wheel differential mechanisms, (b) self-steer mechanism, and (c) goal-reference
self-steer robot mechanism.

f\"des;n

Main axis

Secondary axes

a) b) L

Figure 4. Differential gearing system. a) wheel main shafts, b) absolute direction differential.

compensated by the gearing relations (Figure 4b), and the differential rotary motion is trans-
mitted to the gear (5), namely, ey It is worth noting that the differential motion (3) of the
lateral wheels’ shaft (8) is fixed to the main axis (4). The lateral wheels’ angular speeds, dubbed
wy and w,, are asynchronous w.r.t. the main shaft (4), similarly differential gears e; and e,. The
differential shafts of gears dif; and dif, (Figure 4b) are perpendicularly joined to the main axis
(Figure 4a), and the rotary speed is basically the same for both differentials (4). Nevertheless,
the angular velocity for gears (difl4, difl,, dif2;, and dif2,) might be different for each differen-
tial mechanism (3); it would depend on each wheel’s (1) instantaneous velocity.

Finally, the compass, differential mechanism (5) that is composed of the gears e, e;, and e is
the mechanism providing the absolute orientation reference toward the robot’s goal.

Without loss of generality, it follows that the deduction of the differential angular velocity
model transmitted between e; and e, is provided next. Thus, the angular velocity for w,; is an
averaged differential value:
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W1 — W

. )

Wel = —

where both lateral angular speeds have clockwise (left-sided wheel) and counterclockwise
(right-sided wheel) signs, respectively:

Wel = —We2 (2)

The differential angular speed is equivalent to the main shaft rotary speed, such that

w1 — W2
2

®)

Wdif1 = Wdif2 =

and, in general, it is assumed that the gears’ (difl and dif2) angular velocities are averaged
values:

W1 + We1

Wgif11 = Wdif12 = 2 4
as well as
wy + w,
Wgif21 = Wqif22 = % ©)

In such a manner, the angular velocity transmitted to the compass e_abs poses the following
relation:

Ve,s
a)enbs = e Wel, (6)

In the proposed design, it is assumed that the gear e_abs doubles its radius w.r.t. gears e; and e,.
Therefore, by rewriting Eq. (6)
1

Wegy = Ew31’ (7)

and by substituting in the previous expression, the differential rotary speed model w,; since
ultimately depends on velocities w; and w,:
w1 — @7

4

a)enhs ==

®)

Therefore, from the previous expression, let us assume that the robot moves along a straight
trajectory line, then w; =w,, and no compass lateral motion is yielded; hence, w,, =0. Following
Figure 2b notation for the gears, the steering wheel with gear E; is synchronized with w,, by the
mechanism system illustrated in Figure 5a.

A first gear connection EQ — E1 has the following speed relation:
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e E3

a) b)

Figure 5. Steering mechanisms. (a) Goal-direction system and (b) evasive compass gearing.
. To .
P1="Po ©)
"

Similarly, the gear connection E; — E, is algebraically simplified:

. r . 1o
Qr=——0¢

S = P (10)

The parallel connection E5 with E; has the same relation:

. . To .
Ps = P2 = n v (11)
Finally, the angular velocity for E; w.r.t. Eg
.o _Is. Tl .
P7 = rr Ps — Po- (12)

Thus, the relation (12) means that E; poses opposite rotary movement w.r.t. the absolute
compass sense of rotation and half of its angular speed as well.

2.2. Local evasive compass

Another compass mechanism with local reference frame steers the robot for obstacle avoidance
leading the robot along a safe instantaneous angle (Figure 5b). When the robot detects near
obstacles, the absolute compass is suspended, and a commutator device switches to the
evasive local compass mechanism, activating the gear Eg. Figure 5b describes the gearing
mechanism that steers the robot for evasive navigation.

In the kinematic model for evasive steering through E;, w.r.t. Eg is deduced next. The relation
between Eg and Eg is
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. rg .
$o= 1 95 (13)
and the angular velocity for E, is
. Te. T
Py = s Y6 = ' Per (14)

For the perpendicular connection with Ej, the angular speed model is

by == 0= 0y (15)
For E; and E5 connected in parallel
b5 =03 = 9y (16)
Finally, the model for E; is
G = s =~ by (7)

Let us highlight that for the evasive local compass Es, the escaping orientation is instanta-
neously set up by an actuator only when any nearby obstacle is detected. And, such local
orientation transmits motion to the steering gear (E;) through the mechanism of Figure 5b.
Thus, the local/global compass mechanisms are physical controllers that substitute models and
computer algorithms.

3. Absolute/local commuting mechanism

The commutation mechanism interactively couples and uncouples either the absolute compass
or the local compass (Figure 6a). The commuting device switches into the local compass
immediately where any nearby obstacle is detected. Alternatively, it switches to the global
compass retaking orientation toward the goal as soon as obstacles are no longer detected.
Figure 7a depicts the gearing transmission that commutates the different steering mechanisms,
the local compass (the front), and the global compass (the back).

According to Figure 6b, the commutation mechanism yields linear motion (the commutator
device of Figure 6a); it activates the local compass by rotating a servomotor and shrinking a
sliding crank link L. Inversely, the absolute compass is activated by turning off the servomotor,
and then a spring-mass-damper system stretches the sliding crank link L.

The motion transmission system (Figure 6a) is inspired by the model of a modern vehicle’s
speed transmission box. For the present case, a common shaft works for two asynchronous
speed gearing systems. In addition, Figure 7a and 7b illustrates the motion transmission flow
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a)
Figure 7. Motion transmission flow (red arrowed lines). (a) Goal-reference and (b) obstacle evasive.

by the red color arrowed lines. When either the local compass mechanism or the global
compass mechanism is commutated, the flow transmission motion only concerns with its
own gearing mechanism featuring a physical continuous controller.

The angular speed model w; [s '] for the commutation rotary servomotor (Figure 6b) to switch
into the local compass was obtained through fitting empirical observations with the next
theoretical model:

w; = k1e*; (18)

where «; [rad/s] is an amplitude factor and «x, [1/s] is a slope rate factor. Subsequently, to
estimate the commutation time ¢, [s] required to mechanically coupling into the local compass
mechanisms, the next model is deduced:

t = @ . (19)

K1

Moreover, when no obstacles are detected, the commuter device switches into its initial state
by coupling the absolute compass. In this case, an underactuated system commutates the state
by a spring-mass-damper mechanical system with critically dumped configuration, modeled
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by second-order linear differential equation. Where m [kg] is the mass pulling the spring, ¢ [kg/s]
is the damping effect constant, k [kg/s *] is the spring elasticity constant, and x, %, and i are the
spring distance, velocity, and acceleration, respectively:

mx 4+cx +kx =0 (20)

Thus, it may be solved as a first-order linear equation by temporally omitting the second-order
term mx such that

T —kx, (21)

reorganizing and completing the integrals

L dx _ Zk Jt dt, (22)

X c

Thus, by solving the improper integrals and multiplying both sides of the equation by the
Euler number e,

e[ln(x) ——]E(tJrC]} (23)
and a solution is obtained; to simplify let us define A := —k/c,
x(t) = eMta (24)

Assuming the integration constant C; =0 and developing the higher order solutions
x(t) =eM; x(t) = AeM; #(t) = A%eM. (25)
In addition, by substituting such functions in the next expression
mA%eM + cAeM + ke =0, (26)

In order to decrease the commutation time of the sliding linear mechanism, a critically damped
system is assumed and modeled by (c* — 4mk)=0, with terms A;=A,:

—c
A2 = m’ (27)

It is desired to speed up as much as possible the commutation time. Then, the mechanical
device linear displacement is modeled as a function of time by

x(t) = (ay + ap)e /2", (28)

And, solving for the commutation time for switching to the absolute compass ¢,,
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tﬂ:—zmln( i ) (29)
c a +a

Figure 8 depicts a sequence of transition times taken by the commuting mechanism. Times £,
are the times behavior of the slider crank servomotor when shrinking the link. Times ¢, are the
times behavior of the spring-mass-damper device when stretching the link. Such time magni-
tudes are reached due to mechanical motions. However, such commutation times are physically
fast enough, and a robot’s trajectory is not affected in the precise points when commutations
occur.

4. Kinematic control law

In this section, a kinematic control law is deduced and analyzed. The proposed controller
simultaneously controls driving and self-steering velocities and keeps track of the robot’s
posture. The robotic platform is a tricycle-type kinematic structure with two lateral passive wheels
at the back (Figure 9a) and a central active-drive and passive self-steering wheel at the front
(Figure 9b). Each wheel kinematic is described by three parameters, «, {, and 7, where a [rad] is
the angle of a wheel w.rt. the x-axis of the robot’s fixed inertial system, ¢ [m] is the distance
between the robot’s centroid and each wheel’s contact point with the ground, and r [m] is an ideal
wheel’s radius. In addition, the robot’s kinematic structure considers two controlled kinematic
variables f; and ¢, where f; [rad] is the instantaneous steering angle of the front-sided wheel
and ¢ [rad] is the instantaneous driving wheel’s angle.

The kinematic parameters and variables describing the robot platform are summarized in
Table 1 according to each type of wheel (fixed passive, steerable, and drivable active).

The robot’s wheel kinematic parameter is modeled by the following constraint equation, which
is stated from the wheel plane,
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Figure 9. Robot’s kinematic structure. (a) Top-view kinematic structure and (b) side-view drive-steer wheel.

Wheel type a Bt ¢
W (fixed) 0 0 t
W, (fixed) 7 0 ¢
W3 (drive/steer) /2 - A

Table 1. Tricycle-type robot’s wheel kinematic parameters and variables.
J1(BIR(O)E, + T2, =0, (30)
Likewise, the kinematic constraint is modeled in the wheel’s orthogonal plane by
G (.BT)R(Gt)ét =0. (31)

where J;, C; € RN *? basically describes the wheel kinematic constraints. Matrix J, poses the
ideal wheel’s radius, and R(0) is the Euler rotation matrix. Vector &; describes the state space
system, and its components are the robot’s posture £=(x,y, 0, f)", as well as the front-sided
wheel driving speed ¢;, and its product with J, establishes a diagonal matrix of the wheels’
tangential velocities.

Moreover, for the particular case of fixed wheels and central orientable wheels, the following
kinematic constraints apply for individual wheels.

In the wheel’s plane
[—sin(a+B,) cos(a+p,) Lcos(B,)] R(O) & +rp, =0. (32)

In the wheel’s orthogonal plane
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[cos(a+p,) sin(a+p,) €sin(B,)] R(0:)E =0. (33)

where matrix J; is the fixed passive back-sided wheels matrix of kinematic constraints, which
is obtained by substituting the parameters of Table 1 in expression (32). Such that, J; for the
fixed wheels is

_ (—sin(0) cos(0) Ccos(0)
Jr= (—sin (r) cos(m) {Lcos (0))' (54)
and by simplifying
/01 5
= (o -1 f)' (35)

Taking into account the kinematic constraints that are similar to the central orientable wheel,
the vector model ], is obtained:

], = (f sin (g + ﬁt) cos (g + ﬁt) {3 cos (‘Bt) ) (36)

For the front-sided central orientable wheel, since the angle f; is nonstationary, and in order to
easy its algebraic solution the following trigonometric identities are substituted in (36) and
obtain a simplified form for the vector J,. Thus,

sin (a + b) = sin (a) cos (b) + cos (a) sin (b),

Likewise,

cos (a + b) = cos (a) cos (b) — sin (a) sin (b);

and the following row vector is produced:
Jo=(—cos(B) —sin(p,) f3cos(B)). (37)

Therefore, for a tricycle-type robotic structure as in the present context, and with parameters of
Table 1, the matrix J; is consequently defined as

J . 1 :
Ji = (]f) - B [ | "
0 —cos (B,) —sin(B) (scos(B))

where J; represents the fixed wheel kinematic constraints and J, represents the central
orientable wheel constraints. The constraints denoted in the general form (31) implicate that

vector R(6)) - &, belongs to the null space C; denoted by

C
Ci(p) = (CJ; ) 39)
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being Crand C; as vectors of the fixed and the central orientable wheel constraint, respectively,
with notation

R(6)) - &, €N [Ci(B,)]- (40)

Hence, the robot’s posture first-order derivative &(t) or state vector is constrained into a
distribution defined as

N[Ci ()] = span{colZ(p)}, (41)

and the null space of any matrix A, written as a \V'(A), is the set of all solutions of A -x=0 and
stated in set notation by

N(A) = {xeR*|A-x = 0}. (42)

Thus, for the particular case of Eq. (41), the null space is
NICi(B)] = {xeRI[Ci(B)]x = 0}. (43)

A manner to solve for the null space matrix condition is to reduce it to the echelon form W:

1 0 0
G =] -1 0 0 ’ “
—sin (B,) cos(B,) (3sin(B;)

Thus, a vector x that satisfies Eq. (43) must be defined then:

1 0 0 X1
1 0 0 Jwu|=]0] (45)
—sin (B,) cos(B,) C3sin(B;) X3 0

The previous expression (45) is a set of linear systems and is rewritten as an augmented matrix

[C1 | 0]
1 0 0 | 0
Cilo] = | -1 0 0 o] (46)
—sin(B) cos(B) f3sinp | 0

The augmented matrix (46) is algebraically solved by reducing it to echelon form, starting by
making zeros the first column, but one the first element:

1 0 0
w—| o0 0 0 , 47)
—sin (B,) cos(B,) {C3sin(B,)

Then, sum up W, W5 1 where W5 1 =sin(8,):
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1 0 0
w=|0 0 0 . (48)
0 cos(B,) C3sin(B,)

Since the pivot element W5 ,=0, rows 2 and 3 are exchanged:

10 0
V=10 cos(B,) C3sin(B,) |- (49)
00 0

Now, W, ,=0 except its pivot element ¥, 5, thus let us divide W, ;/ cos(B;) to set to 1 such
pivoting element:

1 0 O
Y=10 1 (tan(B,) |. (50)
00 O

Thus, by having W in the reduced form, now the system is solved as the system (45):

10 0 “ 0
0 1 ftan(B) |- |x|=]0]. (51)
00 0 X3 0

Hence, rewriting such a solution in the matrix form
0
x=| —l3tan (B) [x3 (52)
1

Being the vector x of this null space of matrix C;, such that

0
N[C;(B)] =span| —l3tan (B) |x3; (53)
1

For our application purpose, x3=cos f, then the null space solution N'[C] (8)] is

0
N[C;(B)] = span| —l3sinp |. (54)

cosf

Therefore, Eq. (41) is rewritten because for each instant time ¢, a temporal variable v, exist .
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§ =R'(6)Z(B,)v, (55)

and
B = wi. (56)

where v, is the instantaneous robot’s absolute velocity and w; is instantaneous robot’s yaw rate.
As a matter of fact X(B;) is the null space of the kinematic constraint matrix in the wheel’s
orthogonal plane (Eq. (54)), defined by

0
L(g,) = | ~lasin(B,) |. (57)
cos (ﬁ)

This state control law is expressed in a more compact form:

it = B(Z)uh' (58)

() (0 ) ()

Thus, by substituting expression (57) in the model (58), the kinematic control law is rewritten:

where

x {3sin0 sinf 0

yi _ | ~facosOsinp 0| (U > (60)
0 cosf3 0 w

B 0 1

The robot’s posture is essentially modeled by Eq. (60) and validates by the Cartesian trajectory
depicted in Figure 10a. For this case, v was set at constant value overtime, and w gradually
increased according to the range {0, ..., m/4}. Then, the robot turns into its original angle and
then continues straight.

Figure 10b and 10c shows f and 6 behaviors w.r.t. orientation error 8¢, when 8¢ =0 the robot is
bearing toward the desired goal. Actually, § depicts how the steering wheel performs from its
starting angle up to the final angle. Because of the absence of obstacles, the steering wheel’s
angle experiences no commutation toward the local mechanism. However, the absolute com-
pass controls the wheel from the beginning and gradually steers until orientation is aligned to
the global destination. Its behavior along the navigation task is illustrated in plot 10b.

Moreover, in order to instantaneously estimate the deviation angle O, let us define the global
destination 0 [rad]. And, such desired orientation is perturbed by escaping angle O [rad] due
to relative obstacle locations (Figure 11a). Likewise, O is established every time the local
compass mechanism is switched to. Obstacles are detected within a territorial radius d,, or
ignored when the robot moves farther away from the scope d; (Figure 11b).
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Figure 10. Control law (60) simulation results. (a) Trajectory control with v=cte and w ranging =10, ..., 71/4}, (b) wheel’s
steer angle  behavior, and (c) robot’s angle 6 behavior.
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Figure 11. Evasive system. (a) O and 0 kinematics and (b) evasive territorial scope and obstacle-repulsive acceleration
vectors.

For instance, sensor 1 detects a far obstacle, and its repulsive acceleration influence is low. However,
sensor 6 yields a greater repulsive acceleration influence since it is nearer to the robot’s location.

Thus, let us postulate:
O = 0r — 6c (61)

From the control law, the state vector z is now estimated by directly using the instantaneous
error angle O:

2(%,y,0r, ) = B(z) - u(v,w), (62)

and by obtaining the inverse solution for u, now the input system involves error angle:
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u(v,w) = B(z) " - 2(¥,7, (O — 0c), B). (63)

The robot’s controlled orientation is fed back by 6 and calculated by numerical successive
approximations. This controller is a recursive system that involves both, the direct and the
inverse solutions, to reduce the numerical error Of.

The instantaneous escaping angle Oy is obtained within a local coordinate system by direc-
tional derivatives, which approach a cosine function, similarly to the work reported in Ref. [20].
A gradient operator of a cosine navigation function approximates a repulsive partial differen-
tial equation to evade any observable obstacle. The robot’s repulsive acceleration vector func-
tiona, = (ax, ay)T produces its magnitude effect w.r.t. the obstacle’s range measurement 6, [m]:

00 (%, ) = =V yka(ky — 1) - 05 (b, ) (64)

where k;, [m] is the obstacle diametrical territory and k, [ms 2] is an adjustment constant factor
of the physical acceleration amplitude. Thus, the Cartesian geometric model (not measure-
ment) r, describes the distance between the robot x,=(x,, )T and any obstacle x,=(x,, 1,)T,
which is geometrically modeled by

Ta = \/;:;i = \/(xr - x0)2 + (yr - yﬂ)z (©)

The angle limits {0< ¢, <71/2} is a transformation relationship of the obstacle range 0,, and the
condition 6, <d, limits the repulsive acceleration effects:

0,TT
1

¢, = 2 , where dlocg and d; =0, = |la]| =0 (66)

Substituting the functional form of 6, in (64) and temporally considering k, =1 for analysis purpose

ani) = Vo (1 =l =+ (1, =) - o6, 67)

and algebraically expanding

au(i) =~V (hrcos (0 + o~ + - s (9)) @9

Thus, applying the gradient operator V., , w.r.t. x and y components and algebraically simplifying

oy _ (xr — xo) - cos () (©9)

=%+ - v

and
o, (y,—y,) - cos(¢,) (70)
a]/ \/(xr - x0)2 + (yr - yu)z




WMR Kinematic Control Using Underactuated Mechanisms for Goal Direction and Evasion
http://dx.doi.org/10.5772/intechopen.70811

Therefore, the obstacle-repulsive directional vector expressed in terms of Cartesian compo-
nents XY'is

cos (¢,) Xy — X,
(X, y) = ka < : (71)
\/(xr_x0)2+ (yr_yo)Z (yr_yo>

Thus, the model for multiple obstacles a produces a controlled escaping direction in robot’s
local coordinate framework:

ar—k. Z cos (¢,) , (x, —% > 72)

\/(Xr - xo)2 + (yr - yU)Z Yr = Yo

It follows that the evasive acceleration magnitude is defined by

2 2
lar = \/ (aaix) + (%) , 73)

and the instantaneous escaping angle O

(%)

(&)

Or = arctan (74)

Finally, the proposed kinematic controller has the following scheme described in Algorithm 1.

Algorithm 1. Local/global robot’s underactuated system controller

1w,=0.0
2 while ([I& || - Il (xc, o)) >0 do
3 switching to either local or global mechanism

4 if 6,>0
5 Commuter’s motor speed W=k,
6 Servo’s angle ¢ = %K
()
7 Avoidance acceleration ar = k>, Cosrgc‘b“) (X —Xq)
8 Avoidance angle Or = arctan (gz;go
9 llarll = / (9a/0x)* + (3a/dy)*
10| else
11 Turns servo off w;=0.0
12 Release slider crank x, = r cos (¢) {/(al + ap)Pect/m — (rsin (¢))2+As
13 QG — _Pu :!’wz

14| 6=6r—06¢

T
16| z;=B(0.B) -
17| wy=B'l.z
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Figure 12. Controlled robot’s course v=1.0 rad/s and d;=0.5 m. (a) Cartesian space and (b) component X versus robot’s
angle.

Hereafter, Figure 12 validates our kinematic model approach by depicting how the robot’s
trajectory reaches the final Cartesian goal (—7, —8) in global coordinates. In addition, Figure 12a
shows the Cartesian trajectory among multiple obstacles and the local/global commuting
steering modalities. Likewise, as a manner to show validation, Figure 12b illustrates only the
component X versus the robot’s angle during the same navigational task.

5. Conclusion

The interest of this chapter was to introduce the analysis of an alternative kinematic steering
controller by using underactuated mechanical compasses and to demonstrate its feasibility,
controllability approach, and natural efficiency. Despite the complexity in its implementation,
a compass mechanism is proposed because it allows to directly set up the global goal as an
absolute reference. Moreover, the compass mechanism itself directly steers the robot to the
goal simultaneously avoiding obstacles. These functional features are important advantages
for a robotic platform w.r.t. other traditional orientation systems, because the global orienta-
tion depends neither on feedback from sensor devices nor on computational complexity
expenses to instantaneously estimate the global destination orientation. Unlike kinematic
redundant structures, the proposed approach limits electric energy use for one driving actua-
tor, not for steering actuators. Steering controllers no longer spend algorithmic computational
resources, reserving such resources either for other robotic algorithmic tasks or for increasing
additional hardware devices. Mechanical controllers are slow if compared with software
algorithms, even though mechanisms are fast enough w.r.t. the available robot’s mobility
speeds. In this regard, a critical issue is the commutation linear actuator, which is passive/
active based on a slider crank combined with a spring-mass-damper system. The commutator
device was fast enough, proving that sophisticated active linear actuators were not needed. It
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was found out that commutation times between local/global compasses did not negatively
affect the system performance or the trajectory stability. Local/global compasses commuting
activity warranted the robot to reach the global destination while avoiding collisions. The
controlled trajectories yielded were concatenations of inter-switching segments with no dis-
continuities found. We concluded that from the implementation perspective, the proposed
approach is neither necessarily better nor worst in effectiveness than a traditional redundantly
actuated and multisensor approach. As a matter of fact, a traditional approach is easier to
physically implement. Nevertheless, a redundant traditional approach is in disadvantage, if
driving wheels grow in number, not to mention incrementing steering actuators. As a conse-
quence, the more redundant is a system, the more discretized are the controlled motions and
trajectories lose stability, which is an inherent difference from the naturally continuous
motions produced by underactuated systems. A compact linear kinematic control law to
switch inter-compass usage was deduced, with direct and inverse solutions. It elegantly com-
bined the underactuated mechanism control with a very short algorithm to detect obstacles and
to estimate the instantaneous escaping orientation. It was found that the robot’s trajectory
continuity may be altered, if kinematic evasion parameters are readjusted consequently changing
the mechanism commutation response. Through simulation results, the inter-mechanism inter-
actions and functions were validated. For the specific case of the proposed kinematic structure,
the local/global compass showed as much efficiency as any similar redundant system. The
future work will focus on fault recovery from slips, sliding, or collision dynamics that get the
compass orientation uncalibrated. In addition, not only to further orientation analysis but also
positioning sensors to supplement and improve this underactuated approach.
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Abstract

In recent years, there has been an increasing interest in measurement systems such as
laser trackers (LT) for the verification of large-scale parts in the aeronautic, spatial or
naval sectors because of their advantages in terms of portability, flexibility, high speed in
data acquisition, accuracy, and reliability. These systems present systematic errors
caused by geometrical misalignments, environmental conditions, mechanical wear and
tear and other unpredictable variables. Different standards such as the ASME B89.4.19
and the VDI 2617-10 suggest tests to calculate the geometric errors of the LT. In this
work, we present an alternative calibration method based on a new errors model. The
LT can be considered as an open kinematic chain, so it is possible to shape a kinematic
model of the LT. Once the kinematic model has been set, the error model is defined. The
model has been validated with synthetic data. Then, experimental tests based on the
measurement of a mesh of reflectors placed at suitable places for different locations of
the LT have been performed to ensure the reliability of the method proposed. A sensi-
tivity analysis shows the best experimental setup to perform a calibration test. The
calibration results have been validated with nominal data.

Keywords: laser tracker, modeling, kinematic parameter identification

1. Introduction

The development of more accurate large-scale measurement systems is a critical need in the
verification of large parts and facilities in sectors with high-quality requirements as in naval,
aeronautic, or spatial industries. In these industries, dimensional accuracy of large parts needs
long-range accurate measuring devices to ensure not only the parts right dimensions but also
the precise positioning of every part in large assemblies [1-4].

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
open science | open minds distribution, and reproduction in any medium, provided the original work is properly cited. [{cc) ExgIEN
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Their applications are very wide such as large-volume measurements [6], inspection, calibra-
tion of an industrial robot [7], reverse engineering [8], analysis of deformations [2], machine
tool volumetric verification, and so on.

The laser tracker (LT) offers significant advantages such as portability, flexibility, precision, or
high-speed data acquisition. However, the mechanical assembly is an important source of
errors such as offsets or eccentricities, which generates errors in measurements. A disadvan-
tage of these measurement systems is that the user cannot know whether the LT is measuring
correctly. Existing standards provide tests to evaluate the performance of the LT. However,
these tests require specialized equipment with a high cost. In addition, they require long time-
consuming and specialized equipment.

The calibration procedure identifies the geometric parameters to improve system accuracy.
However, there are few studies about the calibration of LTs.

The basis of the calibration procedure is to determine the parameters of the geometric error
model measuring a set of reflectors located at fixed locations from different locations of LT.
Orne of the advantages of this method is that specialized equipment is not required so that any
user of a measurement system could perform the LT calibration. Furthermore, the time
required to calibrate the TL is considerably reduced and considerably compared with the time
required to carry out functional tests recommended by ASME B89.4.19 [9].

This chapter aims to present a method for performing a quick and easy calibration by measuring
a mesh of reflectors to improve the accuracy of the LT. We have developed a kinematic error
model and a generator of synthetic points to evaluate the procedure performance. Later, an
experimental trial to identify the geometric parameters and a sensitivity analysis to determine
the most appropriate instrument calibration measurement positions have been performed.

2. What a laser tracker is?

An LT is a long-range metrological device with an accuracy of some tens of micrometers. The
LT is composed of an interferometer mounted on a two degrees of freedom rotatory gimbal.
The laser beam reflects in a spherically mounted retroreflector (SMR), which returns the beam
to the interferometer. Any displacement of the SMR is detected by position sensitivity devices,
which adapt the LT position to follow the SMR position. The distance measured by the
interferometer, (d), along with the readings of the encoders placed in each one of the two
rotatory axes, (0, ¢), gives the spherical coordinates of the SMR centre referring to the LT
reference system as shown in Figure 1. Knowing the spherical coordinates, the corresponding
Cartesian coordinates can also be calculated based on Egs. (1)-(3).

x=d x cos(6) x sin(p) 1)
y=d x sin(6) x sin(¢) (2)
z=d x cos(6) 3)
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Figure 1. Laser tracker working principle.

3. Laser tracker kinematic model

The LT can be considered as an open kinematic chain with three joints: two rotary joints in the
gimbal and a prismatic joint corresponding to the laser beam. The kinematic model is a
mathematical expression that determines the position of the final joint of the kinematic chain
(the SMR centre) with reference to the LT frame. We have used the Denavit-Hartenberg (D-H)
[5] formulation to develop the kinematic model. This method defines the coordinate transfor-
mation matrices between each two consecutive reference systems j and j — 1 as the product of
the rotation and translation matrices from j — 1 joint to j joint. The DH model needs four
characteristic parameters (distances d, a;, and angles 0; a;) for these matrices. Figure 2 shows
the relationships between the consecutive reference systems. Knowing the kinematic parame-
ters corresponding to every joint, the homogeneous transformation matrix from reference
system j to j — 1 is the result of the product of the four rotation and translation matrices shown
in Eq. (4).
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Being T, , and R, ,, the homogeneous translation matrices corresponding to translation (T) or
rotation (R) n along axis m.

Following the DH model, the LT kinematic model has been determined as shown in Figure 3.
The position of the reflector referring to the LT reference system is defined by Eq. (5).

0T; ="A' Ay’ A; ©)

This chapter is based on the LT API Tracker 3. Table 1 shows the kinematic parameters
corresponding to this LT model.

i a; (%) a; (mm) d; (mm) 0; (°)

1 -90 0 0 6 —-90
2 90 0 0 ¢ —-90
3 0 0 d -90

Table 1. Laser tracker kinematic parameters.
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Figure 3. Laser tracker kinematic model.

4. Laser tracker error model

Relative positions between two consecutive joints are defined by the DH model. These are the
nominal positions, but they are conditioned by the LT errors. This means that reference frames

Vs Merr;

L emitindd
1m|w
a I||II1I‘hﬂtlrll
Ay 20
X0

Figure 4. Error model.
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are not at its expected position as shown in Figure 4. An error model that fits the geometry of
the joints is necessary to modify the kinematic model.

In this chapter, the error model shown in Figure 5 has been used. This model is based on six
degrees of freedom error for each joint. Mathematically, the error is stated as a transformation
matrix between the nominal joint frame and the real frame. The matrices are different for
rotary joints (Eq. (6)) and linear joints (Eq. (7)). For each error matrix, a new set of six error
parameters is defined (6x, 0y, 6z, ex, ey, €z). The calibration procedure will calculate the
optimum parameter values to minimize the LT error.

coséey - cos Oy —cosé€y - sinfyz sin ey 1%

coséey - sinfy + sinéey - sin€ey - cosBz cosey - cosOz — siney - siney - sinf; —siney - cosey Oy
err — . . . . . . .
siney - sinfz — cosex - siney - cosOz sinex - cosOz + cosex - singy - sinfz  cosex - cosey Oz

0 0 0 1
(6)
1 —&yp €o Ex
. 1 s .
Terr — £¢ é¢ éy (7)
—€9 & 1 &

Tzreai

real

4 7

nominat

X

nominat

Figure 5. Error parameters.
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Including the error matrices in Egs. (5) and (8), which describes the kinematic model with the
error model, is obtained.

0T, = OA(l)RerrllA;Ref’fzzAaz Terrs ®)

By checking the behavior of the error model, it has been proven that errors depend on the joint
position (the rotation angle in rotary joints and distance of the interferometer). This means that
error parameters must have a formulation depending on the joint position. For the error
parameters corresponding to the linear error matrix, we have used a polynomial function (see
Eq. (9)) and for the error parameters corresponding to the rotary error matrices, a Fourier
shape function is more convenient because of its periodic behavior (see Eq. (10)).

¢—A¢~sen<§—g-92+<p¢) ©)
O=¢+¢,-d+ ¢, d* (10)

For ¢ = 6x, 0y, 0z, €x, €y, ez.

5. Model validation

The kinematic error model must be validated. The validation has been performed first with
synthetic values and then with real values.

5.1. Synthetic data validation

A parametric generator of meshes of reflectors with known errors has been programmed. This
algorithm generates a mesh of synthetic reflector coordinates with nominal position values.
Then a set of error parameters is introduced, and the theoretical measurements of an LT,
affected by the error parameters introduced, are calculated.

These measurements are introduced in the calibration procedure to calculate the error param-
eters with the optimization of the function described in Eq. (11) and correct the measurements.

Finally, the initial measurements and the corrected ones are compared with the nominal
reflector positions according to Eq. (12) to calculate the calibration accuracy improvement
achieved.

n

((xi - xnomi)z + (y, - ynom,‘)z + (Zi - Znomi)2> (11)
i=1

-
I

erri = (x; — xnomi)2 + (3/1‘ - ynomi>2 +(zi - me,-)z (12)

The error parameter set is shown in Table 2.
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Three meshes of synthetic reflectors have been generated:
Flat YZ plane mesh 15 x 14 = 210 reflectors (Figure 6).
X'=5.000 mm constant.

Y =10.000 + 10.000 A 1.420 mm.

Z=1.500 +5.000 A 500 mm.

Cubic XYZ mesh 6 x 6 x 6 =216 reflectors (Figure 7).

X =10,000 + 10,000 A 4,000 mm.

Y - 10,000 + 10,000 A 4,000 mm.

Z -10,000 + 10,000 A 4,000 mm.

Spherical HVR mesh 12 x 8 x 5 =480 reflectors (Figure 8).
H 0° + 360° A33°.

V 77° + — 60° A20°.

R 1,000 + 15,000 A 3,500 mm.

- 0X (um) oY (um) 0Z (um) €X (urad) €Y (urad) €Z (urad)
6 ORerrl 10 10 10 10 10 10
@ 1Rerr2 10 10 10 10 10 10
d 2Terr3 10 10 10 10 10 10

Table 2. Synthetic error parameters.

Laser Tracker Errors X 10000

Figure 6. Errors in a plane mesh.
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Laser Tracker Errors X 200000

Figure 7. Errors in a cubic mesh.

The calibration procedure calculates the parameter errors and corrects the generated measure-
ments. As the error parameters are calculated through a mathematical optimization, the result
do not gives exactly the nominal parameters but provides a set of parameters that minimizes
the LT error. In fact, the calibration reduces the LT error more than 98%. For example, Table 3
shows the calculated error parameters corresponding to the spherical mesh.

5.2. Real data validation

The validation with synthetic data shows that the programmed algorithms are working properly
but, as the errors have been generated with the error model purposed, it was expected to obtain a

7 Laser Tracker Errors X 100000
10 e

2-.
15--

Figure 8. Errors in a spherical mesh.
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- Ox (um) Oy (um) 0z (um) ex (urad) gy (urad) ez (urad)
0 10.001 9.977 0.000 9.994 9.994 —5.101
@ 10.045 0.000 9.969 9.986 -5.137 9.416
d 10.011 9.969 10.018 9.966 10.574 0.000

Table 3. Calculated error parameters in the spherical mesh.

good calibration result. It is necessary to check the calibration behavior with real data. To do it,
an experiment has been performed. A set of 17 reflectors has been placed over the table of a
coordinates measuring machine (CMM). Then the positions of these reflectors have been mea-
sured with the CMM and the LT from five different positions as shown in Figure 9.

The estimation of the error parameters have been performed on the basis that the distances
between every pair of reflectors must be the same regardless the LT position from which they
have been measured. Eq. (13) compares the distances measured by the CMM and the LT.

Cn,r LT

®=> "> (dmik — dicum) (13)

i=1 K=1

Being d.i the distance measured between the i-esim pair of reflectors from the k-esim LT
position and d;cpas the same distance measured by the CMM. C,, , is the number of possible pairs
of reflectors. In this case i=C, ;7 =136 pairs of reflectors. Figure 10 and Table 4 show the initial and
residual errors of the reflectors mesh.

In the real calibration object of this work, we measure a mesh of reflectors out of the metrological
laboratory, and there will be no nominal data to calculate the error parameters. To simulate the
calibration procedure behavior and its requirements under real conditions, we have used the
CMM measurements with a new optimization function. This function is equivalent to Eq. (11)

Figure 9. Real data validation experiment.
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but instead of comparing CMM and LT distances, we compare distances from every pair of LT
positions as shown in Eq. (14).

m n=1 n

f=m2122 i — d| (14)

i=1 j=i+1 k=1 I=k+1

With this optimization criterion, we found out that calibration result increased the LT error.
That is due to the fact that the mathematical optimization matches the distances but to a value
different from the nominal. This means that it is necessary to introduce a calibrated distances
gauge in the reflectors mesh to determine its behavior. After several simulations, a gauge of
four reflectors gives the best results, and the objective function is as shown in Eq. (15)

Error pim

E]

) /\ L\f -

TRAFETE B OL IR TINIR AT DT MG TR IR TP I TR SO R LT R RV P T AR A LSRR A B AT R AR RO B W B B R TR RO L RN R R T R

Figure 10. CMM reflectors mesh calibration.

E_ini (um) E_res (um)
Maximum 42.057 19.935
Average 18.785 7.045

Table 4. Residual errors in the CMM mesh calibration.
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m-1 m n-1 =n . m 3 4
— i U i CMM
f= Z Z dy — dkl‘ + Z Z |y — di ™| (15)
i=1 j=i+1 k=1 I=k+1 i=1 k=1 I=k+1

To evaluate the calibration results, we have established two different criteria: (1) a distances
criterion that evaluates the differences of distances between every pair of reflectors measured
from every pair of positions of LT according to Eq. (16) and (2) a coordinates criterion that
evaluates the position error for every reflector measured from every LT position (see Eq. (17)).
This second criterion requires first to transform all measurements to the same reference system.

err =

Eiz:l Zizz Zzlil Z}Zz (\/(x;” — x]’_n)z + (%m 7y;">2 + (Z;-" — z]r_n)z _ \/<xf - x}f‘)z + (]/;1 - ]/;’)2 + (Zin - z]n)z)

Cs,2C17,2
(16)
T L (¢ — X )2 + (1o — ¥ )2 - )2
opyp — L=l =2 2uic iSR0 — YiSR0 Yisro ~ Yisro iSR0 " ZiSRO (17)
17 x C5/ 2
The results of the calibration following both criteria are shown in Tables 5 and 6.
SMR distance error (um)
LT1 LT2 LT2 LT4 LT5 LT1-5 Improvement
Average 14.31 7.79 9.16 7.42 7.07 9.15 62.67%
Maximum 45.73 25.06 30.76 36.83 28.06 45.73 -
Table 5. Distances criteria evaluation.
SMR coordinates error (um)
LT1 LT2 LT2 LT4 LT5 LT1-5 Improvement
Average 20.26 10.25 11.78 9.80 10.28 12.47 41.79%
Maximum 33.07 17.14 22.20 22.53 23.10 33.07 -

Table 6. Coordinates criteria evaluation.

6. Sensitivity analysis

In order to know the SMR positions more appropriate to perform the calibration, a sensitivity
analysis has been performed. In this analysis, the influence of every error parameter in the
global LT measuring error has been analyzed. Using the synthetic data generator, many
synthetic measurement meshes as error parameters that have been considered in the error
model have been generated. Thus, 18 meshes are necessary. All of them have been generated
with the same nominal coordinates as the spherical mesh generated in the synthetic data
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validation in chapter 5.1 and every mesh is affected by a single error parameter with a value of
1um for linear error parameters or 1urad for angular error parameters.

Figure 11 shows the error produced by every error parameter through the spherical mesh.

As aresult, it is deduced that all distance error parameters (6) produce constant errors. Errors
due to parameters €x;, €y; and €z; depend on 0, ¢ and d, errors due to parameters ex; and ¢y,
depend on ¢ and d and errors due to parameters ¢z,, ¢x3 and ey3 depend only on d. Finally,
parameter €z; produces no errors. Taking a closer look at the parameters that produce variable
errors, we can see in Figure 12 that the maximum and minimum error values correspond to
maximum, minimum and zero values of ¢ and also on 0 every /4.

7. Experimental setup

The sensitivity analysis proves that extreme and zero values of tilt angle are the best. It
also proves that pan angle ranges must be at least 90°. According to these requirements, 24
reflectors have been placed in a corner of the laboratory. Eight of them spread on the floor
(minimum tilt angle), a second set of eight reflectors on the wall at the LT height (zero tilt
angle) and the last eight reflectors in the upper part of the floor (maximum tilt angle). LT has
been placed at five different positions covering always a pan angle of 90° as shown in
Figures 13 and 14.

8. Calibration results

The calibration has been performed following the model in Eq. (15) and evaluated according to
Egs. (16) and (17) in the same way as it has been done with the CMM measurements. A gauge
of four reflectors has been also included in the mesh of reflectors, and this gauge has been
measured in the CMM to know the real distances among its reflectors.

Figures 15 and 16 show the calibration result. In Table 7, the numerical values of the calibra-
tion in function of the evaluation method can be appreciated.

9. Calibration verification

Calibration results show an LT accuracy improvement according to both criteria used, but as
we do not have the SMRs real positions, it is not possible to ensure without any doubt that the
calibration procedure increases the LT accuracy.

A new verification is therefore necessary to assess the calibration procedure behavior. In
Section 5, a set of SMRs has been measured with the LT from five different positions. These
SMRs were placed on a CMM table and measured also with the CMM. These accurate mea-
surements can be used as nominal data to check whether the calibration has improved the LT
accuracy or not. The error parameters obtained in the calibration procedure have been applied
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Figure 13. Calibration experimental setup.

Figure 14. View of the experimental calibration process.
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Figure 15. Calibration results distances criteria.
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Figure 16. Calibration results coordinated criteria.

to the measurements made in the CMM table. The corrected values can be then compared to
the CMM nominal measurements and can be seen in Figures 17 and 18 and its values in
Table 8.
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Criteria
Coordinates Distances
Initial error (um) Maximum 149 60
Average 46 29
Residual error (um) Maximum 118 39
Average 39 17
Improvement % 14.47 40.10

Table 7. Calibration results.

Distances chriterion

errorpgJm

Figure 17. Calibration verification distances criteria.

Coordinates chriterion

Figure 18. Calibration verification coordinates criteria.
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Criteria
Coordinates Coordinates
Initial error (um) Maximum 54 84
Average 21 24
Residual error (um) Maximum 41 53
Average 17 18
Improvement % 17.98 25.53

Table 8. Calibration verification results.

10. Contribution of the SMR incidence angle in the measurement
uncertainty

In some of the measurements made, the position of the SMR could not be reached by the LT
beam. The SMR maximum viewing angle is within £30°, and they were placed facing a
theoretical point in the middle of the LT selected positions. However, as the SMR positions
and orientations are fixed along all the measurements, and they are manually placed, there is
the possibility that some of them could not be visible from all the LT positions because the
incidence angle was out of the SMR viewing range.

The incidence angle of the laser beam in the SMR has an important influence in the measure-
ment accuracy, and an experiment has been performed to measure the contribution of the SMR
incidence angle in the measurement uncertainty.

An SMR with its magnetic holder has been placed on a rotary worktable. The SMR has been
centred; so its centre will be in the worktable rotation axis. The SMR was centred using the

Figure 19. SMR incidence angle error measurement.
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0 (deg)

0 (deg) -30 25 -15 -75 0 75 15 25 30
=30 13.4 13 12.4 11.5 10 8.3 6.5 43 2.6
—22.5 8.1 7.9 7.6 6.9 6.2 43 32 1.6 0
-15 5 48 45 3.8 3 21 0.8 -0.5 -1.6
-7.5 24 22 2 1.5 0.9 -0.2 -1.1 -1.8 -2.8
0 1.2 1 0.8 0.4 0 -0.7 -1.5 24 -3.4
7.5 0.8 0.6 0.4 0 -0.5 -1.1 -1.8 -2.6 -3.6
15 0.3 0 —0.2 —0.5 -1 -1.7 24 -3 -3.9
22.5 0 —0.2 -0.5 -0.8 -1.3 -2 2.7 -3.3 —4.1
30 —0.2 -0.5 —0.8 -1 -1.6 —2.4 -3.1 —3.6 —4.4

Table 9. Influence of the laser incidence angle in the SMR.

rotary worktable pencil and its centring accuracy has been measured to be in the range of
£0.1 pm.

The SMR has been initially located with its incidence angles equal to 0° facing to an interfer-
ometer laser beam. The interferometer measurement has been then reset to make this position
as the zero length measurement.

The SMR has been then rotated on its horizontal and vertical angles within its incident
available range of £30° in 7.5° steps as shown in Figure 19.

Data measured by the interferometer are shown in Table 9. An important dependence on the
angle variation can be seen, showing the influence of the vertex position error, that is, the
distance between the optical centre of the CCR and the SMR sphere.

11. Conclusions

A new LT kinematic calibration has been presented and verified by comparing calibration
results with nominal data measured with a CMM. The novelty of the method is that a
final calibration of the LT can be made by the LT user at place just before measuring with
the LT under real working conditions. This can greatly help LT measurement process by
assuring a correct calibration at the moment of measuring. The only devices needed for
the calibration is a calibrated gauge and a set of reflectors to be located at the measuring
place.

The kinematic error model has been defined. This model has also been validated with synthetic
and nominal data. The study of the influence of every error parameter in the global error of the
LT has shown the best configuration for the experimental setup.

The calibration procedure has been performed with a previously calibrated LT, and the cali-
bration has been able to improve the factory calibration of the LT.
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The influence of the laser incidence angle in the measurement uncertainty shows an important
contribution to the measurement errors.

The kinematic calibration model developed offers important advantages compared to the
conventional methods. Existing standards require strict temperature conditions, and a large
number of measurements are needed to perform the calibration. The purposed method can be
used in two ways; first, the distance error calculated for every pair of reflectors measured from
different LT locations gives a dimensional value of the LT accuracy, which will help the user to
know whether a calibration of the device is necessary or not. In other way; if the calibration is
necessary, it can be performed by the final user between the programmed calibrations without
the need of a metrological laboratory. It can also be used to develop new calibration standards
or complete the existing ones.

12. Future work

It is possible to find two constructive LT models from different manufacturers. The purposed
method is valid for the LT having the laser source in the rotating head. The other model is
characterized by having the laser source in the fixed basis of the LT. This means that they need
a rotating mirror attached to the standing axis to reflect the laser beam from the source to the
SMR. The calibration procedure followed in the present work can also be applied to this
second LT constructive model adapting the kinematic model to the LT geometry and the laser
beam path.

Along with the development of this kinematic model, further tests are convenient to study the
behavior of the calibration method under different conditions such as measurement range,
temperature, number and distribution of reflectors.
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Optimization of Single-Sided Lapping Kinematics
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Abstract

The chapter presents the influence of selected kinematic parameters on the geometri-
cal results of the single-sided lapping process. The optimization of these parameters is
aimed at improving the quality and flatness of the machined surfaces. The uniformity of
tool wear was assumed as main optimization criterion. Lapping plate wear model was
created and in detail was analyzed. A Matlab program was designed to simulate the
abrasive particles trajectories and to count their distribution. In addition, the influence of
additional guiding movements of the conditioning ring has been verified and the idea of
a flexible single-sided lapping system assisted with a robot, which ensures the optimal
constant wear over the diameter was presented.

Keywords: abrasive machining, single-sided lapping, material removal rate, particle
trajectories, kinematics optimization

1. Introduction

Nowadays, products have to be manufactured with both high quality and efficiency. Finishing
technologies that allow to achieve high quality surfaces with low roughness, very high accu-
racy of shape and dimensions are becoming increasingly important in the modern world.
These results can be obtained in lapping process with the use of relatively simple means of
productions. It is one of the oldest machining processes and a number of precision manufac-
turing applications still use the lapping process as a critical technology to achieve flatness
tolerance and surface quality specification. This technology is used for machining metals and
their alloys, glasses, natural materials such as marble, granite and basalt, materials used in

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
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semiconductor technology, as well as carbon, graphite, diamond and ceramics, have found
use in many engineering applications [1, 2]. Typical parts processed by lapping are: pneu-
matic and hydraulic parts (valve plates, slipper plates, seals, cylinder parts, and castings),
pump parts (seal faces, rotating valves, and body castings), transmission equipment (spac-
ers, gears, shims, and clutch plates), inspection equipment (test blocks, micrometer anvils,
optical flats, and surface plates), cutting tools (tool tips and slitter blades), automotive and
aerospace parts (lock plates, gyro components, and seals) [2, 3]. All of the abrasive machining
are complicated and random processes with the large amount of influencing parameters and
outcomes. As a result of numerous variables affecting the process quality, the main outcomes
of lapping are stock removal, roughness and flatness. In order to ensure the highest quality
and accuracy on worked surfaces, researches should focus on improving lapping process by
studying significant process variables.

Generally, all lapping processes can be subdivided according to the active surface of the lap-
ping tool. The lapping process where the tool axis and the workpiece surface are parallel to
each other is known as peripheral lapping, and side lapping applies when the tool axis and the
workpiece surface are perpendicular to each other. More specifically, the most used lapping
processes can be classified as the following: according to the generated surfaces, process kine-
matics and tool profiles [4]. The most well-known systems are single-sided and double-sided
lapping machines. Double-side surface lapping is considered as the most accurate method in
terms of parallelism and uniformity of size as two parallel even surfaces are simultaneously
lapped during this process. These kinds of machine tools have a planetary system [5]. In case
of flat lapping, the standard systems with conditioning rings are mostly used.

Due to the wear, the active surface of the lapping plate has some shape errors of convexity
or concavity [3, 6]. This has a major impact on the shape accuracy of the workpieces. If the
lapping plate is out of flat, it should be re-conditioned. Kinematic method of the correction of
the tool shape errors can be applied. Workpieces’ shape, size as well the lapping kinematics
determine the contact between workpieces and the tool. It was observed that a trajectories
distribution of abrasive particles on the lapping plate varies when the kinematic conditions
are changed, e.g., by placing the workpieces at different radii, setting different rotational
velocities or by introducing additional movements of conditioning ring. In this chapter, the
unconventional kinematic systems were described. Carried out simulations have shown that
the speed ratio k, and the period ratio k,, which represent the relationships among the three
basic motions of unconventional lapping systems, are major factors affecting trajectory distri-
bution. The optimization of these parameters was conducted. The uniformity of tool wear was
assumed as main optimization criterion.

2. Main factors of lapping process

The lapping system consists of several elements: lapping plate, abrasives, lapped workpieces,
kinematics and machine. They influence the lapping process which determines the product
quality, tool wear and efficiency of the process [1, 4]. The input factors of lapping process are
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of two categories: controllable and non-controllable (noise) factors. The first category includes
machining parameters, its working pressures and speeds, abrasive type, characteristics of the
work equipment, tool, machine, duration of machining, etc. The uncontrolled input variables
includes, inter alia, environmental temperature, slurry distribution, vibrations occurring in
the system, internal stress, etc. An overview of main factors of lapping process is presented
in Figure 1.

First of the most important input parameters, which influence the surface formation and mate-
rial removal in lapping process is the lapping plate, its geometry, hardness, etc. Generally, it
could be established that workpieces are machined to a mirror image of the tool with respect
to the flatness. During lapping process, abrasives play an important role on material removal
based on size, shape, and hardness. It has been shown that material removal rate increases
with increasing abrasive size up to a critical size at which it begins to stabilize and even
decrease [7, 8]. Moreover, multiple studies have also shown that surface roughness improves
with decreasing grain size. The properties of the abrasive vehicle, which is the medium which
transports the abrasive across the workpiece, are important to how effective the abrasives are
in material removal. In addition, the flatness, geometric and arrangement of workpieces have
also effect on lapping results. The material hardness of workpieces has a crucial influence on
a removal mechanism in abrasive processes, as well on efficient of lapping [9]. Surface for-
mation of fragile workpieces, e.g., ceramics, occurs as a result of cracking propagation or by
plastic deformation, when depth of cut is smaller than critical [10].

Influencing factors:

Tool: Abrasives: Workpiece: Kinematics: Machine:
= Matenal = Materal = Matenal « Rotational = Mormal force
+ Slot geometry « Grain size « Geometry speads « Machine power
« Evennass o Carrier fluid » Thickness » Dimensions » Oscillation
« Cancentration distribution = Camier position « Thermal
and velume slability

= Slurry distribution
« Sliding distance distribution

B

Lapping process

« Tempearature distribution

= Pressure/ stress distribution

Outcomes:
Toaol: Workpiece: Efficiency:
+ Plate wear + Flatness = Removal rate
+Plate flalness « Dimension «Costs
acturacy

Figure 1. Main factors of lapping process.
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There has been a great amount of research conducted on the kinematics of lapping [2, 3, 6, 11, 12].
The lapping pressure and lapping speed can be seen as the main variables in the lapping process.
They are closely interdependent with kinematic system and machine parameters.

3. Abrasive wear in single-sided lapping process

One of the most important mechanisms of the lapping process is abrasive wear. The process
describes the separation of material from surfaces in relative motions caused by protrusions
and particles between two surfaces or fixed in one of them. In lapping process, abrasive grains
are guided across the surface to be lapped and backed up by a lapping plate or conditioning
rings. It is crucial to minimize friction and wear of the abrasive and to maximize abrasive
wear of the workpiece [2, 3].

Abrasive wear is commonly classified into two types: two- and three-body abrasion. In two-
body abrasion, particles are rigidly attached to the second body. When abrasive particles are
loose and free to move, then we deal with three-body abrasion. Therefore, in a two-body
abrasion, the abrasive grains can cut deeply into the workpiece due to the sliding motions
and in the three-body abrasion, the particles spend part of time in cutting and part of time in
rolling [3].

Also in the case of lapping process, several abrasives move into active positions and other
grains leave the working gap. Only a specified part of all particles is able to enter the working
gap with height H, which is appropriate to the lapping pressure F. Figure 2 presents abrasive
wear in single-sided lapping process and different types of lapping grains being in the work-
ing gap between tool and workpieces [3]. As can be seen in Figure 2, abrasives play a crucial

Figure 2. Single-sided lapping process: (1) lapping plate, (2) separator, (3) workpiece, (4) felt pad, (5) weight system,
(6) conditioning ring.
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role on material removal based on size, shape, and hardness. For example, it can be noticed
that grain A is too small and grain B is too big. It means that only some of the abrasives are
active and they roll like grain C or slide like grain D. The example of passive grain is grain E,
which does not stick to the affecting partner.

Moreover, regular sliding grains in and out of the working gap cause the changes in the
initial structure of the lapping plate. First, strongest loaded grains disintegrate into smaller
and their particles are able to take part in the lapping process depending on the size and
shape. Hence, the number of bigger grains is reduced, while the number of smaller grains
is increased and the structure of the lapping tool is changed. The changing trajectories and
velocity of abrasives cause some grains crash with each other or with grain fragments. It can
be established that after crashes, grains are accumulating and can disintegrate at any time.
The chain between a workpiece and lapping plate is fulfilled by active grains, which under
their impact and edge transfer the normal forces into the surface of the affecting partner.
Acting forces are proportional to the material volume. To reach a stationary working gap
height, the amount of all normal forces transferred by active grains must be equal to the
pressing force F [3].

4. Kinematic analysis of standard single-side lapping system

4.1. Single-sided lapping machine overview

Nowadays, there are many manufacturers that offer surface planarization technology with
lapping kinematics. The most well-known are Peter Wolters, Lapmaster, Stahli, Engis,
Hamai, Kemet, Mitsunaga and LamPlan. After a careful analysis of numerous researches
and offers of many lapping machines producers, it has been emerged that most of lap-
ping machines have standard kinematic system. Single-sided lapping machines differ in
tool size, diameter of lapping plate, size and number of conditioning rings, type of pres-
sure system (weighting or pneumatic system). More complex machines are equipped with
forced drive option of conditioning rings. Such a system maintains a constant speed of
workpieces.

Conventional single-sided lapping machine is shown in Figure 3. The key component of the
machine is the tool, i.e., the annular-shaped lapping plate (1), on which the workpieces (3) are
applied to. One machine usually has three to four conditioning rings (5). However, labora-
tory lapping machines that have one ring are also popular. The lapping plate (1) rotates with
angular velocity w, and it drives conditioning rings, where separators (4) are placed allowing
additional move of workpieces (3). Due to the frictional force, conditioning rings (5) rotate
on the working surface of lapping plate (1) with angular velocity w_. This force depends on
a radial position, velocity of conditioning rings, and friction conditions. The radial position
(R) of conditioning rings can be controlled with roller forks (2). During the lapping process, a
certain load is provided through felt pad (6) by weight disk (7) or pneumatic system. In this
way, the parts are pressed against a film of abrasive slurry that is continuously supplied to
the rotating lapping plate [2].
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Figure 3. Single-sided lapping machine: (1) lapping plate, (2) roller forks, (3) conditioning ring, (4) separator, (5) workpieces,
(6) pad, (7) weight.

4.2. Kinematical fundamentals

Due to the fact that the kinematics of the lapping is affected by a number of factors related to the
influence and properties of the workpiece—abrasive slurry —lapping plate system, in the following
model considerations, it is assumed that the angular velocities of conditioning rings, separator and
workpieces are identical. Moreover, conditioning rings role is to even the lapping plate (Figure 4).

The input parameters for analysis are: angular velocity of lapping plate w, and of conditioning
rings w, inner R, ‘and outer R, diameter of lapping plate, radial position of conditioning ring R |

In order to model a lapping plate, the position of any point P belonging to a workpiece must
be determined. It is possible to do this by a radius vector in two coordinate systems: absolute
and relative, which is related with rotating tool. The position of any point P(r,¢,) belonging to

a workpiece in single-sided lapping system are determined in x"y” coordinate system, which
is related to conditioning ring as:

=
1

» = —T-cos(q,) (1)

Yp = ~r-sin(@) (2)
The coordinates of point P in X'y’ coordinate system are:
X

p = X, cos(w - t)+y,sin(w, - )+ R, 3)
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Figure 4. Kinematic diagram of single-sided lapping machine: (1) lapping plate, (2) separator, (3) workpiece,

(4) conditioning ring.

yl; _ —xl';-sin(ws'f)*'y;'cos(ws't)*'pr

After transforming it to coordinate system related to rotating lapping plate:

X, = X, cos(w, - t)+y, sin(w, - t)

Y, = X, -sin(w,- t)+y, - cos(w, - t)

"0 =

4)

©)

(6)

)

The relative velocity v of point P is defined as the derivative of the position with respect to

time:

(8)
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4.3. Single abrasive trajectories analysis

Equations of any point belonging to a workpiece position in standard single-sided lapping
system were implemented in MATLAB program. This program allows to analyze single-side
lapping system and can be used to mark out cycloids paths, which can be treated as areas
where the lapping plate wears by the grain placed in a specific location of a conditioning ring
or workpiece.

In order to analyze single abrasive trajectories, an additional parameter must be defined,
which is rotational speed ratio of the conditioning ring to the lapping plate:

k=g ©

Analysis of multiple simulations leads to conclusions that the k, parameter determines the
type of cycloid path. Results are shown in Figure 5. It can be observed that epicycloid tra-
jectories are marked out when the value k, is less than 0. When the value k, is close to 0,
stretched epicycloid then interlaced epicycloid are received. Pericycloids appear when the
value k;, is between 0 and 1. At k, bigger than 1, hypocycloids can be obtained. Initially, they
are stretched hypocycloids; then, they transform to interlaced hypocycloids. Attention needs
to be paid to the following trajectories: cardioid (k, = —1), concentric circle (k, = 0), eccentric
circle (k, = 1) and concentric ellipse (k, = 2). Moreover, the cycloid curvature radius R.(t) is a
periodic function of time t and its cycle equals:

2
T =2 (10)
Epicycloids Pericycloids Hypocycloids
e
I"L .--'i
a) interlaced b) stretched . ) interlaced b) stretched
4 I 1 I A I
i / ™, A= 1
% K'<0 MOEE=1 K >1
o} V| N VN Voo
- - - | » K
3 g, e, 0 - g 7 3
Special curves:
dioid CcoOncentric eccentric Cﬂﬂmlﬂ'l:f
kot circle circle ellipse

Figure 5. Path types depending on the rotational speed ratio k.
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5. Unconventional lapping kinematics systems

Analysis of numerous researches and offers of many lapping machines producers leads to con-
clusion that most of lapping machines have the standard kinematic system. Unconventional
lapping systems, where the conditioning ring performs an additional move such as radial,
secant, swinging or off-center are presented in Figure 6. Simulations have shown that chang-
ing the kinematic system in single-sided lapping process causes a wide density variation of
single abrasive trajectories [13].

The simulations allowed state that the most desirable system is that system, which allows to
smoothly control the position of the conditioning ring on the lapping plate. It was pointed
out that some systems are not very different from the standard kinematic system. Generated
trajectories were almost identical. This is due to the fact that with such systems, the deflection
of conditioning ring along the radius was much smaller, than in the case, for example, of the
radial lapping system. In order to correct the flatness of lapping plate, the ring must be shifted
toward or out of the center of the tool.

The detailed kinematic diagram of single-sided lapping system with the additional move-
ment of conditioning ring along a chord is presented in Figure 7. It can be observed that in
this idea, there is only one conditioning ring, which in addition to rotary motion performs
a reciprocating motion between point A and B. The position of the conditioning ring is not
constant as in conventional system, parameter R, (t) changes the value in time. The distance
from the center of the lapping plate to the chord equals R, .

The principle of kinematics calculation is identical as in case of standard single-sided lapping

system. Due to additional motion of the conditioning ring, only Eq. (3) must be changed:

X, = X, cos(w, - t)+y, sin(w, - t)+ R, () (11)

P

Considering the reciprocating motion of the conditioning ring, R
can be expressed as:

s 18 a function of time and it

R, = R +4R (12)

P.

d)

Figure 6. Examples of approach to kinematics system lapping plate— conditioning ring: (a) radial, (b) secant, (c) swinging,
and (d) off-set.
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Figure 7. Diagram of single-sided lapping machine with reciprocating movement of conditioning ring.

There are many ways in positioning control applications to move from one point to another.
The most common are trapezoidal and S-curve motions. In trapezoidal move profile, veloc-
ity is changed linearly and acceleration makes abrupt changes [14]. This can be quantified
in an S-curve motion profile by “jerk,” which is the time derivative of acceleration. S-curve
motion helps to smoothen the motion and reduce the possibility of exciting a vibration or
oscillation [15]. A single stroke of reciprocating motion with S-curve profile is shown in
Figure 8. The conditioning ring moves between two points, where T is the reciprocating
period, T, is the acceleration time of the uniformly accelerated motion and T, is the decel-
eration time of the uniformly decelerated motion. The conditioning ring has a maximum
velocity v, at the central range of the reciprocating stroke and uniformly accelerated and
decelerated motions at the two ends of the stroke.

For the simplicity, the velocity expressions of another non-dimensional parameter was intro-
duced and defined by Eq. (12). Parameter k, is the ratio of the reciprocating period to the lap-
ping plate rotary motion period:

Ty ]
k=TT=U.7-( (13)

where d is the reciprocating stroke, T, and T are the periods of the reciprocating motion of
the conditioning ring and rotary motion of the lapping plate.
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Figure 8. Single stroke of reciprocating motion with S-curve profile.

6. Kinematic optimization

Kinematic analysis showed that the basic kinematic parameters significantly affect the tra-
jectory and velocity distributions. To improve the quality and flatness of the machined sur-
faces, the selection of parameter values, which are optimal was carried out. It was assumed
that, the main optimization criterion is the uniformity of tool wear. In this section, the
material removal rate and the lapping plate wear model are described in detail. Based on
the lapping plate wear, its uniformity is calculated and the maximum value is sought.

6.1. Material removal rate

The volume of material removed by lapping process at a local position during every unit of time
is an important part of study about lapping process. There are many models which describe mate-
rial removal rate (MRR) during lapping, grinding or polishing. Several researchers worked on
experiment and analytical models [2, 16, 17]. They show that the lapping process can be improved
by optimizing both the machining efficiencies, and the consideration of the process parameter
influences with surface lap height. Considerations about MRR are important because it is the
only solution to provide the maintenance of reliability and lifetime of the produced workpieces.

One of the most common wear models in abrasives process is the tribological model devel-
oped by Preston, who related relative velocity and pressure to material removal rate (MRR)
which is known as Preston’s equation:

aH

o S kepev (14)
where H is a height of removed material in any point on the lapping plate, k is a constant
relating to the process parameters, p is the applied pressure, and v is the relative velocity of
the workpiece. The parameter k varies based on any modifications to the material removal
process such as abrasive and slurry type, feed rate, and other process parameters [16].
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However, some of the experiments have shown that in the case of relatively high or low veloc-
ities and pressure, linear relationship in Preston’s equation does not hold true. Therefore,
many modifications to the Preston’s equation were proposed. Moreover, there are many
formulations in literatures, which are based on the Preston’s equation. Using the Preston’s
equation, Runnels and Eyman [18] proved that the MRR in the chemical-mechanical polish-
ing process is related to the normal and shear stresses. Tseng and Wang [19] modified the
Preston’s equation to express the MRR as a function of the normal stress of the wafer, the
relative velocity of the polishing and the elastic deformation of the abrasive grains. Nanz [20]
provided new MRR equation considers the bending of pad and flow of slurry.

6.2. Lapping plate wear model

Intensity of lapping plate wear can be assumed as a contact intensity of the tool with the
workpieces through the lapping abrasive grains. There are different methods for calculating
contact intensity. This section assumes the method of calculating particles density of interpo-
lated trajectories. Therefore, in order to simulate the trajectories and to count their distribu-
tion, Matlab program was designed.

An example of trajectories density determination steps is shown in Figure 9. Initially, loca-
tion of random particles is generated within the conditioning ring. Then, the trajectories
of the particles are calculated with a use of kinematic equations. A set of points, which are
equally spaced from each other, are generated with interpolation function. The lapping
plate surface is divided into small squares with the same area. Finally, a statistics function
is used to count the total number of points within each square of the lapping plate surface.
The contact intensity can be developed for a profile of the tool. It allows to determine if the
wear causes a concavity or the convexity. The area of the lapping plate must be divided
into equal rings. A measure of points in an appropriate area is determined by equation:

n. n.

Di = A—:ﬁl = (21’—1)1«7'z-r2 (1)

where n is a points number in area A, and r is rings width.

To calculate the standard deviation S of all the values of D, which is given by:

r(D-D? .
Sy =\"xN=7 (i=123..N) (16)
where D represents the average of all the values and N is the total number of the divided rings

or squares [18].

6.3. Parameters optimization

Trajectories distribution of particles in single-sided lapping process is significantly affected
by rotational speed ratio of the conditioning ring to the lapping plate k, (Eq. (9)) in standard
single-sided lapping system and in addition by period ratio of the reciprocating motion of the
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Figure 9. Trajectories density determination: (a) random generated particles, (b, c) trajectories generating, (d) trajectories
interpolation, (e) density of trajectories, (f) profile density of trajectories.

conditioning ring to rotary motion of the lapping plate k, (Eq. (13)) in system with additional
movement of conditioning ring. To obtain a better uniformity base on trajectory simulations
and consequently even lapping plate wear, it is important to optimize both parameters. The
uniformity of tool wear was assumed as main optimization criterion. In order to describe the
evenness of the lapping wear, the trajectories distribution uniformity is defined:

u = (1—%) -100% 17)

where S_ is the standard deviation of trajectories density and p is the average value of the
trajectories distribution.

It can be predicted that during the lapping process, there are more than 1 million active par-
ticles in the slurry and on the lapping plate. However, because of the calculation time, an
appropriate particle number which can reflect the same regularity as the real number has to
be determined. Figure 10 shows the influence of the amount of abrasive grains to the uni-
formity. Results are presented for standard single-sided lapping system, when k, = 0.45 and
R, =125 mm. It can be observed that for 1000 randomly distributed particles, uniformity is
stable and constant.

Trajectory density uniformity for standard single-sided lapping system and for single-sided lap-
ping system with reciprocating motion of conditioning ring is presented in Figures 11 and 12.
Trajectories were generated during 60 s on lapping plate with internal diameter of 8 mm and
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Figure 10. Uniformity of trajectories distribution produced by different number of random particles.

Figure 11. Trajectory density uniformity versus k, for standard single-sided lapping system, 1000 random particles,
radial position of conditioning R = 125 mm, simulation time t =60 s.
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Figure 12. Trajectory density uniformity versus k, and k, for single-sided lapping system with reciprocating motion of
conditioning ring, 1000 random particles, simulation time t = 60 s.

outer diameter of 350 mm. The maximum uniformity was obtained in conventional system,
when k, = 0.6-0.9, and in non-standard lapping system, when k, = 0.65-0.75 and k, = 1-2. For
single-sided lapping system with reciprocating motion of conditioning ring, the uniformity was
about 10% higher.

7. Automated lapping system

The above considerations regarding complex kinematics of lapping process were the starting
point to develop automated lapping system. Nowadays, machine tools are more efficient than
in the past. Lapping machine manufacturers also improve their machines and supply their basic
constructions with additional components. As a result of automation, some of the supporting
operations can be eliminated. Lapping machines are supplied with feeding tables, loading and
unloading systems of conditioning rings, which form mini-production lines. However, it was
emerged that the system where the ring is led by the manipulator during the machining is novel.
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In order to create universal mechanism that moves the conditioning ring at any path is compli-
cated and in some cases impossible. Thanks to the robot that moves an effector from point to point,
it is possible to change the ring trajectory at any moment and different conditions. Owing to this
solution, it is possible to apply any lapping kinematics and use robot for supporting operations.

One of a number of challenges in designing automated manufacturing systems is the selection
of a suitable robot. This problem has become more demanding due to increasing specifications
and complexity of the robots. However, it was decided that the robot should perform material
handling tasks and also lapping process. In initial selection, the articulated robots, which have
four to five degrees of freedom and are powered by an electrical drive should be chosen for fur-
ther evaluation. Furthermore, a continuous path or Point-to-Point control system is required.

The idea of how single-sided lapping machine and the robot working together presents
Figure 13. The robot situated next to the lapping machine handle primarily sorted workpieces
from the table to the separator, located in conditioning ring. Then robot grips the condition-
ing ring and shifts it onto the lapping plate, which starts to rotate. The machining is executed
by the robot. It shifts the ring with workpieces in such a way to keep the flatness of the plate
along the radius. After lapping process, robot shifts the conditioning ring onto collecting table
and workpieces fall into the box with finished parts. Finally, the flatness of the lapping plate
is controlled and is fixed in case when an error occurs.

Figure 13. Idea of robotic single-sided lapping system.
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8. Conclusions

The aim of this chapter was to present the influence of selected factors on the geometrical
results of the single-sided lapping process. One of the most crucial factors is kinematics of the
executive system. Since flatness of an active surface of the lapping plate has an essential influ-
ence on the shape accuracy of lapped surfaces, the key is to maintain the flatness of the tool.
It can be established that lapping plate flatness deviation can be caused by its uneven wear.

A desired distribution of the contact density, which determines a wear and allows to correct
the flatness error of the lapping plate, can be obtained by choosing appropriate kinematic
parameters. Therefore, the kinematic model of single-sided system was in detail analyzed and
modeled in Matlab program. Based on the simulations, it was observed that a trajectories dis-
tribution of abrasive particles on the lapping plate varies when the kinematic conditions are
changed, e.g., by placing the workpieces at different radii, setting different rotational velocities
or by introducing additional movements of conditioning ring. Hence, the influence of addi-
tional guiding movements of the conditioning ring has been verified. Major factors affecting
trajectory distribution are the speed ratio k, and the period ratio k,, which represent the rela-
tionships among the three basic motions of unconventional lapping systems. The optimization
of these parameters was aimed at improving the quality and flatness of the machined surfaces.
Main optimization criterion was the uniformity of tool wear. The maximum uniformity was
obtained in conventional system, when k, = 0.6-0.9, and in non-standard lapping system, when
k,=0.65-0.75 and k, = 1-2. For single-sided lapping system with reciprocating motion of condi-
tioning ring, the uniformity was about 10% higher than in conventional system.

Nomenclature

w, angular velocity of the lapping plate
w, angular velocity of the conditioning rings
R,, inner diameter of lapping plate

R, outer diameter of lapping plate

R, radial position of conditioning ring
I, T radial position of examined points

t machining time

H wear removal rate

k Preston’s coefficient

P force per unit area

v lapping relative velocity
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D, trajectories density

Q.

distance of reciprocating motion

Ve linear velocity of reciprocating motion

T, reciprocating period

T, acceleration time

T, deceleration time

IN acceleration jerk

Is deceleration jerk

k, rotational speed ratio of the conditioning ring to the lapping plate

k, period ratio of the reciprocating motion of the conditioning ring to rotary motion of
the lapping plate

S, standard deviation

U uniformity of lapping plate wear
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Abstract

Inverse kinematics of serial or parallel manipulators can be computed from given Car-
tesian position and orientation of end effector and reverse of this would yield forward
kinematics. Which is nothing but finding out end effector coordinates and angles from
given joint angles. Forward kinematics of serial manipulators gives exact solution while
inverse kinematics yields number of solutions. The complexity of inverse kinematic
solution arises with the increment of degrees of freedom. Therefore it would be desired
to adopt optimization techniques. Although the optimization techniques gives number
of solution for inverse kinematics problem but it converses the best solution for the
minimum function value. The selection of suitable optimization method will provides
the global optimization solution, therefore, in this paper proposes quaternion derivation
for 5R manipulator inverse kinematic solution which is later compared with teachers
learner based optimization (TLBO) and genetic algorithm (GA) for the optimum conver-
gence rate of inverse kinematic solution. An investigation has been made on the accura-
cies of adopted techniques and total computational time for inverse kinematic
evaluations. It is found that TLBO is performing better as compared GA on the basis of
fitness function and quaternion algebra gives better computational cost.

Keywords: TLBO, GA, quaternion, kinematics

1. Introduction

Kinematic chain may consist of rigid/flexible links which are connected with joints or kinemat-
ics pair permitting relative motion of the connected bodies. In case of manipulator kinematics
it can be categorized into forward and inverse kinematics. Forward kinematics for any serial
manipulator is easy and mathematically simple to resolve but in case of inverse kinematics
there is no unique solution, generally inverse kinematics gives multiple solutions. Hence,
inverse kinematics solution is very much problematic and computationally expensive. For real
time control of any configuration manipulator will be expensive and generally it takes long

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
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time. Forward kinematics of any manipulator can be understand with translation of position
and orientation of end effector from joint space to Cartesian space and opposite of this is
known as inverse kinematics. It is essential to calculate preferred joint angles so that the end
effector can reach to the desired position and also for designing of the manipulator. Various
industrial applications are based on inverse kinematics solutions. In real time environment it is
obvious to have joint variables for fast transformation of end effector. For any configuration of
industrial robot manipulator for n number of joints the forward kinematics will be given by,

y(t) = f(6(t)) @

where 0;=0(t),i=1,2,3, ..., nand position variables by y;=y(t),j=1,2,3, ..., m.

Inverse kinematics for n number of joints can be computed as,
() =f (y(1) @

Inverse kinematics solution of robot manipulators has been considered and developed differ-
ent solution scheme in last recent year because of their multiple, nonlinear and uncertain
solutions. There are different methodologies for solving inverse kinematics for example itera-
tive, algebraic and geometric etc. [8] proposed inverse kinematic solution on the basis of
quaternion transformation. [20-36] have proposed application of quaternion algebra for the
solution of inverse kinematics problem of different configurations of robot manipulator. [35]
presented a quaternion method for the demonstrating kinematics and dynamics of rigid multi-
body systems. [34] presented analytical solution of 5-dof manipulator considering singularity
analysis. [11] presented quaternion based kinematics and dynamics solution of flexible manip-
ulator. [14] proposed detailed derivation of inverse kinematics using exponential rotational
matrices. On the other hand, after numerous surveys on conventional analytical and other
Jacobian based inverse kinematics are quite complex as well as computationally exhaustive
those are not exactly well suitable for the real time applications. Because of the above-
mentioned reasons, various authors adopted optimization based inverse kinematic solution.

Optimization techniques are fruitful for solve inverse kinematics problem for different config-
urations of manipulator as well as spatial mechanisms. Conventional approaches such as
Newton-Raphson can be used for nonlinear kinematic problems and predictor corrector type
methods can compute differential problem of manipulator. But major drawback of these
methods are Singularity or ill condition which converse to local solutions. Moreover, when
initial guessing is not accurate then the method becomes unstable and does not converse to
optimum solution. Therefore, recently developed metaheuristic techniques can be used to
overcome the conventional optimization drawbacks. Literature survey shows the efficiency of
these metaheuristic algorithms or bi-inspired optimization techniques are more convenient to
achieve global optimum solutions. The major issue with these nature inspired algorithms is
framing of objective function. Even these algorithms are direct search algorithms which do not
require any gradient or differentiation of objective function. The comparison of the metaheuristic
algorithm with heuristic algorithms is based on the convergence rate as it has been proved that
the convergence of heuristic-based techniques is slower. Therefore, to adopt metaheuristic
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techniques such as GA, BBO, teachers learner based optimization (TLBO), ABC, ACO etc. will
be suitable for enhancing the convergence rate and yielding global solution. From literature
survey the teaching learning based optimization (TLBO) is similar to swarm based optimiza-
tion in which the impact of learning methods from teacher to student and student to student
has been highlighted. Wherein, the population or swarm is represented by group of students
and these students gain knowledge from either teacher or students. If these student gain
knowledge from teacher then it is called as teachers phase similarly when students learns form
student then it is student phase. The output is considered as result or grades of students.
Therefore, number for number of subjects resembles the variables of the function and grades
or results gives fitness value, [5, 6]. There are numerous other population centered methods
which have been effectively applied and shown efficiency [33]. However, all algorithms are not
suitable for complex problem as proved by Wolpert and Macready. On the other hand, evolu-
tionary strategy (ES) based methods such as GA, BBO etc. gives better results for various
problems and these methods are also population based metaheuristic [16, 28]. Moreover [22]
proposed inverse kinematic solution of redundant manipulator using modified genetic algo-
rithm considering joint displacement (A0) error minimization and the positional error of end
effector. [32] proposed inverse kinematic solution of PUMA 560 robot using cyclic coordinate
descent (CCD) and Broyden-Fletcher-Shanno (BFS) technique. [23] proposed IK solution of 4-
dof PUMA manipulator using genetic algorithm. This paper uses two different objective
functions which are based on end-effector displacement and joint variable rotations. [18]
proposed trajectory planning of 3-dof revolute manipulator using evolutionary algorithm.
[25] proposed inverse kinematics solution and trajectory planning for D-joint robot manipula-
tor based on deterministic global optimization based method. [1] proposed inverse kinematic
solution of redundant manipulator using novel developed global optimization algorithm. [4]
proposed inverse kinematic solution of PUMA robot manipulator using genetic programming.
In this work, mathematical modeling is evolved using genetic programming through given
direct kinematic equations. [17] proposed optimization of design parameter i.e. link length
using for 2-dof manipulator. [15] proposed inverse kinematic solution of 2-dof articulated
robot manipulator using real coded genetic algorithm. [19] proposed inverse kinematic solu-
tion scheme of 3-dof redundant manipulator based on reach hierarchy method. [30] proposed
inverse kinematic solution of 3-dof PUMA manipulator for the major displacement propose. In
this work they have adopted genetic algorithm with adaptive niching and clustering. [12]
proposed inverse kinematic solution of 6-dof MOTOMAN robot manipulator for positioning
of the end-effector. In this work they have adopted adaptive genetic algorithm for optimum
placement of the end effector. [26] proposed inverse kinematic and trajectory generation of
humanoid arm manipulator using forward recursion with backward cycle computation
method. [21] proposed inverse kinematic solution for 6R revolute manipulator using real time
optimization algorithm. [24] proposed kinematic solution using three different methods such
as bee algorithm, neural network which is later optimized by bee algorithm and evolutionary
algorithm. [2] proposed kinematic solution of 3-dof serial robot manipulator using real time
genetic algorithm. [13] proposed inverse kinematic solution of 6-dof robot manipulator using
immune genetic algorithm. [9] proposed conventional approach i.e. penalty function based
optimization method for solving IK. Even though few methods can solve hard NP problems,
but it requires high-performance computing system and intricate computer programming.
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On the other hand, the use of optimization algorithms is not new in the field of multi-objective
and NP-hard problem to arrive at a very reasonable optimized solution, the TLBO algorithm
have not been tried to solve an inverse kinematics problems and trajectory of joint variables for
robot manipulator. Moreover, computational cost for yielding the inverse kinematics solution
with adopted algorithms has been compared without any specialized tuning of concern
parameters. Therefore, the key purpose of this work is focused on minimizing the Euclidian
distance of end effector position based resolution of inverse kinematics problem with compar-
ison of GA and TLBO obtained solution for 5R robot manipulator. The results of all algorithm
are computed from inverse kinematics equations and obtained resultant error for data statis-
tics. In other words, end-effector coordinates utilized as an input for joint angle calculations. At
the end 4th order spline formula is considered for generation of end effector trajectory and
analogous joint angles of robotic arm using TLBO, GA and quaternion. The sectional organi-
zation of the paper henceforth is as follows: Section 2 pertains to the mathematical modeling of
the 5R robot manipulator and detail derivation of forward and inverse kinematics of 5R
manipulator using quaternion algebra. In Section 3 discuss about the inverse kinematic objec-
tive function formulation for 5R manipulator. The experimental results as obtained from
simulations are discussed elaborately in Section 5.

2. Quaternion vector approach for mathematical modeling

This section deals with mathematical modeling of quaternion vector algebra and application
for the derivation of inverse kinematics equations. Quaternion vector methods are fruitful for
both rotation and translation of a point, line, etc. with references to origin coordinate system
irrespective of homogeneous transformation matrix. The Interpolation of series of rotations
and translations are quite complex using Euler’s angle method. In other words, the variables
lies in isotropic space which is nothing but sphere surface topology and complex in nature. A
brief formulation of quaternion mathematics is given in this section for assessment of refer-
ences and to create background for mathematical derivation of inverse kinematic.

2.1. Rotation and translation from quaternion

The above discussions gives the importance of quaternions and the necessity of it. The quater-
nion rotation and translation are lies in four dimensional space therefore it is quite difficult to
represent here or to imagine. Figure 1 represents the rotation through quaternion and Eq. (3)
describes rotation of a point in a space mathematically.

N\ .. (0 .. [O )
h = cos <E) +1" sin (E) +j" sin (2> + k" sin (2> 3)

The 4-dimensional space, imagination of fourth axis is quite complex. Therefore, in Figure 1 a
unit distance point around axis (X, Y, and Z) is given and which traces a circle. When this
rotation circle is projected on a plane then the point P; can be seen rotated through angle 0 to
point P; which crosses the mid-point P,. Therefore P; point is transforming to P; following by
straight line makes cos(6/2) and sin(6/2).
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5 '

Axis of Rotation

Figure 1. Rotation representation of point.

Now two quaternions can be represented on the basis of above discussed concept. If there is
subsequent rotation of two quaternion h; and h, then the composite rotations h;*h, can be
given by From Figure 1, p is the point vector representing initial position and p° is the point
vector final condition to be transformed. Therefore,
p3 _ hZ*(hl*pl*hl_l) h2_1

= (l2"m)"p" (B3 ") @)

= (2"m)"p" (" * ")
Now pure translations ¢, can be done by quaternion operator that is given below,

t,=h+p' ©)

Quaternion transform can be given by,

pZ _ h*Pl*h71 (6)

Therefore, an expression for the inverse of a quaternion can be given as,
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H'=[<h'><-h""®@P®h>] )

where, -h '@ P®h=—P+ [—2k(j x (—P))+2j x (j x (—P))] quaternion product, which is defined
in the most general form for two quaternions hy = (ry, j1), and hy = (12, j») as

h ®hy = [r1ir2 = *j, T1jy + 12y +Jp X Jy] ®)

where j; ®j, and j, X j; denote dot and cross products, between the 3-dimensional vectors j;
and j,. Clearly, quaternion multiplication is not commutative. The set of elements {£1, +i, £j,
+k} is known as the quaternion group of order 8 in multiplication.

Similarly vector transformation multiplication can be given as

Hi®H, = (1, P') @ (h2, P?) = h1*hy, hy*P**hy' + P ©)

where, h1*P?*h; ' = P2 + 211 (j, x P?) +2j; x (j, x P?)

2.2. Quaternion derivation for 5R manipulator kinematics

The configuration and base coordinate frame attachment of 5R manipulator is given in Figure 2
(a) and MATLAB plot of 5R manipulator is presented in (b). Where 0y, 0, 03, 0,and 05 joint
angles for are articulated arm and d;,d,andd; are the link offset. a;, anda, represents link
lengths.

Now quaternion for successive transformation of each joint can be calculated from the Eq. (3)
as follows,

Hy = [<C_1+§? >, < mCii + a151] + dik >} (10)
H, = [< Gy + 53] >, < —1:551 — mCok >} (11)
Hs = [< Cs +55] >, < —daSsi — diCak >} (12)

Hy= [<C7+§?>,<dﬁ>} (13)
Hs = [< Cs +55] >, < —deSsi — deCsk >} (14)

Inverse of a dual quaternion can be calculated by Eq. (8),
H'= [<C_1—§E >, < —a1?>] (15)
Hy' = [<C72—§7>,<azf>} (16)

Hy' = [< G =53] >, < dik >| (17)
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H,' = [<C_4—§?'>,< —d4?>}

H;'= [<C_5—S_5(f>,<d6§>}

(18)

(19)

(20)

Where in case of 5R manipulator arm n = 5. Now calculating quaternion vector products using

Eq. (20)

Qs = Hs = [<C757§]?>7< —dgSsi — dgCsk >]
Qs =Hi®Qs5 = [<C7+§?>,<d4f >}®[<G+§2>,

< —d(,55; - d(,C5]€ > ]

Qi = [ < CiGs + 5:Goi + CiS5j + SiSok >,
< (d4 — d655)i + d6C554]A' — d6C4C5i€ > ]

Q0 =H;®0Q, = [< C_3+§j >, < —dySsi — dyCsk >} ®

[ < C4Cs + S4Csi + C4S5] + 5455k >,

< (ds — deSs)f + d6C554; — dsCyCsk > ]

Qs = | < CiCoys +54Cs 51 + CiSsra) — SaSarsh >,
< (d4 +dy — dgCyC5S55 — dyCs — dgS5C3 — d453);

+(d6C5S4j + (—d4S3 + d65553 — d6C4C5C3—d4tg)k > ]

1)

(22)

(23)

(24)

Figure 2. (a) Base frame and model of 5R manipulator; (b) configuration of 5R manipulator.
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Q2 :H2®Q3 = [< C_z-i-g]A >, < —azszz —ﬂzCzl; >} ®

[ < CyCsu5 + 54C3.51 + C4S3+5j - 5453+5]€ >, (25)
< (dg 4 dy — dgC4C5S3 — dyCs — deS5Cs — dyS3)i
+m@§ﬁ+e@&+%%%7%gqcrmaw>]

Therefore,

Q= |< (G CGCays — 52C453+5> + (C254Cs-5 — 5284535 )i

+(C2C4S3:5 + 52CaCain)j + (—C254S345 — 52545375)72 >,

< (=mSy +dsCo + dsCor — dsCr 3 + dS5Ca3 (26)
~dySri5 — dgCaCsSp:3 — d4S3)i + (dCsSaj

+ (—tlzcz —dsSy — dsSy + dsCaCsCars + duSa—3 + deS5Sa45 + dsCos3)k >}

Q0 =Hi®Q, = {<C_1+§12 >,<a1C12+a151j+d112 >} ®

{< (C2C4C345 — 52C4S345) + (C254C35 — 525453+5);

+(CoCaSa15 + 52CaCais)] + (~Co845315 — 5254855 )k >, @7)
< (=252 +dsCo + dyCr — dsCr3 + deS5Cor3 — daSais

—d6C4C5Sy13 — d4S3)i + (dsCsSaj+

(~0:Cy — diS2 — dsSy + deCaCsCars +dsSy 3 + deSsS213 + daCr 3k >]

Therefore,

Q) = |< (C1CsCrizss + 51555243-5) + (C1S4Cars5 — S1CsSni345 )i

+(C1CsSara15 + 515:Cai3-5)] + (S1CaCaiars — C1925213-5)k >,
< (11C1 — @Sy + dyCoCr 4 dsCyCr — dyCr_3C1 + deS5Ca13C1 — daSp3Ch

4 dCaC5S2:5C1 — d6C58451)i + (d6CsS4 + deCs84Ch — 1S (28)
+35,C1 — 325,51 + dyCaS1 4+ dyCoS1 — dyCo_351 + dgS5Ca4351
—d3S24351 — dsCaC5524351)] + (di — 1,Cy — dsSy — duS>
+dsCyCs5Coy3 + d4So 3 + dgS552.3 + d46273)k >]
01 =H'®0; 9)

Now calculating vector pair of quaternion using Eq. (29), to solve the inverse kinematics
problem, the transformation quaternion of end effector of robot manipulator can be defined as
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[Roe; Toe] = O = | < w+ai +bj + ck >, < Xi + Yj + Zk > (30)

Now using Eq. (29), O, will be given by,
O, =H;'®0;
0, = [<C_1—S_1?>,< —aﬁ>} ®
|<w+ai+b] +ck >, < Xi + Y] + 7k >] (31)
02 = [< (021) + (022)i + (023)] + (024 )k >,

< (025)2 + (Ozg)j + 027]2 >]

where, 0y1 = wCy + ¢Sy, 02 =aCy +bSy, 03 = bCy —aSy, 04 = cCy — wSy, 025 = XCq — a1+
Y§/ 026 = Ya - XQ/ 027 = Z.

Now,

O3 = Hgl ® 0,
-~ -~ -~ ~ -~ ~ (32)
O; = [< 031 + 0321 + 033] + 03ak >, < 0351 + 036] + pzk}

where, 031 = C2021 +¢(C252) — w(S5251), 032 = C202 + S2023, 033 = C2023 — S2022, 034 = C204
—5021, 035= — ZSy+ XC1Co+YS5:Cy —a1Cy, 036=YCy — XSq, 037=a, — ZCo+ XC15,+ Y515, — a1 5».

Oy = {< 041 + 0421 + 043? +0ask >, < 0451 + 027? + 047ﬂ (33)

where,
041 = Cp43021 + 5243023

042 = Co4302 — S2430%
043 = C213023 — 521301
044 = C43004 — 524302
045 = =25y — 1253 — XC15,53 — Y515,53 + 415,53 —
Z2CyS3+Z — ZC3 + XC1GCs + X51CC3 — 1 GG
046 = YC; — XS
047 = —25,53 + 12C3 + XC1C253 + Y51 G2 53—
11C2S3 + ZCrC3 4+ XC15,C3 + Y515:C3 — a25:C3

Therefore, all the joint variables can be calculated by equating quaternion vector products and
quaternion vector pairs i.e. Oy, Q> and Q3 to O, O, and Oj respectively.
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Y — uy
X — Uy
(a1 4+ dsCo + dsCy — dsCr3 + d6S5Cor3 — dsSoy3 + deCsCs5243)
(=252 + d4Cy + dyCyr — dsCo_3 + dS5Coiz — daSri3 — dsCaC55243)

Z+ v, Z+0\
6, = atan?2 ( ;ZU), :%—{( ;’4”)} (35)

where, 4,55 +dsS; — 0:=7, dsSy+diS,= 7+, Sz = (452

= 0; =atan (34)

—XS) + XC1C + Y$1Co — Gy — )\ ) 2
my /1= (—ds — dsSs) '
03 = atan?2 470605 (36)
—7Z5, + XC1Cy +Y5,Cp —a1C, — Uy
(—ds — d6Ss5) '
m\/l _ { <—Zst3 + ﬂ2C3 + XC1C253 + Y51CZS3 - LI1CZS3 + ZC2C3 + XC152C3 + Y5152C3 - ﬂzSzC3> }2
64 =atan2 —d6Cs
725253 + ﬂ2C3 + XC1C253 + Y51C253 — 111C253 + ZC2C3 + XC152C3 + Y5152C3 - ﬂ252C3
4 —deCs ’ i
(37)
—XS; — 155 — XC15,53 — YS515253 + 015,55 — ZCyS5 + Z — ZC3 + XC1CoCs + YS51CoCs — ;4 CoCs — d4) 1
“de ’
Os =atan2 3
m\/l _ { (7252 — 55 — XC15255 — YS515,85 + 415253 — ZCyS3 + Z — ZC3 + XC1CC5 + YS51CoCs — a1 CoC3 — d4) }
—de
(38)

3. Inverse kinematic solution scheme

In this section optimization algorithms are selected for computation of inverse kinematics solu-
tion of 5R manipulator. However, there are various types of optimization algorithms existed and
can produce the desired IK solution, the major necessity is to achieve global optimum solution
with fast convergence rate. Therefore, selection of appropriate optimization algorithm is impor-
tant for fitness evaluations and GA is so far best known tool, but on the other hand TLBO has
also proven its efficiency and performance. Finally selection of optimization algorithms has been
made on global searching point, computational cost and quality of the result.

3.1. Optimization approach to solve inverse kinematics

Any Optimization algorithms which are capable of solving various multimodal functions can
be implemented to find out the inverse kinematic solutions. The fitness function is given by the
Eq. (46) fitness function F(x). Each individual represents a joint variable solution of the inverse
kinematic problem for adopted population based metaheuristic algorithm. All individuals
moving in D-dimensional search space and sharing the information to find out best fitness
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value of the function. Each individual contains set of joint angles (04, 05, 03, 04 and 0s) of 5R
manipulator. The optimum set of joint angle can be find by using appropriate optimization
algorithm from given desired position of end effector (X, Y, Z). In case of inverse kinematics of
5R manipulator multiple solutions exist for the single position of the end effector so it is
required to find out the best set of joint angle in order to minimize whole movement of
manipulator.

For the optimization of joint angle rotation of robot manipulator, one can define objective
function or fitness function from joint angle rotation difference and other can be defined from
end effector position displacement. These are known as joint angle error and positional func-
tion method [3, 7, 10, 29].

3.1.1. Position based function

The current position of the manipulator is described by (39):

P.=[X,, Y, Z] (39)

Desired position of end effector can be denoted by (40):

Py =1X4, Ya, Z4] (40)

Current position of end effector will be compared with the desired position P,. General equation
for the fitness function is given in Eq. (41) that is based on the distance norm of homogeneous
Euclidian distance between the current positions to the desired position of end effector P,
evaluated by number of iterations.

Prin = ”Pd - PC(1)||2 (41)

Current position P, can be evaluated from Egs. (34) through (38). Now putting the value of P,
on Eq. (42)

Prin = \/ (X — Xe(i)® + (Yo = Yeli)2 + (Za — Ze(0))? “2)

3.1.2. Joint angle error

Corresponding joint error can be given by the difference between current set of joint variables
to the final required angles.

Qc = (cha 9c27 6c37 6c4 QCS) (43)
04 = (041,02, 043, O O5) (44)

Therefore using square norm the objective function can be given as

Omin = |04 — Oc|® (45)

Subjected to joint limits
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01 € [O1min, O1max]
02 € [Omin, Oamax]
05 € [O3min, O3max]
04 € [Oamin, Osmax]

95 € [GSmina 95max]

Now overall error minimization can be given by using Eqs. (42) and (45),

Fhin = A0 = XOF + (0 = Yo + (24— 2
(46)

+[l6: - 6.I°]

where A is proportional weight factor for the minimization of the problem and calculation of the
entire joint angles base on constraint can be achieved using fitness function (46). The performance
of considered algorithm is checked with the parameters: a; = 60 mm, a, = 145 mm, d; = 150 mm,
d; =125 mm, d3 = 130 mm. Upper and lower limit of five joint angles are: 6, =0, 180]; 6,=[0, 150];
03=[0,150], 6,=[0, 85] and 85=[15, 45].

4. Results and discussions

TLBO and GA has been used to compute the inverse kinematics of 5-R manipulator and
comparison of obtained results has been made on the basis of quality and performance. Table 1
gives the five random position of end effector and respective inverse kinematics solutions.
Current work is performed in MATLAB R2013a. The data sets are obtained from Eq. (34)
through (38). The data sets are generated using quaternion vector based inverse kinematics
equations as given in Table 2. These generated data sets are used to compare the IK solution
through adopted GA and TLBO. In Table 3, comparative evaluations of fitness function and
obtained joint variables through TLBO and GA is presented.

Positions Joint angles

0, 0, 05 6, 05
P1(-76.09, 54.36, —61.94) 84.559 77.518 101.74 30.616 38.697
P2(89.69, 192.55, 90.87) 84.791 97.25 130.44 50.771 36.428
P3(—4.24, 94.08, 97.55) 18.384 78.688 35.234 77.708 34.889
P4(29.10,154.02, —31.52) 104.43 115.47 124.11 7.3372 33.774
P5(—184.33, —43.21, 8.27) 39.177 107.13 97.052 65.672 15.374

Table 1. Five different positions and joint variables.
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SN Position of joints determined through quaternion algebra
01 0, 05 0,4 05 X Y z

1 112.5641 47.3165 8.2447 65.8373 39.8977 —186.6903 183.0670 —14.7039
2 153.1316 21.9812 126.9031 57.2629 30.4168 —92.6981 32.1423 157.3316
3 66.1779 143.2985 14.6124 73.6231 41.5228 —131.5420 —22.3866 —32.2155
4 57.6085 119.6396 104.5818 71.1946 33.8225 —10.7684 111.7435 77.4862
5 31.4308 2.9242 71.5757 63.0358 39.8749 64.7966 172.0372 151.5714
6 124.3702 116.7337 102.4999 53.1482 22.4807 —111.8590 —59.6708 60.8590
7 89.1765 13.1827 101.6747 80.3340 29.4704 —76.9533 96.2813 121.3505
8 5.6698 30.9685 57.2308 29.3079 29.6421 174.3873 107.6283 143.1839
9 131.5857 108.7086 92.8278 5.6664 36.4826 —104.6410 109.7511 40.5523
10 32.8579 102.3539 138.8770 26.4141 33.7466 146.4984 48.7416 54.4041
11 134.1878 70.4224 26.3511 82.2471 44.0566 —188.7864 15.4108 —53.9823

Table 2. Desired joint variables determined through quaternion algebra.

This work does not use special tuning of various parameters of GA and TLBO algorithm. In
future research the sensitivity analysis can be performed to achieve better results. From Table 3,
TLBO generated solutions for the position 4 is better as compared to GA in account of fitness
function evaluation. There are different distance based norms, one of them is Euclidean distance
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Positions TLBO joint angles Function value
6, 0, 05 0, 05

P1(-76.09, 54.36, —61.94) 86.598 72.165 72.165 40.894 30.459 0

P2(89.69, 192.55, 90.87) 83.874 69.895 69.895 39.607 30.76 0

P3(—4.24, 94.08, 97.55) 84.512 70.427 70.427 39.909 30.686 0

P4(29.10,154.02, —31.52) 85.566 71.305 71.305 40.406 30.53 0

P5(—184.33, —43.21, 8.27) 87.818 73.181 73.181 41.469 30.364 0

Positions GA Joint angles Function value
0, 0, 05 0, 0s

P1(—76.09, 54.36, —61.94) 60.619 49.504 58.384 62.281 27.903 0

P2(89.69, 192.55, 90.87) 88.293 34.091 14.439 15.241 51.738 0

P3(—4.24, 94.08, 97.55) 55.004 49.274 63.942 47.842 33.633 0

P4(29.10,154.02, —31.52) 72.594 22.689 68.297 85.886 27.044 0.0137

P5(—184.33, —43.21, 8.27) 25.669 70.588 31.341 66.807 52.884 0

Table 3. TLBO results for joint variable and function value.
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norm and which is used here for minimum distance between the end effector positions. If the
distance between two points reached to 0 or less than 0.001 than the evolutions of fitness function
can be reached best or global minimum value. It is clear that the obtained fitness value is less
than the defined distance norm so adopting these algorithms are fruitful and qualitative.

Figures 3-7 signify the best fitness function value and analogous joint variables for position 1.
These figures show efficiency of adopted algorithms for IK solution of 5-R manipulator. The
convergence of objective function evaluation lies to zero error for GA and TLBO algorithms
while for position 4, GA yields 0.013 error. It means that GA is less performing as compared to
TLBO. From Figures 8-12, the results obtained through GA shows in terms of convergence and
histogram graph and the obtained joint angles are in radian which is later converted into
degree and given in Table 3. The GA results are obtained through MATLAB toolbox and that
shows the zero convergence in single run. Figures 8-12, it can be seen that the generated
solutions for joint angles are multiple for single position and similarly there are multiple fitness
function evaluations. The best fitness function achieved here using the termination criteria and
the corresponding joint variables has taken for comparison.

The proposed work is performed in dual core system with 4 GB RAM computer. It has been
observe that the convergence of the solution for GA is taking less computation time as com-
pared to TLBO and quaternion algebra. Corresponding joint angles trajectory using 4th order
cubic spline is presented in Figure 13. Using inverse kinematic solution joint variables are used
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Figure 14. Trajectory of joint angle for TLBO.

to calculate the joint space trajectory for TLBO and GA as presented in Figures 14 and 15. Final
time has been taken #;_¢ second for trajectory generation but to complete this trajectory overall
computational time is 5.674 seconds. The computation time for TLBO is 15.671 seconds which
is more than the GA i.e. 7.932 seconds. Therefore, on the basis of computational cost GA is
performing better than TLBO while quaternion algebra taken least time (Table 4).
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Figure 15. Trajectory of joint angle for GA.

SN Method Computational time
1 TLBO 15.671 s

2 GA 7.932s

3 Quaternion 0.993 s

Table 4. Computational time for inverse kinematic evaluations.

5. Conclusions

In this paper, the work discourses the problem associated to the optimization of positional and
angular error of end effector using TLBO and GA for 5R robot manipulator. Metaheuristic algo-
rithms like PSO, GA, ABC, etc. have been used in various field of industrial robotics but the most
critical issue is to solve inverse kinematic problem for any configuration of robot manipulators.
Most of the optimization approach are being used for numerical solution but it has been observed
that the numerical solutions does not yield solution when the manipulator is in ill-conditioned
besides this it has also been observed that classical optimization methods converge in local minima.
Therefore in this work global optimization method like TLBO and GA is adopted and after
analyzing the results it can be concluded that adopted optimization algorithms convergence rate
is higher and complexity does not increase with the manipulator configuration. Although many
researchers are tried to obtain global solution but the computations cost are more in the problem
henceforth overcoming the problem of computational cost with quaternion objective function.

The adopted algorithms are very much appropriate for constrained and unconstrained prob-
lems. To estimate the effectiveness of considered algorithms, comparison has been made with
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quaternion algebra. Table 3 gives the comparative results of adopted algorithm and proposed
quaternion solutions of 5-R manipulator. This work considered forward and inverse kinematic
equations for preparing the objective function for TLBO and GA. These adopted algorithms
has shown the potential of getting faster convergence and yielding global optimum solution
for the stated problem. In future the tuning of various parameters of GA and TLBO can be
considered so as to avoid trapping in local minimum point. Even the hybridization of these
algorithms may be proposed and adopt for the IK problems.
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Abstract

This paper presents a novel randomized path planning algorithm, which is a goal and
homology biased sampling based algorithm called Multiple Guiding Attraction based
Random Tree, and robots can use it to tackle pop-up and moving threats under
kinodynamic constraints. Our proposed method considers the kinematics and dynamics
constraints, using obstacle information to perform informed sampling and redistribu-
tion around collision region toward valid routing. We pioneeringly propose a multiple
path planning method using ‘Extending Forbidden’ algorithm, rather than using variant
cost principles for online threat management. The threat management method performs
online path switching between the planned multiple paths, which is proved with better
time performance than conventional approaches. The proposed method has advantage
in exploration in obstacle crowded environment, where narrow corridor fails using the
general sampling based exploration methods. We perform detailed comparative exper-
iments with peer approaches in cluttered environment, and point out the advantages in
time and mission performance.

Keywords: multiple path planning, online emergency threat management,
path switching, goal biased probability, sampling based algorithm

1. Introduction

Robot path planning have been witnessed a great achievement these years with the various
application of robots [1, 2]. Problems such as path planning, motion planning, and online
moving obstacle management have been widely studied toward the goal of performing auton-
omy. Unmanned Aerial Vehicles (UAVs), an easy access robot platform, has been increasingly

I m EC H © 2017 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
open science | open minds distribution, and reproduction in any medium, provided the original work is properly cited. [(cc) ExgIN
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applied in research and commercial areas in recent years. UAV autonomy denotes the ability of
tackling with obstacle (or called no-fly zone) avoidance and trajectory planning online from a
starting position to a destination while satisfying the kinematic constraints [3].

For robot path planning, emergency threat management (ETM) is one of the hardest challenges
that needs to be solved, where a sudden threat may burst into view or dynamic obstacles are
detected on line, especially when UAV is following the desired path. Under such conditions,
UAV should consider the following attributes:

1. Time efficiency: The most important requirement for ETM algorithm is time efficiency. For
general ETM, the configuration is periodically updated, such as heuristic algorithm A* [4],
which it is computationally intensive if the map is represented with high resolution. In
order to guarantee safety, ETM requires real-time performance.

2. Kinematic feasibility: Kinematic feasibility denotes that the output of the planner meets the
kinematic constraints of the robot as well as the environment. The constraints include: (a)
Path smoothness: The planner is required to output kinematic smooth path, sometimes even
kinodynamically feasible as well. Thus, the path should meet the state of art tracking con-
straints, and enables low tracking error for UAV; (b) Minimum cost of switching: The strategy
of handling the threat, especially ET, is to find the cost minimum path by generating a new
path or multiple paths besides the initial one. The cost for choosing the best path should take
the dynamic constraints, energy consumption and time performance into consideration.

3. Specific requirements: UAVs have already been applied to many areas, such as inspection,
photography, and monitoring. They have to meet some specific requirements according to
environments and system constraints. For example, best pose based illumination of tunnel
inspection for crack and spalling [5], and stable tracking with obstacle avoidance as UAV
photography [6] which should be able to keep stable capturing even during the flying.

Development with open robot platform [7] and field implementation [8] has witnessed the
promising performance of Sampling Based (SB) methods. SB algorithms (SBA) have the
advantages for planning in high dimensional space, and it is with the ability to deal with
multiple classes of path or motion planning problem in both static and dynamic environment
[9]. Rapidly-exploring random trees (RRTs) are single query methods which obtain Voronoi
biased property and only generate homotopy paths simultaneously [12]. Although it proposes
to solve the multiple degrees of freedom (DOF) operating problems in known static environ-
ments [10, 11], SBA shows great performance of dealing with any kind of path or motion
planning problem in complex environments for unmanned ground robots or aerial robots.

In this paper, we introduce two biased-sampling methods, which are obstacle biased and
Homologous Classes (HC) biased to perform path planning respectively. For obstacle biased
path method, we have discussed in [13] with UAV demonstration. For HC classed biased
approach, it aims at solving the ET problem by generating alternative paths for online dynam-
ically switching. HC introduces an online dynamic reconfiguration approach to ensure singu-
larity between paths, which tries to generate more paths with different obstacle reference.
Thus, it can perform alternative switching online when confronted with ET. The obstacle
biased planning method is called Guiding Attraction based Random Tree (GART) and HC
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biased is called Multi-GART (MGART). We consider the environment to be known as a priori
to us, and the UAVs are with the ability to understand the clearance region. Experiments and
comparative simulations are illustrated to provide the effective evaluation of the proposed
methods.

2. Preliminary materials

2.1. Homology and homotopy

For path planner, the purpose is to find a feasible path p¢ (cost minimum or complete) from the
™ n denotes the dimension of space
the robots locate. A general cost function can be represented as:

initial position to the goal position in the workspace W e R

J= Jcer1ergy + Ctime + Cthrearddt (1)

The Cenergys Ctimes Ciireat denote energy cost, time consumption, and threat respectively. These
costs are not fixed, since the energy cost can be path length, and time consumption can change
according to the velocity limitation. For cost constrained path planner, the goal is to find the
asymptotic optimal rather than the completeness solution. Then, more than one path can be
found during the process, and the paths can be homotopic or belong to different homotopic
classes (or called homology).

It is illustrated in Figure 1. Given a continuous map H:I x I —T or H:h(s, t)=hy(s), I' denotes
the topological space and I=[0, 1] is the unit interval. The obstacle regions are labeled with R,
Xinitial = (0, ) denotes start point, Xinter = #(1,¢) denotes the goal position, Xinter denotes an
inter node for obstacle avoidance. For the continuous deformation, given h(s, 0) =, h(s, 1)=m,
the path can be continuously mapping through m, to 7; with t€[0, 1]. For any path deformed
between, they are homotopic with m, 7 if and only if they stay in the closed loop 1o [ — 713,
where the closed loop cannot collide with any obstacle region.

Definition 1—Homotopic Paths: It denotes the equivalence class of all paths under continu-
ous mapping H:h(s, t)=hy(s), which locates in the closed loop formed h(s, 0) [] —h(s, 1). Any

Figure 1. Homotopic and homologous classes and paths.
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path in the set can be continuously deformed into any other without colliding with any
obstacle in the space. For all paths in the set, they are with the same fixed end points.

We can conclude that 7, and 73 belong to the same homotopic class. However, we can find
path 7, which shares the same start and ending node, cannot be continuously deformed to 73
due to the isolation of the obstacle. It means (113U — 14) NRy3 # ©. In such case, we call 13 and
4 are homologous, and they belong to different homotopic classes.

Definition 2—Homologous Paths: Paths, which follows the same continuous mapping H:h
(s, t)=hy(s), cannot form a closed loop by h(s,0) [ —h(s, 1). The homologous paths belong to
different homotopic classes.

2.2. Problem statement

Path planning follows a common procedure to perform trial and error process under empirical
constraint to achieve completeness. The problem of path planning does not only solve a
problem for exploration optimization, but also try to model the environment with a best
descriptor as discussed in [13]. Let us take a look again with the problem of path planning
which can be represented as:

H = {h(s) Xinitial = 1(0), Xinitial = h(1), s €[0,1]} 2)

The path h(s) (homologous) should stay in obstacle free region Ree, that is, h(s) € Reree.
Usually, the path is piecewise continuously, and it can also be smoothed to obtain first order
continuous thus to ensure kinematics continuous [14]. Besides the exploration to achieve
completeness (in Eq. (1)), the obstacle modeling method is also important and affect the
planning results.

To solve this problem, this paper proposed a multi-path online switching approach, that is,
the path planner can find alternative homologous-paths. Then, this paper designs an online
fast switching strategy. For multiple path planner, it aims at finding as many paths as
possible,

Halter = Ui:1hi(x(i’), ”(t)) (3)

H.jeer denotes the set of all the alternative paths hi(x(t), u(t)), x(t) denotes the state, and u(t)
denotes the control. However, the mission planner cannot use all the planed paths for online
switching, it should find the reasonable paths without redundancy. We propose the follow
rule,

Hieason = {hl|h1 I;I hj/ Vi 7é] } (4)

Hieason denotes the paths set where any two paths are not homotopic to each other, H denotes

non-homotopy. Now, we have the paths which keep distinguishable from each other with
different obstacles sequence surrounding.
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3. Rapidly exploring random tree path planner

In this section, we try to describe the underlying research of rapidly-exploring random tree
(RRT [12], upon which we propose a novel state of art approach to facilitate the active
exploration in cluttered environments). SBAs are incremental search algorithms which per-
form random sampling with collision checking for extension, and they were first proposed to
solve high dimension planning problem. They have the merits of considering the control and
kinematics constraints together, and can incrementally construct a tree from the start node (or
initial state) to the goal node (or goal state) with continuously sampling and expansion.

It is shown Figure 2, the whole tree graph by exploration is represented as Gy, the black solid
dot denotes the valid state within step accessibility under kinematics constraints, and the black
solid lines connect each parent state with child state for extension. Every step, a new sample
Zsample Will be generated randomly. It should be cleared to all that the initial random sampling
does not mean a fixed connection, that is, the random sampling can be a direction for
extending. Then, the random sample g.mpre tries to find the nearest state in the tree for
connection under minimum Euclidean metric,

gparent = sup g?;igr E (g i gsample) ®)
Where g; is an element of all valid states set Gr.

3.1. RRT connection with kinematic constraints
For RRT planner, given a system with state (x;, Xy, 0), and a general form of system model:
X.x :fx(xm ux)
Xy = f* (x.ty) (6)
0 =£(0,up)

It can extend with simply random sampling with control inputs [u,, uy, ug]. The random
sample has to follow the kinematics constraints. Given the robot system, the differential

P :

D A=Y

Figure 2. RRTs propagate by applying the minimal cost criterion to connect the newly sampled guard to the previous tree.
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constraints can be represented as a set of implicit equations as g(x,x) = 0, and it can be further
represented as:

x = f(x,u) (7)

Here, x denotes the state, and u € U denotes the valid control in allowable controls set. Given
the parent state gparent(t), the time step follows a At limits. Then, the control inputs vary with
u={u(t)l t<t <t+At}. To compute x(t + At), we can follow a typical procedure as [12]. It should
be noted that the planner should extend toward the newly sampled gs.mple- The planner first
computes the possible region of reachability from current state x(t):

x(t+ At) € [x(t) + f(x(t),u(t) — At-e), x(t) + f(x(t),u(t) + At-e)] 8)

where € is the maximum first order factor of control input. RRT now picks a new state along
the direction from parent to new sample, that is, gnew € [X(t) + f(x(t), u(t) — At - €), x(t) + f(x(t), u
(t) + At ' 6)] and gr\ew =gparent + 6(gsumple - gparent) Wlth 6 € [0/ 1]

3.2. Voronoi biased incremental search

Before discussing the Voronoi biased property of the SBAs, let first introduce some basic
notation. Given a set of points S={s;| i=1,2,...,n} in a n-dimension space X. For any two
distinct points s, and sy in set S, the dominant region (Voronoi region) of s, over s is defined
as the region where any inside point should be closer to s;, over s, that is,

Ry, = {Xe “SP —xl" < sy =l } ©)

Where  is the dominant region corresponding to s, | I™ denotes the Lebesgue measurement.
In a normal case, any point s; has its own dominant region with,

Rsi:{)(e \s,-—x\L<‘sj—xL, foralli;éj} (10)

Normally, random sampling of RRT follows a Monte-Carlo Method [15] to perform an uni-
formly sampling in a n-dimensional space under Lebesgue measurement. We can look back at
the beginning of Section 3, the new sampled node tries to connect to the nearest node under
Euclidean metric. We can now analyze the problem in another perspective that given gparent
and g, they connect to the same origin g,. Then, a new sample gs.mple is generated randomly
following a Monte-Carlo process. In order to explore and reach the goal, gsample tries to connect
to the tree following the metric defined in Eq. (5). It means that g, rent and g, can be connected
for expansion under minimum distance principle, then gempie has to be assigned to the
dominant region which subjects to a closer point (the Voronoi region). Under this principle,
Zparent and g, can acquire new resource for extension with the ability to keep distinct region
and extending their branches.

A typical Voronoi-biased exploration using sampling can be seen in Figure 3, where each
branch keeps distinct with each other to form a star network like structure and it behaves the
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RRT: 200 lterations RRT: 1000 lterations hRRT: 200 lterations hRRT: 1000 Iterations
Figure 3. Results of incremental exploration of RRT and hRRT [16] after 200 and 1000 iterations, respectively.

same for heuristic informed RRT [16]. Here, unlike the dominant region of a point, RRT branch
can be also treated as a distinct individual with its own Voronoi region for acquiring the
extending resource.

4. Obstacle and homology biased path planner

In this Section, we propose approaches to solve two main problems, which are handling
cluttered environment and online ET processing, using obstacle-biased method and homology-
biased method. Collision detection during the incremental exploration is time consuming, and it
follows a routine procedure to guarantee safety. It should be noted that the step validation of
each new sampling state provides the directional information of obstacle distribution.

4.1. Obstacle biased path planner under kinematic constraints

SBAs mostly deploy the general idea of generating random samples for incremental explora-
tion, and the sample locating in obstacle region will be discarded since it is time consuming
and no benefits for increasing the performance of exploring. We firstly deployed a simple idea
which was proved to have much higher time performance then RRT and RRT* in [17].

This paper introduces an obstacle biased algorithm, using obstacle information to help gener-
ating more samples for connection. It is shown in Figure 4, the newly sampled states xj, xj tries
to connect to the nearest state in the tree. However, xj leads toward the obstacle region, x;
locates in obstacle region. To use the obstacle information, this paper proposes an active
exploring method, that is, inner propulsion and outer attraction.

For outer attraction, new sample xj performs a collision checking, and find the nearest nodes
°x,, °xp. We define that the further the obstacle to the sample, the more attraction it can support,
that is, the attraction is proportional to the distance between obstacle and the sample using L2-
norm L,. The sample then re-allocation by add a obstacle biased attraction as:

X7 =x + k[ ("0 = x5) + (“x = x3)] (11)

Where k is a constant to adjust the shifting percentage of the attraction vector.
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Figure 4. Obstacle biased SBA uses the obstacle location as input, with inner propulsion and outer attraction, to generate
more samples for exploration. xj, x5 are new samples, the black region denotes obstacle region.

The inner sample in collision with the obstacle is regarded to provide guiding information for
the algorithm. This paper tries to find two more states 8xy, 8x, within kinematic reachable
region (discussed with Eq. (8)), it tries to find out the first two safe state with two directions
which are out of obstacle region in the kinematic reachable region (the light blue fan-shaped
region). Then, the two newly generated samples 8xy, &x; follows principle Eq. (11) to redistrib-
ute to the final position, and connect to the tree.

By using the two proposed approaches, we can generate more useful samples for extending,
especially, the samples generate around the edge of the obstacles with the ability to perform
more active exploration in cluttered environments. Besides, the outer attraction redistributes
the samples toward the narrow corridor between the obstacle, which thus increases the prob-
ability of finding safe path through such obstacle crowed region.

4.2. Homology biased

We assume any path hy(s) generated using SBA is consisted by a set of nodes hi(s) = {h;
|hi(s'),s" €[0,1]}, as it is illustrated in Figure 5(a) that exploring tree is consist of the red nodes.
Each red node is regarded as distinct with other nodes in the tree, with a distinct dominant
region, i.e. Voronoi region. Thus, a path h(s), which is consisted a set of states from the initial
state to the goal, can be isolated with each other with a distinct region V(br) combined by all
Voronoi regions of the states.

The region dominant property differs the path with each other, where a SB tree with
multiple paths (the path here may not connect to the goal, but they keep distinct with each
other from the initial position) can be described by a set of branches By={b(1), br(2), ...,
br(n)}. For each branch, it consists of a list of states which connect with each other to form
tree structure. In the tree, the end state relies on the parent state for extending as well as
trajectory tracking.
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each other enable exploration of By, By, B, toward the goal

Figure 5. The extending-forbidden algorithm (EFA) tries to find all the states along the goal reached branch at each goal
reaching checking step, such as branch B,. Then, EFA sets the flag of the states to be inactive, switching the extending
probability to the nearby branches.

4.2.1. Extending-forbidden algorithm

The path planner performs exploration following the Monte-Carlo approach. Given a configu-
ration space C in a topological space (the rectangle region as illustrated in Figure 5), we denote
the Lebesgue Measurement of the configuration space as L*| C|. Then we can get the Lebesgue
measurement of each branch b(i) of the tree using the same metric. Authors in [18] proved that
the dispersion of n random nodes sampled uniformly and independently in V(br(i)) is,

o [P0 i) LV _ [ (log )\
e L+[C ' (( n )) (12

Where 1(b,(i)) denotes the number of samples m, 1<m<n, that lies in the sub-branch b(i), n is
the number of all the sampling, d is the dimension of the configuration space. D denotes the
difference between the ration of sampling probability and ration of space Lebesgue measure-
ment, which follows the knowledge that Monte-Carlo method performs a uniform sampling. It
means the sampling probability approaches the ratio of Lebesgue measurements, that is, the
exploration probability can be represented as:

LV (br(D))|

Poi) = —5—— 13
br(i) L*|C| ( )
However, the probability of exploring in the configuration space does not benefit the
extending bias toward the goal. Let us still take a look at Figure 5(a), the branch B, dominant
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the near-goal region, and other region are not able to extend toward the goal as the samples
will not connect to the branches if it locates in the near-goal region. To solve this problem, this
paper proposes an Extending-Forbidden Algorithm (EFA), it shifts the source for extending to
other branches by forbidding the goal reached path.

Definition 3— Goal-biased Probability: Given a configuration space C, the exploring tree T
and all its branches which are main branches By and its corresponding sub-branches. The goal-
biased event denotes a branch can exploring toward the goal. If a goal region can be represented
as G,, and Voronoi(G,2Br(i)) is the region that belongs to goal region and the Voronoi region of
branch Br(i). Then, the nominal goal biased probability of branch B(i) toward G, is:

_ L*voronoi(G;2Br(i))|

Pc(Br(i) = (] (14)

And the real goal biased probability is normalized value of all branches, that is,

P& (Br(7)

Pg(Br(i)) = S, Pe(Br(i)

(15)

Definition 4—Long Sub-branch (LSB) and Short Sub-branch (SSB): Given a tree T and all its
Voronoi distinct main branches Bt. Then, we can define a length threshold dg. For all end
vertices in each main branch, we calculate the length Iy, from end to the goal reach reached
path (any state which firstly reached). If the length ly,>0g, then we call it Long Sub-branch
(LSB). If 1, < dp, we call the sub-branch as Short Sub-branch (SSB).

It should be noted that the threshold is very empirical in Definition 4, and it is decided based
on the configuration space and the kinematic constraints. In Figure 6, we set it as 15 meters,
then we have SSB,, SSB,, SSB3 as SSB, and LSB; as LSB. The reason why we have this definition
is that we cannot shift all the extending resource to the neighbor branches, and we have the
hypothesis that the SSB must has lower probability of finding a new path even given the
resource for extending. For example, the main Voronoi dominant branches By keep distinct
with each other, and each main branch has the probability Py, for exploration in the

ghB AT

» i
-l | I i F il

¥ Tnirial 2 =

Figure 6. An intuitive example of SSB and LSB in an exploring tree, which are generated using threshold principle as
defined in Definition 4.
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configuration space. After the tree stops extending at a certain iteration, we can have the results
as illustrated in Figure 5(a). Since goal region is in Voronoi region of branch B,, then we know
that we have the goal biased probability as P5(B(2))=1. One branch B, reached the goal region
which is represented with dotted back rectangle, EFA searches the SSBs and LSBs based on
Definition 4, and it labels states and executing forbidden. Then, we have a resource shifted
Voronoi graph as illustrated in Figure 5(b), where we can see that branch By and B; obtains the
Voronoi region which belongs to branch B,. The two branches also obtain the rectangle goal
region, that is, their goal biased probabilities are bigger than zero, Pg(B(1))>0, P5(B(3))>0.

Since EFA can shift the goal biased by extending resource to other branches, while not all paths
can obtain such resource. The following truths are hold:

1. The increasing of goal biased probability ensures the generation of a feasible path toward
the goal, but not all branches with goal biased probability can reach the goal at the same
time. Only one can reach the goal because of Voronoi dominant probability, thus the
general SBA cannot find multiple paths.

2. The efficiency of generating multiple paths mainly depends on the environment adapt-
ability of random exploring algorithms. For random exploring algorithm, their merits of
generating multiple branches enable the generation of multiple paths.

4.2.2. Reasonable alternative reference chosen

The proposed MGART is able to perform extending-forbidden toward multiple paths, as the
random exploring property guarantees completeness and diversity. However, the quality of
explored paths cannot be guaranteed, particularly a large number of homotopic paths are
generated. This paper proposes an approach to generate the reasonable path, and we analysis
under the hypothesis that the environment is highly cluttered and it is not practical to set
threshold for path planner to choose the best homological paths.

Definition 5—Reasonable Alternative Paths: Consider two homotopic paths h(m;) and h(m,)
in a configuration space C. The surrounding obstacle information along each path are 2(h(m;))
and 2(h(m;)). The reasonable alternative path exists if and only the surrounding information
of the two paths are not the same, such that, 2(h(m)) # 2(h(my)).

Given the sensing range of a robot as Y, and the obstacles set O={04, 05, ..., 04}. For path h(m,),
it consists of a set of discrete states X(mt1)={X(71)1, X(T1)2, ..., X(T1)n}. In this paper, we assume
that any obstacle o; can be described with a circle or ellipse centered at of, then we can build a
Delaunay Triangulation [19] connection (DTc) using the obstacle centers, the initial state, and
the goal state. For DTc, it can generate a network like structure, and each two states have at
most one connection. It is illustrated in Figure 8(a) that the green edges are the valid connec-
tions, with labels to distinct with each other. For any path, if the path intersects with an edge,
the edge information should be added to the information factor, such as the solid red path
intersects with edge L7, then L7 € 2(h(m;)). The edge labeling method can guarantee the
uniqueness toward homology, while we note that homotopic paths can also be used to perform
emergency threat management. It is represented in Figure 7(b), the solid red path h, and the
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dotted red path hp are homotopic to each other. Given the sensing range Y, we have the
sensing envelop which are dotted purple lines h, h¥ for hp, and solid black lines h5, h¥ for h,
indicating the maximum detection range for emergency threat. Then, we have the {01} € 2(hp)
and {o1,02,03,04} C2(hg), thus we have hy and hp both regarded as reasonable alternative
paths for online threat management.

The informative approach discussed thus can help to label each path in a configuration space,
such as the results listed in Table 1 of paths in Figure 7(a). Then according to Definition 5, we
can find the label of each path. For any several paths which have the same label, we choose the
shortest path and use as the candidate for online fast switching.

4.3. Emergency threat management

The reasonable alternative path set Hrap provides a network with cluttered environment
adaptivity. The concept of visibility was discussed in [20], where the cycle information is used
to enable fast deformation for motion planning. Visibility is defined as:

Path Path surrounding information

Edge information Obstacle

information

Dotted red L2.L3.L6.L7.L8.L19.L31 Os, Oy
Solid red L2.L3.L6.L7.L8.L19.L31 Os, Oy, O3, Oy
Dotted blue L2.L3.L6.L14.L16.L17.L18.L31 Os, Oy, O3, Oy
Solid blue L2.L3.L6.L14.L16.L20.L23.L24 Os, Oy, O3
Dotted pink L2.L10.L11.L22.L.27.1.29.L30 O¢, O7,Og
Solid pink L2.L10.L11.L22.L27.L.29.L30 Og¢, O, Oy, O3

Table 1. The path information parameter is consist of two parts, which are edge information using DTc and obstacle
information using sensing envelop, respectively.

[oF -

B

o] An sxarrgds of midtiphs paths generaled by path planner, e green edges e (B) The inlormaiion parameler also conaidens IFe suounding obstades wilhir
generaed using DT, The surcunding indomalion uies the edges Tor laboling. B sensing range, thus jo decide whether homobogio paths should keep.

Figure 7. An illustration of surrounding information used to find reasonable alternative path for online emergency threat
management. The information parameter consists of edge information and obstacle surrounding information within
sensing envelop.
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[0,1] x [0,1] — {0,1}
VS Vixy,xy) = 1 if Liji(xe,xp) € Chee CC (16)
V(xe,xp) = 0,if Liie(xt,xp) € Cops CC

Where x) denotes a state of a path, Lj;; is the connection of two states, Cree is the free space
and C,; is the obstacle region. A visual illustration is provided in Figure 8(a), where visibility
can only in obstacle free region.

It is noted that the visibility in this paper means a possible connection to switch from one path
to another for emergency threat management. For switching with visibility, given all the
reasonable alternative paths Hgrap the algorithm performs exploration for visibility state at
each UAV state xyay among Hrap The algorithm then outputs the visible guards (states) xgap
as illustrated in Figure 8(b). To avoid the pop-up threat (or dynamic threat), UAV must select
one entry guard from the visible guard set to reconnect to another pre-planned path to the
goal. To validate the best connection, that is, the entry point and the entry connection, this
paper applies the heuristic:

x* = argmin Crg (Xuav, Hrap) (Xrarg))) + Crc (Hrap) (Xrarg))) (17)

i

Using a simple cost based metric, where Cgg is the forward energy cost which is the distance
and the turning cost from UAV position xyay to entry state xgap(; and the path from entry
state to the goal Hgap(;)(Xrap())- The turning cost is the integration of heading angle difference
at each state, which denotes the smoothness of the planned path. Crc is the threat cost, the
integration of inverse distance between state and obstacles. Using such approach, the algo-
rithm can find five visible states xgap= {Xrap(1), ..., Xrap(5)} as illustrated in Figure 8(b). Then,
it tries to find the best entry state using the minimum cost principle (Eq. (17)).

Visible edges from X,
s Visitle nodes from X, ——-Unvisible sdges from X,

)

(&) Visibility concept illustration. x{) dencles the  (b) UAV is able to find visiable nodes of the multiple paths, and
state of a path. Purple region denotes the then pick the visible nodes out for swilching, The UAY is also
obstacle, able to remember the taveled path as represented in yvellow,

Figure 8. For online switching, UAV should follow the visible-node selection algorithm (a) to explore the possible
switching route, then it switches to the cost minimum path for ETM (b).
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We further consider a situation that there may have no visible states at current location. The
paper proposes to use a long-term memory approach to handle this problem, that is, the travel
path should be stored in memory, such as the orange edges and states illustrated in Figure 8(b).
In the meanwhile, the method stores the visible state along the traveled path. Then, the UAV has
to fly back to find a cost minimum path toward the goal if it confronts with pop-threat and has
no visible states.

5. Experiment and discussion

In this section, we highlight the performance of the obstacle biased and homology biased path
planner with the ability of emergency threat management (avoiding pop-up and dynamic
threat online). In the section, we will discuss the following points: (1) How the threshold of
EFA affects the performance of MGART. (2) The time performance and reliability of reasonable
alternative chosen algorithm. (3) The online emergency threat management performance. The
algorithm is implemented using MatLab 2016b on a laptop computer with a 2.6 GHz Intel
Core I5 processor.

5.1. Comparative simulation of multiple path exploration

We design three different scenarios, which are non-obstacle scenario, rounded obstacle crowed
scenario, and irregular polygons crowed scenario, to perform comparative simulations. All the
scenarios are 2D with 100*65 m* space, and obstacles randomly generated.

For scenario 1, it is a non-obstacle environment, and we set the variable threshold as a set with
value {3, 5,7, 8,11,13,15,18,20,25,28} for representation. As we know the length of EFA threshold
affects the goal biased probability, which directly decide the area of the newly obtained Voronoi
region of the neighbor branches, we design a set of comparative experiments to study the effects
between EF length and RAPs. An intuitive result of the relationship between planned paths and
EF length after 10,000 iterations are provided in Figure 9(a)-(d). MGART can find 37 paths after
10,000 iterations if EF length is set as 3 step-length, and the number decreases to 22 if the EF
length is set as 28. The reason is that the longer the EF length, the further the neighbor branches
can obtain the goal biased resource. Thus, the neighbor branches need more steps to exploring
toward the goal, that is, less paths will be achieved with better homology performance. As we can
see that the paths in Figure 9(d) have a better homology performance than Figure 9(a). The
same EF length variation experiment is also deployed in scenario 2, and results are shown in
Figure 9(e)—(h). For RAPs, it is the same with the results in scene 1 that RAPs decrease with the
increasing of the EF length. However, as the increasing of EF length enables more branches to
explore toward the goal as well as increasing the homologous paths (see in Figure 9(e)-(h)), the
number of the RAPs increasing with the increasing of the EF length. The statistic relation between
the RAPs and the EF length is illustrated in Figure 10, which further proves the conclusion.

The EFA can be used to any SBAs by shifting the goal biased resource to achieve multiple RAPs
for online switching. This paper compares the performance between MGART and MRRT* in
three scenarios with 10,000 iterations. We compare the efficiency of generating a path, RAPs,
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Figure 9. Illustration of alternative paths generated by MGART vary with representative backward EF length. (a)~(d)
denotes the results in non-obstacles scenario, (e)—(h) denotes the results in obstacle crowed.
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Figure 10. Relation between EF backward length and APs and RAPs with two scenarios. Here the solid diamond line
denotes the relation of scene 1, and the triangle lines denotes the results of scene 2.

average time for finding a path, and average time for any RAP are compared in Table 2. GART
has a better performance in both path exploration and RAP generation, such that MGART can
find at least 3 times of the number of paths toward the goal than MRRT*. Because GART
introduces the environmental information to speed up the exploring process, the results prove
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that MGART is more efficient in finding RAPs, which is almost 100% faster than MRRT*. For time
performance, we can see that MGART also outperforms MRRT* with at least 3 times advantage.

Besides comparison of the time performance of finding online switching paths (that is RAPs),
we also pay attention to the quality of the path generated. The average lengths and standard
deviation of the length of all paths in each scene are illustrated in Figure 11. The average length
of the paths that generated by MGART and MRRT* are illustrated in Figure 11(a), we can see
that MGART has a strong convergence performance than MRRT*. The standard deviation of
the lengths is shown in Figure 11(b), results demonstrate that MGART is more likely to find
paths with smaller fluctuation as well as smaller cost.

5.2. Performance of reasonable alternative path chosen

We also test the path labeling algorithm, that is, the surrounding information pursuing using
DTc and sensing envelop, which is used to obtain the reasonable alternative paths under
Definition 5. It is should be noted that the under the definition, any two paths do not have the
same information parameter, which enables fast switching when facing pop-up threat. As the
path label method guarantees the unique labeling of all the paths, only the paths which stretch
in a parallel way and within the same sensing envelop have the same labels.

The results of simulation after 10,000 iterations in scenario 2 and 3 are provided in Table 3. For
each single path, the time needed for labeling the path mainly depends on the area, dimension,

Scenario Algorithm Paths after RAPs after Average time for ~ Average time
10,000 iterations 10,000 iterations a feasible path for a RAP

Scenario 1 MGART 48 / 2.081 /
MMRRT* 12 / 7.825 /

Scenario 2 MGART 43 9 2.093 8.213
MRRT* 11 5 7.169 15.772

Scenario 3 MGART 34 10 2.257 7.674
MRRT* 11 5 6.789 14.935

Table 2. Detailed comparison of planning efficiency between MH-GART and MH-RRT* in all three scenarios.
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Figure 11. Comparison of (a) average length and (b) standard deviation of the APs generated by MGART and M-RRT* in
three scenarios.
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the complexity of the configuration space. For our tested with area 100760, the average time for
acquiring the information for labeling 0.078 s (see in Table 3). The average time needs for RAP
pursing of our cases is 0.139 s.

5.3. Experiments of emergency threat management

MGART can be used for 3D and 2D pop-up threat management, and the 3D environments can
be easily segmented by DT. We evaluate the performance of our method in both 2D and 3D
environments, and we also compared the time performance.

For 2D environments, we implement three tests with different number of dynamic threats. The
RAP chosen algorithm works when robot realizes that the path will collide with the pop-up
threat, that is, robot at position xyay detects the moving threat (see in Figure 12(a)). The
simulation setting is illustrated in Table 4, where the robot speed is 10 m/s and the moving threat
can be detected within 10 m detection range. Thus, the robot has less than 1 s to re-plan a path
and executing to avoid the obstacle. RAP chosen algorithm first evaluates all its neighbor RAPs
(the green lines) around the robot, and chooses the cost minimal and collision free path based on
principle Eq. (17) (the dotted green path in Figure 12(b)). It is noted that Figure 12(b)—(d) are
results of using MGART to avoid one, two, and three moving threats, respectively. The black
parts along the navigation path denote the position where threat is detected by robot. We also
execute test in 3D environment (see in Figure 13) with pup-up and moving threats. The on-line
switching is supposed to be used for aerial robots in 3D, thus Dublin’s Curves is used when
switching from current position to safe path.

For all the experiments, we study the time efficiency of each switching to escape from current
dangerous situation. For one moving threat avoiding (see in Figure 12(b)), the time needed to
switch to other RAP is 0.0507 s, and the whole navigation duration is 13.14 s with 10 m/s

Scenario 2 Scenario 3
Time for labeling (s) Time for RAPs (s) Time for labeling (s) Time for RAPs (s)
0.0721 0.146 0.0842 0.132

Table 3. Time performance of proposed method in two scenarios.

[
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{a) Visible states (b} ETM with one obstacle (c) ETM with twc; obstacles (d) ETM with three obslacles

Figure 12. Tests of on-line switching to avoid dynamic threats using MGART in 2D scenarios. (a) Robot detects moving
threat at position xyay, then it evaluates all its visible neighbor RAPs (the green lines) to choose the switching path. (b)
Complete navigation of avoiding one moving threat, the red path is the navigation path. (c) Test of avoiding two moving
threats, the black and red circles are threats. (d) Tests of avoiding three moving threats.
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Figure 13. The experiment of using MGAT for 3D emergency threat management case, where pop-up threat and moving
threat are exist in the environment.

Robot speed 10 m/s
Detection range 10 m
Speed of cyan obstacle (in Figure 12(b)—(c)) 1.4 m/s
Speed of red obstacles (in Figure 12(c)—(d)) 0.8 m/s
Speed of cyan obstacle (in Figure 12(d)) 0.8 m/s
Online switching range 20 m

Table 4. Setting of simulation for ETM.

speed. For two dynamic threats avoiding case (see in Figure 12(c)), the whole navigation time
is 13.32 s, and the time spend to avoid the second threat is 0.0912 s. In scene 3, we designed a
long duration for threat (see in Figure 12(d)). The two cyan threats disable the blue-path, thus
robot has to switch for more times while tracking the dark path. The average time is no more
than 0.15 s which can be decreased when implemented in robot’s platform with C++ imple-
mentation, and the whole navigation time is 13.5 s.

6. Conclusion

The main contribution of this paper is that an online EMT planner is proposed, where pop-up
threat and moving obstacle happen during tracking the pre-planned path. We propose a new
multiple path planning approach called MGART, which is improved based on GART, by
introducing an ‘Extending Forbidden’ algorithm to shift the goal biased probability to neigh-
bor branches around goal reached branch. The algorithm is shown to inherit the merits of
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GART and the ability of exploring in cluttered environments, and it guarantees asymptotically
optimal and completeness. It is also shown that the algorithm can generate multiple paths
without using variant cost principles, but only relying on the EFA threshold, thus it enables
selection for online dynamical switching.

In the future, we would like to research on online visual positioning and environment percep-
tion topic, which is lack of discussion in this paper. We would like to enable cognitive sensing
and autonomous for robots.
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