





Matrix Theory - Classics

and Advances
Edited by Mykhaylo Andriychuk

Published in London, United Kingdom




Matrix Theory - Classics and Advances
http: /dx.doi.org/10.5772/intechopen. 97927
Edited by Mykhaylo Andriychuk

Contributors

Mohammed Hadish, Elena A. Nikolaevskaya, Aleksandr N. Khimich, Igor A. Baranov, Amma Kazuo,
Mykhaylo I. Andriychuk, Ioan R. Ciric, Sergey Zagorodnyuk, Huajun Huang, Ming-Cheng Tsai, Giovanni
F. Crosta, Goong Chen, Gilles Burel, Hugo Pillin, Paul Baird, El-Houssain Baghious, Roland Gautier,
Natalia Mihailescu, Cristian N. Mihailescu, Mihai Oane, Carmen Ristoscu, Muhammad Arif Mahmood,
Ion N. Mihailescu, Sung Kook Lee, Moon Ho Lee

© The Editor(s) and the Author(s) 2023

The rights of the editor(s) and the author(s) have been asserted in accordance with the Copyright,
Designs and Patents Act 1988. All rights to the book as a whole are reserved by INTECHOPEN LIMITED.
The book as a whole (compilation) cannot be reproduced, distributed or used for commercial or
non-commercial purposes without INTECHOPEN LIMITED’s written permission. Enquiries concerning
the use of the book should be directed to INTECHOPEN LIMITED rights and permissions department
(permissions@intechopen.com).

Violations are liable to prosecution under the governing Copyright Law.

&

Individual chapters of this publication are distributed under the terms of the Creative Commons
Attribution 3.0 Unported License which permits commercial use, distribution and reproduction of
the individual chapters, provided the original author(s) and source publication are appropriately
acknowledged. If so indicated, certain images may not be included under the Creative Commons
license. In such cases users will need to obtain permission from the license holder to reproduce
the material. More details and guidelines concerning content reuse and adaptation can be found at
http: /www . intechopen.com/copyright-policy.html.

Notice

Statements and opinions expressed in the chapters are these of the individual contributors and not
necessarily those of the editors or publisher. No responsibility is accepted for the accuracy of
information contained in the published chapters. The publisher assumes no responsibility for any
damage or injury to persons or property arising out of the use of any materials, instructions, methods
or ideas contained in the book.

First published in London, United Kingdom, 2023 by IntechOpen
IntechOpen is the global imprint of INTECHOPEN LIMITED, registered in England and Wales,
registration number: 11086078, 5 Princes Gate Court, London, SW7 2QJ, United Kingdom

British Library Cataloguing-in-Publication Data
A catalogue record for this book is available from the British Library

Additional hard and PDF copies can be obtained from orders@intechopen.com

Matrix Theory - Classics and Advances
Edited by Mykhaylo Andriychuk

p.cm.

Print ISBN 978-1-80355-822-6
Online ISBN 978-1-80355-823-3
eBook (PDF) ISBN 978-1-80355-824-0



We are IntechOpen,
the world’s leading publisher of

Open Access books
Built by scientists, for scientists

62(D(D+ 168,000+ 185M+

ailable International authors and editor Downloads

Our author: among the

156 Top 1% 12. 2%

Countries deliv most cited s Contributors from top 500 universities

J ook *
CITATION
INDEX

Selection of our books indexed in the Book Citation Index
in Web of Science™ Core Collection (BKCI)

Interested in publishing with us?
Contact book.department@intechopen.com

Numbers displayed above are based on latest data collected.
For more information visit www.intechopen.com

1






Meet the editor

Prof. Andriychuk received an MSc in Computational Mathe-
‘ ‘ matics from Lviv National University, Ukraine in 1976, a Ph.D.
A in Application of Computational Techniques from Kyiv Na-
e\ tional University, Ukraine in 1987, and a DSc in Mathematical
A\ 758 " Modelling from Lviv Polytechnic National University (LPNU),
A L Ukraine in 2015. He has worked at the Pidstryhach Institute for
Applied Problems of Mechanics and Mathematics (IAPMM),
Ukraine for about 50 years. He is also a department head at the Pidstryhach In-
stitute for Applied Problems of Mechanics and Mathematics (IAPMM), National
Academy of Sciences of Ukraine and a professor at LPNU. He has published more
than 180 papers in scientific journals and international conference proceedings on
diffraction and antenna synthesis theory, optimization methods, and nonlinear
integral equations. He is also the author of two books on antenna synthesis theory.






Contents

Preface

Section 1
Theory and Progress

Chapter1
Linear K-Power Preservers and Trace of Power-Product Preservers
by Huajun Huang and Ming-Cheng Tsai

Chapter2
Pencils of Semi-Infinite Matrices and Orthogonal Polynomials
by Sergey Zagorodnyuk

Chapter 3

Matrix as an Alternative Solution for Evaluating Sentence
Reordering Tasks

by Amma Kazuo

Chapter 4
Weighted Least Squares Perturbation Theory
by Aleksandr N. Khimich, Elena A. Nikolaevskaya and Igor A. Baranov

Chapter5

A Study on Approximation of a Conjugate Function Using
Cesaro-Matrix Product Operator

by Mohammed Hadish

Chapter 6
Quaternion MPCEP, CEPMP, and MPCEPMP Generalized Inverses
by Ivan I. Kyrchei

Section 2
Applications

Chapter?7

The COVID-19 DNA-RNA Genetic Code Analysis Using Double Stochastic

and Block Circulant Jacket Matrix
by Sung Kook Lee and Moon Ho Lee

XI

33

53

71

101

123

141

143



Chapter 8

Joint EigenValue Decomposition for Quantum Information
Theory and Processing

by Gilles Burel, Hugo Pillin, Paul Baird, El-Houssain Baghious
and Roland Gautier

Chapter 9
Transformation Groups of the Doubly-Fed Induction Machine
by Giovanni F. Crosta and Goong Chen

Chapter 10

A New Approach to Solve Non-Fourier Heat Equation via Empirical
Methods Combined with the Integral Transform Technique

in Finite Domains

by Cristian N. Mihdilescu, Mihai Oane, Natalia Mihdilescu, Carmen Ristoscu,
Muhammad Arif Mahmood and Ion N. Mihdilescu

Chapter11

Advanced Methods for Solving Nonlinear Eigenvalue Problems
of Generalized Phase Optimization

by Mykhaylo Andriychuk

Chapter12

Using Matrix Differential Equations for Solving Systems of Linear
Algebraic Equations

by lIoan R. Ciric

169

191

211

223

247



Preface

Matrix theory is a branch of mathematics that has been developing over many centu-
ries and has been successfully used in both theoretical research and applied science.

In a theoretical sense, matrix theory is a powerful tool used to develop research in
such areas of mathematics as algebra, combinatorics, graph theory, statistics, and
so on. It is also used to solve many engineering problems in the fields of acous-
tics, fluid dynamics, electromagnetics, solid mechanics, build technology, and
communications.

This book consists of two sections. Section 1 contains six chapters devoted to the
development of such fields of matrix theory as pencils of matrices, semi-infinite
matrices, matrices with perturbed elements, the specific product of matrices, homo-
morphisms of matrices, and extension for informatics.

In Chapter 1, H. Huang and M.-C. Tsai study the properties of matrices products
related to the k-power preserver property. The authors introduce the subject and
provide a literature review. The definitive theorem of Tsai is cited to emphasize the
generality of results obtained in the author’s subsequent research. The generalization
of theorems on the k -power linear preservers starts for the case of a set of general
matrices on the field of complex numbers, which is proven for both the case of
positive and negative powers of k. The preliminary theorem, generalizing the known
theorem of Chan and Lim, is applied to prove the result. The fundamental theorem is
proved for a variety of sets (spaces) of matrices, such as complex Hermitian matrices,
symmetric matrices, positive definite matrices, diagonal matrices, and triangular
matrices. All the considered cases differ by assumptions that apply to the properties
of operators in the initial condition of the theorems.

Chapter 2, by S. Zagorodnyuk, focuses on semi-infinite matrices, generalized eigen-
value problems, and orthogonal polynomials. The classical examples are Jacobi and
Hessenberg matrices, which lead to orthogonal polynomials on the real line and to
orthogonal polynomials on the unit circle. Pencils of semi-infinite matrices are related
to various orthogonal systems of functions. The respective polynomials are defined

as generalized eigenvectors of the pencil. The polynomials under investigation have

a special orthogonality relation and they are useful for a series of physical and math-
ematical applications. The presented examples confirm that there is a certain relation
to Sobolev orthogonal polynomials that is a challenge for further investigations.

In Chapter 3, A. Kazuo proposes the optimization matrix approach for the correct
reordering of sentences in linguistics. The analysis starts with the usual methods
based on the transformation of data characteristics that define the correctness of the
transformed sentences. The chapter describes the maximal relative sequence evalua-
tion and applies it to resolve the problem of correcting the arrangement of the words.
To do this effectively, additional means of evaluation, such as the recovery distance,



should be used. To use this approach in a PC environment, the authors use Excel.
However, even though the problem data are not big in size, the number of necessary
columns grows drastically. A more effective approach consists of introducing tools
that decrease the required amount of memory. The illustrated application of the lin-
earity matrix method confirms the effectiveness of the sentence reordering procedure
in several examples. The evaluation of the obtained results demonstrates the possibil-
ity of using PC tools to check and correct big linguistic data.

In Chapter 4, A. N. Khimich et al. investigate the problems of weighted pseudoinverse
matrices and weighted least squares (WLS). The first part of the chapter examines
the sensitivity of the solution to the WLS problem with approximate initial data. The
second part investigates the properties of a system of linear algebraic equations with
approximate initial data and presents an algorithm for finding a weighted normal
pseudosolution to the WLS problem with approximate initial data. The developed
algorithm is extended for solving a WLS problem with symmetric positive semidefi-
nite matrices and an approximate right side. The third part of the chapter analyses
the exactness of the numerical solution to the WLS problem with approximate initial
data, discusses the software-algorithmic approaches for improving the accuracy of
computer solutions, and estimates the total error of the solution to the WLS problem.

Chapter 5, by M. Hadish is devoted to the evaluation of the errors of periodic func-
tions by the Cesdro-Matrix product involving the conjugate Fourier series. The
chapter presents an original approach related to the generalization of convergence of
series that is not summarized in the classical sense. Evidence shows that the Cesaro-
Matrix approach is a powerful tool for obtaining the sum of series when both the
usual matrix approach and Cesaro means are not applicable. The authors prove two
theorems that generalize the classical results related to slowly convergent series. Some
important corollaries, which are perspective for extraction of convergence for the spe-
cific slowly convergent series, follow from the theorems. This technique has potential
use in many engineering problems in which the computations lead to the calculation
of slowly convergent series.

In Chapter 6, by Ivan I. Kyrchei the notions of the MPCEP inverse and CEPMP inverse
are expanded to quaternion matrices and introduced new generalized inverses,

the right and left MPCEPMP inverses. Direct method of their calculations, that is,
their determinantal representations are obtained within the framework of theory

of quaternion row-column determinants previously developed by the author. In
consequence, these determinantal representations are derived in the case of complex
matrices.

Section 2, consisting of six chapters, focuses on practical medicine, information
theory, heat transfer, and antenna synthesis as related to the formation of COVID-19%
genetic code, energy conversion processes, quantum information theory process-

ing, solving differential and linear equations, and branching solutions to nonlinear
integral equations.

In Chapter 7, S. K. Lee and M. H. Lee propose the analytical justification of the
parameters of the Covid-19 genetic code predicted experimentally. This is realized by
involving the information theory proof based on the doubly stochastic matrix. The
genetic code model is considered in the framework of two symmetric probabilistic
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channels (DNA-RNA genetic code) with different parameters of input data, which
differ from the classical ones proposed by E. Chargaff. Because the computational
realization of the model was not implemented until now, the authors developed a
simple solution using the information theory of doubly stochastic matrix over the
Shannon symmetric channel. It was proved that DNA-RNA genetic code is some kind
of block circulant jacket matrix. Moreover, the chapter explores the abnormal pat-
terns by block circulant, upper-lower, and left-right schemes that cover the distorted
signal as well as the Covid-19 evolution.

In Chapter 8, G. Burel et al. demonstrate the application of linear algebra fundamentals
to quantum information processing. It is shown that in many practical cases a matrix
representation of the quantum systems is a powerful tool because it allows the use of
linear algebra to better understand their behaviours and to better implement simula-
tion procedures. The authors focus on Joint EigenValue Decomposition (JEVD) for

the development of quantum processing. The theoretical description of the method,
which aims to find a common basis of eigenvectors of a set of matrices, is supported by
the effective implementation of matrix-oriented programming languages (MATLAB
or Octave). It is established how to determine the encoding matrix of a quantum code
from a collection of Pauli errors that opens a perspective for future study related to the
interception of quantum channels and identification of the quantum coder used by

a non-cooperative transmitter. Using JEVD, the existence of a subspace of the whole
Hilbert space, which captures the essence of the search process, is proved. In addition,
an algorithm that allows us to check this result by simulation is given.

In Chapter 9, G. F. Crosta and G. Chen model three-phase, doubly fed induction
(DFI) machines by the inductance matrices with related electric and magnetic quanti-
ties. It introduces the algebraic properties of the mutual (rotor-to-stator) inductance
matrix, namely, its kernel, range, and left zero divisors. An exponential representa-
tion of an inductance matrix under suitable hypotheses is derived to obtain a simple
recurrent formula for the powers of the corresponding infinitesimal generator. In
addition, the transformation into an exponential form is derived axiomatically. The
proof of the electric torque theorem is simplified owing to newly derived formula for
the product of matrices that leads in relation to the Legendre transform. As a result, a
simple realistic machine model with the broken three-fold rotor symmetry is dis-
cussed and some properties for the resulting mutual inductance matrix are obtained.

A new approach to solving a non-Fourier heat equation is developed by C. N.
Mihdilescu et al. in Chapter 10. This leads to the necessity to check the validity/
limits of the integral transform technique on finite domains. The proposed technique
is based on the eigenvalues and eigenfunctions of the respective matrices, and its
applicability to both the laser and electron beam processing problems is examined.
The advantage of the method is its ability to obtain a solution with a small number of
iterations and high accuracy for the like Fourier equation. However, additional efforts
are needed to apply the approach proposed for the non-Fourier heat equation that is
explained by the slow convergence. One such effort is applying the extra-boundary
conditions. To avoid the problem with convergence, a new mixed approach is elabo-
rated that provides the required characteristics of convergence.

In Chapter 11, M. Andriychuk focuses on the development of analytical-numerical
methods for solving non-linear integral equations related to the generalized problem
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of phase optimization. The definitive property of such equations is that they are
non-linear because of the specificity of the problem under consideration; therefore,
the non-uniqueness of solutions appears. To extract a set of solutions, the respective
homogeneous non-linear integral equation that results in a non-linear eigenvalue
problem is used. Effective numerical algorithms are developed to find the respective
eigenvalues and eigenfunctions. The study of the eigenvalues’ peculiarities allows us
to determine a set of points, in which the respective eigenvalues are equal to unity that
determines the branching points of solutions. The total solution to the initial non-
linear equation can be presented in terms of the obtained eigenfunctions. The data
of calculations testify to the ability of the proposed approach to finding solutions to
non-linear integral equations numerically without large computations.

Chapter 12, by I. R. Ciric, focuses on the application of matrix differential equations
for solving systems of linear algebraic equations. The accurate solutions were derived
in terms of a new kind of an infinite series of matrices, which are truncated and
applied repeatedly to approximate the solution. Each new term in these matrix series
is obtained by multiplication on a matrix, which becomes as conditioned tending to
the identity matrix that results in the effective applying the computations based on
the iterative procedure. The solution method is flexible to change the initial problem’s
parameters. Efficient computation of an approximate solution, applicable even to
poorly conditioned systems, is demonstrated based on the alternate application of
two different types of minimization of associated functionals. Large computation is
not needed to obtain an approximate solution for large linear systems as compared to
usual methods.

It is my great pleasure to thank all book authors for their enthusiasm, patience, and
improvement of the chapters throughout the reviewing process. In addition, I express
my sincere thanks to Ms. Jelena Vrdoljak for her professional support during the
book’s preparation.

Mykhaylo Andriychuk,

Pidstryhach Institute for Applied Problemsof Mechanics and Mathematics, NASU,
Lviv Polytechnic National University,

Lviv, Ukraine
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Section 1

Theory and Progress







Chapter 1

Linear K-Power Preservers and
Trace of Power-Product Preservers

Huajun Huang and Ming-Cheng Tsai

Abstract

Let V be the set of # x #n complex or real general matrices, Hermitian matrices,
symmetric matrices, positive definite (resp. semi-definite) matrices, diagonal matri-
ces, or upper triangular matrices. Fix k € Z\{0,1}. We characterize linear maps y :

V — V that satisfy y(A*) = y(A)* on an open neighborhood S of I,, in V. The k-power

preservers are necessarily k-potent preservers, and k = 2 corresponds to Jordan
homomorphisms. Applying the results, we characterize maps ¢,y : V — V that

satisfy “tr (gb(A)y/(B)k) = tV(ABk) forall A€V, B€S, and y is linear” or
“tr (qﬁ(A)y/(B)k) =tr(AB") for all A, Be S and both ¢ and y are linear.” The charac-

terizations systematically extend existing results in literature, and they have many
applications in areas like quantum information theory. Some structural theorems and
power series over matrices are widely used in our characterizations.

Keywords: k-power, power preserver, trace preserver, power series of matrices

1. Introduction

Preserver problem is one of the most active research areas in matrix theory (e.g. [1-4]).
Researchers would like to characterize the maps on a given space of matrices preserving
certain subsets, functions or relations. One of the preserver problems concerns maps y on
some sets V of matrices which preserves k-power for a fixed integer & > 2, that is,

w(A*) = w(A)* forany A € V (e.g. [3,5, 6]). The k-power preservers form a special class
of polynomial preservers. One important reason of this problem lies on the fact that the
case k = 2 corresponds to Jordan homomorphisms. Moreover, every k-power preserver is
also a k-potent preserver, that is, A=A imply that w(A)k =y(A) forany A € V. Some
researches on k-potent preservers can be found in [6-8].

Given a field F, let M,,(F), S,(F), D, (F), N',,(F), and 7, (F) denote the set of n x n
general, symmetric, diagonal, strictly upper triangular, and upper triangular matrices
over I, respectively. When F is the complex field C, we may write M,, instead of
M,,(C), and so on. Let H,,, P,, and P, denote the set of complex Hermitian, positive
definite, and positive semidefinite matrices, and H,(R) = S,(R), P,(R), and P,(R)
the corresponding set of real matrices, respectively. A matrix space is a subspace of
My 4 (F) for certain m,n € Z,.. Let A (resp. A*) denote the transpose (resp. conjugate
transpose) of a matrix A.

3 IntechOpen
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In 1951, Kadison [9] showed that a Jordan s -isomorphism on M, namely, a
bijective linear map with y(A%) = w(A) and y(A*) = w(A)* for all A€ M,, is the
direct sum of a * -isomorphism and a * -anti-isomorphism. Hence w(A) = UAU* for
alAe M, ory(A) = UATU* forall Ae M, by [[3], Theorem A.8]. Let k>2be a
fixed integer. In 1992, Chan and Lim ([5]) determined a nonzero linear operator y :
M, (F) — M, (F) (resp. y : S,(F) — S,(F)) such that y(A*) = w(A)* for all
A e M, (F) (resp. 5,(F)) (See Theorems 3.1 and 5.1). In 1998, Bresar, Martindale,
and Miers considered additive maps of general prime rings to solve an analogous
problem by using the deep algebraic techniques ([10]). Monlar [[3], P6] described a
particular case of their result which extends Theorem 3.1 to surjective linear
operators on B(H). In 2004, Cao and Zhang determined additive k-power preserver
on M, (F) and S, (F) ([11]). They also characterized injective additive k-power
preserver on 7 ,(F) ([12] or [[6], Theorem 6.5.2]), which leads to injective linear k-
power preserver on 7 ,(IF) (see Theorem 8.1). In 2006, Cao and Zhang also character-
ized linear k-power preservers from M, (F) to M,,(F) and from S, (F) to M,,(F)
(resp. S (F)) [8].

In this article, given an integer k € Z\{0, 1}, we show that a unital linear map y :
V — W between matrix spaces preserving k-powers on a neighborhood of identity
must preserve all integer powers (Theorem 2.1). Then we characterize, for F = C and
R, linear operators on sets V = M, (F), Hy,, Sy(F), Py, Pu(R), D,(F), and 7,(F) that
satisfy t//(A]e )= w(A)* onan open neighborhood of I, in V. In the following descrip-
tions, P € M,,(F) is invertible, U € M, (F) is unitary, O € M, (F) is orthogonal, and
2 €T satisfies that A* 71 = 1.

1.V = M, (F) (Theorem 3.4): y(A) = APAP ! or y(A) = APA'P~L.

2.V = H, (Theorem 4.1): When k is even, y(A) = U*AU or y(A) = U*A'U.
When k is odd, y(A) = U *AU or y(A) = +U*A'U.

3.V = S,(F) (Theorem 5.2): w(A) = 20A0'.

4.V =P, or P,(R) (Theorem 6.1): w(A) = U* AU ory(A) = U*A'U.

5.V = D, (F) (Theorem 7.1): y(A) = w(I,,)diag( Foy @A) s fp(n)(A)), in which

w(I,)k = w(l,),p: {1, ..,n} — {0,1, ...,n} is a function, and f, : D,(F) — F
(i=0,1, ...,n) satisfy that, for A = diag(a1, ...,a,), f,(A) = 0and f,(A) = a;
fori =1, ...,n.

6.V = T,(F) (Theorem 8.4 for n>3): y(A) = APAP ' or y(A) = APA"P7', in
which PeT, (F) and A” = (an+17j,n+1fi) ifA= (ﬂl])

Our results on M, (F) and S, (F) extend Chan and Lim’s results in Theorems 3.1
and 5.1, and result on 7, (F) extend Cao and Zhang’s linear version result in [12].

Another topic is the study of a linear map ¢ from a matrix set S to another matrix
set T preserving trace equation. In 1931, Wigner’s unitary-antiunitary theorem [[3],
p- 12] says that if ¢ is a bijective map defined on the set of all rank one projections on a
Hilbert space H satisfying
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tr(¢(A)¢(B)) = tr(AB), 1

then there is an either unitary or antiunitary operator U on H such that ¢(P) =
U*PU or ¢(P) = U* P'U for all rank one projections P. In 1963, Uhlhorn generalized
Wigner’s theorem to show that the same conclusion holds if the equality
tr(¢p(P)¢(Q)) = tr(PQ) is replaced by tr(¢(P)¢p(Q)) = 0=tr(PQ) = 0 (see [13]).

In 2002, Molnér (in the proof of [[14], Theorem 1]) showed that maps ¢ on the
space of all bounded linear operators on a Banach space B(X) satisfying (1) for
A € B(X), rank one operator B € B(X) are linear. In 2012, Li, Plevnik, and Semrl [15]
characterized bijective maps ¢ : S — S satisfying tr(¢(A)¢(B)) = cotr(AB) = c fora
given real number ¢, where S is H,,, S,(R), or the set of rank one projections.

In [[16], Lemma 3.6], Huang et al. showed that the following statements are
equivalent for a unital map ¢ on P,:

1L.er(¢p(A)p(B)) = tr(AB) for A,BE P,;
2.tr<¢(A)¢(B)’1) — tr(AB™Y) for A, BE Py;

3.¢(A) =U*AU or U*A'U for a unitary matrix U.

The authors also determined the cases if ¢ is not assuming unital, the set P, is
replaced by another set like M,,, S,, 7, or D,. In [[17], Theorem 3.8], Leung, Ng, and
Wong considered the relation (1) on infinite dimensional space.

Let (S) denote the subspace spanned by a subset S of a vector space. Recently,
Huang and Tsai studied two maps preserving trace of product [18]. Suppose two maps
¢ : Vi — Wyand y : V, — W, between subsets of matrix spaces over a field F under
some conditions satisfy

tr(¢p(A)y(B)) = tr(AB) )

for all A € V4, B€ V,. The authors showed that these two maps can be extended
to bijective linear maps ¢ : (V1) — (W1) and i : (V) — (W) that satisfy
tr(¢(A)i(B)) = tr(AB) for all A € (V1), BE (V) (see Theorem 2.2). Hence when a
matrix space V is closed under conjugate transpose, every linear bijection¢ : V — V
corresponds to a unique linear bijection y : V' — V that makes (2) hold (see Corollary
2.3). Therefore, each of ¢ and y has no specific form.

One natural question is to ask when the following equality holds for a fixed
keZ\{0,1}:

tr((/)(A)y/(B)k) = tr(ABY). 3)

The second major work of this paper is to use our descriptions of linear k-power
preservers on an open neighborhood S of I,, in V to characterize maps ¢,y : V — V
under one of the assumptions:

1.equality (3) holds for all A€V, BES, and v is linear, or

2.equality (3) holds for all A, B €S and both ¢ and y are linear,
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for the sets V = M,,, Hy, Pus Sns Dn, T, and their real counterparts. These results,
together with Theorem 2.2 and the characterizations of maps ¢, -+, ¢,, : V. — V (m >3)
that satisfy t7(¢p1 (A1) &,,(Am)) = tr(A1--Ay) in [18], make a comprehensive picture of
the preservers of trace of matrix products in the related matrix spaces and sets.

In the following characterizations, F = C or R, P, Q € M, (F) are invertible,
U € M, (F) is unitary, O € M,,(F) is orthogonal, and c € F\{0}.

1.V = M, (F) (Theorem 3.5):

a. Whenk = —1, ¢(A) = PAQ and y(B) = PBQ, or ¢(A) = PA'Q and
w(B) = PB'Q.

b. When k € Z\{~1, 0,1}, $(A) = ¢ *PAP ' and w(B) = cPBP?, or $(A) =
¢ *PA'P~' and y(B) = cPB'PL.

2.V = H, (Theorem 4.2):

a. Whenk = —1, ¢(A) = cP* AP and w/(B) = cP*BP, or ¢)(A) = cP* A'P and
w(B) = cP*BP, force {1, —1}.

b. When k€ Z\{-1,0,1}, $(A) = c *U* AU and w(B) = cU*BU, or ¢(A) =
¢ *U*A'U and w(B) = cU*B'U, for ce R\{0}.

3.V =S, (F) (Theorem 5.3):
a. When k = —1, ¢p(A) = cPAP" and w(B) = cPBP.
b. When k€ Z\{—1,0,1}, $(A) = c *OAO" and w(B) = cOBO".

4.V = P, and P,(R) (Theorem 6.4): p(A) = ¢ *U* AU and w(B) = cU*BU, or
$(A) = c*U* A'U and y(B) = cU* B'U, in which ¢ € R". Characterizations
under some other assumptions are also given as special cases of Theorem 6.2
(Huang, Tsai [18]).

5.V = D,(F) (Theorem 7.2): p(A) = PC*AP~!, y(B) = PCBP~! where Pis a
permutation matrix and C = D, (FF) is diagonal and invertible.

6.V =T7,(F) (Theorem 8.5): ¢ and y send NV, (F) to N, (F), (Deg)|p, () and
(Dey)|p, () are characterized by Theorem 7.2, and De¢p = DogpeD. Here D

denotes the map that sends A € 7,,(FF) to the diagonal matrix with the same
diagonal as A.

The sets M,,, Hy, Pus Sn, Dy, and their real counterparts are closed
under conjugate transpose. In these sets, t7(AB) = (A*, B) for the standard inner
product. Our trace of product preservers can also be interpreted as inner product
preservers, which have wide applications in research areas like quantum information
theory.
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2. Preliminary
2.1 Linear operators preserving powers

We show below that: given k € Z\{0, 1}, a unital linear map y : V. — W between
matrix spaces preserving k-powers on a neighborhood of identity in V must preserve all
integer powers. Let Z, (resp. Z_) denote the set of all positive (resp. negative) integers.

Theorem 2.1. Let F = C or R. Let V C M, (F) and W C M, (IF) be matrix spaces. Fix
keZ\{0,1}.

1.Suppose the identity matrix I, € V and A* €V for all matrices A in an open
neighborhood Sy of I, in 'V consisting of invertible matrices. Then

{AB+BA:A,BEV}CV, (4)
{A7': A€ Vis invertible} C V. (5)
In particular,
{A":AeV}CV, reZ., and (6)
{A" : AeVis invertible} CV, reZ._. 7

2. Suppose I, €V, I, € W, and A* € V for all matrices A in an open neighborhood Sy
of I, in V consisting of invertible matrices. Suppose y : V. — W is a linear map that
satisfies the following conditions:

w(ly) =1 ®
w(A*) =y(A), AeSy. )
Then

w(AB+BA) =y (A)y(B) +y(Bw(4), A,BeV, (10)
w(A™) =y(A)"!, invertible A€ V. (11)

In particular,
w(A) =yw(A), A€V, reZ,, and (12)
w(A") =w(A), invertible A€V, reZ_. (13)

Proof. We prove the complex case. The real case is done similarly.

1. For each A € V\{0}, there is € > 0 such that I, + xA € Sy for all x € C with
|x] < min {e, m} Thus

(I, +xA)k =1, +xkA +x2

Lkz_ U 42 +.-eV. (14)

The second derivative
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d2
~a +xAY| —k(k—1)A%eV. (15)
X x=0

Since k€ {0, 1}, we have A? eV for all A € V. Therefore, for A,BEV,
AB+BA =(A+B)-A2—B’€eV. (16)

In particular, A € V implies that A" € V for all r € Z,..

Cayley-Hamilton theorem implies that every invertible matrix A satisfies that
A™! =f(A) for a certain polynomial f (x) € F[x]. Therefore, A~ € V, so that A" € V for
allreZ._.

2.Now suppose (8) and (9) hold. The proof is proceeded similarly to the proof of
part (1). For every A € V, there is € > 0 such that for all x € C with

¢l < min {e, r, oy}
(w(I, +xA))* = I, + xky(A) +x2k(k2_ ) w(A)Y + - eW, (17)
y/((lp +xA)k) =1, +xky(A) +x2k(k2_ L) w(A%) + - ew. (18)
since (17) and (18) equal, we have
w(A) =y (A?), AeV. (19)
Therefore, for A,B€V,
w((A4+B)) =y(a+B) (20)

We get (10): y(AB + BA) = w(A)w(B) + w(B)w(A). In particular y(A") = w(A)"
forall AeVandreZ,.

Every invertible A € V can be expressed as A~! = f(A) for a certain
polynomial f(x) € Flx]. Then w(A™") = y( f(A)) =f(w(A)) is commuting with y(A).
Hence

20 (A Ny (A) =w(A )y (A) +y(Aw (A7) =y(AT'A+AAT) =20, (21)

We get y(A™!) = y(A) " Therefore, y(A") = y(A) forallreZ..

Theorem 2.1 is powerful in exploring k-power preservers in matrix spaces. Note
that every k-power preserver is a k-potent preserver. Theorem 2.1 can also be used to
investigate k-potent preservers in matrix spaces.

2.2 Two maps preserving trace of product

We recall two results about two maps preserving trace of product in [18]. They are
handy in proving linear bijectivity of maps preserving trace of products. Recall that if
S is a subset of a vector space, then (S) denotes the subspace spanned by S.

8
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Theorem 2.2 (Huang, Tsai [18]). Let ¢ : V1 — Wy and y : V, — W be two mayps
between subsets of matrix spaces over a field F such that:

dim(V;) = dim(V,) > max {dim(W3), dim(W,)}.
1.AB are well-defined square matrices for (A,B) € (V1 x V) U (W1 x W»).
2.If A € (V) satisfies that tr(AB) = O for all B (V3), then A = 0.
3.¢ and y satisfy that
tr(¢p(A)y(B)) = tr(AB), A€V,, BEV,. (22)

Then dim(V;) = dim(V>,) = dim(W;) = dim(W3) and ¢ and y can be extended to
bijective linear map ¢ : (V1) — (W;) and i : (V) — (W), respectively, such that

tr(¢p(A)y(B)) = tr(AB), A€(Vy), BE(Vy). (23)

A subset V of M, is closed under conjugate transpose if {A* : AecV}CV. A
real or complex matrix space V is closed under conjugate transpose if and only if V
equals the direct sum of its subspace of Hermitian matrices and its subspace of
skew-Hermitian matrices.

Corollary 2.3 (Huang, Tsai [18]). Let V be a subset of M,, closed under conjugate
transpose. Suppose two maps ¢,y : V — V satisfy that

tr(¢(A)w(B)) = tr(AB), A,BeV. 4)

Then ¢ and y can be extended to linear bijections on (V). Moreover, when V is a vector
space, every linear bijection ¢ : V — V corvesponds to a unique linear bijection y : V — V
such that (24) holds. Explicitly, given an ovthonormal basis {A1, ..., Az} of V with respect
to the inner product (A, B) = tr(A™ B), y is defined by w(A;) = B; in which {B, ..., B}
is a basis of V with tr(qﬁ(Ai* )B]-) =& foralli,je {1, ..., 7}

Corollary 2.3 shows that when a matrix space V is closed under conjugate trans-
pose, every linear bijection ¢ : V — V corresponds to a unique linear bijection y :

V — V that makes (24) hold. The next natural thing is to determine ¢ and y that

satisfy tr (qﬁ(A)w(B)k) = tr(AB") for a fixed k € Z\ {0, 1}.

From now on, we focus on the fields F = C or R.

3. k-power linear preservers and trace of power-product preservers on
M, and M, (R)

3.1 k-power preservers on M, and M, (R)

Chan and Lim described the linear k-power preservers on M, and M, (R) for k >2
in [7, Theorem 1] as follows.

Theorem 3.1. (Chan, Lim [5]) Let an integer k > 2. Let F be a field with char(F) = 0
or char(F) > k. Suppose that y : M, (F) — M, (F) is a nonzero linear operator such that
l[/(Ak) = l;/(A)kfor all A € M, (F). Then there exist A€ F with 2** = 1 and an invertible
matrix P € M, (F) such that

9
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w(A) = APAP™', AeM,(F), or (25)
w(A) = APA'P7Y, AeM,(F). (26)

(25) and (26) need not hold if y is zero or is a map on a subspace of M, (F). The
following are two examples. Another example can be found in maps on D, (F)
(Theorem 7.1).

Example 3.2. The zero map w(A) = 0 clearly satisfies y/(Ak) = l//(A)kaV alAe M,
but they are not of the form (25) or (26).

Example 3.3. Let n = k + m, k,m > 2, and consider the operator y on the subspace
W = M ®M,, of M, defined by w(ADB) = A®B' for A € M, and B€ M,,. Then
w(A*) = yw(A) for all A€ W and k € L., but v is not of the form (25) or (26).

We now generalize Theorem 3.1 to include negative integers k and to assume the k-
power preserving condition y/(Ak) — (A only on matrices nearby the identity.

Theorem 3.4. Let F = C or R. Let an integer k € Z\{0, 1}. Suppose that v :
M, (F) — M, (F) is a nonzero linear map such that w(A*) = w(A)* for all A in an open

neighborhood of I, consisting of invertible matrices. Then there exist € F with 2*~' = 1and
an invertible matrix P € M, (F) such that

w(A) = APAP™', AeM,(F), or (27)
w(A) = APA'P?, AeM,(F). (28)

Proof. We prove for the case F = C. The case F = R can be done similarly.

Obviously, y(I,) = (I¥) = w(l,)".

1.First suppose k > 2. For each A € M,,, there exists € > 0 such that for allx € C
with |x| <e, the following two power series converge and equal:

k—1 ‘ A
(W(In +xA))* =y (L) +x (Z V/(In)il//(A)y/(I,,)k_l">
i=0

k=2 k—2—i (29)
+x2< v (L) w( Ay (L) y (A (L) > ) +
i=0 j=0

k(k —1

w((ln + xA)k> = y(I,) + xky(A) + x2¥y/(A2) SIS (30)
Equating degree one terms above, we get

k-1 ‘ oy

ky(A) =D w(l) w(A)w(T) (31)

Applying (31), we have

ey (I )y (A) — ky (A)y (In) = w(L,) 'y (A) — w(Ay(I)* = w(L)y(A) - w(Ay ().

10
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Hence w(I,)w(A) = w(A)y(I,) for A € M,, that is, y(I,) commutes with the range
of .

Now equating degree two terms of (29) and (30) and taking into account that
k< {0,1}, we have

w(L) Pw(A) = y(4?). (33)

Define y1(A) = w(I,)* *w(A) for A€ M,. Then y;(A?) = (y;(A))* for all A € M,.
(31) and the assumption that y is nonzero imply that w(I,,) # 0. So w1 (I, )y (I,) =
w (I, )k =y(I,) # 0. Thus w4 (I,) # 0 and vy is nonzero. By Theorem 3.1, there exists

an invertible P € M,, such that y;(A) = PAP~! for A€ M, or y;(A) = PA'P~? for
A € M,,. Moreover, y(I,) commutes with all y;(4), so that w(I,) = A, foraleC.

By I, =yyi(l,) = w7, we get /*~1 = 1. Therefore, yw(A) = Ay, (A). We get (27)
and (28).
1.Next Suppose k < 0. For every A € M, the power series expansions of
-1
(w(I, +xA)) ™ and 1//((1,, +xA)* ) are equal when |x| is sufficiently small:

k-1

(y (T +xA) ™" =y(L,)™ +x<z w(In)iw(A)w(In)k1i> + oo (34)
i=0

o (@ +52)) " =) k) A e (39)

Equating degree one terms of (34) and (35), we get

k-1
—ky (L) (A (L) = wl) (A (L) (36)
i=0

Therefore,

—k(wAw() "~y (L) w(A))
—k—1
2

1

=y(l,) wan)l‘w(A)wan)‘k‘l‘f) (

i=0

- wan)fw(A)wun)-k‘l—f) y(1,) G7)
0
= w(L)  w(A) —w Ay (L) ™ = w(l,) w(A) —yA)y(I,) .

We get y(I,) 'w(A) = w(A)w(I,) " for Ae M,. So w(I,) " and w(I,) commute
with the range of . The following power series are equal for every A € M, when [x]| is
sufficiently small:

k(k — 1)
2

w(L) (AP + - (38)
k(k —1)
2

(w(Iy +xA))* = w(l,) + xly (L) y(A) + 5>
v (I +xA)") = wlly) +xkw(4) + x? y(A2) 4+ - (39)

11
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Equating degree two terms of (38) and (39), we get w(L) 2w (A)? = w(A?). Let
y1(4) =y (L) *w(A) = w(l,) 'w(A). Then yy(A)* = y1(A%) and y, is nonzero.
Using Theorem 3.1, we can get (27) and (39).

3.2 Trace of power-product preserers on M,, and M, (R)

Corollary 2.3 shows that every linear bijection ¢ : M, (F) — M, (FF) corresponds
to another linear bijection y : M, (F) — M,,(F) such that t»(¢(A)y(B)) = tr(AB)
for all A, Be M, (F). When m > 3, maps ¢, -+, ¢,, on M, (F) that satisfy
(P (A1) (Am)) = tr(Ayg---Ayy) for Aq, ..., Ay € M, (F) are determined in [18].

If two maps on M, (F) satisfy the following trace condition about k-powers, then
they have specific forms.

Theorem 3.5. Let F = C or R. Let k € Z\{0, 1}. Let S be an open neighborhood of I,
consisting of invertible matrices. Then two maps ¢,y : M, (F) — M, (F) satisfy that

tr(qb(A)y/(B)k) = tr(ABY), (40)
1.forall Ae M, (F), BES, and y is linear, or
2.for all A,B €S and both ¢ and y ave linear,
if and only if ¢ and y take the following forms:

a. When k = —1, there exist invertible matrices P, Q € M,,(F) such that

$(A) = PAQ $(A) = PA'Q
( w(B)=PBQ ( w(B) = ppq PEME) “v
b. When k € Z\{—1, 0,1}, there exist c e F\{0} and an invertible matrix P € M,,(F)
such that
_ kpaAp- — ckpAtp
$(A) = "PAP Do PA) = kPAIf ' A, Be M,(F). (42)
w(B) = cPBP! w(B) = cPB'P?

Proof. We prove the case F = C; the case F = R can be done similarly.
Suppose assumption (2) holds. Then for every A € M,,(IF), there exists c€ F\{0}
such that I, — cA €S, so that for all BES:

tr(B*) = tr((¢(ln —cA) +c¢(A))y/(B)k) = tr((I, — cA)B") +ctr(¢(A)y/(B)k).
(43)

Thus tr (qﬁ(A)y/(B)k) =tr (ABk) for A € M, (F) and B €S, which leads to

assumption (1).
Now we prove the theorem under assumption (1), that is, (40) holds for all
A eM,(F) and B€S, and y is linear. Only the necessary part is needed to prove.

LetS = {B eP, :B/ke S}, which is an open neighborhood of I,, in P,. Define i :
S — M,, such that y(B) = W(Bl/k)k. Then (40) implies that

12
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tr(¢(A)ip(B)) :tr<¢(A)w(Bl/k)k) = tr(AB), AeM,, BeS. (44)

The complex span of S’ is M,,. By Theorem 2.2, ¢ is bijective linear, and y can be
extended to a linear bijection on M,,.
The linearity of y and (40) imply that for every B € M,,, there exists € > 0 such

that I, + xB € S and the power series of (I, + xB)* converges whenever |x| <e. Then

tr (qﬁ(A)(y/(I,,) + xl//(B))k> - tr(A(In + xB)k), AEM,, Ix| <e. (45)
1. First suppose k > 2. Equating degree one terms and degree (k — 1) terms

on both sides of (45) respectively, we get the following identities for
A,Be M,:

1=

k_l . .
tr <¢<A> (Z w(In)kl’w(B)w(In)’) ) — tr(kAB), (46)

tr <¢(A) <ki w(B)iu/(In)y/(B)kli> ) — tr (kAB’H) . (47)
i=0

Let {C;:i =1, ...,n?} be a basis of projection matrices (i.e. C} = C;) in M,. For
example, we may choose the following basis of rank 1 projections:

1 -
{Eii : 1§i§n}u{\/§(Eii +Ej + 6E; + E;) - 1gi<jgn,5e{1,i}}. (48)

By (40) and (47), for A€ M, andi =1, ..., n?,

b
[uN

tr(k¢(A)w(c,-)k) — tr(kAC)) = tr <¢(A) ( W(c,.)fl,/(zn)y/(c,-)“f> ) . (49)

Il
=

j

By the bijectivity of ¢,

ky (C)* =" w(C)w(Dw (G (50)

Since

tr(Al//(Ci)k> =tr(¢p (A)CE) =tr(p H(A)Ci), AEM,, i=1,..,n% (52)

13
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the only matrix A € M,, such that tr (At//(Ci)k) =0 forallie {1, ...,n*} is the zero

matrix. So {w(Ci)k =1, .. ,nz} is a basis of M,,. (51) implies that w(I,) = cI, for

certain c € C\{0}.
(46) shows that

¢ Ur(¢p(A)w(B)) = tr(AB), A,BEM,. (53)
Therefore,
e (p(A)w (BY)) = tr(AB) = tr(p(Aw(B)*), A€M, BeS.  (54)
The bijectivity of ¢ shows that ¢* 1y (B*) = y(B)* for BE€S, that s,
cw(BY) = [c'w(B)", Bes. (55)

Notice that ¢y (I,) = I,. By Theorem 3.4, there is an invertible P € M,, such that y
is of the form y/(B) = ¢cPBP " or y(B) = cPB'P~! for B € M,. Consequently, we get (42).

2. Now suppose k < 0. Then y(I,,) is invertible. For every B € M, and sufficiently
small x, we have the power series expansion:

(w(L,) +xy(B))*

= {(In +xw(1n)*lw(3))

-1

l/,([n)l} Ife]

(1 —e00) " (B) + (1) B (1) (B) + - Yt ] ,
[kl

= W(In)k -X (Z

i=1

w<1n>"w<B>w<1n>“+f)

k] |k|-+1—i ' ' N

+x’ (Z > ‘I’(In)’w(B)w(In)Ju/(B)w(I,,)k2+l+f> T
i=1 j=1

Equating degree one terms and degree two terms of (45) respectively and using
(56), we get the following identities for A, B € M,:

Ikl . .
tr (¢<A> (Z w<1n>’w<B>w(In)k”’>> — tr(|k|AB), (57)
i=1
k| |e|-+1—i ‘ ' . _
tr<¢(A)<Z > w<1n>’w<B>w(zn)fw<B)w(1n>k”W)) —tr<M21>A32>.
=1 j=1
(58)

(57) and (40) imply that
] . A
> w(l) Ty (B )w(I) T = |kly(B), BeS. (59)

i=1
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Let F,(B) denote the degree r coefficient in the power series of (w(I,) + xy (B))F.

Then (57) and (58) show that:

]"‘T_lF1 (B*) =F5(B), BEM,. (60)

Denote y (B) ==y (B)y(I,)". We discuss the cases k = —1and k # —1.
a. When k = —1, (60) leads to
w(B*) =w(B)w(L,) 'w(B), BeM,. (61)

So y; (B?) = w,(B)” for B€ M,. Note that y (I,,) = I,,. By Theorem 3.4, there exists
an invertible P € M,, such that y;(B) = PBP~! or y,(B) = PB'P~! for BE M,,. Let
Q=P Yy(I,). Then Q is invertible, and w/(B) = PBQ or y(B) = PB'Q for BE M,,.
Using (40), we get (41).

b. Suppose the integer k < — 1. Then (60) implies that

k%l (w(t) "F1(B?) = Fa(B2)y (L) ") = (L) "Fa(B) — Fa(Blw(l) ", (62)

which gives

R v () v By (63)

= (L) y By (L) 'w(B) —wBw(l,) w(By(L,)".
In other words, for Be M,:

N e L B C A AL LS O

Let B =1, + xE for an arbitrary matrix E € M,,. Then (64) becomes

w(L,) {x(—l — )y (E) + (1 —va(E?) - l,/l(E)ﬂ

() - (8 )|t

(65)

- {x(—l kg (E) +42 (1

The equality on degree one terms shows that w(I,)* commutes with all y (E).

Hence y/(ln)k commutes with the range of . (??) can be rewritten as
[ ) )
tr( (D wl) T e(A)w(L) " |w(B) | =tr(k|AB), A,BEM,. (66)
i1

By Theorem 2.2, y is a linear bijection and its range is M,,. So y/(I,,)k = ul, for
certain u e C.

15
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Now by (59), for BES:
Velyr (1 )y (B)* — llely (B w (1)
|ke] ) . Ife] . .
= (L) <Z w(In)’W(Bk)w(In)k”’> - (Z w(ln)’W(Bk)w(fn)k”l) )
i=1 1

= (B*)w(L)* — w(L,)y(B*) = 0
(67)

So y(I,) commutes with y(B)* for BES. In particular, w(I,) commutes with
w(B) = W(Bl/k)k for BES'. The complex span of §' is M,,, and  can be extended to a
linear bijection on M,,. Hence w(I,,) = cI, for certain c € C\{0}. By (59), we get
Wy (Bk) = y,(B)* for BeS. Note that y,(I,) = I,,. By Theorem 3.4, there is an invert-
ible P € M, such that y;(B) = PBP* or y;(B) = PB'P". Then w(B) = cPBP" " or
w(B) = cPB'P™'. Using (40), we get (42).

Remark 3.6 The following modifications could be applied to the proof of Theorem 3.5
forF =R:

1.Let S' be the collection of matrices A = QDQ ™, in which D is nonnegative diagonal
and Q € M, (R) is invertible, such that AYk — QDV*Q 1 es.

2. We may choose the following basis of rank 1 projections of M,,(R) to substitute (48):
1

V2
U{a)1Eii +a)2Ejj—|—Eij _Eji : 1§l<]§n},

{Ell].SlSl’l}U{ (E11+E}]+E1]+E‘]l)1ﬁl<]§1’l}

(68)

in which w1, @, are distinct roots of x2 —x — 1= 0..
The arguments in the above proof will be applied analogously to maps on the other
sets discussed in this paper.

4. k-power linear preservers and trace of power-product preservers on H,

4.1 k-power linear preservers on H,

We give a result that determine linear operators on 7, that satisfy y (4%) = w(A)
on a neighborhood of I,, in H, for certain k € Z\{0, 1}
Theorem 4.1. Fix k € Z\{0, 1}. A nonzero linear map y : H,, — H, satisfies that

y(A%) =y(a) (69)

on an open neighborhood of I, consisting of invertible matrices if and only if y is
of the following forms for certain unitary matrix U € M,:

1. When k is even,
w(A)=U"AU, A€H,; or w(A)=U"A'U, A€H,. (70)
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2. When k is odd,

w(A) = +U*AU, A€M, or w(A)=+U*AU, A€H,. (71)

Proof. It suffices to prove the necessary part. Suppose (69) holds on an open
neighborhood S of I,, in H,,.

1. First assume k > 2. Replacing M,, by H, in part (1) of the proof of Theorem 3.4
up to (33), we can prove that y(I,) commutes with the range of , and

w1(A) =y (I, w(A) is a nonzero linear map that satisfies y; (A%) =y (A)* for
A€eH,.

Every matrix in M, can be uniquely expressed as A + iB for A, B€ H,,. Extend y,
to a map y : M, — M, such that

J/(A + IB) = Vll(A) + in(B)r A>B EH?’L' (72)

It is straightforward to check that  is a complex linear bijection. Moreover, for
A,B€Hy,

v1(AB+BA) =y (A +B)’) = w1(42) — vy (B?)

=y1(A +B)* —yy(A)* —yy(B)
= y1(A)y1(B) + w1 (B)y1(4).

It implies that
lp((A n iB)z) — (A +iB?, A,BEM,.
By Theorem 3.1, there is an invertible matrix U € M,, such that
a. (A) = UAU * for all A e M,, or
b. 7(A) = UA'U ' forall Ae M,,.

First suppose y(A) = UAU ~1. The restriction of i on H,, is y; : H, — H,. Hence
for A € H,, we have UAU ! = (UAU’l) * = U *AU*;then U*UA = AU* U for all
A €H,, which shows that U* U = cI,, for certain c € R*. By adjusting a scalar if
necessary, we may assume that U is unitary. So w(I,)* 2y(A) = UAU*. Then
w(I,)*! = I,,, so that w(I,) = I, when k is even and y/(I,,) € {I,,, —I,,} when k is odd.
Thus y(A) = UAU ™ when k is even and w(A) = 2UAU* when k is odd. Similarly for
the case 7(A) = UA'U . Therefore, (70) or (71) holds.

2.Now assume that k < 0. Replacing M, by H, in part (2) of the proof of Theorem
3.4, we can show that y(I,,) commutes with the range of y, and furthermore the

nonzero linear map y(A) :=y(I,) "w(A) satisfies that y, (4%) =y, (A)>. By
arguments in the preceding paragraphs, we get (70) or (71).
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4.2 Trace of power-product preservers on H,

By Corollary 2.3, every linear bijection ¢ : H,, — H, corresponds to another linear
bijection y : H, — H, such that tr(¢(A)w(B)) = tr(AB) for all A,Be H,. Whenm >3,
linear maps ¢, -+, ¢,, : Ho — H, that satisfy tr(¢,(A1)-¢,,(Am)) = tr(A;---A,,) are
characterized in [18].

Theorem 4.2. Let k € Z\{0,1}. Let S be an open neighborhood of I, in 'H,, consisting of
invertible Hermitian matrices. Then two maps ¢,y : H, — H, satisfy that

tr(qS(A)y/(B)k) — tr(AB"), (73)
1.forall AeH,, BES, and y is linear, or
2.for all A,B €S and both ¢ and y ave linear,
if and only if ¢ and y take the following forms:

a. When k = —1, there exist an invertible matrix P € M, and c € {1, —1} such that

P(A) = cP* A'P

<¢(A) =P AP ABEH,. (74)
y(B) = cP* B'P

A,BeH,; or (
w(B) = cP*BP

b. When k € Z\{—1, 0,1}, there exist a unitary matrix U € M,, and c € R\{0} such
that

$(A) =c*U*A'U

_ —kyT*
<¢(A)” utAUu A,BeH,. (75)
w(B) = cU*B'U

, A,BeH,; or
w(B) =cU*BU

Proof. Assumption (2) leads to assumption (1) (cf. the proof of Theorem 3.5). We
prove the theorem under assumption (1). It suffices to prove the necessary part.

1.When k > 2, in the part (1) of proof of Theorem 3.5, through replacing M, by
H,, complex numbers by real numbers, and Theorem 3.1 or Theorem 3.4 by
Theorem 4.1, we can prove that (¢, ) has the forms in (75).

2.When k < 0, in the part (2) of proof of Theorem 3.5, through replacing M,, by H,
and complex numbers by real numbers, we can get the corresponding equalities
of (56) ~ (60) on H,. The case k < — 1 can be proved completely analogously
with the help of Theorem 4.1.

For the case k = —1, the equality corresponding to (60) can be simplified as
v(B’) = w(B)y () 'w(B), BEM, (76)

Let yy(B) :=w(I,) "w(B). Then y, : H, — M, is a nonzero real linear map that
satisfies y, (B?) = w1 (B)? for BeM,,. Extend y, to a complex linear map y : M, —
M, such that
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W(A+iB)=y;(A) +iyy1(B), A,BEH,. (77)

Similarly to the arguments in part (1) of the proof of Theorem 4.1, we have
l]/((A + iB)z) = (y(A +1iB))” for all A, B€ H,. Using Theorem 3.4 and the fact that

v (I,) = w1(I,) = I,, we can prove that there is an invertible P € M,, such that for all
B € H,, either y,(B) = P"'BP or y;(B) = P"'B'P. So

w(B) =w(I,)P"'BP, BeH,; or (78)

w(B) =y(I,)P"'B'P, B€MH,. (79)

If y/(B) = y(I,)P"'BP for BEH,, then y (I,)P~'BP = (y(I,)P'BP) " =
P*BP™ "y (I,), which gives

(P~ *y(I,)P"")B=B(P *w(I,)P""), BEMH,. (80)

Hence P~ *y(I,)P* = I, for certain c € R\{0}. We have w(I,) = cP* P so that
w(B) = cP* BP for B € H,,. Similarly for the case y/(B) = w(I,)P 'B'P. Adjusting c and P
by scalar factors simultaneously, we may assume that c € {1, —1}. It implies (74).

Remark 4.3. Theorem 4.2 does not hold if y is not assumed to be linear. Let k be
a positive even integer. Let y : H, — H, be any bijective linear map such that
W (Py) € Py. For example, yy may be a completely positive map of the form
w(B) =Y"._N/BN; for r>2, Ny, ...,N, € M, linearly independent, and at least one
of N1, ..., N, is invertible. By Corollary 2.3, theve is a linear bijection ¢ : H, — H,
such that tr(¢p(A)w(B)) = tr(AB) for all A,B€H,. Let w : H, — H, be defined by

w(B) = i (BY)"". Then
tr(qS(A)l//(B)k) = tr(¢(A)r(B*)) = tr(AB*), A,BEH,.

Obviously, y may be non-linear, and the choices of pairs (¢, ) are much more
than those in (74) and (75).

5. k-power linear preservers and trace of power-product preservers
on S, and S,(R)

5.1 k-power linear preservers on S, and S,,(R)

Chan and Lim described the linear k-power preservers on S, (F) for k>2 in
[7, Theorem 2] as follows.

Theorem 5.1. (Chan, Lim [5]) Let an integer k >2. Let F be an algebraic closed field
with char(F) = 0 or char(IF) > k. Suppose that y : S,(F) — S,(F) is a nonzero linear
operator such that t//(Ak) = y/(A)kfor all A€ S, (F). Then there exist A€ F with 21 =1
and an orthogonal matrix O € M, (F) such that

w(A) = J0A0!, A€S,. (81)
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We generalize Theorem 5.1 to include the case S, (R), to include negative integers
k, and to assume the k-power preserving condition only on matrices nearby the
identity.

Theorem 5.2. Let k € Z\{0,1}. Let F = C or R. Suppose that y : S,(F) — S,(F) is a
nonzero linear map such that y (A*) = w(A)* for all A in an open neighborhood of I, in

S, (F) consisting of invertible matrices. Then there exist 2 € F with 2*~* = 1 and an
orthogonal matrix O € M, (F) such that

w(A) = 10A0', AE€S,(F). (82)

Proof. It suffices to prove the necessary part. In both £ >2 and k < 0 cases, using
analogous arguments as parts (1) and (2) of the proof of Theorem 3.4, we get that

w(I,) commutes with the range of y, and the nonzero map y;(4) := w(L) 2w(A)
satisfies that y; (A%) =y, (A)* for A € S,(F). Then

1 (A)ya (B) + w1 By (A) = w1 (A +B)* —yy(A)* — yy (B)?
=y ((4+B)) —y1(4%) — v (B) (83)
— w,(AB + BA).

In particular, y; (A)y (A7) + w1 (A")w1(A) = 2y, (A™) for r € Z,,. Using induction,
we gety; (A7) = w1(A) forall A€ S, (F)and Z€Z.. By [26, Corollary 6.5.4], there is
an orthogonal matrix O € M,,(F) such that y;(A) = OAO". Since y(I,) commutes with
the range of y,, we have y/(I,,) = AI, for certain A€ in which 2* "1 = 1. So w(A) =
JOAOQ! as in (82).

Obviously, in F = R case, (82) has A = 1 when k is even and A€ {1, —1} when k is
odd.

5.2 Trace of power-product preservers on S, and S, (R)

Corollary 2.3 shows that every linear bijection ¢ : S, (F) — S, (F) corresponds to
another linear bijection y : S,,(F) — S, (F) such that tr(¢(A)w(B)) = tr(AB) for all
A,Be S,(F). When m >3, maps ¢, -+, ¢,, : Su(F) — S,(F) that satisfy
tr(p1(A1) ¢, (Am)) = tr(As---A,,) are determined in [18].

We characterize the trace of power-product preserver for S, (F) here.

Theorem 5.3. Let F = C or R. Let k € Z\{0, 1}. Let S be an open neighborhood of
I, in S,(F) consisting of invertible matrices. Then two maps ¢,y : Sy(F) — S, (F) satisfy
that

tr(p(A)w(B)) = tr(4B"), (84)
1.forall A€ S,(F), BES, and y is linear, or
2.for all A,B €S and both ¢ and y are linear,
if and only if ¢ and y take the following forms:

a. When k = —1, there exist an invertible matrix P € M, (F) and c € F\{0} such that
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#(A) = cPAP*, w(B) =cPBF*, A,BeS,(F). (85)
We may choosec =1for F = Candce {1, -1} for F = R.

b. When k € Z\{—1, 0, 1}, there exist c € F\{0} and an orthogonal matrix O € M, (F)
such that

$(A) =c*OAO!, y(B) =cOBO', A,B€S,(F). (86)

Proof. Assumption (2) leads to assumption (1) (cf. the proof of Theorem 3.5). We
prove the theorem under assumption (1). It suffices to prove the necessary part.

Obviously, S,NH, = S,(R) and S,NP, = P,(R). Let §':= {BeP,(R) : B+ €S},
which is an open neighborhood of I,, in P,(R) and whose real (resp. complex) span is
Sx(R) (resp. S,). Using an analogous argument of the proof of Theorem 3.5, and
replacing M,, by S, (F), replacing the basis (48) of M,, by the following basis of rank 1
projections in S, (IF):

1

V2

and replacing the usage of Theorem 3.4 by that of Theorem 5.2, we can prove the
case k >2, and for k < 0, we can get the corresponding equalities up to (60).

Define a linear map y; : S,,(F) — M, (F) by w;(B) :=y(B)w(I,) .

When k = —1, we get the corresponding equality of (61), so that y; (B*) = y(B)’
for B€ S, (F). Similar to the proof of Theorem 5.2, we get y;(B") = y;(B)" for all
r€Z.. By [26, Theorem 6.5.3], there is an invertible matrix P € M, (F) such that
w1(B) = PBP™Y, so that w(B) = PBP 'y(I,) for B€ S,,(F). Since y(B) = y(B)’, we get

{Eulﬁlﬁn}U{ (E11+E}]+EZJ+E},)1SZ<]S7Z}, (87)

(P 'w(I1,)P*)B=B(P 'y(I,)P"), BES,(F). (88)

Therefore, P~y (I, )P~ = cI, for certain c € F\{0}, so that y(B) = cPBP" for all
Be S, (F). Consequently, we get (85). The remaining claims are obvious.

When k < — 1, using analogous argument as in the proof of k < — 1 case of
Theorem 3.5 and applying Theorem 5.2, we can get (86).

6. k-power linear preservers and trace of power-product preservers

on P, and P,(R)

In this section, we will determine k-power linear preservers and trace of power-

product preservers on maps P, — P, (resp. P,(R) — P,(R)). Properties of such
maps can be applied to maps P, — P, and P, — P, (resp. P,(R) — P,(R) and

Pu(R) — Pa(R)).

6.1 k-power linear preservers on P, and P,(R)

Theorem 6.1. Fix k € Z\{0, 1}. A nonzero linear map y : P, — P, (vesp. y :

Pu(R) — Pp(R)) satisfies that
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y(4%) = y(A) (89)

on an open neighborhood of I, in P, (resp. P,(R)) if and only if there is a unitary
(resp. real orthogonal) matrix U € M, such that

w(A)=U"AU, AeP,; or w(A)=U*A'U, A€eP,. (90)

Proof. We prove the case y : P, — P,. The sufficient part is obvious. About the
necessary part, the nonzero linear map y : P, — P, can be easily extended to a linear
map s : H, — H, that satisfies j(A*) = j(A)* on an open neighborhood of I,,. By
Theorem 4.1, we immediately get (90).

The case y : P,(R) — P,(R) can be similarly proved using Theorem 5.2.

6.2 Trace of powered product preservers on P, and P,(R)

Now consider the maps P, — P, (resp. P,(R) — P,(R)) that preserve trace
of powered products. Unlike M,, and H,,, the set P, (resp. P,(R)) is not a
vector space. The trace of powered product preservers of two maps have the following
forms.

Theorem 6.2 (Huang, Tsai [18]). Let a,b,c,d € R\{0}. Two maps ¢,y : P, — P,
satisfy

tr (¢(A)“l,,(3)”) = tr(A°BY), A,BEP,, (91)

if and only if there exists an invertible P € M,, such that

1/a

_ % a1cpy\l/a ¢A:P*Atcp
( $(A) = (P*AP) &) = [P"@yF) yy ABEP,.  (92)

wiB) = (B )"\ yim) = [pme ]

Theorem 6.3 (Huang, Tsai [18]). Given an integer m > 3 and real numbers
A1y e s Oy By wovs B, ER\{O}, maps ¢; : Py — P, (i =1, ...,m) satisfy that

tr((/71(A1)al'“¢m(Am)am) — tI‘(A[131~~-A/’,;}), Al, ,Am epn’ (93)

if and only if they have the following forms for certain ¢y, ...,c, € R, with
c1cpp =10

1. When m is odd, theve exists a unitary matrix U € M,, such that fori =1, ... ,m:
$i(A) =/ U API5U,  AeP,. (94)

2. When m is even, there exists an invertible M € M,, such that fori =1, ... ,m:

Ve (M AP, s odd,
Pi(A) = AeP,. (95)

, Vo ..
o/ (M APM ) % iis even,
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Both Theorems 6.2 and 6.3 can be analogously extended to maps P,(R) — P,(R)
without difficulties.

Theorem 6.2 determines maps ¢,y : P, — P, that satisfy (91) throughout
their domain. If we only assume the equality (91) for (4, B) in certain
subset of P, x P, and assume certain linearity of ¢ and v, then ¢ and y
may have slightly different forms. We determine the case 2 = ¢ = 1 and
b =d =keZ\{0} here.

Theorem 6.4. Let k € Z\{0}. Let S be an open neighborhood of I, in P,. Two maps
¢y 2 Py — Py satisfy

tr((b(A)l//(B)k) = tr(ABY), (96)
3.forall A,B€P,, or
4.forall A€S, BEP,, and ¢ is linear,
if and only if there exists an invertible P € M,, such that

$(A) = P* AP $(A) =P A'P
( )1/k or

w(B) = (P'B*P* W(B):{Pfl(mkp,*r/k A,BEP,.  (97)

The maps ¢ and y satisfy (96)

1.for all AeP,, BES, and y is linear, or

2.for all A,B €S and both ¢ and y are linear,

if and only if when k € {—1,1}, ¢ and v take the form (97), and when

k€Z\{—1, 0,1}, there exist a unitary matvix U € M,, and c €R" such that

ks _ . —kyT* At
<¢(A)—c U*AU 0V<¢(A)—C utA'y A,BEP,. (98)

w(B) =cU*BU w(B) = cU*B'U

Proof. It suffices to prove the necessary part.

The case of assumption (1) has been proved by Theorem 6.2.

Similar to the proof of Theorem 3.5, assumption (2) implies assumption (1); assump-
tion (4) implies assumption (3). It remains to prove the case with assumption (3).

When k& = 1, assumption (3) is analogous to assumption (2), and we get (97).

Suppose k € Z\{1, 0}. Let y, : P, — P, be defined by y(B) :=1//(Bl/k)k. Let
Sq:= {B ep, : Bk ES}. Then (97) with assumption (2) becomes

tr(p(A)y,(B)) = tr(AB), A€P,, BES,. (99)

Let ¢ : H, — H, be the linear extension of y. By Theorem 2.2, ¢ can be extended
to a linear bijection ¢ : H, — H, such that

tr((iy(A)lp(B)k) = tr(p(A)y, (B*)) = tr(AB"), AcH,, BES. (100)
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By Theorem 4.2 and taking into account the ranges of ¢ and y, we see that when
k = —1, ¢ and y take the form of (97), and when k € Z\{—1, 0, 1}, ¢ and y take the
form of (98).

Theorem 6.4 has counterpart results for ¢,y : P,(R) — P,(R) and the proof is
analogous using Theorem 5.3 instead of Theorem 4.2.

7. k-power linear preservers and trace of power-product preservers
on D, and D,(R)

Let F = C or R. Define the function diag : F” — D,(F) to be the linear bijection
that sends each (cq, -, cn)t to the diagonal matrix with ¢y, ..., ¢, (in order) as the
diagonal entries. Define diag ™" : D, (F) — F” the inverse map of diag.

With the settings, every linear map vy : D, (F) — D, (F) uniquely corresponds to a
matrix L, € M, (F) such that

w(A) = diag(L,diag "(4)), AeD,(F). (101)

7.1 k-power linear preservers on D, and D,(R)

We define the linear functionals f; : D,(F) — F (i = 0,1, ...,n), such that for each
A = diag(ay, ...,a,) € D,(F),

foA)=0; fi(A)=ai; i=1,..,n. (102)

Theorem 7.1. Let F = C or R. Let k € Z\{0, 1}. Let S be an open neighborhood of 1, in
D, (F). A linear map v : D,(F) — D,(F) satisfies that

w(A¥) =y(A)f, Aes, (103)

if and only if
w(A) = y/(In)diag( Foy (@A) s fp(n)(A)), AEeD,(F), (104)

in which w(In)k =w(l,) andp : {1, ...,n} — {0,1, ...,n} is a function such that
p(i) # O when k<0 fori =1, ...,n. In particular, a linear bijection y : D, (F) — D, (F)
satisfies (103) if and only if there is a diagonal matrix C € M, (F) with C*"* = I, and a
permutation matrix P € M, (F) such that
w(A) = PCAP™Y, AeD,(F). (105)

Proof. For every A = diag(ax, ...,a,) € D,(F), when x €F is sufficiently close to 0,
we have I, + xA €S and the power series of (I, + xA)k converges, so that

w((zn —|—xA)k) = (I, +xA).
w((I,, erA)k) =y(I,)+ xky(A) +x2M2_1)y/(A2) + - (106)
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Wl +xA) = y(L) +skwr(0) @) + 22Dy @2 s ao)
So for all A € D, (F):
w(A) =y(L,) w(A), (108)
w(A?) = (L) y(A) (109)
The linear map y;(A) =y(I,)* y(A) satisfies that
y1(A%) =y (A)°, AeD,(F). (110)

By (101), let L, = (¢;) € M,,(F) such that diag " (y1(A)) = L,, (diag '(4)) for
A €D, (F). Then (110) implies that for all A = diag(as, ...,a,) € D, (F):

2
n n
S = (S6i0) . i=12m o
j=1 j=1

Therefore, each row of L, has at most one nonzero entry and each nonzero entry
must be 1. We get

v1(4) = diag( f1)(A), s frn(4)) (112)

inwhichyp : {1, ...,n} — {0,1, ...,n} is a function. Suppose y(I,,) =
diag(41, ..., 4,). Then (108) implies that w(A) = w(I,)w,(A) has the form (104).
Obviously, y/(ln)k =y(I,) and when k <0, each p(i) # 0 fori =1, ..., n. Moreover,

when y is a linear bijection, (112) shows that y;(A) = PAP* for a permutation matrix
P. (105) can be easily derived.

7.2 Trace of power-product preservers on D, and D,(R)

In [18], we show that two maps ¢,y : D,(F) — D,(F) satisfy tr(¢(A)w(B)) =
tr(AB) for A, B€ D, () if and only if there exists an invertible N € M, (F) such that

$(A) = diag(Ndiag '(4)), w(B) = diag(N 'diag '(B)), A,BeD,(F). (113)
When m > 3, the maps ¢, ..., ¢, : D,(F) — D,(F) satisfying

(g (A1) (Am)) = tr(Ag---Ay) for Ay, ..., A,y € D, (F) are also determined in [18].
Next we consider the trace of power-product preserver on D, (F).

Theorem 7.2. Let F = C or R. Let k € Z\{0,1}. Let S be an open neighborhood of 1, in
D, (F). Two maps ¢,y : Dy(F) — D, (F) satisfy that

tr(qﬁ(A)y/(B)k) = tr(AB"), (114)
1.for all AeD,(F), BES, and y is linear, or

2.for all A,B €S and both ¢ and y ave linear,
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if and only if there exist an invertible diagonal matrix C € D,(FF) and a permutation
matrix P € M,,(F) such that

$(A) =PC*AP™', y(B)=PCBP!, A,BeD,(F). (115)

Proof. Assumption (2) leads to assumption (1) (cf. the proof of Theorem 3.5). We
prove the theorem under assumption (1).

For every Be D, (F), I, + xB € S and the power series of (I, + xB)* converges when
x € is sufficiently close to 0, so that

tr (qs(A)w(In +xB)k) —tr (A(In +xB)k) (116)

Comparing degree one terms and degree two terms in the power series of the
above equality, respectively, we get the following equalities for A, Be D, (F):

tr(d)(A)y/(B)y/(In)k_l) — tr(AB), (117)
tr<¢(A)t//(B)2y/(I,,)k_2) = tr(AB?). (118)

Applying Theorem 2.2 to (117), y(I,,) is invertible and both ¢ and y are linear
bijections. (117) and (119) imply that VI(BZ)I//(I,,)k71 = w(B)*w(I,)* 2. Let
w1(B) =y (B)w(I,)". Then y(B?) = y,(B)* for B€ D,(F). By Theorem 7.1 and
w1(I,) = I, there exists a permutation matrix P € M, (F) such that y,(B) = PBP"" for
BE€D,(F). So w(B) = w(I,)PBP~' = PCBP " for C:= P Yy/(I,,)P € D, (F). Then (114)
implies (115).

8. k-power injective linear preservers and trace of power-product
preservers on 7, and 7 ,(R)

8.1 k-power preservers on 7 ,(IF)

The characterization of injective linear k-power preserver on 7, (F) can be derived
from Cao and Zhang’s characterization of injective additive k-power preserver on
7.(F) ([12] or [[6], Theorem 6.5.2]).

Theorem 8.1 (Cao and Zhang [12]). Let k >2 and n > 3. Let F be a field with
char(F) = 0 or char(F) > k. Then w : T,(F)~T,(F) is an injective linear map such that

y/(Ak) = w(A)* for all AeT,(F) if and only if there exists a (k — 1)th root of unity A and
an invertible matrix P €T ,(F) such that
w(A) = APAP™Y, A€T,(F), or (119)
w(A) =APA"PY, AeT,(F), (120)

where A~ = (an+1,j,n+1,i) ifA= (ﬂy)
Example 8.2. When n = 2, the injective linear maps that satisfy w(Ak) — (A for
) to the following w(A):

a1 an

A€T,(F)send A = (
0 an
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/1(6!11 Cﬂ12)’ i(ﬂzz Cﬂn), (121)
0 an 0 a

in which #*! = 1and c € F\{0}..

Example 8.3. Theorem 8.1 does not hold if w is not assumed to be injective. Let n = 3

and suppose y : T3(F) — T3(F) is a linear map that sends A = ( a; )3X3 €T 3(F) to one of
the following w(A) (c,d €F):

a11 Ca1z 0 as3 0 0 ann 0 can
0 ann dﬂ23 5 0 a11 0 5 0 0 0 . (122)
0 0 ass 0 0 axn 0 0 an

Then each y satisfies that l//(Ak )= w(A)* for every positive integer k but it is not
of the forms in Theorem 8.1.

We extend Theorem 8.1 to the following result that includes negative k-powers
and that only assumes k-power preserving in a neighborhood of I,,.

Theorem 8.4. Let F = C or R. Let integers k # 0,1 and n > 3. Suppose that y :
T, (F) — T,(F) is an injective linear map such that w(A*) = w(A)* for all A in an open
neighborhood of I, in T ,(IF) consisting of invertible matrices. Then there exist A €F with
271 =1 and an invertible matrix P € T, (F) such that

w(A) = APAP™Y, A€T,(F), or (123)
w(A) =APA"P"Y, A€T,(F). (124)

where A~ = (anﬂ,jﬂﬂ,i) =], A, if A = (aij),]n is the anti-diagonal identity.
Proof. Obviously y is a linear bijection. Follow the same process in the proof of
Theorem 3.4. In both k£ >2 and k < 0 cases we have y/(I,) commutes with the range of

w, so that w(I,) = I, for A€ F and A*~ = 1. Moreover, let y,(A) =y (I,) ‘w(A), then
w, is injective linear and y; (A?) = y;(A)” for A € T,,(F). Theorem 8.1 shows that

w1(A) = PAP ! or y;(A) = PA" P for certain invertible P € 7,(F). It leads to (123)
and (124).

8.2 Trace of power-product preservers on 7, and 7 ,(R)

Theorem 2.2 or Corollary 2.3 does not work for maps on 7,(FF). However, the
following trace preserving result can be easily derived from Theorem 7.2. We have
T ,(F) = D,(F)®N ,(F). Let D(A) denote the diagonal matrix that takes the diagonal
of AeT,(F).

Theorem 8.5. Let F = Cor R. Let k € Z\{0, 1}. Let S be an open neighborhood of 1, in
T ,(F) consisting of invertible matrices. Then two maps ¢,y : T ,(F) — T, (F) satisfy that

tr(qﬁ(A)y/(B)k) = tr(AB"), (125)
1.forall AeT,(F), BES, and y is linear, or

2.for all A,B €S and both ¢ and y are linear,
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if and only if ¢ and y send N, (F) to N, (F), (Degp)|p, ) and (Dey)|p, ) are linear
bijections characterized by (115) in Theovem 7.2, and De¢p = DegpeD.

Proof. The sufficient part is easy to verify. We prove the necessary part here. Let
¢ = (Dogp)|p,x) and y' == (Doy)|p, ). Then ¢,y : D, (F) — D, (F) satisfy

tr (gb’ (A)l//’(B)k) =tr (ABk) for A,BeD,(IF). So they are characterized by (115). The

bijectivity of ¢’ and y’ implies that ¢ and y must send NV, (F) to NV,,(F) in order to
satisfy (125). Moreover, ¢ should send matrices with same diagonal to matrices with
same diagonal, which implies that De¢p = DegpeD.

9. Conclusion

We characterize linear maps y : V — V that satisfy w(A*) = w(A)" on an open
neighborhood S of I,, in V, where k € Z\{0, 1} and V is the set of # x n general
matrices, Hermitian matrices, symmetric matrices, positive definite (resp. semi-
definite) matrices, diagonal matrices, or upper triangular matrices, over the complex
or real field. The characterizations extend the existing results of linear k-power pre-
servers on the spaces of general matrices, symmetric matrices, and upper triangular
matrices.

Applying the above results, we determine the maps ¢,y : V — V on the preceding

sets V that satisfy tr (¢(A)1//(B)k ) = tr(AB¥)

1.forall A€V, BE€S, and y is linear, or
2.for all A, B€ S and both ¢ and y are linear.

These results, together with Theorem 2.2 about maps satisfying tr(¢(A)y(B)) =
tr(AB) and the characterizations of maps ¢, -+, ¢, : V — V (m > 3) satisfying
tr(p1(A1) -y (Am)) = tr(Ay-+-A,,) in [18], make a comprehensive picture of the pre-
servers of trace of matrix products in the related matrix spaces and sets. Our results
can be interpreted as inner product preservers when V is close under conjugate
transpose, in which wide applications are found.

There are a few prospective directions to further the researches.

First, for a polynomial or an analytic function f (x) and a matrix set V, we can
consider “local” linear f-preservers, that is, linear operators y : V — V that satisfy
w( f(A)) =f(w(A)) on an open subset S of V. A linear f-preserver y on S also
preserves matrices annihilated by f on S, that is, f(A) = 0 (A €S) implies
f(w(A)) = 0. When S = V is M,,, B(H), or some operator algebras, extensive studies
have been done on operators preserving elements annihilated by a polynomial f; for
examples, the results on M,, by R. Howard in [19], by P. Botta, S. Pierce, and W.
Watkins in [20], and by C.-K. Li and S. Pierce in [21], on B(H) by P. Semrl [22], on
linear maps y : B(H) — B(K) by Z. Bai and J. Hou in [23], and on some operator
algebras by J. Hou and S. Hou in [24]. We may further explore linear f-preservers for
a multivariable function f (x4, ...,x,), that is, operator y satisfying
v( f(A1, ..., A,) =f(w(A1), ...,w(A,)). The corresponding annihilator preserver
problem has been studied in some special cases, for example, on M, for homogeneous
multilinear polynomials by A. E. Guterman and B. Kuzma in [25].

28



Linear K-Power Preservers and Trace of Power-Product Preservers
DOI: http://dx.doi.org/10.5772 /intechopen.103713

Second, it is interesting to further investigate maps ¢,y : V — V that satisfy
tr( f(¢p(A))g(w(B))) =tr( f(A)g(B)) for some polynomials or analytic functions f (x)
and g(x). This is equivalent to the inner product preserver problem
(f(¢p(A))",g(w(B))) = (f(A)",g(B)) when V is close under conjugate transpose.
More generally, given a multivariable function %(x, ...,%,), we can ask what combi-
nations of linear operators ¢, ..., ¢,, : V — V satisfy that

tr(h(¢1(A1), . (Am)) =tr(h(As, ..., An)). The research on this area seems pretty
new. No much has been discovered by the authors.
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Chapter 2

Pencils of Semi-Infinite Matrices
and Orthogonal Polynomials

Sergey Zagorodnyuk

Abstract

Semi-infinite matrices, generalized eigenvalue problems, and orthogonal
polynomials are closely related subjects. They connect different domains in
mathematics—matrix theory, operator theory, analysis, differential equations, etc.
The classical examples are Jacobi and Hessenberg matrices, which lead to orthogonal
polynomials on the real line (OPRL) and orthogonal polynomials on the unit circle
(OPUC). Recently there turned out that pencils (i.e., operator polynomials) of semi-
infinite matrices are related to various orthogonal systems of functions. Our aim here
is to survey this increasing subject. We are mostly interested in pencils of symmetric
semi-infinite matrices. The corresponding polynomials are defined as generalized
eigenvectors of the pencil. These polynomials possess special orthogonality relations.
They have physical and mathematical applications that will be discussed. Examples
show that there is an unclarified relation to Sobolev orthogonal polynomials. This
intriguing connection is a challenge for further investigations.

Keywords: semi-infinite matrix, pencil, orthogonal polynomials, Sobolev
orthogonality, difference equation

1. Introduction

In this section, we will introduce the main objects of this chapter along with some
brief historical notes.

By operator pencils or operator polynomials one means polynomials of a complex
variable 1 whose coefficients are linear bounded operators acting in a Banach space X:

L(A) = zm: VA;, (1)
j=0

where A;: X — X (j = 0, ...,m), see, for example, [1, 2]. Parlett in ref. [3, p. 339]
stated that the term pencil was introduced by Gantmacher in ref. [4] for matrix
expressions, and Parlett explained how this term came from optics and geometry. In
this chapter, we shall be mainly interested in pencils of banded semi-infinite matrices
that are related to different kinds of scalar orthogonal polynomials. The classical
example of such a relation is the case of orthogonal polynomials on the real line
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(OPRL) and Jacobi matrices, see, for example, refs. [5, 6]. If {pn (x)}::o is a set of
orthonormal OPRL and J is the corresponding Jacobi matrix, then the following
relation holds:

(J —xE)p(x) =0, 2)

where 7(x) = (p,(x),p;(x), ... )", is a vector of polynomials (here the superscript
T means the transposition), and E is the identity matrix (having units on the main

diagonal and zeros elsewhere). In other words, p is an eigenfunction of the pencil
J — xE. It is surprising that mathematicians rarely talked about the relation (2) in such
a manner. The next classical example is the case of orthogonal polynomials on the
unit circle (OPUC) and the corresponding three-term recurrence relation, see ref.
[7, p. 159]. More recently there appeared CMV matrices, which are also related to
OPUG, see, for example, ref. [8]. We should notice that besides orthogonal polyno-
mials, there are other systems of functions that are closely related to semi-infinite
matrices. Here we can mention biorthogonal polynomials and rational functions, see,
for example, [9, 10] and references therein.

A natural generalization of OPRL is matrix orthogonal polynomials on the real line
(MOPRL). MOPRL was introduced by Krein in 1949 [11]. They satisfy the relation of

type (2), with J replaced by a block Jacobi matrix, and with p replaced by a vector of
matrix polynomials. It turned out that MOPRL is closely related to orthogonal poly-
nomials on the radial rays in the complex plane, see refs. [12, 13]. We shall discuss this
case in Section 2.

Another possible generalization of relation (2) is the following one:

Js —xJ3)p(x) = 0, 3)

where J; is a Jacobi matrix, and J; is a real symmetric semi-infinite five-diagonal
matrix with positive numbers on the second subdiagonal, see ref. [14]. These poly-
nomials contain OPRL as a proper subclass. In general, they possess some special
orthogonality relations. These polynomials will be discussed in Section 3.

Another natural generalization of OPRL is Sobolev orthogonal polynomials, see a
recent survey in ref. [15]. During last years there appeared several examples of
Sobolev polynomials, which are eigenfunctions of pencils of differential or difference
operators. This subject will be discussed in Section 4.

Notations. As usual, we denote by R, C, Z, Z_., the sets of real numbers, complex
numbers, positive integers, integers, and nonnegative integers, respectively. By C,,,
we mean a set of all complex matrices of size (m x n). By P we denote the set of all
polynomials with complex coefficients. The superscript T means the transposition of a
matrix.

By [, we denote the usual Hilbert space of all complex sequences ¢ = (c,), o =
(c05€15C25 - )T with the finite norm ||c||;, = Z;":O|cn|2. The scalar product of two
sequences ¢ = (¢, )4 = (dn);_o €12 is given by (c,d),, = > (cudn. We denote
em = Oum)eo€l,meEZ,.Byl, fin We denote the set of all finite vectors from I, that
is, vectors with all, but finite number, components being zeros.

By B(IR) we denote the set of all Borel subsets of R. If ¢ is a (non-negative)
bounded measure on B(R) then by L2 we denote a Hilbert space of all (classes of
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equivalences of) complex-valued functions f on R with a finite norm

Nz = 4/ Jol f(x) zd(r The scalar product of two functions f,g € L? is given by

(fs8)2 = = [f (x)g(x)do. By [f] we denote the class of equivalence in L2, which
contains the representatlve f. By P we denote a set of all (classes of equivalence
which contain) polynomials in L?. As usual, we sometimes use the representatives
instead of their classes in formulas. Let B be an arbitrary linear operator in L? with

the domain P. Let f (1) € P be nonzero and of degreed € Z.., f (1) = Zzzodkﬂk, dreC.
We set

d
=> dB B%=E
k=0 P

Iff =0, then f(B)=0|,.

If H is a Hilbert space then (-, ), and || - ||y mean the scalar product and the norm
in H, respectively. Indices may be omitted in obvious cases. For a linear operator A in
H, we denote by D(A) its domain, by R(A) its range, by Ker A its null subspace
(kernel), and A * means the adjoint operator if it exists. If A is invertible then A ™!
means its inverse. A means the closure of the operator, if the operator is closable. If A
is bounded then ||A|| denotes its norm.

2. Pencils J,y.; — AVE and orthogonal polynomials on radial rays in the
complex plane

Throughout this section N will denote a fixed natural number. Let J,5_; be a
complex Hermitian semi-infinite (2N + 1)-diagonal matrix. Let {p, (1)}, degp, =n
be a set of complex polynomials, which satisfy the following relation:

Uavi1 = A"E)p(2) = 0, (4)

where p (1) = (p,(4) )T, is a vector of polynomials, and E is the identity
matrix. Polynomlals, Wthh satlsfy (4) with real coefficients, were first studied by
Durén in ref. [16], following a suggestion of Marcelldn. As it was already noticed in
the Introduction, these polynomials are related to MOPRL. Namely, the following
polynomials:

RN>0 (pnN) (x) RN’l (pnN) (X) RN)N—l (pnN) (X)
Py(x) = Rivo (p"f\”l) () Rwa (Pn:NH) (%) RN,N—l(P:nN+1) (%) )
R, (pnN+N—1) (x) R (PnN+N71) (x) -+ RnN-1 (PnN+N71) (%)
are orthonormal MOPRL [12, Theorem]. Here
(nN+m) 0
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Nﬁ.i }w of orthonormal MOPRL
mi=0J n—o

(suitably normed) one can construct scalar polynomials:

Conversely, from a given set {P,, (x) = (Pn,m J)

N-1
pnN+m(x):ijPn,m,j(xN), neN, 0<m<N -1, @)
=0

which satisfy relation (4) [12]. Writing the corresponding matrix orthonormality
conditions for P, and equating the entries on both sides, one immediately gets
orthogonality conditions for p,,:

R0 (p,n) (%)

R
JR(RN’O (p”)(x)’RN’l (pn)(x)’ '“’RN,N—l(Pn)(x))dﬂ N,l([f:’m)(X) (8)

Ryn-1(p,,) (x)

= 5n,m’ n>m€Z+>

where p is a (N x N) matrix measure. In the case of real coefficients in (4), this
property was obtained by Duran in ref. [17].

Polynomials {p, (1)}, also satisfy the following orthogonality relations on radial
rays in the complex plane [13]:

Pn(A)
Ae
JL (Pn(ﬂ)’_pn(/k’), s Py (ASN?l))dW(/l) pm( ) n
P (2e7) )
?,(0)
! - ?,(0)
+(pn(0)?pn(0), ...,pfﬁN 1)(0))M . - 5n,m; n,m€Z+,
w1 (0)

where W(4) is a non-decreasing matrix-valued function on Ly\{0}; M € Ry n,
M>0;Ly = {4€R: AN €R}; eisa primitive N-th root of unity. At 2 = 0 the integral
is understood as improper. Relation (9) can be derived from a Favard-type theorem in
ref. [12, Theorem], but in ref. [13] we proceeded in another way. Relation (9)

easily shows that the following classes of polynomials are included in the class of
polynomials from (4):

A.OPRL;

B. orthogonal polynomials with respect to a scalar measure on radial rays Ly;

C. discrete Sobolev orthogonal polynomials on R, having one discrete Sobolev
term.
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A detailed investigation of polynomials in the case (B) was done by Milovanovi’c,
see ref. [18] and references therein. In particular, interesting examples of orthogonal
polynomials were constructed and zero distribution of polynomials was studied.
Discrete Sobolev polynomials from the case (C) may possess higher-order differential
equations. This subject has a long history, see historical remarks in recent papers
[19, 20]. For polynomials (9) some simple general properties of zeros were studied in
ref. [21], while a Christoffel type formula was constructed in ref. [22]. In ref. [12]
there was studied a more general case of relation (4), with a polynomial (1) instead
of AV,

3. Pencils J5 — x/; and orthogonal polynomials

Let J; be a Jacobi matrix and J5 be a semi-infinite real symmetric five-diagonal
matrix with positive numbers on the second subdiagonal. A set © = (J3,]s, a, §),
where a> 0, f€R, is said to be a Jacobi-type pencil (of matrices) [14]. With a
Jacobi-type pencil of matrices © one associates a system of polynomials {p, (1)},
which satisfies the following relations:

po(A) =1, pi(A) =ar+p, (10)

and
Js — /1]3)17(/1) =0, (11)

where p (1) = (py(4),p,(4), P, (4), )T Polynomials {p, (/1)}::0 are said to be asso-
ciated with the Jacobi-type pencil of matrices ©.
Observe that for each system of OPRL with p, = 1 one can take /5 to be the
corresponding Jacobi matrix, /5 = J3, and a, 8 being the coefficients of p,
(p,(4) = ad + p). Then, this system is associated with ® = (J3,]s, @, #). Let us mention
two other circumstances where Jacobi-type pencils arise in a natural way.
1. Discretization of a 4-th order differential operator. Ben Amara,
Vladimirov, and Shkalikov investigated the following linear pencil of
differential operators [23]:

(y") = 4=y +ery) = 0. (12)

The initial conditions are: y(0) = y'(0) = y(1) =3'(1) = 0, or y(0) =»'(0) =
y'(1) = (py”)/(l) + Aay(1) = 0. Here p,r € C[0, 1] are uniformly positive, while the
parameters ¢ and « are real. Eq. (12) has several physical applications, which include a
motion of a partially fixed bar with additional constraints in the elasticity theory [23].
The discretization of this equation leads to a Jacobi-type pencil, see ref. [24].
2. Partial sums of series of OPRL. Let {g, (x)} (degg, =) be orthonormal
OPRL with positive leading coefficients. Let {c; },._, be a set of arbitrary
positive numbers. Then polynomials

1 n
pn(x)==—§ ngj(x)’ n €Ly, (13)
cofo j=0
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are associated with a Jacobi-type pencil [25, Theorem 1]. Polynomials p, are
normed partial sums of the following formal power series:

)

chgj(x).

j=0

We shall return to such sums below.
From the definition of a Jacobi type pencil we see that matrices J; and /5 have the
following form:

bo ao 0 0 0
j—|® bioa 00 - >0, by€R, keZ (14)
= ) a 5 ) 5
3 0 aq hz a) 0 .- k k *
Po v P11 0 O

Js=1vo B @@ B 12 O > 0, P €ER, v,>0, n€Z,. (15)
0 7 B a3 B3 13
Set
un:=]3?n = ﬂn,1?n71 —+ bn?n -+ ﬂn?n+1, (16)
wn’=]5?n = 7n—2?n—2 +ﬁn—1zn—l + an?n "’ﬂn?n-kl + }’n?n+2> nEL,. 17)

Here and in what follows by ¢, with negative k£ we mean (vector) zero. The
following operator:

a

af = (61— o) + 3 &,
n=0
f = 5?0 + Z ‘fnun EZZﬁn: z:: gn € C; (18)
n=0

with D(A) = ly iy is called the associated operator for the Jacobi-type pencil ©. In the
sums in (18), only a finite number of &, are nonzero. In what follows we shall always
assume this in the case of elements from the linear span. In particular, the following
relation holds:

A]3?n :]5?;1, nEZ+
Then
Al3=]s. (19)

The matrices J; and /5 define linear operators with the domain [, ;,, which we
denote by the same letters.
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For an arbitrary nonzero polynomial f(1) € P of degree d € Z,, f(A) = S-4_ dp A",
dy €C, we setf(A) = ¢ d,A*. Here A%=E|, . Forf(i) =0, weset f(A) = 0|, .
The following relations hold [14]:

—

€n :ipn(fqygo, n GIZ+; (20)

—

()02, (A)¢0) = bums  mmEL. (21)
Denote by {r,,(1)},—,, 70(4) = 1, the system of polynomials satisfying

J37 () =A7(2),  F(A) = (ro(A),r1(A),72(4), ..)" (22)

These polynomials are orthonormal on the real line with respect to a (possibly
nonunique) nonnegative finite measure ¢ on the Borel subsets of R (Favard’s
theorem). Consider the following operator:

U i fn?n = [i Eatn (x)‘| P & ER, (23)
n=0 n=0

which maps [, s, onto P. Here, by P we denote a set of all (classes of equivalence
which contain) polynomials in Li. Denote

A=A, =UAU. (24)

The operator A = A, is said to be the model representation in L? of the associated
operator A.

Theorem 1.1 ([14]) Let ® = (J3,]s, a, #) be a Jacobi-type pencil. Let {r,(4)},” ,,
7o(4) = 1, be a system of polynomials satisfying (22) and ¢ be their (arbitrary)
orthogonality measure on B(R). The associated polynomials {p, (1)}, satisfy the
following relations:

| 20D, e =30 mmez, 25)

where A is the model representation in L? of the associated operator A.

There appears a natural question: what are the characteristic properties of the operator
A? The answer is given by the following theorem.

Theorem 1.2 ([24, Corollary 1]) Let ¢ be a nonnegative measure on B(R) with
all finite power moments, [,do = 1, [,|g(x)|°do > 0, for any nonzero complex
polynomial g. A linear operator A in L? is a model representation in L? of the

associated operator of a Jacobi-type pencil if and only if the following properties
hold:
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ii. For each k € Z, it holds:

k
Ak = & ax T+ g x, (26)
j=0

where &,,11>0, &, €R (0<j<k);

iii. The operator AA, is symmetric. Here, by Ay we denote the operator of the
multiplication by an independent variable in L2 restricted to P.

There is a general subclass of Jacobi-type pencils, for which elements much more
can be said about their associated operators and models [24]. Here we used some ideas
from the general theory of operator pencils, see ref. [1, Chapter IV, p. 163].

Let ® = (J3,]5, @, B) be a Jacobi-type pencil and .A be a model representation in L?
of the associated operator of ®. By Theorem 1.2 we see that AA¢ is symmetric:

(ANo[u(D)]; p(M]) 12 = (D)), ANop(AD)]) 2 u,v€EP. 27)

Suppose that the measure o is supported inside a finite real segment [a, b],
0<a<b< + oo, that is, 6(R\[a, b]) = 0. In this case, the operator A of the multiplica-
tion by an independent variable has a bounded inverse on the whole Li. Using (27) we
may write:

(AT A (2)], [ﬂv(x)])Li = (A u(2))], Auu(/l)])Lg , u,veP. (28)

Denote Pg = AP and Ay = A|p,. Then

(A_lef’g)Li = (A_lf, ‘Aog)L(z,’ f,g ePy. (29)

Then A is symmetric with respect to the form (A™".,-) .. Thus, in this case, the

L2
operator A is a perturbation of a symmetric operator.

Consider two examples of Jacobi-type pencils which show that Sobolev orthogo-
nality is close to them.

Example 3.1. ([26]). Let ¢ be a nonnegative measure on B(R) with all finite power
moments, [pdo =1, fRLg(x)|2da > 0, for any nonzero complex polynomial g. The

following operator:
Ap@)] = Aolp(W)] +p(0)c2 +d],  peP, (30)

where ¢ > — 1and d €R, satisfies properties (i)-(iii) of Theorem 1.2. Let J; be the
Jacobi matrix, corresponding to the measure o, and J5 = J3. Define a, # in the following
way:

1 _ $04151 + 0,0

BT/ S v

a

(31)

Here s; are the power moments of o, while An:=det(5k+[)z’l:0, n€Zy, A_1:=1are the
Hankel determinants. The coefficients ¢, ; are taken from property (ii) of Theorem 1.2.
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Let ® = (J3,/5,a, ). Denote by {p, ()}, _, the associated polynomials to the pencil @,

and denote by {r, (1)}, _, the orthonormal polynomials (with positive leading
coefficients) with respect to the measure ¢. Then

1 d r,(1) —r,(0) c

p"(ﬂ):C—F—lmu)_c—&-l p) +c+17"(0)’

() = (c+1)p,(A) + (c + 1)dw —cp,(d), nE”ZLy,. (33)

In (32), (33) we mean the limit values at 1 = 0 and A = d, respectively. The

following recurrence relation, involving three subsequent associated polynomials,
holds:

Ip,(A) = fz "+(d1) (ch+d) +an 19, 1(2) +bup,(A) + anp, ., (), nEZL;, (AECT).
(34)
The following orthogonality relations hold:
C+1%(2)"  (—e—-1) M
(A—d) Pn(A)
| eowm@) dot
R\{d} L Med+d) cird\2 P,
(—c—1) (l—d)z (A—d) (35)

c+1)d (c+1)7%d* ) \p. )

Polynomials p, (1) can have multiple or complex roots.

Suppose additionally that ¢ and J; correspond to orthonormal Jacobi polynomials
7n(4) = Py(4;a,b) (a,b> — 1) and ¢ = 0;d = 1. In this case, the associated polynomial
p, meZy):

d
+(pn(d),p;(d))<( ! (e+1)d )(p’”( )>o({d}) =y, NyMEL,.

7n(4) = 74(0)

p,(A) =ra(2) == 7 , (36)

is a unique, up to a constant multiple, real n-th degree polynomial solution of the
following 4-th order differential equation:

—t+ 0t - D)D) + ¢ - 1)(—(@+b+10)2 + (b —a) +4)y? (1)
+ 4 (=3(2a +2b + 8)t* + (a + b + 22)t + 3a — 3b)y’ (¢)
+(—6(a+b +2)t +2a +6b+8)y(t) (37)
+ 4 (= 1)y (£) +2(26 — 1)y (2) + 29(2))
—0,

where A, =n(n+a+b +1).

Moreover, there exists a unique 4, €R, such that differential Eq. (37) has a real #-
th degree polynomial solution.
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Example 3.2. ([25]). Recall that Jacobi polynomials P (x):

n+a 1-
P;a,m(x)( . ) Fl(—n,n+a+ﬂ+1;a+1; Tx)’ nely,
2

are orthogonal on [—1, 1] with respect to the weight w(x) = (1 — x)*(1 + x)’,
a, > — 1. Orthonormal polynomials have the following form:

) 1

B () =
0 - )
V2P Bl 1,6+ 1)

neN.

B () = 2nt+at+p+Unlntatf+1),,y (x)
n 2P+ a+ D(n+p+1) *

Let ¢ > 0 be an arbitrary positive number. Set

d? d
(2 _ _ 3=
Dypei=(x*—1) 2 +l(@a+p+2)x+a—pf Tote (38)

Lig=c+nn+a+p+1). (39)
Define the following polynomials:

Z” 1 S@h),, \5@h)
Pn(a’ﬂ,C,to;x)’= kaa (tO)Pka (X), nEZJr: (40)
N

k=0

where ¢y > 1 is an arbitrary parameter. Notice that normed by eigenvalues polyno-
mial kernels of some Sobolev orthogonal polynomials appeared earlier in literature,
see ref. [27].

Theorem 1.3. Let a, /> — 1; ¢ >0, and £y > 1, be arbitrary parameters. Polynomials
P,(x) = Py(a, p,c,t0; x), from (40), are Sobolev orthogonal polynomials on R:

P (x)
1
| PP 01, P (DM )| P [0 =)= el =,
-1
P, (x)
:An(snma n,mEZ+,
where A, are some positive numbers and
c
Mape == | (a+p+2x+a—p |(c,(a+B+2)x+a—p,x> —1). (42)
x*—1
For P,(a, B, ¢, 1;x) the following differential equation holds:
D(H—l,/i,ODa,/i,an ((X, p,c, 1; X) = ln,ODa,/},an ((Z, Bc, 1 X), ne€Ly, (43)

where Dy 4., I, are defined by (38), (39).
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4. Pencils of banded matrices and Sobolev orthogonality

Let K denote the real line or the unit circle. The following problem was stated in
ref. [28], see also ref. [29]:

oo

Problem 1. To describe all Sobolev orthogonal polynomials {y,(z)}""_, on K, satisfying
the following two properties:
a. Polynomials y, () satisfy the following differential equation:
Ry, (2) = Sy, (2), n=0,1,2, ..., (44)

where R, S are linear differential operators of finite orders, having complex
polynomial coefficients not depending on #; 4, € C;
b. Polynomials y, (z) obey the following difference equation:

Ly () =zMy (), ¥() = (3o@E)), )", (45)

where L, M are semi-infinite complex banded (i.e., having a finite number of non-
zero diagonals) matrices.

Relation (44) shows that y, is an eigenfunction of the operator pencil R — AS, while
relation (45) means that vectors of y, (z) are eigenfunctions of the operator pencil
L — zM. We emphasize that in Problem 1 we do not exclude OPRL or OPUC. They are
formally considered as Sobolev orthogonal polynomials with the derivatives of order
0. In this way, we may view systems from Problem 1 as generalizations of systems of
classical orthogonal polynomials (see, e.g., the book [30], and papers [20, 31, 32] for
more recent developments on this subject, as well as references therein). Related
topics are also studied for systems of biorthogonal rational functions, see, for example,
ref. [33]. Conditions (a), (b) of Problem 1 are close to bispectral problems, and in
particular, to the Bochner-Krall problem (see refs. [31, 34-36] and papers cited
therein).

One example of Sobolev orthogonal polynomials, which satisfy conditions of
Problem 1, we have already met in Example 3.2. In ref. [37] there was proposed a way
to construct such systems of polynomials. Let {p, (x)} _, (p, has degree n and real
coefficients) be orthogonal polynomials on [a, b] CR with respect to a weight function
w(x):

b
J p,(x)p,,(x)w(x)dx = Apdym, A,>0, nmeZ,. (46)

The weight w is supposed to be continuous on (a, b). Denote

Ay (x)y® (x), (47)

M)

Dgy(x) =
k=0

where d, and y are real polynomials of x: d: # 0. Let us fix a positive integer £, and
consider the following differential equation:

Dg(x) =p,(x), (48)

43



Matrix Theory - Classics and Advances

where D; is defined as in Eq. (47), and #n € Z,.. The following assumption plays a
key role here.

Condition 1. Suppose that for each n € Z., the differential Eq. (48) has a real n-th
degree polynomial solution y(x) =y, (x).

If Condition 1 is satisfied, by relations (46),(48) we immediately obtain that
{y,(x)}"_, are Sobolev orthogonal polynomials:

V(%)
Jb( (),9,(0), -39 () )M (x) I e — AL
. " sVn s s Vy — nOn,ms (49)
95 (x)
n,mels,,
where
do(x)
M(x):= dlfx) (do(x),dr(x), ..., de(x)),  x€(a,b). (50)
dg(x)

Moreover, if p, satisfy a differential equation, then y, satisfy a differential equa-
tion as well. Question: when Condition 1 is satisfied? An answer is given by the
following proposition.

Proposition 1 ([28, Proposition 2.1]) Let D be a linear differential operator of order
r €N, with complex polynomial coefficients:

r k
D= kggdk(z);k, dy(z) €P.

Let {u,(2)},_,> degu, = n, be an arbitrary set of complex polynomials. The fol-
lowing statements are equivalent:
(A) The following equation:

Dy(z) = u,(2), (51)

for eachn € Z.,, has a complex polynomial solution y(z) =y, (z) of degree n;
(B) Dz” is a complex polynomial of degree n, Vn € Z;
(C) The following conditions hold:

degd), <k, 0<k<r; (52)
Z[n]]d],] # O, nEZ+, (53)
=0

where d j; means the coefficient by 2’ of the polynomial d;.

If one of the statements (4), (B), (C) holds true, then for each n € Z,, the solution
of (51) is unique.
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Observe that condition (53) holds true, if the following simple condition holds:
doo>0, djj>0, jE€Zy,. (54)

Thus, there exists a big variety of linear diffevential operators with polynomial coeffi-
cients that have property (A). This leads to various Sobolev orthogonal polynomials.

In ref. [37] there were constructed families of Sobolev orthogonal polynomials on
the real line, depending on an arbitrary finite number of complex parameters.
Namely, we considered the following hypergeometric polynomials:

L,(x) = L,(x; a, k15 ..., k5) =
=s1Fsi1(—n,1, .., a+ 1,k + 1, ..., ks + 1;x),
P,(x) =P,(x;a, B, K1, o s Ks5) =
=s2Fspi(—n,m+a+p+1,1, ...,La+Lxk +1, ...,x5 + L;x), (56)
a, K1y ks> —1, n€Z,.

(55)

Here ,F, is a usual notation for the generalized hypergeometric function, and d is a
positive integer. These families obey differential equations. As for recurrence rela-
tions, they were only constructed for the case 5 = 1.

In ref. [29] a family of hypergeometric Sobolev orthogonal polynomials on the unit
circle was considered:

—1) 1
yn(x) = ( 7’!') anFO <”;Py ;)a

X

depending on a parameter p € N. Observe that the reversed polynomials to y,
appeared in numerators of some biorthogonal rational functions, see [38].

Let {g, () }:;0 be a system of OPRL or OPUC, having a generating function of the
following form:

N Y

G(t, w) :f(w)em(”’):z:gn(t)%, teC, w|<Ro, (Ro>0),  (57)
n=0 '

where f, u are analytic functions in the circle {|w| <Ro}, #(0) = 0. Such generating
functions for OPRL were studied by Meixner, see, for instance, ref. [39, p. 273]. In the
case of OPUC, we do not know any such a system, besides {z"},” ;. Consider the
following function:

Ft,w) = mG(t,w) - mf(w)et"(w),

teR, |w|<Ri<Rop, (R1>0),

(58)

where p €P: p(0) # 0. In the case #(z) = 2, one should take Ry <|z¢|, where z¢ is a
root of p with the smallest modulus. This ensures that F(¢, w) is an analytic function of
two variables in any polydisk Cr, z, = {(t,w) €C*: |t|<T1, w|<Ry|}, T1>0.In the
general case, since p(#(0)) = p(0) # 0, there also exists a suitable Ry, which
guarantees that F is analytic in Cr, g,. Expand the function F(t,w) in Taylor’s series by
w with a fixed #:
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e 7

Fr,w) =Y 0,(0)%

T (t’ w) € CTl,R1 5 (59)
— n!
where ¢, () are some complex-valued functions. Then the function ¢, () is a
complex polynomial of degree n, Vn € Z, see [28, Lemma 3.5]. Suppose that degp >1,
and

d
pE) =) azf,  a€C, ci#0; co#0; deN, (60)
k=0

Theorem 1.4 ([28, Theorem 3.7]) Let d €N, and p(z) be as in (60). Let {g,(z)}
be a system of OPRL or OPUC, having a generating function G(¢,w) from (57) and
F(t,w) be given by (58). Fix some positive T, Ry, such that F(¢,w) is analytic in the
polydisk Cr, ,. Polynomials

SNE
Pn (Z) = Z ( ; )b]gn—j(t)’ NELs, (61)
=0 \J
NG _ '
where b; = (M) (0), have the following properties:

i. Polynomials ¢, are Sobolev orthogonal polynomials:
P ()

i
|(era0n v}t | " Ny = 50
d
o (0)
7,>0, n,me’l,,

where

M = (CO,CI’ ---acd)T(%aC_I) oo ’G)

Here dy, is the measure of orthogonality of g, .

i. Polynomials ¢, have the generating function F(¢,w), and relation (59) holds.

ii. Polynomials ¢, have the following integral representation:

P(u?w))f(uJ)et”(w)wnldw, n€Ls, (62)

n!
Py (t) = R ?§|w|:p2

where R, is an arbitrary number, satisfying 0 <R; <R;.

There are two cases of g, which lead to additional properties of ¢,, namely, to
differential equations and recurrence relations. The next two corollaries are devoted
to them.

Corollary 1 ([28]) In conditions of Theorem 1.4 suppose thatg, (1) =", n € Z,;
f(w) =1, u(w) = w. Polynomials {¢, (¢}, , satisfy the following recurrence relation:
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Ck

d
(n+1) % D1 n(t) T

d C
:t<§(pnk(t) (n—kk)!>’ ne€ 7Ly,

where ¢,:=0, 7l:=1, forreZ : r<0.
Polynomials {¢,(t)},._, obey the following differential equation:

thk(p (1) (ch(p >, nEZL,.

Corollary 2 ([28]) In conditions of Theorem 1.4 suppose thatg, (t) = H,(t),n € Z,
are Hermite polynomials; f(w) = e ", u(w) = 2w. Polynomials {¢, (t)},, satisfy the
following recurrence relation:

(63)

d k
Ckz Ckz _

k=0 (64)

Ckzk
=2t Z(ﬂn k ) nEN,

where ¢,:=0, rl:==1, forr€Z : r<0; and
co@1(t) + 2c109(t) = 2cotq (t). (65)

Polynomials {¢,(¢)},", obey the following differential equation:

d d d
St 62 ank 0 - (Yank0), ez @
k=0 k=0 k=0

Observe that polynomials ¢, from the last two corollaries fit into the scheme of
Problem 1.

5. Conclusion

The theory of orthogonal polynomials is closely related to semi-infinite matrices,
as well as to their finite truncations. This interplay has shown its productivity in
classical results. Nowadays there appeared new kinds of orthogonality, such as
Sobolev orthogonality. It is not yet clear what kind of matrices can be attributed to
them. One of candidates is a pencil of matrices, since it appeared in examples. In
Section 3 there appeared a pencil of semi-infinite symmetric matrices, while in Section
4 it was a pencil of some banded matrices. In Section 2 we also met a pencil, but it was
more close to classical eigenvalue problems of single operators.

The above-mentioned examples of Sobolev orthogonal polynomials also showed
that pencils of differential equations appeared here in a natural way. Moreover, there
is a large number of differential operators, which have polynomial solutions with
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Sobolev orthogonality. This fact promises that Sobolev orthogonal polynomials can
find their applications in mathematical physics.

We think that Problem 1 is an appropriate framework for a search and a construc-
tion of new Sobolev orthogonal polynomials having nice properties. Notice that one
can produce such systems using classical OPRL or OPUC. The differential equation, if
it existed, is inherited by new systems of polynomials. The more complicated question
is the existence of a recurrence relation.

Besides new families of Sobolev orthogonal polynomials, it is of a big interest
finding classes of systems of Sobolev orthogonal polynomials, having recurrence
relations. One such a class (orthogonal polynomials on radial rays) was described in
Section 2. Thus, it looks reasonable to start not only from Sobolev orthogonality, but
from the other side, i.e., from recurrent relations. One such an example of derivation
was given by orthogonal polynomials on radial rays from Section 2.

Another possible way was given in Section 3, where we described Jacobi-type
pencils. The associated polynomials of a Jacobi type pencil have special orthogonality
relations. The associated operator yet has not a suitable functional calculus. As we
have seen, under some conditions this operator is a perturbation of a symmetric
operator. However, it is not clear how to calculate effectively a polynomial of this
operator.

In general, it is a classical situation that the operator theory stands behind special
classes of semi-infinite matrices and related objects. The operator theory of single
operators is well promoted and it is well recognized by any mathematician. It seems
that the theory of operator pencils is less known to the mathematical community.
This fact can explain the situation that pencils of semi-infinite matrices and related
polynomials appeared on a mathematical scene just recently. We hope that, as in the
classical case, these new orthogonal polynomial systems will shed some new light on
the theory of operator pencils.
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Chapter 3

Matrix as an Alternative Solution
for Evaluating Sentence
Reordering Tasks

Amma Kazuo

Abstract

Although sentence reordering is a popular practice in educational contexts its
scoring method has virtually remained ‘all-or-nothing’. The author proposed a more
psychologically valid means of partial scoring called MRS (Maximal Relative
Sequence) where a point is counted for each ascending run in the answer sequence
allowing gaps and the final score reflects the length of the longest sequence of
ascending elements. This scoring method, together with an additional consideration of
recovery distances, was woven into an executable programme, and then transplanted
to Excel without having to understand a programming language. However, the use of
Excel was severely limited by the number of columns available. This chapter reviews
the past practices of evaluating partial scoring of reordering tasks and proposes an
alternative solution LM (Linearity Matrix), also executable on Excel, with far smaller
consumption of columns and with the idea of calculating the recovery distances as
well as MRS scores. Although LM and MRS are different scoring procedures, they both
reflect psychological complexity of the task involved. Furthermore, LM is versatile as
to the adjustability of adjacency weights as an extended model of Kendall’s tau. Some
reflections on practical application are referred to as well as future directions of the
study.
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1. Introduction

Sentence reordering is one of the popular tasks in reading comprehension [1, 2].
Regrettably, in the field of language testing, the scoring method, in practice, has been
overwhelmingly ‘all or nothing’, i.e., one can get a full score only if his/her answer
matches the correct sequence perfectly. ‘All or nothing’ is simple enough, but excludes
the idea of partial correctness, which Alderson, Percsich, and Szabo see as unfair [3].
There is no consideration of the difference in the test-taker’s degrees of performance.

Consider first a reordering task as an example of a reading comprehension ques-
tion. Text 1 is taken from Japan’s National Centre Examination (2013) with option [b]
being the correct answer [4]. The test-takers were told to choose the correct order of
the illustrations of a movie story they were presented.
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Which of the following shows the order of the scenes as they appear in the movie?

@A (A)—(C)—(B)— (D)
b« (A) = (B) = (C) — (D)
]  (B)—= (D)= (A)—(C)
[dl  (B)—=(A)— (D)= (C)

Text 1.
Sample reordering task for reading comprehension. *: corvect answer; element codes are
rearranged for convenience.

According to the test manual, only [b] gets the point; the other options make no
point. The correct sequence [b] contains three continuous ascending runs: A-B, B-C,
and C-D, and three discrete ascending runs: A-C, A-D, and B-D. Of these six
sequences [a] satisfies 5 matches, [c] 3 matches, and [d] 4 matches. By another
criterion, [a] is reached by dislocating one element (either C or B) from the correct
sequence, [c] by two elements, and [d] by two elements. By either case, the three
distractors are gradable in terms of proximity to the correct sequence. The ‘All or
nothing’scoring method accepts only the perfect answer and ignores the differences in
the test-taker’s partially formed construct.

What should be sought is a rational evaluation method for a partial achievement of
item reordering tasks. This paper first reviews some past literature concerning this
issue, followed by an overview of a stretch of alternative measurement methods
developed by the author. The core issue is a new measurement scheme Linearity
Matrix (LM), which can compensate for the shortcomings of the present practices,
ensuring quicker and light-weight processing for non-specialists to handle.

2. Literature overview

Alderson, et al. examine four alternative methods to seek fairness and high dis-
criminability: (1) “Exact matching’, (2) ‘Previous’, (3) ‘Next’, and (4) ‘Edges’ [3].
They were all in a test stage and no clear conclusion was reached. Above all, these
methods were empirically designed on the basis of ad hoc assumptions. Of them (4)
‘Edges’ is a linear extension of (1) ‘Exact matching’, and (2) ‘Previous’ and (3) ‘Next’
are variations of ‘Adjacent matching’. ‘Exact matching’ requires each element to be
located exactly in the same position as in the correct answer. In option [a] of Text 1, A
and D will get points; the other options [c] and [d] will get no points because there is
no element in the correct position. In ‘Adjacent matching’ each of the three adjacent
pairs will get 1 point. None of the three distractors [a], [c], and [d] will get a point in
our example. But if we had an option

] (€)= (D)—(A)—(B)

the initial pair C-D and the final pair A-B would each get 1 point.
Kendall’s coefficient tau is originally one of the measurement methods of
rank-order correlation [5]. Kendall’s tau is defined as:

tau = ([number of concordant pairs|-[number of discordant pairs])/
[binomial of choosing 2 from 7]
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In other words,

T

_ 4P
Tao D) .

where
P is the total number of items ranked after a given item by both rankings, and
n is the number of items
Kendall’s tau is a popular tool in evaluating correspondence between machine-
translated passages and human translations [6-8]. Papineni, Roukos, Ward and Zhu,
for example, measured tau for the degree of correspondence between the 7-gram of
the reference text and that of the target text produced as a result of machine transla-
tion [9]. This study as well as other papers of the same interest deals with open-ended
elements for comparison where additions and reductions of words and phrases natu-
rally occur, hence irrelevant to the present scope of item reordering in which the
elements are closed.
Bollegala, Okazaki and Ishizuka’s ‘Average continuity’ [10] is a variation of
‘Adjacent matching’

k
AC = exp (k i 72D log(Pi+ a)> )
i=2

where
k is the maximum number of continuous elements to be considered for calculation,
a is any small number (e.g., 0.001 in Bollegala, et al’s example),
and ‘precision of # continuous sentences’:

P,=m/(N—n+1) 3)

where
n is the length of continuous elements,
m is the number of continuous elements in the correct order, and
N is the number of elements in the correct sequence.
For example, when evaluating an answer CDABE for a correct sequence ABCDE,
N =5 (length of ABCDE), k = N = 5, m = 2 (count of CD and AB), and # = 2 (length of
CD or AB).

Their method is sensitive to continuously running elements such as CD or AB, or
ABCD in ABCDE with few disorderly elements. In our previous example of Text 1,
none of the distractors contains a sequence of elements long enough to get a P,,,
resulting invariably in AC =exp(log a).

Below is a simulation of AC against the exclusive permutations of five elements (A,
B, C, D, E) where the sample size is 120, given the correct sequence ABCDE. It is only
when the length of the continuous sequence is 4 (i.e., ABCD and BCDE) that the AC
value appears reasonable (= 0.407 when a = 0.001); otherwise, the values are gener-
ally low". This tendency is enhanced when « takes a smaller value (Table 1)°.

Therefore, AC is not an appropriate measurement tool when shorter continuous
sequences (i.e., two or three consecutive elements such as AB and ABC) are not
infrequent. Furthermore, AC cannot count the cases where ascending elements are
not adjacent (e.g., ADBEC, where AC = 0.050)°,
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Alpha Mean AC SD of AC

0.001 0.087 0.057

0.0001 0.043 0.045

0.000001 0.012 0.020

0.00000001 0.004 0.015
Table 1.

Mean and SD of AC scores for all permutations of five elements. (A perfect sequence is excluded as an outlier).

Lapata prepared all permutations of orders of eight sentences and calculated the
tau value for each text, and compared it with the human rating of comprehensibil-
ity [11]. She obtained a significant correlation coefficient of » = 0.45 (N = 64)

(p. 478). She also claimed that she confirmed that Kendall’s tau was able to predict
the text cohesion by measuring the reading time of the target texts. Although this
was one of the few studies validating the effect of randomised sentence order, the
final coefficient value alone is not convincing enough to ensure the effect of
particular text disturbance on comprehension. Other measurement methods for
evaluating disrupted orders could have been equally significant while comprising
substantial linguistic differences beneath the surface. Therefore, the next step of
this study would be to analyse how the target sequences of sentences are created
and organised.

In conclusion, both ‘Exact matching’ and ‘Adjacent matching’ are incomplete and
counter to intuition. The problem with ‘Exact matching’ is that it is sensitive to the
absolute location of elements, and relative sequence is out of consideration. This
scoring method may be appropriate for a question in which absolute location is
significant, e.g., topic sentence in a paragraph, and initial cause of sequential events.
However, if we consider a sequence of combined cause-effect instances, relative
locations should also be rewarded with partial points. In contrast, ‘Adjacent matching’
weighs much on local adjacency. Even though [e] gets 2 points, the two pairs are
twisted in relative order.

3. Maximal relative sequence

A new measurement method called ‘Maximal Relative Sequence’ (MRS) was
proposed by the author [12-15]. It was intended to capture the longest possible
sequence of ascending run within the answer while allowing gaps of adjacent
elements. The MRS score is the number of transitions, i.e., the number of elements
in the MRS-1. In an answer CDABE, for example, for which the correct sequence is
ABCDE, the longest possible ascending sequence or MRS is either CDE or ABE,
and the score is 2. Note that there may be multiple MRS for a single score. It is a
special case of Levenshtein distance [16] in the sense that there is no addition or
reduction of elements.

MRS is logically and psychometrically endorsed with reference to MED (Minimal
Edit Distance) in the following simple relationship.

MRS + MED = full score = [number of elements] — 1 (4)
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By MED we mean the minimal number of displacement of elements in the answer
sequence required to recover the correct sequence, i.e., the number of displacement
from the correct sequence to arrive at a certain answer sequence. Thus the MED for
BACDE is 1, and that for EDCBA is 4. Take CDABE, for example. It is reachable by
dislocating either (C and D) or (A and B) from the correct sequence ABCDE, with a
displacement count of two for each case. Since measuring MED is to count the number
of elements subject for displacement (e.g., C and D), counting the number of intact
elements (i.e., A, B, and E), namely, the elements for MRS is a complement to MED,
hence the Eq. (4). The more displacement from the correct sequence is involved, the
remoter the answer sequence is from the correct sequence, both logically and psycho-
metrically. Thus, measurement by MRS is practically equivalent to measurement by
MED, bearing an advantage over ‘Exact matching’ and ‘Adjacent matching’ with
respect to the cognitive load needed for recovery.

4. Maximal relative sequence with recovery distance

Talking about recovery, MRS is still a rough indicator of partial achievement,
however. The major flaw is that it does not consider the precise recovery distance of
the elements involved. Two answers BACDE and BCDEA would have the same MRS
score of 3 (or 1 displacement of A), but the degree of distortion from the correct
answer is obviously different. The author’s MRS + Dist model was an attempt of
incorporating the recovery distance, i.e., the total number of elements that the ele-
ments subject for recovery have to jump over [17, 18]. The final score will be calcu-
lated as follows:

Adjusted score = MRS x (1 — [Penalty rate]) (5)
where
Penalty rate = [Recovery distance|/[Maximal recovery distance]
where
Maximal recovery distance =#n x (n —1)/2
where

n is the number of elements in the sequence.

Table 2 shows some sample recovery effects.

The author coded a script of computer programme using Xojo [19] enabling
machine calculation since calculating recovery distance seemed beyond ocular calcu-
lation. One reason for this complication was the need to handle crossing constraints. A
crossing constraint prevents redundant recovery moves. In the case of CDABE, the
correct procedure is:

Step 1: CDABE — CABDE (Distance = 2)
Step 2 : CABDE — ABCDE (Distance = 2)

Total distance = 4

However, if we started with C, the process would incur an unnecessary extra
movement:
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Answer MRS Elements Distance Penalty MRS + Dist
for recovery rate
ABCED 3 E 1 0.1 3 x(1-0.1) =2.7
ABECD 3 E 2 0.2 3x(1-02) =24
EABCD 3 E 4 0.4 3x(1-0.4) =18
CDABE 2 C,D 4 0.4 2% (1-0.4) =12
DCBAE 1 B,C,D 6 0.6 1x (1-0.6) = 0.4
EDCBA 0 A,B,C,D 10 1 0x(1-1) =0
Table 2.

Sample recovery effects. (Bold letters indicate elements for recovery or disruptors’).

Step 1: CDABE — DABCE (Distance = 3)
Step 2 : DABCE — ABCDE (Distance = 3)
Total distance = 6

In the first step, C jumped over D, which jumped over C in the second step. This
redundancy has occurred because C jumped over an older element D when it moved
right, the relative order having been reversed, which had to be rectified in the second
step by making D jump over C. We need a set of constraints as follows:

No element can cross over an older element when moving right. (6)

No element can cross over a younger element when moving left. 7)

Figure 1 is a flow chart illustrating the procedure of calculating MRS (and Distance
as a supplement). The core mechanism of creating MRS is to concatenate ascending
elements in the answer sequence into a possible pair and connect its tail with the head
of another ascending pair. In the case of CDABE, the first seeds are CD, DE, AB, BE
and AE. Some of them grow into larger sequences CDE and ABE. The growth stops
here since no more concatenation is possible. These are the MRS and the count of
concatenation steps is the MRS score (= 2). A full set of codes is included in [18].

5. MRS by Excel

Resorting to a computer programme meant that the protocol turned opaque in a
black box. In order to secure transparency, the author devised an Excel spreadsheet
where he transplanted the computer programme to combinations of Excel
functions [20].

Readers can trace the concatenation steps in Sections 2 and 3 in Figure 2.

As for the recovery distance, the author introduced the use of Kendall’s tau instead
of a special computer programme [21]. Given a definition of tau as (1), P is the total
number of ‘behind’ elements. When the correct sequence is ABCDE and the target
sequence is CDABE, for example, the elements behind A in the ascending order in the
target sequence are B and E (2 elements); behind B comes E (1 element); behind C
come D and E (2 elements); behind D comes E (1 element). P, in this case, makes 6.
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Figure 1.
Flow chart of MRS algorithm.

Since P indicates the number of elements that each element has to jump over to make
a complete reverse sequence (EDCBA), the maximum of P is

Ppax =n X (n—1)/2 (8)

where
n is the number of elements.
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ABCDE albic|dle|[f|g h i (ombined (ombloes MR Distance Pemally  Adjusied
Sequence 1 2 3 4 5 1<2 (<3 t=of f=5 <3 2<4 2<5 <4 9<5 4<5 ae  af ael aff bhj ehj aeh) MRSsequence Soore p Tmm Dy fam rafe by fam MES by fau
ABCDE (A8 C D E AB AC AD AE BC BD BE CD CE DE ABC ABD ABE ABCO ABCE ABDE ACOE BCDE ABCDE ABCDE 4 10 1.000 0 0.000 4000
BACDE B ACDE BC B0 8 AC AD AE CD CE DE Df DE 3 9 0.800 1 0.100 2,700
ABDEC A B D E C AB AD AE AC BD BE BC DE ABD 4 ABL 3 8 0.200 2400
CDABE |C 0 A 8 E (D CE DE AB AE BE ABE 2 20¢ 4 0400 1200
DCEBA D CE 8 A  DE cE 1 sC 8 0800 0200
CBADE [C 8 A DE D CE D 8 AD AE DI fa ADE 2 pde 3 0300 1400
CDEAB |C D E A B (D CE AB (D 2 20c 6 0600 0800
BCDEA 8 C D E A BC BD B CE DE BC BD fas! 3 70c 4 0400 1800
EDCBA E DC 8 A 0 0.1 10 1000  0.000
Section 1 Section 3
Seclon ¥ Section 2 Sedtlon 6
Figure 2.

Sample excel sheet of MRS and MRS + Dist.

The answer CDABE is distant from the correct answer by dislocating C and D by 4
occasions of jumping over (Table 2), and it is still distant from the complete reverse
by additional 6 occasions of jumping over. It means the sum of recovery distance and
P is always constant, Pp,,y.

ABCDE «+———— CDABE——— EDCBA
Items to 4 + 6 =10

jump over = Prax

Therefore recovery distance can be calculated by tau. Figure 2 already includes the
column of Distance by tau.

Recovery distance = (1 —7) xn x (n —1)/4 9)

6. Linearity matrix

Despite the improved accessibility, a major problem with the Excel calculation is
its consumption of columns. If we follow the layout in Figure 2 the number of
columns required will soon reach the limit of 16,384 as we increase the size of the
sequence. It means # = 12 is the largest possible size. Table 3 shows the number of
entire columns required for # = 4 to n = 13, including columns for calculating recovery
distance by Kendalls tau.

Yet another idea for representing the mechanism of MRS is to make use of a
matrix. Table 4 shows the framework of matrix (Linearity Matrix = LM) in which the
relationships of elements are indicated. The value ‘1’ indicates that the row element is
correctly followed by the column element. The value will be ‘0” when the relative
order is disrupted. In Table 5 for CDABE, C-A, C-B, D-A and D-B are in the wrong
order. The sum of the values is Linearity Matrix score, representing the
wellformedness of the answer sequence.

The greatest advantage of LM is its efficiency in column consumption. When
transplanted to Excel the core part of LM requires # x (n-1)/2 columns, resulting in a

n 4 5 6 7 8 9 10 11 12 13

C 54 102 198 390 774 1,542 3,078 6,150 12294 24582

Table 3.
Size of entire columns (C) required by MRS + Dist.
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A 1 1 1 1
B 1 1 1
C 1 1
D 1
E LM =10
Table 4.

Linearity matrix for correct answer ABCDE.

C 1 0 0 1
D 0 1
A 1 1
B 1
E LM=6
Table 5.

Linearity matrix for partially correct answer CDABE.

n 4 5 6 7 8 9 10 11 12 13
C 14 19 25 32 40 49 59 70 82 95
Table 6.

Sige of entire columns (C) requived by LM.

small size of the entire columns (Table 6). Whereas MRS + Dist by Excel would need
3,080,634 columns (in theory) when n = 20, LM requires only 214.

An additional advantage of LM is that it can calculate the recovery distance by
counting the number of zero values. Since a pair with ‘1’ mark indicates an ascending
run, the sum of values (= LM) is equivalent to P of Kendall’s tau. It means that the
count of zero values represents the recovery distance. In Table 5, either C and D have
to jump over A and B or A and B have to jump over C and D. In either case, the
disruption is solved by removing the elements with zero values.

Furthermore, since zero marks are caused by the elements in incorrect positions,
these disruptors are subject to displacement for the entire sequence to be corrected.
Without these disruptors, the remaining elements should all be arranged in ascending
orders in any combination. Thus we can identify the elements of MRS by identifying a
minimal number of steps to remove disruptors. In Table 7, we can get B and E as MRS

D 0 1 0 0
B 1 1 0
E 0
C 0
A LM = 3, Distance = 7
Table 7.

Linearity matrix for partially corvect answer DBECA.
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by removing D, C and A; or B and C by removing D, E and A; or D and E by removing
B, Cand A. These alternative MRSs are obtainable through different procedures, but the
count of removal steps stays the same. Tables 8-10 show the process of the first case.

The optimal strategy for removing the disruptors on Excel has not been found at
the moment, but we know in theory that LM provides information of both MRS and
recovery distance. By definition, LM counts all pairs of ascending order whereas MRS
picks up elements that can form the longest sequence. Therefore in the above sample
DE, BE, and BC are all counted for the LM score (=3) but only one of them constitutes
an MRS. Similarly, CBAED has also one MRS (CE, CD, BE, BD, AE, or AD), but
LM = 6. The different LM scores of the two sequences bearing the same MRS score
indicate that the internal structure is different.

As another potential LM can vary the weights for ascending pairs. We could value
larger weights for closer pairs and smaller weights for remoter pairs (Table 11 for the
correct sequence and Table 12 for a sample answer).

Figure 3 shows the correlation of scores between gradient LM and of MRS + Dist.
The data were taken from a test of reading comprehension in English as a foreign
language for Japanese university students (IV = 149). They were asked to reorder eight
descriptions of events after watching a video of an expository story. The correlation
7 = 0.950 and the coefficient of determination R” = 0.902 suggest that LM is a highly
reliable alternative to MRS + Dist.

D 0 1 0
B 1 1
E 0
C
A LM = 3, Distance = 3
Table 8.
Linearity matrix after removing disruptor A (step 1).
D
B 1 1
E 0
Cc
A LM = 2, Distance = 1
Table 9.
Linearity matrix after vemoving disruptor D (step 2).
D
B 1
E
Cc
A LM =1, Distance = 0
Table 10.

Linearity matrix after removing disruptor C (step 3).
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A 4 3 2 1
B 4 3 2
C 4 3
D 4
E Sum = 30
Table 11.
Linearity matrix for corvect answer (n = 5) with gradient weights.
C 0 0 1
D 0 2
A 4 3
B 4
E Sum =18
Table 12.

Linearity matrix for partially correct answer (n = 5) with gradient weights.

0.9
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MRS+ Dist

Figure 3.
Plot of scores by gradient LM and MRS + Dist. (The scoves are standardised between o and 1. The oval represents a
density ellipse of probability 0.90.)

For part of the test-takers (IN = 31), internal consistency was compared among
eight measurement methods where the reordering task was part of a larger reading
comprehension test including short-answer questions. Table 13 indicates that LM
methods are stable and can better capture the test-taker performance.

Binary Exact Adjacent MRS tau MRS + Dist LM flat LM gradient
0.273 0.534 0.479 0.624 0.559 0.560 0.675 0.670
Table 13.

Alpha coefficients of eight measurement methods.
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Machine MRS MRS + Dist LM flat LM gradient

MacBook Pro* 3.90 3.80 0.50 0.60

Mac Pro® 38.70 107.10 64.90 62.50

HP250 (Windows)® 19.45 15.56 14.45 14.45
Table 14.

Processing time of four measurement methods (s).

Time vs. Length
Method Machine
MRS MRS+Dist LM flat LM gradient — MacBook Prc

:fg : / — Mac Pro
100 /—1- —— HP250
80 5
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Figure 4.
Processing time(s) by sequence length.

LM is even quicker in processing a vast amount of data than MRS. Table 14 shows
a processing time taken by four methods when # = 10. The data (size = 1000) was
randomly sampled from all permutations of 10 elements. The programmes for two
versions of LM were written by Xojo, the same programming language for MRS.
Distance in MRS + Dist used Kendall’s tau formula. Each value was an average of ten
trials.

It should also be noted that with LM the processing time did not deteriorate as the
number of elements increased. Figure 4 summarises the average processing time of
the four measurement methods for sequence length of # = 3 ton = 12.

7. Applications and limitations

We have seen so far theoretical considerations of evaluating item reordering
except for the analyses of correspondence of methods based on actual test results.
When constructing an evaluation scheme in reality, however, various non-theoretical
factors come in the way. Take an example from Alderson, et al.’s reordering question
called ‘Compagq task’ [3]. Text 2 is the original; Text 3 is what they regarded as
partially correct; Text 4 is an alternatively misplaced sequence of my invention. Item
codes are rearranged for convenience.
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(A) A technician at Compaq Computers told of a frantic call he received on the helpline.
(B) It was from a woman whose new computer simply would not work.
(C) She said she’d taken the computer out of the box, plugged it in, and sat
there for 20 minutes waiting for something to happen.
(D) The tech guy asked her what happened when she pressed the power switch.
(E) The woman replied, ‘What power switch?’
Text 2.
Correct sequence.

(A) [Same as Text 2]
(B) [Same as Text 2]
(D) The tech guy asked her what happened when she pressed the power switch.
(E) The woman replied, ‘What power switch?’
(C) She said she’d taken the computer out of the box, plugged it in, and
sat there for 20 minutes waiting for something to happen.
Text 3.

‘Partially corvect’sequence.

A) [Same as Text 2]

B) [Same as Text 2]

D) The tech guy asked her what happened when she pressed the power switch.

C) She said she’d taken the computer out of the box, plugged it in, and sat there for

20 minutes waiting for something to happen.

(
(
(
(

(E) The woman replied, ‘What power switch?’
Text 4.
Incorrect sequence.

Both Text 3 and Text 4 differ from the correct sequence by one dislocation of
statement (C). However, while Text 4 is completely unacceptable Text 3 sounds
much more acceptable, if not perfectly. The use of past perfective form in Text 3
refers back to the point that occurred before (D). The one dubious element is that the
tech guy’s question in (D) is slightly too specific, which could disrupt the natural flow
of discourse. More serious is the fact that Text 4 is much less acceptable than Text 3,
even though the recovery distance of Text 4 is shorter than that of Text 3. It means
that the recovery distance alone is not necessarily a predictor of penalty.

This type of task may be called an a priori (or jigsaw) task: test-takers must read
the fragments at sight and reconstruct the original passage. Because the fragments
contain a lot of linguistic clues such as tense, reference words, and definiteness
markers, the test-takers can use these clues to connect fragments. Yet another task
type (a posteriori task) requires test takers to read or hear the entire passage initially
and reconstruct the outline by selecting descriptions in the correct order. Alderson
et al.’s ‘Queen task’ is of this type. In fact, they admit that the a posteriori type might
be more appropriate as a measurement tool of reading comprehension (p. 442). Text
6, based on intact Text 5 [22], is another sample of this type where linguistic clues are
as much neutralised as possible.
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New neighbours

Mr and Mrs Smith married thirty years ago, and they have lived in the same house
since then. Mr Smith goes to work at eight o’clock every morning, and he gets home at
half past seven every evening, from Monday to Friday.

There are quite a lot of houses in their street, and most of the neighbours are nice.
But the old lady in the house opposite Mr and Mrs Smith died, and after a few weeks, a
young man and woman came to live in it.

Mrs Smith watched them for a few days from her window and then she said to her
husband, ‘Bill, the man in that house opposite always kisses his wife when he leaves in
the morning and he kisses her again when he comes home in the evening. “Why don’t
you do that too?’

‘Well,” Mr Smith answered, ‘I don’t know her very well yet.’

Text 5.
Sample original passage

1
2) An old lady died.
)

(1) Mr Smith was a serious man.
(
(3) A young couple moved in.
(
(

4) Mrs Smith made repeated observations.
5) Mrs Smith requested a new action.

Text 6.

Outline items for a posteriori reordering.

In this paper, we examined the nature of MRS and LM. Both of them are still in an
incubation stage in language testing as well as other psychometric measurements. The
differential weighting for ascending pairs in gradient LM is a proposed model without
empirical evidence. There might be clusters of items to be fixed together. Alternative
exchanges of talks in dialogue (as in the Compaq task) are considered an example of high
adhesion whereas some kinds of discourse order may not be as adhesive. Nevertheless, it
is meaningful to attempt application of various measurement methods and validate
psychometric as well as semantic connectivity. For example, flat LM might be suitable for
a task of recollecting historical events because reference to the chronological order of
events is relevant to all (or most) pairs. When reconstructing a story, in contrast, MRS or
gradient LM might be a better tool, because local connections are considered more
important than remote connections, and the wellformedness of the story depends on how
much the completed sequence of items looks like a string of stories. Finally, describing
MRS by matrix is space and time-saving. LM is like a ripple in the pond; if you observe the
wave on the shore you can detect where the stone was cast.
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Figure 5.
Comparison of AC and MRS ratings.

Alpha MRS MRS + Dist LM

0.001 0.524 0.368 0.268

0.0001 0.490 0.343 0.253

0.000001 0.416 0.288 0.218

0.00000001 0.350 0.241 0.186
Table 15.

Correlation of AC with MRS, MRS + Dist, and LM. (A perfect sequence is excluded as an outlier).
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Notes

1.The correlation of AC and MRS is 0.524, but 89% of AC scores are smaller than
0.1 while 51% of MRS is between 0.5 and 0.6 (Figure 5, created by JMP [23]). See
Section 2 for MRS.

2.When N =5 (i.e., 5-element sequence), AC is severely affected by the value of a
(Table 15). See Sections 2 and 3 for MRS, MRS + Dist, and LM.

3.While AC = 0.050, MRS + Dist. = 0.350 and LM = 0.667. See Sections 2 and 3 for
MRS + Dist and LM.

4.MacBook Pro (8-core Apple M1, 16GB)/0S11.4/Xojo 2021r1

5.Mac Pro (2 x 2.4GHz 6-core Intel Xeon, 25GB, 1.3 MHz DDR3)/0S510.14/Xojo
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6.HP250G7-122 (Intel Core i5-8565U, 1.6GHz, 8GB RAM)/Windows10/Xojo
2021r1
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Chapter 4

Weighted Least Squares
Perturbation Theory

Aleksandr N. Khimich, Elena A. Nikolaevskaya
and Igor A. Baranov

Abstract

The interest in the problem of weighted pseudoinverse matrices and the problem
of weighted least squares (WLS) is largely due to their numerous applications. In
particular, the problem of WLS is used in the design and optimization of building
structures, in tomography, in statistics, etc. The first part of the chapter is devoted to
the sensitivity of the solution to the WLS problem with approximate initial data. The
second part investigates the properties of a SLAE with approximate initial data and
presents an algorithm for finding a weighted normal pseudo solution of a WLS prob-
lem with approximate initial data, an algorithm for solving a WLS problem with
symmetric positive semidefinite matrices and an approximate right side and also a
parallel algorithm for solving a WLS problem. The third part is devoted to the analysis
of the reliability of computer solutions of the WLS problem with approximate initial
data. Here, estimates of the total error of the WLS problem are presented, and also
software-algorithmic approaches to improving the accuracy of computer solutions.

Keywords: weighted least squares problem, error estimates, weighted matrix
pseudoinverse, weighted condition number, weighted singular value decomposition

1. Introduction

The interest in the problem of weighted pseudoinverse matrices and the WLS problem
is largely due to their numerous applications. In particular, the problem of weighted least
squares is used in the design and optimization of building structures, in tomography, in
statistics, etc. A number of properties of weighted pseudoinverse matrices underlie the
finding of weighted normal pseudosolutions. The field of application of weighted
pseudoinverse matrices and weighted normal pseudosolutions is constantly expanding.

The definition of a weighted pseudoinverse matrix with positive definite weights
was first introduced by Chipman in article [1]. In 1968, Milne introduced the definition
of a skew pseudoinverse matrix in paper [2]. The study of the properties of weighted
pseudoinverse matrices and weighted normal pseudosolutions, as well as the construc-
tion of methods for solving these and other problems, are devoted to the works of Mitra,
Rao, Van Loan, Wang, Galba, Deineka, Sergienko, Ben-Israel, Elden, Wei, Wei, Ward
etc. Weighted pseudoinverse matrices and weighted normal pseudosolutions with
degenerate weights were studied in [3-5]. The existence and uniqueness of weighted
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pseudoinverse matrices with indefinite and mixed weights, as well as some of their
properties, were described in [6-8]. Application of the weighted pseudoinverse matrix
in statistics presented, for example, in [9, 10]. Many results on weighted generalized
pseudo-inversions can be found in monographs [11, 12]. Much less work is devoted to
the study of weighted pseudoinversion under conditions of approximate initial data.
These issues are discussed in [13-17]. Analysis of the properties of weighted
pseudoinverses and weighted normal pseudosolutions, as well as the creation of solution
methods for these and other problems, are described in [18-20].

When solving applied problems, their mathematical models will have, as a rule,
approximate initial data as a result of measurements, observations, assumptions,
hypotheses, etc. Later, during discretization (‘arithmetization’) of the mathematical
model, these errors are transformed into the errors of the matrix elements and the right
parts of the resolving systems of equations. The input data of systems of linear algebraic
equations and WLS problems can be determined directly from physical observations,
and therefore they can have errors inherent in all measurements. In this case, the
original data we have is an approximation of some exact data. And, finally, the initial
data of mathematical models formulated in the form of linear algebra problems can be
specified exactly in the form of numbers or mathematical formulas, but, given the finite
length of a machine word, it is impossible to work with such an exact model on a
computer. The machine model of such a problem in the general case will be approxi-
mate either due to errors in converting numbers from the decimal system to binary or
due to rounding errors in the implementation of calculations on a computer.

The task is to study the properties of the machine model and to form a model of the
problem and an algorithm for obtaining an approximate solution in a machine envi-
ronment that will approximate the solution of a mathematical problem. The key
question of numerical simulation is the reliability of the obtained machine solutions.

The most complete systematic exposition of questions related to the approximate
nature of the initial data in problems of linear algebra is given in the monographs
[21-24]. Various approaches to the study and solution of ill-posed problems were
considered, for example, in [25-28]. Problems of the reliability of a machine solution for
problems with approximate initial data, i.e. estimates of the proximity of the machine
solution to the mathematical solution, estimates of the hereditary error in the mathe-
matical solution and refinement of the solution were considered in the publications
[12, 26, 29-33]. Much less work has been devoted to the study of similar questions for
the WLS problem. The sensitivity analysis of a weighted normal pseudosolution under
perturbation of the matrix and the right-hand side is the subject of papers [16, 34-36].

The chapter is devoted to the solution of the listed topical problems, namely the
development of the perturbation theory for the WLS problem with positive definite
weights and the development of numerical methods for the study and solution of
mathematical models with approximate initial data.

2. Weighted least squares problem

2.1 Preliminaries

Let the set of all m x n matrices is denoted by R™*". Given a matrix A € R™*" let AT
is the transpose of A, rank(A) is the rank of A, R(A) is the field of values of A and
N(A) is the null space of A. Additionally, let ||| denote the vector 2-norm and the
consistent matrix 2-norm, and let I be an identity matrix.

72



Weighted Least Squaves Pertuvbation Theory
DOT: http://dx.doi.org/10.5772/intechopen.102885

Given an arbitrary matrix A € R”*" and symmetric positive definite matrices M and
N of orders m and #, respectively, a unique matrix X € R"*", satisfying the conditions:

AXA =A, XAX=X, (MAX)" =MAX,(NXA)" = NXA, (1)

is called the weighted Moore-Penrose pseudoinverse of A and is denoted by
X = Aj;y- Specifically, if M = 1 €R™™ and N = I € R"*", then X satisfying conditions
(1) is called the Moore-Penrose pseudoinverse and is designated as X = A™.

Let A* denote the weighted transpose of A, P and Q be idempotent matrices, and
A = A + AA be a perturbed matrix, i.e.,

A* =NATM. ()
P= A} A, Q= AAj N, P = AynA,Q = AAy . (3)
Letx €R™, y €R". The weighted scalar products in R” and R" are defined as

(x,9)p =yTMx, x,y €R™ and (x,y)y = yTNx, x,y €R", respectively. The weighted
vector norms are defined as:

x|l = (o6, 2)3 = (xTMx)% = HM%x ’,x ER™, “
ily = 023k = 67Ny) = [Ny e R~

Letx,y €R™ and (x,y),; = 0. Then the vectors x and y are called M-orthogonal, i.e.
Mix- and M%y—orthogonal. It is easy to show that.

b + 3137 = el + Wl %,y €R™ )

The weighted matrix norms are defined as:

X N:1
1 1 (6)
Bllxng = max 1Byl = |[N'AM Y|, BeR™.
Iyl =1

Lemma 1 (see in [37]). Let A € R™*", rank(A) = k, M and N are positive definite

matrices of orders m and #, respectively. Then, there are matrices U € R”*” and
V €R™™, satisfying UTMU = I and VIN™'V = I such that.
D 0 D' o
A=U Vi,  Ajy=NV U™, 7
( 00 > MY 0 0 ?

where D = diag(uq, ftas - > Hip)s 1 = Ha = .. =4, > 0 and p? are the nonzero eigen-
values of the matrix A¥A. The nonnegative values y; are called the weighted singular
— + _1
values of A, moreover, [[Allyy = 1, || A Ixns = i
The weighted singular value decomposition of A yields an M-orthonormal basis of
the vectors of U and an N~ '-orthonormal basis of the vectors of V.
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2.2 Statement of the problem

In the study of the reliability of the obtained machine results, three linear systems
are considered. A system of linear algebraic equations with exact input data

Ax =b. (8)

We will consider the corresponding weighted least squares problem with positive
definite weights M and N:

min x|y, C = {x]|4x — ]y, = min }, ©)

where A € R™*" is a rank-deficient matrix and b € R™.
Along with (9), we consider the mathematical model with approximately specified
initial data.

min ]|y, C = {%|(A + AA)X — (b + Ab)|[y = min }, (10)

where.
A=A+AA,b=b+ Ab,X =x + Ax. (11)

Assume that the errors in the matrix elements and the right-hand side satisfy the
relations:

[AA[ay <eallAllaas  [1ABIIa < éb[1Dar- (12)

The problem for the approximate solution X of a system of linear algebraic equa-
tions with approximately given initial data

A

Kl

=b+7, (13)

where 7 = AX — b is the residual vector.

The analysis of the reliability of the obtained solution includes an assessment of the
hereditary error ||x — x||,;, computational error ||X — x|/ and total error ||x — x|| ., as
well as the refinement of the obtained machine solution to a given accuracy.

2.3 The existence and uniqueness of a weighted normal pseudoinverse

Let linear manifold L be a nonempty subset of space R, closed with respect to the
operations of addition and multiplication by a scalar (if x and y are elements of L Va, f3,
the ax + fy is an element of L). Vector x is N-orthogonal to the linear manifold L
(xLyL) if x is N-orthogonal to each vector from L.

Lemma 2 (see in [38]). There exists a unique decomposition of vector x, namely
x =X +x,wherexeL, xLyL.

Let A is an arbitrary matrix. The kernel of matrix A, denoted by N (A), is the set of
vectors mapped into zero by A: N(A) = {x : Ax = 0}.

The set R(A) of images of matrix A is the set of vectors that are images of vectors
of the space R from the definition domain of 4, i.e. R(A) = {b : b = Ax,Vx} .
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Let L be a linear manifold in space R, N-orthogonal (M-orthogonal) complement
to L, denoted by L'V (L*™), defined as the set of vectors in R, each of which is
N-orthogonal (M-orthogonal) to L.

Remark 1. If x is a vector from R and x”Ny = 0 for any y from R, then x = 0.

Theorem 1. Let A € R™*", then N(A) = R*(A*).

Proof. Vector x € N(A), if and only if Ax = 0. Hence, by virtue of Remark1, we
get x € N(A), if and only if yTMAx = 0 for any y. Since y"MAx = (A*y)" Nx, we
get Ax = 0 if and only if x is N-orthogonal to all the vectors of the form A*y.

Vectors A*y form R(A*). The required statement follows from here and from the
definition R (A).

Theorem 2 (see in [38]). If A is an m X n matrix and b is an m-dimensional vector,
then the unique decomposition b = b + b holds, where b € R(A) and b € N(A*).

Vector b is a projection of b on to R(A), and b is a projection of b on to N(A*).
Vectors b and b are M-orthogonal. Hence, A*b = A*D.

By Theorem 1, the following relations hold for the symmetric matrix A: N(4) =
R*(A),R(A) = N*(A).

Theorem 3. Let A € R™*", then R(A) = R(AA*), R(A*) = R(A*A),N(A) =
N(A*A) and N(A*) = N(AA*) .

Proof. It will be to establish that N(A*) = N(AA*) and N(A) = N(A*A).

For this purpose, we will use Theorem 1. To prove the coincidence of N(A*) and
N(AA¥), note that AA*x = 0 if A*x = 0. On the other hand, if AA*x = 0, then
xTAA*x = 0, i.e. ||A*x||,; = 0, which entails equality A*x = 0. So, A*x = 0 if and
only if xTAA*x = 0. We can similarly establish that N(4) = N(A*A).

Then let us prove the theorem about the existence and uniqueness of the solution
vector that minimizes the norm of the residual ||Ax — b||,; by the technique proposed
in [39] for the least-squares problem.

Theorem 4. Let A€ R™", b eR™, b & R(A). Then there exists a vector X, that
minimizes the norm of the residual ||Ax — b||,, and vector x is a unique vector from
R(A*#), that satisfies the equation Ax = b, where b = AAj;\b is the projection of b
onto R(A).

Proof. By virtue of Theorem 2, we get b = b + b, where b = (I—AAy)bis
the projection of b on to N(A*). Since for every x, Ax € R(A) and b € R*(A), then
b — Ax€R(A) and blb — Ax. Therefore

. ) . 2 2 12
I = Ay = b = x B = [fo—ax|[ o] 2B a9
M M M M
This lower bound is attained since b belongs to the set of images A, i.e. bisan image

of some xo: b = Axo.
Thereby, for this x( the greatest lower bound is attainable:

112 2
sty = o], = ol
It was shown earlier that
R 2 2
- st~ [+ =
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and hence, the lower bound can only be attained for x *, for which Ax* = b.
According to Theorem 2, each vector x*, can be presented as a sum of two orthogonal
vectors: x* = %" + X", where x* € R(A*),x* eN(A).

Therefore, Ax* = Ax* and hence, ||b — Ax* |2, = ||b — A% *||3,. Note that

%112 ~ 2 ~ 2 ~ 2
o™ Iy = 12" Iy + 11 [y = 1% My 17)

where strict inequality is possible when x* # %™ (i.e. if x* does not coincide with
its projection on to R(A*)).

It was shown above, that xo minimizes ||Ax — b/, if and only if Axo = l;, and
among the vectors that minimize ||Ax — b||,,, each vector with the minimum norm
should belong to the set of images A*. To establish the uniqueness of a minimum-
norm vector, assume that x and x* belong to R(A*) and that Ax = Ax* = b.

Thenx* — % € R(A*), however A(x* —%) = 0,s0x* — %X €N(A) = R (A4*).

As vector x* — X is N-orthogonal to itself ||x* — %]y = 0, i.e.x* =%.

Remark 2. There is another assertion that is equivalent to Theorem 4. There exists
an n-dimensional vector y such that

b — AA%y||y = ”’ﬁ]f”b — Ax|[p- (18)

If

b — Axolly = inf b — Axlly, (19)

then ||xo||y > ||A%y||y with strict inequality for xo # [|A%y||y.

Vector y satisfies the equation AA*y = b, here b is the projection of b onto R(A).

Theorem 5. Among all the vectors x that minimize the residual ||Ax — b||,,, vector
%, which has the minimum norm % = min ||x|y, is a unique vector of the form

% =NT1ATMy = A%y, (20)
satisfying the equation
A*Ax = A*Db, (21)

i.e. X can be obtained by means of any vector y,,, that satisfies the equation
A*AA*y = A¥Db by the formula x = A%y,,.

Proof. According to the condition of Theorem 3 R(A*) = R(A*A). Since vector
A*D belongs to the set of images A*, it should belong to the set of images A*A and thus
should be an image of some vector x with respect to the transformation A*A. In other
words, Eq. (21) (with respect to x) has at least one solution. If x is a solution of
Eq. (21), then x is the projection of x on to R(A*), since Ax = Ax according to
Theorem 2. Since x € R(A*), vector X is an image of some vector y with respect to the
transformation A*: x = A*y.

Thus, we have established that there exists at least one solution of Eq. (21) in the
form of (20). To establish the uniqueness of this solution, we assume that x; = A%y,
and x, = A"y, satisfy Eq. (21). Then A*A (A#yl — A#yz) = 0, therefore,

A*(y, —y,) EN(A*A) = N(A), where from the equality AA* (y, — y,) = 0 follows.
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Therefore y, —y, eN(AA*) = N(A*); hence, k1 = A%y, = A%y, = X,.
Thus, there exists exactly one solution of Eq. (21) in the form (20). The proof of
Theorem 5 will be completed if we can show that by virtue of Theorem 1 the solution

found in the form (14) is also a solution of the equation Ax = b, where b is a weighted
projection of b on to R(A), i.e. A*h = A%b.
Theorem 4 establishes that there is a unique, from R(A*) solution of the equation

Ax =b. (22)

Hence, this unique solution satisfies the equation A*Ax = A*b.

According to the equality A*b = A*b the unique solution of Eq. (22) belonging to
R(A¥), should coincide with X which is a unique solution of Eq. (21), which also
belongs to R(A¥). Finally, vector X, mentioned in the proof of Theorem 5 exactly
coincides with the vector & from Theorem 4. Using the representation of the Moore-
Penrose weighted pseudoinverse from [38].

Ay = A*(A*AA*)T A%, (23)

we can formulate the following theorem for problem (9) in a shorter form.

Theorem 6. Let A € R, then x = A};;b—is M-weighted least squares solution
with the minimum N-norm of the system Ax = b.

Note that in [18] a slightly different mathematical apparatus was used to prove the
existence and uniqueness of the M-weighted least squares solution with the minimum
N-norm of the system Ax = b.

3. Error estimates for the weighted minimum-norm least squares solution
3.1 Estimates of the hereditary error of a weighted normal pseudosolution

Consider some properties of the weighted Moore-Penrose pseudoinverse.
Lemma 3 (see in [16]). Let A, AA €R™", y;(A) and y;(A) denote the weighted
singular values of A and A respectively. Then,

#i(A) - HAA”MN Sﬂi(A) Sﬂi(A) + ”AA”MN' (24)

Lemma 4 (See [40]) Let A, AA ERmxn, rank(]l) _ rank(A) and
HAAHMNHAIJ&NHNM <1. Then

At
1— || AA |y ][ A

i,

lsne

Lemma 5. Let G = Ay — Af;y, A = A + AA and rank(A) = rank(A). Then G can
be represented as the sum of three matrices G = G; + G, + G3, where

G1 = —AynAAAT, (26)
G, = —(I - P)N'AATAENAN = —(I — P)AA* (A ) Al (27)
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Gs = Ayn(I = Q). (28)
Proof. Following [26], G can be represented as the sum of the following matrices.
G =[P+ (- P)] (Auy — Aiw)[Q+ (I - Q)] =
= PAQ + PAy(I = Q) ~ PAjiyQ — PAy (I = Q) + (I = P)AyyQ + 9
+ (= P)Ayy(I = Q) = (I = P)AiinQ + (I = Py (I - Q).
Since.
PAIJ\r/IN = AIJ\r/IN! - P)AIT/IN =0,A;nQ = Ay, A (1 — Q) = 0, (30)
we obtain
G = AyyQ+ Ay (I — Q) — PAyy + (I = P)Ayy =
— (A Q ~ PAjay) — (1~ Py + Ay (- Q). oy

Consider each term in this equality separately

G = AX/INQ ~P A;\L/IN = A1\+4NAA1\+/IN - AIJ\r/INAA;\L/IN = A1\+/IN (A - A>A?\L/1N = AIJ\r/INAAA;\L/IN'

(32)
To estimate the second term, we use properties (1)
A1\+/1N = (AJT/INA)A;IN =N"! (NAIJ\r/INA)TAIJ\r/IN = (33)

_ 17T —_
=NTATAJENAS,y = NT'A AJNNAG — NTTAATALNAS .
Substituting (33) into the second term of (31) gives
Gy = (I - P)Ayy = (1 - P)(NTATALENALy - NTAATAINA L) (34)
Since,

(I - P)N A" A ENAS,y = N 1ATAJENAL, — AL ANTAT AL NAL, =

—NATATT NAT . — NATATT NAL =0 (39
MN- MN MN MN

we obtain

G2 = (I - P)Ajiy = —(1 ~ PN AATAZLN Ay = —(I — P)AA* (Af) A
(36)

Finally,
G =Ayy — Aty = ~AunAAALy — (1= P)AA* (Ajiy) " Afpy + Ay (T = Q). (37)
Lemma 6 (see in [41]). If rank(A) = rank(A) = k, then

HQ(I - Q)HMM = HQ(I - Q)HMM’ (38)
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where Q and Q are defined in (3).

Lemma 7. Let A, AA €R™*", rank(A) = rank(A) and ||AAHMNHA1+WNHNM <1

Then the relative estimate of the hereditary error of the weighted pseudoinverse
matrix has the form

A+
Ay — A

145

N Eal (39)
NHNM

1—€Ah’

where i = h(A) = ||All || Afiv | nu and the estimate of the absolute error

(eah)’

1 e’ (40)

A+
[ = i, <€
moreover.
if A is not a full rank matrix, then C = 3,
fm>n=korn>m=k,thenC =2,
ifm=n==Fk,thenC =1.
Proof. To obtain estimates, we use the results of Lemma 5:
Aztuv —Ayn = _AJT/INAAAJT/IN — (I - P)AA*(Ajn) " Ajin +A1\+/IN(I -Q). (41
Passing to the weighted norms, we obtain.
Z+ <+ 4+ =
| A = aiin |, = | Avwadasin |, + 1447 (A1) Afin s + [Asn@I - Q)
(42)
Using the results of Lemma 6, we can estimate the last summand
4+ = 4+ ozt — 4 =
|amau - = |lavwAdim - ) <[4 120 = @)l
(43)
. _
= HAMNHNMHQ(I o Q)HMM'

According to (38) and (43), we can rewrite (42) in the form

. -
[ = i, = [[Asina A

|y + 144 () A s + 143 QUE = Q) 0y <
< [ A, N4A a4 lng + 144 e AT g + [ AR, 147w na 144 -
(44)

Using the results of Lemma 4, we obtain an estimate for the absolute error of the
weighted pseudoinverse matrix A.

_ A ||

AL — AL H < A8 (AA At + ||aA At +
H MN MN || s 1|2 q”MN”AleNHNM I HMNH MN”NM [ ||MN|| MNHNM (45)
(hea)?

1*1’!6“4’

h
JrHAJ\+/1NHz\rM”AAHMN) = ﬁ(hm +hea +hey) =C

Cc=1,23.
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To estimate the relative error, we have

. .
|

148 g

H 1 -C h&’A
M — (A A e 1—Pea’

M S3||AA||MN”AX4N C=1,23.
(46)

Let us estimate the error of the weighted minimum-norm least squares solution.
Let us introduce the following notation:

B YR L PR . YRR
Wl x> Tl A"~ Tl el ™ = Tl el
) i (47)
PR PR R Y
Pl AT~ ATl ™ = Tl el

Consider the following three cases.

Case 1. The rank of the original matvix A remains the same under its perturbation, i.e.,
rank(A) = rank(4).

Theorem 7. Assume that || AA|y ||A3y || yp, < 1o rank(A) = rank(A). Then

llx — Xl

T 1 her (2e4 + a + heaP), (48)
N

where h(A) = ||A ||MN||A1J\CINHNM is the weighted condition number of A, the
symbols |||l ;y and || yp, denote the weighted matrix norms defined by Eq. (4)-(6),

and A}, is the weighted Moore-Penrose pseudoinverse.
Proof. The error estimate follows from the relation:

x =% = (Afny = Av )b + Ay (b — ). (49)
For the error of the matrix pseudoinverse, we use the representation

Anny —Afy = —AfNAAAT — (I — PN TAATAIT NAGy + Apn(I— Q). (50)

Then,
5= = [l ARGy + (1~ PN AATAEN Az, — Al (1= Q)b + Ay (b b) =
= AynAAAGND + (I — PNTAATAFNNAG b — Ay — Q)b + Ay (b —b)

= AynAAx + (I - P)N'AATAGINx — Ay (I = Q)b + Ay (b —b) (51)

Thus,

X —x = AyyAAx + (I — P)NAATAFE N, — Ayy(I = Q)b + Agyy (b —b).  (52)
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Passing to the weighted norms yields

I~ xlly = |[AvvAdx + (1~ PINTAATALENx = Ay (1 = Qb + Ay (b =) <

_ (53)
< ||AmvAAx|| + || (T = PN AAT AN + | Apy (T = Q)b+ Apgy (b — b) |-
By taking into account the relations
I-Qb=(1-Q)yr=r,r=b—Ax,x =Ajb (54)

and applying Lemma 6, the weighted norm of each term in (27) can be rearranged
as follows

HA;,NAAxHN = [Nag MmN N <

< HNVZALNM*VZ

oo a AN =[] 58l (59

|1 — PN AAT AN = [[N*(I — P)N "N “AATM"M A N Nix |
b < IV PN AN ]
= || = P)| I AA T nane 1A R0 [ g 1w (56)

c. Using Lemma 6, and (28) we can write

A Qr - Qb = |AiAdin Q]| <|dum]| 10T = Qs

— A, 1R = @) 7l
(57)

where

1R = Q) = 1447 (T = Q) |y = M7 AAwy (T = QM| =

s ang) @ - Q-] -

- M’VZ(ALN)T(AT—AT)M%MVZ(I—Q)M’VZ -

— M (Ajy) TAATM(T — Q)M %

< M () " =

= s aanis A | < AN N4 <

< HAA||MN||A1\+/INHNM'
(58)

Substituting this result into (31) gives the inequality

A QU - Qb || <|| A 184 o AT a7 (59)
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d. | Au (b = )|| = |[N#AM M0 - b) | <
[ A [ (b = B) || = [ Ana |, (1B = B) (60)

Taking into account ||I — P|| <1, and applying Lemma 4, we obtain the following
weighted-norm estimate for the relative error

A+
T 2 W v o g Py e N

hS +
o] o] [EIP,
At At AA HA* H Ab
N MN NMH MNHNMH ||MNH”HM MN NMH ”M_
”xHN ||x||1\r
<Ay, |AA |y + 1AA v 1A s+
= MN || MN MN ||[AMN || npm
,+ —+
e e e o [pzho P (61)
[l ]| [l -
[ AR a1 Az <2||AA||MNJr |AD|y
1 [|AA]yn [Arn [ N Ay ATl

[AAlpn 7l )<
IAlvn Al ¢l —

ha) ( 1Ab]L 7/l )
— | 2¢ +7+h Algg ——F— .
T h@ea 4 T TAlelxly T A T A o

+||A1J\r/INHNM||A||MN
<

as required.

Specifically, if M = I € R™*™ and N = I € R"*", then the estimates of the hereditary
error of normal pseudosolutions of systems of linear algebraic equations follow from
next theorem.

Theorem 8 (see in [32]). Let[|AA|| |[A*| < 1, rank(A) = rank(A) = k. Then

-z k ( ||b—bk||)
< 2en + + hey———— |, 62
Wl = T hex \ 24T 60 Thea ™y (62)

where by, is the projection of the right-hand side of problem (8) onto the principal
left singular subspace of the matrix A [42],i.e., by €Im A, h = h(A) = ||A|||A"] is

condition number of A, the symbol ||||, unless otherwise stated, denotes the Euclidean
vector norm and the corresponding spectral matrix norm, A" is the Moore-Penrose
pseudoinverse.

Case 2. The rank of the perturbed matrix is lavger than that of the original matrix A,
ie.rank(A) > rank(A) = k.
Define the idempotent matrices:

P=A;nAQ =AAYy, Po=AunA, Qu=AAuy (63)
where k& is the rank of A.
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Theorem 9. Assume that || AA||yy ||Afy || gy < 3 rank(A) > rank(A) = k. Then

[l = %elly

] <1 2hen (2en + a + heap). (64)
N —

where h(A) = HAHMNHAIJ(/INHNM
bols |||y and | yp, denote the weighted matrix norms defined Eq. (4)-(6), and A}y
is the weighted Moore-Penrose pseudoinverse.

Proof. The desired estimate is derived using the method of [32], which is based on
the singular value decomposition of matrices. Specifically, A is represented as a
weighted singular value decomposition:

is the weighted condition number of A, the sym-

A=UDV". (65)
Along with (38), we consider the decomposition
A, = UD, V', (66)

where Dy, is a rectangular matrix whose first k diagonal elements are nonzero and
equal to the corresponding elements of D, while all the other elements are zero.

The weighted minimum-norm least squares solution to problem (10) is approxi-
mated by the weighted minimum-norm least squares solution X}, to the problem

min %], C = {[| A% — ||, = min }. (67)

The matrix A, is defined by (48) and has the same rank k as the matrix of the
unperturbed problem.

Thus, the error estimation of the least-squares solution for matrices with a
modified rank is reduced to the case of the same rank. This fact is used to estimate
llx — Xzl /x|y - The error of the weighted pseudoinverse matrix then becomes:

Gy = [P + (I — P)] (Ak;uv - Az\tuv) [Q+ (I - Q)] = PeArpyQ + PeAipiy (I — Q)—
~PAynQ — PoAfy (I = Q) — (I = Po)ApyyQ + (I = Pu) Ay (I — Q)—
(I = POA{Q + (= POAL (T ~ Q) = (AiyQ — Peltia ) — (I~ P+ (68)
+Aan (I = Q) = Ay A4y = AnaAAyy = (1= Pe) Ay + Ay (1 = Q) =
= Ay (A = A)Ajpy — (T = P ALy + Ay (- Q),
Applying Lemma 5 yields

G = Ali\r/IN — Ay = _Ali\r/INAAAI_\‘—/IN - (- Pk)N_lAATAJJ\r/ITvNAX/IN +Ak1J\r/1N(I - Q)
(69)

For the error of the WLS solution, we obtain

Xp —X = Ak;INAAx + (I — Pk)NilAATAIJ\CIYJ;,Nx — Ak;\;u\]([ — Qk)b +Ak1+\;[N (b — B)
(70)
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Passing to the weighted norms and applying Lemma 4 gives

2 +
e — %Ly ]AkMN\NMHAAIIMNHxIIN Ay AT a1 L

[l [l [l

+

5+ Z +
AkMN NMHAIJ\;INHNMHAA”MNHVHM HAkMNHNMHAbHM

+ <
[l v lloel v
<A ||  1AAl gy + IAA ] g 147l s+
= || eMN NM MN MN ||[“*MN || NnMm
(71)
Ay A AA HA iy H Ab
N kMN NMH MNHNMH e 171l kMN NMH ”M_
[l lll
Aol A (a8 IS0,
11— ||AAk||MNHA1\+/1NHNM 1Al vn 1Al ll¢ ||
AA|| [I7
AT A I MN M
N e Y oY e
Let estimate AA, = A — Ay:
|AAR|[pn = HAk 7AHMN = HAk —A+ AAHMJ\IS HAk 7AHMN + [|AA]yy =
I (72)
=||U v + | AA |y <2[|AA ||y
0 Dk+1 MN

Moreover, the theorem condition ||AA ||y ||Ax || yay < 3 leads to
[|AA, ||MNHA1\+4NHNM <1, which is necessary for expression (51) to be well defined. In
view of this, (51) yields estimate (33) for the error of the minimum-norm weighted
least squares solution.

Specifically, if M = I € R™*™ and N = I € R"*", then the estimates of the hereditary
error of normal pseudosolutions of systems of linear algebraic equations for case
rank(A) > rank(A) = k follows from next theorem.

Theorem 10 (see in [32]). Let || AA[||[A"|| < 3, rank(A) > rank(A) = k. Then

[l — x| h b — bel|
< ~ A |
||XH <1— 2hex 2en + &y, + hea ||ka (73)

Case 3. The rank of the original matrix is larger than that of the perturbed matrix, i.e.,
rank(A) > rank(A) = L.
By analogy with (33), we define the idempotent matrices:

P = A;inA,Q = AAly, P=AyyA, Q=AAL, (74)
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Theorem 11. Assume that rank(A) > rank(4) =1, % < 1. Then,

[l —3_C||N < Ml/ﬂl
leilly  — 1= 2[|AAyn/m

(2sA o+ ’:eAﬁl>, (75)
)

where y; are the weighted singular values of A.
Proof. Along with (9), we consider the problem

ZneingZHN,C: {x]|[Ax — b||y; = min } (76)

with the matrix A; = UD;VT of rank .
Similarly, writing (27) for problems (10) and (54), whose matrix ranks coincide,
we obtain

G = Ay — Ay = —AuyAAA Ly — (I - PNTTAATAINA G + Ay (T - Q). (77)
X —x; = Ay AAx + (I — PYNTIAATAENx — Ay (I — Q)b + Ay (b —b). (78)

Applying Lemma 4 and passing to the weighted norms yields the estimate

loer — Xy _ |4+ +
<l < HAMNHNMHAA”MN + ”AA”MNHAIMNHNM+
. .
+HAMNHWHMMHNMHAA|MN||V||M [t T
(=P [0 - 79)
HAZIT/INHNMHA”MN (2 |AA ||y T (Y +
1 1A A s N 1Ay ATl

AA
A a4 | 1AA Ny 7l >,

Al (1Al Al

which implies (52). This completes the proof of Theorem 11.

For approximately given initial data, the rank of the original matrix should be
specified as the numerical rank of the matrix (see in [28]).

Specifically, if M = I € R™*™ and N = I € R"*", then the estimates of the hereditary
error of normal pseudosolutions of systems of linear algebraic equations for case
rank(A) > rank(A) = follows from next theorem.

Theorem 12 (see in [32]). Let rank(A) > rank(A) =1, HA:H < % Then

lloe; — x| Ha/t ( |1k —bz|>
< 2e4 + &y, + EA— s (80)
lorl] T 1= 2[|AAl/my : u bl

where x; is the projection of the normal pseudosolution of problem (8) onto the
right principal singular subspace of the matrix A of dimension I, b; is projection of the
right-hand side b onto the principal left singular subspace of dimension / of the matrix
A, p; is singular values of the matrix A.
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3.2 Estimates of the hereditary error of a weighted normal pseudosolution for full
rank matrices

For matrices of full rank, it is essential that their rank does not change due to the
perturbation of the elements if the condition [|AA ||| Axpy || xp, <1 is met.

In addition, in what follows we will use the following property of matrices of full
rank [28]

Ay = (ATMA)_lATM form>n and Aj;y = N AT (AN'AT) fornzm. (81)
If m >n, then problem (9) is reduced to a problem of the form

min
x€R"

Ax — bl|y. (82)

For such a problem, the following theorem is true.
Theorem 13. Let [|AA ||y, || Ay || oy <1 m >n = k. Then

[lc — || h < | Ab||5, 71| )
< eat+—— -+ heg——— |, (83)
[l | 1—hey A pgr Il [l A | par

where h = HA||MI||A1\+/INHIM'
Proof. To prove Theorem 13, as before, we will use relation (49). By (81)
P = A,nA =1, so that from (50) we have the equality

Az\tuv —Ayn = _A;INAAAIT/IN + AIJ\r/IN (I-Q), (84)

using which we obtain (83).
If n >m, then problem (9) is reduced to a problem of the form

mig llx|ly> C = {x|Ax = b} (85)
xe

and the following theorem holds for it.
Theorem 14. Let ||AA |y ||Ajy ||y <1 7 >m = k. Then

O 56

lxlly  — 1— hea Al vl Nl

where i = HA||IN||A1\+/INHNI'

Proof. Since in this case Q = AA};, = I, then the expression for A, — A,y by
(81) takes the form

Ayy — Al = —AynAAATL L — (1 — PN 'AATAGENAG,. (87)

Further calculations are similar to the previous ones. As a result, we come to
estimate (86).

Remark 3. The relationship between the condition number of the problem with
exact initial data #(A) and the condition number of the matrix of the system with
approximately given initial data 2 (A) is established by the estimates
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Ok — HAA”MNS&k <o+ HAA”MN’Ul - ||AAHMN551 <o1+ ”AA”MN’

(88)

o1~ ||Allyy 01 o1+ |AAlmy 1—ea _h(A) _ 1+ eq
o, + HAA”MN o0, o} — ”AAHMN, 1+eah — h(A) “1—esh’

which are easy to obtain for the weighted matrix norm based on the perturbation
theory for symmetric matrices.

Lemma 7. Let A, AA € R"*", rank(A) = rank(A) and || AA ||y ||Afzw ]| yas < 1- Then
the estimate of the relative error of the condition number of the matrix A has the form

(89)

bl 14k
‘h‘5“1—mh

where h = h(A) = ||A HMNHAIT/IN HNM is weighted condition number of matrix A,
h=h(A) = ||A] HA;INHNM is weighted condition number of the perturbed matrix
A=A+ AA.

Proof of Lemma 7 is easy to obtain using the inequality (25).

L _ _
Theorem 15. Let ||AA||MNHAMNHNM <1, |AA| N SeAHAHMN, rank(A) = rank(A).
Then,
X — h(A Ab . 7
e xly  HA o Wb T ) )
[l 1-h(A)ez Ay 1 [/ 1Y

where & (A) = HA H MNHA;IN HNM is weighted matrix condition number A, the

symbols ||||v and ||||yp denote the weighted matrix norms defined by Eq. (4)-(6)
and A}, is the weighted Moore-Penrose pseudoinverse.

Thus, estimates of the hereditary error, the right-hand side of which is determined
by approximate data, can be obtained without inequalities (88). Estimates similar to
(90) can be obtained for all the previously considered cases.

Remark 4. Under the conditions of Theorem 15, using the inequality

b=l bty (b=l on

[l 1%l [l

and inequality (90) we arrive at the estimate in the following theorem.
Theorem 16. Let HAAHMNHA;INHNM <1, ||AAllyy Z€a HAHMN, rank(A) = rank(4).
Then

le-xly_ 8, h(4)
Wy ~1-8 P T1h)e

<2€A+’ 188l ), 7l )

Ay 1%l 4 %1 14 || s

(92)

Estimates similar to (92) can be obtained for all the previously considered cases.
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4. Research and solution of the WLS problem with approximate initial
data

4.1 Investigation of the properties of WLS problem with approximate initial data

In the study of the mathematical properties of the weighted least squares problem
with approximate initial data associated with computer realization as an approximate
model in (10), (11) we will understand exactly the computer model of the problem.
We will assume that the error of the initial data AA, Ab, in this case, contains in
addition to everything, the error that occurs when the matrix coefficients are written
to the computer memory or its computing.

Matrix of full rank within the error of initial data, we assume a matrix that
cannot change the rank of AA change in its elements.

Matrix of full rank within the machine precision, we assume a matrix that
cannot change the rank when you change the elements within the machine precision.

Lemma 8. If rank(A) = min (m,#), and

|AA || || A 1, (93)

lne <
Then rank(A) = rank(4).
Proof. For proof, let, for example, rank(A) = m . Taking equal||A4||yy = &, in
equality (93) can be rewritten as .= <1, which is equivalent

H,, —e>0. (94)

Let ji,,—m-weighted singular value of perturbed matrix A = A + AA. According to
Lemma 3, we can write fi,, > u,, — €. Then, taking into account (94), we obtain
Py = My — >0

Therefore rank(A) >m, whence we come to the conclusion that rank(A) =m, i.e.
rank(A) = rank(A).

Taking into account the results of Lemma 8, the computer algorithm for studying
rank completeness is reduced to checking the two relations

esh(A) <1, (95)
1
1.0 + @) #1.0 (96)

where 1 (A) = ||A]| MNHA;IN HNM is weighted condition number of matrix A.

The fulfillment of the first condition (95) guarantees that the matrix has a full rank
and is within the accuracy of the initial data, and the second (96), which is performed
in floating-point arithmetic, means that the matrix has a full rank within the machine
precision.

Under these conditions, the solution of the machine problem exists, it is unique
and stable. Such a machine problem should be considered as correctly posed within
the accuracy of initial data.

Otherwise, the matrix of the perturbed system may be a matrix, not full rank and,
therefore, the machine model of the problem (10), (11) should be considered as ill-
posed. A key factor in studying the properties of a machine model is the criterion of
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the correctness of the problem. Thereby, a useful fact is that the condition for study-
ing the machine model of problem (96) includes the value inverse to s(A). As a result,
for large condition numbers of conditionality does not occur an overflow in order.
And the disappearance of the order for 1.0/k(A) for large condition numbers is not
fatal: the machine result is assumed to be equal to zero, which allows us to make the
correct conclusion about the loss of the rank of the matrix of the machine problem.

To analyze the properties of a machine model of problems with matrices of
incomplete rank under conditions of approximate initial data, a fundamental role is
played definition of the rank of a matrix.

The rank of the matrix in the condition of approximate the initial data (effective
rank or § -rank) is

rank(4,8) = min rank(B). 97)
[A=Bllyn <6

This means that the §-rank of the matrix is equal to the minimum rank among all
matrices in the neighborhood ||A — B||,y <6.
From [28] that if #(6) is the §-rank of the matrix, then

H1 > ... Z//t,((;) >5Zﬂy<5)+1 > .. Z//tp,_p = min (m,n) (98)

The practical algorithm for finding 5—rank can be defined as follows: find the
value of 7 is equal to the largest value of i, for which the inequality is fulfilled

B
<l #0,i=1,2.. (99)

1

Using the effective rank of a matrix, can always find the number of a stable
projection that approximates the solution or projection

To analyze the rank of a matrix of values within the machine precision value 6 can
be attributed to machine precision, for example, setting it equal macheps||B]|.

4.2 Algorithm for finding a weighted normal pseudosolution of the weighted
least squares problem with approximate initial data

The algorithm is based on weighted singular value decomposition of matrices
(Lemma 1).

Let A € R™" and rank(A) = k, M- and N-positive-defined matrices of order m and
n, respectively.

To solve the ill-posed problems in the formulation (10), (11), the algorithm for
obtaining an approximate normal pseudosolution of system (9), depending on the
ratio of the ranks of the matrices A and A is reduced to the following three cases.

1.If the rank of the matrix has not changed rank(A) = rank(A) = k, an
approximate weighted normal pseudosolution is constructed by the formula

x = Aynb, (100)

where A,y is represented as a weighted singular value decomposition (7).
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In this case, the weighted normal pseudosolution of system (9) is approximated by
the weighted normal pseudosolution of system (10) and, if [|AA||yy || Ax | s <1
then the error of the solution is estimated by formula (48).

If the rank of the matrix is complete and conditions (95), (96) are satisfied, the
rank of the matrix does not change, and to estimate the error, one can use
formulas (100), (48).

2.Matrix rank increased rank(A) > rank(A) = k . An approximate weighted normal
pseudosolution is constructed by the formula

X = Ak;\r/INE. (101)
Weighted pseudoinverse matrix Ay, is defined as follows
Ay = NVD, UM, (102)

where Dj, is a rectangular matrix, the first £ diagonal elements of which are
nonzero and coincide with the corresponding elements of the matrix D from (7),
and all other elements are equal to zero.

In this case, the weighted normal pseudosolution of system (9) is approximated
by the projection of the weighted normal pseudosolution of system (10) onto the
right principal weighted singular subspace of dimension k of the matrix A and, if
[AA] v | AR || yag < 3 then the error of the solution is estimated by formula
(64).

3.If the rank of the matrix has decreased rank(A) >rank(A) =/, an approximation
to the projection of a weighted normal pseudosolution of problem (9) is
constructed using formula (100). In this case, the projection of the weighted
normal pseudosolution of system (9) onto the principal right weighted singular
subspace of dimension / of the matrix A is approximated by the weighted normal

pseudosolution of system (10) and, if % < 1, the projection error is estimated
by formula (75).

Remark 5. If the rank of the original matrix is unknown, then the é-rank should be
taken as the projection number in (101). In this case, it is guaranteed that a stable
approximation is found either to a weighted normal pseudosolution or to a projection,
respectively, with error estimates.

If the rank of the original matrix is known, then it is guaranteed to find an
approximation to the weighted normal pseudosolution with appropriate estimates.

Remark 6. Because of the zero columns in the matrix D", only the largest first n
columns of the matrix U can actually contribute to the product (100). Moreover, if
some of the weighted singular numbers are equal to zero, then less than # columns of
U are needed. If kp is the number of nonzero weighted singular numbers, then U can
be reduced to the sizes m x kp, D*—to the sizes kp x kp, VT—up to size kp X n.
Formally, such matrices U and V are not M-orthogonal and N*-orthogonal, respec-
tively, since they are not square. However, their columns are weighted orthonormal
systems of vectors.

90



Weighted Least Squaves Pertuvbation Theory
DOT: http://dx.doi.org/10.5772/intechopen.102885

5. Analysis of the reliability of computer solutions to the WLS problem
with approximate initial data

5.1 Estimates of the total error of a weighted normal pseudosolution for matrices
of arbitrary rank

Estimates of the total error take into account both the hereditary error due to the
error in the initial data and the computational error due to an approximate method for
determining the solution to the problem. In this case, the method of obtaining a
solution is not taken into account. The computational error can be a consequence of
both an approximate method of obtaining a solution and an error due to inaccuracy in
performing arithmetic operations on a computer. The residual vector 7 = Ax — b takes
into account the overall effect of these errors.

Let us obtain estimates for the total error of the weighted normal pseudosolution
using the previously introduced notation (47). Let us consider three cases.

Case 1. The rank of the original matvix A remains the same under its perturbation, i.e.,
rank(A) = rank(4).

Theorem 17. Assume that HAA||MNHA1T4NHNM <1, rank(A) = rank(A) = k and let
x €R(A"). Then

1% — %Iy
Il = 1= hea

(2ea + a+heaf+7). (103)

Proof. For the hereditary error, in this case, estimate (48) holds.
To estimate the computational error X — X, we use the relation

A (x —X) =7 = by, — AX, (104)
where by, is projection of the vector b on the main left weighted singular subspace
of the matrix 4, i.e. by, ER(A)

Considering that X — X € R(A") and the fact that A;A is a projector in R(A"), we
have

AynA (R —X) =% — % = ApT. (105)

From this, we obtain an estimate of the computational error

I —Xlly H H 7l
——= <A AL 106)
iy < Al v NMH kLo (

An estimate of the total error of the normal pseudosolution follows from the
relations

e Y e | O i Y

< ) (107)
[ — % 17111
T <Al | A | (108)
o] MNIMNT w1 g
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and estimates (48), (25). The theorem is proved.

Case 2. The rank of the perturbed matrix is lavger than that of the original matrix A,
i.e., rank(A) >rank(4) = k.

If ||AA ||y |[Axp || jps < 1 then from [26], it follows that the rank of the perturbed
matrix cannot decrease.

Theorem 18. Assume that [|AA [y || Ay || yps < 3> rank(A) > rank(A) = k and

letx e ]R(A;:). Then

[lx =l
[l ~ 1 —hea

(2ep + a+ heaf + 1) (109)

Proof. To estimate the computational error ||x}, — x||, we use the fact that
ApXy, = by,. Then for arbitrary vector x e R(4}))

Ap(®r —X) =74 = by — Ak, A Ap(%p — %) = A 7. (110)

Considering the fact thatx;, —x € R(Ak#) , and operator Ak;[NAk is the projection
. - # .
operator in R(A;"), we obtain

Ak;r/[NAk (D_Ck — .9:6') =Xj — X = Ak;r/u\]?k,-’_ck —X = Ak;\r/[N?k- (111)

Hence follows an estimate of the computational error for the projection of the
normal pseudosolution

%% — %Il (17l ag

_ <4, HA,J H Tkl (112)
Rl <V bl Al
The estimate of the total error follows from the inequalities
: Sl =7l e — 7l VAl Ak | 7ol
¥ = *lly [l =Xelly % —Xlln (1% —Xlly NM (113)

el = el ey el 1Bl s

and estimates (25), (64).

Case 3. The rank of the original matrix is larger than that of the perturbed matrix, i.e.,
rank(A) > rank(A) = L.

Consider the case when the condition [|AA||yy||Ap || v < 1 not satisfied and the
rank of the perturbed matrix can decrease.

Theorem 19. Assume that rank(A) > rank(4) =1, % <landletxeim(A”).
Then

[locs —9:C||N < M1/t
HleN T 1- 2||AA||MN/HI

(ZSA + o + %SA,BZ + }’l) (114)
1

Proof. For the proof, along with problem (9), consider the problem

min 1| 5> C = {x|||Aix — by = min } (115)
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With matrix A; = UX; V" with rang [.
The estimate of the computational error in this case will be

¥ — %Iy
1%l

<|\AHMNHAMNHNMHZ v (116)

The estimate of the total error follows from the inequalities

= _ - o 4+ _
b=l _ =5l 5= 5l 5= &l _ WAl A 17T

< ; < ,  (117)
[l v [l lerlly el 152l a

obvious relationships || 4|,y = 141 vno ||A11T,IN||NM =1, estimates of the
hereditary error (75) and the inequality ||AA; ||y < 2/|AA ||y

5.2 Estimates of the total error of the weighted normal pseudosolution for
matrices of full rank

In the following Theorems 20 and 21, the weighted pseudoinverse A}, is
represented in accordance with the properties of the full rank matrix (81).
Theorem 20. Let ||AA || ||Ajn| 5 <1, m>n =k and ¥ €R(A”). Then

[lx — x| h < 12D |7 (71l 7l a1 )
< ea +—— + hea + : (118)
el 71— hea [[A a1 1Al el 1Al ]

Proof. The estimate of the computational error is determined by formula (106),
namely

[Ix — x|
x|

< || A, H”Bz”m : (119)

The estimate for the total error (118) follows from the inequalities

e —x[| _ [lx —x|| |l —x] |x—x] S+ 1711
< 1A Ao (120)
| llocll -~ {l]l MIFMN v (|b oy

and estimates for the pseudoinverse matrix (25) and the hereditary error (83).
Theorem 21. Let ||AA||;y|[Ax ||y, <1, 7 >m =k and X €R(A™). Then

[l — x|y < | Ab|| il >
< 2e4 + + s (121)
lxlly 7 1—hea Al (el

The proof of Theorem 21 is similar to the proof of the previous theorem, taking
into account the estimate for the hereditary error (86).

Remark 7. Here, we did not indicate a method for obtaining an approximate
weighted normal pseudosolution X, satisfying the conditions of the theorems. Algo-
rithms for obtaining such approximations are considered, for example, in Section 4.2.

Remark 8. Along with estimates (103), (109), (114), (118), (121), error estimates
can be obtained, the right-hand sides of which depend on the input data of systems of
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linear algebraic equations with approximately given initial data. For example, the
following theorem holds.

Theorem 22. Let ||AA||,n HA;’NHNM <1, and x €R(A"). Then, for the total error

of the normal pseudosolution, the following estimate is fulfilled

e — %l __ R(4) 1Ab |y i 7l 7l
— < = 2ex + = 2+ h(A)ez— — = .
Fl =1 h@es U Tl "4 Tl Toul
(122)
Estimate (122) can be obtained from the inequality
Jx =y _ I =l , 1% =l (123)

%[l %[l %[l

and estimates (90), (106).

If the weighted pseudoinverse matrix is known or its weighted singular value
decomposition is obtained during the process of solving the problem, then a practical
estimate of the computational error can be obtained using (104). When calculating
the residual 7 = b;, — A¥, the explicit form of the projection operator onto R(A") is
used.

In conclusion, we note that the determining factor for obtaining estimates is the
use of a weighted singular value decomposition [37] and the technique of reducing the
problem of estimating the error of a pseudosolution to an estimate of the error [32] for
problems with matrices of the same rank. Based on the results obtained, an algorithm
for finding the effective rank of matrices can be developed, as well as an algorithm for
calculating stable projections of a weighted normal pseudosolution.

5.3 Software-algorithmic methods for increasing the accuracy of computer
solutions

The numerical methods we have considered for solving systems of linear algebraic
equations and WLS problems have one common property. Namely, the actually cal-
culated solution (pseudosolution) is exact in accordance with the inverse analysis of
errors [43] for some perturbed problem. These perturbations are very small and are
often commensurate with the rounding errors of the input data. If the input data is
given with an error (measurements, calculations, etc.), then usually they already
contain significantly larger errors than rounding errors. In this case, any attempt to
improve the machine solution (pseudosolution) without involving additional infor-
mation about the exact problem or errors of the input data errors will be untenable.

The situation changes significantly if a mathematical problem with accurate input
data is considered. Now the criterion of bad or good conditionality of the computer
model of the problem depends on the mathematical properties of the computer model
of the problem and the mathematical properties of the processor (length of the
computer word), and it becomes possible in principle to achieve any given accuracy of
the computer solution. In this case, as follows from estimates (48), (64), (75), (83),
(86), it is obviously possible to refine the computer solution by solving a system with
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increased bit depth, in particular, using the GMP library [44] for implementation of
computations with arbitrary bit depth.

To predict the length of the mantissa (machine word) that provides a given
accuracy for a solution (joint systems), you can use the following rule of thumb: the
number of correct decimal significant digits in a computer solution is 4 — a, where p is
the decimal order of the mantissa of a floating-point number ¢, « is the decimal order
of the condition number. Thus, knowing the conditionality of the matrix of the system
and the accuracy of calculations on a computer, it is possible to determine the required
bit depth to obtain a reliable solution.

The GMP library is used to work on integers, rational numbers and floating-point
numbers. The main feature of the library is the bitness of numbers (precision) is
practically unlimited. Therefore, the main field of application is computer algebraic
calculations, cryptography, etc. The functions of the GMP library allow not only
setting the bit depth at the beginning of the program and performing calculations with
this bit depth, but also changing the bit width as needed in the computation process,
i.e. execute different fragments of the algorithm with different bit depths.

The library’s capabilities were tested in the study of solutions to degenerate and ill-
conditioned systems in [45].

6. Conclusions

In the framework of these studies, estimates of the hereditary error of the
weighted normal pseudosolution for matrices of arbitrary form and rank are obtained,
including when the rank of the perturbed matrix may change. Three cases are consid-
ered: the rank of the matrix does not change when the data is disturbed, the rank
increases and the rank decreases. In the first case, the weighted normal
pseudosolution of the approximate problem is taken as an approximation to the
weighted normal pseudosolution, in the other two, the problem is reduced to the case
when the ranks of the matrices are the same. Also, the estimates of the error for the
weighted pseudoinverse matrix and the weighted condition number of the matrix are
obtained, the existence and uniqueness of the weighted normal pseudosolution are
investigated and proved. Estimates of the total error of solving the weighted least
squares problem with matrices of arbitrary form and rank are established.

The results obtained in the perturbation theory of weighted least squares problem
can be a theoretical basis for further research into various aspects of the WLS problem
and the development of methods for calculating weighted pseudoinverse matrices and
weighted normal pseudosolutions with approximate initial data, in particular, in the
design and optimization of building structures, in tomography, in the calibration of
viscometers, in statistics. The results of the research can be used in the educational
process when reading special courses on this section of the theory of matrices.
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Chapter 5

A Study on Approximation of a
Conjugate Function Using
Cesaro-Matrix Product Operator

Mohammed Hadish

Abstract

In this chapter, we present a study of the inaccuracy estimation of a function ¢
conjugate of a function { (2z-periodic) in weighted Lipschitz space W(L?,p > 1, £(w)),
by Cesaro-Matrix (C°T) product means of its CFS". This chapter is divided into seven
section. The first section contains introduction of our chapter, the second section, we
introduce some basic definitions and notations. In the third section lemmas and the
fourth section contains our main theorems and proofs. In the fifth section, we intro-
duce corollaries, the sixth section contains particular cases of our results and the last
section contains exercise of our chapter.

Keywords: weighted Lipschitz class, error approximation, Cesaro (C°) means, Matrix
(T) means C°T product means, conjugate Fourier series, generalized Minkowski’s
inequality

1. Introduction

The studies of estimations of conjugate of functions in different Lipschitz classes
and Holder classes using single summability operators, have been made by the
researchers like [1-4] etc. in past few decades. The studies of estimation of error of
cojugate of functions in different Lipschitz classes and Hélder classes using different
product operator, have been made by the researchers like [5-12] etc. in recent past.

In this problem, we andeavour consider more sophisticated class of function in
contemplation of reach at the best estimation of function ¢ conjugate of a function ¢
(27 — periodic) by trigonometric polynomial of degree more than A. It can be paid
attention the results procure thus far in the route of present work could not lay out the
best approximation of the function also, in this work, we have used Cesaro-Matrix
(C°T) of product operators which is developed here in order to work using more
generalized operator. It is important to mention here that C°T is the more generalized
product operator than the product operators Cesaro-Harmonic (C°H), Cesaro-N-

orlund (C°N,), Cesaro-Riesz (C°N,), Cesaro-generalized Nérlund (C°N,,) and

! CFS denotes Conjugate Fourier series and we use this abbreviation throughout the paper.
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Cesaro-Euler (C°H) and furthermore C'H, C'N,,, C'N,,,, C'E? and C'E" product
operators are the special cases of C°T for § = 1.

Therefore, we establish two theorems so obtain best inaccuracy estimation of a
function ¢, conjugate to a 2z-periodic function ¢ in weighted W (L?, &(w)) space of its
CFS. Here we shall consider the two cases (i) p > 1 and (ii) p = 1 in order to get the
Holder’s inequality satisfied. Our theorems generalizes six previously known results.
Thus, the results of [5, 8-12] becomes the special cases of our theorem. Some

inportant corollaries are also obtained from our theorems.
Note 1 The CFS is not necessarily a FS.”

Example 1 The series
Z sin (Ax)
log 4

=2
( cos (ﬂx))

= log 4

is not a FS (Zygmund [13], p. 186).

From above example, we conclude that, a separate study of conjugate series in the
present direction of work is quite essential.

conjugate to the FS

[M]s

2. Definitions and notations
2.1 Lipschitz class

Let Cy, is a Banach space of all periodic functions with period 2z and continuous on
the interval 0 <x <2z under the supremum norm.
The best A-order error approximation of a function { € C,, is defined by

Ey(8) = igfl|5—tz||,

where t; is a trigonometric polynomial of degree A (Bernstein [14]).
Let us define the L? space of all 2z-periodic and integrable functions as

L?[0,2x] = {5 :[0,27] > R: Jz” |E(e) [ dx < oo},p >1.

Now, ||.Il, is defined as

4] {% 3” ’E(X)F dX}E for1<p<oo
P ) ess sup |E(x)] forp = oo.

x€(0,2r)

2 FS denotes Fourier series and we use this abbreviation throughout the paper.
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We define the following Lipschitz classes of function
¢ € Lipaif Lipa:={C : [0,22] — R :|¢(x + o) — {(x)|= O(a")}
forO<a<l1;
¢eLip(a,p) if Lip(a,p) = {CeLP[O, 27 : (e + @) = L), = O(m“)}
forp>1,0<a<l;
¢ eLip(a, &(w)) if Lip(a, &(w)) = {CELP[O,Zﬂ] (x4 o) = ¢, = O(f(w))}
forp>1,0<a<1&p>0;

€W (LFE(@))if W(ILF&(w)) = (£ €L [02a) || (C(x + @) — ) sin’ () || = O(eto)

where £(w) > 0 and increasing with @ > 0 and L? space of all 2z-periodic and integrable
functions. Under above assumptions for a € (0, 1], p > 1, w > 0, we observed that

WL, &(o)) =% Lip(&(@),p) 2= Lip(a,p) == Lipa.

71 7+

&) - - ) i) z 1
Remark 1If . 1S non-increasing; then =5+ < =5 i.e., §( ) <7é(7H)

2.2 Some important single summability

Let

Z v, (1)

be an infinite series such that s, = 3% _, v,,,. Let

(Vk+i11>
6:’22 V—k

k=0 <V+'7>
r

If lim ;.07 = s then we say that the series (1) is (C,#) summable to s or summable
by Cesaro mean of order 5.If we take # = 0 in (2), (C, ) summability reduces to an
ordinary sum and if we take n = 1, then (C, #) summability reduces to (C, 1)
summability or Cesaro summability of order 1.

Let

sp, forp> — 1. (2)

1 AN |
T ( >— ,q>0.
’ (Hq)”g k) g1

k=0

103



Matrix Theory - Classics and Advances

If lim ;_..tf" = s then we say that the series (1) is (E, ) summable to s or summable
by Euler mean (E, q) (Hardy [15]). If ¢ = 0, (E,q) method reduces to an ordinary sum
and if ¢ = 1, (E,q) means reduces to (E, 1) means.

An infinite series (1) with the sequence {s;} of its partial sums is said to be

summable by harmonic method (Riesz [16] or simply summable ( 57 +1) to sum s,
where s is a finite number, if the sequence to sequence transformation
1 A
A .
b= logﬂ; /1—v+1as o
Let {p, } be a sequence of constants, real or complex and let
A
Pi=Y p(Pi#0
k=0
Let
Mo
L P Z Py ik = P, Z PiSate- 3)
If
fime” =

then we say that the series (1) is (N, p,) summable to s or summable by Nérlund
(N,p,) means.

Let {p,} and {q,}, be two sequences of constants, real or complex such that

Py=py+tp,+ .. tpsPa=p =0, (4)
Qz:qo +49;+ . +qﬂ;Q71:q71:0. (5)
A
Ry = Z P14, # 0 forall A. (6)
k=0

Convolution of the two sequences {p, } and {g, }, is defined as

A
Ri=(pxq),= Z Prdir:
k=0

We write

1 A
"=_ E e diSks
R, £ Pirir

then the generalized Nérlund means (N, ) of the sequence {s;} is denoted by the
sequence £, If £ — 5,as 1 — oo then, the series (1) is said to be summable to s by
N,,, method and is denoted by s, — s(N, ;) ([17]).

104



A Study on Approximation of a Conjugate Function Using Cesaro-Matrix Product Operator
DOI: http://dx.doi.org/10.5772/intechopen.103015

Let {p, } be a sequence of real constants such that p,>0,p, >0 and

P=57 p, # 0,such that P} — c0as 4 — oo,
If

1
—EZ PyS» — 5,38 A — oo,
then we say that {s;} is summable by (N, p,) means and we write

5a = S(N’Pﬂ)’

where {s;} is the sequence of A partial sum of the series (1).
Let T = (I,) be an infinite triangular matrix satisfying the conditions of regularity
[18] i.e.,

A
Z li’k:].&lS/lﬁOO
k=0

lg,k = OfOV k> A (7)

A
> gl €M, a finite constant
k=0

The sequence-to-sequence transformation

t] (&) Z Lijese = Z Li—kSar

defines the sequence 7 ({;x) of triangular matrix means of the sequence {s;}
generated by the sequence of coefficients (I,).

Ift] ({;x) — s as A — oo then the infinite series 35", v, or the sequence {5} is
summable to s by triangular matrix (T-method) [13].

2.3 C°T product means

we define C°T means as
(ﬂ —7r+0— 1)
)
—Z l,ksk Z: x (8)

2 <5+/1)
5

If 1$'T (&%) — s as A — oo, then 3.3 v; is summable to s by C°T method.
Note 2 Since C° and T both ave regular then C°T method is also regular.
Remark 2 The special cases of C°T means: C°T transform reduces to

i. C°H transform if [, = m;

ii. C’N,, transform if I, =%+ where P, = 7, _o pj, # 0;
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ii. C‘sﬁp transform if [, , :%’:;

A
. 517 1 A—k.
iv. C°E? transform when a,;, = e < )q ;

A
v. C°E! when Le= 21 (k>;

vi. C°Np, transform if I, = 2% where R, = Y7 o pd; -

In above special case (ii), (iii), and (vi) p, and g, are two non-negative monotonic
non-increasing sequences of real constants.

Remark 3 C'H, C'N,, C'N,,, C'E? and C'E" transforms are also the special cases of
CT for 6 = 1.

Example 2 we consider

1— 1574 Z —1573)* )

The 2™ partial sum of the series (9) is given by

= (—1573)*,vieN,
_ 1 A A=k
we take [;;, = w77 (k > (786)", then

t}" = 1/1,050 + l1’151 + .. + l,1’,1$,1

1 ) ) 2
- 86)" — 86)" 11573 + ... —1573)*
s ) 507, Jowor s (i

(10)
= (78—17)1 (-787)"

{ 1, Ais even
-1, Aisodd

in above example, we see the series is summable neither by Cesaro means nor
Matrix means, but summable by Cesaro-Matrix.

Thus, C°T means is more powerfull and effective than single C° and T means.

Example 3 we consider another infinite series

1—6+30 —150 + 750 — 3750 + 18750 — ... (11)
The A" partial sum of the series (11) is given by
Sy = (—5)1, Vie N()
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A
we take [;;, = 3i (k >21k, then

tf =Doso + 1151+ . +1ss

S0 (e (o

1 (12)
=51 (-3

1, re{2m:meZ}
-1, le{2m+1:meZ}

in above example, we see the series is summable neither by Cesaro means of order
one nor Matrix means, but summable by Cesaro-Matrix.

2.4 Notations

ot 1 ¢
K ﬂ; (5—&—1) kz by sin 2 (13)
r= =0
0
. 1
¢ = integral part of (—)
®
y(x,0) = {(x + o) = {(x - o)
We use the following in our work.
1
— <2, 0<0<x (14)
sin(9) ~
sinw<w,w>0 (15)
|coslw| <£1,Vw €R (16)
Zygmund ([13]).
Note 3 Following conditions are used in the proof of the main results
Lk —li1y4120for 0<k <2
17)

A
Lll,k = Z lg)/l,,» and Lg)o = 1, Vﬂ.ENO.
r=k

Remark 4 Considering the matrix T = (I,1) as

2018 x (2019)*
Lrp=1{ (2019 -1~ ~ T 77,
0, k>2
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we can observe that (7, 17) satisfied.

Remark 5 Function { denotes a conjugate to a 2n-period and Lebesgue integrable
function and this notation is used throughout the chapter.

3. Lemmas

For the proof of our theorems, following lemmas are required:
Lemma 3.1 If conditions (7, 17) hold for {l,}, then

~ T 1 V]
K =0(—)Vv6>1,0 < —.
K, ()] (a)) = <a)_/1+1

Proof. For 0 <w < 77 using (14, 15, 16)

2 & <5+,1)
r=0
o

<V+5—1> 1
—k+= o

1 S—1 , |cos<r 2)

Siz er,rfk W

(y+5—1> ( k+1)
Cos |7 — — |l
_cor 1. \6-1 r 2
|I<,1 (w)l = _§ E lr,rfk
k=0

. @
sin —
2

1 (r+6-11 8l
D G- Gy

r=0
A

Zw(/j;i—l)!; (Hi!_l)! since Lo =1
_ It [(51)!+5_!___+(/1+51)!

WG+ 1)+ 0 1l Pl

s SNG4 1)(64+4—1

T E R Y e R G ( )AE )

5 A+1
=30 %557

5
= 2w

= O(l> forall6>1.
®

108



A Study on Approximation of a Conjugate Function Using Cesaro-Matrix Product Operator

DOI: http://dx.doi.org/10.5772/intechopen.103015

Lemma 3.2 If conditions (7, 17) holds for {l,,}, then

K ] =0

Proof. For %=

A

& @) = |en Y

r=0

Now we consider

r+o6—1

A

ZO 5—&-2. errkez
1)

109

1
= )vs>1, <w<
<(/H-1)a)) /1+1—a’—”

I+1 <w<m, U-S1ng (14) lrr k >lv+lr+1 k >lv+1r k and LQ+10 =1

r+6-1
cos <V—k+;)w
5+’1 lek sin 2
2
)
r+o6—1

r— k+2 w

r+6—1

r=o+1 k=0+1

1)

= A1 + Az + A3, (say).

IA
-
53
Sl
+r
~
bl
M-
o
~
3
1
b
C\N
1
=
g

S S Ly

(18)

(19)
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Now,

r+6—1

r

A < < 6—-1 (r—k)w
1Sy g e

r=0 k=0

1)
r+6—1
0
6—1
< - -
—E: SHa\ Lo
r=0
é

C(r45—1)! 8
-y ! x
G-~ (5+ )

since,L; o =1
r=0

A i’ (r+s6-1)6

T (61 (5+2) 8l & /]

- 2 56+ 1)
T G140 (1) [”5* 2
A 5(6+1)...

0+1)

(e+6—-1)

64D 00+0-06+7) {(

_ etz 5 e+l
(6 +0)..(6+2-1)"5+1" o

x (0+1)
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Changing the order of summation and applying Abel’s transformation in A,, we have

<r+6—1)
) <5+/1>
5
= lv,rfk - lr+1,r+1k> e w}
<5H> = LS \\s—1 5—1 =
5

A+6-1 o+o
+ ik Z (k) _ lot1,041-k
6—1 6—1
-1 r+6—1 r+90
Z ( ( ) l‘V,V*k - ( > lr+1,r+17k
r=¢+1 6—1 6—1

o+o
+ lg+1,g+17k
6 _
S5+4—-1 6+41—-1
lott,o41-k + Lk + Liak
o—1 o6—1

Q
Z lr Vikei(rfk)w
=0 r

>

U=y

7N

% %
I +

= s

6+¢
+ lg+1,g+lfk
6—1

1 Q

o+o o+4i-1
( >l(,+1,g+1—k + Dk
5—1 5—1

5(5+1 (6+0)...(64+2)

Q
_ -1
= 0w )(5+1 (6+2) Z G+o0+1)...(6+2)(0 +1)!l<’“’<’“*k

=0
8(6+1)..(5+A—1)(5+4)

(5+2) Al it
_ Al 5(8+1)...(6+ 1) &
_ 1
=0 )(5+1)...(é)‘+/1)>< (A+1)! Z ek +lik)

k=0

=0 (ﬁ (Loo + L/I,O)>

- °<w<zl+ 1))'
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Applying Abel’s transformation in A3, we have

A3 =

r4+o6—1
‘Lo\s-1 L ko r
> M[ 2 (ot —bpe) 3 €0 g 3 S0
r=0+1 k=0+1 v=0 v=0
o

e ZQ: o ]
<V+5—1)
= O(w_l) Vzll;—l ° ;Jlr 2 [
L)
<V+6—1>
o) Y Aol

r=e+1 o+4
]

1 2 r+o6—1
=0(™) 755y 2 e

6—1

r—1

Z (lr,r—k - lr,r—k+1)

k=0+1

+ lr,O + lr,rgl]

_lr,rfg + lr,1|+lr,0 + lr,rfgflu

_ Al
O@’U@+1y45+@

5. (54A—1)
Al

5(6+1)...(6+2) [5 . (6+0)

lyiia + -
FICED)) ot ettt

l/l,ifg

Al 8(6+1) ... (5+2)
G-+ a) NG+

=0(0™") [lor11 + lgs22 + o liiy)]

[lor11 +los12 + oo + lor1i—g)
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Combining A;, A; and A3 we have,

A1+A2+A3—O[w(/11+1)>< (1+w)] +O[a,(ll+1)} +OL)(11+1>}

~olgig (147)] 20)
-o(m 27

(Let 142 < & for w fixed k™" = 3 + )

w T @

Now, from (19, 20) we get

R .
‘ (A—i—la)z)

4. Main theorems

Theorem 4.1 The error approximation of ¢ in W (L, &(w)), (p > 1), by C°T means of
its CFS is given by

157 (&%) — E@x)ll, = O [(ﬂ + 1>ﬁ5<l i 1)]

where 0 << }% and condition (17) holds and positive increasing function &(w)

satisfies the following conditions:

¢(w)
w/H—l—(r

is non-decreasing; (21)

ﬁ —c ) p }l’ 1
{JO (/1 Il//(x,éz)a))l)sm (2)) dw} _O((,1+1)”5),forﬂ<a<;; (22)

¢@)

w

and { J | (w”hﬂ(xé,:(waz )| sinﬂ(%)>p dw}; =o(@+1)"7), (24)

1

is non-decreasing; (23)

where % <n<p+ 1% for 7 being an arbitrary number and p + g = pq.
Conditions (22, 24) hold uniformly in x.
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Conditions (22, 24) can be verified by using the fact that y/(x, ) € W(L,, &(w))

and "’(x “’) is bounded function.

PVoof. The A* partial sums of the CFS is denoted by s, (¢;x), and is given by

si(Gx) —L(x) = ir W(x,w)w do,

27 Jo sin 2

one can consult [13] for detailed work on FS and CFS.
Denoting C°T means of {s;(C : x)} by t§'7({ : x), we get

</11’+51>

A 7

A RCRDY B B e =)
19

r+o6—1
1 (" 2 ( : ) cos(r—k—l—%)w
SRLE)S (6“) 2, b ()
o

=[5 wix, a))f(f&T(a)) dw (By the notation (13))

(0]

(25)

— fﬁ w(x, w)f(fﬁT(f) dow + ji w(x, w)f(fﬁT(w) dw (26)
=11 +I,,say

Applying (14), Lemma 3.1, Holder’s inequality and second mean value theorem for
integral, we have

- (0l o)lsin”(§)) Pl (e Y o %
11_o<1>{L< E(w) )d : Jo orsin’(3))

—0|(A+1)7F x {L (wi(ﬁ)q dwﬂ

=0 :(z F )T+ 1 (L)}

A+1
()

(27)

in view of condition (22) and p~! + 4! = 1 and Remark 1.

114



A Study on Approximation of a Conjugate Function Using Cesaro-Matrix Product Operator
DOI: http://dx.doi.org/10.5772/intechopen.103015

Again using Lemma 3.2, Hélder’s inequality and (14), we have

” w(x, )|
e ) g dw

=0z

O{/{ . ” (co nlw(z(s))))lsm (2)>p dw};x {J; (Z::i‘f,f)qdw}q
‘
o

)

1
T q
(4 1) e ﬂ) </1 + 1) (J o B+ dw>
/1 + 1 T ﬁ

=04 +1) ( ) (A+ 1)/t ’7“]

()]

in view of (23, 24) the second mean value theorem for integrals, 0 <n <f + 1%, p+

O|(

(28)

q = pq and Remark 1.
Collecting (26)-(28), we get

770 ~2en] =0l 27|

Now, using L,-norm of a function, we get

[T @) - ew)], = 0|+ 17(;15)]

Now, we establish the following theorem for the case p = 1:
Theorem 4.2 The inaccuracy estimation of L € W (L', &(w)), by C°T product operatior
of its CFS is given by

125" (&%) — E@)ll, = O {(i +1)/¢ (,1 i 1)}

where 0 < <1, provided (17) holds and increasing function &(w) > 0 satisfies
conditions (21) to (24) of Theorem 4.1forp =1, f<o<land1<n<p+1.
Proof. Following the proof of Theorem 4.1, for p = 1, i.e., ¢ = oo, we have

& [0 Wy (x, )| sin (&
L1 =0 J ( (2)) dw x ess sup _ )

6(60) w<A| @t gin# 9
0 O<w<H|w sin (2)
- {(w)
=0((A+1)° ')ess su
<( ) ) 0<w£ﬁ wf—o+1
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- o((z + 1)"*1) ﬁ

p—o+1
)

(29)

+1

ol

in view of conditions (21, 22) forp =1,

IzO< 1 )J” ly(x, o)l

A+1

1 w’”ly/(x,w)lsinﬂ<g)
=0 J 2/ do b x ess sup

{(w)

@A +2

A+1 et 5(0)) <o<zn

Ju 2+f—n
(A+1)"72 (z - 1> ((ﬂ :ZBH )]

)

in view of (21, 22). Collecting (28) and (29), we get

(30)

=0

" @) - C =0+ /e )| (31)

finally from (31),

e (G5x) = L)l = 0 [M +1 (411)]

in view of Remark 1.

5. Corollaries

Corollary 5.1 The inaccuracy estimation of { € Lip(£(w), p) class by C°T means of its
CFS is given by

769 -2, ~ole(i7))

where, C°T is as defined in (8).

Proof. Considering # = 0 in Theorem 4.1, we can obtain the proof.

Corollary 5.2 The inaccuracy estimation of ¢ € Lip(a, p) space by C°T product means
of its CFS is given by

HtfﬁT(g,x) - Z(X)H = O[(/l + 1),(1]

P
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where, C°T is as defined in (8).
Proof. If we consider f = 0 & £(w) = »® in Theorem 4.1, we can obtain the proof.

Corollary 5.3 The error estimate of { in Lipa (0 < a <1) class by C°T product means of
its CFS is given by

HtféT(g,x) —g’(x)H —0[(A+ 1)

4

where, C°T is as defined in (8).
Proof. If we take f = 0 & é(w) = @* & p — oo in Theorem 4.1, we can obtain the proof.
For a = 1, we can write an independent proof to obtain

67 .5) 2] - 0[5

Corollary 5.4 The error estimate of { € W(L?, &(w)) class by C°H means

(A—VJrﬁ—l)

A r

CJH_ 6_1 -1 1

t/l 7; (5_"_2) (10g(7‘+1)) ; (V—k+1)5k,
19}

of the CFS is given by

15" (&) — E()ll, = O {(ﬂ +1/¢ (;1 }L 1)}

provided C°T defined in (8) and &(w) satisfies the conditions (21) to (24).
Corollary 5.5 The error estimate of { € W(L?, &(w)) class by C°N, means

(/l—r—i—é—l)
A
c“N Z 1

”,
D PriSk>
<5 +/1> P, &
0

r=0

of the CFS is given by

1 (&%) = E()ll, =0 [(/1 +1)’e (/1 i 1”

provided C°T defined in (8) and &(w) satisfies the conditions (21) to (24).
Corollary 5.6 The error estimate of { € W(L?, &(w)) class by C°N,, means

A—r4+06-1
CJNP A 1 r
Z Mm; Pri9i5k>

1

r=0
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of the CFS is given by

(126" (&x) =), =0 {(A + 1) (,1 41- 1)}

provided C°T defined in (8) and &(w) satisfies the conditions (21) to (24).
Corollary 5.7 The error approximation of { € W(LP, &(w)) class by C°N, means

A-r+6-1

C"N A 1

VZ (6+/1) E;pksk’
0

of the CFS is given by

W7 6 2, =o[ s #4( )

provided C°T defined in (8) and &(w) satisfies the conditions (21) to (24).
Corollary 5.8 The error estimate of L € W (LP, &(w)) class by C°E? means

(6—V+5—1>

[ 7

OB _ 6-1 1 (”) r—k

"2 (7F9) @R W
1)

of the CFS is given by

115" (&%) — E)ll, = O [(ﬂ +1/¢ (A i 1)}

provided C°T defined in (8) and &(w) satisfies the conditions (21) to (24).
Corollary 5.9 The error estimate of { € W (LP, &(w)) class by C°E" means

(l—r+6—1>
< i: lz’: (r)Sk
5+ k)™

= ( ) L=
19

of the FS is given by

||t/1C§E1 (&) — fz(x)Hp =0 {(/1 + 1)115(/1 Jlr 1)}

provided C°T defined in (8) and &(w) satisfies the conditions (21) to (24).
Remark 6 The corollaries for 5.1 to 5.9 can also be obtained for the special cases

C'H,C'N,, C'N,,;, C'N,, C'E? and C'E" all things considered Remark 3.
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6. Particular cases

The following special cases of our theorems for § = 1 are.

6.1. If we take Remark 1(iv) and f = 0, {(w) = w*, 0 <a<1in our theorem, then
the Theorem 2 of [8] become a special case of our theorem.

6.2.1f = 0,((w) = 0% 0<a<1&p — oo in our theorem, then the Theorem 3.3
of [9] become a special case of our result.

6.3. If we consider Remark 2(iv) then the main Theorem 2.2. of [5] become a
special case of our result.

6.4. The Theorem 2 of [10] become a special case of our result.

6.5. If we consider Remark 2 (i) then the Theorem 3.1 of [11] become a special
case of our result.

6.6. If we consider Remark 2(77) then the main Theorem 1 of [12] become a special
case of our result.

7. Exercise

Q. 7.1. Prove that the infinite series 1 — 4038%_"_; (— 4038) 77! is neither summa-

ble by matrix means(T) nor Cesiro means of order one (Cl) but it summable by c°T
means for § = 1.

Q. 7.2. Prove that a function f is 2z-periodic and Lebesgue integrable then the error
approximation of f in Lipa class by C°T product means of its Fourier series is given by

O[(n+1)77], 0<a<1
= _{O{(n+1)1{log(n+1)}, a=1,

where C°T is as defined in (8) and provided (17) holds.
{Hint: see [19]}.
Q. 7.3. Consider the matrix T = (a,,) as

2 x 3k .
an,k: 3n+1_1’ OSkS],
0, k>n

check all conditions of T method as defined in (7) and also satisfies condition (17).
[Hint: see [19]].
Q. 7.4. If the conditions of (7) and (17) holds for {a,;}, then prove that

§—1
(0T 0(h+1),¥621,0<w< "
» cos (r—k+3)w A+1
g E lrr le-— =
5+/'[ w 1 pa
=0 O ———),¥621, —— <w<nx.
5 A+ 1)? A+1
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Chapter 6

Quaternion MPCEP, CEPMP, and
MPCEPMP Generalized Inverses

Ivan I. Kyrchei

Abstract

A generalized inverse of a matrix is an inverse in some sense for a wider class of
matrices than invertible matrices. Generalized inverses exist for an arbitrary matrix
and coincide with a regular inverse for invertible matrices. The most famous general-
ized inverses are the Moore-Penrose inverse and the Drazin inverse. Recently, new
generalized inverses were introduced, namely the core inverse and its generalizations.
Among them, there are compositions of the Moore-Penrose and core inverses,
MPCEP (or MP-Core-EP) and EPCMP (or EP-Core-MP) inverses. In this chapter,
the notions of the MPCEP inverse and CEPMP inverse are expanded to quaternion
matrices and introduced new generalized inverses, the right and left MPCEPMP
inverses. Direct method of their calculations, that is, their determinantal representa-
tions are obtained within the framework of theory of quaternion row-column deter-
minants previously developed by the author. In consequence, these determinantal
representations are derived in the case of complex matrices.

Keywords: Moore-Penrose inverse, Drazin inverse, generalized inverse, core-EP
inverse, quaternion matrix, noncommutative determinant

1. Introduction

The field of complex (or real) numbers is designated by C (R). The set of all m x #
matrices over the quaternion skew field

H = {ho + hii + hoj + hsk|i* = j* = K* = ijk = —1,ho, h1, ha, h3 €R},
is represented by H™*", while H"*" is reserved for the subset of H"*” with

matrices of rank r. If & = ho + h1i + hoj + hsk € H, its conjugate is h=ho—hi—
haj — h3k, and its norm ||k|| = Vhh = V' hh = \/hg + 13 + h3 + hi. For A€ H™", its

rank and conjugate transpose are given by rank(A) and A", respectively. A matrix
A e H"" is said to be Hermitian if A* = A. Also,

* C,(A) = {ceH™ ' : c = Ad,d € H"'} is the right column space of A;

* Ri(A) = {ceH"" : c =dA,deH""} is the left row space of A;
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* N,(A) = {deH" ' : Ad = 0} is the right null space of A;
* Ni(A) = {deH"" : dA = 0} is the left null space of A.

Let us recall the definitions of some well-known generalized inverses that can be
extend to quaternion matrices as follows.

Definition 1.1. The Moore—Penrose inverse of A € H"™ is the unique matrix A" = X
determined by equations

(1) AXA = A; (2) XAX = X; (3) (AX)* = AX; (4) (XA)* = XA. 1)

Definition 1.2. The Drazin inverse of A € H"" is the unique A® = X that satisfying
Eq.(2) from (1) and the following equations,

(5) AF = XAF1 (6) XA = AX,

where k = Ind(A) is the index of A, i.e. the smallest positive number such that
rank <Ak+1> = rank (Ak). If Ind(A) <1, then A” = A* is the group inverse of A. If

Ind(A) = 0, then A* = AT = A%,
A matrix A satisfying the conditions (i), ( f), ... is called an {i,j, ... }-inverse of A,

(1) is called the inner inverse, A? is called the

1,2,3,4

and is denoted by A%~ In particular, A
outer inverse, and A is called the reflexive inverse, and Al ) is the Moore—Penrose
inverse, etc.

Note that the Moore—Penrose inverse inducts the orthogonal projectors P4 = AAT
and Q4 = A"A onto the right column spaces of A and A*, respectively.

In [1], the core-EP inverse over the quaternion skew field was presented similarly
as in [2].

Definition 1.3. The core-EP inverse of A € H"*" is the unique matrix A" = X which
satisfies

X = XAX, G (X)= CV<Ad) = C,(X*).

According to [3], (Theorem 2.3), for m >Ind(A), we have that AD= Alam(A™)T
In a special case that Ind(A) <1, AD = A®js the core inverse of A [4].

Definition 1.4. The dual core-EP inverse of A € H"*" is the unique matvix Ag= X for
which

X =XAX, R(X)=TR (Ad) = Ry(X*).

Recall that, A= (Am)TAmAd for m >Ind(A).

Since the quaternion core-EP inverse A" is related to the right space C,(A) of
A e H"" and the quaternion dual core-EP inverse A; is related to its left space R;(A).
So, in [1], they are also named the right and left core-EP inverses, respectively.

Various representations of core-EP inverse can be found in [1, 5-7]. In [8], conti-
nuity of core-EP inverse was investigated. Bordering and iterative methods to find the
core-EP inverse were proved in [9, 10], and its determinantal representation for
complex matrices was derived in [2]. New determinantal representations of the
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complex core-EP inverse and its various generalizations were obtained in [11]. The
core-EP inverse was generalized to rectangular matrices [12], Hilbert space operators
[13], Banach algebra elements [14], tensors [15], and elements of rings [3]. Combining
the core-EP inverse or the dual core-EP inverse with the Moore—Penrose inverse, the
MPCEP inverse and CEPMP inverse were introduced in [16] for bounded linear
Hilbert space operators.

In the last years, interest in quaternion matrix equations is growing significantly
based on the increasing their applications in various fields, among them, robotic
manipulation [17], fluid mechanics [18, 19], quantum mechanics [20-22], signal
processing [23, 24], color image processing [25-27], and so on.

The main goals of this chapter are investigations of the MPCEP and CEPMP
inverses, introductions and representations of new right and left MPCEPMP inverses
over the quaternion skew field, and obtaining of their determinantal representations
as a direct method of their constructions. The chapter develops and continues the
topic raised in a number of other works [28-33], where determinantal representations
of various generalized inverses were obtained.

The remainder of our chapter is directed as follows. In Section 2, we introduce of
the quaternion MPCEP and CEPMP inverses and give characterizations of new gen-
eralized inverses, namely left and right MPCEPMP-inverses. In Section 3, we com-
mence with introducing determinantal representations of the projection matrices
inducted by the Moore-Penrose inverse and of core-EP inverse previously obtained
within the framework of theory of quaternion row-column determinants and, based
of them, determinantal representations of the MPCEP, CEPMP, and left and right
MPCEPMP inverses are derived. Finally, the conclusion is drawn in Section 4.

2. Characterizations of the quaternion MPCEP, CEPMP, and MPCEPMP
inverses

Analogously as in [16], the MPCEP inverse and CEPMP inverse can be defined for

quaternion matrices.
Definition 2.1. Let A € H"*". The MPCEP (or MP-Core-EP) inverse of A is the unique

solution A™® = X 10 the system
X =XAX, XA=A'AA®A, AX=AA®

The CEPMP (or Core-EP-MP) inverse of A is the unique solution ADT = X to the
system

X = XAX, AX = AA®AAT, XA =ApA.
We can represent the MPCEP inverse and CEPMP inverse, by [16], as

APO= ATAAD )
ADT = ApAAT. 3)

According to our concepts, we can define the left and right MPCPMP inverses.
Definition 2.2. Suppose A € H"*". The right MPCEPMP inverse of A is defined as
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APOT — ATAADAAT,
The left MPCEPMP inverse of A is defined as
APOH = ATAAGAAT.

The following gives the characteristic equations of these generalized inverses.
Theorem 2.3. Let A, X € H"*". The following statements are equivalent:

i. X is the right MPCEPMP inverse of A.
ii.
X = A"Op,. (4)
iii. X is the unique solution to the three equations:
1X =XAX, 2XA=A"®A, 3AX=AA®p,. (5)
Proof. [(1)] = [(ii)]. By Eq. (2) and the denotation of Py, it is evident that
APOT = ATAADAAT = ATOp,.

[(i)] = [(iii)]. Now, we verify the condition (5). Let X = APOH — ATAADAAT,
Then, from the Definition 1.1 and the representation (2), we have

XAX = ATAADA(ATAAT) AADAAT = ATAAD(AATA)ADAAT =
~ A'A(A®AAD)AAT = ATAA®AAT - X,
XA = ATAAD(AATA) = AT®A4,
AX = (AATA)A®AAT = AADpP,.

To prove that the system (5) has unique solution, suppose that X and X are two

solutions of this system. Then XA = APOA = X;A and AX = AA®PA = AX;, which
give X(AX) = (XA)X; = X;AX; = X;. Therefore, X is the unique solution to the
system. O
The next theorem can be proved in the same way.
Theorem 2.4. Let A, X e H"*". The following statements are equivalent:

i. X is the left MPCEPMP inverse of A.
ii.

X = QAT (6)

iii. X is the unique solution to the system:
1X =XAX, 2AX=AADT,  3XA=ARA
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3. Determinantal representations of the quaternion MPCEP and ‘'CEPMP
inverses

It is well known that the determinantal representation of the regular inverse is
given by the cofactor matrix. The construction of determinantal representations of
generalized inverses is not so evident and unambiguous even for matrices with com-
plex or real entries. Taking into account the noncommutativity of quaternions, this
task is more complicated due to a problem of defining the determinant of a matrix
with noncommutative elements (see survey articles [34-36] for detail). Only now, the
solving this problem begins to be decided thanks to the theory of noncommutative
column-row determinants introduced in [37, 38].

For arbitrary quaternion matrix A € H"*", there exists an exact technique to
generate 7 row determinants (R-determinants) and #» column determinants
(C-determinants) by stating a certain order of factors in each term.

Definition 3.1. Let A = (a;) € H"".

* For an arbitrary row index i € I,,, the ith R-determinant of A is defined as

rdet,-A = E (_1) (allklﬂlkllk1+l alk1+lll) (alkﬂkr-1 ﬂlkwh%)’

cES,

in which S,, denotes the symmetric group on I, = {1, ..., n}, while the permutation
o is defined as a product of mutually disjunct subsets ordered from the left to right by
the rules

0 = (Fiylky 11 o Byt 1y) (Bl By 41 - Ty 1) oe (Tl 41 oo Tyt )

ikt <ik;+s’ ik2 <l'k3 <.ee <ik7, Vit=2,..,r, s=1,..,1l.

* For an arbitrary column index j €1,, the jth C-determinant of A is defined as the
sum

— — n-r P eee . . e .. cee . . PR
CdEtjA* E :( 1) (ﬂ Tty Jep+1y a Jkﬁﬂk,) (a]]k1+ll a]k1+l]1ela ]li)’

T€S,

in which a permutation t is ordered from the right to left in the following way:

v = (G, neidn, ) (st atdin) (et st ) Jo, <Joeos oy <Jg <<y

It is known that all R- and €-determinants are different in general. However, in
[371, the following equalities are verified for a Hermitian matrix A that introduce a
determinant of a Hermitian matrix: rdet;A = --- = rdet, A = cdetjA = --- =
cdet, A:=detA eR.

D-Representations of various generalized inverses were developed by means of the
theory of R- and €-determinants (see e.g. [28-31]).

The following notations are used for determinantal representations of generalized
inverses.

Leta:={ay, ..., } C{1, ....,m}and f:=={p, ..., B} €{1, ..., n} be subsets with
1<k < min {m,n}. Suppose that A} is a submatrix of A € H""" whose rows and
columns are indexed by a and f, respectively. Then, A is a principal submatrix of A
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whose rows and columns are indexed by a. If A is Hermitian, then |A|’ stands for a
principal minor of detA. The collection of strictly increasing sequences of 1 <k <
integers chosen from {1, ..., %} is denoted by

Lyy={a:a= (a1, ...m), 1<y <--- <, <n}.Forfixedi €aandj € §, put
Lli}={a:a€l,m,i€a}t,]yu{j}={f: PELrn,j EP}.

Leta;and a;f be the jth columns, a; and a;* be the ith rows of Aand A*,
respectively. Suppose that A; (b) and A (c) stand for the matrices obtained from A by
replacing its ith row with the row vector b€ H'*" and its jth column with the column
vector c € H™, respectively.

Based on determinantal representations of the Moore-Penrose inverse obtained in
[28], we have determinantal representations of the projections.

Lemma 3.2. [28] If A€ H*", then the determinantal vepresentations of the

projection matrices ATA=:Q , = (qg) and AAT=P, = (p;?) can be expressed as

nXxXn mxm
follows
/= s, odet (A°A);(8)))  Tecr,yrdet;((A°4);a0) -
’ Yper,, AT Al > wer,, |ATAl ’
pA _ Zaelnm{j}rdet] ((AA )](al))a _ Zﬂe]ﬂm{i}cdeti((AA ).i (a]))/} (8)
' Laer,, AL, Ype),, AATY,

where a; and a, a; and a; are the ith rows and the jth columns of A* A € H"*” and
AA* e H™™, respectively.

Recently, ©-representations of the quaternion core-EP inverses were obtained in
[1] as well.

Lemma 3.3. [1] Suppose that A€ H"*", Ind(A) = k and rank (Ak) =5 Then AT =

(a;j’r> and Ay = (a;rj’l> possess the determinantal representations, vespectively,

Zaelm{ j}rdet]- ((A’”—l (Ak+1) *) j'(él:)>:

2}’7 - S oo AkH <Ak+l> * ’ ©
a;rj’l _ 2peafiyodet (((Ak+1)** Akﬂﬁ) i (57))2 , (10)
Z/:’ o (Ak+1> AR+ ‘ﬁ

where a; is the ith row of A = AF (Akﬂ) " and a; is the jth column of A=
(Ak+l) * Ak.

Theorem 3.4. Let A € ™", Ind(A) = k and rank (Ak) — 1. Then its MPCEP
inverse ATT = (a;rj’f) is expressed by componentwise
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S er . jrdet; ((Ak“ (a41)7) (o >)>
aj’ = Lt (11)
E/}EJ&JA*A%Z(XEISM Ak+1 (Ak+l)
> pey,, qipcdet; ((A*A)'i (ugl)))i

— Z/,EJS,JA*A'zZHGIw ‘Ak+1 (Ak”) m

a

@» (12)

a

e ™ =1, ..,n, (13)

W= |2, e (478, @),
W = | e (42 (a) ) )

and a; and a4, are the /th column and the fth row of A=A*Ak! (Akﬂ)
Proof. By (2), we have

a

e, f=1,..,n,

a

*

n

Bt s

a; _E qﬂaljr. (14)
=1

Using (7) and (9) for the determinantal representations of Q 4 = ATA = (ql]) and
AT, respectively, from (14) it follows

) k1 ak+1) " )
z,,e,m{i}cdeti((A*A)J.(af))jjXzaenl,n(ﬂrdetf((A (4) )1-.(”))”
Ypes, |ATAY Suer, Ak+1( Ak+1>* ‘

“;’J - 27:127;:1

acdet; ((A*A) (e, “ Zael_yl,n{i}rdetl' (Ak“ (Akﬂ) > _'(el.)
Z/}EIJ,YI{Z} )»1 f B i j «
Spes, A AL 7 S G ICO N

= Z:;an:l

>

where e and e, are the fth column and the /th row of the unit matrix I, a; is the
Ith row of A = A* (Ak“) " and ap is the (f1)th element of A = A* AF*! (Ak“) .
If we denote by

v§11>’=§n: > cdeti((A"A) (ef))ydn = > cdet;((A*A);(a1),

f=1pe),fi} BET{i}

the /th component of a row-vector Vz(.l) = [vq) . v(l)} , then

n

Dol 37 e ((A1(a)7) )

1= ae]sl,y,{j}
a

_ oy rdetj<<Ak+l<Ak“)*)j‘(v’(‘l)»'

a€lya{j} a

a

a
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So, we have (11). By putting

n

u;jl) = Zﬁﬂ Z rdetj(<Ak+1(Ak+1)*>j‘(eL))

=1 aclyaf j}

= Y rde; <(Ak+1 (a+1)7) . (5f»))

ae[sl,n{ ]}

a

a

a

a

@ 1)

T
as the fth component of a column-vector u;’ = [“1] sy ttl) } , it follows

J ]

n

Z Z cdeti((A*A).i(ef))ﬁug): Z Cdeti((A*A)‘i(u?)

leﬂe]s,n{i} ﬂejs,n{i}

Hence, we obtain (12).

Determinantal representations of a complex MPCEP inverse are obtained by

substituting row-column determinants for usual determinants in (11)-(12).

Corollary 3.5. Let A€ C!™", Ind(A) = k and rank (Ak ) = 1. Then its MPCEP

inverse APT = (a;rj’T) has the following determinantal representations

el U (Ak+1<Ak+1) ) (Vz(l)>‘
bt = - - ‘
1] % k|
Spes, A AL ey, |44 (457) [
* (1) b
B E/fe]s,"{i}.(A A); (“j )‘/}
* k er1) * %’
Yper, A ALY et ’A - (A H) .
where
Vl(l) = Z ’(A*A)l(il”ﬁ E(Clxn, l: 1) s,
| peTati)
u§1) _ Z (Ak+1<Ak+1> *) A(ﬁf.) e, f=1.,m,
_(Ielxl,n{j} ) a

and a; and a ¢ _ave the lth column and the fth row ofA = A* AF! (Ak“) " .

(15)

Theorem 3.6. Let A € H", Ind(A) = k and rank (Ak ) = s1. Then its CEPMP

inverse APT = (a;j’T) has the following determinantal representations
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_ 2 wer,{ jyrdet; ((AA* )j (‘752 )> ): (16)

k1) pkta]’
Caer [AA" [T, |(4477) A7

Z/}e]w{i}Cdeti<<(Ak“> * Ak+1) ) (u?)»i

gt

i

5 oer, AR, [ (a07) At "
where
v = _ 3 cdeti(((Ak“)*Ak“) }(a{l))ﬁ] EHY", [ =1, ..,m,
| peTati} ! s as)

a

u? = | 3 rder((8A") ()

lael,{ j} @

] e =1, =1 ..,n

Here a; and a ¢, are the Ith column and the fth row of A= (Akﬂ) TAMIAY

Proof. The proof is similar to the proof of Theorem 3.4 by using the representation
(3) for the CEPMP inverse.

Corollary 3.7. Let A€ C!™", Ind(A) = k and rank (Ak) = s1. Then its CEPMP

inverse ATT = (a;rj’T) has the following determinantal vepresentations

Zaez,,n{j}‘(AA*)f (+7) )

Hf a
al = . .
Zae] |AA*|ZZ/}€] ’(Ak-H) Ak+1ﬂ
S sy
* p
k1) ¥ akt1 @
2 pej, qtiycdets (((A ) A )_i(“j )) p
* @ k k
Cuer, [AA" (1Y, |(a47) AM
where
* p
o= | 3 [((a) Ak @ | et 1=1, o,
| €Ty i} b

(19)

2 % PN « n
af = | Y |aa) (ap)| (€ f=1 .
_aelm{j}
Here a; and a ¢, are the /th column and the fth row of A= (Ak“) A¥IA*,
Theorem 3.8. Let A € ™", Ind(A) = k and rank(Ak) = s1. Then its right
MPCEPMP inverse APTT" = (az;’f’f’r) has the following determinantal vepresentations
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Eae[s,n{j}rdetj ((AA* ) j. (‘ﬁz(l))):

Hrte o (20)
a;j <Zaelm|AA*|:>2Zﬁe]Sw (Akﬂ) Ak+1’Z
(@) )60
(SyerAA ) ey, |(a5) 2
where
¢ = :ﬂe%{i}cdeti«(Ak“)*Ak“)'i(ﬁj))i ™", [ =1, ..,n,

1//5.1) = > rdetj((AA*)j'(ﬁf,))Z] el f=1,..,n.

a€l,{ j}

Here 0 and @ ¢ ave the lth column and the fth row offJ = U,AA”, and the matrix U,

is constructed from the columns (18).
Proof. Owing to (4), we have

n
ttr 1
aj = El a;'p;. (22)
t=

Applying (8) for the determinantal representation of P4 = AAT = (p ) and (17)

i
for the determinantal representation of A" in (22), we obtain

a;‘j’T’” _ Z; Zﬁeklm{i}cdeti<((Ak+1) *AkH)z(u?))ﬂ)i . Zaeam{j}rdetj (;AAA*:) ; (étl)): _
Suer, JAA 1y, | (A7) Ak“‘ﬂ Yaer, AAT[

a

a
>

E/;‘e]slm{i}Cdeti<<<Ak+l> *AkH) (%’))Zﬂ y Eaelj,n{j}rdet]((AA*)]‘_(el.))
fl

)
Sper,, | (841) Ak (Soerlaa" )’

=2 2

s
s

where e and e, are the fth column and the /th row of the unit matrix I,,, and 4 is

the (fI)th element of U = U,AA*. The matrix U, = {u_(f), s u,(nz)} is constructed from
the columns (18). If we denote by

s

=% 3 caa(((87) 27) o)

f=18€)s .4}

- S () ) o)

BT i} N
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the /th component of a row-vector ¢£U = {qﬁzq), s ¢§ﬂ , then

Sl Y rder((a8%) (e) = Y rdets((a87), (4))"
=1 a€l,{j} a€lud j}

Therefore, (20) holds.
By putting

wi = i Y rdet; (AA") (@) = > rdet;((AA") (af)!

a

=1 ael,{j} “ a€l,d{ j}
& (1) o]’ .
as the fth component of a column-vector y j = [ 1o o Wy } , it follows

n

5 () 2) ) = 5 () 0 o)),

FLpET i} e} ' s

Thus, Eq. (21) holds.
Corollary 3.9. Let A€ ", Ind(A) = k and rank(A" ) = s1. Then its right

MPCEPMP inverse APTT" = (az;’f’f’r) has the following determinantal vepresentations

a

Saend ] (A87); (4"
(Cer /AR L) S0y,

() a), ()]

2 % a?
AA* |§) Zae]%n ‘ (Ak+1> Ak+l

B _

2 e, i)
(Zﬁ el,

where

=1 3 ((Ak“)*AkH) 4(ﬁ,,)’ﬂ eCh™, 1=1, ..,n,
el i) o

y=1 > ‘(AA*)j‘(ﬁf‘)‘a] eCc”, f=1,..,n
_aelm{j}

Here 0y and @ ¢ ave the lth column and the fth row offJ = U,AA", and the matrix U,
is constructed from the columns (19).

Theorem 3.10. Let A € H!*", Ind(A) = k and rank (Ak) = s1. Then its left

MPCEPMP inverse A" = (a;’f’f’l) has the following determinantal representations
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ZaEISI,n{ j}rdetj ((Ak“ (Ak+1 gb(z )
(&%AMQEWWM%Mﬂ*
B

2 pe, {}Cdetl((A A ( J))>ﬁ (24)

(Srer, A AL) Tacy, [a(447)

a

alTj,T,TJ _ = (23)

a

a

¢(2> = Z cdeti((A*A),i(‘?t))z eH™, t=1,..,m,
| A €Jsnli}

a

w2 =1 3 rdetj<(Ak+1<Ak+1)*>f(flf_)) } eH™, f=1,..,n,

K €l q{ j}

and v and ¥ ¢_ave the lth column and the fth row of V = A* AV,, where the matrix

V1 is determined from the rows (13).
Proof. Due to (6),

‘r‘r“rl qut ) (25)

Using (7) for the determinantal representation of Q 4, = ATA = (%;) and (9) for

the determinantal representation of A" in (14), we obtain

‘ . , k1 pk+1) " o))"
At =3 Sper, icdet (A" A) (d,)), ” Zad"’"{]}rdetj((A (A ) )f' <VIA )>a
al ~ v . ® |
ij t=1 Z/fe],JA Alj Zﬂe]m|A A\zzaelw Ak+1<Ak+1)

a

Ypesmedeti (A°A), ()

=> >
TS (S, atap)

Saer,.{jyrdet; ((Akﬂ (Ak+1> * ) . (et.))a
e, [4 (457) ]

where vy is the (ft)th element of V = A* AV and the matrix V; is constructed
from the rows (13). If we put

o Z > cdeti((A*A),(ef))in

f=1p€J,{i}
> cdet;((A* A),i(‘?t))g

peJali}

>

X
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as the /th component of a row-vector (/51(12) = {qﬁ?, s ¢EZ>} , then

a

tzn; is S rdet; ((A’e+l (A“l) *) j'(et_))

aEIslm{ jt

_ Y e ((AkH (A""H) *) ) (¢fz>>>“

aEIXW{ j}

a

then Eq. (23) holds. If we denote by

n a

q/]%.z) = 1 ﬁft Z rdetj ((Ak+1 (Ak+1> *) j.(etx)) -

t= ael;l,,,{j} a

= Z rdet; ((Ak+1 (AkH) " ) ; (ﬁfA)Z

aeljlxn{ 7t

) @ _[ @ @17
the fth component of a column-vector Wi =Wy W | s then

Z ' cdet;((A*A),; (ef))gl//};) = Z cdeti((A*A)Ai (V/Sz)))i
f=18€):a{i} BEJsn{i}

Hence, we obtain (24).

Corollary 3.11. Let A€ C!*”, Ind(A) = k and rank (Ak) = s1. Then its left

MPCEPMP inverse A" = (a;’f’f’l> has the following determinantal representations

(o)), )]
A*A‘,/;)zzael,l,y, AR+ (Ak+1) * :
(A*A); (wf)) ’i

(ZlieL,J‘A*AVﬂ})ZZaE],M Ak+1 (Akﬂ) ¥ a

a

Za €L .{ j}
(Zrer

bl _
a;"" =

2 pel, i}

3

where

p7 = > [(ATA),F)])] eCV, =1, .,m,
| AETa1i}

el s

_aEI:N,{ jt

a

(Ak+1 (Ak+1) * ) . <‘~, f.)

a

] e, f=1..,n,

and ¥, and v ¢_ave the tth column and the fth row of V = A* AV, wheve the matrix
V1 is determined by (13).
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4. Conclusions

In this chapter, notions of the MPCEP and CEPMP inverses are extended to
quaternion matrices, and the new right and left MPCEPMP inverses are introduced
and their characterizations are explored. Their determinantal representations are
obtained within the framework of the theory of noncommutative column-row deter-
minants previously introduced by the author. Also, determinantal representations of
these generalized inverses for complex matrices are derived by using regular deter-
minants. The obtained determinantal representations give new direct methods of
calculations of these generalized inverses.

Acknowledgements
The author thanks the Erwin Schrédinger Institute for Mathematics and Physics

(ESI) at the University of Vienna for the support given by the Special Research
Fellowship Programme for Ukrainian Scientists.

Author details
Ivan I. Kyrchei
Pidstryhach Institute for Applied Problems of Mechanics and Mathematics, NAS of

Ukraine, Lviv, Ukraine

*Address all correspondence to: ivankyrchei26@gmail.com

IntechOpen

© 2022 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms of
the Creative Commons Attribution License (http://creativecommons.org/licenses/by/3.0),
which permits unrestricted use, distribution, and reproduction in any medium, provided

the original work is properly cited.

136



Quaternion MPCEP, CEPMP, and MPCEPMP Generalized Inverses

DOI: http://dx.doi.org/10.5772 /intechopen.103087

References

[1] Kyrchei II. Determinantal
representations of the quaternion core
inverse and its generalizations. Advances
in Applied Clifford Algebras. 2019;29(5):
104. DOI: 10.1007/s00006-019-1024-6

[2] Prasad KM, Mohana KS. Core-EP
inverse. Linear and Multilinear Algebra.
2014;62(6):792-802. DOI: 10.1080/
03081087.2013.791690

[3] Gao Y, Chen J. Pseudo core inverses in
rings with involution. Communications in
Algebra. 2018;46(1):38-50. DOI: 10.1080/
00927872.2016.1260729

[4] Baksalary OM, Trenkler G. Core
inverse of matrices. Linear and
Multilinear Algebra. 2010;58(6):681-697.
DOI: 10.1080/03081080902778222

[5] Ma H, Stanimirovié¢ PS.
Characterizations, approximation and
perturbations of the core-EP inverse.
Applied Mathematics and Computation.
2019;359:404-417. DOI: 10.1080/
03081087.2013.791690

[6] Wang H. Core-EP decomposition and
its applications. Linear Algebra and its
Applications. 2016;508:289-300. DOI:
10.1016/j.1aa.2016.08.008

[71 Zhou MM, Chen JL, Li TT, Wan DG.
Three limit representations of the core-
EP inverse. Univerzitet u Nisu. 2018;32:
5887-5894. DOI: 10.2298/FIL1817887Z

[8] Gao Y, Chen ], Patricio P. Continuity
of the core-EP inverse and its
applications. Linear and Multilinear
Algebra. 2021;69(3):557-571. DOI:
10.1080/03081087.2019.1608899

[9] Prasad KM, Raj MD. Bordering
method to compute core-EP inverse.
Special Matrices. 2018;6:193-200. DOI:
10.1515/spma-2018-0016

137

[10] Prasad KM, Raj MD, Vinay M.
Iterative method to find core-EP inverse.
Bulletin of Kerala Mathematics
Association. 2018;16(1):139-152

[11] Kyrchei II. Determinantal
representations of the core inverse
and its generalizations with
applications. Journal of Mathematics.
2019;1631979:13. DOI: 10.1155/2019/
1631979

[12] Ferreyra DE, Levis FE, Thome N.
Revisiting the core EP inverse and its
extension to rectangular matrices.
Quaestiones Mathematicae. 2018;41(2):
265-281. DOI: 10.2989/16073606.2017.
1377779

[13] Mosi¢ D, Djordjevi¢ DS. The gDMP
inverse of Hilbert space operators.
Journal of Spectral Theory. 2018;8(2):
555-573. DOI: 10.4171/JST/207

[14] Mosié D. Core-EP inverses in Banach
algebras. Linear and Multilinear Algebra.
2021;69(16):2976-2989. DOI: 10.1080/
03081087.2019.1701976

[15] Sahoo JK, Behera R, Stanimirovic PS,
Katsikis VN, Ma H. Core and core-EP
inverses of tensors. Computational and
Applied Mathematics. 2020;39:9. DOI:
10.1007/s40314-019-0983-5

[16] Chen JL, Mosié¢ D, Xu SZ. On a new
generalized inverse for Hilbert space
operators. Quaestiones Mathematicae.
2020;43(9):1331-1348. DOI: 10.2989/
16073606.2019.1619104

[17] Udwadia F, Schttle A. An alternative
derivation of the quaternion equations of
motion for rigid-body rotational
dynamics. Journal of Applied Mechanics.
2010,;77:044505.1-044505.4. DOL:
10.1115/1.4000917



Matrix Theory - Classics and Advances

[18] Gibbon JD. A quaternionic structure
in the three-dimensional Euler and ideal
magneto-hydrodynamics equation.
Physica D: Nonlinear Phenomena. 2002;
166:17-28. DOI: 10.1016/S0167-2789(02)
00434-7

[19] Gibbon JD, Holm DD, Kerr RM,
Roulstone I. Quaternions and particle
dynamics in the Euler fluid equations.
Nonlinearity. 2006;19:1969-1983. DOL:
10.1088/0951-7715/19/8/011

[20] Adler SL. Quaternionic Quantum
Mechanics and Quantum Fields. New
York: Oxford University Press; 1995

[21] Jiang T, Chen L. Algebraic
algorithms for least squares problem in
quaternionic quantum theory. Computer
Physics Communications. 2007;176:
481-485. DOI: 10.1016/j.cpc.2006.12.005

[22] Leo SD, Ducati G. Delay time in
quaternionic quantum mechanics.
Journal of Mathematical Physics.
2012;53:022102.8. DOI: 10.1063/
1.3684747

[23] Took CC, Mandic DP. A quaternion
widely linear adaptive filter. IEEE
Transactions on Signal Processing. 2010;
58:4427-4431. DOI: 10.1109/
TSP.2010.2048323

[24] Took CC, Mandic DP. Augmented
second-order statistics of quaternion
random signals. Signal Processing. 2011;
91:214-224. DOI: 10.1016/j.
sigpro.2010.06.024

[25] Le Bihan N, Sangwine S]. Quaternion
principal component analysis of color
images. Proceedings ICIP. 2003;I1-809.
DOI: 10.1109/ICIP.2003.1247085

[26] Jia Z, Ng MK, Song GJ. Robust
quaternion matrix completion with
applications to image inpainting.
Numerical Linear Algebra with

138

Applications. 2019;26(4):€2245. DOL:
10.1002/nla.2245

[27] Jia Z, Ng MK, Song GJ. Lanczos
method for large-scale quaternion
singular value decomposition. Numerical
Algorithms. 2019;82:699-717. DOL:
10.1007/s11075-018-0621-0

[28] Kyrchei II. Determinantal
representations of the Moore—Penrose
inverse over the quaternion skew field
and corresponding Cramer’s rules. Linear
and Multilinear Algebra. 2011;59:
413-431. DOI: 10.1080/030810810035
86860

[29] Kyrchei II. Determinantal
representations of the Drazin inverse
over the quaternion skew field with
applications to some matrix equations.
Applied Mathematics and Computation.
2014;238:193-207. DOI: 10.1016/j.
amc.2014.03.125

[30] Kyrchei II. Determinantal
representations of the Drazin and W-
weighted Drazin inverses over the
quaternion skew field with applications.
In: Griffin S, editor. Quaternions: Theory
and Applications. New York: Nova
Science Publishers; 2017. pp. 201-275

[31] Kyrchei II. Determinantal
representations of the quaternion
weighted Moore-Penrose inverse and its
applications. In: Baswell AR, editor.
Advances in Mathematics Research: Vol.
23. New York: Nova Science Publishers;
2017. pp. 35-96

[32] Kyrchei II. Determinantal
representations of the weighted core-EP,
DMP, MPD, and CMP inverses. J. Math.
2020;9816038: 12 p. DOI: 10.1155/2020/
9816038

[33] Kyrchei II. Weighted quaternion
core-EP, DMP, MPD, and CMP inverses
and their determinantal representations.



Quaternion MPCEP, CEPMP, and MPCEPMP Generalized Inverses
DOI: http://dx.doi.org/10.5772 /intechopen.103087

Revista de La Real Academia Ciencias
Exactas, Fisicas y Naturales. Serie A.
Matematicas RACSAM. 2020;114:198.
DOI: 10.1007/s13398-020-00930-3

[34] Aslaksen H. Quaternionic
determinants. Mathematical Intelligence.
1996;18(3):57-65. DOI: 10.1007/
BF03024312

[35] Cohen N, De Leo S. The quaternionic
determinant. Electronic Journal of Linear
Algebra. 2000;7:100-111. DOI: 10.13001/
1081-3810.1050

[36] Zhang FZ. Quaternions and matrices
of quaternions. Linear Algebra and its
Applications. 1997;251:21-57. DOL:
10.1016/0024-3795(95)00543-9

[37] Kyrchei II. Cramer’s rule for
quaternionic systems of linear equations.
Journal of Mathematical Sciences. 2008;
155(6):839-858. DOI: 10.1007/
§10958-008-9245-6

[38] Kyrchei II. The theory of the column
and row determinants in a quaternion
linear algebra. In: Baswell AR, editor.
Advances in Mathematics Research: Vol.
15. New York: Nova Science Publishers;
2012. pp. 301-359

139






Section 2

Applications

141






Chapter 7

The COVID-19 DNA-RNA Genetic
Code Analysis Using Double
Stochastic and Block Circulant
Jacket Matrix

Sung Kook Lee and Moon Ho Lee

Abstract

We present a COVID-19 DNA-RNA genetic code where A =T = U = 31% and
C = G = 19%, which has been developed from a base matrix [C U; A G] where C, U,
A, and G are RNA bases while C, U, A, and T are DNA bases that E. Chargaff found
them complementary like A = T'= U = 30%, and C = G = 20% from his experimen-
tal results, which implied the structure of DNA double helix and its complementary
combination. Unfortunately, they have not been solved mathematically yet. There-
fore, in this paper, we present a simple solution by the information theory of a doubly
stochastic matrix over the Shannon symmetric channel as well as prove it mathemat-
ically. Furthermore, we show that DNA-RNA genetic code is one kind of block
circulant Jacket matrix. Moreover, general patterns by block circulant, upper-lower,
and left-right scheme are presented, which are applied to the correct communication
as well as means the healthy condition because it perfectly consists of 4 bases.
Henceforth, we also provide abnormal patterns by block circulant, upper-lower, and
left-right scheme, which cover the distorted signal as well as COVID-19.

Keywords: COVID-19 DNA-RNA, E. Chargaff, DNA-RNA genetic code, double
stochastic matrix, symmetric channel, block circulant jacket matrix, general pattern,
abnormal pattern

1. Introduction

In 1950, Chargaff's two rules [1] were presented. One is that the percentage of
adenine is identical to that of thymine as well as the percentage of guanine is identical
to that of cytosine, which gives a hint of the composition of the base pair for the
double-strand DNA molecule. The other is that base complementarity is effective for
each DNA strand, which gives an explanation for the overall characteristics of funda-
mental bases. To make an example of COVID-19 DNA, its four bases are satisfied with
these two rules analogous to A = T' = 31% and C = G = 19%. In 1953, it was discov-
ered that DNA has a double helix structure [2, 3], which results in an optimal and
economical genetic code [4].
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A RNA base matrix [C U; A G] was based on stochastic matrices [5], which results
in the genetic code [6, 7]. A symmetric capacity is calculated by applying the Markov
process to these doubly stochastic matrices, which suggested the symmetry between
Shannon [8] and RNA stochastic transition matrix [C U; A G|, which is defined as

below. A square matrix of P = (py) is stochastic, whose entries are positive as well as

its sum in rows and columns is equal to one or constant. In other words, if the sum of
all its elements in rows and columns is equal to one or invariable, it is double stochas-
tic, which is able to describe the time-invariant binary symmetric channel. For the
input x,, and the output x,,1, two states ey and e; are able to depict Markov processes
on an individual basis, which are indicated by two binary symbols “0” and “1”,
accordingly. The output signal is affected by the input signal whose information is fed
into given a certain error probability. Assume that these channel probabilities @ and
are less than a half, whose error probabilities have been kept steady over a time-
variant channel for a wide variety of transmitted symbols such as

P{xy11=1%y = 0} =po; = &, P{Xu11 = 0%, = 1} =p; = . (1)

In addition, its Markov chain is homogeneous. P represents a 2 x 2 homogeneous
probability transition matrix defined as

P:{Poo Poﬂ:[l_“ a ]:[1_1” r } :1[1 1} 2)
Pio Pn B 1=p P 1-pl, s 2[1 1

whose two error probabilities are identical similarly to @ = # = p over a binary
symmetric channel. This paper proceeds as below. First of all, we derive the RNA
stochastic entropy by applying it to the Shannon entropy in Section 2. Next, we make
an estimate of the variance of RNA in Section 3. Then, the binary symmetric channel

entropy is derived in Section 4. Henceforth, two user capacity is made an estimate of
over symmetric interference channel in Section 5. Afterward, the construction scheme

Organism Taxon %A %G %C %T A/T G/C %GC  %AT
Maize Zea 26.8 22.8 232 27.2 0.99 0.98 46.1 54.0
Octopus Octopus 33.2 17.6 17.6 316 1.05 1.00 35.2 64.8
Chicken Gallus 28.0 22.0 21.6 28.4 0.99 1.02 43.7 56.4
Rat Rattus 28.6 21.4 20.5 28.4 1.01 1.00 429 57.0
Human Homo 29.3 20.7 20.0 30.0 0.98 1.04 40.7 59.3

Grasshopper Orthoptera 29.3 20.5 20.7 29.3 1.00 0.99 41.2 58.6

Sea urchin Echinoidea 32.8 17.7 17.3 321 1.02 1.02 35.0 64.9

Wheat Triticum 27.3 27 22.8 27.1 1.01 1.00 45.5 54.4

Yeast Saccharomyces 313 18.7 171 329 0.95 1.09 35.8 64.4

E. coli Escherichia 247  26.0 25.7 23.6 1.05 1.01 51.7 48.3

PX174 PhiX174 24.0 233 21.5 31.2 0.77 1.08 44.8 55.2

Covid-19 SARS-CoV-2 29.9 19.6 18.4 321 0.93 1.07 38.0 62.0
Table 1.

Ratio of bases [1, 9-11].
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is proposed, which is enabled to create RNA genetic codes in Section 6. Later, a
symmetric genetic Jacket block matrix is examined in Section 7. Hereupon, general
patterns of block circulant symmetric genetic Jacket matrices are looked into in
Section 8. In the end, this paper comes to a conclusion in Section 9.

Table 1 makes the description of the ratio of bases for several organisms [1, 9-11],
which shows that the ratios are constant among the species.

2. Analytical approach to RNA stochastic entropy
In [1, 5, 12, 13], stochastic complementary RNA bases are given for the genetic

code. On the assumption that C = G =19%, A = T = U = 31%, P denotes the
transition channel matrix expressed by
0.19 031
= : (3)

031 0.19

c U
P:

A G

On the condition that the RNA base matrix [C U; A G] for the Markov process
described by two independent probabilities of its corresponding source varies from
0.19p to 0.31p, the transition channel matrix P is defined by

0.5 1-05 05 05
L

019 1-0.19
P =
1-05 05 05 05

1-019  0.19

By comparison with Eq. (12), we have.
0.19p =1-0.19p (5)

where p is 2.631.
Applying in a similar fashion to the rest of (4),

b [ 0.31p 1—0-3117] B { 0.500 1—0.500] B [0.5 0.5

= s 6
1-03p 031 1-0.500 0.500 0.5 0.5} ©)

where 0.31p = 1-0.31p, where p is 1.613.
In order to make a double stochastic matrix by adding (6) to (4),

05 057 [05 05] [1 1
#=[os 03] *los o3 ~[1 1 @
05 05]  [05 05] [1 1

Applying in a similar way to (3),

(8)

C U 0.19 0.31 0.38 0.62
=2 6| =on 0|~ los o)

A G 031 0.19 0.62 0.38

If P is a random variable for source probability p corresponding to the first symbol
event, we reach the entropy function [8] represented by
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P logop - plogop Hy(p)
0.3800 1.3959 0.5305 0.9580
0.3900 1.3585 0.5298 0.9648
0.4000 1.3219 0.5288 0.9710
0.4100 1.2863 0.5274 0.9765
0.4200 1.2515 0.5256 0.9815
0.4300 1.2176 0.5236 0.9858
0.4400 1.1844 0.5211 0.9896
0.4500 1.1520 0.5184 0.9928
0.4600 1.1203 0.5153 0.9954
0.4700 1.0893 0.5120 0.9974
0.4800 1.0589 0.5083 0.9988
0.4900 1.0291 0.5043 0.9997
0.5000 1.0000 0.5000 1.0000
0.5100 0.9714 0.4954 0.9997
0.5200 0.9434 0.4906 0.9988
0.5300 0.9159 0.4854 0.9974
0.5400 0.8890 0.4800 0.9954
0.5500 0.8625 0.4744 0.9928
0.5600 0.8365 0.4684 0.9896
0.5700 0.8110 0.4623 0.9858
0.5800 0.7859 0.4558 0.9815
0.5900 0.7612 0.4491 0.9765
0.6000 0.7370 0.4422 0.9710
0.6100 0.7131 0.4350 0.9648
0.6200 0.6897 0.4276 0.9580
Table 2.
Shannon entropy for probability p.
1 1
H,(P) = plog, (;) +(1-p)log, <@> ©)

The last column of Table 2 shows the result of Eq. (9). Figure 1 portrays the curve
of Shannon and RNA Entropy. Make a mental note to make sure that a vertical tangent
can be drawn when p = 0 and p = 1 on account of the fact that

©ptoga(2) + - ptoga()] = [oga(2) -1 a2 ) 1] e

(10)
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Shannon Entropy
Covid-19 RNA Entropy

0.979bf:
0.9}

08

Entropy Hz(p)
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=
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T
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Probability p

Figure 1.
Comparison between Shannon and RNA entropy for probability p.

which is maximized when p reaches a half because its derivative becomes 0.

Therefore,
1 1 1 1
onp) - om(55) -0 ) - (F5) -0

Then, we reach
p=1l-p=>p=-. (12)

For the RNA base matrix [C U; A G, its symmetric entropy is calculated as

1 1

when p is either 0.38 or 0.62. By the way, the Shannon entropy is calculated as

1 1
HZ(P)Shannon =p logz (;) + (1 7?) 10g2 (ﬁ) =1, (14)

when p reaches a half.

Table 2 shows Shannon Entropy for probability p over a binary symmetric
channel.

Figure 1 gives a comparison between Shannon and RNA Entropy for probability p
under the RNA base matrix [C U; A GJ.
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3. Derivation of variance for the RNA base matrix [C U; A G|

The variance for RNA random variable X is denoted by V(X) is the square of the
mean, which is expressed by

E{X}=a =05 (15)

Therefore, for a random variable X, the variance is obtained such as

V(X) = E{(X - a)z} = E{X?} — 2aE{X} + E{a}

(16)
=E{X*} - 24> +a’> =E{X’} —a’ = 0"
Case I. Upper source probability 0.62
O2pper = (0.62)* — (0.5)> = 0.13. (17)
Case II. Lower source probability 0.38
6% e = (0.5)> — (0.38)> = 0.10. (18)

If X; and X are the independent random variables, on an individual basis, its
expectation and variance are

E{X:} =a1, V{Xi} =02 (19)
E{X)} =as, V{Xy} =05 (20)

Therefore, we reach
E{(X1 — dl)(Xz — ﬂz)} = E{(Xl — ﬂl)}E{(Xz — ﬂz)} =0. (21)

Assuming that X; and X, are independent random variables, the sum of its
variances is calculated as

V{X: X0} = B{ (X1 + X — a1 — @)’ |

= B{ (X~ a)*} + 2B{(Xs — 1) (%2 — )} + E{ (% —ar?} (22)
= V{X1} + V{X2} = o + 03 = 0.13+0.10 = 0.23,

which is approximately 23% corresponding to the difference between A = Uand C = G.
It means that RNA entropy cannot reach the Shannon entropy because the probabilities of
its bases are 23% away from a half that is exactly identical to the sum of its variances.

4. RNA complement base matrix [C U; A G| for symmetric noise
immune-free channel

If over a noise immune-free binary symmetric channel the bases of RNA genetic
code [C U; A G] are complementary such as C = U and A = G, the conditional
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pX)=a s Py

U

pXS)=l - @ » (Y
G

Figure 2.
Complementary bases of RNA genetic code [C U; A G| over noise immune-free binary symmetric channel.

probability P(b j |ai) = P;j makes description of this channel, whose maximum amount
of information can be transmitted as depicted in Figure 2. On the assumption that C
and G are one’s complement of its corresponding error probability as well as A and U
are interference signals, the matrix [8] for this channel is made description of by

cC U

POl =fo 1=l

}—W)hxz—[p(m P @3

Under the condition that p and 1-p are the selection probability (¢ = 0) and (a = 1)
over the uniform channel on an individual basis, the mutual information is defined by

I(X;Y)=H(Y) — H(Y|X). (24)
From Eq. (23), we are confronted with

—Ulog,U —Clog,C

—la 1- @
@ a][Glong —Alog,al” )

—Clog,C —Ulog,U
[a 1—a] ]

—Alog,A —Glog,G
where

H(Y|X) = —aClog,C — aAlog,A — (1—a)Ulog,U — (1 — a)Glog,G

26
= —Ulog,U — Glog,G = —Clog,C — Alog,A = 0.9790, (26)

where A =U=0.31and C = G = 0.19.
Therefore, its capacity is derived as

Crva = maxI(X;Y)|,_o 35 or 060 = H(Y) — H(Y|X) =1—0.9790 = 0.021, (27)

i.e. HY) = —plog,p — (1—p)log,(1—p)=—0.38log,0.38 — 0.6210og,0.62 = 1.
while Shannon capacity is derived as

Cshannon = maxI(X; Y)|p:05 =HY)-H(YX)=1-1=0. (28)

In Figure 3, we compare Shannon and RNA capacity for probability p. As fore-
mentioned in Section 3, if only if under the ideal circumstance, Shannon capacity can
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Figure 3.
Shannon and RNA capacity vary with probability p.

be reached. In other words, the difference between Shannon and RNA capacity exists,
which is identical to the sum of variances of RNA base random variables because they
are unable to become a half over a symmetric channel.

5. Two user capacity over symmetric interference channel

Figure 4 makes the description of the environment of the binary symmetric
channel with the RNA base matrix [C U; A G] as well as that of the symmetric inter-
ference channel for two users where two independent messages W; and W, with the
common message set W; are transmitted. Assume that C = G =19% and A = U = 31%
where C = H ' is the direct signal and its corresponding interference signal is U = H 2
for Y;. Analogously, the direct signal for the second user Y, is G = H* and its
corresponding interference signal is A = H*".

T coH Y T -kt T
X Y, X ¥,

Figure 4.
Two-user symmetric Interference Channel. (a) Strong Interference Channel. (b) Weak Interference Channel.
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H" = H? = hy\/Psnr,
H? = H? = h,\/Psnr.

The relationship between the input and output for two user symmetric channel is
described as follows [14],

Y1 = hav/PsnrX1 + he/PsypXo + Z1, (29)
Yy = he/P§pXa + ha/PsnrXo + 25, (30)

where the powers of input symbols X3, X, and additive white Gaussian noise
(AWGN) terms Z; and Z, are normalized to unity. Analogous to the definition of the
degree of freedom (DoF), the total GDoF metric d(a) is defined as

C(Psng, @)

d(a) = ,
(a) Pgnr—o0 IOg (PSNR)

(31)

where C (Psng, @) is the sum-capacity parameterized by Psyg and a. Here a is the
ratio (on the decibel scale) of cross channel strength compared to straight channel
strength and Pgyyg indicates the ratio (on the decibel scale) of signal to the noise.
Importantly, in order to find the achievable DoF, take the limit of Eq. (31) by letting
Pgnr go to infinity. Make a mental note of the DoF metric resembling to that at the point
a =1. Thus, the GDoF curve gives a significant hint for optimal interference manage-
ment strategies, which has been made use of most successfully to estimate the capacity
of two-user interference channel to contain a constant gap in [14]. To take an example,
for RNA genetic code, assuming that its bases C = G = 19% and A = T = U = 31%, this
symmetric interference channel for two users can be analyzed in strong and weak
interference region as below. The noise immune channel is described as below where X;
and X, denote the input symbols while Y; and Y, denote the output symbols

Yy = CX;1 + UX;, (32)
Y, = GX; + AX,. (33)

Case 1. Strong Interference region.

Figure 4 (a) makes the description of the channel in a strong interference regime,
where its receivers have to try to decode the interfering signal in order to recover its
desired signal. The general condition for a strong interference signal is represented by,

C<A,U>G. (34)

Regretfully, it is still challenging to propose the scheme achieving a symmetric rate
as well as being upper-bounded unlike in the weak interference region.

Case 2. Weak Interference region.

Figure 4 (b) makes the description of the channel in a very weak interference
regime, where its receivers do not need to try to decode any portion of the interfer-
ence signal by regarding it as noise. This scheme is enabled to achieve a symmetric
rate per user as below [14],

.1 1 SNR SNR
R= mm{i log (1+ INR + SNR) +3 log (2+ﬁ) -1, log <1+INR+ﬁ) —1}.

(35)
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The upper bound on the symmetric capacity is,

1 1 SNR SNR
< 1 — — [ -
Csym < min (2 log(1+SNR)+210 (1—1—1 N ),log <1+INR+1 I ))

(36)

Letting A = T = U = 31%, C = G = 19%, i.e. INR = 31 and SNR = 19, we are
confronted with the symmetric achievable rate such as

1
14314+ 2

.1 1 19
R = min {2 log,(1+31+19) +5 log2<2 + 31) -1, log2< 31> - 1}
— min {2.83 + 0.69 — 1,5.02 — 1} = min {2.53,4.02} = 2.52.

(37)
Analogously, the symmetric capacity is made the description of by
.1 1 19 19
Cym < min {E log,(1+19) + 5 log, (1 + ﬁ) , log, (1 +31+ ﬁ) } (38)
< min {2.16 + 0.34,5.02} < min {2.50, 5.02} = 2.50.

Following the above steps, in a weak interference regime, by treating interference
as noise, the symmetric capacity is close to its achievable capacity such as

Cym =R. (39)
Figure 5 makes the description of the weak and strong interference region where
the leftmost indicates a very weak interference region while the rightmost suggests a
very strong interference region.
Analysis:

In 1948, Shannon proposed the code generation method by exploiting the random
codebook in point-to-point communication with inverse Gaussian distribution

(Gaussian distribution variance towards infinity is called inverse Gaussian) to achieve
the channel capacity, which is described as follows [8],

1 S
C:§1032(1+N>’

(40)
where the signal power is S and the noise power is N
The point-to-point channel capacity is
S
Cawen = 10g2 (1 + N) s (41)
where the signal power is S and the noise power is N.
From Eq. (31), the degree of freedom is [14].
1+ 3
DoF = lim ( +ISV> 1, (42)
x—oo \ 1 4+ N
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Generalized degree of freedom for Gaussian Channel (W curve).

And the achievable rate is orthogonalized as

K K p
ZR,- = log2<1+¥>, (43)

i=1

where K means the number of users.
For two users,

2R = log, (1 + 2%) = log,(1+ 2SNR). (44)
Therefore, the achievable rate is,
1
R= 3 log,(1+ 2SNR). (45)

SNR =19 and SNR = 31 case:

The capacity : C = % log, (1 + ;—?) = % log,(1+0.61) = 0.34 (46)
19
2R = log2<1 +2(31>>
Achievable rate : 2R = log,(2.22) (47)
2R =1.15
R =057
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And the degree of freedom,

DoF = lim <L> ~ 1 (M) ~
log ,

SNR oo (2SNR)) ~ 2\ log,(2SNR) (48)

1
5

log,INR .

On the condition that the ratio a = is fixed and the strength of the signal is

= Tog,SNR
much larger than that of interference and noise, it is able to treat interference as noise.
Therefore, the achievable rate is represented by

SNR
From Eq. (49), the DoF is represented by [14].
| SNR . SNR
DoF — i R | B2\iemr) | | B2\inR
T SNR e . SNR - log,(SNR) |~ | log,(SNR)
82\ 11 INR (50)

_ (log,(SNR) — log,(INR)\ log,(INR)\
() =1 (e ~ -

In the conventional binary symmetric channel, p is a random variable and a large
amount of resources are used up to make an estimate of p corresponding to the given
channel. By the way, p can be determined deterministically for the RNA base matrix
[C U; A G], which is either 0.38 or 0.62. Because the specific value of p is given, the
channel estimation should be investigated. The reason why the specific numerical
values are selected is that for the RNA model, its maximum channel capacity is
maintained even if p is determined deterministically, the variance of signal is not
large, and a generalized DoF’s point of view shows a reasonable performance in the W
curve. In the actual implementation, the receiver has to be satisfied with the 1-a = p
shown in Figure 2. Under this circumstance, signal strength and the interference
intensity are important to analyze the given channel where strong interference envi-
ronment and weak interference environment are classified according to a. To take an
example, if @ = 1-p = 0.38, we need to analyze the strong interference channel. If
a = 1-p = 0.62, we need to analyze the weak interference channel. This p estimation is
able to minimize performance degradation in the binary symmetric channel while
significantly reducing computational complexity. The GDoF curve of two user inter-
ference symmetric channel in Figure 5 is the highly recognizable “W” curve shown
that it greatly improves understanding of interference channel by identifying two
regimes. From the abovementioned example, over the symmetric channel, when
a = 0.62, the signal is relatively stronger than interference. By the way, when o = 0.38,
signal is relatively weaker than interference.

6. RNA genetic code constructed by block circulant jacket matrix

A block circulant Jacket matrix (BCJM) is defined by [7, 12, 13, 15].
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1 1 a —a
C, C 1 -1 —-la -l/a
C, = =
C, G a — 1 |
~la -lia 1 1)
‘ (51)
11 0 0y (0 0 1 -1} (1 141 -1
_1—100+00—1—1_1—1i—1—1
oo 1 1|1 -1 o o |1 —1jL 17
00 1 -1) -1 -1 0 0) -1 -=1{1 =1

where Cy and C ; are the Hadamard matrix.

The circulant submatrices are 2 x 2 matrices, whose entries are moved by block
diagonal cyclic shifts. These submatrices are block circulant Jacket matrices. The
BCJM C, is defined by

C,21, ®C6 + I, ®Cq, (52)

1 0 0 1 , 1 1 1 -1
where Iy = ,Ih = ,Co = , and C; = ,
0 1 1 0 1 -1 -1 -1

while ® is the Kronecker product.

From Eq. (52), the genetic matrix [C U; A G]® generates RNA sequences such as
[12,13].

) (C U) X (c U) (c U) , (C U)2 (c U)
P = , P = ® 5 P’ = ® B
A G A G A G A G A G
(53)

where ® denotes the Kronecker product. RNA consists of the sequence of 4 bases
where C, U, A, and G indicate cytosine, uracil, adenine, and guanine, on an individual basis.

According to the theory of noise-immunity coding, for 64 triplets, by comparing
them with strong roots and weak roots, it is able to construct a mosaic gene matrix
[C U; A GP. If any triplet belongs to one of the strong roots, it is substituted for 1. In
an analogous fashion, if any triplet is included with one of the weak roots, it is
replaced with —1. Here, the strong roots are (CC, CU, CG, AC, UC, GC,GU, GG) and
(CA,AA,AU,AG,UA,UU, UG, GA) are the weak roots, which results in the singular
Rademacher matrix Rg is in Table 3 [6, 16].

A novel encoding scheme is proposed as

I 1
| .

-1 -1 1 1:-1 -1 -1 -l
I 1
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000 001 010 011 100 101 110 111

(0) (1) (2) (3) (4) (5) (6) )
000 CCC CCU CcucC CUU ucc Ucu uucC Uuuu
(0) 000 001 010 011 100 101 110 111
001 CCA CCG CUA CUG UCA UCG UUA uuG
(1) 001 000 011 010 101 100 111 110
010 CAC CAU CGC CGU UAC UAU UGC UGU
2) 010 011 000 001 110 111 100 101
011 CAA CAG CGA CGG UAA UAG UGA UGG
(3) 011 010 001 000 111 110 101 100
100 ACC ACU AUC AUU GCC GCU GUC GUU
4) 100 101 110 111 000 001 010 011
101 ACA ACG AUA AUG GCA GCG GUA GUG
(5) 101 100 111 110 001 000 011 010
110 AAC AAU AGC AGU GAC GAU GGC GGU
(6) 110 111 100 101 010 011 000 001
111 AAA AAG AGA AGG GAA GAG GGA GGG
@) 111 110 101 100 011 010 001 000

Table 3.
[C U;A GJ? code [6, 16].

The Eq. (54) gives a hint of the DNA double helix.
Make a mental note to ensure that

Rg2I,®Co®P, +;®C; ®P;, (55)

1 0 0 1 1 1 1 -1 .
where Iy = JLh = ,Co = ,Ci = , and P, is
0 1 1 0 -1 1 -1 -1

11
the double stochastic permutation matrix represented by P, = (1 1 ) Eq. (54) hasa

series of redundant rows which just repeat and are able to be canceled. From the
Rademacher matrix Rg, one version of its mosaic gene matrices can be reached as

1 1 1 1 1 1 -1 -1
R [ R S W N R |

R, — : (56)
1 1 -1 -1 1 1 1 1

-1 -1 -1 -1 -1 -1 1 1
Furthermore, by canceling the repeated column from Eq. (56) by means of

CRISPR, another version of the mosaic gene matrices can be reached as Eq. (57),
which is a singular RNA matrix.

-1 G, €
rr | L =[o J 57)
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1 1 1 -1
where Cy = ( 1 1) and C; = ( 1 1). These matrices are able to be

expanded into the DNA double helix or the RNA single strand, which indicates the
process by that DNA replicates its genetic information for itself, which is transcribed
into RNA and used to synthesize protein for its translation. Therefore,

R,;£1,®Co + 1 ®Cy, (58)

where Cy has eigenvalues such that /151) =1+iand /1(21) =1 -4, and their
eigenvectors ¢; = (1 —i)  and ¢, = (1 )7, correspondingly. In addition, C; has
eigenvalues such that /1§2> =+2and /1§2> = —/2 where their eigenvectors ¢; =
(-1+v2 1 )T andg; = (-1-v2 1 )T on an individual basis [3, 17]. Then,

RZ ®P, = Rg = R4X2k, (59)

where k& = 1.

7. Symmetric genetic jacket block matrix

It is demonstrated that the genomatrices are constructed based on the kernel
[C A; U G] and the mosaic genomatrices [C A; U GJ? are built by a series of Kronecker
products, which are expanded by permuting the 4 bases C, A, U, and G on their
locations in the matrix.

7.1 Permutation scheme from upper to lower

Following this scheme, we are confronted with 24 variants of genomatrices, which
distinguish them from each other by replacing their subsets by the kernel [C A; U GJ.
To take an analogous instance, by applying the upper-low scheme to [C A;U G], the
standard genetic code is expanded into [U C A GI"®[U C A G]®

[U C A G]", where " is the transpose. Analogous to Eq. (56), one version of
variants of genomatrices is constructed as

e
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Eq. (60) is also another version of variants of genomatrices by a series of
Kronecker product on [1111]”, which is expanded into Eq. (61) indicating the
process transcribing from Rg DNA to R, RNA.

USRS S G

Example 7.1. If A = U, C = G, we are confronted with six versions of variants of the
genomatrices constructed by a series of Kronecker product of the kernel [C A; U G].

1 1 -1 1
A C 1 -1 1 1
u G|l |-1 1 -11
(62)

1 -1 1 1

1 1 1 1 11

—1 0®]| |® o0 18| |® ,
1 1 -1 1 1 1

which is expanded into Eq. (63) and Eq. (64). These are other versions of variants
of genomatrices.

1 -1 -1 1
A G 1 1 1 1
u c|l |-1 -1 -1 1
,  (63)
1 1 1 1
1 1 -1 1 11
=1 0]®| |® +[0 1]®| |®
1 1 1 1 1 1
1 1 -1 -1
G U 1 -1 1 -1
c Al |11 -1 41
, (64)
1 -1 1 -1
1 1 1 1 -1 -1
1 0]® +0 18] |®
1 1 -1 1 1 -1
11 1 -1
cC U 1 -1 -1 -1
G Al |11 1 =41
,  (65)
1 -1 -1 -1
1 1 1 1 1 -1
=1 0]®| |® +[0 1]®| |®
1 1 -1 1 -1 -1
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c A 11 -1 -1
¢ ul |1 -1 1 -1
,  (66)
11 -1 -1
17 11 -1 1 1 -1
—[1 0]®]| |® +0 18| |®
1l |1 1 1] -1 -1
1 -1 -1 -1
G A 11 1 -1
cul |1 -1 -1 41

(67)
11 1 -1

1 1 -1
v aef]e
1 1 1

1 -1 -1
+[0 1]® ®
1 1 -1
Eq. (62-67) are six versions of variants of genomatrices, which indicate six half
pairs expanded from symmetric RNA genetic matrices by an upper-lower scheme. In

other words, they are constructed by rotating the block in the direction from upper to
low or vice versa.

7.2 Permutation scheme from left to right

Following this scheme, we are confronted with 6 variants of genomatrices, which
distinguish them from each other with the kernel [C A; U G]. To take an analogous
instance, by applying the left-right scheme to [C A; U GJ, the standard genetic code is
expanded into Rg

I
[ T T I O T T
11 1 181 1 1
1 1 -1 111 1 -1 -1
1T 1 -1 <11l 1 -1 -1
1 1 -1 -1{1 1 -1 -1
-1 -1 -1 -1l -1 -1 -1 (68)
1 -1 -1 —1i-1 -1 -1 -1
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Eq. (68) is also another version of variants of genomatrices by a series of
Kronecker product on [11;1 1], which is expanded into Eq. (69) indicating the process
transcribing from Rg DNA to R, RNA.

Example 7.2. If A = U, C = G, we are confronted with six versions of variants of the
genomatrices constructed by a series of Kronecker product of the kernel [C A; U G].

cC G 1 -1 1 -1
U A 1 -1 1 -1

1 1 1 0 1 -1
= ()@(1 1)®( )+<>®(1 1)®( )
0 1 -1 1 -1 -1

(70)

which is expanded into Eq. (71) and Eq. (72). These are other versions of variants
of genomatrices.

101 01 17
G C 1 -1 1 -1
U A 101 -1 1
, (71)
11 -1 -1
1 11 0 1 -1
—[ ]®[1 1]®[ en 11®[ ]
0 1 -1 1 1 -1
11 -1 -1
U A 1 -1 1 -1
caGl |1 -1 1 -1
, (72)
101 1 1
1 1 -17 [0 1 -1
- |len 1)@ v e 1]
0 1 -1 1 11
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-1 -1 -1 -1

AU 1 1 -1 1
G ¢c| |-1 1 -1 1
, (73)
1 1 1 1
1 -1 0 -1 1
—| |1 1]® + |en 1@
1 1 1 1 1
1 1 1 1
G C 1 1 -1 1
AUl |-1 1 -1 1
, (74)
1 -1 -1 -1
1 1 1 0 1 1
| |en 18 +] e 1@
11 1 1 -1
1 1 1 1
C G 1 1 -1 1
AUl |1 -1 1 =41
(75)
1 -1 -1 -1
1 1 1 0 1 -1
| |el1 1)@ + e 11®
0 11 1 -1

Egs. (70)-(75) are 6 versions of variants of genomatrices, which indicate six half
pairs expanded from symmetric RNA genetic matrices by the left-right scheme. In
other words, they are constructed by rotating the block in the direction from upper to
low or vice versa.

7.3 Block Circulant jacket matrix

Construct a block matrix [Cly by Jacket matrices [Co], and [C1], such as

Cy C
Cly = ( CO Cl ) where its order N is 2p. This matrix is called block circulant if only
1 Co

if CoCRT + CR’TCy = [0], where ®” is the reciprocal transpose. In other words, [C] is
a block circulant Jacket matrix (BCJM) [12, 13, 15, 18]. From the fact that COCST =

pl], and C,CRT = pl,» Co and C; are Jacket matrices. Look back on the fact that [C]y

is a Jacket matrix if only if [C][C]*" = NIy, where X7 is the reciprocal transpose.
Therefore, [C] is a Jacket matrix if only if

[Cllc]*” = (CO G > (Co G )RT _ 2, CoGi" + GG _ NI
\C G /\C Co G+ CR g, 2p[1), o

(76)
where *7 is the reciprocal transpose. Therefore, Eq. (76) results in plenty of BCJMs.
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Example 7.3. Two 2 x 2 matrices are given such as

=i Sho= (e )

It is easy to know that CoCR” = 2[I], and C;CX" = 2][I], are satisfied. Therefore, Co
and C; are Jacket matrices.
Moreover,

carveres- (L )30 )+ (5, S0 Ao o

8. General pattern of block circulant symmetric genetic jacket matrix

We present 24(=4 x 4,C,) DNA classes of genomatrices with their own character-
istics. The main kernel of Eq. (78) is

L ®{L®4) +L®B)}e F . (78)

Position Main Body Kernel Extending

Eq. (58) is an RNA pattern by the main kernel. By applying an upper-lower or left-
right scheme to the genetic matrix, the position matrix E creates the patterns analogous
to Eq. (61, 69). Analogously, by applying the upper-lower and left-right scheme to the
genetic matrix, the extending matrix F creates the patterns analogous to Eq. (60, 68).

South Korea’s national flag stands for different symbols of trigrams and Yin-Yang
located in its middle, which is analogous to that of Figure 6. We present 24 versions of
variants of genomatrices, which distinguish from each other by replacing their subsets

1
with the kernel shown in Figure 6 like its left-hand side {0] ®[1 1], its right-hand

Upper
[o@ 1y’

L&Co

Left Right
no'e@n o1&
LRC
Lower
[0 & 11"
Figure 6.

General pattern by block circulant, upper-lower, and left—right scheme: Normal case.
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0 1
side {1] ®[1 1], its upper position (1 0)® (1>, its lower position
1
(0 1)® <1>, and its center part Io ® Cy + I1 ® C1, on an individual basis.
1 1 1
From the factthat (1 0)® <1> =0 1)® <1> and (O) ®(1 1)«

0
( 1 > ® (1 1), upper symmetric genetic matrices are complementary with lower

ones while left ones are complementary with right ones.

In addition, the pattern is created by block circulant, upper-lower, and left-right
scheme on the %2 symmetric block, which are analyzed in three cases.

Case 1. Block circulant scheme

cUl |-11 -1 1
A Gl |1 -1 1 1
-1 -1 1 -1 (79)
1 0 1 1 0 1 1 -1
= s | ® + ®
0 A% -1 1 10 -1 -1
-1 1 1 1
uch (-1 -1 1 -1
G Al |1 1 -1 1

(80)

0 1 1 1
AAnti—diag ) ® 1 -1 ’

l1 0] [—1 1
= ®
0 1 -1 -1

Case 2. Upper-lower scheme

-1 -1 1
u Gl |-11 -1 1
Acl |-1 -1 1 -1
-1 1 1 1
1 -1 -1 1 1 1
=[1 0]®| |® +[0 AUrr]®
1 -1 1 1 -1 1
(81)
-1 1 1 1
u c| |-1 -1 -1
A Gl |-1 1 1 1
-1 -1 -1 1
1 -1 1 1 1 1
:[1 0]® ® +[0 ALower]®
1 -1 - 1 1 -1

(82)
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Case 3. Left-right scheme

-1 -1 -1 -1

AU 1 -1 1 -1
c G|l |1 1 -1 1
(83)
1 -1 1 1
1 1] 1 -1 0 1) 1 1
= ® ® ® ®
0 1 -1 Al 1 -1
1 -1 -1 -1
U A 1 1 -1 1
G cl |1 -1 1 1
(84)
1 1 -1 1
1 | | 1 -1 0 [ | 1 -1
= ®1 1|® ) ®[1 11 )
0 -1 1 ARight 1 1

Eq. (79) is a block circulant while Eq. (80) is not. Meanwhile, one part of
Eq. (81, 82) is upper-lower symmetric while the other is not. By the way, one part of
Eq. (83, 84) is left-right symmetric while the other part is not. Figure 7 shows a
certain pattern constructed by a series of the product of [C A; U G] as well as a
distorted pattern in comparison with that in Figure 6. Therefore, these are called
sickness pattern, which can cover COVID-19.

Upper
[0 4" @1 177

L KRC

Right
[0 4" @ [11]

Left
[0A4“"Y" @[1 1]

LKC

Lower

[0 Almmr] ® [] 1 ]T

Figure 7.
Abnormal pattern by block circulant, upper-lower, and left—right scheme.
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To take an analogous instance,

cC U N A B (85)
A G C D)

Make a mental note to ensure.

Casel.A#D,B=Cand A =D, B#C.

Case2.A=C,B#Dand A #C, B=D.

Case3:A=B,C#DandA #B, C=D.

From the aforementioned processes, we are confronted with six half symmetric

CcC U U C U G U C A U Uu A
blockssuchas( ),( ),( ),( ),( ),and( )
A G G A A C A G C G G C

9. Conclusion

We show the experimental results of C = G =19% and A = U = T = 31% for the
COVID-19 with the RNA base matrix [C U; A G|, which are expanded into our math-
ematical proof based on the information theory of doubly stochastic matrix. RNA
entropy cannot reach the Shannon entropy because the probabilities of its bases are
23% away from a half that is exactly identical to the sum of its variances. In other
words, there is a difference between Shannon capacity and RNA capacity, which is
identical to the sum of variances of RNA base random variables because they are
unable to become a half over a symmetric channel. We present a straightforward way
of laying out a mathematical basis for double helix DNA in the process of reverse
transcription from RNA to DNA, which is straightforward and explicit by
decomposing a DNA matrix into sparse matrices which have non-redundant columns
and rows. And we introduce a general pattern by block circulant, upper-lower, and
left-right scheme, which is applied to the correct communication as well as means the
healthy condition because it perfectly consists of 4 bases. Furthermore, we introduce
an abnormal pattern by block circulant, upper-lower, and left-right scheme, which
covers the distorted signal as well as COVID-19. The Equation 57, RNA matrix is the
same as the Reference [12] USA patent MIMO Comm. definition 3.1 matrix.
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Chapter 8

Joint EigenValue Decomposition
for Quantum Information Theory
and Processing

Gilles Burel, Hugo Pillin, Paul Baird, El-Houssain Baghious
and Roland Gautier

Abstract

The interest in quantum information processing has given rise to the development
of programming languages and tools that facilitate the design and simulation of
quantum circuits. However, since the quantum theory is fundamentally based on
linear algebra, these high-level languages partially hide the underlying structure of
quantum systems. We show that in certain cases of practical interest, keeping a handle
on the matrix representation of the quantum systems is a fruitful approach because it
allows the use of powerful tools of linear algebra to better understand their behavior
and to better implement simulation programs. We especially focus on the Joint
EigenValue Decomposition (JEVD). After giving a theoretical description of this
method, which aims at finding a common basis of eigenvectors of a set of matrices, we
show how it can easily be implemented on a Matrix-oriented programming language,
such as Matlab (or, equivalently, Octave). Then, through two examples taken from
the quantum information domain (quantum search based on a quantum walk and
quantum coding), we show that JEVD is a powerful tool both for elaborating new
theoretical developments and for simulation.

Keywords: quantum information, quantum coding, quantum walk, quantum search,
joint eigenspaces, joint eigenvalues, joint eigenvectors

1. Introduction

The field of quantum information is experiencing a resurgence of interest due to
the recent implementation of secure transmission systems [1] based on the teleporta-
tion of quantum states in metropolitan networks and in the context of satellite trans-
missions, further underscored by the development of quantum computers. A new
path for intercontinental quantum communication opened up in 2017 when a source
onboard a Chinese satellite made it possible to distribute entangled photons between
two ground stations, separated by more than 1000 km [2, 3]. Experiments using
optical fibers [4] and terrestrial free-space channels [5] have also proved that the use
of quantum entanglement can be achieved over large distances.
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Quantum programming languages, such as Q# [6] have been developed to facili-
tate the design and simulation of quantum circuits. The underlying quantum theory is
quite complex and often counter-intuitive due to the fact that it relies on linear algebra
and tensor products—for instance, the state of a set of three independent qubits
(quantum bits) is not described by a 3-dimensional vector, as would be the case for
classical bits, but by a 23-dimensional vector which lives in a Hilbert space constructed
by tensor products of lower-dimensional spaces. Therefore, these programming lan-
guages are helpful for people who do not need to bother with the underlying theory.

However, since the quantum theory is fundamentally based on linear algebra,
there are cases of practical interest for the researcher in which keeping a handle on the
matrix representation of the quantum systems is a fruitful approach because it allows
the use of powerful tools of linear algebra to better understand their behavior and to
better implement simulation programs.

In this chapter, our objective is to illustrate how the concept of Joint EigenValue
Decomposition (JEVD) can provide interesting results in the domain of quantum
information. The chapter is organized as follows. In Section 2, we give some mathe-
matical background and in Section 3, we provide basic elements to understand quan-
tum information. Then, in Section 4, we show an example of the application of JEVD
to quantum coding, more precisely we propose an algorithm, based on JEVD, to
identify a quantum encoder matrix from a collection of given Pauli errors. Finally, in
Section 5, we show that JEVD is a powerful tool for the analysis of a quantum walk
search. More precisely, we prove that, while the quantum walk operates in a huge
state space, there exists a small subspace that captures all the essential elements of the
quantum walk, and this subspace can be determined thanks to JEVD.

2. Mathematical background

2.1 Matrices and notations

We note U” the transpose of a matrix U and U* the transpose conjugate of U.
H is the normalized Hadamard 2 x 2 matrix and Hy the N x N Hadamard matrix
obtained by the Kronecker product (defined in the next subsection):

_i 1 1 e o
H_ﬂ(l _1> and Hy=H (N=2") (1)

Iy is the N x N identity matrix (which will sometimes be noted I when its
dimension is implicit).

In the domain of quantum information processing, we mainly have unitary matri-
ces. A square matrix U is unitary [7] if U* U = UU* = I. The columns of a unitary
matrix are orthonormal and its eigenvalues are of norm 1. If the unitary matrix is real,
its eigenvalues come by conjugate pairs.

We call “shuffle matrix” the permutation matrix P, ;, which represents the permu-
tation obtained when one writes elements row by row in an 4 x b matrix and reads
them column by column. For instance, set @ = 2 and b = 3. If one writes the elements
1,2,3,4,5, 6 row by row in a 2 x 3 matrix and reads them column by column, the
order becomes 1,4, 2,5, 3, 6. Then the shuffle matrix is the permutation matrix such

that(142536)=(1 2 3 4 5 6)P,3. Theinverse of P, is Py, = (Pay)".
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G, is the n x n Grover diffusion matrix defined by [8]:

G, = —1I, +26,07 (2)
where 0, the (n x 1) vector is defined by 6, = [1 1 - 1]"/\/n. It is easy to see
that G,0, = 0,. Therefore, 0, is an eigenvector of G, with eigenvalue +1. We can also
see that for any vector v orthogonal to 8, we have G,v = —v. It follows that G, has two

eigenvalues, —1 and +1, and the dimensions of the associated eigenspaces are # — 1
and 1.

2.2 Kronecker product

The Kronecker product, denoted by ®, is a bilinear operation on two matrices. If
Aisak x I matrix and B is a m X n matrix, then the Kronecker product is the km x In
block matrix C below:

ﬂllB ﬂuB
C=AQ®B= : : 3)
ale ale

Assuming the sizes are such that one can form the matrix products AC and BD, an
interesting property, known as the mixed-product property, is:

(A®B)(C®D) = (AC)® (BD) (4)

The Kronecker product is associative, but not commutative. However, there exist
permutation matrices (the shuffle matrices defined in the previous subsection) such
that, if A is an a X 4 square matrix and B a b x b square matrix, then [9]:

(A ®B)Pa,b = (B ®A)Pb,a (5)
2.3 Singular value decomposition, image, and kernel

The Singular Value Decomposition (SVD) of an# x n matrix A is [7]:
A=USVv* (6)

where U and V are unitary matrices, and S is diagonal. The diagonal of S contains
the Singular Values, which are real nonnegative numbers, ranked by decreasing order.
The sizes of the matrices are U(m x m), S(m x n) and V(n x n). The SVD is a very
useful linear algebra tool because it reveals a great deal about the structure of a matrix.
The image and the kernel of A are defined by:

Im(A) = {yeC” .y = Axfor somex € C"} 7
ker(A) = {xeC" : Ax = 0} (8)
When used in an algorithm, the notation null will also be used for a procedure that

computes a matrix whose columns are an orthonormal basis of the kernel of A.
The complement of a subspace A within a vector space H is defined by:
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(A ={yeH :x"y = 0forallx e A} 9

In an algorithm, if the columns of A are an orthonormal basis of A then the
columns of B = null(A*) provide an orthonormal basis of (A)‘.

The rank of A is its number of nonzero singular values. When programmed on a
computer determination of the rank must take into account finite precision arith-
metic, which means that “zero” is replaced by “extremely small” (less than a given
tolerance value). Let us note » = rank(A). We have

dim (Im(A)) =r (10)
dim (ker(A)) =n—7r (11)

An orthonormal basis of ker(A) is obtained by taking the last # — » columns of the
matrix V.

2.4 Joint eigenspaces and joint eigenvalue decomposition (JEVD)

The eigenvalue decomposition of a unitary matrix A is:
A=VDV* (12)

where D is a diagonal matrix, the diagonal of which contains the eigenvalues, and
V is a unitary matrix whose columns are the eigenvectors.
Let us note E/ the eigenspace of an operator A associated with an eigenvalue A. The

joint eigenspace Ef)f is:
E}’ = E{nE} (13)

A property of great interest in quantum information processing is that within Ef’;lB

(and even within any union of joint eigenspaces) the operators A and B commute.
Determination of the joint eigenspace on a computer may be determined through
the complement, because:

EANES — ((Ef)CU(Ef)C)C (14)

Using Matrix-oriented programming languages, such as Matlab or Octave, this
requires only a few lines. Let us note A, and B, matrices whose columns are ortho-

normal bases of E and Eg and [.] the horizontal concatenation of matrices. The
following computation procedure provides a matrix C whose columns are an ortho-
normal basis of Ef;lB:

C=mnull ([null(A;) null(B,)]) (15)

However, it is not efficient in terms of complexity and in the next sections we will
propose faster computational procedures, adapted to each context.

A lower bound on the dimension of a joint eigenspace can be obtained as follows.
Let us note # the dimension of the full space. We have, obviously:
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dim E{UE] <n (16)
and we know that:
dim E{UE, = dim E} + dim E}, — dim E/'nE}, (17)
Combining both equations, we obtain:

dim E;>? > dim E + dim E} —n (18)

3. Quantum information principles

A quantum system is described by a state vector |y) € CV, where N is the dimen-
sion of the system. Since in the quantum formalism states |y) and y|y) are equivalent,
for any nonzero complex number y, the state is usually represented by a normed
vector and the global phase is considered irrelevant.

As long as it remains isolated, the evolution of a quantum system is driven by the
Schrédinger equation. The latter is a first-order differential equation operating on the
quantum state. Its integration shows that the quantum states at times ¢; and ¢, are
linked by a unitary matrix U such that |y,) = Uly,). The norm is preserved because U
is unitary.

The second kind of evolution, called “measurement,” may occur if the system
interacts with its environment. A measurement consists of the projection of the state
onto a subspace of CV. When the measurement is controlled, it consists in defining a
priori a decomposition of the state space into a direct sum of orthogonal subspaces
@™H;. The measurement randomly selects one subspace. The result of the measure-

1

ment is an identifier of the selected subspace (for instance, its index 7). After mea-
surement, the state is projected onto H;. If P; is the projection matrix onto H;, then the
state becomes P;|y) (which is then renormalized because the projection does not
preserve the norm). The probability of H; being selected is the square norm of P;|y).

It is worth noting that a measurement may destroy a part of quantum information
(because usually, a projection is an irreversible process), while the unitary evolution is
reversible, and as such, preserves quantum information. Consequently, measurements
must be used with extreme caution—how to design the system and the measurement
device to measure only what is strictly required and not more is one of the difficult
problems encountered in quantum information processing.

Quantum systems of special interest for quantum information processing are
qubits (quantum bits) and qubit registers. A qubit belongs to a 2D quantum system
with state a normed vector of C. To highlight links with classical digital computation,
it is convenient to note |0) and |1) for the orthonormal basis of C2. Physically any 2D
quantum system can carry a quantum bit. For instance, the spin of an electron is a 2D
quantum system, and the spins up and down can be associated with the basic states |0)
and |1). A general qubit has an expression:

) = a0|0) + aa[1) (19)

. 2 2
where ag and a; are complex numbers subject to |ag|” + |aa|” = 1.
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A qubit register is a 2"-D quantum system which, for convenience, is usually
referred to as a standard orthonormal basis noted
{]0...00), ]0...01), |0...10), ..., |1...11)} and then, by analogy with classical digital
processing, # is the number of qubits. For instance, for n = 2 the basis is
{]00),]01), |10), |11) }, where |ab) = |a) ® |b), and the quantum state of the register is:

W)=Y Yawlab) (20)

(a,b)€{0,1}?

Note that, contrary to classical digital registers, the qubits are usually not separa-
ble, hence the register must be considered as a whole. We say that the qubits are
entangled. However in the special case where the coefficients y,, can be decomposed
in the form y,, = @,f, the state can be written as a tensor product of the states of two
qubits, which can be considered separately. Then, we have:

lw) = (@0]0) + 1[1)) ® (5o |0) + f1[1)) (21)

4. Application of JEVD to quantum coding
4.1 Principle of quantum coding

The objective of quantum coding is to protect quantum information [10]. In the
classical domain, the information can be protected using redundancy—for instance, if
we want to transmit bit O on a noisy communication channel, we can instead transmit
000 (and, similarly, transmit 111 instead of 1). On the receiver side, if one error has
occurred on the channel, for instance, if the second bit is false, we receive 010 instead
of 000, from which we can still guess that the most probable hypothesis is that the
transmitted word was 000. Of course, if there were two errors the transmitted word
could have been 111, but it is assumed that the probability of error is low, hence two
errors are less likely than one error. More elaborated channel codes have been pro-
posed, but fundamentally they are all based on the idea of adding redundancy and
assuming that the probability of channel error is low.

In the quantum domain, it is impossible to use redundancy because it is impossible
to copy a quantum state (this is due to the “no-cloning theorem” [11]). However, we
can use entanglement to produce the quantum equivalent of classical redundancy. The
principle of quantum coding is shown in Figure 1. Assume we want to protect the
quantum state |y) of a k-qubit register. We add  ancillary qubits initialized to |0) to
form an n-qubit register (n = k + ). The encoder is represented by a unitary 2" x 2"

k k k
¥} —— #—|¢') Ue |-|9)
v ™ & [ v
| I_\Icasure
|0) " —— F—

Figure 1.
Principle of quantum coding.
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[¥)

0) S

Figure 2.
CNOT quantum gate.

matrix U. Then, errors may occur on the encoded state: they are represented by a
unitary matrix E. The decoder is represented by another unitary matrix U* which is
the transpose conjugate of the encoding matrix. Finally, we measure the last » qubits
of the decoded state, and, depending on the result of the measurement, we apply the
appropriate restoration matrix U, (which is a unitary matrix of size 2* x 2*) to the
k-qubit register composed of the first k& qubits of the decoded state.

As an illustration, let us consider » = 2, k = 1 and the very simple quantum
encoder shown in Figure 2. It is a basic quantum circuit known as the CNOT quantum
gate, and it is represented by the unitary matrix below:

(22)

S O O »
S O »r O
= O O O
O »r O O

A quantum error on a qubit is described by a 2 x 2 unitary matrix. It is convenient to
decompose the error as a linear sum of the identity and the Pauli matrices below [12]:

(1 0) (0 1) <0 i)
Z = X = Y = (23)
0 -1 10 - 0

Let us consider that an error may appear on the first encoded qubit and that this
error, if present, is represented by the unitary Pauli matrix X. Then, the error matrix
which acts on the encoded state is:

0 1 0 O
E=X®I= Lo 0o (24)
B 1o 0 0 1
0 01 0
It is easy to check that:
0 0 0 1
F=U*EU = 0010 =XQ®X (25)
N o 1 0 o]
10 0 O

The state at the input of the encoder is [aga1]T ® [10]T = [ag 0 1 0]T. The state at
the output of the decoder is, therefore, [0 a; 0 ag]T.
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1) G—d—P
lo—{#] &

lo)—{#] &

o—{ ] &

10) & &
10) S B

0) & &

Figure 3.
Steane encoder.

Measuring the second qubit on the output of the decoder consists in decomposing
the state space into a direct sum Ho@™H; of two subspaces spanned by {|00), [10)} and
{]01), |11) }. The result of the measurement will be either 0 or 1 (index of the selected
subspace), and by analogy with classical decoding, this result will be called the “syn-
drome.” The projections on these subspaces are [00]T and [a1 a0 ]T. Then the proba-
bility to obtain syndrome 1 is 1.

The measurement then projects the state onto H;. Note that in this particular case,
the information is preserved by the projection. Then, applying the operator U, = X to
the projected state restores the initial state.

Similarly, if there is no error, we can see that F is the identity matrix, then the
projections on the subspaces are [@ga1]T and [00]T. In that case, the syndrome is 0
and the state is projected onto H,. Correction is done by applying the operator I to the
projected state, which is equivalent to doing nothing.

The very simple code used above, as an illustration, cannot correct more complex
errors (for instance, an error Z on the first qubit). However, there exist efficient
quantum codes, such as the Steane code [13], and the Shor code [14]. A remarkable
result of quantum coding theory is that a linear combination of correctable errors is
correctable [15].

Figure 3 shows the Steane Encoder, whichisa (# =7,k = 1,z = 1) quantum
encoder. This means that it encodes k = 1 qubits on # = 7 qubits and it is able to
correct any error occurring on ¢t = 1 encoded qubits. It is built with Hadamard
(Eq. (1)) and CNOT (Eq. (22)) quantum gates. From this circuit description, it is
possible to obtain the coding matrix U.

4.2 Determination of encoder matrix using JEVD

The problem we address can be stated as follows (see Figure 1 for the notations)—
given a list of # independent Pauli errors E; with corresponding diagonal outer errors
F;, determine the unitary operator U (quantum encoder) such that:

U*E,‘U:F,' ViE{l, ,n} (26)

This equation shows that the columns of U are the eigenvectors of E;. Specification
of the code by a small set of Pauli errors is very convenient and the interest of
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E; F;

ZQLYILZRLZRLILZRIZ ZQQIQIRIRIRIRI
XQXQIQIQIQX QX IRZPIRIRIRQIRI
XQIRXQRIRXQRIR®X IRIRZRIRIRIRI
XQIQIRQXQRXRQXRI IQIRIRZRIQRIRQI
ZQZQIRIRIRZRIZ IRIRIRIRZRIRI
ZQIRZRIRZRIRZ IQRIRIRIRIRZRI
ZQIQRIRZRZRZRI IQIRIRIRIRIRZ

Table 1.

Collection of Pauli errors.

automatic determination of matrix U is to allow further simulations of the behavior of
the quantum code in various configurations.

To illustrate and validate the approach that will be developed below, let us
consider the collection of # = 7 Pauli errors shown in Table 1. Here, to be able to
check the results, this collection has been chosen to correspond to the Steane encoder
(Figure 3), while in a standard application of the method, it would be given a priori.
The interest is that here we can compute the encoder matrix from the circuit and this
will allow us to check that our method produces the correct encoder matrix.

We use 7 independent equations in which each F; is a tensor product of I and Z
only (including only one Z). Therefore, matrices F; are diagonal, and their diagonal
elements are +1 and —1 in equal numbers.

Figure 4 shows the diagonals of the matrices F; (each row corresponding to one
diagonal). Values —1 and +1 are represented, respectively, by black and white dots.

Since matrix U does not depend on i in Eq. (26) its columns are joint eigenvectors
of the E;. For instance, in the example above, the 20" column of U is a joint
eigenvector of Ej, Ey, ..., E7 associated to eigenvalues +1,+1,—1,+1,+1,—1,—1 (see
Figure 4). In the general case, the set of # eigenvalues corresponding to the column ¢
of U is easily obtained by taking the binary representation of ¢ — 1 with the mapping
0—+land1— -1

Now, let us consider the determination of column ¢ of U. We know that it is a
vector spanning a joint eigenspace of the E; corresponding to a given set of eigen-
values {4;,i =1, ...,n}. For each E; let A; denote the 2" x 2"~ matrix whose ortho-
normal columns span the eigenspace associated to 4; and B; the 2" x 2"~! matrix whose
orthonormal columns span the kernel of A; (which corresponds to the eigenspace
associated to —4;).

Let Y, denote the joint eigenspace corresponding to eigenvalues {4;,j =1, ..., k}
with k€ {1, ...,n}. We propose Algorithm 1 to efficiently compute the column of U. It
computes a series of matrices Y), whose columns are an orthonormal basis of ).
Obviously, the searched column of U is Y,,. For the moment, let us consider that K(c)=1
(the optimal value will be discussed later).

s —

20 40 60 80 100 120

Figure 4.
Diagonals of matrices F;.
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if K(c) = 1then

| Y1 =4,

end

fork = K(c) + 1ton do
Cr =B, Y4
Zy = null(Cy)
Yi =Y 1Z;

Algorithm 1: Algorithm for determination of a joint eigenspace.

The sizes of the matrices are decreasing with k:
Cp: 201 x v RAL 7, gkl gnky gn o gk,
The intuitive ideas under the algorithm are the following:

* Cp = B[ Y}_1: The orthonormal basis of );_1 is projected on the kernel of A,. The
components of the projected vectors are expressed in the orthonormal basis By, of
that kernel. Consequently, Im(Cy) is the projection of Vj_; on the kernel of A,
expressed in that kernel.

* A matrix Z; whose columns are an orthonormal basis of the complement of this
projection is determined.

* Finally, the components of the basis vectors are restored to the original space by
Yi = Y12

Let us prove that the matrices Y}, have orthonormal columns. This is obviously the
case for k = 1. Then, by recursion, we have:

Y Y =Z Y} YeaZi =1 (27)

Now, let us prove, by recurrence, that Im(Yy) = V.
Obviously, this is the case for k = 1. Assume this is the case for £ — 1. We have:

Im(Yy) CIm(Yi_1) = Ve (28)
We have also:
By Yy =B (Yo 1Zt) = (Bf Yi1)Zk = CoZi = O (29)
Then
Im(Yy) Cker(B; ) = Im(Ay) (30)

From Im(Yy) C Vi—1 and Im(Y,,) C Im(Ar) we deduce Im(Y},) C V.
Conversely, assume that a vector x belongs to ). Because )}, C )1 there exists a
vector b such thatx = Yj_1b and because x € Im(A},) we have also B x = 0
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E; F;

XQXRXQXRXQXR®X XQIQIRIRIRIRI
ZQRIRZIQRZRZRZRZ IRXRIRIRIRQIRI
ZRLQQIRZRZRILZISZ IRIRXPIRIRQIRI
ZQRZRZBIRZRZRZ IQIQIRXRIRIRQI
XQIQRIRIRXRIQI IQRIRIRIRXR®IRI
XQIQIRIRQIRX®I IRIQIRIRIRX®I
XQIQIQIRIRIRX IQIRIRIRIRIRX

Table 2.

Additional Collection of Pauli errors.

Then
B,:Yk_llo:0:>Ckb:0:>Ela:b:Zka

Therefore x =Y, 1b =Y, 1Zra = Yia = x€Im(Yy) = Vi CIm(Yy).

After execution of the algorithm to determine each column of U, there
remains an indetermination because the joint eigenvectors (i.e., the columns of U) are
determined up to a phase factor. This has no consequence on the performance of
the quantum code. However, if we want to fix this residual indetermination, we
proposed a fast and simple procedure in ref. [16]. The procedure requires an
additional set of # Pauli errors in which each additional F; is a tensor product of I and
X only. As an example, for the Steane code, we use Table 2.

After these remaining differences have been removed, we obtain an estimated
matrix U that is equal to the true matrix, up to a global phase (Figure 5). However,
this remaining indetermination does not matter because, as said before, the global
phase has no significance in quantum physics. Here we have chosen the global phase
so that the encoder matrix is real.

20
40 |8
60 |
80
100

120 &

Figure 5.
Estimated Matrix U for the Steane encoder.
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Figure 5 shows the matrix computed by our method. We have checked that it is
equal to the matrix directly computed from the circuit description.

The programmer may speed up the computation by taking into account the fact
that when computing columns ¢ of U, some matrices Y}, have already been computed
for other columns and can be reused. For instance, in Figure 4, we see that the joint
eigenvalues corresponding to columns 19 and 20 are the same, except the last one.
Then, when computing column 20, we can set K(20) = # in Algorithm 1 instead of the
default value K(20) = 1, because the Y,,_; for column 20 is the same as for column 19.
More generally, Algorithm 2 written in pseudo-Octave code computes the optimal
values of the K(c).

K=[1 1]
fork =2ton do
| K = reshape( [K;k *ones(1,2¢71)] [1 2*])

end

Algorithm 2: Algorithm for computation of the optimal values K(c).

For instance, for » = 3 the algorithm producesK =1 3 2 3 1 3 2 3].

5. Application of JEVD to quantum walk search
5.1 Principle of quantum walk search

Let us consider a particle that can move on a graph. In the classical world, at the
time ¢ this particle is localized at a node of the graph. It can then randomly choose
one of the edges linked to this node to reach one of the adjacent nodes at a time ¢ + 1.
The repeated iteration of this process is the concept of classical random walk.

A quantum walk [17] relies also on a graph, but contrary to the classical walk,
here the particle may be located at many nodes at the same time and can choose
many edges simultaneously. At the time ¢, the state of the particle is then described by
a state vector |y,) and the evolution between times ¢ and ¢ + 1 is given by a
unitary matrix U = SC such that |y, ;) = Uly,). The unitary matrices C and S
represent, respectively, the choice of the edges and the movement to the
adjacent nodes.

In the following, we will consider graphs associated with hypercubes [18]. We will
note % the dimension of the hypercube and N = 2" the number of nodes. Figure 6
shows the graph corresponding to a hypercube of dimension #» = 3. It is convenient to
label the nodes by binary words. In quantum language, these binary words « are also
used to label the basis vectors of the so-called position space H°.

The quantum state lives in a Hilbert space built by the tensor product of the
position space H (corresponding to the nodes) and the coin space H’ (corresponding
to the possible movements along the edges) H = H° ® H°. The dimensions of these
state spaces are N, = #IN, N and #.

It is usual to define C as [19]:

C=Iy®G, (31)
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Figure 6.
Hypercube for n = 3,
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Figure 7.
Matrices C (left) and O (right) for n = 3,

1

o

where G, is the n x n Grover diffusion matrix defined in Section 2. Matrix C
obtained for #» = 3 is shown on Figure 7.
The structure of S is more complex. It is convenient to first define it in ¢ ® H®

and then to transpose it to H using the shuffle matrix P = P, yy (defined in
subsection 2.2). Then:
S = PSP” (32)
where

S = diag (31, s S‘n> and S, =12 @xQI®UD (33)
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The last equation just means that, because a movement along direction d corre-

sponds to an inversion of the d” bit in k, the shift operator permutes the values
associated to nodes that are adjacent along that dimension.

A quantum walk search can be described by repeated application of a unitary
evolution operator Q, which can be written:

Q = UO (34)

Here O is the oracle, which aims at marking the solutions. An example of oracle
structure is shown in Figure 7. It is a block-diagonal matrix, whose blocks are —G,
when they correspond to a solution and I,, otherwise. Denote M the number of
solutions and assume that M «< N (otherwise the quantum walk search would serve no
purpose because the probability of rapidly finding a solution with a classical search
would be high). In the example shown in the figure, there are M = 2 solutions (located
at positions 1 and 4 on Figure 6).

Let ¢ denote the number of iterations until a measurement is performed. Starting
from an initial state |y), repeated iterations lead to the state |y,) = Q'|w,) which is
then measured. The theory of quantum walk search [19] shows that the probability of
success (that is the probability of obtaining a solution by measurement) oscillates as a
function of ¢. This means that theoretical tools which help to understand and simulate
quantum walk search lead to the development of methods to determine the optimal
time of measurement.

In the sequel, we will show that JEVD is a fruitful tool in this context. Indeed, set E
to be the union of the joint eigenspaces of U and O, and E its complement. Inside E,
the operators commute. So, if we note with index E the restrictions of the operators to
E, we have:

Qi = (UgOg)(UgOg) = UgOiUg = U? (35)

Then, inside E, there is no significant difference between the effective quantum
walk Q and the uniform quantum walk U, because, after each pair of successive
iterations, the evolution is identical. Since the uniform quantum walk has no reason to
converge to a solution, we deduce that the interesting part of the process lives in the
complement of E, that is in E.

After establishing results about the dimensions of the eigenspaces of U and O,
we will show that the concept of joint eigenspaces allows us to establish an upper
bound on the dimension of the complement, with the remarkable result that this
dimension grows only linearly with #. Then, we propose an algorithm for efficient
computation of the joint eigenspaces and, finally, use it to check our theoretical
upper bound.

5.2 Eigenspaces of U and O
Set
F= HN ®In (36)

Then matrix F diagonalizes S:
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FSF = (HN ®In)PN,n\§Pn,N(HN ®In) (37)
= Pun(I ® Hy)S(I ® Hy) P s (38)
— PTdiag( ..., HNS;Hy, ... )P (39)

The latter term is diagonal because the mixed product property, H* = I and
HXH = Z, shows that:

HyS,Hy =124 @ 7@1% @1 (40)

Once more, using the mixed product property, we can also prove that F keeps C
unchanged, that is:

FCF =C (41)

The diagonal of FSF is the concatenation of the binary representation of the
numbers 0 to N — 1 with the mapping 0 — (4+1) and 1 — (—1). That is:

FSF = diag(So, ..., Scs e »Sn—1) (42)

Note that the diagonal of S, contains k times —1 and n — k times +1 (where k is the
Hamming weight of «).

Then, because F?> = I, FUF is a block diagonal matrix:

FUF = (FSF)(FCF) (43)
= diag(...,Sc, ...)C (44)
Block « is then
Ue = SG, (45)
We have:
dim EY* > dim ES-C» (46)
>dim ES* + dim ES* —»n (47)
>n—k)+n—-1)—n (48)
>n—k—-1 (49)
and
dim EV* > dim ES%" (50)
>dim E% + dim E% —n (51)
>k+(n—1)—n (52)
>k—1 (53)

Then, there is only room left for at most 2 eigenvalues, specifically, at most a pair
of conjugate ones.
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Assume that this pair of eigenvalues exists. Since the diagonal of G, contains
—1+ 2, the trace of Uy is:

trace(Uy) = ((n — k)(+1) + k(—1)) <—1 + 2) (54)
:—n+2k+2(1—2§> (55)

The sum of the eigenvalues is equal to the trace and we already have eigenvalue —1
with multiplicity » — k — 1 and eigenvalue +1 with multiplicity £ — 1. The sum of
these n — 2 eigenvalues is — + 2k. Then the sum of the two missing eigenvalues must
be 2(1 — 2%). Let us denote them by 4 and 4; . We must have Re (4;) =1 — 2% Then,
since |4| = 1 we have

n

e = (1—2k) +i2 Te(n — k) (56)

Considering the eigenvalues of —G,, and I, it is trivial to show that the dimensions
of the eigenspaces of the oracle are:

dimE°=M and dimE?=N.-M (57)
5.3 Upper bound on the dimension of the complement

The eigenvalues of U belong to {71, +1, A A } where k € [1,n — 1]. Then, there
are 2+ 2(n — 1) = 2n eigenspaces of U.

Forj €1, 2n] let a; be the dimensions of these eigenspaces and f8; the dimensions of
their intersections with E. An eigenvector of U is in an intersection if and only if it is
orthogonal to E°. Then, because the dimension of E° is M, we have p izaj— M.

Consequently
2n 2n
> B2 aj—2mM (58)
j=1 j=1

Obviously, we have sz’:la i = N,, so that
2n
> Bj2N, —20M (59)
=1

It follows that the dimension of the complement has an upper bound:
dim E, <2nM (60)

This is a remarkable result—despite the fact that the dimension of the Hilbert
space grows exponentially (N, = #2"), the dimension of the complement grows only
linearly with #.
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5.4 Fast computation of the joint eigenspaces
5.4.1 Introduction

To check our theoretical upper bound, we propose an efficient algorithm for fast
computation of the joint eigenspaces.

We have to compute orthonormal bases of joint eigenspaces of U and O. The
dimension of E? is small, hence, it makes sense to define it by an orthonormal basis
generating the eigenspace. However, the dimension of E? is large (greater than N, /2).
Hence, it is computationally more efficient to define it by an orthonormal basis of its
complement (which is E%). Indeed dim E° < dim Ef. We then have to design an
algorithm adapted to each case.

5.4.2 Intersection of two eigenspaces defined by orthonormal bases

Let us consider a matrix A whose columns are an orthonormal basis of an
eigenspace of U, and a matrix B whose columns are an orthonormal basis of E°.
Set p and ¢ to be the number of columns of these matrices (their number of rows
being N,). We want to compute an N, X » matrix / whose columns are an
orthonormal basis of the joint eigenspace (whose dimension we have set to be 7).
We propose the algorithm below, which is a straightforward adaptation of Theorem 1
in ref. [20].

First, we compute the p x g matrix C below:

C=A"B (61)
Then, we compute the SVD of C:
C=USV! (62)

Denote by s;, the singular values (the diagonal elements of S;) and determine » such
thats, >1—efork =1, ...,7,and s, <1 — e for k> . Here ¢ <« 1is a very small positive
value introduced to take into account the presence of small errors due to computer
finite precision arithmetic. Finally:

J=AU.(:,1:7) (63)
Or, equivalently, ] = BV,.(:,1:7).

5.4.3 Intersection of two eigenspaces, one of them being defined by an orthonormal basis of
its complement

Let us consider a matrix A whose columns are an orthonormal basis of an
eigenspace of U, and a matrix B whose columns are an orthonormal basis of the

complement of E? (that is E?). First, we compute the p x g matrix C (Eq. (61)). Then,
we compute the p X » matrix (»r <p) Z below:

Z = null(C*) (64)

185



Matrix Theory - Classics and Advances

2° v dimE;",
-1 any 4 or 4; 0
+1 Zo=+1 321
+1 Aor i 4
+1 Aor Ay 18
+1 Az or A3 32
+1 Ag O Ay 32
+1 As or A5 18
+1 A6 Or A& 4
11 d=-1 321
Table 3.

Joint eigenspaces of O and U for n = 7 and M = 3 solutions located at nodes 2,8, 9.

and we obtain an N, x » matrix ] whose columns are an orthonormal basis of Eﬁjf
from:

J=AZ (65)

The justification of the algorithm is as follows. The g columns of C are a basis of the
projection of Imm(B) into Im(A), the components being expressed in the basis of Im(A)
The complement of Im(C) in Im(A) is the desired intersection (expressed in Im(A)).
The columns of Z are an orthonormal basis of this intersection. Finally, Eq. (65)
restores the components in the original space.

5.5 Simulation results

Consider a hypercube of dimension n = 7 with M = 3 solutions located at nodes
2,8,9. The dimension of the state space is then N, = #2" = 896. From the discussion
above, we know that the dimension of the complement is upper bounded by 2zM = 42.

The algorithm gives us the dimensions of the joint eigenspaces of U and O

(Table 3). The sum of the dimensions of the joint eigenspaces is then szzlﬂ =858,
from which we obtain the dimension of the complement:

2n
dimE, =N, - ;=38 (66)

j=1

We can see that, as expected, this dimension (dim E, = 38) is much smaller than
the dimension of the original state space (IN, = 896). We can also check that it is less
than the theoretical upper bound (2#M = 42), as expected.

6. Conclusions

The recent growth of research on quantum communications and quantum infor-
mation processing opens new challenges. In this chapter, we have shown that matrix
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theory concepts, such as JEVD, are powerful tools to propose new theoretical results as
well as efficient simulation algorithms.

In the domain of quantum coding, we have shown how to determine the encoding
matrix of a quantum code from a collection of Pauli errors. On a more speculative note
to be part of future work concerning interception of quantum channels, it might also
be useful to identify the quantum coder used by a noncooperative transmitter.

In the domain of quantum walk search, thanks to JEVD we have proved that there
exists a small subspace of the whole Hilbert space which captures the essence of the
search process, and we have given an algorithm that allows us to check this result by
simulation.
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Chapter 9

Transformation Groups of the
Doubly-Fed Induction Machine

Giovanni F. Crosta and Goong Chen

Abstract

Three-phase, doubly-fed induction (DFI) machines are key constituents in energy
conversion processes. An ideal DFI machine is modeled by inductance matrices that
relate electric and magnetic quantities. This work focuses on the algebraic properties
of the mutual (rotor-to-stator) inductance matrix Ly its kernel, range, and left zero
divisors are determined. A formula for the differentiation of Ly, with respect to the
rotor angle 0, is obtained. Under suitable hypotheses L, and its derivative are shown
to admit an exponential representation. A recurrent formula for the powers of the
corresponding infinitesimal generator Ay is provided. Historically, magnetic
decoupling and other requirements led to the Blondel-Park transformation which, by
mapping electric quantities to a suitable reference frame, simplifies the DGI machine
equations. Herewith the transformation in exponential form is axiomatically derived
and the infinitesimal generator is related to Ag. Accordingly, a formula for the product
of matrices is derived which simplifies the proof of the Electric Torque Theorem. The
latter is framed in a Legendre transform context. Finally, a simple, “realistic” machine
model is outlined, where the three-fold rotor symmetry is broken: a few properties of
the resulting mutual inductance matrix are derived.

Keywords: mutual inductance matrix, Blondel-Park transformation, exponential
representation, infinitesimal generator, zero divisors, circulants, broken symmetry

1. Introduction

Three-phase, doubly-fed induction (DFI) machines have a long history [1-4] and
continue to be key constituents in energy conversion processes [5, 6]. Motivation for
modeling a DFI generator comes from the need to deal with intermittency in the
primary energy supply (e.g., the wind field) and with uncertainty in the load (i.e., the
grid). Similarly, the modeling and control of a DFI motor can improve the efficiency
and reliability of electric-to-mechanical work conversion. The equations modeling the
ideal DFI machine have been studied for more than a century. Results in modeling and
control [7-13], including those which derive from numerical simulation, demonstrate
how attention to the DFI machine is being continuously paid. In essence, the ideal three-
phase machine model centers on two matrices, on which this work focuses: the rotor-to-
stator mutual inductance matrix, Ly [.], which depends on the “rotor angle” 6, and
characterizes the machine itself, and the Blondel-Park transformation matrix, K[.],
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which depends on another angle and describes a change of variables, from the {abc}
reference frame (Section 2) to the {dg0} reference frame (Section 4). Both matrices,
L, [.] and K[.], appear in the Electric Torque Theorem (ETT) which relates mechanical
to electrical variables and as such represents the raison d’étre of the DFI machine. Stated
in the {abc} frame, the ETT is a straightforward application of energy balance, once a
Legendre transformation (Section 5.2) has been introduced and co-energy accordingly
defined. Instead, the proof, in fact the translation of the ETT in the {dg0} frame
(Section 5.3), requires all relevant properties of L, [.] and K[.] to be known. For this
reason, in Section 3 the kernel, the range (Proposition 1), the classical adjoint and the
left zero divisors (Proposition 3) of Ly,[.] are determined. Derivation benefits from L[]
being a circulant matrix [14] (Lemma 1) and from its eigenvalues representing the
discrete Fourier transform of a 3-sequence [15] (Proposition 2). Special attention need
two constant matrices, A and its square (Lemma 2), because they relate differentiation
of L, with respect to 6, to multiplication (Theorem 1). In a suitable subspace of R3, L,
admits an exponential representation (Theorem 2) with A as infinitesimal generator.
Section 4 is devoted to K[.]: its structure, as well as its exponential representation with
generator —Ay, is inferred by satisfying, in sequence, a list of requirements (Proposition
4 and Theorem 4). The key formula for the product of matrices (Theorem 5) is then
applied to prove the ETT in the {dq0} frame in one step (Theorem 6). An attempt is
finally made in Section 6 to deal with a “realistic” machine model, where the three-fold
rotor symmetry is broken: the b and ¢ rotor axes are misaligned by angles ¢, and ¢.. To
second-order in ¢, and ¢, there exists a constant B which relates differentiation to
multiplication of the approximate inductance matrix (Proposition 7).

2. The ideal doubly-fed induction machine

Definition 1. (Three-phase, ideal DFI machine) [3, 4]. A three-phase DFI machine is
said ideal whenever its stator and rotor windings exhibit three-fold symmetry. More-
over, magnetomotive forces and flux waves created by the windings are sinusoidally
distributed and windings give rise to a linear electric network.

Remark 1. (Neglected phenomena). Higher harmonics, hysteresis, and eddy currents
are excluded by the model. Deviations from three-fold symmetry will be addressed in
Section 6.

Notation. ({abc} frames). The most natural frames where three-phase stator and
rotor voltages and currents can be represented are the {abc} frames. For example, the
stator currents are an ordered triple which one agrees to represent as a vector

T{abc}s = [jm jhx ij TrSER3’ (1)

whose components are functions of time ¢ € ¥. A similar notation will hold for
other electric quantities. Unless otherwise specified, all vectors are understood in R>.

Hp. (Function class). Dependence of all quantities of interest on time is assumed as
smooth as required.

Definition 2. (Balanced triple). An {abc} current triple is balanced or is a trivial
zero sequence, whenever

Jatj,+j. =0, VieZ. @)
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Such sequences define the subspace B C R®, a plane through the origin; the

corresponding notation is 7% €B.

Notation.

0,[t] € [0, 2x) is the electric rotor angle at a time ¢, formed by the rotor ar axis with
respect to the stator as axis.

B,[t] € [0, 2x) is the electric rotor angle at a time ¢, formed by 4 axis with respect to
the rotor ar axis (Section 4).

B,[t] €10, 2x) is the electric rotor angle at a time ¢, formed by d axis with respect to
the stator as axis (Section 4).

—)/

J {abc}r:
where N, and N; are the rotor and stator turns.

A boldface, roman capital denotes a matrix in M[Now, Neol] of Niow (>2) rows
XNeo (22) columns.

a,, , is the cofactor of entry {m,n} in A€ M[N, N|, where Niow = Neot = N (>2).

|a,; ] is the corresponding matrix.

adj[A] is the matrix adjoint to A € M[N, N], obtained by transposing |4, ,].

u) (v is the dyadic product of the column vector # by the row vector v, both eR3.

15 is the 3 x 3 identity matrix.

The end of a Proof is marked by ><, that of a general statement or of a Remark
by ¢.

The electrical network equations which describe the dynamics of the three-phase,
ideal DFI machine are well-known [3, 4], as a consequence they are omitted.

_
= % j {abe}r is the stator-referred (stdnder-bezogen) vector of rotor currents,

3. Group properties of the mutual inductance matrix

By letting ¢ = 27, the rotor-referred (liufer-bezogene) form of the mutual induc-
tance matrix is [3, 4]
cos [6,] cos [0, +¢] cos[6, — ¢
L [0,] = | cos [0, — ¢] cos [6,] cos [0, + ¢ 3)
cos [0, + @] cos[f, — @] cos [0,]

Given L, [0,] one defines the stator-referred (stdnder-bezogen) rotor-to-stator
mutual inductance matrix

N
L;r [97] = ﬁy

s

Lm:Lsr [0,,] ) (4)

where L, (> 0) is a constant parameter. Hereinafter, the dependence of the
involved matrices and of related quantities on 6, will be shown only if mandatory. The
following properties hold because rows two and three of L, are right shift-circular
permutations of the first row and because all row-wise (and column-wise) sums of L
vanish.

Proposition 1. (Eigenvalues of Ly, and their implications).

* The eigenvalues of L, are yy = 0, p, = 3e*.
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e det[L,] = 0, V6,
« dim[Ker[Ly]] = 1 and Ker|L,] = {7eR3| =g, = j3} = R,, V0,

* dim[range[L,]] = 2 and range[L,,] = B, V6,,

Remark 2. (Orthogonal decomposition of R®). The last two properties in the list translate
the orthogonal decomposition

R® = Ker[L,] @ range[Ly]
- er (&) B 5 (5)
j = j Ry + j B

where the straight line &, : {j, = j, = j;} is the normal to the plane
B {j,+Jj,+j; =0} of Eq. (2).

Lemma 1 (Eigenvalues of a permutation matrix, pp. 65-66 of M. Marcus and H.
Minc’s textbook [14]). For a general N(>2) and for an N x N matrix P, a.k.a.
“circulant”, which results from the right shift-circular permutation of the first row
[co ¢cN-1 cN_2 ... c1], one denotes e:=e>”/N and introduces the polynomial y[.] of
degree N — 1 in the complex variable ¢

N-1
w(C] = chgﬂ : (6)
n=0

The possibly multiple eigenvalues {y,|0 <k <N — 1} of P are obtained by letting
¢ = €” and evaluating y[e”] form = 1,2, ..., N. Since ¢" := elZ7m/N there exists only
one value of 7, denoted by ¢, at which all powers of ¢ appearing in y|.] are equal:

e =¥ =¢¥ = ... = eW-U7 = 1. Such value is # = N. Therefore
N-1
w[e"] =) ¢, =w|[e’] when £=N . (7)
n=1

N-1
¢, =0 (8)
n=1
is exhibited by the rows of P, then
wleV] =0=pu, . 9)

Such eigenvalue is algebraically (and geometrically) simple.

Remark 3. (Features of y|.], k and n). The polynomial y[.] shall not be confused with
any of the polynomials annihilated by P. There is no correspondence between the
eigenvalue label k£ and the ordering of powers induced by .

Proof of Proposition 1. Since L, [0,] is a circulant matrix of the sequence {cg ¢, ¢1}
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co € (1
LSV[H] = 1€ Co O (10)
c) €1 Cp
and
cotci+e=0, V6,€[0,21] , (11)

then Lemma 1 applies with N = 3. Hence # = 3. In the first place, y, is indepen-
dent of 6,. Next, one verifies the other two eigenvalues, . = 3e*%, are respectively

returned by ye] and by w[e?] and do instead depend on 6,. The property
dim[Ker[L,]] = 1 derives from the algebraic simplicity of 1y = 0. From Eq. (11) one
deduces Ker[L] = 8. The properties of range[L,] are not independent of those of
Ker[L,|: namely, they follow from orthogonality, as highlighted by Eq. (5). ><
Proposition 2. (Eigenvalues of a circulant as the discrete Fourier transform of a
3-sequence [15]). Let ¢ be as in Lemma 1. The discrete Fourier transform
b = {bo b1 by} of a 3-sequence c®:={cq ¢1 ¢} is obtained, in terms of row
vectors, by

1 1 1
(l’)o bl 192) = (CO C1 (,‘2) -1 € 62 = (CO 1 6‘2) -T . (12)
1 e ¢

The circulant P[c®] assembled from ¢® is diagonalized by T according to

by 0 0
P[c<3>} —T'. |0 b O -T. (13)
0 0 b

Application to Ly, of Eq. (10) requires a permutation of the first row:

(14)

© R o
~

1 0
(Ho 1 H2) =(co c2 ¢1)- |0 O
0 1

Lemma 2 (The matrix Ao and its properties). Let the matrix Ag be defined by

o1
Ag=—| 1 0 -1|. (15)
V3 1 1 0

Its properties are the following.

* (Determinant, rank, eigenvalues, eigenspaces).

detAp =0 ; rank[A¢] =2, (16)
=0, h=—-1, Lh=+i. 17)
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There is an eigenspace of dimension one, X[A¢], which corresponds to 4¢:
Xo[Ao] = Ker[Ag] = Ker[Ly| = Ry (18)

* (Left zero divisors). The constant, nontrivial left zero divisors of A are given by
dyads

—

z [Z} =)(1 (19)
where ¢, k = 1,2, 3, are real constants with ¢, # 0 for at least one k.

* (Dyadic representation). The matrix Ay admits no “algebraic” dyadic
representation of the form

Ao = a)(b (false) (20)
with constant a,, b, €R, k =1,2,3.

* (Sign reversal). There exists no left zero divisors of A¢ which, added to Ay,
reverses its sign.

* (Recurrent formula for powers of Ag). Given A and

1~> —
A§=—13+§1)(1, (21)

the powers of Ay are obtained from
Ag _ (_1)1+((1173)%4)/2A(2)—(7L—2)%2, n> 3’ (22)

where (n — 3)%4 stands for the remainder from integer division of (n — 3) by 4
and the “/” (slash) denotes division between integers; similarly, (» — 2)%?2 stands for
the remainder from integer division of (» — 2) by 2.

Proof of Lemma 2. The properties described by Egs. (16)-(19) are immediately
verified, as well as the nonexistence of an algebraic dyadic representation. The state-
ment about sign reversal is proved by contradiction. To obtain the recurrent formula
for powers of Ay one computes Ag (= —Ap) and Ag (:—A%), then one examines the
higher powers Ag and the sequence formed by their signs. Since the sequence has
period 4 and reads — — + + — — + + -+, then the exponents of both Ay and (—1) in
Eq. (22) can be determined. >«

Remark 4, to Lemma 2.

s Let 4) in Eq. (20) be replaced by V), then there exists a C', divergence-free

vector field ? giving rise to the “differential” dyadic representation of Ag
1

Ao:7?_)V)(f. (23)

N
The system of first-order linear partial differential equations to which f is the
solution is obtained by comparing like terms in the arrays.
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* Asalready noticed in the proof, A cannot be a left zero divisor of itself. (In fact,
A(z) is given by Eq. (21)).

* Obviously, there is no way of including # = 0 in any recurrent formula for the
powers of Ag, of which Eq. (22) is an example because det[Aq] = 0.

* As one can easily verify, the eigenvalues of A% are Ag = 0, 4; = —1. The latter has
algebraic multiplicity &y = 2 and geometric multiplicity y; = 1. As a consequence,
its eigenspace, X'y [Aé] , not only has a dimension a1 — y; + 1 = 2 but complies with

X1[A]] =B (24)
as well. In other words, by recalling Egs. (5), (18), and (21),
A) = 130y or A} -y = —yy, VyeR? (25)

i.e., A] coincides with —1; restricted to the subspace 8. ¢)
Proposition 3. (The matrix Ly[.]: trigonometric decomposition and classical adjoint; the
left zero divisors of L[], their kernel and range).

* (The matrices C and S). Ly, [0,] is a linear combination of trigonometric functions
according to

L, [0,] = Ccos [0,] + Ssin [6,], (26)

where C and S are the constant, 3 x 3 matrices

0o -1 1
3 1— — V3
C=>1,--1)(1 ;8S=| 1 0 -1|%. (27)
-1 1 0
* (Relations between Ao, C and S).
C:—%Aé, s:ng. (28)

* (The classical adjoint matrix). The classical adjoint to L,.[0,] (= transpose of the
cofactor matrix) is

adj[Ly[6,]] =%T)(T , Voe[0,2x] . (29)

* (Left divisors as dyads). If f,].], k = 1,2, 3, denote real-valued functions of class

cM ([0,2x]) (for some M), one of which, at least, does not vanish identically, then
a left zero divisor Z (linker Nullteiler) of L, is a rank one dyad

z|f1o] = Fionc (30)
forming an algebra {Z} = 3.

* (Kernel of the Z%).
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Ker(Z) =B , VZ€e3. (31)

Proof of Proposition 3. The identification of C and S follows from expanding the
cos [. £ 27 entries in L. In order to determine adj[Ly,] one starts from a relation
which is one of the many formulas due to Laplace [16]

adj[A] - A = det[A]1y = A - adj[A] (32)

and holds for a general A € M|N x NJ; then one recalls det[L,,] = 0 and the 8,-
invariance of uy of Eq. (9): one can thus compute the classical adjoint to either
constant matrix, C or S, whichever is simpler to deal with; the result is the dyad on the
right side of Eq. (29), a result which holds V0,. The search for left zero divisors of L,
as dyads like that of Eq. (30) is suggested by Egs. (29) and (32) because adj[Ly,] must
be a zero divisor of Ly,. The most general form of a left zero divisor Z is inferred from
Eq. (11): since all column-wise sums of Ly, vanish, the columns of Z must be equal.
Therefore such divisor, if non-trivial, has rank one and is obtained from the dyadic
product of Eq. (30). Finally, Eq. (32) and the orthogonal decomposition Eq. (5) imply

Ker[adj[Ly )] = Ker[Z] = range[Ly,] (=B) . (33)
Ker[L,] = range[adj[L,,]] = range[Z] (= &) . (34)

><
Remark 5. (Duality; divisors; other properties of Ly).

* From Egs. (32-34) one says L, and adj[L,,] are dual to each other.

* The constant, nontrivial left zero divisors of Ly, are those of Eq. (19). By
consistency, the matrices C and S of Eq. (26) not only have the same classical

adjoint as Ly [0,] has but have all and the same zero divisors, because Eq. (26)
holds V@,.

* Right zero divisors are obtained by transposing the left ones.

* Nonexistence of the representation of Eq. (20) prevents Ay it from being a left
zero divisor of Ly, [.]. Nor can Ay be, as Egs. (28) and (22) show, a divisor of either
C or S taken separately.

* If £, stands for the subspace of functions ?H € (C°([o, 27r]))3 complying with
nyW[HV] . ?[6,](167 = 6, and ifai,lf), m=0,1,2,-, b m = 1,2, ---, are the cosine

m
and, respectively, the sine Fourier coefficients of the (real-valued) components

il k=1,2,3 of ?[], then

fegeo{{al’ =a? =al’} and {p) = =1, (35)

Remark 6. (The physical meaning of Ly,, C and S). As Eq. (5) suggests, given any
instantaneous current vector T[t] € R3, left multiplication by Ly, [6,[t]] returns a bal-

anced current triple 7% [t] € B. This follows from the three-fold symmetry of the ideal
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DFI machine, mirrored by the structure of L,[.]. Moreover, the C term of Eq. (26)
represents the opposite of reactive torque, whereas the S term represents active

torque.<)
Theorem 1. (Differentiation of Ly, with respect to 0,). Let Ag and Z [?} be respec-

tively given by Egs. (15) and (19). Then the derivative of Ly, with respect to 6, is the
set-valued map

(Am+zFD-ane(i§)@L 36)

Notation: a convenient notation is (‘g;) [6,] = M[6,].

Proof of Theorem 1. Differentiation of L, [0;,] as represented by Eq. (26), and the
use of Eq. (28) yield

(aalg:) [6,] =>Agcos[0,] +>Ajsin[6,]. (37)

One seeks for a constant matrix B; which complies with
3 3 .
EAO cos[0,] += AO sin [6,] = By - Ccos [6,] + By - Ssin [6,]. (38)
The application of Eq. (22) leads to
B; = Ao. (39)

Then, the whole set of constant matrices B complying with 2 ” “B - L, is obtained by
adding to B; a left zero divisor Z {c} as of Eq. (19)

B:A0+z[?] (40)

The result justifies the notation for

The above Eq. (36) means aL"[H’ 7 = (Ao + Z[CD - Ly [6,] - ] s V] ER3. In spite

of this last relation, the search for an exponential representation of Ly, [.] and for a one-
parameter (6,) group acting on the whole of R is ill-posed. Namely, L,[0] is not
invertible, hence one cannot normalize L by L,[0] and no unit element of the group
can be defined. To a greater extent, the search for a generator for the group would
make no sense. Nonetheless, an exponential representation is obtained in the
subspace ‘8.

Theorem 2. (Exponential representations on B). If 7 € ‘B then the following hold.

L] T =3¢ . vjen (41)
and
M[6,]- j =M[0]-eA . | vieB (42)
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with

M([0] = ng. (43)

Proof of Theorem 2. A matrix J[6,] is sought for, which, like L[6,], splits into a
cos[.] and a sin[.] term as in Eq. (26) and, unlike L, [.], satisfies J[0] = 15. As Egs. (28)
suggest, one solution is

2 2 1=\ /= 2
ICAES 13cos6’y+§Ssin97 =3 <C+§1) (1) c059y+§Ssin67 ) (44)

Next, one requires 0,-differentiation to coincide with the multiplication of J[.| by a

constant matrix H

(57 )0 =700 (45)

By identifying terms like trigonometric functions one obtains the pair

2.2 _ . 2 T . —
{H_gs, §H-s_—13} ie. {H T =15, V] eos}. (46)

One solution, modulo left zero divisors, comes from the properties of A% in
Eq. (25):

H=A, . (47)

Hence J[6,] = e?A0. The proposed representation of L[] is

1 — =
L, [6,] = Sem 1 1)(1 cos®, . (48)
2 2
Consistency with %';;: [.] implies
) 3 1= = .
(69 )[9,]ZEAO-][HV]—&-El)(lsmH, : (49)

Since 7 € ‘B, then the rightmost dyads in Eqs. (48) and (49) return 0 when right
multiplied by 7 Replacing A, in Eq. (47) by the B of Eq. (40) does not change the
results (Egs. (48) and (49)) because

S22 T =0, vies, vz[?]eg . (50)

><
Theorem 3. (Symmetry properties).

Lg;rs [97} =L [—9,,] (51)
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M™[9,] = —M[-6,] (52)
Ly, Ao]=0. (53)

Proof of Theorem 3. The first two relations are immediate. The third one follows
from the representation of L, as linear combination of powers of A according to
Egs. (26) and (28). >«

4. The Blondel-Park transformation and the rotation group
4.1. Axiomatics of the transformation

The Kirchhoff voltage and current laws bring redundancy into the {abc} frame
representations. In order to remove said redundancy, another frame, called {dq0}, is
introduced, where only two components of a vector shall matter, the direct one, d,
and the quadrature component, g.

Definition 3. (The dq0 frame). Let {dq0} denote a reference frame for electric
quantities of axes 4 and ¢, subject to five specifications.

d.1) The new frame shall be suitable to represent both stator-referenced and rotor-
referenced quantities.

d.2) The component of a stator-referenced quantity with respect to both the direct
or d axis and the stator as axis shall be represented by the same function of angle,
evaluated at arguments which differ by g,. Similarly for variables pertaining to the
rotor ar: the phase difference shall be ,.

d.3) The above angles are related by

By = Py + 6r. (54)

d.4) The quadrature or q axis shall be orthogonal to d in the L?([0, 2x]) sense: if w,].]
and w, [] are the d- and g-components of a (generally complex-valued) signal | ]
which depends on 7, then: [Z"wq[n] *w,[n]dy = 0.

d.5) The third entry wy|.] of a vector w[.] in the {dq0} frame shall be equal to the
sum of its {abc} components. (For this reason, such a sum is called “zero sequence”,
or Nullfolge, and may be trivial or not).

Problem 1. (The {abc} to {dq0} transformation problem [3, 4, 6]). Find a transfor-
mation K[.] that maps a vector W, (a physical quantity) from the {abc}s and,
respectively, the {abc}r frames to a vector w,, in the {dg0} frame, as specified by
Definition 3 and

K1) is invertible and linear;

K .2) conserves instantaneous electric power;

K.3) has the same functional form for both stator and rotor quantities,

K.4) depends at most on one real parameter, an “electric angle”, which may be
different for stator or rotor quantities;

K.5) is of class C" at least with respect to that parameter;

K .6) magnetically decouples flux linkages [6].

Proposition 4. (Matrix representation). A solution to Problem 1 which applies to a
three-phase machine exists and is the Blondel-Park [1, 2, 7] transformation K]
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cos[y] cos[y—¢]  cosn+ ¢

K] = %—si;[n] —sin[lﬂ—(/)] —sin[1n+(/)] , (55)
V2 V2 V2

where 7 stands for an electrical angle. One has
ﬁ)qu[t] = I<[’7[t” 'wubc [t] (56)

and wolt] = (wa + wyp + w,)[t], V¢ and, if w(t] has a period 27, $w,[tlw,[f]dr = 0.
Proof of Proposition 4. The structure of K[.] can be inferred by satisfying, in
sequence, requirements K.1, K.2, K.6, d.4, d.5. The Ansatz

K[y = Ko - e'F, (57)

where Ko = K[0] and F is a constant matrix, is shown to be consistent with all
requirements, hence the entries of Ky and F can be identified. No further details can
be provided for reasons of space. ><

Remark 7 to Proposition 4. (On the exponential representation of K[n]). As a result of
work at proving Proposition 4, K[| defines a one-parameter () group of unitary (power
preserving) transformations, represented by Eq. (57). Since Ky is invertible, then

R[7]:=K;" - K] (58)

and R[0] is the unit element. The existence of the composition law is implied by the
Ansatz. Obviously, det[K[y]] = 1 implies det[R[n]] = 1, Vx. .

Theorem 4. (Infinitesimal generator). The infinitesimal generator F of K[.] is Ko-
similar to the opposite of the infinitesimal generator A; of rotations about the X3 axis

of R3 according to
F = —K[0] ' A3 - K][0] (59)
and is related to the A of Eq. (41) by
F=—-A,. (60)

Proof of Theorem 4. From Eq. (55)

. . 2z 27
—sinfy] —sin ;7—? —sin n—ﬁ—?
dK 2
i _ 2 2 2 (61)
dn 3| —cos[y] —cos n—=| —cos n—l—?
0 0 0
and the constant matrix B satisfying d%”] =B ﬁ[n] reads
0 1 0
B=|-10 0|=-A,;. (62)
0 0 O
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Next, the infinitesimal generator of R[.] Eq. (58) is identified according to

In other words, the matrix F:=K," - B - Ky is the sought for infinitesimal generator
of the group R[.]. This proves Eq. (59). The relation between F and B is to be expected
(e.g., § 2.5 of Altmann’s textbook [17]). Finally, Eq. (60) follows from direct
verification. ><

4.2. The product of matrices formula

Theorem 5. (The formula). Equations (54), (57) and (42) imply

K[3,] - (a;;’ ) 6, - K[g,] " =Ko -M[0] - Ky = %A3 . (64)

Proof of Theorem 5. The proof branches out according to which current triple is
being dealt with.

* (Balanced current triple = trivial zero sequence). Let 7 {abe} € B, then, by Egs. (42),
(57), and (60) and applying transposition

KI5 (57 )01 KIp 1 = KIp) - Mo ] KIp ] = Ko -4 M, 40 Ky =

= Ko -M[-f, + f, + 6] Ky' =Ko M[0]- K" = A,

(65)

* (General current triple). For general 7 {abe} € R? no exponential representation is
available. In analogy with Eq. (26) one identifies the constant matrices P, Q and

R giving rise to K[y] = \@P cosy + \/gQ siny + %R. The product M[6,] - K }[3,],
after simplification, turns out to be an affine function of cos [0, + $,] and

sin [, + f,] which in turn depend on angle sums: products of the involved
matrices hide an addition formula for angles on which trigonometric functions
depend. Taking Eq. (54) into account, left multiplication by K[,] leads to a
polynomial in cos [3,] and sin [,] with coefficients like P- C - Q™, R - C - PT™
and so forth. All §-dependent terms in the polynomial disappear. Eventually, the
only non-zero term is %P .C-Qs = 3 A3, a constant. ><

Remark 8. (Prior results). To the best of the authors’ knowledge, the role of the
Blondel-Park transformation in realization theory was pointed out by J.L. Willems [8],
who derived the exponential representation of K[.] while obtaining a time-invariant
system from time-varying electric machine equations. The group properties of K[.]
have been known for some time (e.g., [9], p. 1060). Instead, the relation of F to Ay, at
least in the form of Eq. (60), the relation between exponential representations of K|.]
and L, [.], and the roles played by the left zero divisors of L[.] and by the subspace B,
seem to have been overlooked so far.{)
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5. Electric torque
5.1. The electric torque law in the {abc} frame

From the principles of analytical mechanics, the following relation can be deduced
[3, 4] for the ideal DFI machine in generator mode. The relation involves previously
defined quantities, namely stator and rotor currents and a machine parameter, the
L[] of Eq. (4), and a quantity, the electric torque 7 ;,, which has not yet been
mentioned herewith. As a consequence, the relation can be regarded as the physical
“law” which defines 7 .

Definition 4. (Electric torque in the {abc} frame). Let the ideal DFI machine have P

poles and be described by current vectors 7 {abe}s and 7/{611”}7. The electric torque in
generator mode is defined by

T

P e a6
3 J

{abcls a—gr J {abcyr - (66)

elg =

The relevance of Eq. (66) sits in the link it establishes between electric quantities and
a mechanical one: in generator mode, it is the torque produced by, usually a working
fluid, on the DFI machine shaft which, through a suitably excited rotor, gives rise to
electric currents in the stator coils; in motor mode power flow from machine coils to the
shaft is reversed. All machine control laws rely on Eq. (66) in order to be implemented.

5.2. Co-energy and the Legendre transform

Ansatz. (Internal energy). If S is entropy and T is temperature, then the first
differential of internal energy U of an electric machine with one mechanical degree of

freedom, 60,,, at constant volume V and numbers of moles N , is
— —
dU =TdS+ j -dA — T, d6,, (67)

where 1 is the vector of flux linkages, 7, is mechanical torque in motor mode
(opposite to that in generator mode), and 6,, is the shaft angle.

A consequence of the Ansatz is the following.

Proposition 5. (Relation between motor torque and internal energy).

oUu
Tel,m = - () . (68)
00m) sv.N,i

Definition 5. (Legendre transform of energy with vespect to flux linkage). Let A C IR?
be a subset where U is at least twice differentiable and convex with respect to 7 and
let 17 denote the variable conjugate to 7{ Then the Legendre transform Y of energy U
with respect to 7 is defined by

V[S.ViN.B,0| =sup (p-7-U[S,V.N,7,6,]). (69)

ZGA
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Remark 9. (Conjugate variables; motor torque; differential geometric setting).

e . . . _o>
* p coincides with j and one has

V+U=7 1. (70)

* Motor torque can thus be rewritten as

oy
Tel,m = (W) . (71)
m/ S,V,N,j

* The extensive variables on which energy depends are S, N R 7 and 0,,, and as such
are coordinates of the dynamical system’s manifold V. Instead, the intensive
variables T, y (vector of chemical potentials), 7 and 7, belong to the system’s
co-tangent bundle T* N [11, 13]. Upon a multivariate Legendre transformation,
as many extensive variables can be replaced by their conjugates, which are
intensive variables.{)

Remark 10. (Y vs. W}M). By identifying U with “the energy Wy, stored in the

coupling fields” of an electric machine having P poles, the rotor of which forms the
mechanical angle 6,, in the stator frame, one has the following relations:

* the electrical angle 6, is related to the mechanical angle 8,, by 9, = gem
(multiplier effect of P);

* usually [3, 4] 7, is related to “co-energy” Wp, [T{ch}j, Gy} by

aW/ﬂd [T{abc}x’ er} _ l_jaw/ﬂd {T{ﬂhc}f’ 07}

T
o 00, 2 00,

(72)

In other words,

Wiy = | (73)

S,V.N,j
%
Remark 11. (Models of real machines). The relation between ) and torque applies to
any machine and can, in principle, deal with any functional dependence between 1
and 7 Nonlinear 1 {7} relations [9, 10, 12] become of interest when saturation of the

magnetic circuit has to be modeled. Hysteresis and the related energy losses pose
further difficulties. ()

5.3. The electric torque theorem in the {dg0} frame

Translating Eq. (66) into the {dq0} relies on relations between K|.]-transformed
current vectors which involve all three angles, f; , f, , 0,. Translation is made
remarkably simpler by Theorem 5.
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Theorem 6. (Electric torque in the dq0 frame). For an ideal DFI machine, the electric
torque in generator mode and in the {dg0}-frame is the following bilinear form for the
matrix As:

Jar
P3N [ ‘
Tel,g = E E _SL”“ |:]ds ]qs /] ’ A3 ’ ]qr (74)
v/
which simplifies to
P 3 N, g
Tag=+5 3 §lm (st Jar — Jos J;r) (75)

Proof of Theorem 6. It suffices to combine Egs. (66), (56) and (64). The matrix A;
makes the 3" entries of current vectors not relevant (v). ><

6. A “realistic” machine model

Real machines deviate from the hypotheses which have led to the relatively simple
form of the equations discussed so far. A satisfactory model shall account for one or
more of the following features:

(a) the effects of tooth saliency and slots on the linked fluxes,
(b) deviations from three-fold symmetry,

(c) the instantaneous dependence of self-and mutual inductances on current,
when the magnetic material is not linear,

(d) memory effect in a non-linear, hysteretic magnetic material.

Models which, step-wise, account for features () to (4) are “realistic” in the sense
of Fitzgerald and Kingsley [3]. Features listed under (a) are relatively simple to model
if three-fold symmetry is assumed: very briefly, higher harmonics are introduced
which, because of linearity, can be dealt with separately. Instead, broken symmetry
may be of some interest: the model outlined herewith focuses on feature (b) and
consists of constructing a “realistic” mutual inductance matrix, then determining its
algebraic (determinant, eigenvalues) and analytical (6,-derivative) properties.

Definition 6. (Broken symmetry in the rotor). At fixed 6, the rotor ar axis forms
angles 0,, 6, — ¢ and 0, + ¢ with the as, bs and cs axes respectively. With ¢, and e,
satisfying

3¢,

2r

3¢,

0<|=—
2n

<<1 (76)

>

the rotor br axis forms angles 6, + ¢ + €3, 0, + ¢, and 0, — ¢ + €, with the as, bs
and cs axes respectively. Similar relations hold for the rotor cr axis in terms of e..
As a consequence the mutual inductance matrix is
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cos [0,] cos[0,+ ¢ +ey] coslf—@+el
L [0, €p, €] = | cos[0, — ¢] cos [0, + €] cos [0, + ¢ + €] (77)
cos [0, + @] cos[0, — ¢+ +ep] cos [0, + €]

Because of broken symmetry, Ly [0;; €5, €] is no longer circulant. However, its
column-wise entries add to zero and the following properties hold.
Proposition 6. (Kernel, adjoint, zero divisors for general e, and e.).

Ker[Ly [0,; €5, ¢.]] = Ry z[?[e}} = Flen(, %)

adj[Ly [0y €p, €] €3 , Ker[adj[Ly [0, €p,€]]] =B .

To second order in ¢, and €, Ly [0;; €5, €] is approximated by

Ly [0, 6,6 = GE), = (79)
=C? cos0,] + SE?6 sin [0,] + Cg)é cos [0,] + Sg)é sin[6,] ,

€h>€c
6}3)& are obtained from

where the four new matrices have to be defined. Cgfq and S!

C and S of Eq. (27) when their second columns are multiplied by (1 —1¢7) and their
e, and Sg?ec derive from

third columns are multiplied by (1 — 1¢?). Similarly, cV
splitting the cos[6,] and sin [f,] terms in the following matrix

0 —esin(f, +¢] —esin(f, — ¢
0 —esinfg,] —esin[d,+¢]| Cl, cos[6,]+ ST, sin[6,]. (80)
—e, sin [0,]

0 —e¢,sind, — ¢

As a consequence, a property can be stated about the derivative of Gg?gc.
Proposition 7. (Differentiation as multiplication). At least to second order in ¢, and
@ s

€, there exists a matrix B, independent of 6,, by which the differentiation of G, ..

represented as multiplication

oG,
—acg]. 7 =B-G2 (6] F , VjER3 . (81)
96, €iee
Such matrix complies with
2 2 1)\ _ 2) a
B ’ (Cghl‘c + Cghzef) - <C£h,€c + Ceb?et) (82)
In particular, to 1st order in ¢, and ¢,
B (c+cl, ) =—(c+cl,) . (83)

7. Conclusion
In view of the large amounts of power converted from electric to mechanical or
vice-versa, mathematical methods for electric machinery have to undergo continuous
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investigation and, possibly, improvement. Model errors, although “small” in relative
terms, may translate into large amounts of mishandled power. To date, control
methods and the corresponding algorithms are satisfactory in the low frequency (tens
of Hz) range: better performance is needed to deal with the higher (thousands of Hz)
frequency components of a transient [18]. This work has focused on the basics of the
ideal DFI machine model, where linearity and three-fold symmetry are the main
features. As a result, the electric torque theorem has been stated in the {dq0} frame

without any restriction on the 7’5. The product of matrices formula has accordingly
simplified the proof. Some of the properties derived in the ideal case have been shown
to hold even if symmetry is broken.
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Chapter 10

A New Approach to Solve
Non-Fourier Heat Equation via
Empirical Methods Combined with
the Integral Transform Technique
in Finite Domains
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Abstract

This chapter deals with the validity/limits of the integral transform technique on finite
domains. The integral transform technique based upon eigenvalues and eigenfunctions
can serve as an appropriate tool for solving the Fourier heat equation, in the case of both
laser and electron beam processing. The crux of the method consists in the fact that the
solutions by mentioned technique demonstrate strong convergence after the 10 eigen-
values iterations, only. Nevertheless, the method meets with difficulties to extend to the
case of non-Fourier equations. A solution is however possible, but it is bulky with a weak
convergence and requires the use of extra-boundary conditions. To surpass this difficulty,
a new mix approach is proposed with this chapter resorting to experimental data, in order
to support a more appropriate solution. The proposed method opens in our opinion a
beneficial prospective for either laser or electron beam processing.

Keywords: non-Fourier equation, integral transforms technique, eigenfunctions and
values, experimental data

1. Introduction
1.1 Mathematical background

The heat equation can be solved in a simpler mode via the Fourier heat equation,
which involves the propagation of heat waves with infinite speed. This hypothesis is in
particular valid for many applications, such as laser-metal interaction in the frame of
two-temperature model [1, 2].

The solution of Fourier equations can be inferred using different mathematical
techniques via Green function, integral, Laplace transform, or complex analysis. The
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predictions of the solutions given by the mentioned methods are of analytical or
semianalytical nature and confirm the experimental data for certain situations such as
laser-metal interaction.

One basically assumes that the heat waves propagation speed is inversely propor-
tional to the square root of the relaxation time. A smaller relaxation time leads to higher
heat speed waves, resulting in a good Fourier approximation. If one requires however a
more accurate description of experimental data, one should introduce a more exact
method to solve the non-Fourier equation involving a finite heat wave speed.

A mixed solution of the non-Fourier equation combines the theoretical method of
finite integral transforms with information from experimental data. Thus, two addi-
tional boundary conditions can be imposed, which will lead to a semianalytical solu-
tion of the non-Fourier equation. The finite domains of the integral transform method
for Fourier equations are eigenfunctions and values, which reach after 10 iterations a
quite conform solution for the Fourier equation [3-6]. This method is applied to the
non-Fourier equation, and the final form is obtained, with the support of experimen-
tal results.

A new heat transfer model was adopted in order to unify the thermal field distri-
bution in both laser and electron beam processing. An analytical solution using non-
Fourier heat equation has been developed corresponding to boundary conditions in
the case of material processing. The model has been compared with the experimental
data obtained using an in-house developed facility. A simplified and easy-to-use
model via MATHEMATICA software stands for the novelty of the current work.

2. Non-Fourier equation
The non-Fourier equation is hyperbolic and can be written as:

?*T 10T FT 1 0*T 10T 19 &*T P(r, p,2,t)
R i v s e S Sveval o 7w - k- @
or v or 02 rop> y ot y o K

Here, T is target temperature, r is the radial coordinate, z is the spatial coordinate
on the direction of laser beam propagation, ¢ is time, 7¢ is relaxation time, and y is
thermal diffusivity. P stands for the source term, ¢ is the angular coordinate, while K
is the target thermal conductivity. For a simple general solution, one assumes a
cylindrical target with angular symmetry, under irradiation with a Gaussian laser
beam with the center at » = z = 0. In this case, the temperature does not depend on ¢:

oT
%:O. =>T="T(rz1t). 2)

The corresponding boundary conditions are:

0T (v,2,t)
or

K ,_, +hT(b,z,t) = 0. 3)

Here r = b is the cylinder radius, while % is the heat transfer coefficient. The
boundary conditions for the z coordinate are:

oT (v,2,t)

K
oz

l,_o —hT(r,0,t) =0, (4)
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and

0T (r,2,t)

K
oz

;g +hT(r,a,t) =0, (5)

where a is the cylinder length. We will pass on the effective solution of the
equation. The operator D, was defined as:

@ 1/0
Dyarz+r(ar>. (6)

This applies to Eq. (1) with the boundary conditions:

K, | 10K,

20 _
o o M K =0, @)
and
I(%&:Z’t) |, + 1K, (b,2,t) = 0. (8)
Egs. (7) and (8) corroborate to Eq. (9):
h
E]O(/‘ib) — i1 (uib) = 0. 9)

One can deduce, based upon the theory of finite integral transforms, the
eigenfunction K ,(r, ;) corresponding to the eigenvalue y;:

~ 1
K (r, ;) Zfo(ﬂiV)VE, (10)
where the normalization constant is given by:
g A AP
Citr) = | r Karodr = 57 -+ o) (an
0 Zﬂl k
One defines:
- 1 (?
T(uzt) = & | Tz ol i, (12)
iJo
and
- 1
P(y;,2,t) = EJ P(r,z,t) v Jo(ur)dr. (13)
iJo

Eq. (1) in this case converts to:
————— =——. (14)
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One obtains for z coordinate via similar mathematical calculation:

PK,

’K, = 0, 1
P + A 0 (15)
and
oK,
K=Z _pK,| =0, 1
|: oz h :|z—0 0 ( 6)
as well as:
oK
K=Z1hK,| =o0. 1
ke @)

The — and + signs for & in Egs. (16) and (17) denote the target heat absorption and
emission, respectively. One has:

h .
K.(z,A) = cos (Az) + K (12), (18)
and
Ak h
2cot (Aja) = ]T 15 (19)

Here, 4; denotes eigenvalues along the z-axis. From theory [7], it follows:
~ 1
Ki(2,4)) = =K (2, 4)), (20)
Cj
and
QzJ@@M&. (21)
0

Note that Eqgs. (12) and (13) discuss the eigenvalues along the r-axis, only. After
introducing the eigenvalues along the z-axis, one can step ahead to generalize
Eqgs. (12) and (13) as:

a rb
T(u;Ajt) = Cile JOLT(V,Z, 0K, (i 7)Kz (A,2)drdz, (22)
and
_ 1 a b
P(,uz-, Ajs t) = CC; JOJOP(V’Z’ K, (p;, 7K (xlj,z)drdz. (23)

Eq. (1) becomes now:

a_ 70 627_ 1_3

— 1
2 2
(W +8)T+ 5+ =k (24)
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We next applied the direct and inverse Laplace integral transform to solve Eq. (1)
in relation to time. C[1] and C[2] stand for the normalizing coefficients with respect to
the experimental data. The results are as follows:

[y v
10 10 zﬂn 12 +Clije % Lo
Tt =3 Y | % (K, (3 P)K (2 ,%) ).
i=1 j=1 SR Wy ek P
e( \/_7 )
(25)
and
1 (“
Tt = aa-LLP (.2, 8) I, (5 1)K (), 2) drdz. (26)

We finally mention that for an intermediate point in the experimental curve, one has:
T(r,z,t) = T(zo, C[1], C[2],7,2,1). (27)
With the boundary conditions:

T(r,2,0,C[1],C[2],70) = 22'C. (28)
T(r,2, 00, C[1],C[2],70) = 22°C. (29)

3. Two-temperature model in the non-Fourier version

The two-temperature model (TTM) is based upon two coupled equations:

oT, Kz [(*T. T, T, 0T, .
i (P Koo (VT (P02 P T _ir, 1 172,

ot y ot? 0x? 9y? 0z?2
(30)

JaT; _ ‘
C; (E) —G(T, - T)). (31)

Here T, and T; stand for the electron and phonon temperatures, respectively. G is
the coupling factor between electrons and phonons. P, (7, t) is the heat source, which is

induced via laser-metal interaction. The interaction could be considered of either clas-
sical or steady-state quantum mechanical type. A is the electron heat capacity, and K is
the thermal conductivity of the metal. According to Ref. [8], G can be determined from:

wmNo? (T\* ("1,

where m is the electron mass, NN is the conduction electron density, v is the velocity
of sound in the metal, 7 is the electron—phonon collision time, and T, is the Debye
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temperature. The exact data for each metal (Cu, Ag, Al, or Fe) are available from text
books and current literature (e.g., [8-10]). As for all metals, C; > > A, one may
assume, in a first approximation, that:

*T, T, 0T, oT; Kro (0*T. i
I<(6x2+ @}2 + aZZ)CiFT(atQ)Pa(V,t). (33)

According to the Nolte model [2], one has:

T; =«T,, (34)
where

— 22

R (35)

Here, 7; is the lattice cooling time while 7;, is the pulse duration time. Conse-
quently, one has:

=K . (36)

Eq. (3) can be rewritten as:

*T, T, T oT, Krzo (T .
K< ax; + ay; + azj> — Cik at" —% ( at;) = —PH(V,t). (37)

It follows that:

azTe i azTe T azTe 10T, 7o azTe _ —Fa (?,t) (38)
ox2 gy o2 y o0y \or) K
with
K
7= e (39)

Under the most general form, the heat source reads as:
Po= " Lun(y,2)(amme™ ) (1 = Fsmn) + rsmad(x) + qe) (H(t) — H(t — o). (40)

Here, Iy, (y, ) stands for the laser transverse mode {m,n} while a,,, is the linear
absorption coefficient, and sy, is the surface absorption coefficient. The quantum
corrections (qc) are steady state for the respective mode. H stands for the step
function, and ¢, for the exposure time. One model explains the continuous laser beam
irradiation, while the other one, more realistic in our opinion, illustrates the laser
beam in pulse form. The equivalence between the two models requires therefore that
the intensity versus time plot should cover the same area.

In order to make a comparison with experiments, one needs besides analytical
description, concrete numerical values. The next step is therefore to estimate the
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eigenvalues, numerically. For this purpose, Eq. (7) can be solved using the integral
transform technique, and eigenfunctions and eigenvalues could be calculated. One has
three differential equations as follows (K represents the eigenfunctions, while

A, p, and € are the eigenvalues) [5]:

K

ax;‘ + 2K, = 0, (41)
K
?zy + M?Ky =0, (42)
PK

azZZ + &K, = 0. (43)

The final solutions could be achieved on the basis of Egs. (41)-(43):

K, = cos (Aix) + h

X sin (dix), (44)
K, = cos (/,t y) + L sin (/4 y) (45)
i J K,uj )2
K, = cos (&2) + e sin (&%) (46)
z = k K&, k< )+
The boundary conditions are:
0K, hK 0K,  hK
=X =0; | == =0, 4
[dx K} o [dx+I(Lu (47)

oK, hK oK, hK
B ol e
oy K y—0 dy K b
oK, kK, 0K, hK,
= 0; =0. 4
|: az K :|z 0 0’ |:az K :|zc 0 ( 9)

Here, a, b, and ¢ are the metal sample dimensions. As for the boundary conditions,

the eigenvalues (% is the heat transfer coefficient) can be inferred from Egs. (47) to
(49), as:

2cot (hia) = AZK - % , (50)
uiK h

2cot (,ujb) = T K—/lj, (51)
K h
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The solution is obtained via integral transform technique as:

T(x,9,2,t, C[1], C[2], 70)

Ll 14,200 4 270 4 270 |,
( L y24ﬂir4xﬂ 451@7)'

Plu;,A; G
2(#1 2]’§k)2 cnje * +C[2]
H; + j’] + fk

=
[=)
=
[=)
=
(=}

(53)

NN
-
I
NN
T
NN

1, 250 4 270 4270 |,
b4} 42 4;k7)r

779
7

x (K (s> )Ky (259 K8 7))

The advantage of Eq. (53) in our model is related to a quick converging series.
Thus, after 10 iterations, the solution’s accuracy reaches already 10 2 K in the case of
thermal distribution [11].

4. Experimental details

The experimental setup is operated by a Nd:YAG pulsed laser source (4 = 355 nm)
(Surelite II from Continuum), generating pulses of 6 ns duration with (130 & 0.6) m]J
energy at a frequency repetition rate of 10 Hz. The laser beam had a spatial top-hat
distribution. The laser beam was focused onto the metallic target surface by a lens
with 240 mm focal lengths. An Al bulk target of (10 x 10 x 5) mm?> was used in
experiments. The laser fluence was set at ~7.5 J/cm” to surpass the ablation threshold
but also to avoid the excessive plasma formation. A crater of 18 pm depth was dig into
the sample after the application of 1000 subsequent laser pulses, as checked up by a
Vernier Caliper instrument. During the multipulse laser irradiation, the thermal dis-
tribution was monitored on the sample back side via a FLUKA thermocouple
connected to a computer having Lab view software, while the sample was irradiated at
the top. All experiments were performed on an in-house developed equipment at
Laser Department, National Institute for Laser, Plasma and Radiation Physics
(INFLPR), Magurele, Romania.

5. Results and discussion

Experiments and simulations were carried out during the heating of a metallic
target. The boundary conditions were described by Eq. (28). In all figures, the exper-
imental data are plotted with dots while the simulations are represented by a
continuous line. Relaxation time,7o, was assumed 0.5 ps (Figure 1), 1 ns (Figure 2),
and 1 ps (Figure 3), respectively. For simulation, a heat transfer coeffi-
cient = 3 x 107/ W mm % K~ was selected. As known [12-14], for a very low heat
transfer coefficient, the eigenvalues are positive very small numbers, resulting in a
linear thermal distribution curve, as visible in Figures 1-3.
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Figure 1.

Time evolution of temperature for a relaxation time of 0.5 ps: experiments (dotted line) vs. simulation (continuous
line).

T[°C]
70t
60}
50f
30}

T

e 4[]
5 10 15 20 25 30 35
Figure 2.

Time evolution of the temperature for a velaxation time of 1 ns: experiments (dotted line) vs. simulation
(continuous line).
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Figure 3.
Time evolution of the temperature for a velaxation time of 1 ys: experiments (dotted line) vs. simulation
(continuous line).
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The best agreement between theory and experiment was achieved for a relaxation
time, 7g, of 0.5 ps, as visible from Figure 1. We note that this is in accordance with
available literature on subject [15].

6. Conclusions and outlook

The two-temperature model was generalized to the case of the non-Fourier
approach via the electron-phonon relaxation time. Boundary conditions, Eq. (28) for
heating and Eq. (29) for cooling, were considered to this purpose. The obtained
solutions prove useful for experimental data analysis. The mathematical method
belongs to the eigenvalues and functions family, while details on software are avail-
able from Ref. [6].

The exact nature of the metallic target (in our case aluminum) could be detected
from the electron-phonon relaxation time using integral transform technique mix via
acquired experimental data. The method can be extended to any experimental sample
(metal) with the high accuracy.
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Chapter 11

Advanced Methods for Solving
Nonlinear Eigenvalue Problems of
Generalized Phase Optimization

Mykhaylo Andriychuk

Abstract

In the process of solving the problems of generalized phase optimization the
necessity to apply an eigenvalue approach often appears. The practical statement of
the optimization problems consists of using the amplitude characteristics of functions
that are sought. The usual way of optimization is deriving the Euler equation of the
functional, which is used as criterion of optimization. As a rule, such equation is an
integral one. It is worth pointing out that the integral equations of the generalized
phase optimization are nonlinear ones. The characteristic property of such equations
is non-uniqueness of solutions and their branching or bifurcation. The determination
of branching solutions leads to the investigation of the corresponding homogeneous
equations and the respective eigenvalue problem. This problem is nonlinear because
of specificity of the statement of the optimization problem. The study of the above
problem allows us to determine a set of points, in which the respective eigenvalues are
equal to unity that determines the branching points of solutions. The data of calcula-
tions testify to the ability of the approach proposed to determine the solutions of
nonlinear equations numerically with not large computations.

Keywords: nonlinear optimization, variational approach, radiation characteristic,
nonlinear eigenvalue problem, bifurcation of solutions, computational modeling

1. Introduction

The nonlinear eigenvalue approach is used in this chapter for the study of the
properties to solutions of the generalized phase problem related to the synthesis of
radiation systems through the incomplete data. Such incompleteness is considered
here in the example of an indeterminate phase characteristic of function, which
characterizes the radiation of the plane antenna arrays.

The problems with an indeterminate phase of the wave field arise in various
applications and are widely described in the literature. The most well-known of these
is the so-called phase problem (see, for example, [1-4]). It consists in restoring the
phase distribution (argument) of the Fourier transform of a finite function by its
amplitude (module) given (measured) along the entire real axis. This problem belongs
to the classical problems of recovery (identification) and requires the conditions of
existence of a unique solution.
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In this chapter, another class of inverse problems is considered, and it can be
termed optimization (design) problems. In sense of the Fourier transform, this can be,
for example, the problem of finding such a finite complex function, the modulus of its
Fourier transform satisfies a certain requirement (e.g., is close to a given positive
function). As a rule, such requirements are formulated in the variational form, as the
minimization of certain functionals. Obviously, such a formulation does not require a
uniform solution. On the contrary, the existence of many solutions is often desirable
because the above allows many degrees of freedom to determine an appropriate
solution. The characteristic applications of such phase optimization problems include
the theory of power transmission lines, field converters, antennas and resonators. The
first works dealing with nonlinear inverse problems of such type appeared in the
second part of the last century (see, for instance [5-10]).

In mathematical terms, problems of this type are reduced to the nonlinear integral
equations of Hammerstein type [11-13]. They contain a linear kernel and a nonlinear
multiplier that depends on a complex unknown function as an integrand. As a rule,
the argument (phase) of this function appears there separately from the module.
Similar equations are found in the literature in the context of the mentioned phase
problem [14, 15]. They have different solutions, and the study of their structure and
process of branching or bifurcation is an interesting mathematical problem [16].

Due to their nonlinearity, the problems under consideration require the develop-
ment and application of special analytical and numerical methods for their solving.
Along with the iterative methods that simulate the physical processes of field formation,
the various modifications of Newton’s method could be the most promising in this
direction [17]. One such modification, which uses solving the nonlinear eigenvalue
problems and searching for the zero curves of respective determinants, is proposed in
this Chapter. It allows simultaneously with the finding of the branch of solutions to
detect the presence of branching points on it and to determine them approximately,
provided by this the initial approximations for more accurate calculation.

The nonlinear eigenvalue problems arise in pure and applied mathematics, as well
as in the different areas of science that investigate the nonlinear phenomena [18, 19].
A variety of analytical-numerical methods have been elaborated till now for solving
the nonlinear problems in acoustics, electrodynamics, fluid dynamics and other areas
of applied science [20, 21]. The methods, developed until that time, were focused
mainly on solving one-dimensional problems. The difficulties of analytical and com-
putational nature appear if to apply them to a multidimensional problem. The method
of implicit function is one of effective tools that been applied for solving the two- and
three-dimensional nonlinear eigenvalue problem in the last two decades [22-24]. The
extension of this method, which leads to solving the Cauchy problem (21) and (22),
we apply in Section 3 to solve the nonlinear two-dimensional eigenvalue problem.

2. The operators of direct electrodynamics problem

In the physical relation, the radiation system represents the plane array with the
rectangular or hexagonal placement of radiators. Firstly, we consider the array with
the rectangular ordering of separate elements (Figure 1a).

Consider a plane rectangular array consisting of N, - M, = (2N +1) - (2M + 1)
identical elements (radiators), which are located in the xOy plane of the Cartesian
coordinate system equidistantly for each of the coordinates. Since the radiators are
identical, it is possible to formulate the synthesis problem not for the whole three-
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Figure 1.
The placement of elements for the considered arrays. a) rectangular. b) hexagonal.

dimensional vector directivity pattern (DP), but only for some complex scalar func-
tion f (x1,x;) that is termed as the array multiplier. This function for a rectangular
equidistant array has the form [25]:

N M
f(xl’xz I= Z Z lflnx1+62mxz) (1)

where I = {I,,,,, —-N <n <N, —M <m <M} is a set of excitations (currents) in the
array’s elements, x; = sinfcos ¢/ sina, x; = sinfsin ¢/ sin a, are the generalized
angular coordinates, c; = kd; sina, ¢, = kd, sinay, k = 27/ is wave number, d; and
d, are the distances between radiators along the Ox axis and Oy axis respectively, oy
and o, are the angular coordinates, within which the desired power DP P(x1,x>) is not
equal to zero (P(x1,%2) = 0 outside these angles). The function f(x1, x,) possesses
2r /c1—periodicity with respect to x; and 27z /c,— periodicity with respect to x,. Let us
denote the region of change of coordinates x1 and x, on one period as Q =
{(1,x2) 11| <m/c, J2| <7/c2}. Below, the function f (x4, x) is termed as the DP of
array.

A similar formula can be derived for the array with the hexagonal placement of
separate elements (Figure 1b)

M,
fx1,%2) = Z Z 1,,,,¢/comxitezms) @

m=—Mj n=—N1(m)

where M = 2M, + 1is quantity of the linear subarrays, then N = 2N;(m) + 1 s the
number of elements in the m—th subarray.

Egs. (1) and (2) for DP f(x1,x,) represent the result of a linear operator A, which
acts on a complex-valued space H; = CN2Ma (rectangular case) or Hy = CNo*M (hex-
agonal case) to the space of complex functions of two variables defined in the domain
Q. The value N determines the number of elements in the central linear subarray in
the hexagonal case.

Assume that the desired power DP P(s1,5,) is not equal to zero in some regions
G CQ, and it is equal to zero outside. The optimization problem is formulated as the
minimization problem of the functional

1) = [P — AP} + a1 3)

where ||| and ||-[|; determine the norms in the space of DPs and space of currents
respectively, which are defined by the inner products
P y y P
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||f||§f = (fpfz)f = “fl(xbxz)_z(xbxz)dxldxz (4)
Q
I1[7 = (T, L), Z Z Ly Lnm (5)
—Nm=—-M

here the values fz (x1,%2) and I, are conjugated to f,(x1,x2) and Ioum.

The nonlinear integral equation for the complex vector Iof currents in space Hj,
which is derived using the necessary condition of the minimum of functional (3), has
the form [26].

ol +2A* (JATJAT) — 2A* (PAI) = 0 (6)

Here A™ is the operator adjoint to A, its form is defined by equality (ALf), =
(I, A*f),. Using the inner products (4), (5) and Eq. (1) we obtain.

(A" ) =3 JJ:f(xhxz)efi@i"xl“zmxz)dx1dxz,Vl =-N, -N+1..,
(7)
Q

N-1,Nom=-M, -M+1,..,M—-1,M.

If to act by operator A on both the parts of (6), we get a nonlinear integral equation
of Hammerstein type for the function f

af +24A([flf) —24A°(Bf) = 0 ()

The kernel of the AA™ operator for the rectangular array is defined as

I<(Cls €2,X1, x1,) X2, .X'2,) = I<1(cl’x1>x1,)l(2(02,Xz,xz/), (9)
where
/ _a sin (Nzcl (x1 — x’l)/z)
Ky (x1,x7,¢1) = 7 sin (cq(x1 —x})/2) (10)
(M ANy
K> (x2,%5,¢2) -2 sin (Mcs (x2 — %)) /2) (11)

m sin (cy (o2 — x5))/2)

The kernel of the AA™ operator for the hexagonal array is more complicated
because we can not to present it in the form of two multipliers

sin [c1(N1(0) — 1/2) (x1 — x}) ]
sin (1/26‘1 (X1 — xll))

sin [e1(N1(m) — 1/2) (x1 — x})]
v sin (1/2c1 (1 — 1))

+2 Z cosme; (X2 — x) -
m=1

Z s [c1(n — 1/2) (%1 — x7)], N1(m) is even.

! !
K (c1, 2,21, %1,%2,%7) =

, Ni(m) is odd, (12)

226



Advanced Methods for Solving Nonlinear Eigenvalue Problems of Generalized Phase...
DOI: http://dx.doi.org/10.5772 /intechopen.103948

The kernels (9) and (12) of the integral Eq. (8) are real and degenerate. Since
Egs. (6) and (8) are nonlinear ones, both may have a non-unique solution. The
number of solutions and their properties is studied according to the method proposed
in [16, 27]. In the practical applications, the solution of Egs. (6) and (8) is performed
by the method of successive approximations. The convergence of the method depends
on the parameter a, desired DP P(x1,x7), as well as the parameters ¢iand c;contained
in the kernels (9) and (12).

3. Search for the bifurcation curves

We should use the linear integral equation to define the bifurcation curves
according to [16]. Based on this equation, we pass to the respective eigenvalue prob-
lems, solutions of which allow us to find the characteristic values of parameters ¢; and
¢7 in the kernel of equation, at which the bifurcation appears.

3.1 Description of procedure

The linear equation

of =2AA" (Ef) (13)

is used to study the properties of Eq. (8).

In contrast to a similar equation for the amplitude DP synthesis problem [25],
Eq. (8) does not have a trivial nonzero initial solution f, for all parameters c; and ¢,; the
trivial solution f' is zero for it, so in contrast to the problem of synthesis by amplitude
DP, we are not talking about the branching of solutions, but about their bifurcation.

The problem of finding bifurcation curves is reduced to the corresponding eigen-
value problem. The equation for eigenfunctions and corresponding eigenvalues,
which refers to (13), is

g(x1,x0) = Ma’lﬂg (o7, 5) K1 (€1, 1,67 ) Ko (€2, %2, x5 ) docdocy (14)

As stated by the branching theory of solutions of the nonlinear equations [16], the
bifurcation points can be those values of c;and ¢; at which Eq. (14) has nonzero solutions.

Using the properties of the degeneracy of the kernel AA™, we reduce Eq. (14) to
the equivalent system of the linear algebraic equations (SLAE). The coefficients of
matrix of this equation depend on the parameters ¢; and ¢, analytically. To this end,
the equations for eigenfunctions corresponding to (13) are written as

N M
g(x1,xz) _ Z Z xnmei(clnx1+czmxz) (15)
n=—N m=—M
where
Xpm = % ”P (x5 ))g (x'l,x'2)e*"(“"xllﬂzmxlz)dx;dx'z (16)
T ).
Q
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Multiplying both the parts of (15) on P(x’l,x’z)efi(“kx/lﬂzlx/z) atk=—-N, — N+
1,..,N—-1,N, |=-M, —-M+1,..,M—1,M and integrating over the domain Q,
we obtain a system of linear algebraic equations to determine the quantities x;»,

N M
Xl = Z Z af’t]iQ(Cl)CZ)xnms k=-N,—-N+1,..,N—1,N,

n=—Nm=—M (17)
|=-M, -M+1,...M—-1,M,
where
aiﬁfz) — %JJp(xl’xz)efi[(cl(nfk)x1+62(mfl)x2)dx1dx2 (18)

Q
and matrix of the coefficients agﬁf,) is self-adjoint and Hermitian.
Thus, we obtained a two-parameter nonlinear spectral problem corresponding to a
homogeneous SLAE (17). This problem can be given as

(EM — AM(Cl,Cz))X =0 (19)
(k])

where Ay is the matrix of coefficients a,;; , Eps is a unit matrix of dimension N, - M.
For the system (19), the equality

\P(Cl,(lz) = det[EM —AM(Cl,Cz)] =0 (20)

must be met to have a non-zero solution.

One can easy to make sure that the function ¥(cs, c2) is real. Moreover, since
Apm(c1,cz) is the Hermitian matrix, then Ep — Ap(c1, ¢2) is Hermitian too. The deter-
minant of the Hermitian matrix is a real number [28]. Thus, ¥(cy, ¢;) is a real function
of real arguments ¢jand c;.

Consequently, the problem to find the eigenvalues of Eq. (14) or to determine the
solution of the equivalent SLAE (19) is reduced to finding zeros of function ¥(c1,¢).

If to consider the equation ¥(c1,¢2) = 0 as a problem of determining an implicit
function ¢; = ¢;(c1) in the vicinity of some point ¢1, we get Cauchy problem [29].

dey _ W.'(c1,02)
dCl \PCZ/(C1,(32)

e (cgo)> =¥ (22)

(21)

To retrieve the initial conditions (22) we pass to an auxiliary one-dimensional
nonlinear spectral problem if to substitute ¢, by ¢; = yc¢; in Eq. (20) with some real
parameter y. As a result, we get the one-dimensional eigenvalue problem

(EM — AM(Cl, 76‘1))5( = (EM — AM(Cl))f( =0 (23)
Eq. (20), which corresponds to Eq. (23), is
¥(c1,ye1) = det[Em — Am(cr)] = 0 (24)
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Let cﬁ‘” be the solution of the Eq. (24), then (Cgo))cgo)) = (Cgo)’ ycgo)) is the point

that corresponds to eigenvalue 49 1 of Eq. (15). By solving Egs. (21) and (22) in a

small vicinity of point (c§°>, cgo)) , we find the spectral curve of the matrix-function

Apm(c1,¢2), which is the curve ¢;(c1) defining a set of the bifurcation points.

The eigenfunctions of Eq. (14) are defined as the eigenvectors of matrix A (c1,¢)
using the resulting solution of the Cauchy problem with the sought solutions ¥(c1, ¢3).
In this procedure, a four-dimensional matrix Ap(c1,¢2) is reduced to a two-
dimensional one by the relevant renouncement of its elements.

3.2 Defining the area of nonzero solutions

Due to the peculiarity of the problem statement according to desired power DP
P(x1,27), Eq. (8) has zero solution at arbitrary values of the parameters c;, ¢2, . From
an engineering point of view, this is a significant drawback, but for some desired DPs
P(x1,27) it is possible to fix an area of parameters c1, ¢, @ at which a nonzero solution
exists. At the small ¢; and ¢,, the kernel (9) is given approximately in the form

M;Njeic;
N (25)

K (c1,¢2, %1, X1, %2,%5) ~ -

Assuming that f (x1, x,) is constant, the integral Eq. (8) can be rewritten as (usually
for small ¢; and ¢; f(x1,%2) ~ const).

[y

1
J (001, %2 )dxcrdocy — 4| f (x1,%) | (26)

2M2N 20162 J
4

The area of integration Q in Eq. (8) is reduced in the last formula to the area
[—1,1] x [-1,1] because of definition of both the arguments x1,x, and parameters c1, ;.
Taking into account that | f(x1,x7) % is positive, we get the following relationship
between the function P(x1,x,) and the parameters ¢, ¢3, and a:

71'20!

11
J J P .X']_,xz dx1dx2 — m >0 (27)
-1-1

Finally, considering the case P(x1,%,) = 1, we obtain:

2

o
_— 2
€162 > SMLN, (28)

In fact; inequality (28) determines the area of parameters ¢, ¢2, @, where nonzero
solutions exist. In Figure 2, the dependence curves c; = ¢;(c1) for three different
values M, and N, are shown. The results are given for array with the number of
elements M, = N, = 3 (curve 1), M, = N, = 5 (curve 2) and M, = N, = 11 (curve 3).
The area of values ¢; and ¢, where the existence of zero solutions is possible,
according to the estimate (28) is located below and to the left of the presented curves.
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The curves ¢, = c¢,(c,) at the different M, and N,

As can be seen, the area of zero values decreases significantly with increasing N>and
M. The obtained results testify that the zero solutions of Eq. (8) for a given constant
power DP can exist either at a small value ¢1¢, corresponding to low frequencies (at a
given size of array), or at the values of ¢; that significantly exceeding ¢, and vice versa.
The last case corresponds to arrays with a large difference in distance of elements
along the coordinate axes. Such arrays are usually rarely used in practice.

3.3 Determination of bifurcation lines

3.3.1 The case of vectangular array

The finding of bifurcation lines of the nonlinear Eq. (8) was performed for the array
containing N, % M, = 1111 = 121 radiators for the desired power DP P(x1,x;) = 1at
A = {(c1,¢2), 0 <c1,¢3 <2} for the different values of the parameter « in (3).

The search for bifurcation lines can be performed directly by investigating the
properties of the determinant (20) as a function of the parameters ¢; and ¢;. In
addition, the function (20) depends on the parameter a; so the set of its eigenvalues

also depends on this parameter, i.e. the set of spectral curves that separate the areas of
zero and nonzero solutions.

The behavior of the corresponding curves when changing the parameter « is shown
in Figure 3. The behavior of the determinant (24) depending on the parameters ciand ¢,
at a = 0.5 is given in Figure 3a; and in Figure 3b-d, the intersection of this function
with a plane ¥(c1, yc1) = 0 is illustrated at the different . This results in a set of curves
that correspond to a set of spectral lines separating the area of zero and nonzero
solutions. At a fixed size of array, the area where zero solutions can exist expands if the
parameter a increases, this area is located below the left of the first curve.

The curves marked by number 1 correspond to the solutions with constant (zero or
even) phase DP; curves with number 2 correspond to the solutions with phase DP that
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Figure 3.
The spectral curves of Eq. (19) at the different a.

is even with respect to the Ox; axis, and odd with respect to the Ox, axis, and curves
numbered by 3 correspond to the solutions with a phase DP odd with respect to two
coordinate axes. The proposed procedure is quite approximate, it does not allow to
separate the curves that correspond to different types of solutions and thus identify
the areas where there is a nonzero solution for the synthesized power DP with the
specified phase property.

The method of implicit function proposed in [23] and developed for plane array in
[30] is devoid of this drawback.

At the first step of this method, a series of one-dimensional eigenvalue problems is
solved, by this the different values of parameter y are prescribed by the relation ¢, =
yciand a one-dimensional problem is solved with respect to c;. In Figures 4 and 5, the
first four eigenvaluesof the problem at y = 1.0 and y = 0.2 are shown. The values

(cgi), cgi) = cgi)) ,i=1,2,3,4, at which 4; = 1, are the bifurcation points in the plane

¢10c;. By this, the set of points (c1, ¢;)at which the eigenvalue 29 = 1 is determined
approximately from the graphical data.

The next step is to refine the values (cgi), c(zi)> by solving the transcendental
Eq. (20), and the point (c;i), cg)) , which is considered as the initial approximation.
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Figure 4.

The first eigenvalues at the ray ¢, = c,, a = 0.5.

0.5

Figure 5.
The first eigenvalues at the ray ¢, = 0.2¢,, a = 0.5.

In the final step, the bifurcation curve in the plane (c1,¢;) is determined by solving
Egs. (21) and (22), after specification of the values (cgi), cg)>. In Figure 6, the bifur-

cation curves (cﬁ”, cg))—(cg“), 054)) that correspond to the first four eigenvalues are

shown. The curve with number 1 corresponds to the solution with the zero (even)
phase of the created DP. This curve corresponds to that is marked by 1 in Figure 3b.
There are no nonzero solutions with such a phase property for the values ¢; and ¢,
above and to the right of this curve. Curves 2 and 2’ correspond to solutions in which
the phase DP is symmetric about one axis and asymmetric about the other axis
(obviously, for a plane array, there are two such curves and they are antisymmetrical).
Curve 2 corresponds that is marked by 2 in Figure 3b. The curve with number 3
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Figure 6.

The bifurcation curves corresponding to set (c(li),c(zi)) vi=1,..,4, N, =M, = 11.

corresponds to a solution with a phase DP antisymmetrical (odd) with respect to both
the axes. The location of the areas of zero and non-zero solutions is the same as in
Figure 3b. It should be noted that the problem of refining the roots of Eq. (20) is the
most time-consuming in computational relation because refining the roots of this
equation requires a series of computational experiments with different values

(c(li)o, cgz)o) of initial parameters close to approximate values.

3.3.2 The case of hexagonal array

Firstly, we consider the procedure of determination of bifurcation curves by
finding zero lines of determinant (24). The results, similar to those are presented in
Figure 3a and b for the rectangular array, are shown in Figures 7 and 8. One can
see that the behavior of function ¥(c1,¢,) is more complex than in the case of
rectangular array. The obtained graphs testify that the solutions with other different
behavior of phase arg( f(x1,x2)) of the DP appear additionally. One such solution is
marked by number 4. Other solutions appear when parameters ¢; and ¢; increase at
the fixed a.

Search of the bifurcation curves is carried out similarly to the case of rectangular
array. The numerical results are presented for the array with N;, = 61 elements for
the desired power DP Ny (x1,%2) = 1at A, = {(c1,¢2), 0 <c1,¢2 <2.0} for the different
values of a in the functional (3). At the first step, the one-dimensional eigenvalue
problems were solved at the different values of parameter y. In Figure 9, the first four
eigenvalues are shown at y = 1.0, and in Figure 10, they are shown at y = 0.2. Similar
to the case of rectangular array, the points, in which 4; = 1 are moved to right and

the distance between them increases at y = 0.2. The values <c§i>, cé” = ycgi)) , where
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Zero lines of determinant (24) for the hexagonal array, a = o.5.

i =1,2,3, 4, are the bifurcation points in the plane (c,¢2). The points (

which the eigenvalues 2”) = 1 are determined approximately in this step.
, cg)) by solving Eq. (20) is carried out in the next

The specification of values (cgi)

step, and the points (cgi)
this goal.
The bifurcation points (cf), cg)

rays, ¢; = yc1 are shown in Figure 11. The respective curves of bifurcations, which are
obtained by solving Egs. (21) and (22), are shown in Figure 12. As in the case of a
rectangular array, to obtain the necessary data, we should carry out precise

computations.
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, cg)) of the graph data from the Figures 9 and 10 are

used as initial approximations. The usual numerical half-division method is used for

), i=1,2,3, 4 for the first four eigenvalues in the
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Figure 9.
The first eigenvalues for the ray ¢, = c, at a = 0.5.

2.
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Figure 10.
The first eigenvalues for the ray ¢, = 0.2¢,, a = 0.5.

4. The engineering applications

The results presented in this Section demonstrate how the knowledge about the
point of bifurcation obtained as the solutions of the nonlinear eigenvalue problems
allows us to understand better the process of bifurcation and how to get the solutions,
which are the most optimal in sense of the used criterion of optimization.

4.1 The method of successive approximations

The properties of solutions to Eq. (8) obtained by using the method of successive
approximation are related directly with the properties of phase characteristic of the
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The bifurcation points at the rays c, = yc,.

Figure 12.
The bifurcation curves in the plane (c,,c,).

eigenfunctions, which are determined at solving the eigenvalue problem. Prescribing
the initial approximation f, for the iterative process for solving Eq. (8) with the
specified property of the phase argf ,, we could receive the solution of Eq. (8) with the
same phase property in the wide range of characteristic parameters ¢; and c;. This is
important for the engineering design of arrays having the fixed phase characteristics

of radiation in the defined range of frequencies.
The method of successive approximations

foia—Bfn+A=PBB(f,) =0,n=0,1,2, ...

is used for solving Eq. (8) with a set of specific physical parameters of array. In the

last formula,
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B(f) =2 [aa* )~ (1P £)]] (30)

Parameter § € [0, 1] in (29) is used to accelerate the convergence of iterative
process. To substantiate the condition of convergence of the iterative process (29), we
apply Theorem 2.6.2 [26] (p. 133), which states that the operator AA* be contraction
one. This requirement is met when the inequality

a>244” [f(No = IfP)] (31)

met. The results of numerical calculations show that condition (31) is
overestimated and for some values of the problem parameters the iterative process
(29) converges for values athat do not satisfy the estimate (31).

4.2 The case of rectangular array

In Figure 13, the dependence of the convergence of the iterative process (29) on
the value of parameter a for a desired power DP P(x1,x;) = 1 at the fixed values § =
0.1, ¢c; = ¢, = 2.0, the number of radiators M, - N, = 11 - 11 = 121 is shown. The
required accuracy ¢ = 10>.

The results of solving the optimizing problem for this desired power DP at a = 0.5
are shown in Figure 14. The approximation quality to a desired DP P significantly
depends on the parameters ¢; and ¢; at both fixed N, and M,. The mean-square
deviation (MSD) (the first term in (3)) is equal to 0.0847 for ¢; = ¢; = 1.0, and it is
equal to 0.0075 for ¢; = ¢, = 3.14.

The synthesized DP [f|for larger c1, ¢, has not only a more optimal mean-square
approximation, but it is also closer to the shape of the desired DP P. The optimal
amplitudes || of currents in the array’s elements are close to constant at such
parameters ¢; and c;.

When solving the optimizing problem for desired power DP of a more complex
form, the quality of the approximation significantly depends on both the parameter o

max| -
0.08 J}:a+] "f;:zl : .
— «=1.5
----- a=1.0
0.06 -:2 ......... G_:OS
=== g=0.2
0.0414% :
0,02+ 1
0.0 1
0 60 No iter.

Figure 13.
The character of convergence of iterative process (29) at the different a, M, = N, = 11.
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Figure 14.
The created power RP |f| (a) and optimal distribution of curvents |L,,| (b) at ¢, = ¢, = 1.0.

and the type of initial approximation for the phase of a given DP. The results are
shown for the desired power DP

P(x1,x7) = |sin (zx1) - sin (7x;)], —1<x3 <1, —1<x,;<1 (32)

atc; = ¢; = 3.14and a = 0.2 in Figure 15. Despite the fact that the shape of desired
DP P(x1,x3) is more complex that in the previous example, decrease of a (from 0.5 to
0.2) and simultaneous increase of ¢; and ¢, (from 1.0 to 3.14) allows us to get the
amplitude |f(x1,x;)| of created DP, which is very close to the P(x1,x;). The optimal
distribution of currents’ amplitudes |I,,,,| (Figure 15b) approaches the shape of the
created DP.

We have used an additional optimization parameter f in Eq. (29), which, as shown
by the results of numerical calculations, accelerates the convergence of iterative pro-
cess significantly. In Figure 16, the results of the study of the influence of this
parameter on the rate of convergence at a fixed value of the parameter o = 0.5 are
shown. The results are given for the desired power DP P(x1,x,) = 1atc¢; = ¢, =2.0.
In order to achieve the accuracy 102 of calculations, one needs 157 iterations at f =
0.01. If parameter f increases to a certain value, the number of iterations decreases
significantly, so at # = 0.05, § = 0.10, = 0.15, # = 0.20, and = 0.25 one requires

Figure 15.
The created power RP |f|* at ¢, = ¢, = 3.14.
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Figure 16.
The convergence of iterative process (29) for the different p.

62 iterations, 37 iterations, 28 iterations, 20 iterations, and 16 iterations, respectively.
At the subsequent increase, the number of required iterations begins to increase and
already at # = 0.30 the iterative process begins to diverge. Numerical calculations
show that the limit valueof f, at which the iterative process (29) begins to diverge,
significantly depends on the value of the parameter a. So, if this parameter decreases,
the threshold value of  increases. The dependence of the convergence on the array’s
parameters (c1,¢2, My, N2, d1,d,) is not so significant.

The values of the functional (3) for the created DP with different phases are shown
in Figure 17. The solid curve corresponds to the phase DP even with respect to two
axes, the dotted curve corresponds to phase DP even with respect to one axis and odd
with respect to the other, the dashed curve corresponds to the phase DP odd with
respect to both the axes.

G
0.5—= ; . :
---- odd-odd
-------- even-odd
0.4} — even-even ||
0.3 1
02——¥%—F ————""—"——— —
0.1 1
0'0 L 1
0.5 0.75 1 1.25 c. 15

Figure 17.
The values of functional (3) versus the phase of created DP.
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One can see that the values of functional at the fixed ¢ (frequency) significantly
depend on the phase of the created DP. The value ¢ = 0.2 is achieved for the “even-
even” solution at ¢ = 0.79, for the “even-odd” solution at ¢ = 0.71 and for the “odd-
odd” solution at ¢ = 0.625. That is, within the used criterion, the latter type of solution
is 21% better than the first one. From this fact, it follows that at a fixed distance
between the radiators for the desired DP P(x1,x,) = 1, the number of array’s elements
can be reduced by 21% with the same value of MSD. A similar situation is observed for
the characteristics of DP at 6 = 0.1, i.e. “odd-odd” solution is better on 19.4% than
“even-even”.

4.3 The case of hexagonal array

The results of solution of the optimization problem for two given power DPs
Pi(x1,%,) =1and

2¢/x2 +x3\/1—x3 —x3,x3 + x5 <1,

(33)
0,x7 +x3>1,

Py (x1,%7) = {

in the form of body of rotation are shown in Figures 18 and 19 at &« = 0.5.

As previously, the optimization problem consists of solving Eq. (8) by the method
of successive approximation (29). The MSD (the value of the first term in (3)) for the
first desired DP is equal to 0.3774, and it is equal to 0.2218 for the second desired DP.

Similar to the case of rectangular array, the approximation quality to the desired
DP P depends on both the parameters c1, ¢, and a. The characteristic of MSD of DPs
for a at the different ¢; on the ray ¢, = 1.118¢; is shown in Figures 20 and 21. The
chosen relation between ¢; and ¢, provides the regularity of the array’s geometry, and
as the numerical computations have shown, gives the ability to get the close charac-
teristics of radiation in the planes xjand x;.

The largest MSD for the P; is achieved at a = 1.0 for ¢; = 0.5, and it is equal to
1.96443, it diminishes almost linearly if parameter o decreases. The largest MSD for
DP P, is equal to 1.43685. One should note that the value of MSD diminishes if «

Figure 18.
The amplitude of cveated DP |f|* for P, at ¢, = 2.0,¢, = 2.236.
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Figure 19.
The amplitude |f|* of created DP for P, at ¢, = 2.0,¢, = 2.236.
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Figure 20.
The MSD versus the parameter o for the DP P,.

decreases, but the norm ||I||;, of current growth that is unacceptable from the
engineering point of view.

The approximation quality to the desired DP depends also on the type of initial
data, which are prescribed for the iterative process (29). The dependence of the values
of functional (3) on the parity of phase of the initial approximation f, for the DP P; is
shown in Figure 22. The results are shown for four types of initial approximation: odd
with respect to both the axes (dotted curve), even with respect to the Ox; axis and odd
with respect to the Ox; axis (dashed curve), odd with respect to the Ox; axis and even
with respect to the Ox; axis (dash-dot curve), and even with respect to both the axis
(solid curve). The initial approximation f,, corresponding to the even phase with
respect to both the axis, is optimal for this DP, moreover the values of o, for the small
values of parameters ¢; and ¢, differ significantly, but starting from ¢; = 0.8 this
difference does not exceed 10%.
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Figure 21.
The MSD versus parameter a for DP P,.
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Figure 22.
The values of o, versus the initial approximation of initial approximation for the iterative process (29).

The dependence of convergence of the iterative process (29) on the parameter « at
the fixed p = 0.1 is shown in Figure 23. As in the case of a rectangular array, the
iterative process converges most slowly at @ = 1.5, one needs 67 iterations to achieve
the accuracy that is equal to 10 3. The number of iterations decreases if a diminishes.
For example, one needs 30 iterations to achieve the same accuracy at @ = 0.2.

The dependence of convergence on the parameter f is studied too. The necessary
number of iterations that needs to achieve the accuracy 1073at # = 0.01, f = 0.05,
$=0.10, = 0.15, § = 0.20, and g = 0.30 (curves 1-6 respectively) is shown in
Figure 24. It is substantiated that the iterative process converges most slowly at f =
0.01, it is necessary 152 iterations to achieve the prescribed accuracy. The most
optimal among the considered f is f = 0.20, one needs 20 iterations only to achieve
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The convergence of iterative process (29) versus a.
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Figure 24.
The convergence of iterative process (29) versus number of itevation, a = 0.5.

the above accuracy. The iterative process becomes slow at the subsequent growth of f.
For example, one needs 37 iterations to achieve this accuracy; the iterative process
(29) becomes convergent at > 0.40. This testifies that in the process of computations
one should to limit by non-large values of § (f < 0.20) that guarantees the conver-
gence and considerably grows its speed on the contrast with small g (< 0.01).

More information about the problem under investigation one can find in [30-34].

5. Conclusions

The problem of finding the solutions to the nonlinear integral equations and their
properties is reduced to nonlinear two-dimensional eigenvalue problems that lead to
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the subsequent application of an implicit function method for solving the Cauchy
problem for the linear differential equation. The area of non-zero solutions to the
above equations is determined by involving the solving transcendental equation,
which is got by equating to zero of determinant related to the eigenvalue problem. The
results of solving the nonlinear eigenvalue problems are applied subsequently for
specification of the bifurcation points and obtaining the bifurcation curves. The
approach does not depend on the form of operator determining the radiation proper-
ties of physical system (plane rectangular and hexagonal arrays). The obtained results
are the constructive basis on which a series of practical engineering problems of
optimization was solved numerically.
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Chapter 12

Using Matrix Differential
Equations for Solving Systems of
Linear Algebraic Equations

Ioan R. Ciric

Abstract

Various ordinary differential equations of the first order have recently been used
by the author for the solution of general, large linear systems of algebraic equations.
Exact solutions were derived in terms of a new kind of infinite series of matrices
which are truncated and applied repeatedly to approximate the solution. In these
matrix series, each new term is obtained from the preceding one by multiplication
with a matrix which becomes better and better conditioned tending to the identity
matrix. Obviously, this helps the numerical computations. For a more efficient com-
putation of approximate solutions of the algebraic systems, we consider new differ-
ential equations which are solved by simple techniques of numerical integration. The
solution procedure allows to easily control and monitor the magnitude of the residual
vector at each step of integration. A related iterative method is also proposed. The
solution methods are flexible, permitting various intervening parameters to be
changed whenever necessary in order to increase their efficiency. Efficient computa-
tion of a rough approximation of the solution, applicable even to poorly conditioned
systems, is also performed based on the alternate application of two different types of
minimization of associated functionals. A smaller amount of computation is needed to
obtain an approximate solution of large linear systems as compared to existing
methods.

Keywords: matrix equations, large linear algebraic systems, solution by numerical
integration

1. Introduction

Exact analytic expressions in the form of infinite series of matrices for the solution
of linear systems of algebraic equations were derived in [1] by integrating associated
ordinary differential equations. These differential equations were obtained using a
quadratic functional related to the system of algebraic equations and describe the
orthogonal trajectories of the family of hypersurfaces representing the functional.
More convergent matrix series were presented in [2] which can be applied to approx-
imate the solution of the system of equations. Solution of linear systems based on the
numerical integration of differential equations has originally been formulated in [3].
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In Section 2 of the present book chapter, we use recently derived highly conver-
gent series formulae for matrix exponentials [3] in order to construct improved
iterative methods for solving approximately large systems of algebraic equations. In
Section 3, we use novel functionals that allow to formulate differential equations
which lead to a substantial increase in the efficiency of the solution process [4].
Independently of the starting point, the paths of integration of these equations con-
verge all to the solution point of the system considered. At each step of the numerical
solution, one passes, in fact, from one path to a slightly different one due to compu-
tation errors. The procedure does not require to find accurately an entire path but only
the solution point which is common to all the paths. This is why we apply the simple
Euler method [5] to integrate the differential equations. The computation errors are
now determined by the magnitude of the second derivative of the position vector with
respect to the parameter defining the location along the path. A related iterative
method [6] is also described. In Section 4, two different kinds of minimization of the
system functionals are applied alternately for quick computation of a rough solution
of large linear systems [7].

2. Matrix series formulae for the solution of linear algebraic systems
Consider a system of equations written in matrix form as
Ax—-b=0 1)

where A € R**" is an arbitrary nonsingular matrix, b € R" is a given n-dimensional

vector and x = (x1,%2, ... ,x,,)T is the unknown #-dimensional vector, with T indicat-
ing the transpose. Assume that x is a continuous function of the real variable v over a
certain interval and associate to (1) the vector differential equation of the first order

dx
o =FW)(Ax~b) @
where f(v) is a continuous function to be chosen.

2.1 Exact analytic expressions for the solution of (2)

Imposing the condition x(v,) = x,, x, being a chosen position vector, (2) has a
unique solution over a specified interval [4], namely,
Ak
+1)!

(@) — @) (ax, —b)  3)

x(v) = x, + e 48 Z C

k=0

where g(v) = [f(v)dv is a primitive of f (v), i.e.,f(v) = dg/dv.If f (v) is taken to be
f(@) =1/v, theng(v) = Inv. Choosing v, = 1 gives g(v,) = 0 and (3) becomes now

v)k
! (Ax, — b) (4)

=\ (Aln
x(v) =x, + (Inv -—
@)=+ (o) S0

Over the interval v € (0,2),x(v) can also be expressed in the form [3]

248



Using Matrix Differential Equations for Solving Systems of Linear Algebraic Equations
DOI: http://dx.doi.org/10.5772 /intechopen.104209

x(0) = x, — (1—0) ”ii_ffk (I_A)<I_§)...<1_%)

k=1

(Axo - b) (5)

I denoting the identity matrix of order #. The solution of (1) is theoretically
obtained for v = 0, the series being in general extremely low convergent. Since the
rate of convergence of the series in (5) is very small for v very close to the value
corresponding to the solution of (1), i.e., » = 0, this formula should be applied
repeatedly for a v not too close to zero, v € (0,1), until a satisfactory small distance to
the solution x(0) is reached.

2.2 Highly convergent series iteration formulae

Practical formulae for an approximate solution of (1) can be derived by using
matrix series that are much more convergent than the one in (5). This can be done by
writing (4) in the form

x(v) =x, + A (e — 1) (Ax, — b) (6)
and by expressing the matrix exponential in terms of series of superior

convergence given recently in ref. [3]. Very close to the solution v = 0, say for
v=e¢N N>1, we have ¢41"? = ¢=N4 3nd with [3]

o k —qk
-NA _1_ _101 (_1) 10
e I=-10"%,NA I+;4k+1 (I+¢,NA)
@)
It cgNA I+ cgNA
X
2 ke
whereq > 0andc¢; =1/In(1+1077) , we get
o k —qk
x(e’N) =x, — 107 7¢,N |I + Z(}e)il(i (I + chA)
k=1 T
(8)

X (I +C‘12]A) ([ +Cq]ZA>} (Ax, — b)

In order to perform numerical computations, the number of terms in the series
has to be appropriately chosen. To have a small ¢, in (8) one has to take a small g.
Forg = 0.5, e.g., ¢; = 3.639409. One may start with N = 15 which would require
to retain about 50 terms in this alternating series to get a rough approximation
of x(e~%). The computation is repeated with the new x, taken to be the preceding
x(e’N ) until an acceptable accuracy of the solution of (1) is reached.

Much more convergent formulae are constructed if we apply in (6) the
expansion [3]
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r 1079 c,NA c,NA c,NA
“NA — (141007 + p! <]_ 1 )([_ a )...(]_q>
¢ ( ) { P kip — k) ? p—1 p—k+1

NA NA\T 1
10~ V¢, NA(I — ¢,NA) (1 G ) (I e ) L—I
2 4 +1

= (—1)* 107 c;NA c;NA
+p!,§_:1(k+1)(k+2)---(k+p+1)(I+CqNA)(I+ 5 >'"(I+ T )

)

p=12, ..

The multiplication with A7 from (6) is avoided by arranging the first summation
in (9) in terms of powers of A and by taking into account that

P 10—qk B

It is obvious that using (9) leads to computations with a much smaller number of terms
retained in the series for a given N. With the same amount of computation we obtain an
x(eN) which is much closer to the exact solution x(0) of the system of equations (1).

3. Methods of numerical integration

In this Section, we use special kinds of functionals that lead to the construction of
differential equations which allow a substantial increase in the efficiency of the solu-
tion of large linear algebraic systems.

3.1 Vector differential equations and their application to the solution of (1)

Consider a functional of the form
F(x) = ||Ax — b||* (11)

associated to (1) where «a is a positive real number to be chosen. A real variable
v,0>0,v € (v,,0s), is now defined by

F(x(v)) = F(x(v,)) h(v) (12)

where % (v) is an appropriately selected real function with definite first and second
derivatives in (v,,vs), v, corresponding to a starting point x(v,) = x(%, with h(»,) = 1,
and vs corresponding to the solution vector of (1) x(vs) = x5, with k(vs) = 0.
Denoting F(x(V)) = F,, we have

cﬁ
dv

Tdx

F ax
? dv

= al|Ax — b||" (AT (Ax — b)) (13)
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Thus,

dx _F, dh AT(Ax —b)
dva dv | Ax —p|*?||AT(Ax - D)’

(14)

which is the differential equation to be integrated from v = v, to v = vs. The
second derivative of x is

d’x _F, d’h AT(Ax —b)

At @ |lax - b AT (Ax - )|

() @) 1
a) \dv) |ax —b|**V||AT(Ax - b)|’

2 T . 2
{ |4x — b [ATA_ZIIAA (Ax —b)|

I+(2~- a)I}AT(Ax —b)

A" (Ax ~ b)|[ A7 (4x )]
(15)
From (11) and (12) we get a useful relationship,
1Ax —b|| = (F, h(v))"* (16)

that allows to simply monitor the magnitude of the residual vector of (1) during
the computation process.

As explained in the Introduction we apply the Euler method for the solution of
(14) and compute successively

XD = 40 4 ,1(_> , i=0,1,2,... (17)
x=x()

where 7 is the step size. In the absence of any hint about a good starting point x(%
corresponding to v = v,, we have used the point along the normal from the originx = 0
to the surface F(x) = const in (11) which is the closest to the solution point xs [8], i.e.,

2
1475

The function /(v) and the parameter a are chosen such that the first and the second
derivatives of x in (14) and (15) remain finite when v — v, i.e., when the residual
||Ax — b|| — 0, while the errors evaluated with the second derivative are kept reason-
ably small along the interval of integration v € (v,, vs). For each /(v), a is determined
by imposing the condition that the second derivative in (15) tends to zero as
||Ax — b|| — 0. To decide on the value of « for a given 4 (v), we require to have a good
rate of decrease of |[Ax — b|| at the beginning of the computation process, for instance
to have (see (11) and (12))

l4x® — 5] _

[Ax©) —b|| = (h(ﬂ))l/a ~0.8 (19)
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when 5 = 0.1. Finally, to solve (1), we determine the actual step size to be used for
the numerical solution such that the errors at the beginning of the computation
process are small, say

i
dv?

’,]2

1
—_—— <0.01 20
2 ||x<1>||‘ (20)

x=x(0

If the magnitude of the residual vector, which is computed at each step, does not
decrease anymore the computation is continued with a new cycle of integration by

applying (17) with x(*) replaced by a new starting point, i.e.,

HAx(l/m) _ bHZ
HAT (Ax(la:t) _ b) Hz (21)
% AT (Ax(last) _ h)

(new) __ ,.(last) __

(last new

) is the position vector from the preceding step. x"**) is the closest point
to x5 along the normal to the surface F(x) = const taken at x(**)[8]. Subsequent cycles
of integration are performed in the same way until a satisfactory approximate solution
of (1) is obtained. If the difference between x (") and x4 is insignificant we find the

where x

point along the normal to F(x) = const, taken at xew) where F has a minimum and,
then, apply (21) again. It should be noted that as one approaches the solution point the
direction of the gradient A" (Ax — b) tends to become more and more perpendicular to
the direction of xs — x and, thus, the residual ||Ax — b|| and the relative error

lx — xs||/|lxs|| will not decrease any more as expected. This is why the computation
has to be continued by opening a new cycle of integration. For systems with higher
condition numbers, this happens more quickly.

Numerical experiments obtained using %(v) = 1 — v with a = 0.45 and also using
h(v) = (1 —v)* with @ = 0.9 shows that only two up to five integration cycles with a
step size of 0.1 are needed in order to get an accuracy of about 1% for the solution of
systems with condition numbers up to 100.

3.2 A related iterative method

The basic idea of this method is to find, starting from a point x(°), a point x(!) along
the gradient of a functional (11) associated with the general system (1), such that the
magnitude of the new residual vector is an established fraction of its initial value,
HAx(l) —b|| = rHAx(O) —b||,7<1. Instead of performing an integration as in Section

3.1, one proceeds iteratively, i.e.,
|Ax" — b = 7]|Ax® — b, i=0,1,2,.. (22)

for each iteration the starting point being the point found in the preceding
iteration, with v maintained as tight as possible at the same value. To do this, we
impose that F(x) in (11) varies from x*) to x(*V in the same way for each iteration,
namely,
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F(x) = F(x<i>) h(v) (23)

where /(v) is now a real function of a real variable, monotone decreasing in the
interval v € [v,,v, + 1], v, > 0,5 > 0, with definite first and second derivatives, and
with 4 (v,) = 1 such that

F(x<"+1)) - F(x@) h(vo +1), i=0,1,2,.. (24)

Then, from (11),

Fi)  faxtV —p|" _

: - =1 (25)
F(x®)  ]|Ax® —b|
and
v = (h(v, +n))"* (26)
x*Y is computed as
. - dx
(i+1) — (i) “r 2
x x\W + ]/I<dv>v1),, 27)

i.e., with (14) where F, is replaced with F(x(")),
; 2
i) — 5(0) +Q (‘ﬁ) HAx() _bH .
a\dv/ ., ’AT (4x -») H (28)

x AT (Ax@ —b), i=0,1,2,..

< 1. This

expression corresponds to the first step in the numerical integration by Euler’s method
of the differential Eq. (14), starting from x9 with a step #, or to the first two terms of
the Taylor series expansion of x (v, + 7).

The starting value x(°) and the function 4(v) are chosen in the same way as in
Section 3.1. For selected ratios 17/ the iteration cycle continues as long as the residual

in which, taking into account (21), one has to have ‘(17 /a)(dh/dv),_,

HAx@ — b|| decreases at a proper rate. Theoretically, to make ||Ax(i) —b| =

eHAxm) — b|| with e <1 one would need to conduct (In ¢)/In 7 iterations. Since
computation errors are introduced at each iteration (as in the Euler method), the
initially chosen value of T cannot be maintained the same as the iterative process
continues. An approximate solution of (1) is obtained at the end of the iteration cycle
as before, applying (21). Subsequent iteration cycles are performed with the starting
point in each cycle being the point determined in the preceding cycle.

Numerical results were generated using, as in the method presented in Section 3.1,

h(v) =1 — v but with /a = 0.2 and k(v) = (1 — v)* with /a = 0.1. Now, in both
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cases, v, = 0, (n/a)(dh/dv),_, = —0.21in (28), and 7 =2 0.8. A substantial increase in 7,
approaching 7 = 1, or oscillations of its value during the first few iterations show that
the computation errors evaluated from (15) (with F, replaced by ||Ax — b||*) are too
big. In such a situation, one has to decrease the factor (n/a)(dh/dv),_, in (28), i.e., to
decrease n/a for a given k(v), which leads to an increase of T and a decrease of
(1/ Z)nszzx Jdv* ||U:Ua. For accuracy of 1% for the solution of (1), one needs a number
of three to six short iteration cycles, with about eight iterations per cycle, for systems
with condition numbers below 100. Of course, as in the previous method, an
increased number of iteration cycles is required to reach the same accuracy for the
solution of poorly conditioned systems.

Remarks. One can easily see that x(*Y in (28) can be expressed in the form

i
2D = 5(0) 4 fo), i=0,1,2,.. (29)
=0

where

@ _pll?
ng) = e+ _ 0 1 (dh) HA’C bH
V=D,

I a7 (x| 30)

x AT (Axw — b)
with the solution of (1) given by the infinite series
xs = %@ 45l 4 4 4 (31)

x;f) in (30) can also be written as

@)
dh b
a \dv V=D, ‘ATb(f)H
where
b = AxTV —p Y p =12, (33)
b = Ax© —p

This shows that the difference xg) is a “rough approximation” to the solution
of a system (1) whose right-hand side is, at each iteration, just the residual vector
of the system in the preceding iteration, which decreases in magnitude from one
iteration to the next. Thus, the method presented in this Section represents a
practical, concrete implementation of the well-known idea of successive
approximations/perturbations [9].

To search for a possible increase in efficiency, more general functionals of the form

F(x) = F(||[Ax — bl)) (34)
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could be tested, where F and its first derivative are finite and continuous at all the
points within the interval of integration. Now the corresponding (14) is

dx d_h( dF )1 |[Ax — b)|
dv " dv \d[[Ax —bll) |47 (Ax — b)|] (35)
x AT(Ax —b)

Note. The paths of integration in the methods presented can be looked at as being
the field lines of a Poissonian electrostatic field in a homogeneous region bounded by a
surface of constant potential F(x) = ||Ax, — b||* and with a zero potential at the
solution point, F(xs) = 0. In the particular case of @ = 2 the ratio of the volume
density of charge within the region to the material permittivity is constant, namely,
=231 > h_ial, where a;, are the entries of A. By altering this electrostatic field one
could eventually make quicker the approach to the solution point along the integration
path.

4. Method of alternate minimizations

This simple method is based on the property of a functional of the form (34)
associated with a general system of equations (1) to allow not only to minimize the
value of the functional but also the distance to the solution point of (1). Using only
minimizations along ordinary gradients of the functional is not efficient unless the
system is very well-conditioned.

For computing efficiently an approximate solution of general, large linear systems
of algebraic equations, we propose in this Section the alternate application of minimi-
zations of a functional and of the distance to the solution point, along the direction of
the gradient of the functional.

Consider the functional in (34) where F is a real function defined for all x from a
chosen starting point x**) to the solution point xs of (1), monotone decreasing with
|lAx — b||, F(0) = F(xs). The gradient of F(x) is

_dF(|lAx — b])) A(Ax — b)

VEO) = a1y —b] fAx—b] e

i.e., in the direction of the vector AT (Ax — b).

The minimum of F(x) along a straight line through x) in the direction defined by
an n-dimensional vector 4 is found from the condition that x — x) = d, where 11is a
scalar to be determined, and A" (Ax — b) are perpendicular. This gives A and x for the
minimum of F(x), namely,

T () _
Xt = = 40 ||(;14:||2 ') g 7

The point at which F(x) is minimum along the normal taken at x*) is determined
by replacing d with AT (Ax(s) - b) in (37),
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iy = x® HAT(AX )H ( b) (38)
|aa7(as0 )|

The minimum distance between the solution point xs and a point x along the
direction of the gradient of F(x) taken at x* is at

x =x" + uAT(Ax — b) (39)

where the scalar y is determined by requiring the distance ||x — xs]| to be
minimum. This gives 4 and x for this minimum, namely,

ax®) — b’

(o)

which depends only on the residual vector and on A" (Ax — b) at the point x),
independently of the form of F.

As already mentioned, repeated minimizations using only (38) are not efficient for
solving a general system (1). The same is true when using only (40). To obtain an
approximate solution of (1), we apply the formulae (40) and (38) alternately, the

X© _

XminD =

AT (Ax) ~p) (40)

starting point x bemg each time the point determined in the preceding minimiza-
tion. As in Section 3, when there is no indication about a convenient first starting
point x*), one can use the origin x) = 0. Only a few iterations, up to ten, are needed
for a solution with a relative error ||x — xs||/||xs|| of about 1% for systems with
condition numbers of up to 100.

The procedure is surprisingly efficient for a rough solution even for very ill-
conditioned systems. For example, for the system Hx = b where H is the Hilbert
matrix of order eight and whose solution is xs = [1,1, ..., 1] [10], a solution of 6%
accuracy is obtained with a starting point x) = 0 by performlng only seven alternate
minimizations (40), (38), with no equilibration or regularization preoperated on the
system. By comparison [10], for the Gauss elimination method, the accuracy is only
40.6%, for the Gauss elimination with equilibration 9.15%, and for the Householder
method with equilibration 5.6%.

Experimental results show that, as the new point x given by (40), (38) becomes
closer to the solution point xs, the direction AT(Ax — b) of the gradient in (36), i.e., of
the correction terms in (40) and (38), becomes more and more orthogonal to the
direction of x — xg. This causes the magnitude ||Ax — b|| of the residual vector of (1)
and the relative difference ||x — xs||/||xs|| to not significantly decrease anymore. To
progress with the computation one can intercalate minimizations of F(x) along direc-
tions that are different from that of A" (Ax — b). By numerical testing, it is observed
that x — x(%), where x(%) is the original starting point, has at this stage, in most cases, a
significant component along the direction of x — xs. Thus, one can use such a mini-
mization direction to try to improve the solution accuracy.

5. Conclusions

Highly convergent iteration formulae for solving general, large linear systems of
algebraic equations are derived from exact analytic solutions of particular differential
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equations based on new, accurate series representations of the matrix exponential
recently published in ref. [3]. Specialized differential equations which make it possible
to monitor and control the computation errors and the decrease of the magnitude of
the residual vector ||Ax — b|| of (1) at each stage of the computation procedure are
constructed and integrated numerically to approximate the solution of these systems.
Two methods of the solution have been presented in this book chapter and the
simplest Euler method is applied for the numerical integration of the vector differen-
tial equations. In the first method cycles of integration are used, each cycle starting
from a convenient value of the unknown and continuing until the rate of decrease of
||Ax — b|| becomes too small. The second method is an iterative method where a fixed
rate of decrease of |[Ax — b|| is imposed at the beginning of the iteration cycles. In this
method, only the first step in the Euler method is computed at each iteration and each
cycle of iteration is conducted until there is no significant change in the magnitude of
the residual vector. These two methods are highly efficient for large systems with
condition numbers below 100 since only up to six cycles with less than ten steps per
cycle are necessary to get a solution accuracy of 1%, at each step within a cycle having
to compute two matrix-vector multiplications. The method in Section 3.2 seems to be
more efficient for systems with bigger condition numbers. The number of cycles of
integration/iteration increases with the condition number and preconditioning should
be done for ill-conditioned systems before attempting to apply the methods presented
in this work.

The iterative method of alternate minimizations presented in Section 4 is intended
for computing quickly a rough approximation of the solution of linear systems of
equations. In this method, preequilibration or preregularization/preconditioning
are not required to obtain useful results even for systems with poorly conditioned
matrices.

The present Book Chapter has been intended to constitute a review of the work
done so far on the subject matter. It describes the proposed new methods for an
approximate solution of large linear algebraic systems using appropriately chosen
matrix functionals and shows the procedures for constructing the concrete solution
algorithms. At this stage, the results presented are only validated by preliminary
numerical experiments which indicate the efficiency of the proposed procedures for
deriving approximate/rough solutions of large systems. More numerical experiments
involving systems with higher condition numbers, as well as theoretical results, will be
presented in future work. It is my hope that other researchers will be attracted to this
new area and rigorous theoretical results will also be established (theorems, etc.).
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